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Abstract: Diabetes mortality in Shandong is higher than the national average in China. This study
first explored diabetes mortality variation spatially at the county/district level among adults aged
over 30 years in terms of age and gender, specifically by season. Daily diabetes mortality data were
collected from 31 mortality surveillance points across Shandong Province in 2014. A geographic
information system, spatial kriging interpolation and a spatial clustering method were used to
examine the spatial patterns of diabetes mortality at the county/district level by season. Sensitivity
analysis was conducted using diabetes mortality data from 10 mortality surveillance points from
2011 to 2020. As a result, the total diabetes mortality in eastern counties/districts was the highest
(relative risk (RR) of cluster: 1.58, p = 0.00) across the whole province. For subgroups, women had
higher mortality (16.84/100,000) than men (12.15/100,000), people aged over 75 years were the most
vulnerable (93.91/100,000) and the highest-risk season was winter. However, the mortality differences
between winter and summer were smaller in eastern and coastal regions than in other regions for
all gender- and age-specific groups. The findings provide further evidence for early warning and
precision preventative strategies for diabetes mortality in different regions of Shandong Province.
Future research is required to identify the risk factors for diabetes and understand the differences in
the social and environmental contexts.

Keywords: diabetes; Shandong; spatial; cluster; season

1. Introduction

The burden of diabetes is increasing worldwide, characterized by high levels of blood
glucose, and poses a serious threat to global societies [1]. The updated 2030 estimate of
people with diabetes is 552 million around the world (10% of the world’s adult popula-
tion) [2]. With symptoms such as polyuria, polydipsia and fatigue, the long-term effects or
late diagnosis of diabetes can induce complications that seriously decrease the quality of
daily life, such as diabetes nephropathy, neuropathy, retinopathy, and other vascular com-
plications [1,3]. From 2000 to 2019, global deaths due to diabetes increased by 3%, whereas
deaths from chronic respiratory diseases, cardiovascular disease and cancer dropped by
37%, 27% and 16%, respectively [4]. For China, 1.7 million deaths were caused by diabetes
in 2019, accounting for 11.15% of global diabetes deaths [5].
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Shandong is the second-largest population province in China with a population of
around 100 million [6]. Diabetes was ranked as the sixth-highest cause of death in the
2016 Report on Disease and Health Status of Residents in Shandong, with higher mortality
than the national average [7]. In 2015, diabetes mortality was reported at 13.86/100,000
in Shandong, whereas the rate across China in 2016 was 10.30/100,000 [8,9]. Therefore,
given the large number of vulnerable populations across Shandong, it would be of great
interest to investigate the spatial and temporal pattern of the diabetes burden to provide
suggestions for more targeted health management and promotion policies.

However, to date, previous studies only focused on the prevalence of diabetes through
surveys in several cities in Shandong Province [8,10,11]. In the past ten years, only two
studies explored diabetes mortality in Shandong, but they did not involve spatial analysis
or consider age- or gender-specific diabetes mortality differences by season. One study in
Jinan city found that diabetes mortality was 6.06/100,000, and the mortality in men was
lower than in women (the ratio was 0.84) from 2011 to 2015, without spatial analysis [12].
Another study showed diabetes mortality across Shandong in 2015 at the city level with
no subgroup or spatial pattern exploration [8]. Hence, little evidence could be found for
Shandong Province regarding the spatial or seasonal distribution of diabetes mortality
among genders and age groups in the last decade.

The key objective of this study is to evaluate the spatial pattern of diabetes mortality
and its seasonal distribution among subgroups by age and gender to identify potential
high-risk areas and periods. The findings could provide crucial information about current
spatial and seasonal discrepancies and suggest future interventions.

2. Materials and Methods
2.1. Data Source

Diabetes deaths were extracted from the China National Death Surveillance System.
The system covers 605 death surveillance points at the county/district level across China,
after expanding from 161 points in 2013. The surveillance points were selected from
31 provinces by a multistage stratification based on the sociodemographic characteristics
of the population [13]. The cause of death is registered by applying the rules in the tenth
revision of the International Classification of Diseases (ICD-10) [14]. Trained and qualified
doctors at all medical institutions in the surveillance counties/districts are responsible for
reporting death cases of all ages to the Center for Disease Control and Prevention (CDC)
through an internet-based system [15,16].

In order to reduce the potential bias caused by spatial estimation, we chose 2014 as
the study period because there were 31 accessible surveillance data points, which is the
maximum number of surveillance points from 2011 to 2020. In total, it is a population
of 15,184,921 individuals aged over 30 years old. Diabetes death cases were diagnosed
with diabetes being the underlying cause of death by qualified and trained medical staff
and then were registered in the system by ICD codes: E10-E14 (diabetes mellitus, E10:
type 1 diabetes mellitus; E11: type 2 diabetes mellitus; E12: malnutrition-related diabetes
mellitus; E13: other specified diabetes mellitus; E14: unspecified diabetes mellitus) [13,14].
For populations specified by each surveillance point, age and gender were collected by
Shandong CDC from the national registration system. Sensitivity analysis was performed
using 2011–2020 data to check the robustness of the results.

