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Currently, the problem of information overload, a term popularized by Alvin Toffler
in his book Future Shock [1], is more present than ever due to the rapid development of
the Internet. Because of the large number of electronic resources that are available on
the Internet, it is becoming increasingly complex for users to select the most relevant and
significant information. To solve the problem of information overload, various techniques,
algorithms, and tools are currently used to classify or filter this huge amount of data, with
the aim of analysing the users’ behaviour, interests, or tastes [2].

A recommender system is a set of information retrieval techniques that, through
advanced analysis of massive data, can select the most relevant and significant information
for users in order to help them make intelligent decisions. These systems use different
kinds of algorithms to help users quickly and easily discover the information that they
need in a specific context through information filtering.

With the development and implementation of efficient algorithms for recommender
systems, users can find different types of information, such as hotels or tourist places [3–6],
movies [7–11], books [12–14], songs [15–17], websites [18–20], and any kind of information
that may interest them. Among the most popular algorithms of these systems, we can
highlight content-based systems, collaborative filtering, and hybrid recommender systems,
among others. To make good predictions, these systems use the collective ratings from
users of a set of data, which are obtained explicitly or implicitly [21].

As recommender systems have an increasingly central role in decision making in
different scenarios, the need for researchers and developers to be able to refine and propose
new models, algorithms to convert unstructured data into structured data, or algorithms
to optimize the performance of these systems becomes more important, considering that
these algorithms are usually adapted to the set of data that are available for a particular
domain of knowledge.

This Special Issue on “New Trends in Algorithms for Intelligent Recommendation
Systems” provides a platform to exchange new ideas by researchers and practitioners
in the field of recommender systems and their applications in many areas. The research
community has responded with enthusiasm. Only research articles that meet the journal’s
requirements were accepted for publication after peer review. We received sixteen articles
for this Special Issue, and we finally included seven articles, which have been fairly peer-
reviewed and accepted for publication. The following points highlight the remarkable
scientific achievements of the accepted manuscripts.

Firstly, the paper entitled “Sparks of Artificial General Recommender (AGR): Experi-
ments with ChatGPT” by Guo Lin and Yongfeng Zhang (Contribution [1]) investigates the
feasibility of developing an Artificial General Recommender (AGR) using Large Language
Models (LLMs). The idea is to engage in natural dialogues and generate recommendations
across various domains. The authors also show the potential for ChatGPT to serve as an
AGR, although several limitations and areas for improvement are also identified.

The paper entitled “A Survey of Sequential Pattern Based E-Commerce Recommenda-
tion Systems” by Christie I. Ezeife and Hemmi Karlapalepu (Contribution [2]) presents a
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review that focuses on the algorithms of existing E-commerce recommendation systems
that are based on sequential patterns. It provides a comprehensive and comparative perfor-
mance analysis of these systems, exposing their methodologies, achievements, limitations,
and potential for solving more important problems in this domain.

The paper entitled “Addressing the Cold-Start Problem in Recommender Systems
Based on Frequent Patterns” by Antiopi Panteli and Basilis Boutsinas (Contribution [3])
addresses the cold-start problem in recommender systems based on frequent patterns,
which are highly frequent in one set of users, but less frequent or infrequent in other sets
of users. The proposed methodology forms different clusters of old users and then dis-
covers discriminant frequent patterns for each cluster, exploiting this to infer the purchase
behaviour of new users.

The paper entitled “A Novel Hybrid Recommender System for the Tourism Domain”
by Chalkiadakis et al. (Contribution [4]) proposes a novel hybrid recommender system
for the tourism domain, combining a Bayesian preferences elicitation component, which
operates by asking the user to rate generic images in order to build a user model, and a
novel content-based (CB) recommendation component.

The paper entitled “An Efficient Approach to Manage Natural Noises in Recommender
Systems” by Luo et al. (Contribution [5]) presents a new approach to managing natural
noises in recommendation systems. The authors provide the detection criteria for natural
noises based on the classifications of users and items. After the noises are detected, they
correct them with threshold values that are weighted by probabilities. Their experimental
results show that the proposed method can effectively correct natural noise and greatly
improve the quality of recommendations.

The paper entitled “Using Graph Neural Networks for Social Recommendations”
by Tallapally et al. (Contribution [6]) proposes the RelationalNet algorithm, which not
only models user–item and user–user relationships but also item–item relationships using
graphs. The paper then uses these as input to the recommendation process. The rationale
for utilizing item–item interactions is to enrich the item embeddings by leveraging the
similarities between items.

Finally, the paper entitled, “Information Retrieval and Machine Learning Methods for
Academic Expert Finding” by De Campos et al. (Contribution [7]) investigates and com-
pares the performance of information retrieval (IR) and machine learning (ML) methods,
including deep learning, to approach the problem of identifying academic figures who
are experts in different domains when a potential user requests their expertise. Several
methods that are fully tailored for the problem are presented in the work.
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