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Abstract

:

The purpose of this study was to investigate the association between the financial statement format (abbreviated or micro) and the level of trade credit. To test this relationship, we used a sample of 76,490 company-year observations of small companies in Belgium over the period of 2017–2019. We found that micro-entity accounts are negatively associated with the level of trade credit. Hence, our results provide evidence that more detailed financial statements are associated with higher levels of trade credit. In addition, we show that suppliers increase their reliance on the financial statement format when companies have lower inventory levels. Our results provide additional insights into the value of financial statements of small companies in the context of trade credit decisions. This study is set within the wider context of the simplification measures taken by the European Union (EU) to reduce the administrative burdens for small companies. The recent policy measures have further extended the debate on financial reporting regulation for small companies. A primary topic in this context is the discussion of the value of publicly available financial information in a small company context.
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1. Introduction


This study is set within the wider context of the Europe 2020 Strategy for smart, sustainable, and inclusive growth, which aims to reduce administrative burdens and improve the business environment, particularly for small companies. One of the most burdensome constraints for SMEs is compliance with administrative regulations. SMEs are believed to suffer disproportionately from such burdens due to their limited resources [1]. Financial reporting and auditing have been identified as key areas for reducing the administrative burden for European companies. Hence, Europe introduced a new Accounting Directive (2013/34/EU) that permits Member States of the EU to exempt ‘micro-entities’ (micro-entities are companies that do not exceed the thresholds of at least two of the following three criteria at the balance sheet date: (i) a balance sheet total of EUR 350,000, (ii) a net turnover of EUR 700,000, and (iii) an average workforce during the financial year of 10 employees) from the general financial statement publication requirement (the balance sheet information should, however, be duly filed, in accordance with national law, with at least one designated competent authority, and the information should be forwarded to the business register, so a copy should be obtainable upon application). As a result, micro-entities will experience a substantial reduction in financial disclosure requirements. According to EUROSTAT, micro-entities represent 93% of all companies in the European Union (the EU28). They also contribute the largest shares of both value added and employment, at 20.8% and 29.7%, respectively. Together with small companies, they are considered ‘the backbone of the EU economy’.



The recent policy measures have further extended the debate on financial reporting regulation for small companies. A primary topic in this context is the discussion of the value of publicly available financial information in a small company context. The arguments presented for relaxing financial reporting requirements of small companies are based on the premise that the benefits of financial statements are relatively small because of the limited number of financial statement users (COM/2007/0394 final). There are also costs associated with financial reporting requirements, which are said to disproportionally affect small firms to a greater extent. There are direct costs from collecting and producing financial information but also, and maybe more importantly, indirect costs resulting from disclosing information to the public and, in particular, to competitors [2,3,4]. Financial statements often contain confidential information, and small companies in particular may perceive the disclosure of this information as a breach of privacy [1,3,5].



Although the cost and benefits arising from financial disclosure may differ between small and large companies, Collis [6] and Kitching et al. [1] have criticized this one-sided conception of regulation as a business burden. These authors call for a more nuanced approach, where the potential benefits from publicly available information are also taken into account when simplifying financial reporting requirements for small companies. Financial disclosure may reduce information asymmetries between small companies and their stakeholders, which might improve access to finance [1]. This may be particularly relevant in the context where stakeholders, such as small trading partners, lack the power to demand additional information from the company.



There are relatively few studies available that provide theoretical grounds or empirical evidence on the costs and benefits of financial disclosure by small companies. Research on this subject is nevertheless important to help understand the value of publicly available financial information in a small company setting. Several authors have therefore called for more empirical research in this area (see, for example, [1,6,7]). To the best of our knowledge, there is only one study based on a large sample that has examined the relationship between reduced financial disclosure under the small/micro-company reporting regimes and corporate outcomes. A recent study by Peel [7] showed that UK companies that opt for micro-entity accounts were allocated lower credit scores by a credit rating agency. Because the credit scorer is aware that the typical small company files abbreviated accounts under the small company regime, the choice for micro-entity accounts acts as a negative signal of lower quality (higher risk). In this paper, we aim to contribute to this growing area of research by examining the association between the financial statement format (abbreviated or micro accounts) and the level of trade credit. This research is important given that small companies struggle more than large companies to obtain finance (see, e.g., [8]).



Prior research has shown that more detailed or qualitative financial statements can reduce information asymmetries in small companies and, hence, improve access to bank finance (see, e.g., [9,10,11,12,13,14]). Few studies have paid attention to the role of financial statements in access to trade credit. Nevertheless, trade credit has been shown to be an important source of short-term finance for private companies (see, e.g., [15,16,17,18]).



To test the relationship, we used a sample of 76,490 company-year observations of micro-entities in Belgium over the period of 2017–2019. We found that micro-entity accounts are negatively associated with the level of trade credit. In addition, we found evidence that suppliers increase their reliance on the financial statement format when companies have lower inventory levels. Our results provide additional insights into the value of financial statements of small companies in the context of trade credit decisions.



The remainder of the paper is organized as follows. In Section 2, we review prior literature and the development of our hypotheses. In Section 3, the institution setting in Belgium is discussed. Section 4 presents our sample selection and research methodology. The results are presented and discussed in Section 5. Finally, we summarize our conclusions in Section 6.




2. Literature Review and Hypotheses Development


2.1. Motives and Importance of Trade Credit


There are two main motives for the use of trade credit: the ‘transactions’ motive and the ‘financing’ motive.



To fully explain the transactions motive, we compare two situations: the transaction of goods with or without the interference of trade credit. If an exchange of goods happens without the interference of the trade credit mechanism, there will be no time gap between the payment of goods and the delivery of these goods. In other words, when the goods are delivered, the payment needs to occur immediately to conclude the transaction. A company always needs to hold a financial buffer to cover for the inconsistent fluctuations of the exchange of goods. Keeping this cash buffer also implies additional costs. This is not optimal for the operation of a company and brings about a lot of uncertainty in money holdings and flows [19].



If we include the instrument of trade credit in this situation, the transaction of goods can be split into two separate transactions: goods for a short-term loan and the short-term loan for money. By making certain agreements through a contract, there is more certainty about the payments and the timing of these payments. In this way, the uncertainty regarding money flows and money holding can be reduced. When the buyer and supplier exchange information, the frequency of payments can be optimized. Since a buyer now has more knowledge on the amount of cash the company will need in the short-term future, money flows will be optimized. The exchange cost will also be lowered because of the separation between the delivery of goods and the payment for these goods [19]. The mechanism of trade credit serves to reduce transaction uncertainty [20] and transaction costs [21,22,23].



