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Abstract

:

Impulse buying continues to be a relevant topic for retail management, yet few studies have examined the role of online impulse buying. This study analyzes the effect of impulse buying tendency on online impulse buying behavior through the mediation of normative evaluation and the urge to buy impulsively on the Internet. As a secondary objective, we aim to identify whether gender and generation influence the model. The research was conducted in Mexico with millennials and centennials who had previously bought products on the Internet. We used quantitative, explanatory, non-experimental, cross-sectional research. We applied an electronic survey, and, for the statistical technique, we used PLS. According to the results, impulse buying tendency both directly and indirectly influences online impulse buying behavior through the mediating roles of normative evaluation and the urge to buy impulsively on the Internet. Moreover, we found that gender does not have an effect on the model. Regarding generation, two significant differences were found between centennials and millennials.
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1. Introduction


After six decades of research, impulse buying continues to be a relevant topic for retail management because it represents a significant percentage of retail sales in different formats [1]. In recent years, much of the work has been conducted in Asia, mainly in India. Few studies have focused on the role of online impulse buying [2]. The Internet, as a marketing channel, is prone to stimulating this type of purchase, as consumers feel less inhibition because of the relative social anonymity [3]. Impulse buying through Internet channels ranges from e-shopping to social commerce [2], and its process starts with the tendency or desire to buy impulsively until the purchase is made, without considering the negative consequences associated with this behavior [4].



Impulse buying tendency (IBT) is one factor influencing consumers to buy impulsively, and previous research has found that IBT has a direct effect on impulse behavior [5,6]. The value of IBT as a moderating variable between sales promotion and the urge to buy impulsively has also been reported [7]. Moreover, some studies have found that IBT is a mediator variable between constructs such as store environment, personality factors, and impulse buying [8]. However, as relevant situational factors exist that may mediate the relationship between IBT and online buying behavior, further work is still needed to comprehend the effect of IBT on other mediator variables that affect impulse buying [9].



In addition, research about the influence of gender on impulse buying lacks consistent results [10]. Although some studies have identified that women usually buy more frequently and, consequently, make more unplanned buying, Kollat and Willet [11] indicated that, if the number of purchases remains constant, there is no significant difference between women and men. On the other hand, Bellenger, Robertson, and Hirschman [12] found that gender has no significant effect on impulse buying behavior. Furthermore, some studies [13,14,15] have indicated that women, compared to men, have a higher emotionality that increases their proclivity to impulse buying, which intensifies their propensity to buy in an impulsive way [14]. In contrast, other works, such as Cobb and Hoyer’s study [16], point out that men tend to buy more impulsively.



The literature also highlights the importance of studying the online buying behavior of different generations [17]. Generation Y, or millennials, and Generation Z, also called centennials, are currently the largest generations on the planet; previous research has stated that their consumption behavior patterns seem to be different in a significant way [18]. Millennials, which include those born between 1981 and 1996 [19], feel comfortable with their ability to browse and make purchases online [20], even those of a spontaneous nature [21]. Compared to the previous generation, millennials tend to make quick decisions in their buying process and make more impulsive purchases [22]. Millennials are also considered materialistic and self-controlled [23], and they tend to spend their money quickly on consumer goods and personal services [24]. On the other hand, centennials were born between 1997 and 2012 [19]; they grew up completely immersed in digital technologies and communications [25]. They are described as more educated consumers who assess the propositions of brick-and-mortar versus online retailers; they are also considered responsible spenders [26], materialistic [27], and strong content consumers who value instant results [28]. Research that analyzed the impulse buying tendency, comparing centennials and millennials in Bangladesh, found that centennials are more prone to impulse buying [29]. In this study, we investigate the existence of possible significant differences in the proposed relationships.



Therefore, the purpose of this study is to analyze the effect of impulse buying tendency on online impulse buying behavior through the mediation of normative evaluation and the urge to buy impulsively on the Internet. In addition, as a secondary objective, we aim to identify whether gender and generation are demographic variables that influence the model. The following sections include a review of the literature and a description of the research model, followed by the research method, analysis of the results, discussion, and conclusions.




2. Conceptual Framework and Hypotheses Development


A consumer’s impulse buying tendency is defined as an “internal trait of responding quickly to a given stimulus without deliberating regarding action outcomes” [30]. Rook and Fisher [31] pointed out that IBT is a unidimensional construct that includes personal tendencies to think and behave in specific ways—that is, spontaneously, immediately, and thoughtlessly. The behavioral approach that assesses consumer decision making postulates that IBT is a personal trait that, under certain circumstances, leads to impulse buying [10]; in other words, IBT elicits consistent responses to environmental stimuli [5,32]. IBT is different from impulsive buying behavior because it is a relatively enduring consumer trait that generates impulses or motivations that lead to behavior [33]. Although a variety of research has examined the effects of IBT in the offline context, its antecedents and associated effects on online transactions are still being investigated [3,34].



IBT influences the normative evaluation (NE) of online shopping. NE is conceptualized as “consumer judgments regarding the positive appropriateness of impulsive buying behavior” [30]. For many consumers, impulse buying is considered normatively wrong [31,35]; however, according to the context, it may be classified as acceptable [36]. Thus, purchase situations tend to evoke different normative evaluations [36]. It is important to note that a highly impulsive consumer does not necessarily respond to every stimulus, as there are factors that can stimulate or hinder the transition from feeling to impulsive action, as is the case with NE [10]. Similar to physical stores, NE has a positive effect on online impulse buying behavior (OIBB) [37]. In their research on travel behavior, Chih et al. [30] found that IBT positively and significantly influences NE. Therefore, it is possible to assume that:



Hypotheses 1 (H1).

Impulse buying tendency positively influences normative evaluation.





The concept “urge to buy impulsively on the Internet” (UBII), introduced by Rook and Fisher [31], refers to a consumer characteristic that is part of the state of desire to buy immediately; it unintentionally conducts instant or unplanned purchases in a given environment [38,39,40]. Gupta and Gentry [41] defined it as “a desire of the consumer to buy the product right away, thus limiting consumers’ freedom to delay a buying decision.” UBII is also described as a specific state of desire that the consumer feels when encountering a certain brand, product, or service [42].



The extent of UBII may vary among consumers [43]. Although some of them may frequently experience the urge to buy impulsively [44], the likelihood of making impulsive purchases will depend on their impulse buying tendency and their normative judgments [45]. This means that consumer judgments are aspects that influence irrational cravings that can appear when consumers find products in a shopping environment [30,46]. Therefore, we propose that:



Hypotheses 2 (H2).

Normative evaluation positively influences the urge to buy impulsively on the Internet.