2.2. Data Analysis

Due to few non-null values of diabetes cause of death under 30 years of age, this
study only included death cases aged over 30 years old to identify seasonal and spatial
patterns. ArcGIS (version 10.8) was used to map spatial patterns of diabetes mortality by
age and gender. The Joinpoint Regression model (Joinpoint Regression Program, Version
4.9.1.0) was used to investigate trend changes in mortality by age groups. The significance
of change was tested by a Monte Carlo permutation method [17]. The population aged
over 30 years old was divided into three age groups, i.e., 30 to 60 years, 60 to 75 years and
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over 75 years. Seasons in this study were defined as spring (March to May), summer (June
to August), autumn (September to November) and winter (December to February).

Ordinary kriging interpolation was used to depict the spatial variability in diabetes
mortality [18]. The zonal function in ArcGIS converted estimated kriging data into the
county/district level. Moran’s I was used to assess the overall spatial autocorrelation, and
the Local Indicators of Spatial Association (LISA) map was used to detect areas of high or
low mortality [19,20]. As a measure of spatial autocorrelation, Moran’s I can indicate the
correlation between neighboring characteristics of a similar phenomenon [20]. Moran’s I
value varies from −1 to 1, where 1 indicates a maximum positive association, −1 indicates
a maximum negative association and zero means a completely random spatial pattern.
Although Moran’s I identifies the type and strength of spatial autocorrelations, it cannot
reveal the location of the significant spatial clusters and outliers. In this case, a LISA map
was used through the Geoda software (subversion 1.20.0.20) to detect the spatial clusters
by the high-high type (hot spot) and the low-low type (cold spot) and to detect the spatial
outliers by the high-low type and the low-high type [19].

SaTScan (version 10.1) was used to identify spatial clusters. SaTScan has been widely
used in spatial clustering analysis by conducting discrete scan statistics [21]. In the cur-
rent study, purely spatial scanning analysis with both low-rate and high-rate areas was
conducted with the discrete Poisson model for the population at risk. All findings were
mapped in ArcGIS.

To further explore the characteristics of the spatial distribution, negative binomial
regression was used to assess the potential associations between age- and gender-specific
diabetes mortality and geographical information (i.e., longitude, latitude and elevation [22])
due to the overdispersion of the mortality data (ratio of residual deviance and degrees of
freedom > 1). The analysis was conducted by using R software (version 4.2.1).

Finally, to confirm the robustness of the spatial and temporal results in this study,
data from ten surveillance points in Shandong Province from 2011 to 2020 were selected to
conduct similar spatial and seasonality exploration.

3. Results
3.1. Descriptive Analyses

Figure 1 shows the distribution of 31 surveillance points at the county/district level
in 2014 across Shandong Province. A total of 2201 cases (aged over 30 years old) were
recorded as diabetes-caused deaths in the Death Surveillance System in Shandong Province
in 2014. Figure 2 maps the distribution of mortality in 2014 at the county/district level. The
mortality of diabetes varied in subpopulations and seasons (Table 1). First, the mortality in
women (16.84/100,000) was higher than it was in men (12.15/100,000). Second, mortality
increased with age. The highest mortality was 93.91/100,000 in the group aged over
75 years old, and the lowest was 3.19/100,000 in the subpopulation aged 30 to 60 years.
Third, mortality was consistently highest in the winter season for each subpopulation in
this study.

Table 1. The distribution of diabetes death by gender, age and season in 31 death surveillance points
in Shandong Province, China, 2014.

Characteristics No. of Death (n, %) Population Rate (per 100,000)

Gender
Men 923 7,595,650 12.15

Spring 237 (26%) 3.12
Summer 195 (21%) 2.57
Autumn 215 (23%) 2.83
Winter 276 (30%) 3.63

Women 1278 7,589,271 16.84
Spring 330 (26%) 4.35
Summer 284 (22%) 3.74
Autumn 312 (24%) 4.11
Winter 352 (28%) 4.64
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Table 1. Cont.

Characteristics No. of Death (n, %) Population Rate (per 100,000)

Age
30–60 351 11,001,247 3.19

Spring 94 (27%) 0.85
Summer 78 (22%) 0.71
Autumn 72 (21%) 0.65
Winter 107 (30%) 0.97

60–75 812 3,078,369 26.38
Spring 217 (27%) 7.05
Summer 162 (20%) 5.26
Autumn 191 (24%) 6.20
Winter 242 (30%) 7.86

75– 1038 1,105,305 93.91
Spring 256 (25%) 23.16
Summer 239 (23%) 21.62
Autumn 264 (25%) 23.88
Winter 279 (27%) 25.24
Total (30–) 2201 15,184,921 14.49
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3.2. Spatial Autocorrelation and Interpolation

The result of spatial autocorrelation analysis shows that overall, there was a positive
spatial autocorrelation (Local Moran’s I = 0.613, p = 0.02) between the mortality of diabetes
among the 31 surveillance points. Then, the spatial interpolation of the yearly estimated
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rates was mapped with the statistically significant clusters from the SaTScan results; de-
tailed cluster characteristics in this study can be found in Table S1. Figure 3A indicates the
high-risk cluster (relative risk (RR): 1.58, including 27 counties) in the eastern region and the
low-risk cluster (RR: 0.71, including 68 counties) in the north-western region of Shandong
Province. The LISA map shows a similar spatial autocorrelation result (Figure 3B).
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tion map (B) of all counties or districts in Shandong Province, China, 2014.

