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Abstract

:

Drawing upon the heuristic–systematic model (HSM) and considering the readers’ perspective, this study predicts that readers’ involvement and homophily between the reader and the review author (source) moderate the relationships between the credibility perception of online reviews and its antecedent factors. To test our hypotheses, we performed a user study on the Amazon Mechanical Turk platform. The results show that reader’s involvement moderates source credibility, internal consistency, review objectivity, and review sidedness on review credibility. In addition, homophily between the reader and the source also moderates the relationship between review credibility and its source. Our study contributes to information processing literature, especially in the context of online reviews, and suggests a better classification of the attributes related to online reviews using the HSM. Besides, it helps e-commerce platforms to customize online reviews for each reader to satisfy their information need and help them to make a better purchasing decision.
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1. Introduction


Web 2.0 has provided tremendous opportunities for users to share their opinions and purchasing experiences in the form of online reviews. It also enables both consumers and businesses to take advantage of mass collaboration and open-source technology (i.e., Wikinomics) to make better decisions in their daily life [1,2]. Currently, consumers may have access to this information almost everywhere at any time on the internet, such as e-commerce platforms, blogs, online stores, shopping forums, and so on [3,4,5]. Prior studies [6,7,8] indicate that prospective consumers consider online reviews to make an assessment of products, services, and target stores. For instance, Filieri, McLeay [6] suggest that online review information has a positive effect on consumers’ purchase intention. In the same vein, Chong, Khong [9] find that consumers are willing to adopt information from online reviews and this information has a significant impact on their planning and decisions. Zhang, Ye [10] state that online reviews have a greater impact on the attitudes of consumers, compared to other types of information sources, such as recommendations from professional editors.



Many researchers have investigated the importance of online reviews for consumers, providers, and e-commerce platforms, e.g., [3,6,11,12,13]. While online reviews are important, there is a potential for businesses and some consumers to write fake reviews; hence, understanding the credibility of online reviews (COR) is important to prevent consumers from being misled by non-credible reviews. As a result, the antecedent factors that impact COR have become an important and imperative research topic in information systems, computer science and business domains. Prior research explores this issue and identifies antecedent factors to predict the COR [4,8]. Although these scholars make substantial contributions to realizing different effects of online reviews, according to our best knowledge, there is little research that has considered the effect of the readers’ perspective on perceived credibility.



Dual-process theories [14,15] and informational influence literature suggest that attributes related to the (i) message (textual content), (ii) source (writer), and (iii) receiver (reader) change a message’s effect. However, most prior research has only focused on two aspects: the message and the source, ignoring the reader’s perspective. We expect that it is only by examining all three of these aspects that their effect on the COR can be studied. Beyond that, we argue that readers of online reviews use multiple attributes to different degrees to assess COR. Accordingly, one piece of online review may reflect different views for different readers depending on their attitudes, such as their involvement in the product or service and how they perceive similarity between themselves and reviewers, called ‘homophily’ [16]. Because prior research does not systematically study these issues, little is known about how readers’ involvement and homophily change the COR assessment. In this study, we aim to fill this gap through an investigation of how readers’ involvement moderates the relationships between COR and its antecedent factors. In addition, we focus on exploring the moderating role of homophily on the relationship between source credibility and the COR. Thus, this research aims to answer the following questions:




	
How does the readers’ involvement moderate the effect of antecedent factors on COR?



	
Will similarity evaluation between the source and the reader (homophily) moderate the source credibility effect on COR, and if yes, to what extent?








This study makes significant theoretical and practical contributions. From a theoretical perspective, our study contributes to information processing literature and theories, especially in the online review context, and it also suggests a better classification of the attributes related to online reviews using the HSM theory. As prior studies e.g., [3,7,11,17,18,19,20] have already proposed and incorporated moderators and antecedent factors in the online review context, this study extends this research scope by considering readers’ involvement and homophily in the extant COR theoretical model. From a practical perspective, this study will help online stores and e-commerce platforms to design better approaches to customize different online reviews and information to different people, and will also help consumers to satisfy their information needs.



The rest of the paper is structured as follows. In Section 2, we explain the theoretical background of this study and propose our research hypotheses. We then describe the methodology of our study in Section 3. In Section 4, we present the results of our study. In Section 5, we discuss our findings and present the theoretical contributions and practical implications. Finally, in Section 6, we conclude the paper with directions for research.




2. Background and Hypotheses Development


In this section, we first present studies on review credibility, then we explain how reader’s involvement moderates the relationships between review credibility and its antecedent factors, using HSM as our theoretical lens; accordingly, we propose the hypotheses. Next, we discuss the interaction effect of homophily on credibility evaluation of online reviews.



2.1. Studies on Review Credibility


Assessing the COR is a specific application of the general issue of deception detection [21,22], where scholars use a variety of clues related to the text or its source to evaluate the credibility of information.



Prior studies mainly used three different approaches to tackle this problem: (i) review-centric approach, (ii) reviewer-centric approach, and (iii) combination of both review and reviewer-centric approaches. In the first approach (i.e., review-centric), researchers mainly focused on the textual (linguistic) characteristics of a review to assess its credibility [4,12,23,24]. For instance, they found that it is possible to distinguish credible reviews from fake ones using subtle linguistic characteristics in the text of a review, including term frequency, review sidedness and sentiment.