IBT and UBII are different yet closely related constructs [42,47]. The former has been related to several variables, its effect is accentuated in marketing channels such as the Internet [3,48], and its influence is difficult to resist when the consumer faces an impulsive purchasing situation [31]. The latter is triggered by stimuli experienced by the consumer; it is activated as a felt need that occurs prior to the purchase decision [49]. IBT influences UBII. When a consumer’s IBT interacts with their positive emotions, their need to buy also increases [48]. Several researchers have found that high IBT positively affects UBII [38,39,48]. For instance, Bandyopadhyaya [50] validated a model in the retail context of Indian supermarkets that proved that IBT significantly influences the urge to buy. Therefore, it is possible to assume that:



Hypotheses 3 (H3).

Impulse buying tendency positively influences the urge to buy impulsively on the Internet.





Compared to physical stores, shopping online gives consumers more freedom and fewer restrictions [51]. Many consumers prefer this format because of its convenience, choice of options, and availability of information; these features increase the likelihood of impulsive buying [2]. When the consumer browses websites, UBII leads to online impulse buying [52,53]. UBII is considered one of the most proximal determinants of impulse buying behavior [50]. Additionally, experts consider that UBII exists only when the uncontrollable impulse arises in response to different stimuli [38,50,54].



Although UBII is a state of desire [55], OIBB refers to purchases made suddenly and immediately without prior intention [56]. A consumer with an increased desire to buy is likely to make an impulse purchase [51], and several previous empirical works have verified this relationship [6,38,39]. For instance, Verhagen and van Dolen [57] studied the context of online stores and consumers in the Netherlands, demonstrating that a significant and positive effect exists between UBII and OIBB. Additionally, other research in the fields of sustainability [46] and hedonic purchases [7] not only highlight the role of the impulse to buy as a mediating variable, but also its direct and positive effect on impulse buying. Therefore, we propose that:



Hypotheses 4 (H4).

The urge to buy impulsively on the Internet influences online impulse buying behavior.





Impulsive buying is usually used as a dependent variable in the comprehension of impulsive consumption [58]. Impulse buying has three key attributes: it is unplanned, it results from exposure to a stimulus, and it is decided in the moment [15,37]. This kind of purchase is triggered when the consumer with a high tendency to buy impulsively experiences a purchase stimulus, and, once analyzed, values it as normatively appropriate [31]. IBT is conceptualized as “a consumer’s tendency to buy spontaneously, unreflectively, immediately, and kinetically” [31].



Impulse buying tendency, as an individual trait, may be positively associated with impulse buying [32]. Impulsive online shopping is a result of the consumer’s personality traits [52]. When a consumer has a high IBT, he or she spends time searching for products and reacts to impulse buying [58]. In other words, IBT has a positive and significant influence on impulse buying behavior [30]. In theory, when an impulsive consumer experiences an impulse buying stimulus and assesses the potential purchase as appropriate, impulsive buying behavior unfolds [59]. Research such as that of Iyer et al. [60] and Parsad et al. [58] have confirmed a direct, positive, and significant effect between those variables. Therefore, it is considered that:



Hypotheses 5 (H5).

Impulse buying tendency positively influences online impulse buying behavior.





Figure 1 presents the theoretical model.




3. Materials and Methods


As an analysis technique, we used structural equation models with partial least squares (PLS-SEM) in order to measure the proposed model and the two multigroup analyses [61]. PLS-SEM has been widely applied to management and marketing research, since it can estimate complex statistical models that emphasize causal explanation or prediction when several constructs are involved [61]. Indeed, previous investigations in the field of impulse purchasing have used this technique successfully [46,62,63].



This study was conducted in Mexico with millennials and centennials who had previously bought products on the Internet. We performed quantitative, explanatory, non-experimental, and cross-sectional research. An electronic survey was applied to collect the data. The instrument included previously validated scales (see Table 1). The fieldwork was conducted between May and September of 2020.



The variables were measured using scales available in the literature that were adapted to the research. The following three constructs were evaluated using a Likert-type scale, including five points of response, from “totally disagree” to “totally agree”. UBII was measured using five items: four from the scale of Beatty and Ferrell [38] and one from the scale of Zhao et al. [64]. IBT was measured using five items: four from Xiang et al. [65] and one from the scale of Beatty and Ferrell [38]. OIBB was adapted from Zhao et al. [64] with four items. Finally, the NE from Rook and Fisher [31], with nine adjectives, was evaluated with a semantic differentiation scale.
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Table 1. Questionnaire.






Table 1. Questionnaire.





	
Impulse Buying Tendency

	
Normative Evaluation






	
Xiang et al. [65]

	
Rook and Fisher [31]




	
IBT1. I frequently buy things spontaneously.

IBT2. I often buy things without thinking.

IBT3. “I see it, I buy it” describes the way I buy.

IBT4. Sometimes I am a bit reckless with what I buy.

	
A fictitious impulse purchase situation was developed about Mary, a college student who purchased more products through the Internet than she needed for a social event.

Participants were requested to evaluate the following:




	
Beatty and Ferrell [38]

	
Rate Mary’s behavior according to the following attributes:




	
IBT5. I am a person who makes unplanned purchases.




	

	
NE1.          Bad Good

NE2.          Illogical Rational

NE3.          Productive Spender

NE4.          Unpleasant Pleasant

NE5.          Dumb Clever

NE6.          Unacceptable Acceptable

NE7.          Selfish Generous

NE8.          Reckless Prudent

NE9.          Immature Mature




	
Urge to buy impulsively on the Internet

	
Online impulse buying behavior




	
Beatty and Ferrell [38]

	
Zhao et al. [64]




	
UBII1. I have experienced the sudden urge to make unplanned purchases online.

UBII2. I’ve seen things I want to buy on websites, even though they weren’t on my shopping list.

UBII3. I have had a strong urge to make unplanned purchases on the Internet.

UBII4. While browsing the Internet, I feel the sudden urge to buy items.

UBII5. I have had a desire to buy things that were not in my online-shopping goal.

	
The last time I bought on the Internet:

OIBB1: I bought more than I had planned to buy.

OIBB2: I spent lots of money on unplanned goods.

OIBB3: I ended up spending more money than I originally set out to spend.

OIBB4: Unplanned goods took up a great proportion of the total goods I purchased









We used a non-probabilistic sample by convenience. We obtained 412 valid surveys. According to Hair et al. [66], we would need 145 observations to achieve an R2 of 0.10, with a statistical significance of 1% and a power of 80%. Demographic characteristics showed that 142 centennials and 270 millennials participated in the investigation. In terms of gender, 178 men and 234 women were surveyed. Centennial participants were between 18 and 24 years old, whereas millennial participants were between 25 and 40 years old. The majority of centennials were students (119) whereas the majority of millennials reported being employees (116).




4. Results


4.1. Common Method Bias


Considering that the data for all the variables to be analyzed came from the same source, a common method bias analysis was performed through Harman’s single factor test [67] and the revision of the Variance Inflation Factor (VIF) values. Harman’s test showed that a single factor explains 41.45% of the variance, which is below the 50% limit tolerable to consider that variations in responses are not caused by the instrument [68]. Also, all VIF values are less than three. This is considered acceptable since, when values exceed this value, there is problematic collinearity and common method bias [69].




