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Abstract: The Janus kinases (JAKs) are a family of non-receptor cytosolic protein kinases critical
for immune signaling. Many covalently bound ligands of JAK3 inhibitors have been reported. To
help design selective JAK inhibitors, in this paper, we used five model proteins to study the subtype
selectivity of and the mutational effects on inhibitor binding. We also compared the Covalent Dock
programs from the Schrodinger software suite and the MOE software suite to determine which
method to use for the drug design of covalent inhibitors. Our results showed that the docking
affinity from 4Z16 (JAK3 wild-type model), 4E4N (JAK1), 4D1S (JAK2), and 7UYT (TYK2) from the
Schrödinger software suite agreed well with the experimentally derived binding free energies with
small predicted mean errors. However, the data from the mutant 5TTV model using the Schrödinger
software suite yielded relatively large mean errors, whereas the MOE Covalent Dock program gave
small mean errors in both the wild-type and mutant models for our model proteins. The docking
data revealed that Leu905 of JAK3 and the hydrophobic residue at the same position in different
subtypes (Leu959 of JAK1, Leu932 of JAK2, and Val981 of TYK2) is important for ligand binding to
the JAK proteins. Arg911 and Asp912 of JAK3, Asp939 of JAK2, and Asp988 of TYK2 can be used for
selective binding over JAK1, which contains Lys965 and Glu966 at the respective positions. Asp1021,
Asp1039, and Asp1042 can be utilized for JAK1-selective ligand design, whereas Arg901 and Val981
may help guide TYK2-selective molecule design.

Keywords: Covalent Dock; JAK; binding affinity; anticancer; selectivity

1. Introduction

The Janus kinases (JAKs) are a family of non-receptor cytosolic protein kinases critical
for immune signaling [1]. There are four JAK proteins: JAK1, JAK2, JAK3, and tyrosine
kinase 2 (TYK2). When extracellular signals in the forms of cytokines, such as interleukins
IL-2, IL-4, IL-5, IL-7, IL-15, and IL-21, bind to the cytokine receptors, they cause the
dimerization of cytokine receptors. In the dimer, the β chain of the cytokine receptor
binds to JAK1 and the gamma chain (γc) cytokine receptor binds to JAK3. The binding
causes conformational changes and allows the phosphorylation of JAK1 and JAK3, which
in turn phosphorylates the downstream effector signal transducers and activators of the
transcription (STAT). The phosphorylated STAT proteins are dimerized and translocated
to the nucleus where they bind to the genes that promote cytokine production, leading
to inflammation [2]. The JAK dimers that bind to cytokine receptors have been found
to be JAK1/JAK3, JAK1/JAK2, JAK1/TYK2, JAK2/TYK2, and JAK2/JAK2. Thus, the
JAK/STAT signaling pathway is of fundamental importance in regulating immunity and
inflammation [3]. The efficacy of JAK inhibitors has been evaluated for the treatment
of rheumatoid arthritis (RA) [4,5], and other inflammatory and autoimmune disorders
(e.g., ulcerative colitis and psoriasis) [6,7]. For instance, tofacitinib (Figure 1), a JAK1/2/3
inhibitor, was approved by the US FDA in November 2012 for the treatment of RA [4].
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Ruxolitinib (Figure 1), a JAK1/2 and TYK2 inhibitor, was approved in 2011 by the US
FDA for the treatment of myelofibrosis [8]. Baricitinib (Figure 1) [9], a JAK1/2 inhibitor,
was approved by the US FDA in 2019 for the treatment of RAs for adults who have
had an inadequate response to one or more TNF antagonist therapies, and in 2022, it was
approved by the USFDA for the treatment of COVID-19 in hospitalized adults who required
supplemental oxygen [10]. However, the lack of subtype selectivity of the first generation of
JAK inhibitors such as tofacitinib and ruxolitinib has led to undesirable side effects such as
infection [11,12], anemia [13], and nasopharyngitis [14] in this otherwise promising class of
drugs. Upadacitinib (Figure 1), approved by the USFDA in 2019 to treat RAs and psoriatic
arthritis [15,16] in adults where methotrexate was not effective, is a second-generation JAK
inhibitor that shows the selectivity of JAK1 over that of JAK2, JAK3, and TYK2.
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JAK1, JAK2, and TYK2 are highly expressed in most cell types while JAK3 is mostly
expressed in hematopoietic cells [17]. JAK3 was targeted for severe combined immunod-
eficiency (SCID) therapy [18]. It was noticed that SCID is mostly associated with JAK3
mutation. JAK3 regulates the signaling of the gamma chain (γc) cytokine receptor subunit
with interleukin IL-2, IL-4, IL-7, IL-9, IL-15, and IL-21. The γc subunit is known to make
a dimer with another cytokine receptor, an α subunit which is controlled by JAK1, and
the γc subunit can make a trimer with an α subunit and a β subunit such as IL-2R and
IL-15R, which is also regulated by JAK1 [11–14]. The main difference between JAK1 and
JAK3 is that the inhibition of JAK1 can cause a wide array of side effects. Therefore, selec-
tive JAK3 inhibition while sparing JAK1 is of significance in reducing the side effects of
JAK1 inhibition.

The traditional strategy for JAK3 inhibitors is to target the ATP-binding region, which
was also the binding target of the subtypes JAK1 and JAK2. Due to the highly conserved
structural features of the ATP binding pocket, it has been challenging to achieve high
selectivity among the JAK family. Many recent developments of JAK3 inhibitors have been
focused on a JAK3 unique cysteine residue (CYS909) by forming a covalent bond with
JAK3 inhibitors [19–29]. The idea of developing an inhibitor that can covalently bind to
cysteine 909 was from other covalent drugs such as afatinib, osimertinib, and ibrutinib
(Figure 2). Afatinib is an irreversible epidermal growth factor receptor (EGFR) inhibitor
for wild-type and L858R/T790M double mutations of EGFR [30]. Osimertinib is an EGFR
T790M mutant inhibitor [31], and ibrutinib irreversibly binds the protein Bruton’s tyrosine
kinase (BTK) [32]. Three drugs in Figure 2 shared a common α,β-unsaturated amide moiety
to allow the Michael addition to the target protein via covalent binding. A number of JAK3
covalently bound inhibitors have been reported and some have been studied under various
stages of clinical trials [19–29].

From a drug design point of view, it is highly desirable to identify residues that can be
utilized for subtype selective binding. It is equally important to evaluate which Covalent
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Dock method may be more effectively used for the drug design of covalently bound drugs.
The answer to the above questions will lay a solid foundation for JAK inhibitor design.

To answer the above questions, in this paper, we used five model proteins to study the
subtype selectivity of and the mutational effects on inhibitor binding. We also compared
two Covalent Dock methods: one from the Schrödinger software and the other from
the MOE software. To evaluate the docking programs and to identify residues that are
responsible for selective subtype binding, we used the published JAK3 inhibitors whose
activities of JAK1, JAK2, JAK3, and TYK2 were well defined [19].
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2. Results and Discussion
2.1. Multiple Sequence Alignment

The JAK family (JAK1, JAK2, JAK3, and TYK2) has four similar domain structures. To
identify the amino acids that may be responsible for the subtype-selective ligand binding,
we carried out a multiple sequence alignment of five model proteins: JAK1 (PDB ID:
4E4N) [33], JAK2 (PDB ID: 4D1S) [34], JAK3 C1048S mutant (PDB ID: 5TTV) with covalently
bound ligand [35], JAK3 wild-type (PDB ID: 4Z16) with covalently bound ligand [19],
and TYK2 (PDB ID: 7UYT) [36] using Clustal Omega (https://www.ebi.ac.uk/Tools/msa/
clustalo/ (accessed on 30 June 2022) [37]. The alignment of sequences is given in Figure S1 in
the Supplemental Information. Key residues responsible for ligand binding were identified
between different JAK subtypes.

