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Abstract

:

This paper examines consumers’ behaviours towards mobile advertising alerts offered by branded mobile apps in the fashion industry. While consumer-driven factors have attracted much attention, little research has examined the impact of data-driven mobile advertising alerts on consumer continuance intention for branded mobile apps. This paper analyses the combined influence of consumer beliefs, data-driven mobile advertising alerts, and perceived value on mobile advertising acceptance, intention to repurchase, and recommendation behaviour towards branded mobile apps on social media. In total, 340 valid responses from Spanish customers of an online fashion outlet, all social media users, who make their purchases from the company exclusively through its branded mobile application, were analysed to test the hypotheses, using structural equation modelling. The results showed that mobile advertising acceptance, intention to repurchase, and recommendation behaviour are driven by the perceived value of the branded mobile app. Perceived value is determined by the usefulness of the branded mobile app, attitudes towards mobile advertising alerts, and irritation. Mobile advertising content (informativeness and credibility) improves attitudes towards mobile advertising alerts. Ease of use increases perceived usefulness, while perceived control decreases irritation. Managerial implications are provided.
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1. Introduction


In the world of big data, organisations are increasingly turning to mobile devices and social media as new information sources that continuously monitor a wide range of processes and situations. The business landscape has changed at a fast pace with the rapid acceptance of social media and advances in mobile technologies [1,2]. Consumers are now more reliant than ever on digital devices, and online shopping trends point to m-commerce as the wave of the future. Due to the prevalence of mobile devices and social media, billions of people are contributing to the existing volume of big data. According to [3], the number of connected Internet devices will reach 13.7 billion in 2024, and social media and mobile apps are changing the consumer’s shopping habits. Globally, smartphones are used more often than desktops and tablets to make purchases. Some 78% of Internet users already use their mobile phones to make purchases, a trend that will continue to increase as digital natives mature as consumers. Sales made on mobile phones are expected to reach 3.56 billion euros worldwide in 2021 [3].



Branded mobile apps have been defined as software downloadable to a mobile device, which prominently displays a brand identity, often the name of the app and a brand logo, or icon, throughout the user experience [4]. Branded mobile apps—the latest brand communication channel—create brand experiences and facilitate consumer-brand engagement [5,6]. Big data produced by mobile apps and social media contains valuable information about customers and markets and has been viewed as a productive resource. The meta-analysis carried out by [7] showed that mobile marketing research is in its growth phase, and an increasing number of studies will be published in the coming years. However, there are still important gaps in the study of consumer behaviour with mobile apps; few studies have been carried out specifically into the perceived value of branded mobile apps. Exceptions are the recent works of [6,8,9,10,11].



Social media and mobile devices offer unprecedented opportunities for clothing enterprises. The large global fashion clothing brands all attach great importance to obtaining valuable information from digital technologies [12]. In Spain, fashion products are the second most commonly sold category through smartphones (48%), after leisure products [3]. Indeed, fashion has become one of the fastest growing mobile phone-based sales sectors. However, few mobile commerce studies have examined the fashion industry (the exceptions being [13] and [14]). From the business management viewpoint, further analysis would help fashion companies to better understand the factors that increase the perceived value of branded mobile apps; this, in turn, would help them adapt their mobile communications to ensure that their customers obtain better value and, as a consequence, purchase and make recommendations through social media. Perceived value is crucial to continuance intention for a service, and has become a very important source of competitive advantage, being one of the main determinants of purchase intention [15,16].



The importance of mobile advertising for marketers makes it a key task to gain insight into the drivers of mobile advertising effectiveness. Mobile advertising allows consumers to access advertising messages at their convenience. When consumers receive mobile advertising messages they can read them, delete them, or keep them until they decide what to do with them. Thus, factors underlying mobile advertising acceptance can play a key role in the success of mobile advertising. Prior studies [17,18] have emphasised that attitudes to mobile advertising is an important construct for mobile marketing research due to its effects on perceived value which, in turn, impacts on consumer loyalty. Whereas previous research on attitudes towards mobile advertising has focused on innovation-based drivers [19], and consumer beliefs such as trust [20], little attention has been paid to the influence of data-driven message factors on attitudes towards and acceptance of mobile advertising. While m-commerce provides a convenient way to shop, when personal information and preferences are used in direct appeals to consumers, they fear that their information may be shared with other parties without their permission [21]. Mobile app users, therefore, make trade-off decisions to determine if the risk of breach of privacy (lack of perceived control) is worth the benefits of having a faster, more streamlined, personalised experience. As for mobile advertising alerts, the irritation caused by advertising can be alleviated when the operators seek prior permission. The impact of irritation and perceived control on consumers’ perceptions of the value of mobile apps needs further investigation.



Given these research gaps, the aim of the present study is to explore the influence of mobile advertising alerts and perceived value on consumers’ behavioural intentions towards branded mobile fashion apps. This study differs from previous works focused only on consumer-driven factors, in that it combines the impact of the content (informativeness, credibility, and personalisation) of mobile advertising alerts, permission marketing variables (irritation and perceived control) and perceived value, and closely examines customer attitudes and behaviours. In particular, the goals of this study are: (i) to identify the impact of data-driven mobile advertising alert content (informativeness, personalisation and credibility) on attitude; (ii) to evaluate the effects of attitude towards mobile advertising alerts, permission marketing, and consumer beliefs on the perceived value of branded mobile apps (iii) to verify the impact of perceived value on consumers’ continuance intentions towards branded mobile apps (mobile advertising acceptance, repurchase intentions, and word of mouth on social media). The work is divided into four parts. The first provides a literature review on perceived value, mobile advertising alerts, and consumer continuance intention for branded mobile apps, and the proposed hypotheses. Then, the methodology and the empirical analyses are presented; these are based on a sample of 340 Spanish customers of an online fashion outlet, all social media users, who make their purchases from the company exclusively through its branded mobile application. Thereafter, the findings are presented. In the final section, conclusions and implications are provided, and some limitations and opportunities for further research are outlined.