The other motive for the use of trade credit is a ‘financial’ motive. Suppliers of trade credit often give cash discounts to their buyers to stimulate early payments of goods and services. The interest rates on these cash discounts are higher than the rates for other external funds [21,22]. The ‘financing’ theory offers an explanation as to why firms would prefer ‘more expensive’ trade credit over finance from financial institutions. In short, credit from financial institutions is limited and harder to obtain for small opaque companies. Because of their inherent lack of transparency, information asymmetries are typically very large in small companies [24]. Hence, it is usually more difficult for banks to distinguish between high and low creditworthy firms. This uncertainty and the difficulty of obtaining credible financial information on small companies constitute the reason why banks charge higher interest rates and limit their access of finance [21]. The next form of finance, according to the ‘pecking order’ theory, is trade credit, which is considered to be a substitute for missing or expensive short-term credit from banks. Furthermore, trade credit is easy to access and ready at hand.



Prior research has shown the importance of trade credit as a short-term source of finance for small companies. More specifically, small firms that are credit rationed by banks seem to use more trade credit [22,25,26,27,28]. Studies in various countries have examined the use of trade credit in SMEs. Petersen and Rajan [22] showed, based on data on small and private US companies, that trade credit is used as a substitute for unavailable bank loans. Huyghebaert [26] focused on Belgian start-ups and provided additional evidence that start-ups use more trade credit when financial constraints are large.



García-Teruel and Martínez-Solano [29] used a comprehensive, pan-European database with financial data on seven European countries (including Belgium) for the period of 1996 to 2002. They found that continental European countries (France, Belgium, Greece, and Spain) exhibit relatively high levels of trade credit to total assets (ranging from 24.9% for Spain to 28.5% for France). Moreover, they also found evidence that firms turn to suppliers for credit when alternative sources of finance are limited. Similarly, a more recent study on European SMEs found that trade credit is greater in volume than short-term bank credit. Trade credit represents on average 22.5% of total assets compared with 9.4% of short-term bank credit. The study also confirmed the substitution effect.



Overall, by virtue of its size, we can conclude that trade credit is an important form of financing for SMEs.




2.2. Hypothesis Development


In general, financial statements mitigate the problem of information asymmetry that arises from the separation of ownership and control. However, micro-entities are typically closely held, and shareholders take an active role in managing the company [6,30]. In addition, they usually have direct access to management accounts. Therefore, the typical agency relationship that exists in large companies with respect to the separation of ownership and control is seldom the case in micro-entities. Accordingly, prior studies questioned whether financial statements are useful in a small private company setting (see, e.g., [30,31,32]).



However, micro-entities still engage in contracting with external parties, such as banks, suppliers, and customers, for whom financial information is also important (see, e.g., [33,34,35,36]). Financial statements ensure that a minimum of financial information is available to interested users. Small companies rely more on debt and trade credit in comparison with large companies [37]. Consequently, in small companies, agency conflicts are likely to occur between the small company and capital providers, such as banks and suppliers. Although agency conflicts can be reduced via private channels [31,37,38], that does not mean that financial statements are not valuable in lending decisions. This is especially true for micro-entities, who typically have fewer competing information sources available, given the lack of business analysts, press releases, and non-accounting information. In this respect, the financial statements are usually the only source of verifiable financial information available [39,40].



Indeed, previous research has shown that more detailed or qualitative financial information can reduce information asymmetries of small companies, which may improve their access to finance. Most of these studies focus on access to bank lending (see, e.g., [9,10,11,12,13,14]). However, trade credit is also widely used as a source of finance by small companies [41]. This is especially the case when bank lending is limited or is not available [22,27]. The question of whether more detailed financial information can improve access to trade credit has received much less attention. Information asymmetries may lead to credit rationing by financial institutions; however, it may equally affect supplier trade credit. This may be particularly relevant in the context where small trading partners lack the power to demand additional financial information from the company [33].



Collis et al. [41] conducted interviews in order to provide empirical evidence on the value of financial statements of SMEs in obtaining trade credit. Their results demonstrate that lenders use information derived from SMEs’ financial statements together with other (nonfinancial) information. Financial statement information becomes more important when larger entities contract with smaller entities. García-Teruel et al. [16] show that larger Spanish SMEs with more qualitative financial statements have access to more trade credit. Similarly, Elemes and Filip [42] find evidence that high-quality financial reporting is associated with more trade credit financing for European private companies. Ceustermans et al. [43] find that voluntary disclosure in the financial statements of small Belgian companies increases the level of trade credit. These studies provide evidence that suppliers use (directly or indirectly) financial statements to assess customers’ credit risk.



Other studies, however, suggest that more detailed or qualitative financial statements are negatively associated with the availability of trade credit. Suppliers have several advantages in overcoming information asymmetries because of the personal relationship they have with their customers and their ability to liquidate assets [22,44]. As such, financial statement information is considered less important to evaluate a customer’s creditworthiness. In addition, and consistent with the pecking order of debt financing, companies prefer bank lending and only turn to more expensive trade credit when bank lending is not available [40,45]. Therefore, small companies with more qualitative or more detailed financial statements have easier access to bank lending (see, e.g., [9,13,14]). The opposite is true for more financially opaque firms and, as a consequence, their demand for trade credit is likely higher [40,44]. In their study on listed US companies, Chen et al. [44] found evidence that accounting quality is negatively associated with the use of trade credit. This provides evidence that suppliers have advantages in overcoming information asymmetries and are therefore more likely to provide trade credit to customers with low accounting quality, thus suggesting that they are more financially opaque.



Although there are conflicting arguments and findings, previous studies conducted in a small or private company context [7,16,42,43] showed that financial reporting choices that increase financial reporting quality or transparency have positive economic consequences. To our knowledge, the study of Peel [7] was the first study to examine the new category of micro-entities, which are allowed to publish reduced financial statement information in micro-entity accounts. Based on a sample of 13,102 young, small, and micro companies in the United Kingdom, the results show that, relative to small companies filing abbreviated accounts, companies filing micro accounts are associated with lower credit scores. The author argued that filing micro-entity accounts conveys a negative signal to the credit scorer that micro companies are of lower quality (higher risk), because they publish less detailed financial statements compared with small companies. Relatedly, Collis [6] found that small UK companies often file audited and full financial statements voluntarily to send positive signals to lenders, suppliers, and customers that the business is well managed. A recent survey report of The European Federation of Accountants and Auditors for small- and medium-sized enterprises (EFAA for SMEs) documented that one of the reasons that micro-entities do not file micro-entity accounts is because of expectations of banks and trading partners and because micro-entities want to maintain transparency and signal ‘good quality’ reporting.