In the second approach (i.e., reviewer-centric), scholars mostly studied the characteristics of the reviewers and attempted to distinguish behaviors of spammers and bots from genuine reviewers, using different clues, including the reviewer posting rates, the total number of reviews written by a reviewer, the rating behavior of a reviewer and the number of videos, pictures or links uploaded by a reviewer [4,11,25,26].



In the third approach, researchers, e.g., [3,11,27,28] used the combination of both textual clues and reviewers’ characteristics and showed that incorporating these two can have a better result in the COR evaluation. In general, the literature shows that evaluating the COR can be more challenging than other deception detection problems on the internet [28]. This could be primarily due to the fact that online reviews are about the experiences or opinions of consumers toward a product or service and there is no authority to validate these experiences [4].




2.2. Heuristic–Systematic Model and the Moderating Role of Reader’s Involvement


We have adopted a heuristic–systematic model (HSM) to investigate the determinants of COR in different involvement conditions [15]. HSM postulates that individuals may take systematic and/or heuristic processing factors while evaluating information. Individuals take the systematic processing when they are highly motivated, capable or use high cognitive effort to elaborate information and accordingly spend more time to assess all the pieces of information carefully before making a decision [13,15,29]. On the other hand, individuals take the heuristic processing approach when they are less motivated or capable. In this case, they often use informational shortcuts, such as simple decision rules, to make a decision and evaluate information [15,30].



According to the HSM, involvement in evaluating information can be considered as a moderating attribute [15,31]. Based on this theory, when an individual reads an online review, they begin to evaluate its information. Depending on readers’ level of involvement, systematic and/or heuristic processing factors can be adopted independently or simultaneously and can affect each other in complex ways [31]. Thus, the HSM has been used to investigate how consumers adopt and evaluate information in e-commerce research [11,30,32]. With the comprehensive literature review on prior related studies [3,4,11,17,18,19,29,30,33], we consider argument quality, source credibility, review objectivity, internal consistency, review sidedness, external consistency and review fluency as the antecedent factors to predict the COR. Prior studies, e.g., [11,19], have taken into account argument quality as the only systematic processing attribute in the context of online reviews; apart from that, message quality has been consistently used as the main criterion in the communication and persuasion literature [34,35]. Likewise, we consider argument quality of a review as the only systematic processing attribute in this study, as well as source credibility, review objectivity, internal consistency, review sidedness, external consistency and review fluency as the heuristic processing factors.



Figure 1 presents our research model. We describe each of these attributes in further detail and discuss the possible effect of the reader’s involvement on them.



2.2.1. Argument Quality


Argument quality refers to the persuasive strength of information or the plausibility of the argumentation. In other words, it is the extent to which the reader of the review feels the argument as convincing [4,20]. Prior research has empirically confirmed the positive significant impact of argument quality on the COR [3,11,17,19,36]. When a consumer review does not hold a convincing argument, the reader will treat it as a fake review. However, when a consumer review has sufficient explanation to its argument, an individual tends to consider it as credible [3].



In this study, we predict that the effect of argument quality on the COR for readers with a high level of involvement is stronger than readers with a low level of involvement. As the HSM assumes that when individuals are capable or highly involved, they are more likely to evaluate the consumer review more holistically and based on the quality of its argument rather than by using shortcuts. Whereas, individuals with a low level of involvement are less willing to scrutinize the content, as such, they tend to evaluate information based on simple clues to make their decision. Thus, we hypothesize that:



Hypothesis 1 (H1).

The effect of argument quality on the COR will be stronger if consumers have a high level of involvement, compared to consumers with a low level of involvement.






2.2.2. Review Objectivity


Review objectivity refers to the extent to which a review contains logical and fact-based information around the experience of a consumer with a service or product [29]. Subjective reviews are usually colored by the source’s opinion and, consequently, do not present factual information. In contrast, objective reviews are not affected by the sources’ opinions, as they provide information on specific events or facts related to a service or product. Prior research also has shown the positive effect of review objectivity on the COR [3,11].



In this study, we examine the moderating effect of the reader’s involvement on the relationship between review objectivity and the COR. We predict that readers with a low level of involvement will be more affected by review objectivity. This is because consumers with a low level of involvement tend to use less cognitive effort to process information, using simple clues like objectivity/subjectivity of information to evaluate the COR. On the other hand, highly involved readers adopt review objectivity, along with other important attributes, to assess the COR; thus, they will be less affected by objectivity of a review to judge the COR. Thus:



Hypothesis 2 (H2).

The effect of objective reviews (compared with subjective reviews) on the COR will be stronger if consumers have a low level of involvement, compared to consumers with a high level of involvement.






2.2.3. Internal Consistency


Internal consistency refers to the consistency among different elements within a particular review including the consistency between the valence (e.g., stars rating) and the content of a review [20]. For instance, as stated by Abedin, Mendoza [4] “Considering the valence and the content of a review come from two different sources, the review valence (stars rating) and the content might not be aligned with each other.”



We expect that the reader’s involvement moderates the effect of internal consistency on the COR. The reason is similar to the case of the moderating effect of the reader’s involvement on review objectivity. Readers with a low level of involvement are inclined to use some heuristics and simple clues to assess the COR as it requires less time and cognitive effort; thus, they will be more affected by the impact of internal consistency. On the other hand, highly involved consumers will consider the effect of internal consistency together with the systematic factor to evaluate the COR. Thus:



Hypothesis 3 (H3).