Previous studies on developing covalently bound JAK3 inhibitors have revealed that
residues Lys855, Leu905, Pro906, Cys909, Asp912, and Arg953 are involved in ligand
binding [19–23,26,28]. From the key residues in the multiple sequence alignment (Figure S1,
Table 1), one can conclude that the most unique residue for selective JAK3 binding is
cysteine 909. In this position, all other three subtypes (JAK1, JAK2, and TYK2) have a
serine. The other residues unique to JAK3 are Ser826 and Gln988. However, these two
residues were not identified in the ligand binding in our study. Residues that participated
in the ligand binding are listed in Table 1. The results suggested that Leu905 can be used
to develop subtype-selective ligand binding for JAK3 over TYK2. Residues Arg911 and
Asp912 can also be used to design JAK3-selective ligands over JAK1. In these two positions
are Lys965 and Glu966 for JAK1.

https://www.ebi.ac.uk/Tools/msa/clustalo/
https://www.ebi.ac.uk/Tools/msa/clustalo/
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Table 1. Residues participating in ligand binding between different subtypes of JAK proteins. The
position numbers in the first row refer to the position in JAK3.

Proteins 826 828 833 855 905 909 911 912 953 967 985 988

4E4N (JAK1) R879 L881 F886 K908 L959 S963 K965 E966 R1007 D1021 D1039 D1042

4D1S (JAK2) Q853 L855 F860 K882 L932 S936 R938 D939 R980 D994 E1012 E1015

4Z16 (JAK3) S826 L828 F833 K855 L905 C909 R911 D912 R953 D967 E985 Q988

7UYT (TYK2) R901 L903 F908 K930 V981 S985 R987 D988 R1027 D1041 E1059 D1062

2.2. Molecular Docking

We built 43 JAK3 inhibitors using the MOE program [38]. Figures 3 and 4 show that
all 43 structures shared a common α,β-unsaturated amide moiety to that observed in the
covalent drugs listed in Figure 2. This structural moiety is needed for the covalent binding
to the target protein through the Michael addition mechanism.

To identify residues responsible for subtype binding, we docked these 43 ligands
against five model proteins representing JAK1 (PDB ID: 4E4N), JAK2 (PDB ID: 4D1S),
JAK3 (PDB ID: 5TTV and 4Z16), and TYK2 (PDB ID: 7UYT) using the traditional non-
covalent Glide Dock program in the Schrödinger software suite [39]. To determine which
Covalent Dock method to use for drug design targeting the residue Cys909 of JAK3, we
also used the Covalent Dock protocols in the Schrödinger software suite [39] and in the
MOE software [38] to dock the same set of ligand molecules to the 5TTV and 4Z16 model
proteins because the JAK3 ligands used in this study were able to form covalent bonds
with Cys909 via the Michael addition mechanism. Please note that the reason that we chose
the MOE and Schrödinger software for Covalent Dock was based on their availability to
our laboratory, though there are some other Covalent Dock programs reported.

2.2.1. Validation of Method

To validate the docking methods we used, we compared the docking-predicted bind-
ing affinity (Glide scores) to the experimentally derived free energy of binding (∆Gexp),
approximated based on the IC50s that were reported in the original paper [19]. The free
energy of the binding of each ligand was calculated from the experimental IC50 (nM) using
the following Equation:

∆Gexp (kcal/mol) = RT ln (IC50 (nM) × 10−9)/1000,

where R = 1.987 cal·K−1·mol−1 and T = 298.15 K.
Among 43 JAK3 inhibitors, Table 2 shows that the mean errors (∆∆G) between the

predicted docking scores and the experimentally derived ∆Gexp were very small. The
mean error of the 4Z16 Covalent Dock model was 1.21 kcal/mol; that of the 4Z16 non-
covalent Glide Dock model was 1.08 kcal/mol. Our calculations showed that both the
traditional Glide Dock and the Covalent Dock from the Schrödinger could reliably predict
the experimentally derived ∆Gexp in the wild-type 4Z16 model.

The mean error of the 4Z16 model between the predicted binding and the ∆Gexp from
the MOE Covalent Dock program was 1.65 kcal/mol (Table S1, Supplemental Information),
which is less than the standard threshold of 2 kcal/mol, suggesting that both the MOE and
the Schrödinger Covalent Dock programs were able to reproduce the experimental values
and thus should be considered as reliable methods to use for the wild-type 4Z16 model.
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2.2.2. Binding Mode of Wild-Type JAK3 Model (4Z16)

Forty-three JAK3 inhibitors (the structures of the ligands are provided in Figures 3 and 4)
were docked to the wild-type JAK3 (4Z16) model using the Glide Dock and the Covalent
Dock methods. We also docked these 43 ligands to the JAK3 protein using the MOE
Covalent Dock program. After docking was completed, we first analyzed the protein–
ligand interactions. Residues interacting with the JAK3 inhibitors are listed in Table 2 for
the Schrodinger software results and in Table S1 for the MOE output. We also tabulated
the number of residues interacting with the JAK3 4Z16 model, and the frequency of the
interacting residues was calculated and is given in Figure 5.
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Table 2. The glide scores (the NC—non-covalent model) and the Covalent Dock scores (Cov model)
(kcal/mol) for the 43 JAK3 inhibitors against the wild-type JAK3 (4Z16) from the Schrödinger software.

Compd. IC50
(nM)

∆GExp
(kcal/mol) XP_NC ∆∆G_NC Res_NC XP_Cov ∆∆G_Cov Res_Cov

1 4.8 −11.35 −9.88 1.47 D912, L905, R953 −10.29 1.06 L905, R953

2 46 −10.01 −9.97 0.04 D912, L905, L828 −10.15 −0.14 L905, R953, D912

3 2 −11.87 −10.54 1.32 D912, L905, R953 −10.45 1.42 L905, R953, D912

4 20 −10.50 −10.96 −0.46 L905, R953 −10.21 0.29 L905, R953, D912

5 4.6 −11.37 −11.31 0.06 L905, R953 −10.51 0.86 L905, R953

6 1.3 −12.12 −10.64 1.49 L905, R953 −9.74 2.38 L905, R953

7 1.4 −12.08 −7.60 4.48 L905, K855 −10.11 1.97 L905, R953

8 0.9 −12.34 −9.80 2.54 L905, R953 −10.12 2.22 L905, R953

9 3.6 −11.52 −10.25 1.27 L905, C909, L828 −10.42 1.10 L905, R953, R911

10 7.4 −11.09 −11.54 −0.45 D912, L905, R953 −10.81 0.29 L905, R953, D912

11 6.2 −11.20 −11.38 −0.18 L905, C909, R953 −11.09 0.11 L905, R953, C909

12 24 −10.39 −9.52 0.87 L905, L828, R953 −9.25 1.14 L905, R953, P906

13 99 −9.55 −10.18 −0.63 L905, R953 −9.67 −0.12 L905, R953

14 1600 −7.91 −10.37 −2.46 L905, R953 −10.01 −2.10 L905, R953, C909

15 0.6 −12.58 −10.21 2.37 L905, R953 −9.88 2.70 L905, R953
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Table 2. Cont.

