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Abstract: Park green space (PGS) provides numerous environmental and health benefits for urban
residents, and raises the issue of green justice for its uneven distribution in cities. Previous studies
focus more on the measurements of spatial equity in accessibility, but are limited in exploring its
impacts—especially the nonlinear influence. This study first measures accessibility and equity in two
traffic modes, and then explores the nonlinear influence of multidimensional factors by using the
gradient boosting decision tree (GBDT) model across the central urban area of Wuhan. The results
show significant spatial disparities in spatial accessibility and equity by walking and driving within
15 min. Multidimensional factors—including characteristics of PGS, the built environment, and
socioeconomic factors—present stronger nonlinear influences on spatial accessibility and equity, and
the nonlinear influence indicates that the contributions of the built environment and socioeconomic
factors are greater than those of park characteristics, accounting for at least 79.76%. The key variables
affecting the accessibility and equity are not completely consistent, leading to synergistic and het-
erogeneous effects, which may provide policy implications for streets where accessibility and equity
are mismatched. These findings could provide guidance for PGS planning by decision-makers to
improve the living environment and urban health.

Keywords: park green space (PGS); green justice; accessibility and equity; gradient boosting decision
tree (GBDT); nonlinear influence; Wuhan

1. Introduction

Urban green space is an important link between residents and nature, especially
in the form of urban parks [1]. It promotes public health, protects the urban ecological
environment, and enhances residents’ happiness by reducing and mitigating the negative
impacts of urbanization [2,3]. In particular, urban parks improve mental health and
wellbeing by providing opportunities for physical activity and reducing stress [4]. Thus,
providing residents with sufficient and equitable park green space (PGS) is a common goal
of urban planners [5,6]. However, with the continuous expansion of urban construction
land and populations, green space is becoming less and less, resulting in a serious shortage
of green space [7]. Therefore, the research on green justice can make a positive contribution
to the issue of urban green space and mental health.

Owing to the growing concern with green justice, providing adequate and equitable
green space for residents has become an important goal for urban planners [3,8]. The
unfair usage and uneven distribution of green space has become prominent with the
rapid development of urbanization in developed or developing countries. Therefore, the
primary focus of green justice is the equity and justice of the usage and distribution of
green space [9–11]. An increasing number of studies turn to measuring the equality of
opportunities for access to green spaces of different types for urban residents in a given
region, contributing to the research on green justice [3,8,11]. Research on spatial equity of
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urban parks mainly examines three stages: regional equality, spatial equity, and social equity.
Among them, the spatial equity stage emphasizes the utilization efficiency and spatial
allocation of land resources, which are usually measured by per capita green space index
and accessibility [5]. The spatial mismatch between supply and demand of park services in
a geographic unit is also measured in this stage [12]. In the social equity stage, the focus
shifts from local equity to human equity, e.g., the equity of service supply between different
social groups [8,13], demand indices [14], Nicky coefficients, and Lorenz curves [15,16].
Studies show that the supply of green spaces produces disparities due to factors such as
income, race, age, gender, and power capital [17]. Based on the above research topics, the
measurements of spatial equity have become the key aspect of the research.

Accessibility is considered to be an effective indicator of spatial equity, and can be
measured in many ways, such as buffer analysis [18], kernel density estimation [19],
network-constrained service area methods [20], the Thiessen polygons method [21], and
gravity-based models [22]. The two-step floating catchment area (2SFCA) method and
its improved form, as a dichotomous technique of gravity-based models, are currently
regarded as a suitable approach, and have been widely used to measure potential spatial
access to PGS [23], because they can consider both the supply and demand of parks un-
der the reality of road networks [16]. Moreover, comprehensive perspective parameters
(e.g., park proximity, acreage, and quality) have been highlighted in green justice studies
to measure spatial access to parks multidimensionally [24]. The Gini coefficient is another
index for measuring equity, but it is more applicable to large-scale research than on studies
of communities or living quarters [25,26]. Abundant empirical evidence using these indica-
tors can be found in cities from different countries, but the results vary due to green space
definitions, scales, and political and geographical characteristics.

To guide the planning practice better, researchers have attempted to adjust the influ-
encing factors causing the disparity in accessibility to improve the equity of green space.
For instance, studies have linked the accessibility or the spatial differences of green provi-
sion to the socioeconomic status and demographic factors of different social groups, such
as ethnic or religious characteristics [27], immigration status [28], age [16], and personal
ability [14,29]. Scholars have suggested that the built environment presents a certain impact
on spatial accessibility, including community size and green assets of the community [30],
the distance of urban parks, and the richness of trees [31]. Other scholars associate the com-
plexity of social and economic conditions with accessibility and equity [32,33]. Moreover,
the reasons for spatial differences in supply and demand of urban parks vary in practice,
but maximizing accessibility and minimizing social and spatial inequality caused by ac-
cessibility (or lack thereof) should be the common goals of urban planners [34]. Therefore,
exploring the impact mechanism on green justice may effectively help urban planners to
implement concrete measures to reduce the inequality of green supply and allocation.

Although accessibility is an effective indicator of equity, it only represents the oppor-
tunity of access to park services for residents. Improving accessibility may not improve
the equity of areas in need of planning [35]. The key factors that affect accessibility are not
necessarily important factors that affect fairness. Thus, the influencing factors of accessi-
bility and equity must both be explored, and the common elements necessary to provide
effective guidance for urban planning under the objective of equity must be determined.
Most previous studies focus on the linear relationships between spatial accessibility and
the influencing factors, but they are limited in exploring the nonlinear relationships [28,30].
Although the measurement of linear relationships can identify factors related to accessibil-
ity, the mechanisms of their influence on accessibility are unclear, which brings confusion
to the adjustment of planning policy.

To alleviate these gaps, we adopted the GBDT model to explore the nonlinear influence
of multidimensional factors on spatial accessibility and equity. We also committed to
improving the level of green justice from the perspective of urban planning based on
the analysis of synergy and heterogeneity of influencing factors. Specifically, this study
aimed to (1) measure the accessibility and equity of PGSs by using the Gaussian-based
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2SFCA method; (2) examine the important factors and identify the key variables in spatial
accessibility and equity by using the GBDT model, including PGSs’ characteristics, the built
environment, and socioeconomic factors; and (3) analyze the synergistic and heterogeneous
effects on accessibility and equity for future policy decisions and planning. The achievement
of the aforementioned objectives could help address two questions: (1) What are the key
variables that present nonlinear influences on the spatial accessibility and equity of PGSs?
(2) Do these variables have synergistic and heterogeneous effects, and what enlightenment
can they bring to urban planning?

2. Materials and Methods
2.1. Study Area and Data

Wuhan is located in the central reaches of the Yangtze River. It is the capital city
of Hubei Province, and is one of the six major cities in Central China. Wuhan’s urban
center was taken as the research area, which includes Jiangan Jianghan, Qiaokou, Hanyang,
Wuchang, Hongshan, and Qingshan. The central urban area is 955.15 km2, the permanent
population is 6.7588 million, and the average population density is 0.708 million/km2.
A total of 698 parks was included in our study until 2020. Among them, 36 compre-
hensive parks, 31 theme parks, 236 community parks, and 395 amusement parks have
been constructed in Wuhan’s urban center for residents to enjoy the parks’ green services
(see Figure 1). On the whole, the per capita park green space reaches 7.35 m2/per per-
son, and the spatial distribution of parks is concentrated along the Yangtze River and the
Han River.
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Figure 1. Spatial distribution of PGSs and population of Wuhan’s central district.