2. Conceptual Background


2.1. Consumer Beliefs, Perceived Value and Continuance Intention


This section reviews previous studies that examined the impact of consumer beliefs and attitude towards mobile advertising on perceived value and the effects of perceived value on continuance intentions (repurchase intention, word of mouth, and acceptance of mobile advertising alerts).



Perceived value and continuance intention [22] established the basis for the conceptualisation of perceived value, defining it as the overall assessment the consumer makes of the utility of a product, based on perceptions of what one receives from the product and what one gives to obtain it. Based on previous research, the mobile-based purchasing process can be analysed in terms of perceived value, where users voluntarily participate in mobile commerce, taking into account the benefits and costs involved [23]. The literature review showed that perceived value is a key factor in the analysis of intention to use mobile commerce [24,25] and is linked to business success through the supply a company offers the market. Thus, the study of the antecedents of perceived value is particularly important. From a utilitarian viewpoint, consumers value when they can buy products in an efficient and timely manner and achieve their shopping goals with minimal irritation [26].



Previous studies have shown that intention to buy through a mobile phone is affected by perceived value [15,25,27,28,29]. Consumers who perceive value in branded mobile apps believe they derive savings in terms of time and effort in comparison to other purchase channels, and thus their consequent purchase predisposition is expected to be greater, which leads to the following hypothesis:



Hypothesis 1a (H1a).

The perceived value of a branded mobile app has a positive influence on repurchase intentions through the branded mobile app.





WOM is a personal influencing process, in which interpersonal communications between a sender and receiver can change the receiver’s behaviour or attitudes [30]. If a provider offers value, clients may recommend it to others to share the benefits arising from the relationship [31]. Previous studies have linked perceived value with loyalty [32,33]. Other mobile marketing studies have noted that consumers who perceive more value in mobile advertising tend to pass the ads to others [34]; [35] noted that utilitarian and entertainment values are the main precursors of participation in viral mobile marketing campaigns. Therefore:



Hypothesis 1b (H1b).

The perceived value of a branded mobile app has a positive influence on recommendation of the app.





The Technology Acceptance Model (TAM) [36] recognises behavioural intention as a measure of the strength of an individual’s willingness to perform behaviours. In the present study, mobile advertising alert (MMA) acceptance was taken to be the consumer’s willingness to receive MMAs. Mobile advertising alerts are advertisements that target branded mobile app users based on personalisation criteria. These criteria include users’ past shopping behaviours, demographic profiles, and geospatial information. MMA acceptance requires that the consumer opt-in before (s)he receives mobile communications. In a growing advertising clutter context, consumers are being increasingly selective in the advertising messages to which they pay attention. Consumer mobile advertising-related behaviours involve value judgements, that is, if the message recipient regards the content of the mobile advertising alert as valuable, then the MMA is opened and read [37]. Therefore:



Hypothesis 1c (H1c).

The perceived value of a branded mobile app has a positive influence on the consumer’s acceptance of mobile advertising alerts.





The influence of the acceptance of mobile advertising alerts on purchase intention is based on advertising effect hierarchy models [38], which suggest that the advertising stimulus generates a behavioural response from the receiver. The authors of [38] argued that exposure to an advertising message from a specific brand first affects consumers’ attitude towards the advertisement and, finally, their purchase intentions [39]. In the context of mobile advertising, ref. [38]’s model suggests that the consumer’s willingness to receive mobile advertising alerts (MMA acceptance) will affect his/her purchase intention through the branded mobile app. This argument is supported by the TAM model [36], which proposes that technology acceptance influences the intention to use the technology in the future. Based on the TAM [36] and [38] hierarchy of advertising effects models, we proposed:



Hypothesis 2 (H2).

The consumer’s acceptance of mobile advertising alerts has a positive influence on his/her repurchase intentions through the branded mobile app.





Consumers who are enthusiastic about their purchase experience of a product or service tend to share this with peers within their social circle [40]. This phenomenon might also be linked to the seeking of validation based on others’ opinions, sharing knowledge with others about a product that has provoked interest, bonding, and/or expressing pride [41] and social identity [42]. Thus, we hypothesised that:



Hypothesis 3 (H3).

The consumer’s repurchase intentions through the branded mobile app have a positive influence on recommendation of the app.





To study the influence of consumer beliefs about technology, base constructs were taken from the Technology Acceptance Model (TAM) [36]. In the context of the present study, perceived usefulness is the degree to which consumers believe that using a branded mobile app to buy fashion products will improve the purchasing process by saving time and money; perceived ease of use is the degree to which consumers consider that the effort required to buy fashion products through a branded mobile app is low (including the learning period). The relationships between the TAM variables and perceived value have been explained by “expectation-value” models [43], that is, perceived value depends on the expected result. Previous research has posited that the higher the perceived usefulness, the higher will be the consumer’s perceived value [44]. The sacrifice an individual has to make to carry out a consumption behaviour influences perceived value [22]. In the TAM model, effort is a cost component and, consequently, ease of use is a measure of sacrifice. Previous research confirms this reasoning. Reference [45] argued that non-monetary costs, such as time and effort, have a negative influence on perceived value, and indirectly on mobile internet use intention. Reference [46] demonstrated the positive influence of perceived ease of use on the perceived value of mobile services.



Perceived usefulness relates to functional and convenience benefits. Consequently, in using branded mobile apps for shopping, the benefits and convenience offered by the technology in relation to shopping on a website or traditional shopping influence users’ perceptions of value. The studies by [45] and [47] into mobile Internet adoption provided empirical evidence about the influence of perceived usefulness on perceived value. Ref. [48] provided empirical evidence of the impact of perceived usefulness on the perceived value of mobile data services. In addition, perceived ease of use influences perceived usefulness, as the simplicity of a system can improve outcomes [36]; mobile apps are perceived as more useful if they are easy to use. Therefore, we proposed:



Hypothesis 4a (H4a).