Compd. IC50
(nM)

∆GExp
(kcal/mol) XP_NC ∆∆G_NC Res_NC XP_Cov ∆∆G_Cov Res_Cov

16 1.7 −11.96 −10.46 1.50 L905, R953 −10.02 1.94 L905, R953

17 2.9 −11.65 −10.18 1.47 L905, R953 −9.68 1.96 L905, R953

18 1.4 −12.08 −9.95 2.13 L905, C909, L828 −9.94 2.14 L905, R953

19 0.7 −12.49 −9.85 2.64 L905, R953 −9.71 2.78 L905, R953

20 0.5 −12.69 −11.60 1.08 L905, C909, R953 −10.89 1.80 L905, R953, C909

21 1.1 −12.22 −11.43 0.79 L905, C909, R953 −10.88 1.35 L905, R953, C909

22 0.6 −12.58 −10.52 2.06 L905, C909, R953 −10.67 1.91 L905, R953, C909

23 0.6 −12.58 −9.62 2.96 L905, L828 −10.71 1.87 L905, R953, C909

24 0.6 −12.58 −9.79 2.79 L905, C909, L828 −10.82 1.76 L905, R953, Y904

25 7.8 −11.06 −9.50 1.56 L905, C909 −10.69 0.37 L905, R953, Y904

26 1.2 −12.17 −10.06 2.11 L905, R953 −9.65 2.52 L905, R953

27 0.7 −12.49 −8.88 3.61 L905 −9.71 2.78 L905, R953

28 64 −9.81 −10.20 −0.39 L905, D912, R911 −9.27 0.54 L905, R953, D912

29 12 −10.80 −10.38 0.43 L905, R953 −9.73 1.07 L905, R953, D912

30 30 −10.26 −11.31 −1.04 D912, L905, R953 −10.32 −0.05 L905, R953

31 2.3 −11.78 −10.17 1.61 D912, L905, R953 −10.19 1.60 L905, R953, D912

32 18 −10.56 −11.05 −0.48 D912, L905, R953 −11.26 −0.69 L905, R953

33 31 −10.24 −10.84 −0.59 D912, L905, R953 −10.29 −0.05 L905, R953, D912

34 4.4 −11.40 −10.20 1.20 L905, R953 −9.94 1.46 L905, R953

35 83 −9.66 −9.28 0.38 D912, L905, R953 −9.88 −0.22 L905, R953, D912

36 0.87 −12.36 −9.96 2.40 L905, C909 −9.98 2.38 L905, R953

37 0.58 −12.60 −10.25 2.35 L905, R953 −9.33 3.27 L905, R953

38 2 −11.87 −11.32 0.55 L905, C909, R953 −10.77 1.10 L905, R953, C909

39 1.3 −12.12 −11.33 0.79 L905, C909, R953 −10.23 1.90 L905, R953, C909

40 0.7 −12.49 −11.16 1.33 D912, L905, R953 −10.96 1.53 L905, R953, D912

41 0.9 −12.34 −11.02 1.32 L905, R953 −10.55 1.79 L905, R953, D912

42 7 −11.12 −10.19 0.93 D912, L905 −9.66 1.46 L905, R953

43 2720 −7.59 −7.97 −0.38 D912, L905, L828,
C909, E903 −9.23 −1.63 L905, R953, D912,

E903

Errors 1.08 1.21

StdEv 1.38 1.19

Both Table 2 and Figure 5 show that residues Leu905 and Arg953 are the most impor-
tant residues for ligand binding, followed by residues Asp912 and Cys909. Please note
that in Figure 5, Cys909 was counted as having non-covalent H-bond interactions with the
ligand through hydrogen bond interactions with the main-chain NH of Cys909, though
in both the MOE and Schrödinger Covalent Dock methods, a covalent bond was found
between each ligand and the sulfur atom of Cys909. Although the important binding
residues Leu905, Arg953, Asp912, and Cys909 were identified from both the non-covalent
Glide Dock and Covalent Dock methods, the details of ligand binding still differed. The
docked poses from the non-covalent Glide Dock were unable to form a covalent bond
between Cys909 and the ligand while the Covalent Dock did identify a covalent bond
between Cys909 and the β-carbon of the α,β-unsaturated amide via a Michael addition
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(Figure 6A). There was no surprise that the traditional non-covalent Glide Dock failed to
connect the covalent bond with the sulfur atom of Cys909 (Figure 6B). However, it was
able to identify the same set of binding residues, Leu905, Arg953, and Cys909 (Table 2,
compound 11). The mean errors were very small: −0.18 and 0.11 kcal/mol for compound
11 against both the Glide Dock and Schrödinger Covalent Dock programs, respectively.
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Figure 5. Amino acid frequency (%) of interacting residues of JAK3 inhibitors against the wild-type
model 4Z16.
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Figure 6. Interactions between JAK3 (4Z16) and compound 11 from the Covalent Dock (A) and the
regular non-covalent Glide Dock method (B). A covalent bond between the β-carbon of the original
α,β-unsaturated amide and the Cys909 was found, as shown in (A) and highlighted by golden lines.

Our docking showed that the presence of an amide, phenol, morpholine, or an ether
moiety sometimes would introduce additional interactions with residues such as Asp912,
Leu828, and Cys909 (Table 2). The oxygen atom of the morpholine ring of compound 11
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was able to form a H-bond with the Cys909 main chain NH group in both the Covalent
Dock (Figure 6A) and the Glide Dock (Figure 6B).

Figure 7 shows that the Covalent Dock programs from both the MOE and Schrödinger
software were able to successfully regenerate the covalent bond observed in the crystal
structure 4Z16 where the β-carbon in compound 1 (Figure 3) was connected to Cys909. At
the same time, the Schrödinger Covalent Dock results identified three H-bond interactions
between Arg953, Asp912, and Leu905 with compound 1 (Figure 7A and Table 2). The
H-bonds with Leu905 were also present in the X-ray structure of 4Z16 [19]. Our Covalent
Dock method identified the new H-bond interactions with Arg953 and Asp912. The
errors between the predicted and the experimental value (∆∆G) for compound 1 and
JAK3 were 1.47 kcal/mol for the Schrödinger Covalent Dock method. On the other hand,
the predicted error for compound 1 from the MOE Covalent Dock was 2.41 kcal/mol
(Table S1, Supplemental Information). Although the overall mean error of the wild-type
4Z16 model was small (1.65 kcal/mol) for the MOE method and each ligand was able to
form a covalent bond with Cys909, the prediction of native bound compound 1 (4LH) was
higher than predicted with the Schrödinger method.
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2.2.3. Binding Mode of the JAK3 C1048S Mutant Model (5TTV)

It is common to observe mutants on proteins, and it is known that mutations cause
some structural changes and thus would affect ligand binding. The answer to the question
of how a single mutation, in this case, C1048S mutation on JAK3, would affect ligand
binding will help guide the selection of a target protein structure for structure-based
drug design. To evaluate the mutational effects on ligand binding, we selected a JAK3
C1048S mutant model (5TTV, [35]) in our study. The docking output showed that, in terms
of binding affinity, both the traditional Glide Dock and the Schrödinger Covalent Dock
programs yielded a much larger error of 2.98 and 2.94 kcal/mol for the 5TTV mutant model,
respectively (Table 3). The wild-type 4Z16 model, on the other hand, generated a much
smaller error: 1.21 (4Z16, Covalent Dock model) vs. 1.08 kcal/mol (4Z16, non-covalent
Glide Dock model, Table 2). Thus, the mutation does have a significant impact on ligand
binding in JAK3 based on the Schrödinger method. Therefore, it would be more desirable
to select the wild-type protein for JAK3 inhibitor design.
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Table 3. The glide scores (the NC—non-covalent model) and the Covalent Dock scores (Cov model)
(kcal/mol) for the 43 JAK3 inhibitors against the JAK3 C1048S mutant model (5TTV).