Figure 4 lists the rank of counties with the highest ten and lowest five mortalities of
diabetes for total, gender- and season-specific groups. Counties/districts in coastal and
eastern cities, such as Weihai, Yantai and Qingdao, had the highest annual mortalities.
Moreover, mortalities among women were much higher than among men in this region.
Regarding the mortality difference between winter and summer, mortalities in eastern and
coastal districts were ranked the lowest. Conversely, in western counties/districts, annual
diabetes mortalities were relatively lower and the gender differentiations were less than
those in the eastern counties/districts. However, the difference in mortalities between
winter and summer was greater in western counties/districts compared with the difference
in eastern counties/districts.
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mortality in winter and mortality in summer (calculated as the mortality in winter minus mortality
in summer).

3.3. Spatial Clusters

For spatial clusters by gender (Figure 5), the eastern region was a statistically signifi-
cant high-risk region for both women (RR: 1.79, p = 0.00) and men (RR: 1.62, p = 0.00), and
the northern region was included in the low-rate clusters for men (RR: 0.77, p = 0.00) and
women (RR: 0.64, p = 0.00). In addition, the spatial clustering of the difference between
women and men (mortality rates in women minus rates in men) in the whole year revealed
that women could even be at lower risk than men in several western counties, which was
significantly different from the eastern region (RR: 2.81, p = 0.00).
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The clustering of diabetes mortality increased significantly with age. Among the
three age groups, there was no cluster with the highest rate of 6.52/100,000 among the
30 to 60 years group. However, in the 60–75-year-old group, there were two statistically
significant clusters, and the lowest rate was 15.83/100,000 (Figure 6). The high-rate cluster
was in the eastern region (RR: 1.35, p = 0.00) and the low-rate cluster was in the northern
region (RR: 0.78, p = 0.00). The group aged over 75 years had the biggest low- and high-rate
clusters. The low-rate cluster included 67 counties (RR: 0.65, p = 0.00), of which, 33 counties
were in the 60– 75-year-old group. Furthermore, two high-rate clusters included 16 and
24 counties (RR: 1.12, p = 0.04 and RR: 1.72, p = 0.00) separately in the over-75-year-old
group, of which, 11 (RR:1.35, p = 0.00) were in the 60–75-year-old group.
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3.4. Geographical Associations

From the results above, diabetes mortality shows a tendency to increase from west
to east in Shandong Province. The associations between mortalities and geographical
factors (longitude, latitude and elevation) were assessed by univariate and multivariate
negative binomial regression (Table 2). Longitude was positively associated with mortalities
(ORs > 1), which is consistent with the tendency shown in the maps above and indicates
again that the eastern region of Shandong with higher longitudes could be a high-risk
region. Elevation was evaluated to have a positive association with mortality in some
groups, but was not statistically significant (p ≥ 0.05) in men and in the population aged
30–60 and over 75 years old. Latitude did not show significant associations with mortalities
in this study.
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Table 2. The associations between diabetes mortality with longitude, latitude and elevation (100 m)
in 31 surveillance points, crude and adjusted odds ratio (OR) and 95% confidence interval (CI) in the
negative binomial model (longitude, latitude and elevation (100 m)).

Variables

Crude OR (95%CI) Adjusted OR (95%CI)

All
Gender Age

All
Gender Age

Men Women 30–60 60–75 75– Men Women 30–60 60–75 75–

Longitude
1.13

(1.10–
1.16)

1.12
(1.08–
1.16)

1.18
(1.15–
1.21)

1.18
(1.15–
1.21)

1.03
(1.01–
1.05)

1.14
(1.11–
1.16)

1.11
(1.01–
1.23)

1.08
(0.99–
1.19)

1.17
(1.09–
1.25)

1.04
(0.91–
1.19)

1.01
(0.94–
1.07)

1.21
(1.11–
1.33)

Latitude
1.00

(0.95–
1.06)

1.04
(0.97–
1.11)

1.02
(0.96–
1.09)

0.93
(0.83–
1.04)

1.02
(0.98–
1.06)

0.96
(0.91–
1.02)

0.79
(0.64–
0.96)

0.88
(0.73–
1.06)

0.85
(0.73–
0.98)

0.96
(0.73–
1.26)

1.02
(0.89–
1.17)

0.72
(0.59–
0.87)

Elevation
(100 m)

1.06
(1.01–
1.13)

1.03
(0.98–
1.08)

1.06
(1.01–
1.11)

1.06
(0.99–
1.13)

1.04
(1.00–
1.0)

1.06
(0.99–
1.13)

1.04
(0.98–
1.10)

1.01
(0.96–
1.06)

1.02
(0.98–
1.07)

1.05
(0.98–
1.13)

1.04
(0.99–
1.08)

1.02
(0.97–
1.08)

3.5. Seasonality Pattern in Subgroups

As shown in Figure 7, the data displayed a seasonal pattern of the average mortality
in 31 points with the lowest in summer and the highest in winter. The rates by gender also
showed the same patterns.
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However, regarding the difference between summer and winter at the county/district
level, the patterns were different in the absolute rates. Although the eastern region remained
as a high-rate area for both genders in winter (Figure S1), the western region experienced
an increase from summer to winter (Figure S2). There were even lower mortalities in winter
than in summer in some eastern counties for men (Figure 8).