The effect of internal consistency on the COR will be stronger if consumers have a low level of involvement, compared to consumers with a high level of involvement.






2.2.4. Review Fluency


Review fluency refers to the quality that makes a review easy to comprehend and readable. There are some criteria that a reader may use to evaluate the fluency of an online review, namely, the length of words and sentences, quality of grammar and spelling, text representation style and understandability of the text [7,37,38]. Previous studies have indicated that consumers consider easy-to-read materials as more familiar [7,39] and consequently, to some extent, it is easier for readers to trust reviews that look more familiar to them. Thus, easy to read reviews could be judged as more credible [7,40,41].



In this study, we examine the moderating role of the reader’s involvement on the relationship between review fluency and the COR. We expect review fluency is among the heuristic attributes that do not require high cognitive effort and time, as such, consumers with a low level of involvement use this attribute as a hint to evaluate the COR. Accordingly, these consumers will be more affected by the effect of review fluency to assess reviews credibility compared to highly involved consumers. This is because consumers with a high level of involvement often analyze different aspects of reviews simultaneously. Thus, even if the review contains poor grammar and/or spelling, they may be less suspicious about that information because they believe that the reviewer is a human, and human error is inevitable. Thus:



Hypothesis 4 (H4).

The effect of review fluency on the COR will be stronger if consumers have a low level of involvement, compared to consumers with a high level of involvement.






2.2.5. External Consistency


External consistency refers to “the extent to which information in a review is consistent with information in other reviews” [19]. Prior research has indicated that external consistency positively affects the COR [3,11,17,18]. This is because individuals will generally accept a review that is consistent across most reviews [42]. In contrast, consumers will be more skeptical toward a review which is in contrast with the majority of reviews [19].



In this study, we expect that consumers’ involvement moderates the effect of external consistency on the COR. If a consumer has a low level of involvement to make a purchase decision, they often read a couple of reviews to find the convergence among information and realize whether a particular review is similar to other reviews that discuss the same target; thus, we think that these consumers will be more affected by external consistency. However, consumers with a high level of involvement may have less tendency to judge the credibility of a review based on peripheral cues like other consumers’ opinions; instead, they tend to use more systematic factors to adopt information and assess its credibility. Thus:



Hypothesis 5 (H5).

The effect of external consistency on the COR will be stronger if consumers have a low level of involvement, compared to consumers with a high level of involvement.






2.2.6. Review Sidedness


Review sidedness means “whether a review is one-sided or two-sided. A one-sided review contains either positive or negative product comments, whereas a two-sided review contains both positive and negative comments on a product” [19]. Prior research has indicated that online reviews accompanied by two-sided information are perceived as more credible than one-sided reviews [17,43].



We consider readers’ involvement will moderate review sidedness influence on the COR. Readers with a high level of involvement will incline to make their decision through extensive cognitive processing on all the pieces of information carefully; as such, they will depend less on a simple clue like review sidedness. However, readers with a low level of involvement will depend more on the heuristic attributes such as information sidedness in order to evaluate an online review [17]. Thus, we conjecture that consumers with a low level of involvement will be more influenced by review sidedness compared with ones with a high level of involvement. Thus, we postulate that:



Hypothesis 6 (H6).

The effect of review sidedness on the COR will be stronger if consumers have a low level of involvement, compared to consumers with a high level of involvement.






2.2.7. Perceived Source Credibility


In this study, another important heuristic attribute is the characteristics of the information source, namely its credibility. Source credibility refers to “the extent to which an information source (reviewer) is perceived to be believable, trustworthy and competent by a reader” [4]. Prior research has demonstrated that readers consider source credibility as an important sign of reviews credibility [3,11,19,43]. The positive effect of source credibility also has been shown in the previous literature [7,17,44].



We predict that the influence of a source’s credibility on the COR will be higher for the readers with a low level of involvement compared to highly involved consumers. Similar to other heuristic attributes, this is because online review readers with a lower level of involvement use the reviewer’s credibility as a shortcut or peripheral cue to assess the COR and make their decisions; accordingly, source credibility has a stronger impact on these consumers. Thus, we postulate that:



Hypothesis 7 (H7).

The effect of source credibility on the COR will be stronger if consumers have a low level of involvement, compared to consumers with a high level of involvement.







2.3. The Moderating Role of Source Homophily


Homophily refers to the extent to which “pairs of individuals who interact are similar with respect to certain attributes such as beliefs, values, education, social status, etc.” [16]. According to the theory of social comparison [45], individuals tend to compare their capabilities and attitudes to others, and if they realize that there is a similarity between another person and themselves, they will implicitly presume that they also have similar preferences and requirements [6].



In an online environment, although users do not have face to face interactions, they are able to feel a connection through similarity with a source (reviewer) by reading their information (online reviews) and analyzing their profiles. For example, considering their age, gender, profile picture, country and being a novice or top reviewer. Consequently, users can discover more about preferences, values and experiences of a source of that information. Thus, in this research, we study the perceived similarities, that is, homophily, with an online source, which is involved in similarities among consumers in terms of their values, personalities, experiences, likes and dislikes [6,16,40]. As source homophily focuses on the relationship between the source (reviewer) and the reader (consumer), we expected that homophily only moderates the effect of source credibility. That is, a consumer with a high level of homophily tends to be more influenced by the writer of a review, compared to consumers with a low level of homophily. In other words, consumers with a high level of homophily would perceive the source as more similar and thus appropriate to themselves. Thus:



Hypothesis 8 (H8).