Building on the prior studies reviewed above, we posit that suppliers may perceive the filing of micro-entity accounts as a negative signal about the quality of the company. Hence, we hypothesize the following:



Hypothesis 1.

There is a negative association between filing micro-entity accounts and the level of trade credit.





Chen et al. [44] found in their study of listed US firms that accounting quality is less important for suppliers in assessing customer credit risk for customers with lower inventory liquidation costs. The authors argued that, in the case of lower inventory liquidation costs, suppliers can repossess the supplied inventory and recover their claims. Similarly, we posit that inventory may also change the importance of the format of the financial statements. Whether a micro-entity files abbreviated or micro-entity accounts may be less relevant when customers’ inventory levels are higher. Conversely, the format of the financial statements becomes more important when inventory levels are lower, because in the case of default, there is less to recover. Hence, suppliers will have to rely more on financial information to assess customers’ credit risk in the case of lower inventory levels. Hence, we expect that suppliers will be more willing to supply trade credit to customers with micro-entity accounts when inventory levels are higher (and thus inventory liquidation costs are lower). Therefore, we predict that the effect of filing micro-entity accounts on the reliance of trade credit is weaker for companies with higher levels of inventory. Based on the above discussion, we develop the second hypothesis:



Hypothesis 2.

The association between filing micro-entity accounts and trade credit is weaker for companies with higher inventory levels.





Suppliers use a customer’s reputation and relationships to reduce uncertainty and concerns about credit risk [22,46,47]. Young, growing companies typically lack such a proven track record or have not had the chance to build ongoing relationships with their suppliers. In the situation where relationships and track records are missing, the financial statements may be one of the few information sources available to assess credit risk or to decide whether or not to extend trade credit. With regard to private companies, Elemes and Filip [42] found that the relation between financial reporting quality and trade credit is stronger for younger firms. The authors argued that suppliers complement insider ‘information-asymmetry-mitigating mechanisms’ with financial reporting quality in the trade credit decision, in particular when information asymmetries are higher. As companies grow older, more information becomes available. Hence, we expect that suppliers attach less importance to the financial statement format when customers are older and already have an established track record or relationship. We propose the following hypothesis:



Hypothesis 3.

The association between filing micro-entity accounts and trade credit is weaker for older companies.







3. Institutional Setting in Belgium


All Belgian companies with limited liability must prepare and file their financial statements according to a specific format, layout, and content. By using this standardized financial reporting format, users can more easily compare financial statements of different companies. There are three financial statement formats, depending on the size of the company. Table 1 depicts the financial statement formats and the size criteria. The qualification is satisfied if at least two of the three criteria are met.



The New Accounting Directive gave the Member States the opportunity to choose for maximum simplification for the micro-entities. Based on the preference of the Member State, the micro-entities could receive exemptions on four key points:




	
An exemption from drawing up notes to the financial statements.



	
An exemption from some accruals.



	
An exemption from preparing an annual report.



	
An exemption from publishing the annual financial information [48].








Unlike most Member States, the Belgian legislator foresees more extensive requirements than the ones foreseen in the EU directives and has not gone far in the option for simplification [49]. Belgian micro-entities still have to prepare and publish their financial statements with the Central Balance Sheet Office. In addition, both micro-entities and small companies are allowed to use the same abbreviated balance sheet and profit-and-loss account layouts. The difference between the micro-entity accounts and the abbreviated accounts is that the explanatory notes to the financial statements are very limited for the micro-entity accounts [49].




4. Research Design


4.1. Sample Selection


We obtained data from a proprietary private database (this extensive dataset is collected by Companyweb, a company that specializes in collecting company information in Belgium. For the purposes of this study, Companyweb granted us confidential access to its data. The received dataset contains information on all financial statements of all limited liability companies in Belgium) consisting of 3,390,051 firm-year observations. This database includes financial information on Belgian private companies for the period between 2010 and 2020. Companies who operate in the financial sector (Nacebel code 64–68) were excluded from our selection because they have to report according to different requirements. Thereafter, we excluded all the missing values from our database, resulting in a sample of 3,341,363 observations. The sample selection only includes small private companies that file either abbreviated or micro-entity accounts. In this way, we excluded all large companies due to the fact that large companies are not allowed to file an abbreviated format or micro-entity accounts of their financial statements. Next, we used two selection criteria to retain micro-entities only: (1) a balance sheet total of not more than EUR 350,000 and (2) an average workforce during the financial year of a maximum of 10 FTEs (note that in Belgium, small companies and micro-entities are allowed to prepare and publish abbreviated or micro-entity financial statements and, in these formats, they have the possibility to not disclose sales and the cost of sales. The vast majority of small and micro-entities make use of this option and, hence, for many small and micro-entities, the sales figure is not available). Subsequently, we selected the years 2017, 2018, and 2019, since micro-entity accounts were only implemented in 2016 (2013/34/EU). This process yielded a sample of 153,655 observations (52,298 for 2017; 52,737 for 2018; and 48,620 for 2019). Table 2 provides a breakdown of the data selection.




4.2. Matching Procedure


Endogeneity concerns could arise in this particular research into the relation between the financial statement format and trade credit. To mitigate the concerns that companies filing micro-entity accounts differ inherently from companies filing abbreviated accounts, we used a propensity-score-matching (PSM) process to construct a control sample. Propensity score matching is a statistical matching technique that alleviates endogeneity problems and ensures unbiased estimates. However, both of these problems stem from the same cause, namely functional form misspecification (FFM). FFM occurs when the model fails to explain the relationship between the outcome variable and the explanatory variables (i.e., the relationship is mis-specified) [50].



PSM assembles a new dataset by matching a company that files abbreviated accounts to a company that files micro-entity accounts with the same company characteristics with the closest propensity score. We opted for a one-to-one match without replacement with the minimum caliper to ensure optimal matches. This led to a loss of 77,165 observations, which gave us a final data sample of 76,490 (i.e., 38,245 matches). We used the following logistic model in Equation (1) to estimate the probability of filing micro-entity accounts for a company’s financial statements on the basis of prior financial reporting studies in private companies (e.g., [6,13,34]), where the indices i and t refer to company and time, respectively:


   MICRO  i , t     =    α 0    +    β 1   SIZE  i , t     +    β 2   AGE  i , t     +    β 3   PROFIT  i , t     +    β 4   INTANGIBLES  i , t     +    β 5   ALTMAN  i , t     +    β  6 – 8    YEAR  i , t     +   ε  



(1)







The dependent variable in Equation (1), MICRO, is a dummy variable that takes a value of 1 if the firm filed its financial statements using micro-entity accounts and 0 if the abbreviated format of the financial statements was filed. The explanatory variables are defined as follows: SIZE is the natural logarithm of total assets; AGE is measured as the natural logarithm of the number of years since incorporation of the company; PROFIT is the ratio of operating income to total assets; INTANGIBLES is measured as the ratio of intangible assets to total assets; and ALTMAN is the output of a Z-score model (i.e., credit strength test) that predicts a firm’s likelihood of bankruptcy, specifically developed for private firms [51]. This model is an accounting-based version of the Z-score models that does not rely on market data. The data include the years 2017, 2018, and 2019. All variables, except for YEAR and the dummy variable MICRO, were winsorized by 1%.