A similar pattern was shown in different age groups (Figure 9). Eastern and coastal
counties/districts experienced less difference between winter and summer than other parts.
Moreover, the mortality in summer was higher than in winter in some counties in the east.
Hence, the group aged 60 to 75 years old in the western region and the group over 75 years
old in the southern counties/districts were high-risk populations in winter, even though
these regions had lower mortalities throughout the year.
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3.6. Sensitivity Analyses

In order to confirm the robustness of the spatial pattern results from 2014 in this study,
mortality data from ten counties/districts from 2011 to 2020 were selected for sensitivity
analysis. The results also showed the same seasonality pattern with winter having the
highest rate of diabetes death among the population aged over 30 years (Figure S3). The
eastern and coastal counties/districts, such as Shibei, Penglai and Rushan, also had the
highest average mortality from 2011 to 2020 (Figure S4). Therefore, the spatial and seasonal
patterns of average diabetes mortality in 10 points from 2011 to 2020 were similar to those
in 31 points in 2014.

4. Discussion

In this study, women and people aged over 75 years were the most vulnerable sub-
groups to diabetes death in Shandong Province, especially in the eastern counties/districts.
Western and southern counties/districts experienced a surge in diabetes mortality in winter
for age-, gender-specific and overall population groups, whereas the seasonality pattern
was not significant in eastern counties/districts.

The overall diabetes mortality rate in the 31 surveillance points was 14.19/100,000 in
2014 in Shandong Province. In the same year, age-standardized diabetes mortality in China
was estimated to be 9.53/100,000 by the Global Burden of Disease (GBD) [5]. This confirms
the higher diabetes burden in Shandong Province across the whole country.

One published piece of research on high-risk areas for diabetes mortality in Shandong
in 2000 also revealed that the eastern region had a higher diabetes mortality rate; however,
the conclusion for the western region was inconsistent with our findings [23]. This earlier
study found both the western and northern parts had higher diabetes mortalities, which
may indicate the change in diabetes mortality in these two regions from 2000 to 2014. For
the eastern region, investigations in 2000 and 2014 confirmed it was a higher-rate region.
Univariate regression results in the current study indicated that diabetes mortality increased
with longitude, from west to east. According to the Shandong Statistical Yearbook, the
gross domestic product per capita in coastal cities, such as Qingdao (96,524 CNY), Yantai
(85,795 CNY) and Weihai (99,392 CNY), was higher than that in western cities, such as
Liaocheng (42,482 CNY), Dezhou (45,641 CNY) and Binzhou (59,567 CNY) [24]. Therefore,
the spatial trend was consistent with findings in previous studies which found that higher
socioeconomic status groups had higher diabetes rates [25,26]. This may result from more
diagnoses in the wealthy group with better access to medical care, and unhealthier lifestyles
such as less occupational physical activity than that in the lower-income group [27]. In
addition, the associations with elevation may indicate that the effects of cold temperatures
could increase the risk of diabetes death, as temperatures decrease with altitude. The
inference coincides with the finding that winter was the highest risk season in this study,
but it is not consistent with a previous study of temperatures applied in Chongqing and
Harbin, which concluded that diabetes mortality was more likely to occur in hot weather
than cold [28].

This study found that mortality in women was higher than in men. However, from
the GBD report, the mortality of males (10.8/100,000) was calculated to be higher than
for females (8.97/100,000) in China in 2014 [5], which is contrary to the findings of the
current study in Shandong Province. The result from a national study across China also
shows that the age-standardized mortality rate for males (14.51/100,000) was higher than
for females (12.73/100,000) in 2020 [29]. Shandong may have a different gender pattern of
diabetes burden than nationally. Two possible explanations for the latter are that men may
engage in more frequent exercise, which may decrease the risk of diabetes [30], and women
in Shandong may have a longer life expectancy than nationally. According to previous
reports, the life expectancy of Chinese women was 79.9 and 73.2 for men, whereas the
data indicated 81.38 and 76.07, respectively, in Shandong Province [7,31]. Since diabetes
mortality increases with age, peaking at ages over 75 years, the longer life expectancy
of Shandong women may lead to the higher mortality of diabetes in the current study.
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Regarding age groups, diabetes mortality in the over 75 years old group was 3.56 times that
of the 60–75-year-old group, confirming that the elderly group is most vulnerable to death
from diabetes. A similar age distribution of diabetes deaths was also found in a cohort
study in China from 1990–2017 based on the Global Burden of Disease 2017 Study and the
national study by China CDC, indicating that diabetes mortality significantly increased
with age [29,32]. Most people were aged over 65 at diagnosis, and the duration of diabetes
could increase the risk of mortality [33]. Studies have shown that an insulin secretory
defect is commonly observed due to interactive associations with age-related factors, such
as impaired beta-cell compensation, adiposity, sarcopenia and decreased physical inactivity,
which increases the risk of diabetes among elderly people [34–36]. Therefore, the prevention
and control of diabetes in the elderly group can be an effective way to reduce the burden.