The effect of source credibility on the COR will be stronger if consumers have a high level of homophily perception with the source, compared to consumers with a low level of homophily.







3. Methodology


We created a research project design to gather our data and test the research hypotheses. The data collection process was administered through Amazon Mechanical Turk (AMT) and regression modelling was performed to analyze the data and answer research questions. In the following sections, we explain our research methodology.



3.1. Measures and Questionnaire Design


All the items for each construct used in the survey were measured through a Likert scale (from strongly disagree to strongly agree). We also embedded some control questions into the survey to check the validity of the responses and data collected.



Table 1 demonstrates the constructs and their corresponding items used in this study. As shown in Table 1, all the items (except items for internal consistency) were adapted from the existing literature, with minor modifications to adjust the context of our study. The response items for “internal consistency” are new because we could not find a reliable scale for this attribute in the existing literature. Appendix A provides an explanation of the scale development process for this attribute.



The survey incorporates four different sections. In the first section, we provide participants with an introduction, including a brief description of the project and its aims. In the second section, we present all the constructs, items and survey questions. In the third part, we ask demographics related questions from each participant. Lastly, in the fourth section, each participant receives a unique code and be informed of the process to get their payment.




3.2. Field Data


Before the main administration of the survey, we conducted pilot tests to ensure that there was no issue in the survey’s components. To do so, we gathered comments from all the authors of this paper and 44 online users. The main data collection was carried out through AMT. AMT allows us to recruit qualified respondents who are members of online communities and users of e-commerce platforms. As such, collecting our sample from actual online users strengthens the validity of our research.



During the data collection process, respondents were notified that they would receive ~1.5 AUD for their participation. If they agreed, we asked them to read one consumer review, and then respond to the survey’s questions.



We collected 471 samples; of these, 46 respondents were excluded from our pool because they did not pass the control questions, leaving 425 valid subjects. In Table 2, we demonstrate the demographic information of our sample.





4. Results


In this section, we first discuss the measurement model analyses, followed by tests to examine the common method bias. Finally, we present structure model analyses.



4.1. Measurement Model Analyses


In this research, consistent with prior studies e.g., [6,17,47], we performed confirmatory factor analysis (CFA) to examine the measurement model. The data shows a good model fit: χ2/df = 1.708, CFI = 0.979, PClose = 0.997, RMSEA = 0.041, and SRMR = 0.031 [50].



We used average variance extracted (AVE), composite reliability (CR), cronbach’s alpha (α) and item reliability for each construct to assess the convergent validity, recommended by Fornell and Larcker [51]. As displayed in Table 3, for each item, both CR and α are higher than 0.8 and the AVE is greater than 0.5, which are all well above the suggested thresholds [51]. In addition, all the factor loadings (FL) are higher than 0.7, which confirms the reliability of all the items used in this study.



In terms of discriminate validity, we calculated the square root of AVE and conducted the HTMT analysis, Heterotrait–Monotrait ratio of correlations, which is the most conservative threshold to check the discriminate validity [52,53]. As shown in Table 4, the square root of AVE for each construct is greater than the cross-correlations. In addition, as presented in Table A1 in Appendix B, all the values in the HTMT analysis are less than the threshold of 0.85 introduced by Henseler, Ringle [53], which confirms the discriminate validity of the constructs in the research model [50,51].




4.2. Common Method Bias


We performed the following statistical analyses recommended by Podsakoff, MacKenzie [54] to check the common method bias and multicollinearity in our study. Harman’s single-factor test, the marker variable test and variance inflation factor (VIF). For example, as shown in Table 5, VIFs fluctuate from 1.349 to 2.749, which are lower than the threshold of 5 [55,56].




4.3. Structural Equation Modeling Analysis


Once we standardized all the data (Z-score), we performed the structural equation modeling (SEM) to test the main effects of the seven independent variables on information credibility to (re)confirm or reject the findings of prior studies. As shown in Table 6, all of the independent variables (review objectivity, source credibility, review sidedness, argument quality, review fluency, and internal consistency) significantly affect the COR at p < 0.005. In addition, external consistency positively affects COR at p < 0.1.



Next, we tested the moderating effects of reader’s involvement (RI) on the causal relationships between information credibility and its influencing variables (H1–H7). We also tested the moderating effect of homophily on the relationship between source and information credibility (H8). To do so, we built moderated multiple regression models [3,57]. We built seven product terms by multiplying the value of RI and our seven independent variables. In addition, we built another product term by multiplying the value of homophily (SH) and source credibility (SC), eight product terms in total. Then, we added these eight product terms, the moderator variables RI and SH, and the seven independent variables to the model. The significance of the product terms will indicate the moderating effect of RI and SH on the independent factors in our proposed model.



As shown in Table 6, model 1 tests the main effects of independent variables on information credibility, whereas model 2 examines the moderating effect of the RI separately. Finally, model 3 tests the moderating effects of RI and SH together. The results indicate that RI moderates four of the seven relationships between information credibility and its influencing factors. Moreover, the results also indicate that SH moderates the relationship between SC and review credibility (RC), with a significant negative effect, which reversely supports Hypothesis 8.