Our study measured the accessibility of PGSs in 500 × 500 grid scales, and calculated
the average accessibility and equity in street or district scales. The basic data were provided
by relevant administrative government departments of Wuhan—(1) the urban land-use
types and road data were provided by the Wuhan Land Management, Planning Department,
and Transport agency in 2020; (2) the Wuhan Statistics Bureau provided data on residential
population, GDP, social fixed-asset investment, retail sales of social consumer goods, and
budget revenue in 2020. PGSs were divided into four types: comprehensive parks, theme
parks, community parks, and amusement parks. This division takes the Classification
Standard of Urban Green Space (CJJ/T85-2017) as a reference. We obtained the attribute
data of PGSs for 2020—including location, area, and type—from the world map and
the Wuhan City Park Directory. Furthermore, the demographic data in each grid were
obtained by apportioning the building area to each grid. The building area data used for
apportionment came from the building area data of the Wuhan Institute of Surveying and
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Mapping, and the park entrances were identified through a variety of historical data and
online maps. Additionally, we used road intersections as supply points to identify the
small community parks and roadside green spaces.

2.2. Variables

In the process of selecting influencing variables, we combined the existing research
with the actual situation of Wuhan, and regarded park characteristics, the built environment,
and socioeconomic factors as the three kinds of influencing factors. Park characteristic
factors can reflect the impact of individual park attributes on residents’ choices of park
green space travel behavior. A section of the literature focuses on whether per capita park
area [36], the number of park types [18,37], and the average distance to the nearest park [38]
are associated with green justice. Built environment factors can reflect the surrounding
situation of land utilization. Moreover, a large number of studies have focused on whether
the differences in the availability of PGSs are caused by the differences in the built envi-
ronment, such as per capita normalized difference vegetation index [39], the proportion of
commercial land [40], the proportion of residential land [41], the proportion of industrial
land [40], and the degree of land-use mix [42]. In addition, road network density [43] and
the number of road intersections [42,44] can reflect the cost and convenience of getting to a
destination. The built environment factors can provide a reference for transportation and
land-use planning policy. Socioeconomic factors also reflect regional social development.
Studies have verified that socioeconomic development plays an important role in the avail-
ability of PGSs to residents [8]. Urban central districts have a lower green space per capita
due to their high population density [36], and green space per capita is selected to reflect
the demand for green space. Gross domestic product [45], budget revenue of public fi-
nance [45], investment in fixed assets [46], and retail sales of consumer goods [47] represent
the levels of economic development, government income, investment, and consumption,
respectively, and significantly influence housing prices and living conditions [47,48]. More-
over, socioeconomic factors may provide a reference for population and social development
policies. Table 1 shows the descriptive statistics of all selected variables.

Table 1. Descriptive statistics of all variables.

Variables Description Mean (St. Dev)

Park characteristic factors
Per capita park area (PCAR) Per capita park area of each street 0.994 (2.596)
Park type number (PTN) Park Type number of each street 2 (1)
The shortest average distance to the nearest
park (SAD) The shortest average distance to nearest park in each street 0.318 (0.365)

Built environment factors
Per capita normalized difference vegetation
index (P-NDVI) Per capita NDVI of each street 0.091 (0.264)

Road network density (RD) The ratio of total road length to street area 0.005 (0.003)
Road intersections (RI) Number of road junctions in each street 116 (176)
Proportion of commercial land (PC) The ratio of commercial land area to street area 0.108 (0.182)
Proportion of residential land (PR) The ratio of residential land area to street area 0.398 (0.956)
Proportion of industrial land (PI) The ratio of industrial land area to street area 0.904 (1.744)
Degree of land-use mix (LUM) Diversity of land-use types in each street 0.587 (0.158)

Socioeconomic factors
Population density (PD) The ratio of population to street area 0.026 (0.024)
Gross domestic product (GDP) Sum of the added value of various industries in each street 11.578 (18.257)

Retail sales of consumer goods (RCG) The sum of retail sales of consumer goods to urban and rural
residents and social groups 9.210 (14.263)

Budget revenue of public finance (PFBR) Tax and non-tax revenue independently used by fiscal
authorities 0.790 (1.222)

Investment in fixed assets (IFA) A comprehensive index reflecting the relationship between the
scale, speed, and proportion of investment in fixed assets 20.565 (45.772)
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2.3. Methods
2.3.1. The Gaussian-Based 2SFCA Method for Accessibility

The 2SFCA model was first proposed by Radke [49] and further improved by Luo [50].
A number of scholars later conducted some extended studies on its limitations, which
mainly involved the attenuation function [51], search radius [52], competition between
supply and demand [53], multiple traffic modes [54], and expansion of youth groups [16].
Our study used the Gaussian-based 2SFCA model to measure the accessibility of different
types of parks under walking and driving traffic modes. The Gaussian-based 2SFCA
method can differentiate access to green space with integration of the Gaussian function
and 2SFCA [55]. The standard of per capita park possession could be identified according
to park types, and was used to determine park capacity in calculating accessibility. Based
on the Code for Park Design (GB51192-2016) in China, the standards of per capita park area
were as follows: comprehensive park as I (60 m2), theme park as II (50 m2), community
park as III (40 m2), and amusement park as IV (30 m2). Therefore, the differences between
different types of parks can be reflected in their accessibility. The park’s supply capacity
coefficient Sj is the weighted function of the maximum accommodating population and the
function coefficient, and the formula is as follows:

Sj =
Sj

A

pcpaj
(1)

where Sj
A is the area of each park, and pcpaj is the capacity standard of each park. According

to the first step of the traditional 2SFCA model, the supply–demand ratio Rj of each
park within the predetermined time cost threshold is obtained, and the time distance is
attenuated by the Gaussian function (G). In the second step, for each demand point i, we
search all of the supply points (j) within the search radius (t0) of i. Meanwhile, Gaussian
function attenuation is carried out again. Finally, we add all of the supply–demand ratios
(Rj) to obtain the accessibility Ai as follows:

Ai = ∑
j∈{tkj≤t0}

G
(

tkj, t0

)
Rj= ∑

j∈{tkj≤t0}
G
(

tkj, t0

) Sj

∑k∈{tij≤t0} G
(

tkj, t0

)
Pk

(2)

G
(
tij, t0

)
=


e−(1/2)×(tij/t0)

2
− e−(1/2)

1− e−(1/2)
,i f , tkj ≤ t0

0,i f , tkj > t0

(3)

In the wake of COVID-19, people have a new concept of “living community”, and
the “15-min life circle” has become a lifestyle that most people yearn for. The 15-min
community living circle is the basic unit to build community life. It is equipped with the
corresponding basic service facilities and public activity space within the 15-min walking
distance required by residents to form a healthy, safe, friendly, comfortable, and green
social basic living platform [56]. Therefore, this paper takes 15 min as the search time
threshold to compute the accessibility under walking and driving modes.

2.3.2. The Gini Coefficient for Spatial Equity

The Gini coefficient was used as an indicator to evaluate the equity of green space.
This is a common index used internationally to measure the income gap of residents in
a country or region, as a single, simple, mathematical metric that represents the overall
degree of inequality [6]. It is also a ratio of the area between the line of equality and the
Lorenz curve divided by the total area under the line of equality [57]. The Gini coefficient
ranges from 0 to 1—the maximum value is 1 and the minimum value is 0. In this case,
0 represents perfect equality of PGSs, while 1 represents perfect inequality, and as the
coefficient approaches 0, the PGSs tend towards more equity. The mathematical calculation
of the Gini coefficient is complex, but can be approximated using the following formula:
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G1 = 1−
n

∑
k−1

(Xk − Xk − 1)(Yk + Yk − 1) (4)

where Xk is the cumulative proportion of the population variable for k = 0, . . . , n, with X0
= 0, Xn = 1; and Yk is the cumulative proportion of the public transport service variable for
k = 0, . . . , n, with Y0 = 0, Yn = 1.