4.2. Assessing the PLS-SEM Results of the Measurement Model


According to Anderson and Gerbing [70], the analysis should be conducted in two stages. In the first stage, we reviewed the measurement model in order to ensure the reliability and validity of the constructs. In the second stage, we analyzed the structural model [66]. We used SmartPLS 3.3 as statistical software. We ran the PLS algorithm using 5000 iterations. From the original 25-item measurement model, 5 were eliminated (i.e., IBT4, IBT5, NE2, NE3, and NE5) because they did not fit the criteria recommended for the measurement model.



In the context of PLS-SEM, the appropriate analysis to confirm the quality of the model is the confirmatory composite analysis (CCA) [69]. The results showed that all the loadings, except UBII2 (0.680), were greater than 0.708. Therefore, it was eliminated. The standardized factor loadings were squared and, in all cases, exceeded the value of 0.50. Cronbach’s alpha and composite reliability indicators should show values between 0.70 and 0.95. When eliminating the UBII2, it was identified that the composite reliability of the OIBB exceeded the value of 0.95, so it was necessary to eliminate the OIBB2, since it showed a high correlation with other items. Then, both indicators showed acceptable values. The AVE (see Table 2) and heterotrait–monotrait (HTMT) values comply with the suggested values (see Table 3). Consequently, there is convergent validity and discriminant validity as detailed below. In Table 2 we show the reliability and validity data of the measurement model. The recommended minimum cut-off points were exceeded: 0.70 (loads, alpha, rho, and composite reliability) and 0.50 (AVE).



To establish the discriminant validity, we used the heterotrait–monotrait ratio. The recommendation for this indicator is that the ratios have values lower than 0.85 (for conceptually different constructs) or 0.90 (for conceptually similar constructs) [61]. In our model, none of the ratios exceeded the suggested cut-off points. Thus, we confirmed that the measurement model had discriminant validity (see Table 3).



Additionally, nomological validity was determined by correlating the scores of the constructs of the model with other variables of the model, in this case with the variable “age” (see Table 4). The results showed that there is no significance in the correlations of the variables of the model with age. This shows that there is nomological validity in the reflective measurement model. Finally, the predictive validity was reviewed by testing the measurement invariance of composite models [69]. This step is presented below in the multigroup analysis. The results of compositional invariance and equality of means, and variances in construct scores showed that different estimates between specific groups do not stem from different content or meaning [71].




4.3. Structural Analysis


We assessed the prediction’s quality of the structural model through the coefficients of the structural effects and the R2 values of the endogenous variables (see Figure 2). We revised the algebraic sign, magnitude, and significance of path values. According to the results, four of them exceeded the recommended minimum cut-off point of 0.20; however, all of them coincided with the algebraic sign postulated and were significant (t values greater than 1.96, 95% confidence level). Thus, according to the criteria, all the hypotheses were validated (see Table 5).



We also analyzed the indirect effects between IBT and OIBB. These effects were examined through a multiple mediator model, since several additional mediators exist. We used an explicit procedure through PLS bootstrapping [72]. It was found that the relationship between IBT and OIBB is partially mediated by NE and UBII (β = 0.0010, p = 0.021) and the relationship between IBT and OIBB is partially mediated by UBII (β = 0.186, p = 0.000). The two indirect effects were significant, as shown in Table 6. Therefore, it is possible to affirm that NE and UBII are mediator variables between IBT and OIBB. In both cases, it is a complementary partial mediation, since the direct and indirect effects are significant and point in the same direction [73]. Additionally, we performed the Variance Accounted For (VAF) analysis. This ratio calculates the magnitude to which the mediation process explains the variance in the dependent variable [73]. The results of the VAF were the following: 1.3% in the relationship IBT → NE →UBII → OIBB, and 24.7% in the relationship IBT →UBII → OIBB. If we consider the joint effect of both indirect relationships, the VAF value is 26.0%, which shows that the indirect effects reveal 26% of the explained variance of OIBB; the remaining 74% of the variance is expressed directly by the relationship between IBT and OIBB.



Additionally, we reviewed the R2 indicator. The model weakly explained NE (0.084), moderately explained UBII (0.419), and substantively explained (0.624) OIBB (see Figure 2). Finally, we examined Stone–Geisser’s Q2 indicator, which shows the degree as observed values are reconstructed by the model and its parameter estimates [74,75]. The model must have the ability to predict the reflective indicators of the endogenous constructs; when Q2 indicators are greater than zero, it has predictive relevance [74,76]. The Q2 values of our model met these criteria: OIBB Q2 = 0.492, NE Q2 = 0.049, and UBII Q2 = 0.295. Figure 2 shows the contrasted structural model. Beta values, t values, and R2 values are included.




4.4. Multigroup Analysis


We performed two multigroup analyses (MGAs) to determine if significant differences occurred between men (178) and women (234) as well as centennials (142) and millennials (270) in the model’s trajectory indicators. These samples sizes are adequate to obtain a 5% significance level and a statistical power of 80% [77]. For this purpose, two nonparametric methods were used—namely, the permutation test and Henseler’s MGA method—because they allow for determining such differences. According to Sarstedt et al. [78], before comparing model estimates between groups, it is necessary to verify that the measures of the constructs are invariant between them. In the first phase, measurement invariance, also known as measurement equivalence, was verified. We conducted a measurement invariance of composite models’ analysis (MICOM) in order to confirm that the differences in the model estimators did not result from different contents in the composite variables. The MICOM procedure involves the assessment of configurational invariance, compositional invariance, and equality of composite means and variances [66].



4.4.1. Assessment of Configurational Invariance


This kind of invariance implies that the indicators are identical in the measurement model. This means that each measurement model uses the same indicators and scales among the groups, the data are treated in the same way, and the optimization criteria and algorithms used are the same. These conditions were met in the groups created in this study.




4.4.2. Compositional Invariance


A permutation analysis was applied to analyze the degree of variation in the results of the composite variables. The correlation of the composite between the groups was examined to determine that it was not significantly different from 1 and p > 0.05. In Table 7, we present the results of the compositional invariance for men–women and centennials–millennials. In all cases, the correlations were significantly equal to 1, with p-values > 0.05. As there is configurational invariance and compositional invariance, it is possible to state that partial measurement invariance exists. However, in order to verify the presence of complete measurement invariance, we ran step 3 of the MICOM analysis.




4.4.3. Equality of Composite Means and Variances


This condition is established through step 3. In this case, it is necessary to ensure that no significant differences exist between the mean values and variances among the groups. This can be determined when the permutation-based confidence intervals include the original differences in the mean values and variances from the original model estimation. The results show that, in both cases, the original differences in the mean values and variances are included in the permutation difference of means and variances, and p > 0.05 (see Table 8). This indicates that no significant differences exist between them. Thus, it is possible to state that complete measurement invariance occurred.