In addition, to investigate the internal mechanism of these moderating effects, we performed the simple slopes test [3,57,58]. This test is useful for understanding the interaction effects of two continuous variables [3,57]. Following the instruction [3,57], we calculated and graphed different regression lines. We also explained the significance level of the casual relationships between dependent and independent variables under low or high levels of our moderators. Figure 2, Figure 3, Figure 4, Figure 5, Figure 6, Figure 7, Figure 8 and Figure 9 illustrate the result of this analysis.



Figure 2 illustrates that when the involvement level of a reader is high, the slope is steeper than when the involvement level of a reader is low. This shows that source credibility’s positive effect will enhance the COR for readers in both high and low involvement. However, its impact is stronger for highly involved readers than readers with a low level of involvement. As shown in Figure 3, readers with a low level of involvement are more inclined to trust the two-sided reviews, compared with one-sided ones. However, the highly involved readers treated these two kinds of reviews almost the same.



Figure 4 illustrates that readers with a low level of involvement evaluate objective reviews as more credible than subjective ones, whereas readers with a high level of involvement are not willing to consider this aspect in order to assess the COR.



As shown in Figure 5, readers with a low level of involvement consider reviews with high internal consistency as more credible than reviews with a lack of internal consistency. However, readers with a high level of involvement are not willing to use this information attribute in order to assess the COR.



Figure 6 demonstrates that when homophily between the reader and the source of a review is low, the slope is steeper than when homophily is high. This means that, to evaluate the COR, source credibility has a higher impact on readers with a low level of homophily than readers with a high level of homophily.



Figure 7, Figure 8 and Figure 9 illustrate that, regardless of whether readers have a low or high level of involvement, the effects of argument quality, external consistency and review fluency on their evaluation of the COR were almost the same, which shows that readers’ involvement did not have significant moderating effects on these three attributes.





5. Discussion


In this study, we systematically investigated the moderating effect of reader’s involvement (RI) on the relationships between the COR and its antecedent factors. In addition, we explored the moderating role of homophily on the causal effect of source credibility on the COR. Firstly, we tested the main effect of our proposed research model. The results indicate that most of the antecedent factors, namely argument quality, review sidedness, review objectivity, internal consistency, review fluency, and source credibility significantly impact the COR. Whereas, external consistency was insignificant in this model, showing that not all the independent attributes exert an effect on the reader of a review. Next, we tested our hypotheses H1–H7. We predict RI can moderate the antecedent factors’ effects on the COR. The statistical results validate the importance of exploring the effects of readers’ perspectives during the processing of online review information.



We found that argument quality does not significantly vary across different readers (consumers) with different levels of involvement, rejecting H1. We predict this is due to the fact that consumers visit e-commerce platforms like online stores deliberately to find relevant information and make their purchase decision. Thus, they are motivated and involved enough to read and judge the arguments of a review and assess its quality. In this case, consumers reading online review information will consider reviews’ arguments to make their judgments, no matter how involved they are; as such, the effect of argument quality remains the same (constant effect) among consumers with different levels of involvement. For the three attributes of review objectivity, review sidedness, and internal consistency the results show that RI moderates their effects on the review credibility. This means that, as we predicted, the positive effects of review objectivity, internal consistency and review sidedness on the COR were attenuated with the increase in the involvement level, confirming H2, H3 and H6 respectively.



The results indicate that external consistency does not have a strong impact on the COR. This is consistent with the finding of Thomas, Wirtz [59], but disconfirms the finding of Luo, Luo [3], which states that the consistency among reviews significantly impacts the COR’s assessment. We believe our study could help explain the inconsistent results from prior research. Nowadays, we think that, in many e-commerce platforms, there is a vast number of online reviews for each product or service; however, some local platforms have only a few online reviews for their products or services. Thus, depending on the platform and the number of reviews, the effect of external consistency might vary. For instance, in a local online store, where there is a handful of reviews for a product, it is relatively easier for a customer to read all the reviews and judge the consistency among those reviews and accordingly external consistency can play a key role to assess the COR. However, when there is a large number of reviews for a product, customers might not be able to read all of them and realize the convergence among different viewpoints, as such, external consistency might not be a strong attribute for them to judge the COR [2]. The results also indicate that RI has no moderating effect on review fluency and external consistency among reviews. This means review fluency and external consistency serve as constant attributes to impact the COR, regardless of consumers’ involvement levels. This does not confirm H4 and H5.



The findings suggest that, on e-commerce sites, consumers consider the credibility of a source as an important attribute to evaluate the COR. In addition, we found that the positive effect of source credibility on COR is strengthened with the increase in consumers’ involvement level. This finding reversely supports hypothesis 7, which suggests the effect of source credibility on COR will be stronger if consumers have a lower level of involvement. One of the explanations for this is that online reviews are mostly about consumers’ experiences and opinions toward a product/service, rather than knowledge or facts. In addition, as suggested by Shan (2016) the persuasiveness of an online review has often been attributed to its source credibility (Shan 2016). In addition, in the context of online reviews, it is challenging to understand the motives behind the reviewers and, to do so, readers should use a considerable amount of cognitive effort. Thus, readers with a low level of involvement are less motivated to scrutinize the profile of a reviewer to assess the COR. However, readers with a higher level of involvement are more inclined to carefully evaluate the profile of a reviewer to adopt information and make their purchase decision. This is another interesting finding of this study, which is consistent with the findings of prior research that suggests an information cue may perform as a heuristic (peripheral) factor in some circumstances, but a systematic factor in other circumstances [19,60].