Hence, a match was found for 38,245 company-year observations from companies who filed their financial statements using micro-entity accounts between 2017 and 2019, resulting in a matched sample of 76,490 company-year observations. It is crucial to evaluate the quality of the matched sample afterwards, considering that PSM is an aggregate measurement [50]. We assessed the quality by checking if the company characteristics of the treatment group (i.e., companies who file their financial statements using micro-entity accounts) and the control group (i.e., companies who file an abbreviated form of their financial statements) do not show significant differences. Table 3, which represents the descriptive statistics of our PSM sample, shows that the company characteristics of our treatment group are equal to those of the control group. A t-test was also performed to estimate the treatment effect. All of this indicated good matching (the overall χ2 balance test was significant; χ2 (5) = 7987.281; p < 0.001).




4.3. Estimation Model


To examine the relationship between the format of the financial statements and trade credit, we propose the following linear regression model in Equation (2), where the indices i and t refer to the company and time, respectively:




   ACCOUNTS _  PAYABLE  i , t   =  α 0  +  β 1   MICRO  i , t   +  β 2   MICRO  i , t   ∗  INVENTORY  i , t   +  β 3   MICRO  i , t   ∗  AGE  i , t   +  β 4   SIZE  i , t   +   β 5   PROFIT  i , t   +  β 6   AGE  i , t   +  β 7   SOLVENCY  i , t   +  β 8   LIQUIDITY  i , t   +  β 9   TLOANS  i , t   +  β 10   INTANGIBLES  i , t   +   β 11   INVENTORY  i , t   +  β 12  ACC _  RECEIVABLE  i , t   +  β 13  TANG _ FIXED _  ASSETS  i , t   +  β 14   NACE  i , t   +  β  15 – 17    YEAR  i , t   + ε   



(2)





Variable labels and definitions are reported in Table 4. The dependent variable in this research is ACCOUNTS_PAYABLE, measured as accounts payable to total assets, based on previous trade credit studies [22,43,44]. The main explanatory variable in our regression analysis is MICRO, which is a dummy variable coded as 1 if a company filed micro-entity accounts and 0 if the abbreviated format of the financial statements was filed. We hypothesize a negative coefficient for the test variable MICRO.



To test Hypothesis 2, we interacted MICRO with INVENTORY. We expected a positive coefficient for the interaction term MICRO*INVENTORY. To test Hypothesis 3, we included the interaction variable MICRO*AGE, where AGE is measured as the natural logarithm of the numbers of years since incorporation of the company. We also expected a positive coefficient for this interaction variable. Subsequently, we included several control variables. SIZE is measured as the natural logarithm of total assets [22,52,53]. The variable PROFIT is measured as operating income to total assets. The variable AGE is measured as the natural logarithm of the number of years since incorporation. SOLVENCY is measured as equity divided by total assets, and LIQUIDITY as current assets to current liabilities. The variable TLOANS contains short- and long-term debt with financial institutions (i.e., heavily relying on bank lending). According to the aforementioned finance theory, we expect a negative coefficient for TLOANS, because more reliance on bank debt would imply less need for trade credit [28]. Next, TANG_FIXED_ASSETS is measured as tangible fixed assets to total assets and INTANGIBLES as intangible assets to total assets. The variable INVENTORY represents the inventory level and is measured as inventory to total assets. Finally, the variable ACC_RECEIV is measured as accounts receivable to total assets. In all of our models, we include year and industry fixed effects by adding year and industry dummy variables.





5. Results and Discussion


5.1. Descriptive Statistics


The descriptive statistics of the variables used for the linear regression are shown in Table 5. The mean of the dependent variable ACCOUNTS PAYABLE is 0.215, which is in line with previous studies [26,43,54]. The fact that micro-entities are included in our sample must be taken into account; this is also reflected in the average of the variable SIZE. The total assets of the companies in the sample amount to EUR 93,339 on average (SIZE is calculated as the natural logarithm of total assets, which is 11.444 on average).



Furthermore, the operating income of our companies to total assets is 0.031 on average (PROFIT). The companies in the sample are on average 9 years old (the variable AGE is defined as the natural logarithm of the number of years since incorporation, which is 2.166 on average). The average of the variable SOLVENCY amounts to 0.098. The variables LIQUIDITY, TLOANS, INTANGIBLES, INVENTORY, and ACC_RECEIV have an average of 2.426, 0.125, 0.030, 0.100, and 0.218, respectively. Lastly, the mean of TANG_FIXED_ASSETS amounts to 0.238.



Table 6 presents all the correlations between all the variables used for the analysis. As expected, we observed a negative correlation between the dummy variable MICRO and the dependent variable ACC_PAYABLE (−0.105, p < 0.01). This indicates that micro-entities have less trade credit. All other Pearson correlations were as expected. All control variables also correlated significantly with ACC_PAYABLE. The variables INVENTORY and ACC_RECEIV correlated positively with the dependent variable. All other control variables correlated negatively with ACC_PAYABLE. To ensure no multicollinearity problems could arise in the regression analysis, variance inflation factor (VIF) values were checked. Generally, a threshold of below 5 gives a positive indication of the absence of multicollinearity [55]. Table 3 shows all the low-variance inflation factor levels, which were well below 5. All the variables, except for YEAR and the dummy variable MICRO, were winsorized by 1%. This means that the outliers were reduced to a 98% interval to mitigate the impact of extreme cases.