The perceived ease of use of a branded mobile app has a positive influence on perceived value.





Hypothesis 4b (H4b).

The perceived usefulness of a branded mobile app has a positive influence on perceived value.





Hypothesis 4c (H4c).

The perceived ease of use of a branded mobile app has a positive influence on perceived usefulness.





The advertising literature has defined attitude towards advertising as a predisposition to respond in a favourable or unfavourable manner to a particular advertising stimulus during a particular exposure occasion [49]. So, attitudes towards advertising specifically address evaluations made about particular ads. In the present study, we regarded positive attitudes towards mobile advertising alerts as favourable beliefs about mobile advertising alerts sent to users with information about new products and promotions available on the branded mobile app. Previous research has posited that positive attitudes towards a brand have a significant effect on consumers’ perceptions of value [50]. Therefore, we sought to analyse the effect of attitude towards mobile advertising alerts on the perceived value of branded mobile apps.



Hypothesis 5 (H5).

Attitudes to mobile advertising alerts have a positive influence on the perceived value of the branded mobile app.






2.2. Targeted Mobile Advertising


A large body of literature has examined retailers’ interactive mobile advertising strategies [51,52,53]. Mobile advertising messages can be delivered by push or pull methods. Pull-based mobile advertising can be browser-based or within-app ads. Consumers “pull” the advertisement by opening a specific mobile website or app. Push-based mobile ads are frequently delivered via SMS. They may be subject to legal restrictions; most European countries require advertisers to obtain prior customer consent (i.e., opt-in). Recent studies on interactive mobile advertising have examined: how smartphone advertising influences consumers’ purchase intention [54]; traffic conversion in mobile geo-targeting [52]; and behaviour-based interactive advertising when preferences for two products are correlated [53]. The present study enriches the literature by assessing the impact of an important interactive form of mobile behavioural advertising, that is, mobile advertising alerts, on perceived value. Mobile advertising alerts are personalised advertising messages sent to consumers based on their past browsing, purchase behaviour, and preferences. In contrast to previous studies, the present study focused on the conversion effectiveness of mobile advertising, rather than on consumer poaching.



2.2.1. Permission Marketing and Perceived Value


Privacy concerns are important drivers of consumer perceptions towards mobile advertising [51]. Targeted mobile advertising must provide customers with relevant information and promotions, or it might make them believe that their privacy is being invaded and create negative perceived value and continuance intention consequences for the brand [55,56]. If targeted mobile advertising seems too intrusive, such as when customers receive frequent, personalised advertisements, they suffer a greater sense of vulnerability and reduce their click-through rates [57]. In the context of this research, permission marketing refers to the situation where consumers have to grant approval to companies before they send mobile advertising alerts about products or services sold on the branded mobile app. This research focuses on two variables related to permission marketing: the irritation caused by mobile advertising alerts, and the consumer’s perceived control of mobile advertising alerts.



Irritation refers to the negative, impatient, and displeasing feelings that individual consumers experience due to receiving various forms of advertising stimuli [58,59]. In the context of mobile advertising, several things irritate consumers [60]. First, advertisements sent through mobile advertising alerts can irritate consumers when they interrupt their activities (e.g., when they are sending text messages, making phone calls). Second, advertising can be irritating when its content is poor. Mobile advertising ads that transmit excessive and irrelevant information that distracts and overwhelms the consumer can be perceived as an intrusion into the mobile user’s privacy. Finally, consumers can be irritated when they are bombarded with advertisements that they did not request. In the mobile advertising context, previous research [56,60,61] has found that irritation elicits negative consumer reactions towards mobile advertising. Ref. [56] found irritation to be a key driver of teenagers’ attitude towards mobile advertising. Ref. [60] and ref. [61] showed the negative influence of the irritation caused by mobile advertising on the perceived value of advertising. Therefore:



Hypothesis 6a (H6a).

The irritation caused by mobile advertising alerts has a negative influence on the perceived value of the branded mobile app.





Perceived control [62] has been defined as the degree to which consumers believe that they possess the skills, resources, and opportunities to perform a behaviour (in this case, the ability to cancel or modify permission to receive mobile advertising alerts). There is an open debate on the impact of the perceived control of mobile ads on perceived value; some authors have suggested that perceived control has little association with acceptance of mobile marketing communications [63,64,65]. Other studies have suggested that perceived control is a determining factor in the acceptance of mobile marketing messages [20,66,67]. Ref. [55] demonstrated the direct, positive effects of perceived control on the perceived value of mobile advertising. In the present study, we propose that perceived control has a positive influence on the perceived value of a branded mobile app. Consumers who have the skills, resources, and opportunities to modify or cancel alerts will not waste time and effort reading unwanted messages and, therefore, will perceive greater efficiency in their purchasing decisions through the mobile app.



Hypothesis 6b (H6b).

Perceived control over mobile advertising alerts has a positive influence on the perceived value of the branded mobile app.





No studies have analysed the effects of perceived control on irritation caused by mobile alerts in the context of branded mobile apps. In other interactive media, such as the Internet, which offer a high degree of user control, intrusion, which has been defined as disruption of consumer objectives [68], has been identified as an antecedent of irritation [69]. The higher the consumer’s perceived control of mobile communications, the less trust (s)he requires to permit mobile marketing [70]. If the mobile marketer offers an opt-out option, the customer may interpret this as a preliminary signal of trustworthiness, and thus be less irritated when (s)he receives mobile advertising. Therefore, we proposed:



Hypothesis 6c (H6c).

Perceived control over mobile advertising alerts reduces the irritation they cause.