Our findings show that homophily negatively moderates the causal relationship between source credibility and the COR, which reversely confirms H8 and indicates that the stronger effect of source credibility on the COR would be attenuated if the reader felt high homophily with the writer. To further clarify this effect, we conducted an extensive literature review. Perhaps the closest study to this finding is Shan [61], which conducted two experiments to investigate the effect of system-generated and self-generated cues on source credibility judgment. According to the finding of this research, the perceived similarity between the writer and reader (homophily) generates a negative influence on source expertise. This means that, although the credibility of a source has a high positive impact on the COR, this relationship is stronger when the similarity between the reader and writer is low and, as such, a higher level of similarity brings down the strong effect of source credibility. This is an interesting finding because it shows that being similar to a consumer could potentially discount the expertise and accordingly reduce the credibility of a reviewer, because consumers tend to judge the reviewer in close proximity to themselves.



Finally, the findings illustrate that, in the context of online reviews, the impacts of reviews’ attributes seem to be highly complex. For instance, it is not advisable that we simply classify the argument quality as the only systematic processing factor and other attributes including source credibility and external consistency as the heuristic attributes, as suggested by prior research, e.g., [19]. This is because, according to our findings, the credibility of a source plays a key role to assess COR; moreover, it has a higher impact on the highly involved readers compared to readers with a low level of involvement; therefore, it can be considered as the systematic attribute rather than the heuristic one. In addition, as supported by the HSM theory [15,31], it is possible that an attribute such as source credibility serves as a heuristic processing factor in some situations, but a systematic processing factor in other situations. Thus, it is highly recommended that future research focuses on the classification of the attributes used in this study in different conditions.



Theoretical Contributions and Practical Implications


This research can provide important theoretical contributions to the online reviews area. We extend the credibility of online reviews research scope by incorporating the moderating role of the reader’s attributes (reader’s involvement and homophily) into the HSM model. Our research is consistent with prior related studies [3,17,19], which suggest that the readers’ perspective, e.g., level of expertise and sense of membership, serves as the moderating attributes, rather than independent antecedent ones, in the credibility evaluation of online reviews.



In fact, the findings show that readers’ involvement has different moderating effects on the antecedent factors of COR, indicating that different online readers use different attributes to assess the COR. Accordingly, the influences of various online reviews’ attributes were differentiated. Specifically, we found that the reader’s involvement positively influences the direct effect of source credibility on COR, whereas it attenuates the effects of internal consistency, review sidedness, and review objectivity on the COR. In addition, it does not significantly moderate the effects of argument quality, review fluency, and external consistency on COR.



This research also provides several practical implications to online stores and other e-commerce platforms. A potential consumer might have different characteristics; as such, e-commerce platforms should customize their online reviews for each consumer accordingly in order to attract and motivate them to purchase. One practical way to customize online reviews for different consumers is to capture their log-in information or create a profile for each consumer. By doing this, the platform can classify consumers into different categories based on their profiles. After finishing the classification, the platform will be able to recommend customized information to each consumer. By doing so, the platform will not only help consumers to make better purchase decisions, but also help businesses to achieve their goals and increase their performance.





6. Conclusions and Future Research


Using HSM as the theoretical lens, this paper explores how readers’ attributes (i.e., involvement and homophily) moderate the relationships between the credibility of online consumer reviews and its antecedent factors. Our findings show that one piece of online review may reflect different views for different readers depending on their attitudes. This study provides a better classification of the attributes related to the credibility of online reviews using the HSM theory and helps e-commerce platforms to customize their online reviews to different consumers and satisfies their information needs.



We suggest future research could compare different types of products and/or services (e.g., search, experience and credence categories) because we believe that consumers judge online reviews for each category differently. This means that, during the assessment of online reviews, consumers use different attributes to different degrees, depending on the product/service types, to make their decisions. Thus, product or service types can affect consumers’ assessment of online reviews. Finally, the importance of demographic variables on the credibility evaluation of online reviews can be explored in further studies, considering that digital platforms increasingly have more information about their users.
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Appendix A. Scale Development Process


The new items for “internal consistency” construct in the survey were pilot tested in three different rounds: the first round with three scholars with expertise in this area, the second round with seven PhD students in the information systems domain, and finally the third round with 92 AMT users. These pilot test rounds enabled us to refine and improve response items for “internal consistency” construct used in this research. Next, the validity and reliability of these new items were tested through exploratory factor analysis (EFA), using Cronbach’s alpha and composite reliability. We conducted EFA by principal axis factoring using Promax rotation. All the items had factor loading above 0.6 and commonalities below 0.33. Besides, values for Cronbach’s alpha and composite reliability were also above the proposed threshold of 0.60 introduced by Bagozzi and Yi [62].
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Table A1. Heterotrait-Monotrait Ratio.






Table A1. Heterotrait-Monotrait Ratio.


















	
	SH
	RC
	SC
	RS
	AQ
	RF
	RO
	RI
	IC
	EC





	SH
	
	
	
	
	
	
	
	
	
	



	RC
	0.530
	
	
	
	
	
	
	
	
	



	SC
	0.431
	0.743
	
	
	
	
	
	
	
	



	RS
	0.232
	0.260
	0.141
	
	
	
	
	
	
	



	AQ
	0.458
	0.672
	0.659
	0.127
	
	
	
	
	
	



	RF
	0.261
	0.582
	0.504
	0.027
	0.395
	
	
	
	
	



	RO
	0.418
	0.603
	0.493
	0.237
	0.554
	0.363
	
	
	
	



	RI
	0.169
	0.258
	0.333
	0.028
	0.235
	0.382
	0.142
	
	
	



	IC
	0.263
	0.447
	0.341
	0.065
	0.399
	0.514
	0.310
	0.365
	
	



	EC
	0.390
	0.415
	0.296
	0.326
	0.403
	0.184
	0.487
	0.067
	0.188
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Figure 1. Research Model. 