MGA compares the bootstrap-generated estimators for one group with the estimators for the other group. The results of the comparison of men and women show no significant differences in the structural paths of the model. In other words, both men and women presented the same pattern of behavior. On the other hand, in the comparison between centennials and millennials, two significant differences emerged. The first occurs in the relationship between UBII and OIBB where the effect was greater in centennials than in millennials (βc = 0.470 versus βm = 0.223, β difference 0.247, p = 0.007). The second occurred in the relationship between IBT and OIBB where the effect was greater in millennials than in centennials (βc = 0.430 versus βm = 0.626, β difference −0.196, p = 0.026). Table 9 shows these results. In order to deepen in this relationship, we also reviewed the specific indirect effects. We also found a significant difference between millennials and centennials in the relationship: IBT → UBII → OIBB (βc- βm difference 0.145, p = 0.013).






5. Discussion and Conclusions


The objective of this research was to examine the effect of IBT on OIBB through the mediation of NE and UBII. The model was also contrasted considering individuals’ gender and generation. This work advances the knowledge of IBT in the online context, in which its effects continue to be investigated [3,34].



In the context studied, IBT is mainly reflected in usual and frequent purchases without previous consideration. According to the results, among the proposed relationships, this tendency exerts its greatest effect on UBII. This variable manifests itself mostly in the strong and sudden urge to make unplanned purchases on the Internet. Our findings confirm that IBT and UBII are closely related constructs [42]. IBT, as an internal personal trait, generates UBII. These results are consistent with previous findings reported by Beatty and Ferrell [38], Foroughi et al. [39], and Flight et al. [48]. Similar to what Verhagen and van Dolen [57] found, we identified that UBII directly and favorably affects OIBB. In addition, it mediates the relationship between IBT and OIBB, corroborating what some researchers [49] have postulated.



In this study, we found that IBT directly and positively influences OIBB. This variable is mainly manifested by the excessive spending of money on unplanned items and in the high proportion that these items represent of total online purchases. These results confirm previous findings regarding unplanned purchasing [15,37] as an attribute of behavior (i.e., OIBB). Additionally, they reconfirm that IBT favors OIBB [30,32,50,52].



Furthermore, IBT positively influences NE. The latter is manifested mainly by consumer judgments regarding how acceptable, enjoyable, and good an impulse purchase made on the Internet is. This is consistent with previous works that indicate the effect of NE on OIPT [30,37]. Furthermore, we identified that NE has a positive influence on UBII, confirming previous work that found that UBII depends on normative judgments [45]. Moreover, NE is a mediator variable between IBT and OIBB. This finding confirms that NE can foster or hinder the transition to impulsive action [10,31,45,59].



As a secondary objective, we analyzed whether gender (men–women) and generation (centennial–millennial) have an influence on the model. In the first case, the results indicated no significant differences between men and women. These results are consistent with previous studies of IBB [11,12] and with this study; there are no significant differences in the antecedent variables. Regarding generation, two significant differences were found. First, in the relationship between UBII and OIBB, the effect is greater in centennials. Furthermore, in the relationship between IBT and OIBB we found a greater effect in millennials. This coincides with the recent findings of Thangavel et al. [18], who delved into the purchasing behavior of these generations. While millennials tend to feel more comfortable browsing and shopping online [20], centennials grew up fully immersed in digital technologies and communications. Therefore, millennials may have developed a greater urge to buy impulsively on the Internet. This generation has an appreciation for instant results; when they buy, they expect to get the products faster than previous generations do, and they are strong consumers of digital content [25,28]. These differences cause a generational gap associated with the influence of IBT on UBII and, ultimately, on OIBB.



Based on our analysis and discussion, this study concludes that in the context of online shopping, IBT has a positive, direct, and significant effect on NE, UBII, and OIBB. Furthermore, it was found that NE is a mediator variable between IBT and UBII, while UBII mediates the relationship between IBT and OIBB. Moreover, we conclude that there are no significant differences between men and women. However, when evaluating by generation, we found two significant differences between centennials and millennials: one focused on UBII and OIBB, and the other was associated with IBT and OIBB.



This study, like others, has limitations. It was a cross-sectional research design, with non-probabilistic sampling and only two generational groups. Additionally, the subsamples used in the multigroup analyses were relatively small. This limits the likelihood of generalizing results. Future research should evaluate the proposed model by analyzing other generations. In addition, it would be valuable for the line of research to delve deeper into impulse buying in new models of social commerce on different platforms and even in mobile applications. Furthermore, incorporating consumer protection variables such as privacy and security could be a beneficial next step.







Author Contributions


Conceptualization, J.C.-A. and A.I.M.-G.; methodology, J.C.-A. and A.I.M.-G.; software, A.I.M.-G.; validation, J.C.-A. and A.I.M.-G.; formal analysis, J.C.-A. and A.I.M.-G.; investigation, J.C.-A. and A.I.M.-G.; resources, J.C.-A. and A.I.M.-G.; data curation, J.C.-A. and A.I.M.-G.; writing—original draft preparation, J.C.-A. and A.I.M.-G.; writing—review and editing, J.C.-A. and A.I.M.-G.; visualization, J.C.-A. All authors have read and agreed to the published version of the manuscript.




Funding


This research received no external funding.




Institutional Review Board Statement


Not applicable.




Informed Consent Statement


Informed consent was obtained from all subjects involved in the study.




Data Availability Statement


Not applicable.




Conflicts of Interest


The authors declare no conflict of interest.




References


	



Zhang, W.; Leng, X.; Liu, S. Research on mobile impulse purchase intention in the perspective of system users during COVID-19. Pers. Ubiquitous Comput. 2020, 1–9. [Google Scholar] [CrossRef]

	



Akram, U.; Hui, P.; Kaleem Khan, M.; Tanveer, Y.; Mehmood, K.; Ahmad, W. How website quality affects online impulse buying. Asia Pac. J. Mark. Logist. 2018, 30, 235–256. [Google Scholar] [CrossRef]

	



Sun, T.; Wu, G. Trait Predictors of Online Impulsive Buying Tendency: A Hierarchical Approach. J. Mark. Theory Pract. 2011, 19, 337–346. [Google Scholar] [CrossRef]

	



Utama, A.; Sawitri, H.S.R.; Haryanto, B.; Wahyudi, L. Impulse Buying: The Influence of Impulse Buying Tendency, Urge to Buy and Gender on Impulse Buying of the Retail Customers. J. Distrib. Sci. 2021, 9, 101–111. [Google Scholar] [CrossRef]

	



Atulkar, S.; Kesari, B. Role of consumer traits and situational factors on impulse buying: Does gender matter? Int. J. Retail Distrib. Manag. 2018, 46, 386–405. [Google Scholar] [CrossRef]

	



Badgaiyan, A.J.; Verma, A. Does urge to buy impulsively differ from impulsive buying behaviour? Assessing the impact of situational factors. J. Retail. Consum. Serv. 2015, 22, 145–157. [Google Scholar] [CrossRef]

	



Bandyopadhyay, N.; Sivakumaran, B.; Patro, S.; Kumar, R.S. Immediate or delayed! Whether various types of consumer sales promotions drive impulse buying?: An empirical investigation. J. Retail. Consum. Serv. 2021, 61, 102532. [Google Scholar] [CrossRef]