This seasonality analysis showed that winter was the surge period of diabetes death,
especially in western and southern counties/districts. Previous studies of extreme temper-
atures demonstrated that cold weather in winter could increase the risk of diabetes (RR:
1.13, 95%CI: 1.03–1.34) [28]. However, as mentioned earlier, other studies have explored the
influence of hot weather in summer and also found significant associations with increased
diabetes risk [28,37–40]. In this study, mortality in the eastern coastal counties/districts
did not change as significantly as in the western and the southern counties/districts. This
may be due to the slighter temperature variability over seasons in the coastal region.
For example, as calculated in this study [41], the temperature differences (between the
mean temperature of summer and winter) were both around 25.00 ◦C in two inland cities,
Binzhou and Dezhou, and around 22.50 ◦C in two coastal cities, Qingdao and Weihai.

The findings in the current study suggested more targeted and precise strategies for
the future allocation of medical resources in Shandong Province. For example, clinicians
and public health physicians should strengthen the prevention and treatment of diabetes
among women and elderly people in Shandong. For the eastern counties/districts, it
is necessary to enhance the prevention and management of diabetes due to the highest
mortalities across the province. Moreover, for the diabetes patients living in the western
and southern counties/districts, the surge in diabetes mortality in winter calls for raising
public awareness of temperature variability at low temperatures and strengthening the
prevention, mitigation and preparedness of diabetes.

To our knowledge, this is the first study that evaluated the spatial variation in diabetes
mortality by season in Shandong Province using data that covered a population in death
surveillance points with more than 15 million at the county/district level in the last ten
years. However, the study has some limitations. First, we used surveillance data from
31 counties to interpolate the pattern of the whole province, which may lead to some
differences from the real data, although sensitivity analysis yielded similar results to the
main analysis. Second, this study only included the year 2014 as it encompassed the most
surveillance points in the last ten years. With the development of the surveillance system
in China, only ten counties/districts were constant in the system in Shandong from 2011
to 2020, which was less representative than the 31 points used in this study. Longer-term
research needs to be conducted by processing the data from inconsistent points each year.

Further studies are recommended to assess the associations between these spatial and
seasonal patterns in diabetes mortality and potential socioeconomic or environmental risk
factors, such as temperature, green space, elevation and lifestyles, to explore the potential
reasons for the different patterns in Shandong and to contribute to the future reduction
in diabetes mortality. Bayesian spatiotemporal methods simultaneously considering the
spatial and time correlation of the data are highly recommended to produce more compre-
hensive information for regional high-risk factors and give evidence to generate an early
warning of diabetes mortality increase [42]. In addition, mobile health (mHealth) applica-
tions with artificial intelligence chatbots have been called for chronic disease surveillance
and management with the increasing popularity of social media in daily life [43,44]. Studies
indicate that applying mHealth can track blood glucose and elicit beneficial behavior to
enhance the control of diabetes for individuals [45,46]. With the further support of high-risk
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environmental early warning information, mHealth applications have more promising
potential to decrease the future burden of diabetes.

5. Conclusions

This study suggested that the spatial and seasonal patterns in diabetes mortality
varied among age- and gender-specific subgroups across Shandong Province. Potential
associations of social and environmental factors with spatial and temporal patterns should
be explored in further studies. The findings provide important information for future
regional diabetes medical policy modification and resource allocation.
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Author Contributions: Conceptualization, W.H. and W.Z.; methodology, W.H. and W.Z.; software,
W.Z.; validation, W.Z.; formal analysis, W.Z.; investigation, W.Z., J.C. and X.G.; resources, J.C., J.R.,
J.D., X.G., W.Z. and W.H.; data curation, W.Z. and J.C.; writing—original draft preparation, W.Z.;
writing—review and editing, J.C., J.R., J.D., H.B., N.W., K.M., X.G. and W.H.; visualization, W.Z.;
supervision, W.H., H.B., N.W. and K.M.; project administration, W.H. All authors have read and
agreed to the published version of the manuscript.

Funding: This research received no external funding.

Institutional Review Board Statement: This study was approved by the University Human Research
Ethics Committee of Queensland University of Technology (approval number: 4429—HE09; date of
approval: 11 February 2022).

Informed Consent Statement: Not applicable.

Data Availability Statement: Data are only available on reasonable request and approved by the
Centre for Chronic and Non-communicable Disease Control and Prevention, Shandong Center for
Disease Control and Prevention.

Acknowledgments: W.Z. was supported by the China Scholarship Council Postgraduate Scholarship
and the Queensland University of Technology Higher Degree Research Tuition Fee Sponsorship
(No. 202107510008).

Conflicts of Interest: The authors declare no conflict of interest.

References
1. World Health Organization. Diabetes. Available online: https://www.who.int/health-topics/diabetes#tab=tab_1 (accessed on 9

October 2022).
2. Whiting, D.R.; Guariguata, L.; Weil, C.; Shaw, J. IDF diabetes atlas: Global estimates of the prevalence of diabetes for 2011 and

2030. Diabetes Res. Clin. Pract. 2011, 94, 311–321. [CrossRef] [PubMed]
3. American Diabetes Association. Standards of medical care in diabetes—2013. Diabetes Care 2013, 36 (Suppl. S1), S11–S66.