Compd. IC50
(nM)

∆GExp
(kcal/mol) XP_NC ∆∆G_NC Res_NC XP_Cov ∆∆G_Cov Res_Cov

1 4.8 −11.35 −8.90 2.44 L905, D912, R911 −7.31 4.04 R911

2 46 −10.01 −8.28 1.73 L905, D912 −7.80 2.21 NA

3 2 −11.87 −9.49 2.38 L905, R911, L828 −9.07 2.79 L905, R911, L828

4 20 −10.50 −9.59 0.91 L905 −8.99 1.51 L905, D912

5 4.6 −11.37 −8.50 2.87 L905 −7.22 4.15 N954

6 1.3 −12.12 −6.98 5.15 D967, N954 −8.50 3.62 L905, R911, L828

7 1.4 −12.08 −7.52 4.56 D967, N954 −7.42 4.66 R911, R953

8 0.9 −12.34 −9.08 3.26 L905 −8.43 3.91 L905, L828

9 3.6 −11.52 −6.99 4.52 L905, R911, K830 −8.59 2.93 L905

10 7.4 −11.09 −7.66 3.44 Q988, R911, K830 −8.53 2.56 L905, R911, D912

11 6.2 −11.20 −10.45 0.74 L905, R916, K830 −8.70 2.50 L905

12 24 −10.39 −7.40 2.99 L905, K830 −8.17 2.22 L905, R911

13 99 −9.55 −9.59 −0.04 L905, R911, L828 −8.49 1.06 L905, L828, R911

14 1600 −7.91 −9.13 −1.22 L905, R911 −7.63 0.27 C909

15 0.6 −12.58 −7.34 5.23 L905 −8.36 4.22 L905, R911

16 1.7 −11.96 −8.97 2.99 L905, K830 −8.72 3.24 L905, R911

17 2.9 −11.65 −8.49 3.15 L905, R911 −8.30 3.35 L905, L828, R911

18 1.4 −12.08 −8.93 3.15 L905 −7.46 4.62 L905, C909

19 0.7 −12.49 −8.37 4.12 L905, R911 −8.48 4.01 L905

20 0.5 −12.69 −9.16 3.52 L905, R911, Y904 −8.38 4.31 L905, R911, C909

21 1.1 −12.22 −7.50 4.72 N954, R911, K830 −9.47 2.75 L905, R911, C909

22 0.6 −12.58 −8.85 3.73 L905, R911, R916 −9.39 3.19 L905, L828, C909, R911

23 0.6 −12.58 −7.61 4.97 L905, R911, K830 −9.70 2.88 L905, C909, R911

24 0.6 −12.58 −9.80 2.78 L905, L828 −9.05 3.53 L905, R911

25 7.8 −11.06 −9.52 1.54 L905, R953 −9.69 1.37 R911, C909, L905

26 1.2 −12.17 −8.75 3.42 L905 −8.28 3.88 L905, R911

27 0.7 −12.49 −6.22 6.26 D967 −8.64 3.85 L905, R911

28 64 −9.81 −8.41 1.41 L905, N954 −7.08 2.74 N954

29 12 −10.80 −6.91 3.90 D912 −8.67 2.14 C909

30 30 −10.26 −8.16 2.11 L905, R911, D912 −7.71 2.55 NA

31 2.3 −11.78 −8.18 3.60 L905, N954 −8.50 3.28 C909

32 18 −10.56 −5.96 4.61 Y904, D967 −7.98 2.58 R911

33 31 −10.24 −6.56 3.69 R911 −7.65 2.59 na

34 4.4 −11.40 −8.02 3.38 L905 −9.40 2.00 L905, R911

35 83 −9.66 −8.80 0.86 L905 −7.81 1.85 R911, D912

36 0.87 −12.36 −9.20 3.16 L905 −7.90 4.46 R911, L905

37 0.58 −12.60 −9.66 2.94 L905 −7.80 4.80 L828, D967

38 2 −11.87 −10.07 1.79 L905, L828 −8.72 3.14 Y904, L905

39 1.3 −12.12 −9.87 2.25 L905, R911 −9.67 2.45 L905, C909
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Table 3. Cont.

Compd. IC50
(nM)

∆GExp
(kcal/mol) XP_NC ∆∆G_NC Res_NC XP_Cov ∆∆G_Cov Res_Cov

40 0.7 −12.49 −9.43 3.06 L905, D912 −9.19 3.30 L905, R911

41 0.9 −12.34 −6.67 5.67 L905, D912 −8.81 3.53 L905, R911, E903, S989,
L828

42 7 −11.12 −8.52 2.60 L905, D912 −9.23 1.90 L905, R911

43 2720 −7.59 −7.73 −0.14 E903, D912 −7.95 −0.35 D912, R911, E903

Errors 2.98 2.94

StdEv 1.59 1.15

On the other hand, the MOE Covalent Dock method was able to predict the binding of
all 43 JAK3 inhibitors with a small mean error of 1.67 kcal/mol for the C1048S mutant model
(5TTV). However, we cannot conclude that MOE performed better than the Schrödinger
software, because the original paper [19] only reported the wild-type JAK3 activities, and
not the activities of the C1048S mutant (5TTV). What we can conclude with confidence is
that both the MOE and Schrödinger Covalent Dock programs successfully predicted the
binding affinities of ligands against the wild-type JAK3 models (4Z16).

The analysis of the protein–ligand interactions between the 5TTV mutant model and the
43 ligands revealed that L905 is still one of the most important residues for ligand binding.
This is the same as what was observed in the 4Z16 model. However, Arg953, which was
identified as an essential residue for binding in the 4Z16 model, was seldom observed in the
5TTV model; instead, Arg911 was identified as an alternative residue (by the Schrödinger
method). The residue Cys909 was still identified as an essential residue for ligand binding
by the Covalent Dock method (Figure 8). It needs to point out that MOE identified Asp912
as an important residue interacting with ligands, whether it is in the wild-type 4Z16
(Figure 5) or the mutant 5TTV model (Figure 8). The inspection of the 5TTV/Compound 11
interaction showed that the consistency of identifying Asp912 as an essential interacting
residue by the MOE method was due to its proximity to the β-carbon, which was anchored
to the Cys909 via a covalent bond (Figure S2, Supplemental Information).
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The superposition of the wild-type 4Z16 and the JAK3 C1048S mutant model 5TTV
was carried out in the MOE program, and the root-mean-square deviation (RMSD) for
the superposition was 2.0 Å. The α-helices between 4Z16 and 5TTV were aligned very
well. However, Figure 9 shows that the mutation at the 1048 position (C1048S) caused
a large loop movement in the loop region between residues Val982 and Pro990, which
may allow closer interaction between the ligand and the JAK3 4Z16, leading to predicted
binding affinities much closer to those of the experimental data than those of the mutant
5TTV model in the Schrödinger models. In addition, the small loop movement of the loop
containing Leu828 allowed Leu828 in the 4Z16 model to move closer to the ligand, and thus
have stronger hydrophobic interactions. A future study of molecular dynamics simulations
would help elucidate the impact of the loop movement caused by the C1048S mutation and
at the same time help evaluate whether the residues predicted to be important for ligand
binding remain conserved during the simulations.
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The docking study of 5TTV and compound 1 from the Schrödinger Covalent Dock method
identified one H-bond interaction between the ligand and Arg911 (Table 3 and Figure 10A).
The loss of the H-bond with Leu905 might, in part, contribute to the lower binding affinity with
5TTV (−7.31 kcal/mol vs. −10.29 kcal/mol in the 4Z16 model). Compound 11 interacts with
4Z16 with residues Asp912, Leu905, and Arg953, whereas it binds 5TTV with residue Leu905.
The absence of interactions with Asp912 and Arg953 again may, in part, lead to weaker
binding of compound 11 with the 5TTV model (−8.70 kcal/mol vs. −11.09 kcal/mol in the
4Z16 model). Similar binding behaviors were also observed in other ligands when they
bound to 5TTV, thus contributing to a larger mean error in the 5TTV model. On the other
hand, compound 1 was bound to 5TTV (under the MOE Covalent Dock method) with
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Asp912, Asp967, and Lys830. The smaller mean error (1.25 kcal/mol) for compound 1 may
have come from more interactions that were identified (Figure 10B and Table S1).
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2.2.4. Binding Selectivity of JAK3 Ligands towards Different Subtypes

To identify which residues are responsible for JAK subtype selective binding, in
addition to docking studies on the JAK3 models, we also docked the same set of ligands
to model proteins from JAK1 (PDB ID: 4E4N), JAK2 (PDB ID: 4D1S), and TYK2 (PDB ID:
7UYT) using the traditional non-covalent Glide Dock program in the Schrödinger software
suite [39]. A Covalent Dock was not performed on these model proteins because these
proteins do not contain Cys909; rather, they all contain a serine at the 909th position. The
docking scores of the forty-three compounds to the JAK1 (4E4N), JAK2 (4D1S), and TYK2
(7UYT) model proteins are listed in Table S2 in the Supplemental Information. The mean
errors of the Glide Dock program for the JAK1 (4E4N), JAK2 (4D1S), and TYK2 (7UYT)
model proteins were 1.12, −0.47, and 0.47 kcal/mol (Table S2, Supplemental Information),
respectively. The small mean errors in these three JAK subtypes further confirmed the
validity of the Glide Dock program.