Figure 1. Research Model.
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Figure 2. The Moderating Effect of RI on SC. 
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Figure 3. The Moderating Effect of RI on RS. 
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Figure 4. The Moderating Effect of RI on RO. 
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Figure 5. The Moderating Effect of RI on IC. 
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Figure 6. The Moderating Effect of SH on SC. 
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Figure 7. The Moderating Effect of RI on AQ. 
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Figure 8. The Moderating Effect of RI on RF. 
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Figure 9. The Moderating Effect of RI on EC. 
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Table 1. Items Used in the Study.






Table 1. Items Used in the Study.





	
Construct

	
Items

	
Supporting References






	
Argument Quality

	
1. The review arguments are convincing

	
[3,46]




	
2. The review arguments are persuasive




	
3. The review arguments are reasonable




	
Internal Consistency

	
1. In this review, the comment and star rating match each other

	
This study




	
2. In this review, the arguments are consistent with each other




	
3. In this review, there is no conflict within its parts




	
Review Fluency

	
1. This review is easy to read

	
[9,47]




	
2. This review is understandable




	
3. This review is easy to comprehend




	
External Consistency

	
1. The comments made in this review are consistent with other reviews

	
[19]




	
2. The comments made in this review are similar to other reviews




	
Review Objectivity

	
1. The argument of this review is unemotional

	
[29,48]




	
2. This review is objective




	
3. This review is based on facts




	
Review Sidedness

	
1. This review includes both pros and cons on the discussed product/service

	
[19,43]




	
2. This review includes only one-sided comments (positive or negative)




	
3. This review includes both positive and negative comments




	
Perceived Source Credibility

	
1. The writer (reviewer) of this review is credible

	
[19,49]




	
2. The writer (reviewer) of this review is reliable




	
3. The writer (reviewer) of this review is trustworthy




	
Reader’s Involvement

	
1. How much effort did you put into evaluating the given information?

	
[29]




	
2. Did you think deeply about the information contained in online reviews?




	
3. How informed are you on the subject matter of this review




	
Source Homophily

	
1. The reviewer has the same opinions as I do

	
[6]




	
2. The reviewer has the same viewpoints as I do




	
3. The reviewer has the same preferences as I do




	
Perceived Review Credibility

	
1. This review is believable

	
[3,19]




	
2. This review is trustworthy




	
3. This review is credible




	
4. This review is accurate
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Table 2. Sample Demographics.






Table 2. Sample Demographics.





	

	
Frequency

	
Percent






	
Gender

	
Male

	
213

	
50.1




	
Female

	
212

	
49.9




	
Age range

	
<30

	
131

	
30.8




	
30–40

	
147

	
34.6




	
40+

	
147

	
34.6




	
Education

	
Less than high school

	
2

	
0.5




	
High school graduate

	
84

	
19.8




	
College

	
104

	
24.5




	
Bachelor’s degree

	
178

	
41.9




	
Master’s degree

	
53

	
12.5




	
Doctorate

	
4

	
0.9
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Table 3. Cronbach’s α, CR, AVE and factor loadings.






Table 3. Cronbach’s α, CR, AVE and factor loadings.





	
Attributes

	
Abbreviations

	
Items

	
α

	
CR

	
AVE

	
Factor Loading






	
External Consistency

	
EC

	
EC1

	
0.959

	
0.959

	
0.921

	
0.975




	
EC2

	
0.934




	
Argument Quality

	
AQ

	
AQ1

	
0.933

	
0.934

	
0.825

	
0.934




	
AQ2

	
0.925




	
AQ3

	
0.803




	
Source Credibility

	
SC

	
SC1

	
0.948

	
0.948

	
0.859

	
0.880




	
SC2

	
0.896




	
SC3

	
0.930




	
Review Credibility

	
RC

	
RC1

	
0.961

	
0.961

	
0.861

	
0.925




	
RC2

	
0.855




	
RC3

	
0.949




	
RC4

	
0.836




	
Review Sidedness

	
RS

	
RS1

	
0.924

	
0.926

	
0.806

	
0.966




	
RS2

	
0.839




	
RS3

	
0.886




	
Review Objectivity

	
RO

	
RO1

	
0.899

	
0.905

	
0.761

	
0.794




	
RO2

	
0.940




	
RO3

	
0.855




	
Review Fluency

	
RF

	
RF1

	
0.906

	
0.907

	
0.765

	
0.806




	
RF2

	
0.864




	
RF3

	
0.932




	
Internal Consistency

	
IC

	
IC1

	
0.872

	
0.876

	
0.702

	
0.780




	
IC2

	
0.909




	
IC3

	
0.811




	
Readers’ Involvement

	
RI

	
RI1

	
0.889

	
0.894

	
0.740

	
0.894




	
RI2

	
0.902




	
RI3

	
0.778




	
Source Homophily

	
SH

	
SH1

	
0.930

	
0.931

	
0.818

	
0.858




	
SH2

	
0.923




	
SH3

	
0.913
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Table 4. Correlations and Average Variance Extracted (AVE).