	



Saad, M.; Metawie, M. Store Environment, Personality Factors and Impulse Buying Behavior in Egypt: The Mediating Roles of Shop Enjoyment and Impulse Buying Tendencies. J. Bus. Manag. Sci. 2015, 3, 69–77. [Google Scholar] [CrossRef]

	



Ahn, J.; Kwon, J. The role of trait and emotion in cruise customers’ impulsive buying behavior: An empirical study. J. Strateg. Mark. 2020, 1–14. [Google Scholar] [CrossRef]

	



Gąsiorowska, A. Gender as a moderator of temperamental causes of impulse buying tendency. J. Cust. Behav. 2011, 10, 119–142. [Google Scholar] [CrossRef]

	



Kollat, D.T.; Willett, R.P. Customer Impulse Purchasing Behavior. J. Mark. Res. 1967, 4, 21–31. [Google Scholar] [CrossRef]

	



Bellenger, D.N.; Robertson, D.H.; Hirschman, E.C. Impulse buying varies by product. J. Advert. Res. 1978, 18, 15–18. [Google Scholar]

	



Cheng, Y.-H.; Chuang, S.-C.; Wang, S.-M.; Kuo, S.-y. The Effect of Companion’s Gender on Impulsive Purchasing: The Moderating Factor of Cohesiveness and Susceptibility to Interpersonal Influence. J. Appl. Soc. Psychol. 2013, 43, 227–236. [Google Scholar] [CrossRef]

	



Coley, A.; Burgess, B. Gender differences in cognitive and affective impulse buying. J. Fash. Mark. Manag. Int. J. 2003, 7, 282–295. [Google Scholar] [CrossRef]

	



Santini, F.D.O.; Ladeira, W.J.; Vieira, V.A.; Araujo, C.F.; Sampaio, C.H. Antecedents and consequences of impulse buying: A meta-analytic study. RAUSP Manag. J. 2019, 54, 178–204. [Google Scholar] [CrossRef]

	



Cobb, C.J.; Hoyer, W.D. Planned versus impulse purchase behavior. J. Retail. 1986, 62, 384–409. [Google Scholar]

	



Martinez, L.M.; Neves, T.V.; Martinez, L.F. The Effect of Web Advertising Visual Design on Online Purchase Intention: Insights on Generations Y and Z. In Advances in Digital Marketing and eCommerce; Martínez-López, F.J., D’Alessandro, S., Eds.; Springer International Publishing: Cham, Switzerland, 2020; pp. 130–140. [Google Scholar] [CrossRef]

	



Thangavel, P.; Pathak, P.; Chandra, B. Millennials and Generation Z: A generational cohort analysis of Indian consumers. Benchmarking: Int. J. 2021, 28, 2157–2177. [Google Scholar] [CrossRef]

	



Dimock, M. Defining Generations: Where Millennials End and Generation Z Begins. Available online: https://www.pewresearch.org/fact-tank/2019/01/17/where-millennials-end-and-generation-z-begins/ (accessed on 27 September 2021).

	



Riley, J.M.; Klein, R. How logistics capabilities offered by retailers influence millennials’ online purchasing attitudes and intentions. Young Consum. 2021, 22, 131–151. [Google Scholar] [CrossRef]

	



Loureiro, S.M.C.; Breazeale, M. Pressing the Buy Button:Generation Y’s Online Clothing Shopping Orientation and Its Impact on Purchase. Cloth. Text. Res. J. 2016, 34, 163–178. [Google Scholar] [CrossRef]

	



Lissitsa, S.; Kol, O. Generation X vs. Generation Y–A decade of online shopping. J. Retail. Consum. Serv. 2016, 31, 304–312. [Google Scholar] [CrossRef]

	



Loroz, P.S.; Helgeson, J.G. Boomers and their Babies: An Exploratory Study Comparing Psychological Profiles and Advertising Appeal Effectiveness Across Two Generations. J. Mark. Theory Pract. 2013, 21, 289–306. [Google Scholar] [CrossRef]

	



Xu, Y. Impact of store environment on adult generation Y consumers’ impulse buying. J. Shopp. Cent. Res. 2007, 14, 39–56. [Google Scholar]

	



Smith, K.T. Mobile advertising to Digital Natives: Preferences on content, style, personalization, and functionality. J. Strat. Mark. 2019, 27, 67–80. [Google Scholar] [CrossRef]

	



Kahawandala, N.; Peter, S.; Niwunhella, H. Profiling Purchasing Behavior of Generation Z. In Proceedings of the 2020 International Research Conference on Smart Computing and Systems Engineering (SCSE), Colombo, Sri Lanka, 24 September 2020; pp. 155–160. [Google Scholar]

	



Flurry, L.A.; Swimberghe, K. Consumer Ethics of Adolescents. J. Mark. Theory Pract. 2016, 24, 91–108. [Google Scholar] [CrossRef]

	



Djafarova, E.; Bowes, T. ‘Instagram made Me buy it’: Generation Z impulse purchases in fashion industry. J. Retail. Consum. Serv. 2021, 59, 102345. [Google Scholar] [CrossRef]

	



Chowdhury, F. The Impact of Socio-Cultural Factors in Impulse Purchasing Behaviour of Clothes in Bangladesh. J. Bus. Adm. 2020, 41, 15–28. [Google Scholar]

	



Chih, W.-H.; Wu, C.H.-J.; Li, H.-J. The Antecedents of Consumer Online Buying Impulsiveness on a Travel Website: Individual Internal Factor Perspectives. J. Travel Tour. Mark. 2012, 29, 430–443. [Google Scholar] [CrossRef]

	



Rook, D.W.; Fisher, R.J. Normative Influences on Impulsive Buying Behavior. J. Consum. Res. 1995, 22, 305–313. [Google Scholar] [CrossRef]

	



Park, J.; Lennon, S.J. Psychological and environmental antecedents of impulse buying tendency in the multichannel shopping context. J. Consum. Mark. 2006, 23, 56–66. [Google Scholar] [CrossRef]

	



Zhang, X.; Prybutok, V.R.; Strutton, D. Modeling Influences on Impulse Purchasing Behaviors During Online Marketing Transactions. J. Mark. Theory Pract. 2007, 15, 79–89. [Google Scholar] [CrossRef]

	



Abrar, K.; Naveed, M.; Ramay, M. Impact of Perceived Risk on Online Impulse Buying Tendency: An Empirical Study in the Consumer Market of Pakistan. J. Account. Mark. 2017, 6, 246–252. [Google Scholar] [CrossRef]

	



Mittal, S.; Sondhi, N.; Chawla, D. Process of Impulse Buying: A Qualitative Exploration. Glob. Bus. Rev. 2017, 19, 131–146. [Google Scholar] [CrossRef]

	