5.2. Linear Regression


Table 7 presents the outcome of the linear regression analysis with the matched sample of 76,490 company-year observations. Model 1 represents the baseline model with control variables only. Model 2 reports the OLS regression results for testing the association between MICRO and the level of trade credit for Hypothesis 1. Models 3 and 4 introduce the interaction variables MICRO*INVENTORY and MICRO*AGE in order to test our second and third hypotheses. The adjusted R2 for model 1 is 24.3%, and the adjusted R2 for models 2, 3, and 4 is 24.6% (note that the R2 is the same across models 2, 3, and 4. This indicates that including the interaction variables in models 3 and 4 does not increase the overall explanatory power of our models). All control variables are significant and have the predicted coefficient sign. The variables INTANGIBLES, INVENTORY, and ACC_RECEIV have a positive coefficient, as stated in prior literature. All other control variables (SIZE, PROFIT, AGE, SOLVENCY, LIQUIDITY, TLOANS, and TANG_FIXED_ASSETS) have a negative coefficient, which is also in line with previous literature. Consistent with H1, the coefficient of MICRO was negative and highly significant (model 2). The results provide evidence that companies who file micro-entity accounts have less trade credit than companies who file abbreviated accounts. Model 3 of Table 7 provides the results of testing Hypothesis 2. The coefficient on MICRO remained negative and statistically significant. The coefficient on the interaction term, MICRO*INVENTORY, was positive but statistically significant only at the 10% level. This suggests that the effect of filing micro-entity accounts on trade credit is less pronounced in companies with higher inventory levels. This result provides support for our argument (H2) that suppliers are more willing to supply trade credit to companies filing micro-entity accounts when inventory levels are high. Model 4 of Table 7 further shows the results of testing Hypothesis 3. We found a positive, though insignificant, coefficient for the interaction term MICRO*AGE. Hence, our results provide no evidence regarding the moderating role of age. In sum, we found evidence that suppliers increase their reliance on the financial statement format when companies have lower inventory levels.




5.3. Supplementary Analysis


As described above, a concern in examining the impact of the financial statement format on trade credit is that the choice to switch from an abbreviated to a micro-entity financial statement format is subject to endogeneity and self-selection. In order to conduct further tests of the association between the financial statement format and the level of trade credit, we also looked at data before (i.e., 2013–2015) and after (i.e., 2016–2019) the implementation of the new Accounting Directive in 2016. As reported in Table 8, companies that switched their financial statement format from abbreviated to micro-entity accounts (i.e., switchers) differ in terms of several observable characteristics from companies that did not switch from an abbreviated to a micro-entity format (i.e., non-switchers). Examining the data pre-implementation, we found that switchers have on average a higher firm performance than that of non-switchers (i.e., switchers have a lower Altman score, are more profitable, and have higher solvability). Switchers also have on average more financial debt and less trade debt when compared with those of non-switchers.



As a further test, we restricted our sample to companies that switched to micro-entity accounts only (i.e., the switchers). Hence, the analysis compared the level of trade credit before and after the implementation of the micro-entity regime, which was implemented in 2016. We estimate the model in Equation (3):


  ACCOUNTS _  PAYABLE  i , t   =  α 0  +  β 1   POST  i , t   +  β 2   POST  i , t   ∗  INVENTORY  i , t   +  β 3   POST  i , t   ∗  AGE  i , t   +  β 4   SIZE  i , t   +   β 5   PROFIT  i , t   +  β 6   AGE  i , t   +  β 7   SOLVENCY  i , t   +  β 8   LIQUIDITY  i , t   +  β 9   TLOANS  i , t   +  β 10   INTANGIBLES  i , t   +   β 11   INVENTORY  i , t   +  β 12  ACC _  RECEIVABLE  i , t   +  β 13  TANG _ FIXED _  ASSETS  i , t   +  β 14   NACE  i , t   + + ε  



(3)




where POST is a dummy variable taking a value of 0 for observations before (i.e., 2013–2015) and 1 for observations after (i.e., 2016–2019) the regulatory change to take into account the switch from abbreviated to micro-entity accounts. We also included the interaction between the POST dummy and the two moderators from the main analyses INVENTORY and AGE (i.e., POST*INVENTORY and POST*AGE). We employed a sample of 283,660 micro-entities that switched from abbreviated to micro-entity accounts over the period of 2013–2019. The results of the additional regression are presented in Table 9. In contrast to our main analysis, the coefficient of the main variable POST was significant in model 1 but showed a positive sign. This implies that micro-entities that switched from abbreviated to micro-entity accounts have a higher level of trade credit after the implementation of the new Accounting Directive. One potential explanation for the positive coefficient is that micro-entities that switched from abbreviated to micro-entity accounts were already confident enough to make the switch to micro-entity accounts, given their relatively better financial performance (see Table 8).



Next, model 2 presents the results for the interaction term POST*INVENTORY. First, the significantly positive coefficient of INVENTORY indicates that the effect of inventory on trade credit is positive and significant in the pre-implementation period. The coefficient of the interaction term POST*INVENTORY was positive and significant at the 0.05 level. This suggests that the effect of filing micro-entity accounts (in the post-implementation period) on trade credit is less pronounced when inventory levels are high. Consistent with our prior findings, the coefficient of the interaction term POST*AGE was statistically insignificant. Hence, we found no support for the moderating role of age.





6. Concluding Remarks


In this study, we investigated the relationship between the financial statement format and the availability of trade credit on a broad sample of Belgian micro-entities. More specifically, we examined whether small companies that publish micro-entity accounts obtain less trade credit than companies that file abbreviated accounts. Consistent with the literature demonstrating that less detailed financial statement information is associated with a lower level of trade credit [16,42,43], our results show that filing micro-entity accounts is associated with less trade credit. This contrasts with the results of Chen et al. [44], who found that accounting quality is negatively associated with the use of trade credit in US listed companies. In addition, we found that the effect of filing micro-entity accounts, relative to filing abbreviated accounts, is weaker for companies with higher inventory levels. Contrary to expectations, no support was found for the hypothesis regarding the moderating role of age.



This study contributes to the literature in two ways. First, our study focuses on the smallest companies, i.e., the new category of micro-entities. Besides the study of Peel [7], no research to date has explored the financial reporting choices of micro-entities. Given their economic significance, it is important to gain more detailed insight into the value of financial reporting for these smallest companies. Second, our research complements and extends the literature on corporate outcomes of financial reporting choices of small companies by focusing on trade credit. Prior research tended to look at bank debts only. However, trade credit has also been shown to be an important source of short-term finance for small private companies [15].



The evidence from this study is of relevance to micro-entities, their stakeholders, and regulators, as it offers additional insight into the value of publicly available information in a small company context. From a regulator’s perspective, our results suggest that relaxing financial reporting requirements for the smallest companies may potentially result in unintended negative consequences [1,6]. In addition, owner–managers of small and micro-entities are often not fully aware of the consequences of their filing choices. It seems therefore important that in the process of reducing administrative burdens for the smallest companies, more qualitative and quantitative research is needed to provide evidence in order to guide policy-makers in their actions to reduce administrative burdens of SMEs.