Table 4. Correlations and Average Variance Extracted (AVE).


















	
	SH
	RC
	SC
	RS
	AQ
	RF
	RO
	RI
	IC
	EC





	SH
	0.905
	
	
	
	
	
	
	
	
	



	RC
	0.530 ***
	0.928
	
	
	
	
	
	
	
	



	SC
	0.440 ***
	0.744 ***
	0.927
	
	
	
	
	
	
	



	RS
	0.239 ***
	0.251 ***
	0.141 **
	0.898
	
	
	
	
	
	



	AQ
	0.450 ***
	0.670 ***
	0.655 ***
	0.130 *
	0.909
	
	
	
	
	



	RF
	0.255 ***
	0.570 ***
	0.491 ***
	0.028
	0.384 ***
	0.875
	
	
	
	



	RO
	0.427 ***
	0.602 ***
	0.496 ***
	0.221 ***
	0.556 ***
	0.364 ***
	0.872
	
	
	



	RI
	0.153 **
	0.257 ***
	0.334 ***
	−0.045
	0.238 ***
	0.403 ***
	0.136 **
	0.860
	
	



	IC
	0.259 ***
	0.454 ***
	0.341 ***
	−0.047
	0.402 ***
	0.515 ***
	0.317 ***
	0.356 ***
	0.838
	



	EC
	0.386 ***
	0.411 ***
	0.296 ***
	0.326 ***
	0.399 ***
	0.178 ***
	0.474 ***
	0.048
	0.185 ***
	0.960







Note: * p < 0.050, ** p < 0.010, *** p < 0.001.
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Table 5. Collinearity Statistics.






Table 5. Collinearity Statistics.





	

	
Collinearity Statistics




	
Tolerance

	
VIF






	
External Consistency (EC)

	
0.600

	
1.667




	
Review Objectivity (RO)

	
0.478

	
2.090




	
Source Credibility (SC)

	
0.364

	
2.749




	
Review Sidedness (RS)

	
0.741

	
1.349




	
Argument Quality (AQ)

	
0.334

	
2.998




	
Review Fluency (RF)

	
0.478

	
2.090




	
Internal Consistency (IC)

	
0.551

	
1.815




	
Reader’s Involvement (RI)

	
0.566

	
1.766




	
Source Homophily (SH)

	
0.611

	
1.637
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Table 6. Structural Equation Modeling Results.






Table 6. Structural Equation Modeling Results.





	

	
Model 1

	
Model 2

	
Model 3




	

	
SC 1

	
t

	
Sig.

	
SC 1

	
t

	
Sig.

	
SC 1

	
t

	
Sig.






	
Internal Consistency (IC)

	
0.096

	
3.054

	
0.002

	
0.082

	
2.732

	
0.007

	
0.097

	
3.302

	
0.001




	
Review Objectivity (RO)

	
0.155

	
4.582

	
0.000

	
0.128

	
3.952

	
0.000

	
0.123

	
3.887

	
0.000




	
Review Fluency (RF)

	
0.194

	
5.891

	
0.000

	
0.189

	
5.812

	
0.000

	
0.193

	
6.107

	
0.000




	
Argument Quality (AQ)

	
0.169

	
4.424

	
0.000

	
0.153

	
3.976

	
0.000

	
0.123

	
3.255

	
0.001




	
Review Sidedness (RS)

	
0.122

	
4.572

	
0.000

	
0.122

	
4.713

	
0.000

	
0.099

	
3.884

	
0.000




	
Source Credibility (SC)

	
0.403

	
10.880

	
0.000

	
0.462

	
12.601

	
0.000

	
0.430

	
11.842

	
0.000




	
External Consistency (EC)

	
0.056

	
1.875

	
0.061

	
0.016

	
0.555

	
0.579

	
0.001

	
0.034

	
0.973




	
Reader’s Involvement (RI)

	

	

	

	
−0.037

	
−1.235

	
0.218

	
−0.017

	
−0.582

	
0.561




	
RI * IC

	

	

	

	
−0.118

	
−3.509

	
0.000

	
−0.081

	
−2.441

	
0.015




	
RI * RO

	

	

	

	
−0.101

	
−3.268

	
0.001

	
−0.096

	
−3.196

	
0.002




	
RI * RF

	

	

	

	
−0.064

	
−1.620

	
0.106

	
−0.041

	
−1.072

	
0.285




	
RI * AQ

	

	

	

	
0.056

	
1.779

	
0.076

	
0.028

	
0.901

	
0.368




	
RI * RS

	

	

	

	
−0.099

	
−3.567

	
0.000

	
−0.073

	
−2.646

	
0.008




	
RI * SC

	

	

	

	
0.273

	
7.271

	
0.000

	
0.253

	
6.906

	
0.000




	
RI * EC

	

	

	

	
0.056

	
1.658

	
0.098

	
0.059

	
1.804

	
0.072




	
Source Homophily (SH)

	

	

	

	

	

	

	
0.081

	
2.875

	
0.004




	
SH * SC

	

	

	

	

	

	

	
−0.105

	
−4.337

	
0.000




	
R2

	
0.747

	
0.792

	
0.805




	
Adjusted R2

	
0.743

	
0.784

	
0.797




	
F

	
175.994

	
103.704

	
98.710








Note: SC 1: Standardized Coefficients.
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