[CrossRef] [PubMed]
4. World Health Organization. World Health Statistics Report. Available online: https://www.who.int/publications/i/item/9789

240051157 (accessed on 9 October 2022).
5. Global Burden of Disease Collaborative Network. Global Health Data Exchange. Available online: https://ghdx.healthdata.org/

(accessed on 10 October 2022).
6. Shandong Provincial Bureau of Statistics. Statistical Bulletin of National Economic and Social Development of Shandong Province;

Shandong Provincial Bureau of Statistics: Shandong, China, 2015; p. 1.
7. Disease and Health Status of Residents in Shandong Province in 2016. Jinan, China, 17 July 2017. Available online: http:

//www.scio.gov.cn/xwfbh/gssxwfbh/xwfbh/shandong/Document/1558954/1558954.htm (accessed on 11 October 2022).
8. Zhang, J.Y.; Chu, J.; Lu, Z.L.; Guo, X.L.; Xu, A.Q. Analysis of mortality and probability of premature death caused by four main

non-communicable diseases in Shandong Province, 2015. Chin. J. Prev. Med. 2019, 53, 316–318. [CrossRef]

https://www.mdpi.com/article/10.3390/ijerph192417024/s1
https://www.mdpi.com/article/10.3390/ijerph192417024/s1
https://www.who.int/health-topics/diabetes#tab=tab_1
http://doi.org/10.1016/j.diabres.2011.10.029
http://www.ncbi.nlm.nih.gov/pubmed/22079683
http://doi.org/10.2337/dc13-S011
http://www.ncbi.nlm.nih.gov/pubmed/23264422
https://www.who.int/publications/i/item/9789240051157
https://www.who.int/publications/i/item/9789240051157
https://ghdx.healthdata.org/
http://www.scio.gov.cn/xwfbh/gssxwfbh/xwfbh/shandong/Document/1558954/1558954.htm
http://www.scio.gov.cn/xwfbh/gssxwfbh/xwfbh/shandong/Document/1558954/1558954.htm
http://doi.org/10.3760/cma.j.issn.0253-9624.2019.03.015


Int. J. Environ. Res. Public Health 2022, 19, 17024 14 of 15

9. Liu, M.; Liu, S.W.; Wang, L.J.; Bai, Y.M.; Zeng, X.Y.; Guo, H.B.; Liu, Y.N.; Jiang, Y.Y.; Dong, W.L.; He, G.X.; et al. Burden of diabetes,
hyperglycaemia in China from to 2016: Findings from the 1990 to 2016, global burden of disease study. Diabetes Metab. 2019, 45,
286–293. [CrossRef] [PubMed]

10. Li, H.; Guo, G.; Xu, J.; Yan, X.; Wang, H.; Zhang, L.; Dong, Y. Survey on the trend in the prevalence of Type 2 diabetes and various
influence factors of diabetes mellitus among the Qingdao. Front. Med. 2014, 8, 66–68. [CrossRef]

11. Zhang, G.; Hu, J.; Chen, X.; Xu, C.; Tang, J.; Lu, Z. Morbidity, awareness rate, treatment and control among residents with diabetes
(≥18 years old) of Shandong Province in 2013. Chin. J. Prev. Contr. Chron. Dis. 2017, 12, 881–884. [CrossRef]

12. Wang, Y.; Liu, S.; Gong, S.; Zhou, L.; Zhang, J. Epidemiological characteristics of diabetes mortality in residents, Jinan, 2011–2015.
Mod. Prev. Med. 2016, 43, 4337–4340.

13. Yang, G.; Hu, J.; Rao, K.Q.; Ma, J.; Rao, C.; Lopez, A.D. Mortality registration and surveillance in China: History, current situation
and challenges. Popul. Health Metr. 2005, 3, 3. [CrossRef]

14. World Health Organization. ICD-10: International Statistical Classification of Diseases and Related Health Problems: Tenth Revision,
2nd ed.; World Health Organization: Geneva, Switzerland, 2004.

15. Wang, L.; Wang, Y.; Jin, S.; Wu, Z.; Chin, D.P.; Koplan, J.P.; Wilson, M.E. Emergence and control of infectious diseases in China.
Lancet 2008, 372, 1598–1605. [CrossRef]

16. Zhou, M.; Jiang, Y.; Huang, Z.; Wu, F. Adjustment and representativeness evaluation of national disease surveillance points
system. Dis. Surveill. 2010, 25, 239–244. [CrossRef]

17. Kim, H.J.; Fay, M.P.; Feuer, E.J.; Midthune, D.N. Permutation tests for joinpoint regression with applications to cancer rates. Stat.
Med. 2000, 19, 335–351. [CrossRef]

18. Cressie, N. Spatial prediction and kriging. Math. Geol. 1988, 20, 405–421. [CrossRef]
19. Anselin, L. Local indicators of spatial association—LISA. Geogr. Anal. 1995, 27, 93–115. [CrossRef]
20. Moran, P.A.P. Notes on continuous stochastic phenomena. Biometrika 1950, 37, 17–23. [CrossRef] [PubMed]
21. Kulldorff, M. SaTScan User Guide. Available online: https://www.satscan.org/cgi-bin/satscan/register.pl/SaTScan_Users_

Guide.pdf?todo=process_userguide_download (accessed on 18 August 2022).
22. Jarvis, A.; Reuter, H.I.; Nelson, A.; Guevara, E. Hole-Filled Seamless SRTM Data V4. Available online: http://srtm.csi.cgiar.org

(accessed on 18 August 2022).
23. Zhang, J.; Wang, J.; Xue, F.; Ma, J.; Wu, X. Trend-surface analysis of the geographical distribution of diabetes in Shandong Province.