2.2.2. Effects of Mobile Advertising Alert Content on Attitude


Informativeness has been defined as the company’s ability to inform consumers about product alternatives that enable them to make choices that yield the highest value [71]. Derived from Uses and Gratifications Theory, informativeness is considered as a valuable factor in mobile advertising, and consumers tend to react positively to it [55]. A mobile alert is informative if it effectively provides helpful information. In the mobile advertising context, informativeness can lead to favourable attitude formation [18,19,37,72]. Ref. [19] found that mobile advertising messages delivering high informational value create positive attitudes towards mobile advertising. Ref. [18] found that informativeness and credibility positively correlated with overall attitude towards mobile advertising. Thus, consumers expect messages to be personally relevant. Ref. [37] showed the influence of informativeness on attitude to mobile advertising. Ref. [72] showed that young consumers’ attitudes towards mobile advertising were favourably influenced by the perceived informativeness of mobile ads. It is unsurprising that [73] found that consumers are not upset if advertisers present advertisements with relevant information. Therefore, we proposed:



Hypothesis 7a (H7a).

The informativeness of mobile advertising alerts positively influences attitudes towards them.





Personalisation is the ability of a branded mobile app to identify and treat its consumers as individuals through targeted advertisements [6]. Personalisation can be based on consumers’ past behaviour (e.g., retargeted ads), current behaviour (e.g., contextual ads), and knowledge of the consumer’s profile (e.g., personalised e-mails) and location (e.g., mobile ads) [74]. Big data technologies, such as data mining, usage patterns, location detection, and transaction history, have presented marketers with new ways to target mobile users, based on personalisation. More and more consumers are carrying smartphones, which increasingly receive compelling offers that instantaneously pop up on their screens. Mobile advertising alerts allow marketers to deliver ads and coupons through branded mobile apps customised to individual consumers’ preferences, geographic location and the time of day; this increases the impact of in-app advertising [75]. Ref. [76] found that personalised mobile advertising content had a positive relationship with Chinese users’ attitude towards mobile advertising. Ref. [77]’s South Korean-based study also supports results that consumers who receive location-based mobile advertising with messages (i.e., personalised advertisements) consistent with their preferences tend to have positive attitudes.



Personalised mobile advertising alerts enable consumers not only to reduce the time they spend searching for information, but also to receive individualised services that precisely address their needs [78]. Previous studies have shown that customers are receptive to personalised advertising relevant to their lifestyles [6,79]. Ref. [6] showed that personalisation influenced consumers’ perceptions of benefits. Mobile advertising content should be personalised or matched to users’ preferences and profiles at the right time and at the right place [60,80]. Therefore, we proposed:



Hypothesis 7b (H7b).

The personalisation of mobile advertising alerts positively influences attitudes towards them.





Credibility relates to consumers’ perception of the truthfulness and believability of an advertisement and the associated brand [39]. Overall, previous research has suggested that credible advertisements tend to generate positive advertising outcomes and are a determining factor in the effectiveness of mobile advertising [60,61]. For instance, studies have found that credibility has a significant positive effect on consumers’ attitude towards mobile advertising and on how they evaluate advertisements [18,81]. For the purposes of this study, it was proposed that the credibility of the messages sent through mobile advertising alerts has a positive influence on consumers’ attitude towards them. Therefore, we proposed:



Hypothesis 7c (H7c).

The credibility of mobile advertising alerts positively influences attitude towards them.





The research hypotheses are depicted in Figure 1.






3. Method


3.1. Design and Sample


The empirical study was undertaken with a sample of 340 Spanish customers of an online fashion outlet, all social media users, who make their purchases from the company exclusively through its branded mobile app. The company is a leader in e-commerce markets in Spain, Italy, Brazil, and Mexico. It has a strong social media presence on Facebook, Twitter, and Instagram. Sustainability is a growing focus for the company, and its products are increasingly manufactured using recycled materials. Its parent company is Veepee, an international e-commerce company specialised in the flash sales industry. Veepee’s sales exceeded 4000 millions euros in 2019. Spain is Veepee’s second largest market, with sales of 450 million euros in 2019.



The sample was gathered from four email deliveries of a structured online questionnaire to 79,300 customers. The sample selection procedure was non-probabilistic (convenience); 400 responses were received. After a filtering process to eliminate incomplete or invalid questionnaires, 340 valid responses were obtained. The majority of the sample was female (70.50%); the main age ranges were 25 to 34 (36.10%) and 35 to 44 (47.10%). Some 66.1% had tertiary education (graduate/postgraduate), and 80.10% were employees. Of the sample, 84.3% had made at least two purchases through the branded mobile app of the company in the previous year, and 65% had been customers of the company for more than one year. As for the purchases made, the highest percentages were clothes (79.9%), shoes (77.7%), and accessories (49.6%). The channels through which the respondents preferred to share the mobile app with their friends/contacts were social media (55.45% through WhatsApp, 36.56% through Facebook, and 9.34% through Twitter) and email (47.35%).




3.2. Measures


The study factors were measured using indicators adapted from previous studies, as Table 1 shows. All the variables were measured on 7-point Likert-type scales (1, totally disagree, to 7, totally agree). Perceived value was measured through an adaptation of a four-item scale validated in previous research on mobile services [44,82] and clothing retail [83]. Perceived ease of use, perceived usefulness, and attitudes were measured using scales adapted from [36,84] to the context of mobile apps. These scales have been used in a variety of research settings. Informativeness was measured using a four-item scale validated in previous research [85,86]. Personalisation was measured on a two-item scale and credibility with a three-item scale, both variables being adapted from [87]’s research into mobile advertising. Irritation was measured by adapting a two-item scale from studies [56,88] into mobile advertising. Perceived control was measured on a three-item scale adapted from [70] research into mobile advertising. Acceptance of mobile advertising was measured using a scale developed by [64] in the context of mobile advertising, as applied by [56]. Purchase intentions were measured on a three-item scale adapted from [89] to the context of mobile apps, and word of mouth was measured on a three-item scale adapted from [90].