Omar, O.; Kent, A. International airport influences on impulsive shopping: Trait and normative approach. Int. J. Retail Distrib. Manag. 2001, 29, 226–235. [Google Scholar] [CrossRef]

	



Liu, Y.; Li, H.; Hu, F. Website attributes in urging online impulse purchase: An empirical investigation on consumer perceptions. Decis. Support Syst. 2013, 55, 829–837. [Google Scholar] [CrossRef]

	



Beatty, S.E.; Ferrell, E.M. Impulse buying: Modeling its precursors. J. Retail. 1998, 74, 169–191. [Google Scholar] [CrossRef]

	



Foroughi, A.; Buang, N.A.; Senik, Z.C.; Hajmisadeghi, R.S. Impulse buying behavior and moderating role of gender among Iranian shoppers. J. Basic Appl. Sci. Res. 2013, 3, 760–769. [Google Scholar]

	



Gupta, S. The Psychological Effects of Perceived Scarcity on Consumers’ Buying Behavior; University of Nebraska: Lincoln, Nebraska, 2013. [Google Scholar]

	



Gupta, S.; Gentry, J.W. The behavioral responses to perceived scarcity–the case of fast fashion. Int. Rev. Retail Distrib. Consum. Res. 2016, 26, 260–271. [Google Scholar] [CrossRef]

	



Parsad, C.; Prashar, S.; Tata, V.S. Understanding nature of store ambiance and individual impulse buying tendency on impulsive purchasing behaviour: An emerging market perspective. Decision 2017, 44, 297–311. [Google Scholar] [CrossRef]

	



Bandyopadhyay, N. Exploring the link between impulsive buying tendency, self-esteem and normative influence: A structural equation model. Int. J. Indian Cult. Bus. Manag. 2017, 15, 23–37. [Google Scholar] [CrossRef]

	



Xu, H.; Zhang, K.Z.K.; Zhao, S.J. A dual systems model of online impulse buying. Ind. Manag. Data Syst. 2020, 120, 845–861. [Google Scholar] [CrossRef]

	



Negara, D.J.; Dharmmesta, B.S. Normative moderators of Impulse Buying Behavior. Gadjah Mada Int. J. Bus. 2003, 5, 1–14. [Google Scholar] [CrossRef]

	



Zafar, A.U.; Shen, J.; Shahzad, M.; Islam, T. Relation of impulsive urges and sustainable purchase decisions in the personalized environment of social media. Sustain. Prod. Consum. 2021, 25, 591–603. [Google Scholar] [CrossRef]

	



Chen, J.V.; Chotimapruek, W.; Ha, Q.A.; Widjaja, A.E. Investigating Female Costumer’s Impulse Buying in Facebook B2C Social Commerce: An Experimental Study. Contemp. Manag. Res. 2021, 17, 65–96. [Google Scholar] [CrossRef]

	



Flight, R.L.; Rountree, M.M.; Beatty, S.E. Feeling The Urge: Affect in Impulsive and Compulsive Buying. J. Mark. Theory Pract. 2012, 20, 453–466. [Google Scholar] [CrossRef]

	



Wells, J.D.; Parboteeah, V.; Valacich, J.S. Online Impulse Buying: Understanding the Interplay between Consumer Impulsiveness and Website Quality. J. Assoc. Inf. Syst. 2011, 12, 3–31. [Google Scholar] [CrossRef]

	



Bandyopadhyay, N. Human crowding or spatial crowding? The impact of perceived crowding on in-store impulse purchase. Am. Bus. Rev. 2020, 23, 7–16. [Google Scholar] [CrossRef]

	



Chan, T.K.H.; Cheung, C.M.K.; Lee, Z.W.Y. The state of online impulse-buying research: A literature analysis. Inf. Manag. 2017, 54, 204–217. [Google Scholar] [CrossRef]

	



Habib, M.D.; Qayyum, A. A Structural Equation Model of Impulse Buying Behavior in Online Shopping. UW J. Manag. Sci. 2017, 1, 1–14. [Google Scholar]

	



Wu, I.-L. The antecedents of customer satisfaction and its link to complaint intentions in online shopping: An integration of justice, technology, and trust. Int. J. Inf. Manag. 2013, 33, 166–176. [Google Scholar] [CrossRef]

	



Bandyopadhyay, N. The role of self-esteem, negative affect and normative influence in impulse buying: A study from India. Mark. Intell. Plan. 2016, 34, 523–539. [Google Scholar] [CrossRef]

	



Mohan, G.; Sivakumaran, B.; Sharma, P. Impact of store environment on impulse buying behavior. Eur. J. Mark. 2013, 47, 1711–1732. [Google Scholar] [CrossRef]

	



Wu, Y.; Xin, L.; Li, D.; Yu, J.; Guo, J. How does scarcity promotion lead to impulse purchase in the online market? A field experiment. Inf. Manag. 2021, 58, 103283. [Google Scholar] [CrossRef]

	



Verhagen, T.; van Dolen, W. The influence of online store beliefs on consumer online impulse buying: A model and empirical application. Inf. Manag. 2011, 48, 320–327. [Google Scholar] [CrossRef]

	



Parsad, C.; Prashar, S.; Vijay, T.S.; Kumar, M. Do promotion and prevention focus influence impulse buying: The role of mood regulation, shopping values, and impulse buying tendency. J. Retail. Consum. Serv. 2021, 61, 102554. [Google Scholar] [CrossRef]

	



O’Guinn, T.C.; Faber, R.J. Compulsive Buying: A Phenomenological Exploration. J. Consum. Res. 1989, 16, 147–157. [Google Scholar] [CrossRef]

	



Iyer, G.R.; Blut, M.; Xiao, S.H.; Grewal, D. Impulse buying: A meta-analytic review. J. Acad. Mark. Sci. 2020, 48, 384–404. [Google Scholar] [CrossRef]

	



Hair, J.F.; Risher, J.J.; Sarstedt, M.; Ringle, C.M. When to use and how to report the results of PLS-SEM. Eur. Bus. Rev. 2019, 31, 2–24. [Google Scholar] [CrossRef]

	



Zhang, L.; Shao, Z.; Li, X.; Feng, Y. Gamification and online impulse buying: The moderating effect of gender and age. Int. J. Inf. Manag. 2021, 61, 102267. [Google Scholar] [CrossRef]

	



Herzallah, D.; Leiva, F.M.; Liébana-Cabanillas, F. To buy or not to buy, that is the question: Understanding the determinants of the urge to buy impulsively on Instagram Commerce. J. Res. Interact. Mark. 2021. ahead-of-print. [Google Scholar] [CrossRef]

	



Zhao, Z.; Chen, M.; Zhang, W. Social community, personal involvement and psychological processes: A study of impulse buying in the online shopping carnival. J. Electron. Commer. Res. 2019, 20, 255–272. [Google Scholar]

	



Xiang, L.; Zheng, X.; Lee, M.K.O.; Zhao, D. Exploring consumers’ impulse buying behavior on social commerce platform: The role of parasocial interaction. Int. J. Inf. Manag. 2016, 36, 333–347. [Google Scholar] [CrossRef]