2.3.3. The Gradient Boosting Decision Tree (GBDT) Model

The GBDT model is a machine learning method integrating multiple weak classifiers,
and its accuracy is higher than that of support-vector machines, random forests, and other
algorithms in solving discrete classification problems with relatively concentrated data
feature distribution [58]. Previous studies have shown that models based on decision
tree integration can fit the influence of independent variables on dependent variables
in different ranges instead of generating fixed coefficients, significantly improving the
interpretability of the model [59]. The reliable identification of the relative importance and
local relationships of variables by this model has been introduced into the field of urban
transportation in recent years, such as trip choice [60] and trip distance prediction [61]. It
also can output the potential nonlinear relationship diagram between independent variables
and dependent variables [59], so as to better reveal the threshold effects of changes in the
accessibility of urban parks. The multifold cross-validation method is used to reduce
the influence of overfitting, and the local correlation graph generated by the model may
produce abnormal noise values in the interval with few samples. We can combine the
distribution of samples to weaken the unreliable estimation interval, and its approximation
function f (x) of a group of independent variables X is the approximation function f (x) of
multiple single decision trees h(x; am):

f (x) =
M

∑
m=1

fm(x) =
M

∑
m=1

βmh(x; am) (5)

where M is the number of decision trees, am is the residual coefficient of a single decision tree
h(x; am), and βm is the parameter minimizing the loss function L. The Gradient boosting
algorithm, which is implemented as follows:

First, initialize the decision tree:

f0(x) = argminβ

N

∑
i=1

L(yi, β) (6)

The total loss for all N samples is as follows:

Lall =
N

∑
i=1

L(yi, fm(xi)) (7)

where yi and fm(xi) are the actual value of sample xi and the predicted value of m models,
respectively. For each iteration, its negative gradient function is as follows:

ỹim = −
[

∂L(yi, f (xi))

∂ f (xi)

]
f= fm−1

(8)

The gradient descent step is calculated as follows:

βm = argminβ

N

∑
i=1

L(yi, fm−1(xi) + βh(xi; am)) (9)

We can then update the calculation results to the model, and introduce the learning
rate to control the contribution of each base tree, as follows:

fm(x) = fm−1(x) + ξ · βmh(x; am), where 0 < ξ ≤ 1 (10)
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The final model is as follows:

f (x) =
M

∑
m=1

fm(x) (11)

Better model results can be obtained by adjusting the hyperparameters in the model.
A low learning rate can improve the prediction effect of the model, but more decision
trees need to be added. In order to balance the running time and prediction performance,
5000 decision trees were selected, and the learning rate was set at 0.001. Moreover, a
quintuple cross-validation method was introduced to reduce the influence of overfitting.
The original dataset was divided into five parts, four different subsets were used for fitting
in each iteration, and the remaining subsets were validated.

3. Results
3.1. Spatial Equality in Accessibility by Two Traffic Modes
3.1.1. Spatial Accessibility for Two Traffic Modes

The accessibility of PGSs within 15 min via two traffic modes was analyzed using the
2SFCA method; Figure 2 shows the results. The areas with high walking accessibility are
mainly located in eastern Hongshan, western Hanyang, Qiaokou, central Wuchang, and
northern Qingshan, such as Yangchun Lake, the east of Yanxi Lake, and the Sand Lake.
Areas with low accessibility are prominent in the south of Wuchang, the southwest of
Hongshan, and the west of Yanxi Lake. More than 90% of the regions have high driving
accessibility—especially the areas around the East Lake in Hongshan and both sides of
the Yangtze River, such as the Hankou River beach and Wuchang River beach. In contrast,
southern Wuchang, southwest Hongshan, and the east of Yanxi Lake have low accessibility.
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Figure 2. Spatial distribution of the accessibility of PGSs in the central urban area of Wuhan.

3.1.2. Spatial Equality in Accessibility

Table 2 shows that the inequality of accessibility by walking is much higher than
that by driving throughout the whole region. The overall Gini coefficient of walking is as
high as 0.96, and most of the districts—especially Hongshan and Qingshan—have obvious
inequities. Although the overall Gini coefficient of driving is up to 0.51, most of the districts
have higher equity (except for Hongshan), such as Hanyang and Qiaokou. Although the
equity in some districts is not satisfactory, some of the streets have high equity. Therefore,
the small-scale equity is also worth examining and discussing.
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Table 2. Gini coefficients of different districts under two traffic modes.

Districts Name Grid Numbers Gini—Walking Gini—Driving

Jiangan 792 0.71 0.38
Jianghan 609 0.82 0.44
Qiaokou 107 0.93 0.37
Wuchang 181 0.92 0.43
Hongshan 167 0.98 0.54
Qingshan 1244 0.93 0.38
Hanyang 568 0.88 0.29
Overall 3684 0.96 0.51

Figure 3 illustrates the spatial equity of PGSs at the street scale. Significantly more
areas have a high Gini coefficient in walking than in driving. Almost all of the streets of
the urban center are areas with a high Gini coefficient by walking, except for a few streets
in Jiangan, Jianghan, and Hongshan, such as Yiyuan Street, Taibei Street, and Shanghai
Street. The Gini coefficient of most streets by driving is less than 0.4, which indicates that
the inequity of residents’ enjoyment of PGSs is lower than that by walking. A few areas
with high values are mainly distributed in the eastern and southern edges of Hongshan,
which is consistent with the results of the Gini coefficient at the regional scale (see Table 3).
Moreover, the areas with a low Gini coefficient under both modes are consistent, such
as the east of Qiaokou and some streets in the north of Hanyang. The results suggest
that some regions may show low equity when the demand and the supply of PGSs are
relatively insufficient in the process of urban development, which may occur due to changes
in population concentration, the improvement of road planning, and the increase in the
number of parks. In addition, the overall equity of the district is not entirely consistent
with the street level, and a possible reason for this is the inconsistency of the increase in
the range of the community population, PGSs, and roads. The specific reasons need to be
further explored.
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Table 3. Relative importance of three categories of influencing factors on the service equity of PGSs
(%).

Variables OLS Model GBDT Model (Rank/Relative Importance (%))

AI—Driving Gini—Walking Gini—Driving AI—Walking AI—Driving Gini—Walking Gini—Driving
Park characteristic factors (the sum of all relative importance) 1.92 5.42 14.45 20.24

PCAR 0.029 −0.003 −0.006 (10) 1.88 (9) 2.84 (4) 6.21 (7) 7.53
PTN −0.008 0.098 0.003 (15) 0.04 (14) 0.04 (15) 0.54 (15) 1.95
SAD −0.285 0.308 0.118 (7) 4.18 (12) 2.53 (2) 7.70 (1) 10.76

Built environment factors (the sum of all relative importance) 28.56 60 67.25 51.76
P-NDVI −0.432 0.062 0.233 (6) 4.74 (2) 23.13 (8) 5.47 (12) 4.75

RD 91.090 −46.123 −0.834 (14) 0.45 (5) 7.46 (7) 5.57 (10) 5.41
RI 0.000 0.003 0.000 (11) 1.88 (8) 2.90 (6) 5.80 (6) 7.96
PC 0.370 −0.014 −0.069 (9) 2.32 (4) 8.01 (3) 6.68 (11) 5.29
PR −0.069 0.002 0.004 (12) 1.32 (3) 12.14 (1) 34.73 (3) 9.81
PI 0.219 0.069 −0.012 (3) 14.43 (11) 2.59 (10) 4.21 (2) 10.01