We also enumerated the interacting residues of the forty-three molecules to the three
JAK subtype proteins. By comparing Tables 1 and 4, it can be easily concluded that Leu905
of JAK3, Leu959 of JAK1, Leu932 of JAK2, and Val981 of TYK2 are important for ligands
to bind to all JAK proteins, suggesting that the hydrophobic interaction at this position
is important for ligand binding. Other than the unique Cys909, which was able to form
a covalent bond with a ligand, other residues of JAK3 that were responsible for ligand
binding included Asp912, Arg911, and Arg953. Particularly, residues Arg911 and Asp912
of JAK3 may have selectivity potential over JAK1. At these two positions, JAK1 possessed
Lys911 and Glu966, respectively. Table 4 further suggested that Lys911 and Glu966 were
not important for JAK1 binding. For JAK1, residues that may contribute to JAK1 selective
binding were Phe886, Lys908, Arg1007, Asp1021, Asp1039, and Asp1042. The residues
responsible for selective JAK2 binding can be Arg938 and Arg980, and the residues for
selective TYK2 binding can be attributed to Arg901, Asp988, and Asp1041 (Table 4). Thus,
Asp912 and Arg911 might be used to develop compounds with JAK3 selectivity over JAK1.
The selectivity of Asp912 of JAK3 was also confirmed in Hynes et al.’s paper [40].
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Table 4. Amino acid frequency (%) of interacting residues of JAK3 inhibitors (5TTV).

JAK1 R879 F886 K908 L959 K965 E966 R1007 D1021 D1039 D1042

frequency (%) 2 30 28 44 0 0 21 35 21 21

JAK2 Q853 F860 K882 L932 R938 D939 R980 D994 E1012 E1015

frequency (%) 0 7 0 67 49 23 42 0 0 0

TYK2 R901 F908 K930 V981 R987 D988 R1027 D1041 E1059 D1062

frequency (%) 53 0 0 67 5 37 5 23 0 0

3. Computational Methods
3.1. Multiple Sequence Alignment

Protein sequences of JAK1 (PDB ID: 4E4N) [33], JAK2 (4D1S) [34], the JAK3 C1048S
mutant (5TTV) [35], JAK3 wild-type (4Z16) [19], and TYK2 (7UYT) [36] were taken from
the Protein Data Bank (www.rcsb.org (accessed on 30 June 2022)), and were aligned using
the server Clustal Omega (https://www.ebi.ac.uk/Tools/msa/clustalo/ (accessed on
30 June 2022). After alignment, the residues responsible for ligand binding were identified
between different JAK subtypes. The multiple sequence alignments are listed in Figure S1 in
the Supplemental Information, and the key amino acids among the different JAK subtypes
are given in Table 1.

3.2. Preparation of Protein Structures

The protein structures of JAK1 (PDB ID: 4E4N) [33], JAK2 (4D1S) [34], the JAK3
C1048S mutant (5TTV) [35], the JAK3 wild-type (4Z16) [19], and TYK2 (7UYT) [36] were
downloaded from the RCSB Protein Data Bank (www.rcsb.org, accessed on 25 October
2022) and imported into the MOE program [38]. The missing residues of Glu913-Ser914-
Gly915-Gly916-Asn917 and Asp947-Gly948-Gly949-Asn950 in 4E4N were fixed using the
loop modeler module in MOE. Similarly, the missing residues of Asn959, Lys1011-Glu1012-
Pro1013-Gly1014-Glu1015 in the 4D1S model; the missing residues of Gln858-His859-
Ser860; Gly1039-Cys1040-Glu1041-Arg1042 in the 5TTV model; the missing residues of
Gly892-Pro893-Gly894-Arg895-Pro896; Glu985-Pro986-Gly987-Ser989; Gly1039-Cys1040-
Glu1041-Arg1042-Asp1043-Val1044-Pro1045 in the 4Z16 model; the missing residues of
Gly922-Thr923; Ala934-Asp935-Cys936-Gly937-Pro938-Gln939; and Glu1051-Gly1051 in
7UYT were fixed using the loop modeler module in the MOE. All five protein models were
then minimized first with the backbone atoms fixed, and then the whole structures were
allowed to move and were optimized to reduce the steric hindrance using the Amber14:EHT
force field in MOE [41]. The optimized model proteins were then imported to the Maestro
program in the Schrödinger software suite [39] for further preparation using the Protein
Preparation Wizard in the Schrödinger software to maximize the H-bond interactions
of side chains. During this process, residues Glu and Asp were set to a −1 charge, and
Arg and Lys were set to a +1 charge, while Asn, Gln, and His were calculated using the
Maximize H-bond interaction module to maximize the H-bond network by flipping these
residues if necessary, followed by energy minimization using the MacroModel module
by using the OPLS3 forcefield. For the model proteins 4Z16 and 5TTV, where the ligands
were covalently bound to Cys909, we treated these two proteins in two ways. The first
approach was to disconnect the ligand from Cys909, minimize the proteins, and save them
as non-covalent models. The second treatment of 4Z16 and 5TTV was to keep the covalent
bond between the ligand and Cys909 during minimization and save these two covalent
proteins for covalent docking, which will be detailed in the next few paragraphs.

A grid file was generated for each of the five non-covalently bound JAK subtype
proteins using the Glide Grid Generation protocol with the bound ligands as centroids of
the protein binding pocket.

www.rcsb.org
https://www.ebi.ac.uk/Tools/msa/clustalo/
www.rcsb.org
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3.3. Preparation of Ligand Structures

Forty-three ligand structures were taken from Tan’s published paper on the JAK3
covalent inhibitors [19], and structures were built using the MOE program [38] with the
bound ligand 4LH as a template. Only molecules with IC50s activities for JAK1, JAK2, JAK3,
and TYK2 were included in this study. In other words, molecules with missing activities on
any of the four subtypes and molecules with IC50s greater than (>) certain numbers were
excluded. Each ligand, after being built, was subject to energy minimization using the force
field MMFF94 in the MOE software [38], and then saved to a database. The structures in the
database were later imported into the Maestro program in the Schrödinger suite, followed
by the treatment with the EPik program [39] to properly protonate or deprotonate based on
the calculated pKa, and then were subject to energy minimization using the MacroModel
program in the Maestro program [39].

3.4. Glide Docking

To study the JAK binding affinity, the 43 inhibitors were docked against the five model
proteins (JAK1, 4E4N; JAK2, 4D1S; JAK3 C1048S mutant, 5TTV; JAK3 wild-type, 4Z16; and
TYK2, 7UYT) in a non-covalent manner using the traditional Glide Dock program [39].
During the docking process, the scaling factor of the receptor van der Waals for the non-
polar atoms was set to 0.8 to allow for the flexibility of the receptor, and Extra Precision
was used. All other parameters were used as defaults.