	



Hair, J.F.; Sarstedt, M.; Ringle, C.M.; Gudergan, S.P. Advanced Issues in Partial least Squares Structural Equation Modeling, 1st ed.; Sage: Thousand Oacks, CA, USA, 2018. [Google Scholar]

	



Fuller, C.M.; Simmering, M.J.; Atinc, G.; Atinc, Y.; Babin, B.J. Common methods variance detection in business research. J. Bus. Res. 2016, 69, 3192–3198. [Google Scholar] [CrossRef]

	



Tehseen, S.; Ramayah, T.; Sajilan, S. Testing and controlling for common method variance: A review of available methods. J. Manag. Sci. 2017, 4, 142–168. [Google Scholar] [CrossRef]

	



Hair, J.F.; Howard, M.C.; Nitzl, C. Assessing measurement model quality in PLS-SEM using confirmatory composite analysis. J. Bus. Res. 2020, 109, 101–110. [Google Scholar] [CrossRef]

	



Anderson, J.C.; Gerbing, D.W. Structural equation modeling in practice: A review and recommended two-step approach. Psychol. Bull. 1988, 103, 411–423. [Google Scholar] [CrossRef]

	



Henseler, J.; Ringle, C.M.; Sarstedt, M. A new criterion for assessing discriminant validity in variance-based structural equation modeling. J. Acad. Mark. Sci. 2015, 43, 115–135. [Google Scholar] [CrossRef]

	



Hayes, A.F. Introduction to Mediation, Moderation, and Conditional Process Analysis: A Regression-Based Approach; Guilford Publications: New York, NY, USA, 2017. [Google Scholar]

	



Nitzl, C.; Roldán, J.L.; Cepeda, G. Mediation Analyses in Partial Least Squares Structural Equation Modeling, Helping Researchers Discuss More Sophisticated Models: An Abstract. In Marketing at the Confluence between Entertainment and Analytics. Developments in Marketing Science: Proceedings of the Academy of Marketing Science; Rossi, P., Ed.; Springer: Cham, Switzerland, 2017; pp. 173–195. [Google Scholar]

	



Chin, W.W. How to Write Up and Report PLS Analyses. In Handbook of Partial Least Squares: Concepts, Methods and Applications; Esposito Vinzi, V., Chin, W.W., Henseler, J., Wang, H., Eds.; Springer: Berlin/Heidelberg, Germany, 2010; pp. 655–690. [Google Scholar]

	



Henseler, J.; Ringle, C.M.; Sinkovics, R.R. The use of partial least squares path modeling in international marketing. In New Challenges to International Marketing; Sinkovics, R.R., Ghauri, P.N., Eds.; Emerald Group Publishing Limited: Bingley, UK, 2009; Volume 20, pp. 277–319. [Google Scholar] [CrossRef]

	



Barroso, C.; Carrión, G.C.; Roldán, J.L. Applying Maximum Likelihood and PLS on Different Sample Sizes: Studies on SERVQUAL Model and Employee Behavior Model. In Handbook of Partial Least Squares: Concepts, Methods and Applications; Esposito Vinzi, V., Chin, W.W., Henseler, J., Wang, H., Eds.; Springer: Berlin/Heidelberg, Germany, 2010; pp. 427–447. [Google Scholar] [CrossRef]

	



Hair, J.F.; Sarstedt, M.; Ringle, C.M.; Mena, J.A. A Primer on Partial Least Squares Structural Equation Modeling (PLS-SEM), 2nd ed.; Sage Publications Inc.: Thousand Oaks, CA, USA, 2016. [Google Scholar]

	



Sarstedt, M.; Henseler, J.; Ringle, C.M. Multigroup Analysis in Partial Least Squares (PLS) Path Modeling: Alternative Methods and Empirical Results. In Measurement and Research Methods in International Marketing; Sarstedt, M., Schwaiger, M., Taylor, C.R., Eds.; Emerald Group Publishing Limited: Bingley, UK, 2011; Volume 22, pp. 195–218. [Google Scholar] [CrossRef]








[image: Jtaer 17 00007 g001 550] 





Figure 1. Theoretical model. 
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Figure 2. Contrasted model. 
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Table 2. Reliability and convergent validity of measurement model.






Table 2. Reliability and convergent validity of measurement model.





	
Construct

	
Item

	
Loadings

	
Cronbach’s Alpha

	
Rho_A

	
CFI

	
AVE






	
Online impulse buying behavior

	
OIBB1

	
0.882

	
0.936

	
0.938

	
0.950

	
0.797




	
OIBB3

	
0.866




	
OIBB4

	
0.910




	
OIBB5

	
0.899




	
OIBB6

	
0.904




	
Normative evaluation

	
NE1

	
0.801

	
0.889

	
0.907

	
0.914

	
0.640




	
NE4

	
0.811




	
NE6

	
0.846




	
NE7

	
0.764




	
NE8

	
0.795




	
NE9

	
0.782




	
Impulse buying tendency

	
IBT1

	
0.889

	
0.867

	
0.878

	
0.918

	
0.790




	
IBT2

	
0.923




	
IBT3

	
0.853




	
Urge to buy impulsively on the Internet

	
UBII1

	
0.849

	
0.872

	
0.873

	
0.912

	
0.722




	
UBII3

	
0.884




	
UBII4

	
0.857




	
UBII5

	
0.808








Note: Rho_A: Dillon–Goldstein’s rho, CFI: Comparative Fit Index, AVE: Average Variance Extracted.
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Table 3. Heterotrait–monotrait ratio (HTMT).
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	Online Impulse Buying Behavior
	Normative Evaluation
	Impulse Buying Tendency
	Urge to Buy Impulsively on the Internet





	Online impulse buying behavior
	
	
	
	



	Normative evaluation
	0.273
	
	
	



	Impulse buying tendency
	0.831
	0.318
	
	



	Urge to buy impulsively on the Internet
	0.732
	0.307
	0.723
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Table 4. Correlation of age with the constructs of the measurement model.
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	Correlation Age and Constructs
	Online Impulse Buying Behavior
	Normative Evaluation
	Impulse Buying Tendency
	Urge to Buy Impulsively on the Internet





	Pearson correlation
	−0.05
	−0.54
	−0.018
	0.026



	Sig [2 sides]
	0.92
	0.27
	0.718
	0.592



	n
	412
	412
	412
	412
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Table 5. Model structural direct path values and t values.
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	Direct Effects Path
	Path Value
	t Value
	Result





	H1: Impulse buying tendency positively influences normative evaluation
	0.290
	5.555
	Supported



	H2: Normative evaluation positively influences the urge to buy impulsively on the Internet
	0.109
	2.869
	Supported



	H3: Impulse buying tendency positively influences urge to buy impulsively on the Internet
	0.607
	18.253
	Supported



	H4: Urge to buy impulsively on the Internet influences online impulse buying behavior
	0.307
	7.337
	Supported



	H5: The impulse buying tendency positively influences online impulse buying behavior
	0.558
	13.390
	Supported
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Table 6. Indirect effects tests.