3.3. Validation of the Measurement Instrument


To assess the validity and reliability of the data, a confirmatory factorial analysis (CFA) was carried out (using the EQS 6.2 program). The research model had no convergent validity problems, as the CFA showed a model fit of Chi-square 1508.441, with 674 degrees of freedom, NFI = 0.900, NNFI = 0.933, CFI = 0.942, IFI = 0.942, and RMSEA = 0.061; all factor loadings were significant and higher than 0.6 [91,92]. There were no reliability problems according to Cronbach’s alpha [93], the compound reliability criteria (all above the cut-off point 0.70), and the average variance extracted (all above the cut-off point 0.5). For more information, see Table 2.



The following were used to evaluate discriminant validity: (a) The [94] confidence interval test (calculating a confidence interval of +/− 2 standard errors between factor correlation, and determining validity if the interval does not include the value 1); and (b) the variance extracted test [95], which verifies that the square of the covariance of each pair of factors is less than the variance extracted from each of the factors. These conditions were met for all factors (See Table 3), confirming the discriminant validity of the measurement model.





4. Results and Discussion


A structural modelling method based on covariance was used to test the hypotheses. This method yielded a model fit of Chi-square 1899.454, with 715 degrees of freedom. NFI = 0.874, NNFI = 0.910, CFI = 0.917, IFI = 0.918 and RMSEA = 0.070. Table 4 shows the standardised loadings of the proposed structural relationships and the corresponding levels of significance deduced from their respective associated ‘t’ statistical values. In addition, the R2 values were obtained to verify the strength and predictive relevance of the model. All R2 values were higher than 0.10 [96], which leads to the conclusion that the model is robust and has predictive relevance.



The results showed that perceived value strongly positively influenced consumer continuance intention for branded mobile apps. Repurchase intention for fashion products through branded mobile apps is determined by specific objectives linked to saving time and/or obtaining good value for money (H1a accepted, β = 0.685**). This finding is consistent with the Uses and Gratifications theory; the results showed that the perceived value of a technology (branded mobile app) influences consumers’ usage intentions [97]; this corroborates previous studies [15,25,27,28,29] that examined the role of perceived value in intention to use mobile commerce. The findings also showed that perceived value influences recommendation behaviour on social media (H1b accepted, β = 0.314**). Therefore, the perceived value of branded mobile apps generates greater predisposition to share and/or recommend these apps to friends and acquaintances [34,98]. This result supports [55]. It is, thus, reasonable to assume that branded mobile app users that perceive greater value in MMAs are more likely to read these mobile messages and will be more willing to continue receiving them in the future (H1c accepted, β = 0.430**).



The consumer’s willingness to receive mobile advertising alerts (MMA acceptance) affects purchase intention through the branded mobile app (H2 accepted, β = 0.101**). This result extends the findings of [38]’s model and the Technology Acceptance Model [36] to the context of fashion products’ branded mobile apps. Our results are consistent with [99]’s research findings, that is, mobile users who perceive more value in mobile advertising tend to pass the advertisements to others, and those who accept mobile advertising are more likely to purchase the advertised brands. Finally, we found that purchase intentions positively impact on WOM on social media (H3 accepted, β = 0.538**). The ease and breadth of ways in which consumers can share the benefits of branded mobile apps as shopping channels work as a strong predictor of WOM on social media.



It was confirmed that perceived usefulness is the strongest predictor of perceived value (H4a accepted, β = 0.573**), which indicates that users value the degree to which branded mobile apps improve their performance in the purchase of fashion products. This result suggests that, to increase perceived value, the MAA content must convince consumers of the potential advantages of shopping for fashion products through the branded mobile app (e.g., saving time and money, providing incentives). This result complements recent studies [100,101] that also demonstrated that perceived usefulness is a key driver of the perceived value of branded mobile apps. Ease of use had a strong impact on perceived usefulness (H4b accepted, β = 0.791**), confirming the TAM proposition [36]. The simplicity of use of the application during the fashion product purchase process influenced the perception of the efficiency of the process, which increased the perception of its usefulness. However, perceived ease of use did not influence perceived value (H4c rejected), perhaps because the sample was very experienced, being formed by heavy users of mobile commerce applications. It is obvious that the respondents consider the dimension of usefulness of branded mobile apps to be very important for their future use intention. On the other hand, many consumers have become familiar with how to use these apps. Thus, undertaking mobile transactions for them is a simple process, which reduces the significance of the ease of use variable in the perceived value of the service. Attitude towards mobile advertising alerts had influence, although not very strong, on perceived value (H5 accepted, β = 0.161**). It was observed that irritation negatively influenced perceived value (H6a (−) accepted, β = −0.195). This result suggests that the effect of irritation on the perceived value of smartphone advertising [55] can be extended to the context of mobile advertising alerts sent to customers subscribing to a branded mobile app. As the consumer’s feelings of irritation can reduce the perceived value of advertisements, it is of utmost importance that advertisers avoid sending consumers irritating mobile advertising content. Mobile advertising alerts that provide justification for the offers they make might enhance customer engagement by making their competitive value proposition more salient. As the mobile phone is a highly personalised device, receiving irrelevant content is damaging to both the consumer and the advertiser [53]. Marketers need to find an optimal balance between achieving more precise targeting and preventing consumer backlash triggered by perceptions that the mobile-targeted ads are invasive. No relationship was found between perceived control and perceived value, rejecting H6b. Users of branded mobile apps may expect to be able to modify or cancel permissions to receive alerts whenever they want. This result is consistent with [55]’s research on location-based mobile services, but contradicts prior findings on the positive effects of control and prior consent on mobile advertising adoption [20,67,99]. A possible explanation for the rejection of H6b is the role of context in determining the significance of perceived control over mobile advertising. For example, perceived control had no impact on mobile advertising acceptance in [64]’s Finland-based study, ref. [55]’s Singapore-based study, and [70]‘s Finland-UK-and Germany-based study. In these countries, as in Spain, current laws and policies protect consumer rights, so consumers may feel less concerned about having full control over receiving mobile advertisements. The Spanish government has strict rules controlling spam and personal data protection for mobile advertisements; these have been reinforced in recent years. These protective measures may explain why Spanish consumers regard control over mobile advertising alert (MAAs) as being unimportant. Perceived control was observed, however, to reduce consumers’ perceived irritation (H6c (−) accepted, −0.580**), which indicates that where the user perceives (s)he is in control, the irritation generated by excessive exposure decreases. As [55] pointed out, perceived control of the permission to receive and filter mobile advertising avoids interruptions, which reduces irritation. As this relationship has rarely been tested in the mobile marketing literature, this finding complements the permission marketing literature.