Our study suffers from a number of limitations. First, it should be noted that evidence generated from archival data mainly suggests association, not causation. It is, for example, possible that suppliers demand abbreviated accounts instead of micro-entity accounts to extend trade credit. Furthermore, in the supplementary analysis, we compared the group of micro-entities that switched from abbreviated to micro-entity accounts before and after the new Accounting Directive. We found that micro-entity accounts are associated with higher levels of trade credit after the implementation of the Accounting Directive. These results may give rise to the idea that other mechanisms might be at play. For example, we found that switchers have on average better financial health than that of companies that did not make the switch to micro-entity accounts. Hence, switchers may, for example, have different financing needs or were already able to develop their reputations. Related to the above, we lack information on how financial statement information is used by suppliers and, hence, how it may influence lending decisions. A further research extension of the current study would be to examine how the financial statements are actually used by creditors and what the impact is of customer–supplier relationships compared to financial information. As such, more qualitative research may help to increase our understanding of the role of financial statements in trade credit decisions. We also focus exclusively on trade credit. While we controlled for bank credit in our analysis, further research in this area could therefore also take into account the impact of bank credit on the relationship between trade credit and financial reporting filing decisions. Lastly, although a rich dataset was used, it should be noted that this is a single-country study. Further research could verify the results of this study in other jurisdictions to provide further evidence on the association between the financial statement format and corporate outcomes.
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Table 1. Belgian Size Criteria.






Table 1. Belgian Size Criteria.





	Financial Reporting Format
	Annual Average Number of Employees
	Annual Turnover (Excluding VAT)
	Balance Sheet Total





	Full accounts
	>50

(>100: full accounts, regardless other criteria)
	>EUR 9 million

(previously: EUR 7.3 million)
	>EUR 4.5 million

(previously: EUR 3.65 million)



	Abbreviated accounts
	<50
	<EUR 9 million

(previously: EUR 7.3 million)
	<EUR 4.5 million

(previously: EUR 3.65 million)



	Micro-entity accounts
	<10
	<EUR 700,000

(previously not defined)
	<EUR 350,000

(previously not defined)
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Table 2. Data breakdown.






Table 2. Data breakdown.










	Criteria
	Drop
	Sample





	Belgian private firms
	
	3,390,051



	Missing values
	−48,688
	



	
	
	3,341,363



	Firms disclosing the full format
	−221,636
	



	
	
	3,119,727



	Only year 2017, 2018, and 2019
	−1,937,257
	



	
	
	1,182,470



	Micro-entities only
	−1,182,470
	



	
	
	153,655



	PSM
	−77,165
	



	Final sample
	
	76,490










[image: Table] 





Table 3. Descriptive statistics for the PSM sample.






Table 3. Descriptive statistics for the PSM sample.





	

	
(1) Micro-Entity Accounts Sample

(N = 38,245)

	
(2) Abbreviated Accounts Sample

(N = 38,245)

	




	
Variable

	
Mean

	
SD

	
Median

	
Mean

	
SD

	
Median

	
t-Test

(1)–(2)






	
SIZE

	
11.090

	
0.780

	
11.216

	
11.789

	
0.833

	
12.011

	
−112.411




	
AGE

	
1.960

	
0.902

	
2.012

	
2.372

	
0.879

	
2.477

	
−64.093




	
PROFIT

	
0.105

	
0.291

	
0.100

	
−0.043

	
0.401

	
0.024

	
58.061




	
INTANGIBLES

	
0.032

	
0.103

	
0

	
0.028

	
0.095

	
0

	
4.965




	
ALTMAN

	
0.432

	
0.189

	
0.401

	
0.514

	
0.213

	
0.464

	
−56.538








SIZE = Natural logarithm of total assets at year t; AGE = The natural logarithm of the number of years since incorporation; PROFIT = Operating income to total assets at year t; INTANGIBLES = Intangible assets to total assets at year t; ALTMAN = Output of a Z-score model (i.e., credit strength test) that predicts a firm’s likelihood of bankruptcy.
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Table 4. Variable labels and definitions.






Table 4. Variable labels and definitions.









	Label
	Definition





	Dependent variable
	



	ACCOUNTS_PAYABLE
	Ratio of accounts payable to total assets at year t



	Experimental variable
	



	MICRO
	Dummy variable that takes a value of 1 if the firm filed its FS using micro-entity accounts and 0 if a company files abbreviated accounts



	Control variables
	



	SIZE
	Natural logarithm of total assets at year t



	PROFIT
	Operating income to total assets at year t



	AGE
	Natural logarithm of the number of years since incorporation



	SOLVENCY
	Equity divided by total assets at year t



	LIQUIDITY
	Current assets to current liabilities at year t



	TLOANS
	Short- and long-term debt with financial institutions to total assets at year t



	INTANGIBLES
	Intangible assets to total assets at year t



	INVENTORY
	Inventory to total assets at year t



	ACC_RECEIV
	Accounts receivable to total assets at year t



	TANG_FIXED_ASSETS
	Tangible fixed assets to total assets at year t
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Table 5. Descriptive statistics.






Table 5. Descriptive statistics.





	Variables
	Mean
	SD
	Median
	Min
	Max





	ACCOUNTS_PAYABLE
	0.215
	0.260
	0.130
	0
	1.577



	MICRO
	0.500
	0.500
	0.500
	0.000
	1.000



	SIZE
	11.444
	0.881
	11.533
	7.847
	12.766



	PROFIT
	0.031
	0.358
	0.055
	−2.057
	0.713



	AGE
	2.166
	0.914
	2.303
	0.000
	4.007



	SOLVENCY
	0.098
	1.166
	0.333
	−7.929
	0.948



	LIQUIDITY
	2.426
	6.500
	1.375
	0.000
	146.610



	TLOANS
	0.125
	0.205
	0.009
	0.000
	1.256



	INTANGIBLES
	0.030
	0.099
	0.000
	0.000
	0.557



	INVENTORY
	0.100
	0.172
	0.010
	0.000
	0.793



	ACC_RECEIV
	0.218
	0.235
	0.137
	0.000
	0.902



	TANG_FIXED_ASSETS
	0.238
	0.230
	0.167
	0.000
	0.902







Note: N = 76,490. ACCOUNTS_PAYABLE = Ratio of accounts payable to total assets at year t; MICRO = Dummy: 1 if the firm filed its FS using micro-entity accounts and 0 if a company files abbreviated accounts; SIZE = Natural logarithm of total assets at year t; PROFIT = Operating income to total assets at year t; AGE = Natural logarithm of the number of years since incorporation; SOLVENCY = Equity divided by total assets at year t; LIQUIDITY = Current assets to current liabilities at year t; TLOANS = Short- and long-term debt with financial institutions to total assets at year t; INTANGIBLES = Intangible assets to total assets at year t; INVENTORY = Inventory to total assets at year t; ACC_RECEIV = Accounts receivable to total assets at year t; TANG_FIXED_ASSETS = Tangible fixed assets to total assets at year t.
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Table 6. Pearson correlation matrix.