3.5. Schrödinger Covalent Docking

To study the effect of the covalent docking, the 43 JAK3 inhibitors were docked to the
model proteins 4Z16 and 5TTV using the Covalent Dock program [39] in the Schrödinger
software suite. During the setup process, the reaction type was Michael addition, and the
scoring function was set to Extra Precision. The top five docked poses were kept in the
docking output. Only the docked pose with the best binding affinity was reported. All
other parameters were used as defaults.

3.6. MOE Covalent Docking

To determine the proper Covalent Dock program to use, in addition to the Schrödinger
Covalent Dock program, we also used the MOE Covalent Dock software from the MOE
program [38]. Under the MOE DOCK panel, the Covalent module was selected. The
refinement was set to Induced Fit and the scoring function to set to London ∆G. The
reaction type for the covalent binding was set to the Michael acceptor (1,4-addition) with
β-mercapto carbonyl as the product (i.e., forming a covalent bond with sulfur atom of
Cys909). The 43 JAK3 inhibitors were docked to the model proteins 4Z16 and 5TTV one at
a time. The top five docked poses were kept in the docking output. Only the docked pose
with the best binding affinity was reported. All other parameters were used as defaults.

3.7. Binding Affinity and Protein-Ligand Interactions

The binding affinity of the protein–ligand complexes was expressed as docking scores.
The stronger binders had more negative docking scores. To identify the residues responsible
for subtype binding, we tabulated the main interacting residues that provided H-bonds,
electrostatic interactions, and/or aromatic interactions. The frequencies of the interacting
residues were reported to show which residues have a high frequency in ligand binding.
Residues with a high frequency were deemed important for ligand binding.

4. Conclusions

Drug resistance in most anticancer treatment is caused by mutations on the target
proteins. For instance, the major mechanism for acquired resistance to the first-generation
EGFR tyrosine kinase inhibitors such as erlotinib was caused by the T790M mutation on
the epidermal growth factor receptor (EGFR) [42]. Afatinib was a covalent EGFR inhibitor
that was used to treat metastatic non-small-cell lung cancer (NSCLC) with wild-type and
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L858R/T790M double mutations of EGFR [30]. Sutanto et al. reported at least 50 covalent
drugs that have been approved by the US Food and Drug Administration (FDA) [43].

The advantage of developing covalent drugs is the achievement of isoform- or subtype-
selectivity which may be otherwise hard to achieve for most competitive noncovalent in-
hibitors. JAK3 has been a focus in developing covalent drugs to achieve subtype selectivity
and thus to reduce off-target toxicity because of its uniqueness in having a Cys909, which
distinguishes it from other subtypes of JAK family members. The cysteine residue has been
identified in 27 positions in the active conformation of 211 kinases. Thus, the development
of covalent ligands targeting cysteine is of significance in selective inhibitor design [44].
Therefore, identifying a suitable computational program that can accurately predict the
binding of covalent ligands will greatly accelerate structure-based drug design via the
covalent mechanism.

The molecular docking studies of five models from four JAK subtypes showed that
the docking affinity from 4Z16 (JAK3 wild-type model), 4E4N (JAK1), 4D1S (JAK2), and
7UYT (TYK2) agreed well with the experimentally derived binding free energies with small
predicted errors. Our findings identified the covalent bond between ligands and Cys909
for all models with the Covalent Dock method. Leu905 of JAK3 and the hydrophobic
residue at the same position in different subtypes (Leu959 of JAK1, Leu932 of JAK2, and
Val981 of TYK2) is important for ligands to bind to the JAK proteins. Arg911 and Asp912 of
JAK3, Asp939 of JAK2, and Asp988 of TYK2 can be used for selective ligand binding over
JAK1, which contains Glu966 at the same position. Asp1021, Asp1039, and Asp1042 can
be utilized for JAK1-selective ligand design, whereas Arg901 and Val981 may help guide
TYK2-selective molecule design. Our docking results of the wild-type 4Z16 model showed
that both the Schrödinger and the MOE Covalent Dock programs were able to successfully
predict the experimentally derived ∆G, and thus should be able to be used for covalent
inhibitor design.

Supplementary Materials: The following supporting information can be downloaded at https:
//www.mdpi.com/article/10.3390/ijms24076023/s1.

Author Contributions: Conceptualization, H.A.Z. and S.A.; methodology, H.A.Z. and S.A.; formal
analysis, H.A.Z. and S.A.; writing—original draft preparation, H.A.Z. and S.A.; writing—review and
editing, H.A.Z.; supervision, H.A.Z.; project administration, H.A.Z. funding acquisition, H.A.Z. and
S.A. All authors have read and agreed to the published version of the manuscript.

Funding: This work was financially supported by the University of Nebraska, Omaha (H.A.Z. for
software support). S.A. was supported by the Ministry of Education Scholarship, Qassim University
(Buraydah, Saudi Arabia).

Institutional Review Board Statement: Not applicable.

Informed Consent Statement: Not applicable.

Data Availability Statement: Not applicable.

Acknowledgments: S.A. acknowledges The Saudi Arabian Cultural Mission (SACM) for their finan-
cial support. The authors would like to thank the Deanship of Scientific Research, Qassim University,
for funding the publication of this project.

Conflicts of Interest: The authors declare no conflict of interest.

References
1. Darnell, J.E., Jr.; Kerr, I.M.; Stark, G.R. Jak-STAT pathways and transcriptional activation in response to IFNs and other extracellular

signaling proteins. Science 1994, 264, 1415–1421. [CrossRef]
2. Leonard, W.J.; O′Shea, J.J. Jaks and STATs: Biological implications. Annu. Rev. Immunol. 1998, 16, 293–322. [CrossRef]
3. Villarino, A.V.; Kanno, Y.; Ferdinand, J.R.; O′Shea, J.J. Mechanisms of Jak/STAT signaling in immunity and disease. J. Immunol.

2015, 194, 21–27. [CrossRef]
4. Dhillon, S. Tofacitinib: A Review in Rheumatoid Arthritis. Drugs 2017, 77, 1987–2001. [CrossRef]
5. Al-Salama, Z.T.; Scott, L.J. Baricitinib: A Review in Rheumatoid Arthritis. Drugs 2018, 78, 761–772. [CrossRef]

https://www.mdpi.com/article/10.3390/ijms24076023/s1
https://www.mdpi.com/article/10.3390/ijms24076023/s1
http://doi.org/10.1126/science.8197455
http://doi.org/10.1146/annurev.immunol.16.1.293
http://doi.org/10.4049/jimmunol.1401867
http://doi.org/10.1007/s40265-017-0835-9
http://doi.org/10.1007/s40265-018-0908-4


Int. J. Mol. Sci. 2023, 24, 6023 17 of 18

6. Berekmeri, A.; Mahmood, F.; Wittmann, M.; Helliwell, P. Tofacitinib for the treatment of psoriasis and psoriatic arthritis. Expert
Rev. Clin. Immunol. 2018, 14, 719–730. [CrossRef]

7. Fernández-Clotet, A.; Castro-Poceiro, J.; Panés, J. Tofacitinib for the treatment of ulcerative colitis. Expert Rev. Clin. Immunol. 2018,
14, 881–892. [CrossRef]

8. Mesa, R.A. Ruxolitinib, a selective JAK1 and JAK2 inhibitor for the treatment of myeloproliferative neoplasms and psoriasis.
IDrugs Investig. Drugs J. 2010, 13, 394–403.