Although data-driven mobile advertising alert characteristics were significant predictors of attitude towards the alerts, there were differences in terms of the influence they exerted. It was found that credibility had the highest effect on attitude (H7c accepted, β = 0.632**). This result suggests that, as MAAs can directly reach consumer’s smartphones, when consumers use branded mobile apps, they adopt a self-scrutinising attitude towards prioritising trustworthy and believable content [53,102]. Informativeness positively influenced attitude (H7a accepted, β = 0.229**). Overall, the related literature agrees that informative mobile ads provide the user with the ability to make informed judgments about future purchases and that the user’s perception of this favourable aspect of the ad leads to the formation of a positive attitude towards the ad [18,19,37,72]. However, personalisation was not shown to have a significant impact on attitude towards mobile advertising alerts, rejecting H7b. This may be partly because the effectiveness of personalised mobile advertising tends to decrease as consumers get closer to their purchase decision, which suggests personalisation has a higher impact when information gathering is the main goal [74].




5. Conclusions


The latest developments in social media and mobile communication technologies are changing how businesses capture and use data they derive from the individual user’s mobile activity. Mobile tracking technologies can be used to gather information on consumer mobile shopping habits and lifestyle preferences, which companies can use to personalise the communications sent through mobile advertising alerts. Data-driven mobile communications are now critical tools that allow mobile app developers to both understand customer behaviour and design customised products and services in response to consumer requirements and changes in demand [6]. This research contributes to the academic literature on advertising effectiveness by proposing an integrative model which examines the influence of mobile advertising alerts, permission marketing variables, consumer beliefs and perceived value on consumer continuance intention towards branded mobile apps. Overall, the model explains 71.3% of the variance of attitude towards mobile advertising alerts, 53.8% of the variance of repurchase intentions, and 63.4% of the variance of positive recommendations for branded mobile apps on social media. The results extend the existing knowledge about the mobile shopping behaviour of social media users by explaining how mobile advertising content influences consumers’ perceived value of branded mobile apps which, in turn, favours continuance intention. In a practical sense, our results advise advertisers of the key factors to consider when designing mobile advertisements targeted to users of branded mobile apps.



The results of this study indicate that most of the proposed relationships between the constructs exhibit significant coefficients, and that the research model is, therefore, generally plausible. The verification of these hypotheses confirms the importance of data-driven mobile advertising content, the use of permission marketing strategies and consumer beliefs about branded mobile apps for improving perceived value which, in turn, influences mobile advertising acceptance, and purchase intentions and word of mouth on social media. While previous research has focused only on attitude and acceptance of mobile advertising, this study introduces the mediating role of perceived value on the behavioural component. The application of the study to the specific fashion sector context is a further contribution, given the scarce research applied to the sector, and the potential of big data for branded mobile apps.



This research offers several managerial implications for fashion sector companies that use branded mobile apps; these might be used to reinforce the main factors that influence intention to repurchase and recommendation behaviour. Users perceive value when buying through mobile applications. To increase perceived value, practitioners must find ways to enhance perceived usefulness (strongly influenced by ease of use). Users increasingly want to expend less effort and have faster and more efficient applications. Therefore, strategies that offer greater usefulness must ensure that all the purchase steps of the application are simple and flexible (browsing, adding products to the cart, initiating orders, shipping information, payment), and involve a minimum number of (essential) tasks. Moreover, they must be efficient and dynamic. Any functionality element of the device that causes abandonment of the application must also be identified. Perceived value can also be increased through attitude towards mobile advertising alerts, which is strongly reinforced by the message credibility of the alerts, and by their informational value. Thus, mobile advertising alerts must generate customer trust and informational value. Marketers should focus on the perceived value that mobile advertising can bring to consumers through the relevance and credibility of the advertising content, and on permission marketing strategies. Perceived value should not be understood as merely providing discounts, but should be seen also as providing timely and exclusive information. As for informational value, it is recommended that producers offer timely, accurate, and useful information. Perceived value can be increased by reducing the irritation caused by mobile advertising alerts. Advertisers are advised to practice pull advertising, which is less irritating to consumers. Companies should find the right balance (after identifying the tolerance threshold) to ensure that users do not become annoyed. This may be achieved by making users feel that they have control over the sending of alerts (through permission marketing), and periodically reminding them that they can change their alert preferences. These managerial implications can be extended to online companies in other sectors, such as cosmetics, perfumes, accessories, home and decoration products, and wellness, given that these companies have an emerging niche of consumers to target with mobile-enabled flash and private sales. In Spain, fashion products are the second most sold category through smartphones, followed by accessories, travel, beauty, and wellness [3]. In Europe, Veepee pioneered the online flash-sale model for luxury brands, and this business model is now gaining popularity in other industries beyond fashion. As an example, the European e-commerce leader in furniture and home accessories, Westwing.com, uses targeted mobile advertising to offer flash-sale discounts of up to 70% on selected famous-brand products, private label products, and upcoming designers, to its mobile branded app subscribers. Another example is Beaute Privee, a private beauty and wellness club; it offers flash-sales through its branded mobile app of cosmetics and perfume brands with discounts up to 90% of the original price.