J. Shandong Univ. (Health Sci.) 2003, 41, 387–390. [CrossRef]
24. Shandong Bureau of Statistics. Shandong Statistics Yearbook; Shandong Bureau of Statistics: Shandong, China, 2015; p. 28.
25. Barik, A.; Mazumdar, S.; Chowdhury, A.; Rai, R.K. Physiological and behavioral risk factors of type 2 diabetes mellitus in rural

India. BMJ Open Diabetes Res. Care 2016, 4, e000255. [CrossRef]
26. Khan, M.M.H.; Gruebner, O.; Kraemer, A. The geography of diabetes among the general adults aged 35 years and older in

Bangladesh: Recent evidence from a cross-sectional survey. PLoS ONE 2014, 9, e110756. [CrossRef]
27. Ramachandran, A.; Ma, R.C.W.; Snehalatha, C. Diabetes in Asia. Lancet 2010, 375, 408–418. [CrossRef]
28. Li, Y.; Lan, L.; Wang, Y.; Yang, C.; Tang, W.; Cui, G.; Luo, S.; Cheng, Y.; Liu, Y.; Liu, J.; et al. Extremely cold and hot temperatures

increase the risk of diabetes mortality in metropolitan areas of two Chinese cities. Environ. Res. 2014, 134, 91–97. [CrossRef]
29. Wang, F.; Wang, W.; Yin, P.; Liu, Y.; Liu, J.; Wang, L.; Qi, J.; You, J.; Lin, L.; Zhou, M. Mortality and Years of Life Lost in Diabetes

Mellitus and Its Subcategories in China and Its Provinces, 2005–2020. J. Diabetes Res. 2022, 2022, 1609267. [CrossRef]
30. Landi, F.; Calvani, R.; Martone, A.M.; Salini, S.; Zazzara, M.B.; Candeloro, M.; Coelho-Junior, H.J.; Tosato, M.; Picca, A.; Marzetti,

E. Normative values of muscle strength across ages in a ‘real world’ population: Results from the longevity check-up 7+ project. J.
Cachexia Sarcopenia Muscle 2020, 11, 1562–1569. [CrossRef] [PubMed]

31. Zhou, M.G.; Li, Y.C.; Wang, H.D.; Zeng, X.Y.; Wang, L.J.; Liu, S.W.; Liu, Y.N.; Liang, X.F. Analysis on life expectancy and healthy
life expectancy in China, 1990–2015. Chin. J. Epidemiol. 2016, 37, 1439–1443. [CrossRef]

32. Liu, X.; Yu, C.; Wang, Y.; Bi, Y.; Liu, Y.; Zhang, Z. Trends in the Incidence and Mortality of Diabetes in China from 1990 to 2017: A
Joinpoint and Age-Period-Cohort Analysis. Int. J. Environ. Res. Public Health 2019, 16, 158. [CrossRef] [PubMed]

33. Gatling, W.; Guzder, R.N.; Turnbull, J.C.; Budd, S.; Mullee, M.A. The Poole Diabetes Study: How many cases of Type 2 diabetes are
diagnosed each year during normal health care in a defined community? Diabetes Res. Clin. Pract. 2001, 53, 107–112. [CrossRef]
[PubMed]

34. Amati, F.; Dubé, J.J.; Coen, P.M.; Stefanovic-Racic, M.; Toledo, F.G.; Goodpaster, B.H. Physical inactivity and obesity underlie the
insulin resistance of aging. Diabetes Care 2009, 32, 1547–1549. [CrossRef] [PubMed]

35. Chang, A.M.; Halter, J.B. Aging and insulin secretion. Am. J. Physiol. Endocrinol. Metab. 2003, 284, E7–E12. [CrossRef] [PubMed]
36. Morley, J.E. Diabetes and aging: Epidemiologic overview. Clin. Geriatr Med. 2008, 24, 395–405. [CrossRef] [PubMed]
37. Yang, J.; Yin, P.; Zhou, M.; Ou, C.Q.; Li, M.; Liu, Y.; Gao, J.; Chen, B.; Liu, J.; Bai, L.; et al. The effect of ambient temperature on

diabetes mortality in China: A multi-city time series study. Sci. Total Environ. 2016, 543, 75–82. [CrossRef]
38. Xu, R.; Zhao, Q.; Coelho, M.; Saldiva, P.H.N.; Zoungas, S.; Huxley, R.R.; Abramson, M.J.; Guo, Y.; Li, S. Association between Heat

Exposure and Hospitalization for Diabetes in Brazil during 2000–2015: A Nationwide Case-Crossover Study. Environ. Health
Perspect. 2019, 127, 117005. [CrossRef] [PubMed]