Table 6. Pearson correlation matrix.





















	
	Acc_Payable
	Micro
	Size
	Profit
	Age
	Solvency
	Liquidity
	Tloans
	Intangibles
	Inventory
	Acc_

Receiv
	Tang_Fixed

_Assets
	VIF





	ACC_PAYABLE
	1
	
	
	
	
	
	
	
	
	
	
	
	



	MICRO
	−0.105 **
	1
	
	
	
	
	
	
	
	
	
	
	1.444



	SIZE
	−0.182 **
	−0.402 **
	1
	
	
	
	
	
	
	
	
	
	1.609



	PROFIT
	−0.299 **
	0.205 **
	0.225 **
	1
	
	
	
	
	
	
	
	
	1.356



	AGE
	−0.054 **
	−0.226 **
	0.123 **
	0.018 **
	1
	
	
	
	
	
	
	
	1.112



	SOLVENCY
	−0.495 **
	0.087 **
	0.374 **
	0.447 **
	−0.014 **
	1
	
	
	
	
	
	
	1.566



	LIQUIDITY
	−0.161 **
	0.019 **
	0.048 **
	0.043 **
	0.088 **
	0.152 **
	1
	
	
	
	
	
	1.074



	TLOANS
	−0.009 **
	−0.126 **
	0.090 **
	−0.125 **
	0.001
	−0.239 **
	−0.090 **
	1
	
	
	
	
	1.290



	INTANGIBLES
	−0.038 **
	0.018 **
	0.041 **
	−0.042 **
	−0.169 **
	−0.011 **
	−0.054 **
	0.116 **
	1
	
	
	
	1.146



	INVENTORY
	0.139 **
	−0.076 **
	0.025 **
	−0.055 **
	0.093 **
	−0.055 **
	−0.038 **
	0.027 **
	−0.067 **
	1
	
	
	1.181



	ACC_RECEIV
	0.170 **
	−0.044 **
	0.047 **
	0.002
	−0.043 **
	−0.024 **
	−0.050 **
	−0.092 **
	−0.127 **
	−0.218 **
	1
	
	1.352



	TANG_FIXED_ASSETS
	−0.106 **
	−0.071 **
	0.022 **
	−0.067 **
	−0.002
	−0.052 **
	−0.127 **
	0.344 **
	−0.091 **
	−0.141**
	−0.343 **
	1
	1.493







Note: ACC_PAYABLE = Ratio of accounts payable to total assets at year t. ** Correlation is significant at the 0.01 level (two-tailed); (two-tailed). MICRO = Dummy variable that takes a value of 1 if the firm filed its FS using micro-entity accounts and 0 if a company files abbreviated accounts; SIZE = Natural logarithm of total assets at year t; PROFIT = Operating income to total assets at year t; AGE = Natural logarithm of the number of years since incorporation; SOLVENCY = Equity divided by total assets at year t; LIQUIDITY = Current assets to current liabilities at year t; TLOANS = Short- and long-term debt with financial institutions to total assets at year t; INTANGIBLES = Intangible assets to total assets at year t; INVENTORY = Inventory to total assets at year t; ACC_RECEIV = Accounts receivable to total assets at year t; TANG_FIXED_ASSETS = Tangible fixed assets to total assets at year t.
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Table 7. Linear regression results.






Table 7. Linear regression results.





	
Dependent Variable = ACC_PAYABLE




	

	

	
Model 1

	
Model 2

	
Model 3

	
Model 4




	
Variable

	
Expected Sign

	
β

	
t-Value

	
β

	
t-Value

	
β

	
t-Value

	
β

	
t-Value






	
Constant

	

	
0.630

	
0.328

	
−0.047 ***

	
−0.74

	
−0.048 ***

	
−0.75

	
−0.047 ***

	
−0.74




	
MICRO

	
−

	
-

	

	
−0.022 ***

	
−9.80

	
−0.024 ***

	
−9.61

	
−0.023 ***

	
−4.54




	
MICRO*INV

	
+

	
-

	

	
-

	

	
0.020 *

	
1.65

	
-

	




	
MICRO*AGE

	
+

	
-

	

	
-

	

	
-

	

	
0.000

	
0.17




	
SIZE

	
−

	
0.008

	
8.392

	
0.019 ***

	
12.40

	
0.019 ***

	
12.48

	
0.019 ***

	
12.36




	
PROFIT

	
−

	
−0.075

	
−30.968

	
−0.054 ***

	
−18.62

	
−0.054 ***

	
−18.63

	
−0.054 ***

	
−18.62




	
AGE

	
−

	
−0.018

	
−21.233

	
−0.011 ***

	
−9.62

	
−0.011 ***

	
−9.64

	
−0.011 ***

	
−6.63




	
SOLVENCY

	
−

	
−0.103

	
−126.000

	
0.027 ***

	
24.00

	
0.027 ***

	
23.98

	
0.027 ***

	
24




	
LIQUIDITY

	
−

	
−0.003

	
−27.850

	
0.000 *

	
1.69

	
0.000 *

	
1.69

	
0.000 *

	
1.69




	
TLOANS

	
−

	
−0.148

	
−34.748

	
0.089 ***

	
12.31

	
0.089 ***

	
12.35

	
0.089 ***

	
12.3




	
INTANGIBLES

	
+

	
−0.068

	
−8.190

	
−0.107 ***

	
−11.45

	
−0.107 ***

	
−11.47

	
−0.107 ***

	
−11.45




	
INVENTORY

	
+

	
0.208

	
42.939

	
0.093 ***

	
11.88

	
0.084 ***

	
8.48

	
0.093 ***

	
11.88




	
ACC_RECEIV

	
+

	
0.169

	
44.612

	
0.144 ***

	
26.23

	
0.144 ***

	
26.19

	
0.144 ***

	
26.23




	
TANG_FIXED_ASSETS

	
−

	
−0.044

	
−10.823

	
−0.094 ***

	
−18.96

	
−0.094 ***

	
−19.01

	
−0.094 ***

	
−18.95




	
Year fixed effects

	

	
Included

	

	
Included

	

	
Included

	

	
Included

	




	
Industry effects

	

	
Included

	

	
Included

	

	
Included

	

	
Included

	




	
Number of observations

	

	
76,490

	

	
76,490

	

	
76,490

	

	
76,490

	




	
Adjusted R2

	

	
0.243

	

	
0.246

	

	
0.246

	

	
0.246

	




	
F-statistic

	

	
3055.771

	

	
63,745.034

	

	
63,845.034

	

	
63,845.034

	




	
p-value

	

	
0

	