This study has limitations that open avenues for future research. The empirical research focuses on a single sector and shopping channel (purchase of fashion products through a branded mobile app). We suggest that the relationships of the proposed model should be applied to a sample of online consumers who purchase fashion, beauty, and wellness products through different channels (social media, websites, and branded mobile apps) to compare the results obtained with the findings of this research. Recent research [103] has identified perceived value and attitudes as key drivers of sustainable clothing purchasing behaviour. Therefore, in future studies we propose to analyse the moderating role of fashion product type (sustainable clothes versus non-sustainable clothes) on the relationships of the proposed model. Incentives included in the mobile advertising alerts may also play a role in increasing advertising value and in forming favourable attitudes towards purchase intention through mobile apps. Thus, the relationships among incentives, attitude, and purchase intention need further investigation. Personalisation may cause privacy concerns. Empirical research that pursues insights into the moderating effects of privacy concerns on the relationships between personalisation and attitude towards mobile advertising is needed. Qualitative software, such as Leximancer, has been used in recent research to analyse user-generated content on social media and identify the dominant themes of consumer experience [104]. We propose as a future research line to complement this quantitative study with a qualitative analysis of online reviews posted on social media, where Veepee has high visibility, to identify the dominant themes of the mobile consumer experience of buying fashion products and the key drivers of the perceived value of branded mobile apps.
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Figure 1. Research model. 
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Table 1. Measurement of the variables.
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Variable

	
Item

	
Source






	
Perceived value (PV)

	
The products that I buy in this mobile app are good value for money

	
[44,82,83]




	
The time I spend making purchases in this mobile app is reasonable




	
The effort that I dedicate to purchasing in this mobile app is worth it




	
I think that, in general, it is worth using this mobile app to buy




	
Perceived usefulness (PU)

	
To use this mobile app to buy...

	
... makes the purchase process easier

	
[36,84]




	
... allows me to make purchases more quickly




	
... is useful




	
... allows me to buy more efficiently




	
Perceived ease of use (PEOU)

	
... has been easy to learn for me




	
… is easy for me




	
… does not require much mental effort




	
...is easy by following the instructions available in the mobile app




	
Attitude (ATT)

	
Using the MAA service...

	
… is an idea that I like




	
… is a good idea




	
… is a positive experience




	
… influences my purchasing behaviour




	
Informativeness (INF)

	
The MAAs that I receive…

	
… give me timely information about available products

	
[85,86]




	
…give me relevant information about available products




	
… are a good source of information about available products




	
… contain updated information on available products




	
Personalisation (PE)

	
The MAAs show me personalised messages

	
[65,87]




	
The contents of MAAs are adjusted to my preferences and interests




	
Credibility (CR)

	
I trust the content of the MMAs

	
[87]




	
The content of the MMAs is a good reference to make my purchasing decisions




	
The content of the MMAs is convincing




	
Irritation (IRR)

	
The MAAs service...

	
… is offensive

	
[56,62,88]




	
… is annoying




	
… is intrusive




	
Perceived control (PC)

	
I feel that with this company

	
… I can choose the type of MMAs I receive

	
[70]




	
… I can easily control the number of MAAs I receive




	
… I can easily cancel the permission to send me MAAs




	
Mobile advertising alerts acceptance (ACC)

	
I feel positive about MAAs

	
[56,65]




	
I would be willing to receive more MAAs in the future




	
I would read all the MAAs I receive in the future




	
Repurchase intention (RI)

	
I intend to continue using this mobile app to buy products

	
[89]




	
I am likely to buy again through the mobile app in the near future




	
I hope to buy again through this mobile app in the future




	
Word of mouth on social media (WOM)

	
I like to say positive things to other people about this app on social media

	
[90]




	
I recommend on social media the use of this mobile app to anyone who asks me for advice




	
I encourage friends and acquaintances to buy through this mobile app
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Table 2. Confirmatory factor analysis of the research model.
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Variable

	
Loading

	
T-Value

	
Cronbach’s Alpha

	
IFC

	
AVE






	
Perceived value

	
0.722

	
15.023

	
0.897

	
0.900

	
0.693




	
0.824

	
18.199




	
0.891

	
20.614




	
0.881

	
20.238




	
Perceived usefulness

	
0.881

	
20.330

	
0.918

	
0.919

	
0.740




	
0.892

	
20.749




	
0.900

	
21.088




	
0.761

	
16.249




	
Perceived ease of use

	
0.870

	
20.030

	
0.913

	
0.918

	
0.739




	
0.968

	
24.066




	
0.710

	
14.869




	
0.871

	
20.057




	
Attitude to MMAs

	
0.871

	
19.922

	
0.897

	
0.903

	
0.703




	
0.900

	
21.043




	
0.887

	
20.525




	
0.676

	
13.797




	
Informativeness

	
0.895

	
21.106

	
0.962

	
0.961

	
0.861




	
0.918

	
22.030




	
0.958

	
23.789




	
0.940

	
22.975




	
Personalisation

	
0.861

	
19.202

	
0.893

	
0.895

	
0.810




	
0.937

	
21.900




	
Credibility

	
0.797

	
17.394

	
0.905

	
0.910

	
0.772




	
0.917

	
21.798




	
0.917

	
21.777




	
Irritation

	
0.760

	
16.245

	
0.908

	
0.912

	
0.778




	
0.928

	
22.039




	
0.946

	
22.753




	
Perceived control

	
0.911

	
21.323

	
0.887

	
0.896

	
0.744




	
0.934

	
22.223




	
0.727

	
15.193




	
MMAs acceptance

	
0.801

	
17.645

	
0.922

	
0.930

	
0.816




	
0.938

	
22.730




	
0.962

	
23.754




	
Repurchase intention

	
0.935

	
22.791

	
0.964

	
0.965

	
0.902




	
0.973

	
24.498




	
0.941

	
23.030




	
Word of mouth on social media

	
0.879

	
20.238

	
0.928

	
0.927

	
0.810




	
0.927

	
22.127




	
0.893

	
20.775
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Table 3. Discriminant validity of the research model.
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	PV
	PU
	PEOU
	ATT
	INF
	PE
	CR
	IRR
	PC
	ACC
	RI
	WOM