9. Taylor, P.C.; Keystone, E.C.; van der Heijde, D.; Weinblatt, M.E.; Del Carmen Morales, L.; Reyes Gonzaga, J.; Yakushin, S.; Ishii,
T.; Emoto, K.; Beattie, S.; et al. Baricitinib versus Placebo or Adalimumab in Rheumatoid Arthritis. N. Engl. J. Med. 2017, 376,
652–662. [CrossRef]

10. Rubin, R. Baricitinib Is First Approved COVID-19 Immunomodulatory Treatment. JAMA 2022, 327, 2281. [CrossRef]
11. Richez, C.; Truchetet, M.E.; Kostine, M.; Schaeverbeke, T.; Bannwarth, B. Efficacy of baricitinib in the treatment of rheumatoid

arthritis. Expert Opin. Pharmacother. 2017, 18, 1399–1407. [CrossRef] [PubMed]
12. Vincenti, F.; Silva, H.T.; Busque, S.; O’Connell, P.J.; Russ, G.; Budde, K.; Yoshida, A.; Tortorici, M.A.; Lamba, M.; Lawendy, N.; et al.

Evaluation of the effect of tofacitinib exposure on outcomes in kidney transplant patients. Am. J. Transpl. 2015, 15, 1644–1653.
[CrossRef] [PubMed]

13. Gonzales, A.J.; Bowman, J.W.; Fici, G.J.; Zhang, M.; Mann, D.W.; Mitton-Fry, M. Oclacitinib (APOQUEL®) is a novel Janus kinase
inhibitor with activity against cytokines involved in allergy. J. Vet. Pharmacol. Ther. 2014, 37, 317–324. [CrossRef]

14. Wollenhaupt, J.; Silverfield, J.; Lee, E.B.; Curtis, J.R.; Wood, S.P.; Soma, K.; Nduaka, C.I.; Benda, B.; Gruben, D.; Nakamura, H.;
et al. Safety and efficacy of tofacitinib, an oral janus kinase inhibitor, for the treatment of rheumatoid arthritis in open-label,
longterm extension studies. J. Rheumatol. 2014, 41, 837–852. [CrossRef]

15. Serhal, L.; Edwards, C.J. Upadacitinib for the treatment of rheumatoid arthritis. Expert Rev. Clin. Immunol. 2019, 15, 13–25.
[CrossRef] [PubMed]

16. McInnes, I.B.; Anderson, J.K.; Magrey, M.; Merola, J.F.; Liu, Y.; Kishimoto, M.; Jeka, S.; Pacheco-Tena, C.; Wang, X.; Chen, L.; et al.
Trial of Upadacitinib and Adalimumab for Psoriatic Arthritis. N. Engl. J. Med. 2021, 384, 1227–1239. [CrossRef]

17. Forster, M.; Gehringer, M.; Laufer, S.A. Recent advances in JAK3 inhibition: Isoform selectivity by covalent cysteine targeting.
Bioorg. Med. Chem. Lett. 2017, 27, 4229–4237. [CrossRef]

18. Pesu, M.; Laurence, A.; Kishore, N.; Zwillich, S.H.; Chan, G.; O’Shea, J.J. Therapeutic targeting of Janus kinases. Immunol. Rev.
2008, 223, 132–142. [CrossRef]

19. Tan, L.; Akahane, K.; McNally, R.; Reyskens, K.M.; Ficarro, S.B.; Liu, S.; Herter-Sprie, G.S.; Koyama, S.; Pattison, M.J.; Labella, K.;
et al. Development of Selective Covalent Janus Kinase 3 Inhibitors. J. Med. Chem. 2015, 58, 6589–6606. [CrossRef]

20. Su, W.; Chen, Z.; Liu, M.; He, R.; Liu, C.; Li, R.; Gao, M.; Zheng, M.; Tu, Z.; Zhang, Z.; et al. Design, synthesis and structure-activity
relationship studies of pyrido[2,3-d]pyrimidin-7-ones as potent Janus Kinase 3 (JAK3) covalent inhibitors. Bioorg. Med. Chem. Lett.
2022, 64, 128680. [CrossRef]

21. Shu, L.; Chen, C.; Huan, X.; Huang, H.; Wang, M.; Zhang, J.; Yan, Y.; Liu, J.; Zhang, T.; Zhang, D. Design, synthesis, and
pharmacological evaluation of 4- or 6-phenyl-pyrimidine derivatives as novel and selective Janus kinase 3 inhibitors. Eur. J. Med.
Chem. 2020, 191, 112148. [CrossRef] [PubMed]

22. Yin, Y.; Chen, C.J.; Yu, R.N.; Wang, Z.J.; Zhang, T.T.; Zhang, D.Y. Structure-based design and synthesis of 1H-pyrazolo[3,4-
d]pyrimidin-4-amino derivatives as Janus kinase 3 inhibitors. Bioorg. Med. Chem. 2018, 26, 4774–4786. [CrossRef] [PubMed]

23. Shi, L.; Zhong, Z.; Li, X.; Zhou, Y.; Pan, Z. Discovery of an Orally Available Janus Kinase 3 Selective Covalent Inhibitor. J. Med.
Chem. 2019, 62, 1054–1066. [CrossRef]

24. Xu, H.; Jesson, M.I.; Seneviratne, U.I.; Lin, T.H.; Sharif, M.N.; Xue, L.; Nguyen, C.; Everley, R.A.; Trujillo, J.I.; Johnson, D.S.; et al.
PF-06651600, a Dual JAK3/TEC Family Kinase Inhibitor. ACS Chem. Biol. 2019, 14, 1235–1242. [CrossRef]

25. Bao, Q.; Zhang, L.; Wang, N.; Gabet, B.; Yang, W.; Gao, X.; You, Q.; Jiang, Z. Hydrogen Peroxide Inducible JAK3 Covalent
Inhibitor: Prodrug for the Treatment of RA with Enhanced Safety Profile. ACS Med. Chem. Lett. 2020, 11, 2182–2189. [CrossRef]

26. Spergel, S.H.; Mertzman, M.E.; Kempson, J.; Guo, J.; Stachura, S.; Haque, L.; Lippy, J.S.; Zhang, R.F.; Galella, M.; Pitt, S.; et al.
Discovery of a JAK1/3 Inhibitor and Use of a Prodrug To Demonstrate Efficacy in a Model of Rheumatoid Arthritis. ACS Med.
Chem. Lett. 2019, 10, 306–311. [CrossRef] [PubMed]

27. Laux, J.; Forster, M.; Riexinger, L.; Schwamborn, A.; Guezguez, J.; Pokoj, C.; Kudolo, M.; Berger, L.M.; Knapp, S.; Schollmeyer, D.;
et al. Pharmacokinetic Optimization of Small Molecule Janus Kinase 3 Inhibitors to Target Immune Cells. ACS Pharmacol. Transl.
Sci. 2022, 5, 573–602. [CrossRef] [PubMed]

28. Li, Y.; Meng, D.; Xie, J.; Li, R.; Wang, Z.; Li, J.; Mou, L.; Deng, X.; Deng, P. Design of Rational JAK3 Inhibitors Based on the Parent
Core Structure of 1,7-Dihydro-Dipyrrolo [2,3-b:3′,2′-e] Pyridine. Int. J. Mol. Sci. 2022, 23, 5437. [CrossRef]

29. Remenyi, J.; Naik, R.J.; Wang, J.; Razsolkov, M.; Verano, A.; Cai, Q.; Tan, L.; Toth, R.; Raggett, S.; Baillie, C.; et al. Generation of a
chemical genetic model for JAK3. Sci. Rep. 2021, 11, 10093. [CrossRef]

30. Vavalà, T. Role of afatinib in the treatment of advanced lung squamous cell carcinoma. Clin. Pharmacol. 2017, 9, 147–157.
[CrossRef]