LUM −1.591 0.612 0.202 (8) 3.42 (7) 3.77 (9) 4.79 (5) 8.44
Socioeconomic factors (the sum of all relative importance) 65.34 34.56 18.28 28.08

PD 22.294 −0.271 −1.205 (1) 20.86 (1) 25.35 (5) 6.08 (13) 3.90
GDP −0.185 −0.036 0.000 (4) 13.75 (13) 1.06 (11) 3.96 (8) 6.76
RCG 0.032 0.005 0.002 (5) 12.87 (6) 5.27 (13) 3.32 (9) 5.93
PFBR 2.195 0.458 −0.071 (13) 0.51 (15) 0.20 (14) 1.44 (14) 3.03
IFA 0.008 0.002 0.000 (2) 17.35 (10) 2.68 (12) 3.48 (4) 8.46
R2 0.26 0.39 0.30 0.32 0.42 0.57 0.92

3.2. Nonlinear Influence on Accessibility and Equity
3.2.1. Analysis of the Relative Importance of Influencing Factors

By comparing the results of the OLS and GBDT models, we found that the R2 values
in OLS are lower than those in GBDT, indicating that the feasibility of OLS is low and
the linear relationships between the variables are weak. Therefore, the GBDT model was
adopted to explore the nonlinear effects of variables on accessibility and equity. Table 3
illustrates the relative importance and ranking of the independent variables. The sum of
the relative importance of all influencing factors is 100%.

PD had the largest contribution (20.86%) to the accessibility of PGS by walking, fol-
lowed by IFA (17.35%), PI (14.43%), GDP (13.75%), and RCG (12.87%). These five variables
explain more than half of the predicted results, whereas the importance of the other vari-
ables is similar, except for that of PTN (0.04%). PD also had the most significant contribution
(25.35%) to driving accessibility, followed by P-NDVI (23.15%), PR (12.14%), PC (8.01%),
and RD (7.46%), whereas the significance of other variables to PGS was at similar levels,
with weak explanatory power. Overall, socioeconomic and built environment factors
contributed the most to the accessibility by walking and driving, respectively, with good
explanatory power.

PR had the highest contribution (34.73%) to the equity of PGS by walking, followed
by SAD (7.70%), whereas the contribution of PTN was not significant. SAD (10.76%) had
the greatest contribution to the equity by driving, followed by PI (10.01%) and PR (9.81%),
whereas PTN had the lowest contribution. PR and SAD contributed the most to the equity
and accessibility by walking, with good explanatory value, while the built environment
had the most obvious influence on the equity by driving.

3.2.2. Threshold Effect of Key Variables in Accessibility

On the basis of the results of the GBDT model, we chose to analyze the key variables
whose rate of contribution was more than 7%. Since the original curve is too complex and
has too many details, we only need to know the approximate threshold range to make
reference for planning. Therefore, we use the smooth blue curve for non-linear analysis.
As shown in Figure 4, the PI, PD, IFA, GDP, and RCG are the five key variables affecting
accessibility by walking. When the PI reaches 1.5, the accessibility is the best. The impact on
accessibility is not significant when it reaches 3. PD is positively correlated with accessibility
to a certain extent. When it reaches 0.07, residents can enjoy the highest accessibility, but it
has almost no influence on accessibility when it is greater than 0.08. Both IFA and GDP



Int. J. Environ. Res. Public Health 2022, 19, 10357 10 of 17

are negatively correlated with accessibility, and the accessibility is the worst when the IFA
reaches 1 million/person and GDP reaches 0.3 million/person. With the increase in RCG
to 0.3 million/person, accessibility reaches the highest, and the accessibility is relatively
stable when it increases to 0.5 million/person.
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The variables P-NDVI, PR, PC, RD, and PD are the five key variables affecting the
driving accessibility (see Figure 5). Among the built environment factors, P-NDVI is
negatively correlated with accessibility to a certain extent. When P-NDVI reaches 0.4, the
accessibility is close to 1.5, whereas accessibility is almost unaffected when the P-NDVI
reaches 0.5. PR, PC, and RD are positively correlated with accessibility to some extent. The
interpretability of the model is good when the PR increases to 0.35, PC increases to 0.3, and
RD increases to 0.011, showing that residents can enjoy the best PGS service. However,
accessibility is relatively stable when they exceed the threshold. Among the socioeconomic
factors, PD is positively correlated with accessibility, and residents can enjoy the highest
accessibility when it reaches 0.05.
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3.2.3. Threshold Effects of Key Variables in Equity

The SAD of the park and the PR of the built environment are two key variables
affecting the equity by walking, and their rate of contribution accounts for nearly half
(see Figure 6). When the SAD is up to 0.1 km, residents can enjoy the greatest equity, while
inequity is most prominent when the SAD is 0.9 km; when the SAD is more than 1.5 km,
the explanatory power of the model is poor. The PR is negatively correlated with equity.
When it reaches 3, the model can be interpreted well, which means that residents can only
enjoy limited equity of PGSs; the equity is relatively stable when it exceeds 5.
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The three kinds of variables have different degrees of influence on the equity by
driving—especially the PCAR, SAD, PI, PR, LUM, RI, and IFA (see Figure 7). Equity
improves when the PCAR increases to 4 m2/person, and equity is relatively stable when it
exceeds the threshold. Moreover, inequity is highest when the SAD reaches 1 km. When
the PI reaches its minimum, which is close to 0, the equity is the best. However, the degree
of equity gradually decreases and tends to be stable when it reaches 0.9. Residents can
enjoy the best equity when the PR reaches 3, and the inequality rises gradually and tends to
be stable beyond this threshold. When the LUM reaches about 0.6, the inequity of residents’
enjoyment of park services is the worst. The inequity shows an obvious upward trend
when the mixed use of land increases to more than 0.6. When the RI increases to 400, the
equity constantly improves; the equity is not significantly affected when it exceeds 600. The
increase in IFA has a relatively stable impact on the equity of PGSs.
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4. Discussion
4.1. Advantages of the GBDT Method for Green Justice

This study explored a new nonlinear relationship between equity in accessibility and
multidimensional factors, which could rank the importance of these factors. Our findings
suggest that park characteristics [62], the built environment [10], and socioeconomic fac-
tors [30,32,47] present different impacts on the spatial accessibility and equity of PGSs,
which is consistent with the findings of previous studies. We identified key variables and
analyzed their synergistic and heterogeneous effects on accessibility and equity, which was
the difference between our study and others. Heterogeneity exists in the key variables,
thus affecting accessibility and equity. The improvement of accessibility may not alleviate
inequity, and the improvement of equity may not improve accessibility.

Comparing OLS with the GBDT model, our study further verified the advantages of
the GBDT model, in that it can reduce the influence of outliers, deal with multicollinearity
problems, and provide more accurate prediction results [63]. As the provision of green space
is mostly unevenly distributed, and tends to be spatially heterogeneous [3], simple statistical
methods such as global ordinary least squares (OLS) regression may not be applicable. The
homoscedasticity assumption of OLS may be violated and only produce space-constant
global relationships that only reflect the average conditions [32]. Nonetheless, several
variables have a significant impact on the accessibility and equity under the linear model.
For example, previous studies have confirmed the relationship between the distance and
efficiency of park utilization [17,64]. Specifically, residents with a distance of 100 m are
more willing to go to the park than residents who live more than 100 m from the park [65].
Our study also found that only RCG and SAD had significant effects on the accessibility
by walking and the equity by driving on the basis of OLS models (see Table 3). However,
the threshold effects on the accessibility and equity of PGSs, which may guide planning
practice, were not revealed. Studies suggest that the accessibility of urban green space is
low in communities with low levels of socioeconomic development [32], but the threshold
of economically disadvantaged communities causing low accessibility is unclear. If the
thresholds of key influencing variables can be clearly defined, then urban planning and
fine governance can be well guided. The GBDT model may be an appropriate method.
This model can not only deal with the multicollinearity problem, but also outputs the
potential nonlinear relationship between independent variables and dependent variables,
so as to reveal the threshold effect of changes in the accessibility of urban park green spaces.
Moreover, the nonlinear influencing variables can be ranked by relative importance, which
can guide the order of policy regulation.