	PV
	0.832
	(0.699; 0.811)
	(0.567; 0.711)
	(0.339; 0.535)
	(0.351; 0.539)
	(0.318; 0.518)
	(0.379; 0.567)
	(−0.492; −0.292)
	(0.311; 0.511)
	(0.292; 0.492)
	(0.663; 0.783)
	(0.629; 0.761)



	PU
	0.755
	0.860
	(0.739; 0.835)
	(0.230; 0.442)
	(0.209; 0.417)
	(0.256; 0.464)
	(0.239; 0.447)
	(−0.315; −0.091)
	(0.213; 0.425)
	(0.143; 0.359)
	(0.474; 0.638)
	(0.396; 0.570)



	PEOU
	0.639
	0.787
	0.860
	(0.120; 0.340)
	(0.140; 0.352)
	(0.146; 0.366)
	(0.161; 0.377)
	(−0.302; −0.082)
	(0.166; 0.382)
	(0.079; 0.299)
	(0.383; 0.559)
	(0.278; 0.478)



	ATT
	0.437
	0.336
	0.230
	0.838
	(0.649; 0.769)
	(0.611; 0.751)
	(0.783; 0.871)
	(−0.628; −0.460)
	(0.563; 0.711)
	(0.690; 0.802)
	(0.326; 0.518)
	(0.446; 0.618)



	INF
	0.445
	0.313
	0.246
	0.709
	0.928
	(0.531; 0.683)
	(0.669; 0.785)
	(−0.607; −0.439)
	(0.513; 0.669)
	(0.522; 0.670)
	(0.405; 0.577)
	(0.480; 0.640)



	PE
	0.418
	0.360
	0.256
	0.681
	0.607
	0.900
	(0.747; 0.851)
	(−0.574; −0.390)
	(0.702; 0.818)
	(0.545; 0.697)
	(0.251; 0.455)
	(0.415; 0.595)



	CR
	0.473
	0.343
	0.269
	0.827
	0.727
	0.799
	0.879
	(−0.700; −0.552)
	(0.694; 0.806)
	(0.656; 0.776)
	(0.402; 0.578)
	(0.556; 0.704)



	IRR
	0.392
	0.203
	0.192
	0.544
	0.523
	0.482
	0.626
	0.882
	(−0.638; −0.474)
	(−0.690; −0.542)
	(−0.509; −0.317)
	(−0.579; −0.399)



	PC
	0.411
	0.319
	0.274
	0.637
	0.591
	0.760
	0.750
	0.556
	0.863
	(0.535; 0.687)
	(0.311; 0.503)
	(0.431; 0.607)



	ACC
	0.392
	0.251
	0.189
	0.746
	0.596
	0.621
	0.716
	0.616
	0.611
	0.903
	(0.304; 0.496)
	(0.446; 0.614)



	RI
	0.723
	0.556
	0.471
	0.422
	0.491
	0.353
	0.490
	0.413
	0.407
	0.400
	0.950
	(0.720; 0.820)



	WOM
	0.965
	0.478
	0.378
	0.532
	0.560
	0.505
	0.630
	0.489
	0.519
	0.530
	0.770
	0.900
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Table 4. Structural model.
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	Structural Relation
	T-Value
	Standardised Path Coefficients





	H1a. Perceived value—Repurchase intention
	11.329
	0.685 **



	H1b. Perceived value—WOM on social media
	5.029
	0.314 **



	H1c. Perceived value—MAA acceptance
	7.100
	0.430 **



	H2. MAA acceptance—Repurchase intention
	2.205
	0.101 *



	H3. Repurchase intention—WOM on social media
	8.818
	0.538 **



	H4a. Perceived ease of use—Perceived value
	n.s
	n.s



	H4b. Perceived usefulness—Perceived value
	7.410
	0.573 **



	H4c. Perceived ease of use—Perceived usefulness
	15.865
	0.791 **



	H5. Attitude to MAAs—Perceived value
	2.952
	0.161 **



	H6a. Irritation—Perceived value
	−3.886
	−0.195 **



	H6b. Perceived control—Perceived value
	n.s.
	n.s



	H6c. Perceived control—Irritation
	−10.136
	−0.580 **



	H7a. Informativeness—Attitude to MAAs
	4.172
	0.229 **



	H7b. Personalisation—Attitude to MAAs
	n.s.
	n.s.



	H7c. Credibility—Attitude to MAAs
	7.289
	0.632 **







R2 (PU) = 0.626; R2 (PV) = 0.651; R2 (ATT) = 0.713; R2 (IRR) = 0.336; R2 (ACC) = 0.186; R2 (RI) = 0.538; R2 (WOM) = 0.634. * p < 0.05; ** p < 0.01.














© 2020 by the authors. Licensee MDPI, Basel, Switzerland. This article is an open access article distributed under the terms and conditions of the Creative Commons Attribution (CC BY) license (http://creativecommons.org/licenses/by/4.0/).






nav.xhtml


  sustainability-12-06753


  
    		
      sustainability-12-06753
    


  




  





media/file0.png





media/file2.png
CONSUMER BELIEFS DATA-DRIVEN MOBILEADVERTISING ALERTS PERMISSION MARKETING

Percerved

Personalisation Percetved

control

usefulness Ease of use

Credibility

H5(+)

Perceived

Purchase
Intention

acceptance

CONTINUANCE INTENTIONS






media/file1.jpg