39. Ma, Y.; Zhou, L.; Chen, K. Burden of cause-specific mortality attributable to heat and cold: A multicity time-series study in
Jiangsu Province, China. Environ. Int. 2020, 144, 105994. [CrossRef]

http://doi.org/10.1016/j.diabet.2018.08.008
http://www.ncbi.nlm.nih.gov/pubmed/30196138
http://doi.org/10.3969/j.issn.2095-1752.2014.08.053
http://doi.org/10.16386/j.cjpccd.issn.1004-6194.2017.12.001
http://doi.org/10.1186/1478-7954-3-3
http://doi.org/10.1016/S0140-6736(08)61365-3
http://doi.org/10.3784/j.issn.1003-9961.2010.03.023
http://doi.org/10.1002/(SICI)1097-0258(20000215)19:3&lt;335::AID-SIM336&gt;3.0.CO;2-Z
http://doi.org/10.1007/BF00892986
http://doi.org/10.1111/j.1538-4632.1995.tb00338.x
http://doi.org/10.1093/biomet/37.1-2.17
http://www.ncbi.nlm.nih.gov/pubmed/15420245
https://www.satscan.org/cgi-bin/satscan/register.pl/SaTScan_Users_Guide.pdf?todo=process_userguide_download
https://www.satscan.org/cgi-bin/satscan/register.pl/SaTScan_Users_Guide.pdf?todo=process_userguide_download
http://srtm.csi.cgiar.org
http://doi.org/10.1007/BF02837499
http://doi.org/10.1136/bmjdrc-2016-000255
http://doi.org/10.1371/journal.pone.0110756
http://doi.org/10.1016/S0140-6736(09)60937-5
http://doi.org/10.1016/j.envres.2014.06.022
http://doi.org/10.1155/2022/1609267
http://doi.org/10.1002/jcsm.12610
http://www.ncbi.nlm.nih.gov/pubmed/33147374
http://doi.org/10.3760/cma.j.issn.0254-6450.2016.11.001
http://doi.org/10.3390/ijerph16010158
http://www.ncbi.nlm.nih.gov/pubmed/30626127
http://doi.org/10.1016/S0168-8227(01)00245-5
http://www.ncbi.nlm.nih.gov/pubmed/11403859
http://doi.org/10.2337/dc09-0267
http://www.ncbi.nlm.nih.gov/pubmed/19401446
http://doi.org/10.1152/ajpendo.00366.2002
http://www.ncbi.nlm.nih.gov/pubmed/12485807
http://doi.org/10.1016/j.cger.2008.03.005
http://www.ncbi.nlm.nih.gov/pubmed/18672179
http://doi.org/10.1016/j.scitotenv.2015.11.014
http://doi.org/10.1289/EHP5688
http://www.ncbi.nlm.nih.gov/pubmed/31746643
http://doi.org/10.1016/j.envint.2020.105994


Int. J. Environ. Res. Public Health 2022, 19, 17024 15 of 15

40. He, Y.; Cheng, L.; Bao, J.; Deng, S.; Liao, W.; Wang, Q.; Tawatsupa, B.; Hajat, S.; Huang, C. Geographical disparities in the impacts
of heat on diabetes mortality and the protective role of greenness in Thailand: A nationwide case-crossover analysis. Sci. Total
Environ. 2020, 711, 135098. [CrossRef] [PubMed]

41. Abatzoglou, J.T.; Dobrowski, S.Z.; Parks, S.A.; Hegewisch, K.C. Terraclimate, a high-resolution global dataset of monthly climate
and climatic water balance from 1958–2015. Sci. Data 2018, 5, 170191. [CrossRef] [PubMed]

42. Jiang, W.; Han, S.W.; Tsui, K.L.; Woodall, W.H. Spatiotemporal surveillance methods in the presence of spatial correlation. Stat.
Med. 2011, 30, 569–583. [CrossRef]

43. Lui, C.-W.; Wang, Z.; Wang, N.; Milinovich, G.; Ding, H.; Mengersen, K.; Bambrick, H.; Hu, W. A call for better understanding of
social media in surveillance and management of noncommunicable diseases. Health Res. Policy Syst. 2021, 19, 18. [CrossRef]
[PubMed]

44. Ding, H.; Fatehi, F.; Maiorana, A.; Bashi, N.; Hu, W.; Edwards, I. Digital health for COPD care: The current state of play. J. Thorac.
Dis. 2019, 11, S2210–S2220. [CrossRef]

45. Veazie, S.; Winchell, K.; Gilbert, J.; Paynter, R.; Ivlev, I.; Eden, K.B.; Nussbaum, K.; Weiskopf, N.; Guise, J.M.; Helfand, M. Rapid
Evidence Review of Mobile Applications for Self-management of Diabetes. J. Gen. Intern. Med. 2018, 33, 1167–1176. [CrossRef]

46. Herbert, L.J.; Mehta, P.; Monaghan, M.; Cogen, F.; Streisand, R. Feasibility of the SMART Project: A Text Message Program for
Adolescents With Type 1 Diabetes. Diabetes Spectr. 2014, 27, 265–269. [CrossRef]

http://doi.org/10.1016/j.scitotenv.2019.135098
http://www.ncbi.nlm.nih.gov/pubmed/32000339
http://doi.org/10.1038/sdata.2017.191
http://www.ncbi.nlm.nih.gov/pubmed/29313841
http://doi.org/10.1002/sim.3877
http://doi.org/10.1186/s12961-021-00683-4
http://www.ncbi.nlm.nih.gov/pubmed/33568155
http://doi.org/10.21037/jtd.2019.10.17
http://doi.org/10.1007/s11606-018-4410-1
http://doi.org/10.2337/diaspect.27.4.265

	Introduction 
	Materials and Methods 
	Data Source 
	Data Analysis 

	Results 
	Descriptive Analyses 
	Spatial Autocorrelation and Interpolation 
	Spatial Clusters 
	Geographical Associations 
	Seasonality Pattern in Subgroups 
	Sensitivity Analyses 

	Discussion 
	Conclusions 
	References