Our applications and findings of the GBDT method bring three contributions to
existing research: First, accessibility and equity were used to evaluate green justice compre-
hensively. Previous studies have tended to take the center of the street as the origin when
measuring street accessibility, which is not consistent with reality [66]. This study measured
accessibility on the basis of grid scale, and calculated the average accessibility of streets.
The Gini coefficient was used to measure the spatial equity of streets and regions, providing
guidance for urban zoning and facilitating fine governance. Second, our study verified
that the GBDT model could better reveal the threshold effect of PGS equity compared with
traditional linear models using OLS. Third, our research focused more on areas where
accessibility and equity levels differ, and identified thresholds of key variables in different
scenarios. By adjusting the thresholds of key variables, urban planners can achieve differ-
ent regulatory objectives. For example, the HA-LE areas should give priority to relevant
policy adjustments that promote key variables of equity (see Figure 8), indicating better
planning practice that does more than emphasize the reconstruction of large parks far from
residential areas, as discussed in previous studies [34].
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4.2. Implications for Urban Planning Based on the Effects of Heterogeneity and Synergy

Our findings indicate that the key variables affecting spatial accessibility and equity
show strong synergistic and heterogeneous effects. In order to guide the planning practice,
we constructed four scenarios corresponding to the street unit for realistic park services
(see Figure 8): high accessibility with low equity (HA-LE), low accessibility with high
equity (LA-HE), low accessibility with low equity (LA-LE), and high accessibility with high
equity (HA-HE). Walking accessibility greater than 10 and driving accessibility greater
than 1 is regarded as high accessibility, and a Gini coefficient greater than 0.5 by the two
modes is considered low equity. The HA-HE areas by driving are mainly located in the core
areas of Wuhan’s urban center, but these areas are limited in terms of walking. These areas
showed that the key variables reached the threshold and presented synergistic effects. The
LA-LE areas by walking are mainly distributed in streets with obvious low accessibility and
low equity, except for the areas around the Sand Lake and East Lake. The low accessibility
is mainly because the values of key variables—such as PI, PD, IFA, GDP, and RCG—are
lower or higher than the optimal threshold. The main reason for low equity was the low
proportion of SAD and PR. The HA-LE areas by walking are mainly located in Wuchang’s
core area and some streets of Hongshan and Qiaokou, and only in Jiufeng Township by
driving. The priority should be given to key variables that have a relatively significant
impact on the equity of PGSs. The LA-HE areas are located in Jiangan and Qiaokou
for walking and the south of Hongshan for driving. Emphasis should be placed on key
variables that may have a relatively significant impact on accessibility, thereby facilitating
improvements in accessibility.

It can be seen that key variables in different modes have different nonlinear effects on
accessibility and equity, and sometimes the same variable has opposite effects, which may
be the result of the synergistic effects of different factors [67]. Therefore, the synergistic
effects of key variables should be considered in the LA-LE and HA-HE areas by adjusting
the same variables. The HA-LE and LA-HE areas need to adjust the key variables by hetero-
geneous effects according to the planning target, and targeted and specific urban planning
implications should be selected for regions with different scenarios for similar cities.

First, policy strategies should be given priority in HA-LE areas (see Figure 8), including
land-use and transportation policies. The resistance of the shortest distance between a
residential area and the nearest park should be taken into account, and it is best to shorten
the average distance as much as possible (to about 100 m). Industrial land should be
appropriately reduced near residential areas and green park areas. Meanwhile, the number
of road intersections affects residents’ travel time [68]; it should be reasonably increased
in the streets, and the total number ought to be at least 400 to improve road connectivity,
shorten the time need for residents to reach the park, and improve equity.

Second, the PD, SAD, PI, PR, IFA, LUM, and RI are key variables in walking and
driving. Therefore, land use, transportation, population, and economic policies play
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an important role in LA-HE areas. The population density of residential areas can be
appropriately increased so that the population can reach a balance between supply and
demand within a reasonable range, which may ensure that the parks are readily accessible
to residents [69]. A rise in RCG means an increase in consumer demand, which may
improve residents’ income, and income level has a significant influence the choice of travel
behavior. It is important to improve RCG and promote consumption, which can lead to
the improvement of accessibility. Appropriate adjustments should also be made to the
proportion and rational allocation of land use in streets [30]. For example, the PR and
PC should be increased to about 0.3. In addition, residential roads in streets should be
rationally planned to reduce the occurrence of dead-end roads.

Third, the synergistic effects of key variables on accessibility and equity should be
given more priority in LA-LE areas. In other words, priority should be given to key vari-
ables that have an impact on both accessibility and equity, while simultaneously adjusting
policies and programs related to these key variables to reach reasonable thresholds. Then,
other key variables should be gradually adjusted according to local conditions. In Wuhan,
the government should pay more attention to the inputs of economy in these areas and the
optimization of the built environment to improve the accessibility and equity, such as the
PI, PD, PR, IFA, GDP, RCG, etc. Among these variables, PR is the key variable of priority
adjustment, and its optimal threshold is close to 1 (see Figures 4–7).

4.3. Limitations

However, some limitations could be improved in future studies. First, we ignored the
differences in demand and preferences of different groups in enjoying park resources—for
example, the elderly tend to prefer the nearest park. Studies have shown that individual
behavioral intentions may have an important impact on accessibility [70]. Second, we
only considered the equity of green spaces by two modes of transport—walking and
driving—but other modes of transportation, such as cycling and public transportation,
should not be ignored. Most previous studies have shown that different traffic modes
result in different spatial accessibility [5]. Moreover, the dynamics of green space equity
and the influencing factors driving these changes were not considered in our study [47].
Therefore, future studies could measure the accessibility and equity of PGSs based on the
attributes of different groups and other modes of transportation, and could try to study the
spatiotemporal changes and driving factors of PGSs from a process perspective.

5. Conclusions

This study applied the GBDT model to investigate the nonlinear relationships between
multiple variables and equity in accessibility in Wuhan’s central districts. Our findings
offer several insights for urban green space planning and urban health. The analysis of the
spatial distribution differences of accessibility and equity of PGSs enables us to have a better
understanding of green justice in urban areas. Accessibility and Gini coefficients can be
used as the effective indicators to evaluate green justice. The nonlinear regression analysis
through the GBDT model was used to discuss the influencing factors of accessibility and
equity, and helped us to highlight the relative importance of key variables as well as their
synergies and differences, showing the advantages of the nonlinear model. Moreover,
we classified the streets as different combination types (i.e., HA-LE, LA-HE, LA-LE, and
HA-HE) according their accessibility and equity. We found that accessibility or equity
should be improved for different types of streets, and offered specific planning suggestions,
making our analysis clear and concrete. These findings demonstrate the importance of the
nonlinear analysis and threshold effects in the GBDT model to provide specific guidance
and effective strategies for green space decision-makers and planners. Future studies could
explore other themes—such as green space demand, travel behavior prediction, public
health, and environmental justice—by taking advantage of the GBDT model.