Table 6. Indirect effects tests.





	

	

	

	
Bootstrap 90% CI

	




	

	
Coefficient

	
p Value

	
Percentile

	
BC

	
VAF






	
Direct effects

	

	

	

	

	

	

	




	
IBT → OIBB

	
0.558

	
0.000

	
0.472

	
0.635

	
0.471

	
0.634

	
74.0%




	
Indirect effects

	

	

	

	

	

	

	




	
IBT → NE → UBII → OIBB

	
0.010

	
0.021

	
0.003

	
0.020

	
0.003

	
0.020

	
1.3%




	
IBT → UBII → OIBB

	
0.186

	
0.000

	
0.134

	
0.245

	
0.134

	
0.245

	
24.7%




	
Total indirect effects

	
0.196

	
0.000

	
0.143

	
0.256

	
0.142

	
0.255

	
26.0%




	
Direct effect (IBT → OIBB) + indirect effects

	
0.754

	
0.000

	
0.704

	
0.800

	
0.700

	
0.797

	
100.0%
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Table 7. Step 2 of the MICOM procedure.
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Compositional Invariance




	
Men–Women

	
Original Correlation

	
Correlation of Permutation Means

	
5.0%

	
Permutation

p-Values






	
Online impulse buying behavior

	
1.000

	
1.000

	
1.000

	
0.162




	
Normative evaluation

	
0.998

	
0.995

	
0.987

	
0.759




	
Impulse buying tendency

	
1.000

	
1.000

	
0.999

	
0.655




	
Urge to buy impulsively on the Internet

	
1.000

	
1.000

	
0.999

	
0.735




	
Centennials–Millennials

	
Original Correlation

	
Correlation of Permutation Means

	
5.0%

	
Permutation

p-Values




	
Online impulse buying behavior

	
1.000

	
1.000

	
1.000

	
0.093




	
Normative evaluation

	
0.998

	
0.994

	
0.985

	
0.681




	
Impulse buying tendency

	
1.000

	
1.000

	
0.999

	
0.158




	
Urge to buy impulsively on the Internet

	
1.000

	
1.000

	
0.999

	
0.858
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Table 8. Step 3 of the MICOM procedure.






Table 8. Step 3 of the MICOM procedure.





	Men–Women
	Mean Original Differences (Men–Women)
	Mean Permutation Mean Difference (Men–Women)
	2.5%
	97.5%
	Permutation p-Values
	Variance Original Difference (Men–Women)
	Variance Permutation Mean Difference (Men–Women)
	2.5%
	97.5%
	Permutation p-Values





	OIBB
	−0.142
	0.002
	−0.192
	0.201
	0.149
	0.168
	−0.004
	−0.213
	0.198
	0.109



	NE
	0.023
	0.001
	−0.195
	0.194
	0.814
	0.227
	−0.005
	−0.292
	0.283
	0.121



	IBT
	−0.103
	0.003
	−0.193
	0.204
	0.302
	0.034
	−0.002
	−0.238
	0.224
	0.770



	UBI
	−0.009
	0.003
	−0.197
	0.201
	0.936
	0.068
	−0.004
	−0.198
	0.182
	0.487



	Centennials–Millennials
	Mean Original Differences (Centennials–Millennials)
	Mean Permutation Dean difference (Centennials–Millennials)
	2.5%
	97.5%
	Permutation p- values
	Variance Original Difference (Centennials–Millennials)
	Variance Permutation Mean Difference (Centennials–Millennials)
	2.5%
	97.5%
	Permutation p-values



	OIBB
	−0.045
	0.001
	−0.203
	0.212
	0.668
	0.040
	−0.004
	−0.223
	0.210
	0.719



	NE
	0.126
	−0.000
	−0.203
	0.205
	0.225
	0.177
	−0.009
	−0.312
	0.287
	0.247



	IBT
	−0.084
	0.000
	−0.210
	0.212
	0.417
	−0.011
	−0.005
	−0.265
	0.236
	0.934



	UBI
	−0.035
	0.003
	−0.203
	0.208
	0.736
	−0.146
	−0.006
	−0.210
	0.188
	0.150
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Table 9. Gender and generation multigroup analyses.






Table 9. Gender and generation multigroup analyses.





	
PLS-MGA

	

	

	
Confidence Intervals

	

	

	

	




	

	

	

	
Men (178)

	
Women (234)

	

	
p Value Differences

	






	

	
Path Coefficients

	
2.50%

	
97.50%

	
2.50%

	
97.50%

	
Path Differences

	
Henseler’s MGA (p)

	
Permutation (p)

	
Supported




	
Hypotheses

	
Men

	
Women

	

	

	

	

	

	

	

	




	
NE -> UBII

	
0.080

	
0.141

	
−0.028

	
0.172

	
0.031

	
0.240

	
−0.062

	
0.405

	
0.432

	
No/No




	
IBT-> OIBB

	
0.537

	
0.570

	
0.374

	
0.677

	
0.477

	
0.657

	
−0.034

	
0.722

	
0.690

	
No/No




	
IBT -> NE

	
0.313

	
0.277

	
0.153

	
0.466

	
0.143

	
0.391

	
0.036

	
0.731

	
0.738

	
No/No




	
IBT -> UBII

	
0.640

	
0.580

	
0.534

	
0.724

	
0.482

	
0.659

	
0.060

	
0.354

	
0.376

	
No/No




	
UBII -> OIBB

	
0.320

	
0.303

	
0.173

	
0.472

	
0.212

	
0.393

	
0.017

	
0.856

	
0.834

	
No/No




	

	

	

	
Centennials (142)

	
Millennials (270)

	

	
p Value Differences

	




	

	
Path Coefficients

	
2.50%

	
97.50%

	
2.50%

	
97.50%

	
Path Differences

	
Henseler’s MGA (p)

	
Permutation (p)

	
Supported




	
Hypotheses

	
Centennials

	
Millennials

	

	

	

	

	

	

	

	




	
NE -> UBII

	
0.103

	
0.118

	
−0.033

	
0.223

	
0.025

	
0.203

	
−0.014

	
0.859

	
0.866

	
No/No




	
IBT-> OIBB

	
0.430

	
0.626

	
0.292

	
0.552

	
0.509

	
0.720

	
−0.196

	
0.022*

	
0.026*

	
Yes/Yes




	
IBT -> NE

	
0.363

	
0.259

	
0.212

	
0.501

	
0.126

	
0.377

	
0.104

	
0.296

	
0.351

	
No/No




	
IBT -> UBII

	
0.599

	
0.612

	
0.480

	
0.696

	
0.524

	
0.688

	
−0.012

	
0.870

	
0.867

	
No/No




	
UBII -> OIBB

	
0.470

	
0.223

	
0.346

	
0.586

	
0.120

	
0.328

	
0.247

	
0.003*

	
0.007*

	
Yes/Yes
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