31. Remon, J.; Steuer, C.E.; Ramalingam, S.S.; Felip, E. Osimertinib and other third-generation EGFR TKI in EGFR-mutant NSCLC
patients. Ann. Oncol. 2018, 29, i20–i27. [CrossRef]

http://doi.org/10.1080/1744666X.2018.1512404
http://doi.org/10.1080/1744666X.2018.1532291
http://doi.org/10.1056/NEJMoa1608345
http://doi.org/10.1001/jama.2022.9846
http://doi.org/10.1080/14656566.2017.1359256
http://www.ncbi.nlm.nih.gov/pubmed/28737053
http://doi.org/10.1111/ajt.13181
http://www.ncbi.nlm.nih.gov/pubmed/25649117
http://doi.org/10.1111/jvp.12101
http://doi.org/10.3899/jrheum.130683
http://doi.org/10.1080/1744666X.2019.1544892
http://www.ncbi.nlm.nih.gov/pubmed/30394138
http://doi.org/10.1056/NEJMoa2022516
http://doi.org/10.1016/j.bmcl.2017.07.079
http://doi.org/10.1111/j.1600-065X.2008.00644.x
http://doi.org/10.1021/acs.jmedchem.5b00710
http://doi.org/10.1016/j.bmcl.2022.128680
http://doi.org/10.1016/j.ejmech.2020.112148
http://www.ncbi.nlm.nih.gov/pubmed/32097841
http://doi.org/10.1016/j.bmc.2018.04.005
http://www.ncbi.nlm.nih.gov/pubmed/30139575
http://doi.org/10.1021/acs.jmedchem.8b01823
http://doi.org/10.1021/acschembio.9b00188
http://doi.org/10.1021/acsmedchemlett.0c00323
http://doi.org/10.1021/acsmedchemlett.8b00508
http://www.ncbi.nlm.nih.gov/pubmed/30891131
http://doi.org/10.1021/acsptsci.2c00054
http://www.ncbi.nlm.nih.gov/pubmed/35983274
http://doi.org/10.3390/ijms23105437
http://doi.org/10.1038/s41598-021-89356-4
http://doi.org/10.2147/CPAA.S112715
http://doi.org/10.1093/annonc/mdx704


Int. J. Mol. Sci. 2023, 24, 6023 18 of 18

32. Timofeeva, N.; Gandhi, V. Ibrutinib combinations in CLL therapy: Scientific rationale and clinical results. Blood Cancer J. 2021,
11, 79. [CrossRef]

33. Kulagowski, J.J.; Blair, W.; Bull, R.J.; Chang, C.; Deshmukh, G.; Dyke, H.J.; Eigenbrot, C.; Ghilardi, N.; Gibbons, P.; Harrison,
T.K.; et al. Identification of imidazo-pyrrolopyridines as novel and potent JAK1 inhibitors. J. Med. Chem. 2012, 55, 5901–5921.
[CrossRef] [PubMed]

34. Brasca, M.G.; Nesi, M.; Avanzi, N.; Ballinari, D.; Bandiera, T.; Bertrand, J.; Bindi, S.; Canevari, G.; Carenzi, D.; Casero, D.; et al.
Pyrrole-3-carboxamides as potent and selective JAK2 inhibitors. Bioorg. Med. Chem. 2014, 22, 4998–5012. [CrossRef]

35. Thorarensen, A.; Dowty, M.E.; Banker, M.E.; Juba, B.; Jussif, J.; Lin, T.; Vincent, F.; Czerwinski, R.M.; Casimiro-Garcia, A.;
Unwalla, R.; et al. Design of a Janus Kinase 3 (JAK3) Specific Inhibitor 1-((2S,5R)-5-((7H-Pyrrolo[2,3-d]pyrimidin-4-yl)amino)-2-
methylpiperidin-1-yl)prop-2-en-1-one (PF-06651600) Allowing for the Interrogation of JAK3 Signaling in Humans. J. Med. Chem.
2017, 60, 1971–1993. [CrossRef]

36. Leit, S.; Greenwood, J.R.; Mondal, S.; Carriero, S.; Dahlgren, M.; Harriman, G.C.; Kennedy-Smith, J.J.; Kapeller, R.; Lawson, J.P.;
Romero, D.L.; et al. Potent and selective TYK2-JH1 inhibitors highly efficacious in rodent model of psoriasis. Bioorg. Med. Chem.
Lett. 2022, 73, 128891. [CrossRef]

37. The Clustal Omega. Available online: https://www.ebi.ac.uk/Tools/msa/clustalo/ (accessed on 30 June 2022).
38. MOE. The Molecular Operating EnVironment (MOE); Chemical Computing Group Inc.: Montreal, QC, Canada, 2021.
39. Schrödinger Suite 2019-1 Protein Preparation Wizard, Maestro, Protein Grid Generation, Glide, Macromodel, Epik, and Covalent Dock;

Schrödinger, LLC.: New York, NY, USA, 2019.
40. Hynes, J., Jr.; Wu, H.; Kempson, J.; Duan, J.J.; Lu, Z.; Jiang, B.; Stachura, S.; Tokarski, J.S.; Sack, J.S.; Khan, J.A.; et al. Discovery of

potent and efficacious pyrrolopyridazines as dual JAK1/3 inhibitors. Bioorg. Med. Chem. Lett. 2017, 27, 3101–3106. [CrossRef]
41. Case, D.A.; Babin, V.; Berryman, T.T.; Betz, R.M.; Cai, Q.W.; Cerutti, D.S.; Cheatham, T.; Darden, T.; Duke, R.E.; Gohllke, H.; et al.

AMBER 14; University of California: San Francisco, CA, USA, 2014.
42. Morgillo, F.; Della Corte, C.M.; Fasano, M.; Ciardiello, F. Mechanisms of resistance to EGFR-targeted drugs: Lung cancer. ESMO

Open 2016, 1, e000060. [CrossRef]
43. Sutanto, F.; Konstantinidou, M.; Dömling, A. Covalent inhibitors: A rational approach to drug discovery. RSC Med. Chem. 2020,

11, 876–884. [CrossRef] [PubMed]
44. Chaikuad, A.; Koch, P.; Laufer, S.A.; Knapp, S. The Cysteinome of Protein Kinases as a Target in Drug Development. Angew Chem.

Int. Ed. Engl. 2018, 57, 4372–4385. [CrossRef] [PubMed]

Disclaimer/Publisher’s Note: The statements, opinions and data contained in all publications are solely those of the individual
author(s) and contributor(s) and not of MDPI and/or the editor(s). MDPI and/or the editor(s) disclaim responsibility for any injury to
people or property resulting from any ideas, methods, instructions or products referred to in the content.

http://doi.org/10.1038/s41408-021-00467-7
http://doi.org/10.1021/jm300438j
http://www.ncbi.nlm.nih.gov/pubmed/22591402
http://doi.org/10.1016/j.bmc.2014.06.025
http://doi.org/10.1021/acs.jmedchem.6b01694
http://doi.org/10.1016/j.bmcl.2022.128891
https://www.ebi.ac.uk/Tools/msa/clustalo/
http://doi.org/10.1016/j.bmcl.2017.05.043
http://doi.org/10.1136/esmoopen-2016-000060
http://doi.org/10.1039/D0MD00154F
http://www.ncbi.nlm.nih.gov/pubmed/33479682
http://doi.org/10.1002/anie.201707875
http://www.ncbi.nlm.nih.gov/pubmed/28994500

	Introduction 
	Results and Discussion 
	Multiple Sequence Alignment 
	Molecular Docking 
	Validation of Method 
	Binding Mode of Wild-Type JAK3 Model (4Z16) 
	Binding Mode of the JAK3 C1048S Mutant Model (5TTV) 
	Binding Selectivity of JAK3 Ligands towards Different Subtypes 


	Computational Methods 
	Multiple Sequence Alignment 
	Preparation of Protein Structures 
	Preparation of Ligand Structures 
	Glide Docking 
	Schrödinger Covalent Docking 
	MOE Covalent Docking 
	Binding Affinity and Protein-Ligand Interactions 

	Conclusions 
	References