Int. J. Environ. Res. Public Health 2022, 19, 10357 15 of 17

Author Contributions: Conceptualization, L.X.; methodology, H.H. and Y.L.; software, S.D.; valida-
tion, H.H.; formal analysis, S.D.; investigation, Y.L.; resources, H.H.; data curation, H.H.; writing—
original draft preparation, S.D. and L.X.; writing—review and editing, Y.L. and L.X.; visualization,
S.D.; supervision, L.X.; project administration, L.X.; funding acquisition, L.X. All authors have read
and agreed to the published version of the manuscript.

Funding: This research was funded by the Ministry of Education, Humanities, and Social Science
Fund of China, grant number 21YJCZH185; and the Natural Science Foundation of Hubei Province,
grant number 2020CFB483.

Institutional Review Board Statement: Not applicable.

Informed Consent Statement: Not applicable.

Data Availability Statement: Not applicable.

Acknowledgments: We would like to give our thanks to all partners involved in our study. We also
wish to give our thanks to the editor and reviewers for their valuable comments and suggestions.

Conflicts of Interest: The authors declare no conflict of interest.

References
1. Lee, A.C.K.; Maheswaran, R. The health benefits of urban green spaces: A review of the evidence. J. Public Health 2011, 33,

212–222. [CrossRef] [PubMed]
2. Chiesura, A. The role of urban parks for the sustainable city. Landsc. Urban Plan. 2004, 68, 129–138. [CrossRef]
3. Kabisch, N.; Haase, D. Green justice or just green? Provision of urban green spaces in Berlin, Germany. Landsc. Urban Plan. 2014,

122, 129–139. [CrossRef]
4. Markevych, I.; Schoierer, J.; Hartig, T.; Chudnovsky, A.; Hystad, P.; Dzhambov, A.M.; de Vries, S.; Triguero-Mas, M.; Brauer, M.;

Nieuwenhuijsen, M.J.; et al. Exploring pathways linking greenspace to health: Theoretical and methodological guidance. Environ.
Res. 2017, 158, 301–317. [CrossRef]

5. Dony, C.C.; Delmelle, E.M.; Delmelle, E.C. Re-conceptualizing accessibility to parks in multi-modal cities: A Variable-width
Floating Catchment Area (VFCA) method. Landsc. Urban Plan. 2015, 143, 90–99. [CrossRef]

6. Wustemann, H.; Kalisch, D.; Kolbe, J. Access to urban green space and environmental inequalities in Germany. Landsc. Urban
Plan. 2017, 164, 124–131. [CrossRef]

7. Crane, P.; Kinzig, A. Nature in the metropolis. Science 2005, 308, 1225. [CrossRef]
8. Wolch, J.R.; Byrne, J.; Newell, J.P. Urban green space, public health, and environmental justice: The challenge of making cities

‘just green enough’. Landsc. Urban Plan. 2014, 125, 234–244. [CrossRef]
9. Jennings, W.G.; Reingle, J.M. On the number and shape of developmental/life-course violence, aggression, and delinquency

trajectories: A state-of-the-art review. J. Crim. Justice 2012, 40, 472–489. [CrossRef]
10. Bruton, C.M.; Floyd, M.F. Disparities in built and natural features of urban parks: Comparisons by neighborhood level

race/ethnicity and income. J. Urban Health Bull. N. Y. Acad. Med. 2014, 91, 894–907. [CrossRef]
11. Rigolon, A. A complex landscape of inequity in access to urban parks: A literature review. Landsc. Urban Plan. 2016, 153, 160–169.

[CrossRef]
12. Lee, G.; Hong, I. Measuring spatial accessibility in the context of spatial disparity between demand and supply of urban park

service. Landsc. Urban Plan. 2013, 119, 85–90. [CrossRef]
13. Dai, D. Racial/ethnic and socioeconomic disparities in urban green space accessibility: Where to intervene? Landsc. Urban Plan.

2011, 102, 234–244. [CrossRef]
14. Byrne, J.; Wolch, J. Nature, race, and parks: Past research and future directions for geographic research. Prog. Hum. Geogr. 2009,

33, 743–765. [CrossRef]
15. Yao, L.; Liu, J.R.; Wang, R.S.; Yin, K.; Han, B.L. Effective green equivalent-A measure of public green spaces for cities. Ecol. Indic.

2014, 47, 123–127. [CrossRef]
16. Xing, L.J.; Liu, Y.F.; Wang, B.S.; Wang, Y.H.; Liu, H.J. An environmental justice study on spatial access to parks for youth by using

an improved 2SFCA method in Wuhan, China. Cities 2020, 96, 102405. [CrossRef]
17. Jackson, L.E. The relationship of urban design to human health and condition. Landsc. Urban Plan. 2003, 64, 191–200. [CrossRef]
18. Nicholls, S. Measuring the accessibility and equity of public parks: A case study using GIS. Manag. Leis. 2001, 6, 201–219.

[CrossRef]
19. Moore, L.V.; Diez Roux, A.V.; Evenson, K.R.; McGinn, A.P.; Brines, S.J. Availability of recreational resources in minority and low

socioeconomic status areas. Am. J. Prev. Med. 2008, 34, 16–22. [CrossRef]
20. Miyake, K.K.; Maroko, A.R.; Grady, K.L.; Maantay, J.A.; Arno, P.S. Not just a walk in the park: Methodological improvements for

determining environmental justice implications of park access in New York City for the promotion of physical activity. Cities
Environ. 2010, 3, 1–17. [CrossRef]

http://doi.org/10.1093/pubmed/fdq068
http://www.ncbi.nlm.nih.gov/pubmed/20833671
http://doi.org/10.1016/j.landurbplan.2003.08.003
http://doi.org/10.1016/j.landurbplan.2013.11.016
http://doi.org/10.1016/j.envres.2017.06.028
http://doi.org/10.1016/j.landurbplan.2015.06.011
http://doi.org/10.1016/j.landurbplan.2017.04.002
http://doi.org/10.1126/science.1114165
http://doi.org/10.1016/j.landurbplan.2014.01.017
http://doi.org/10.1016/j.jcrimjus.2012.07.001
http://doi.org/10.1007/s11524-014-9893-4
http://doi.org/10.1016/j.landurbplan.2016.05.017
http://doi.org/10.1016/j.landurbplan.2013.07.001
http://doi.org/10.1016/j.landurbplan.2011.05.002
http://doi.org/10.1177/0309132509103156
http://doi.org/10.1016/j.ecolind.2014.07.009
http://doi.org/10.1016/j.cities.2019.102405
http://doi.org/10.1016/S0169-2046(02)00230-X
http://doi.org/10.1080/13606710110084651
http://doi.org/10.1016/j.amepre.2007.09.021
http://doi.org/10.15365/cate.3182010


Int. J. Environ. Res. Public Health 2022, 19, 10357 16 of 17

21. Sister, C.; Wolch, J.; Wilson, J. Got green? addressing environmental justice in park provision. Geojournal 2010, 75, 229–248.
[CrossRef]

22. McCormack, G.R.; Rock, M.; Toohey, A.M.; Hignell, D. Characteristics of urban parks associated with park use and physical
activity: A review of qualitative research. Health Place 2010, 16, 712–726. [CrossRef]

23. Tao, Z.L.; Cheng, Y.; Liu, J.X. Hierarchical two-step floating catchment area (2SFCA) method: Measuring the spatial accessibility
to hierarchical healthcare facilities in Shenzhen, China. Int. J. Equity Health 2020, 19, 1–16. [CrossRef] [PubMed]

24. Rigolon, A. Parks and young people: An environmental justice study of park proximity, acreage, and quality in Denver, Colorado.
Landsc. Urban Plan. 2017, 165, 73–83. [CrossRef]

25. Nesbitt, L.; Meitner, M.J.; Girling, C.; Sheppard, S.R.J.; Lu, Y. Who has access to urban vegetation? A spatial analysis of
distributional green equity in 10 US cities. Landsc. Urban Plan. 2019, 181, 51–79. [CrossRef]

26. Wu, L.F.; Kim, S.K. Exploring the equality of accessing urban green spaces: A comparative study of 341 Chinese cities. Ecol. Indic.
2021, 121, 107080. [CrossRef]

27. Zhang, R.; Zhang, C.-Q.; Cheng, W.; Lai, P.C.; Schüz, B. The neighborhood socioeconomic inequalities in urban parks in a
High-density City: An environmental justice perspective. Landsc. Urban Plan. 2021, 211, 104099. [CrossRef]

28. Schuele, S.A.; Gabriel, K.M.A.; Bolte, G. Relationship between neighbourhood socioeconomic position and neighbourhood public
green space availability: An environmental inequality analysis in a large German city applying generalized linear models. Int. J.
Hyg. Environ. Health 2017, 220, 711. [CrossRef]

29. Wang, S.; Wang, M.; Liu, Y. Access to urban parks: Comparing spatial accessibility measures using three GIS-based approaches.
Comput. Environ. Urban Syst. 2021, 90, 101713. [CrossRef]

30. Zhang, J.; Yu, Z.; Cheng, Y.; Chen, C.; Wan, Y.; Zhao, B.; Vejre, H. Evaluating the disparities in urban green space provision in
communities with diverse built environments: The case of a rapidly urbanizing Chinese city. Build. Environ. 2020, 183, 107170.
[CrossRef]

31. Ayala-Azcarraga, C.; Diaz, D.; Zambrano, L. Characteristics of urban parks and their relation to user well-being. Landsc. Urban
Plan. 2019, 189, 27–35. [CrossRef]

32. Li, H.; Liu, Y. Neighborhood socioeconomic disadvantage and urban public green spaces availability: A localized modeling
approach to inform land use policy. Land Use Policy 2016, 57, 470–478. [CrossRef]

33. Xu, C.; Haase, D.; Pribadi, D.O.; Pauleit, S. Spatial variation of green space equity and its relation with urban dynamics: A case
study in the region of Munich. Ecol. Indic. 2018, 93, 512–523. [CrossRef]

34. Wei, F. Greener urbanization? Changing accessibility to parks in China. Landsc. Urban Plan. 2017, 157, 542–552. [CrossRef]
35. Handy, S. Is accessibility an idea whose time has finally come? Transp. Res. Part D Transp. Environ. 2020, 83, 102319. [CrossRef]
36. Yue, W.Z.; Fan, P.L.; Wei, Y.D.; Qi, J.G. Economic development, urban expansion, and sustainable development in Shanghai. Stoch.

Environ. Res. Risk Assess. 2014, 28, 783–799. [CrossRef]
37. Xiao, Y.; Wang, D.; Fang, J. Exploring the disparities in park access through mobile phone data: Evidence from Shanghai, China.

Landsc. Urban Plan. 2019, 181, 80–91. [CrossRef]
38. Kong, F.; Yin, H.; Nakagoshi, N. Using GIS and landscape metrics in the hedonic price modeling of the amenity value of urban

green space: A case study in Jinan City, China. Landsc. Urban Plan. 2007, 79, 240–252. [CrossRef]
39. Yan, J.; Zhang, G.; Ling, H.; Han, F. Comparison of time-integrated NDVI and annual maximum NDVI for assessing grassland

dynamics. Ecol. Indic. 2022, 136, 108611. [CrossRef]
40. Zhang, W.; Lu, D.; Zhao, Y.; Luo, X.; Yin, J. Incorporating polycentric development and neighborhood life-circle planning for

reducing driving in Beijing: Nonlinear and threshold analysis. Cities 2022, 121, 103488. [CrossRef]
41. Zhu, W.J.; Ding, C.; Cao, X.Y. Built environment effects on fuel consumption of driving to work: Insights from on-board

diagnostics data of personal vehicles. Transp. Res. Part D Transp. Environ. 2019, 67, 565–575. [CrossRef]
42. Wu, X.Y.; Tao, T.; Cao, J.S.; Fan, Y.L.; Ramaswami, A. Examining threshold effects of built environment elements on travel-related

carbon-dioxide emissions. Transp. Res. Part D Transp. Environ. 2019, 75, 1–12. [CrossRef]
43. Cao, X.S.; Yang, W.Y. Examining the effects of the built environment and residential self-selection on commuting trips and

the related CO2 emissions: An empirical study in Guangzhou, China. Transp. Res. Part D Transp. Environ. 2017, 52, 480–494.
[CrossRef]

44. Li, Z.; Fan, Z.; Song, Y.; Chai, Y. Assessing equity in park accessibility using a travel behavior-based G2SFCA method in Nanjing,
China. J. Transp. Geogr. 2021, 96, 103179. [CrossRef]

45. Khan, M.K.; Teng, J.-Z.; Khan, M.I.; Khan, M.O. Impact of globalization, economic factors and energy consumption on CO2
emissions in Pakistan. Sci. Total Environ. 2019, 688, 424–436. [CrossRef] [PubMed]

46. Jiang, L.; He, S.X.; Cui, Y.Z.; Zhou, H.F.; Kong, H. Effects of the socio-economic influencing factors on SO2 pollution in Chinese
cities: A spatial econometric analysis based on satellite observed data. J. Environ. Manag. 2020, 268, 110667. [CrossRef]

47. Xing, L.J.; Liu, Y.F.; Liu, X.J.; Wei, X.J.; Mao, Y. Spatio-temporal disparity between demand and supply of park green space service
in urban area of Wuhan from 2000 to 2014. Habitat Int. 2018, 71, 49–59. [CrossRef]

48. Wu, C.; Ye, X.Y.; Du, Q.Y.; Luo, P. Spatial effects of accessibility to parks on housing prices in Shenzhen, China. Habitat Int. 2017,
63, 45–54. [CrossRef]

49. Radke, J.; Mu, L. Spatial decompositions, modeling and mapping service regions to predict access to social programs. Geogr. Inf.
Sci. 2000, 6, 105–112. [CrossRef]

http://doi.org/10.1007/s10708-009-9303-8
http://doi.org/10.1016/j.healthplace.2010.03.003
http://doi.org/10.1186/s12939-020-01280-7
http://www.ncbi.nlm.nih.gov/pubmed/32957992
http://doi.org/10.1016/j.landurbplan.2017.05.007
http://doi.org/10.1016/j.landurbplan.2018.08.007
http://doi.org/10.1016/j.ecolind.2020.107080
http://doi.org/10.1016/j.landurbplan.2021.104099
http://doi.org/10.1016/j.ijheh.2017.02.006
http://doi.org/10.1016/j.compenvurbsys.2021.101713
http://doi.org/10.1016/j.buildenv.2020.107170
http://doi.org/10.1016/j.landurbplan.2019.04.005
http://doi.org/10.1016/j.landusepol.2016.06.015
http://doi.org/10.1016/j.ecolind.2018.05.024
http://doi.org/10.1016/j.landurbplan.2016.09.004
http://doi.org/10.1016/j.trd.2020.102319
http://doi.org/10.1007/s00477-012-0623-8
http://doi.org/10.1016/j.landurbplan.2018.09.013
http://doi.org/10.1016/j.landurbplan.2006.02.013
http://doi.org/10.1016/j.ecolind.2022.108611
http://doi.org/10.1016/j.cities.2021.103488
http://doi.org/10.1016/j.trd.2019.01.013
http://doi.org/10.1016/j.trd.2019.08.018
http://doi.org/10.1016/j.trd.2017.02.003
http://doi.org/10.1016/j.jtrangeo.2021.103179
http://doi.org/10.1016/j.scitotenv.2019.06.065
http://www.ncbi.nlm.nih.gov/pubmed/31247484
http://doi.org/10.1016/j.jenvman.2020.110667
http://doi.org/10.1016/j.habitatint.2017.11.002
http://doi.org/10.1016/j.habitatint.2017.03.010
http://doi.org/10.1080/10824000009480538


Int. J. Environ. Res. Public Health 2022, 19, 10357 17 of 17

50. Luo, W.; Wang, F.H. Measures of spatial accessibility to health care in a GIS environment: Synthesis and a case study in the
Chicago region. Environ. Plan. B Plan. Des. 2003, 30, 865–884. [CrossRef]

51. Luo, W.; Qi, Y. An enhanced two-step floating catchment area (E2SFCA) method for measuring spatial accessibility to primary
care physicians. Health Place 2009, 15, 1100–1107. [CrossRef] [PubMed]

52. Jamtsho, S.; Corner, R.; Dewan, A. Spatio-temporal analysis of spatial accessibility to primary health care in Bhutan. ISPRS Int. J.
Geo-Inf. 2015, 4, 1584–1604. [CrossRef]

53. Delamater, P.L. Spatial accessibility in suboptimally configured health care systems: A modified two-step floating catchment area
(M2SFCA) metric. Health Place 2013, 24, 30–43. [CrossRef]

54. Liang, H.L.; Zhang, Q.P. Assessing the public transport service to urban parks on the basis of spatial accessibility for citizens in
the compact megacity of Shanghai, China. Urban Stud. 2018, 55, 1983–1999. [CrossRef]

55. Langford, M.; Higgs, G.; Fry, R. Multi-modal two-step floating catchment area analysis of primary health care accessibility. Health
Place 2016, 38, 70–81. [CrossRef] [PubMed]

56. Wu, H.Y.; Wang, L.X.; Zhang, Z.H.; Gao, J. Analysis and optimization of 15-minute community life circle based on supply and
demand matching: A case study of Shanghai. PLoS ONE 2021, 16, e0256904. [CrossRef]

57. Lorenz, M.O. Methods of measuring the concentration of wealth. Publ. Am. Stat. Assoc. 1905, 9, 209–219. [CrossRef]
58. Yaping, M.; Shifeng, F. Research of reference evapotranspiration‘s simulation based on machine learning. J. Geo-Inf. Sci. 2020, 22,

1692–1701.
59. Friedman, J.H. Greedy function approximation: A gradient boosting machine. Ann. Stat. 2001, 29, 1189–1232. [CrossRef]
60. Chen, E.H.; Ye, Z.R.; Wu, H. Nonlinear effects of built environment on intermodal transit trips considering spatial heterogeneity.

Transp. Res. Part D-Transp. Environ. 2021, 90, 102677. [CrossRef]
61. Tao, T.; Wang, J.; Cao, X. Exploring the non-linear associations between spatial attributes and walking distance to transit. J. Transp.

Geogr. 2020, 82, 102560. [CrossRef]
62. Zuniga-Teran, A.A.; Stoker, P.; Gimblett, R.H.; Orr, B.J.; Marsh, S.E.; Guertin, D.P.; Chalfoun, N.V. Exploring the influence of

neighborhood walkability on the frequency of use of greenspace. Landsc. Urban Plan. 2019, 190, 103609. [CrossRef]
63. Elith, J.; Leathwick, J.R.; Hastie, T. A working guide to boosted regression trees. J. Anim. Ecol. 2008, 77, 802–813. [CrossRef]

[PubMed]
64. Sallis, J.F.; Floyd, M.F.; Rodriguez, D.A.; Saelens, B.E. Role of built environments in physical activity, obesity, and cardiovascular

disease. Circulation 2012, 125, 729–737. [CrossRef]
65. Evenson, K.R.; Wen, F.; Hillier, A.; Cohen, D.A. Assessing the contribution of parks to physical activity using global positioning

system and accelerometry. Med. Sci. Sports Exerc. 2013, 45, 1981–1987. [CrossRef]
66. Chen, Y.; Yue, W.; La Rosa, D. Which communities have better accessibility to green space? An investigation into environmental

inequality using big data. Landsc. Urban Plan. 2020, 204, 103919. [CrossRef]
67. Liu, Y.; Wang, R.; Xiao, Y.; Huang, B.; Chen, H.; Li, Z. Exploring the linkage between greenness exposure and depression among

chinese people: Mediating roles of physical activity, stress and social cohesion and moderating role of urbanicity-sciencedirect.
Health Place 2019, 58, 102168. [CrossRef]

68. Liu, B.; Tian, Y.; Guo, M.; Tran, D.; Alwah, A.A.Q.; Xu, D. Evaluating the disparity between supply and demand of park green
space using a multi-dimensional spatial equity evaluation framework. Cities. 2022, 121, 103484. [CrossRef]

69. Hu, S.J.; Song, W.; Li, C.G.; Lu, J. A multi-mode Gaussian-based two-step floating catchment area method for measuring
accessibility of urban parks. Cities 2020, 105, 102815. [CrossRef]

70. Yen, Y.; Wang, Z.; Shi, Y.; Xu, F.; Soeung, B.; Sohail, M.T.; Rubakula, G.; Juma, S.A. The predictors of the behavioral intention
to the use of urban green spaces: The perspectives of young residents in Phnom Penh, Cambodia. Habitat Int. 2017, 64, 98–108.
[CrossRef]

http://doi.org/10.1068/b29120
http://doi.org/10.1016/j.healthplace.2009.06.002
http://www.ncbi.nlm.nih.gov/pubmed/19576837
http://doi.org/10.3390/ijgi4031584
http://doi.org/10.1016/j.healthplace.2013.07.012
http://doi.org/10.1177/0042098017705846
http://doi.org/10.1016/j.healthplace.2015.11.007
http://www.ncbi.nlm.nih.gov/pubmed/26798964
http://doi.org/10.1371/journal.pone.0256904
http://doi.org/10.2307/2276207
http://doi.org/10.1214/aos/1013203451
http://doi.org/10.1016/j.trd.2020.102677
http://doi.org/10.1016/j.jtrangeo.2019.102560
http://doi.org/10.1016/j.landurbplan.2019.103609
http://doi.org/10.1111/j.1365-2656.2008.01390.x
http://www.ncbi.nlm.nih.gov/pubmed/18397250
http://doi.org/10.1161/CIRCULATIONAHA.110.969022
http://doi.org/10.1249/MSS.0b013e318293330e
http://doi.org/10.1016/j.landurbplan.2020.103919
http://doi.org/10.1016/j.healthplace.2019.102168
http://doi.org/10.1016/j.cities.2021.103484
http://doi.org/10.1016/j.cities.2020.102815
http://doi.org/10.1016/j.habitatint.2017.04.009

	Introduction 
	Materials and Methods 
	Study Area and Data 
	Variables 
	Methods 
	The Gaussian-Based 2SFCA Method for Accessibility 
	The Gini Coefficient for Spatial Equity 
	The Gradient Boosting Decision Tree (GBDT) Model 


	Results 
	Spatial Equality in Accessibility by Two Traffic Modes 
	Spatial Accessibility for Two Traffic Modes 
	Spatial Equality in Accessibility 

	Nonlinear Influence on Accessibility and Equity 
	Analysis of the Relative Importance of Influencing Factors 
	Threshold Effect of Key Variables in Accessibility 
	Threshold Effects of Key Variables in Equity 


	Discussion 
	Advantages of the GBDT Method for Green Justice 
	Implications for Urban Planning Based on the Effects of Heterogeneity and Synergy 
	Limitations 

	Conclusions 
	References