	
0.000

	

	
0.000

	

	
0.000

	








Note: the p-value is two-tailed. Reported t-values are based on standard errors adjusted for clustering on each company. * Statistically significant at the 10% level; *** Statistically significant at the 1% level. ACCOUNTS_PAYABLE = Ratio of accounts payable to total assets at year t; MICRO = Dummy variable that takes a value of 1 if the firm filed its FS using micro-entity accounts and 0 if a company files abbreviated accounts; SIZE = Natural logarithm of total assets at year t; PROFIT = Operating income to total assets at year t; AGE = Natural logarithm of the number of years since incorporation; SOLVENCY = Equity divided by total assets at year t; LIQUIDITY = Current assets to current liabilities at year t; TLOANS = Short- and long-term debt with financial institutions to total assets at year t; INTANGIBLES = Intangibles to total assets at year t; INVENTORY = Inventory to total assets at year t; ACC_RECEIV = Accounts receivable to total assets at year t; TANG_FIXED_ASSETS = Tangible fixed assets to total assets at year t.
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Table 8. Additional analysis: means and t-tests.






Table 8. Additional analysis: means and t-tests.





	

	
Total Sample

(n = 1,456,955)

	

	
Pre-Implementation

(n = 569,234)

	
Post-Implementation

(n = 887,721)




	
Variable

	
Switchers

	
Non-Switchers

	
t-Test

	
Switchers

	
Non-Switchers

	
t-Test

	
Switchers

	
Non-Switchers

	
t-Test






	
AGE

	
2.249

	
2.279

	
−15.992 ***

	
2.234

	
2.227

	
2.549 ***

	
2.258

	
2.318

	
−23.734 ***




	
INTANGIBLES

	
0.022

	
0.020

	
9.504 ***

	
0.025

	
0.022

	
8.582 ***

	
0.021

	
0.019

	
6.217 ***




	
ACC_RECEIV

	
0.174

	
0.186

	
−26.897 ***

	
0.171

	
0.188

	
−22.985 ***

	
0.175

	
0.185

	
−16.116 ***




	
LIQUIDITY

	
4.697

	
5.247

	
−16.623 ***

	
4.262

	
4.762

	
−10.364 ***

	
4.967

	
5.610

	
−14.307 ***




	
TANG_FIXED_ASSETS

	
0.298

	
0.288

	
14.266 ***

	
0.317

	
0.299

	
17.382 ***

	
0.286

	
0.280

	
6.491 ***




	
SIZE

	
11.337

	
11.355

	
−7.305 ***

	
11.354

	
11.345

	
2.315 ***

	
11.327

	
11.362

	
−11.019 ***




	
SOLVABILITY

	
−0.455

	
−0.775

	
27.049 ***

	
−0.384

	
−0.746

	
20.813 ***

	
−0.499

	
−0.796

	
18.607 ***




	
TLOANS

	
0.162

	
0.153

	
15.075 ***

	
0.174

	
0.160

	
14.465 ***

	
0.154

	
0.147

	
9.176




	
ACC_PAYABLE

	
0.212

	
0.247

	
−63.205 ***

	
0.207

	
0.246

	
−46.884 ***

	
0.216

	
0.248

	
−44.032 ***




	
INVENTORY

	
0.076

	
0.084

	
−22.828 ***

	
0.078

	
0.087

	
−14.706 ***

	
0.074

	
0.082

	
−16.712 ***




	
ALTMAN

	
0.485

	
0.504

	
−38.930 ***

	
0.486

	
0.506

	
−26.769 ***

	
0.484

	
0.503

	
−28.225 ***




	
PROFIT

	
−0.010

	
−0.044

	
38.672 ***

	
−0.006

	
−0.043

	
27.824 ***

	
−0.013

	
−0.045

	
27.689 ***








*** Statistically significant at the 1% level. ACCOUNTS_PAYABLE = Ratio of accounts payable to total assets at year t; SIZE = Natural logarithm of total assets at year t; PROFIT = Operating income to total assets at year t; AGE = Natural logarithm of the number of years since incorporation; SOLVENCY = Equity divided by total assets at year t; LIQUIDITY = Current assets to current liabilities at year t; TLOANS = Short- and long-term debt with financial institutions to total assets at year t; INTANGIBLES = Intangible assets to total assets at year t; INVENTORY = Inventory to total assets at year t; ACC_RECEIV = Accounts receivable to total assets at year t; ALTMAN = Output of a Z-score model (i.e., credit strength test) that predicts a firm’s likelihood of bankruptcy; TANG_FIXED_ASSETS = Tangible fixed assets to total assets at year t.
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Table 9. Additional regression results.
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Dependent Variable = ACC_PAYABLE




	

	

	
Model 1

	
Model 2

	
Model 3




	
Variable

	
Expected Sign

	
β

	
t-Value

	
β

	
t-Value

	
β

	
t-Value






	
Constant

	

	
0.363 ***

	
137.627

	
0.363 ***

	
137.510

	
0.359 ***

	
133.341




	
POST

	
−

	
0.003 ***

	
3.73

	
0.002 **

	
1.99

	
0.002

	
9.074




	
POST*INV

	
−

	
-

	

	
0.011 **

	
2

	
-

	




	
POST*AGE

	
−

	
-

	

	
-

	

	
0.000

	
−8.792




	
SIZE

	
−

	
−0.011 ***

	
−8.38

	
−0.011 ***

	
−8.38

	
−0.011 ***

	
−8.38




	
PROFIT

	
−

	
−0.144 ***

	
−42.27

	
−0.145 ***

	
−42.28

	
−0.144 ***

	
−42.28




	
AGE

	
−

	
−0.01 ***

	
−18.64

	
−0.015 ***

	
−18.64

	
−0.005 ***

	
−18.64




	
SOLVENCY

	
−

	
−0.020 ***

	
1.07

	
−0.020 ***

	
−3.47

	
−0.020 ***

	
−3.47




	
LIQUIDITY

	
−

	
−0.005 ***

	
−23. 87

	
−0.005 ***

	
−23.87

	
−0.005 ***

	
−23.87




	
TLOANS

	
−

	
−0.099 ***

	
−58.22

	
−0.099 ***

	
−58.22

	
−0.099 ***

	
−58.22




	
INTANGIBLES

	
−

	
−0.014 ***

	
−7.68

	
−0.014 ***

	
−5.88

	
−0.013 ***

	
−5.73




	
INVENTORY

	
+

	
0.176 ***

	
30.90

	
0.179 ***

	
28.08

	
0.184 ***

	
30.91




	
ACC_RECEIV

	
+

	
0.246 ***

	
60.1

	
0.246 ***

	
60.84

	
0.258 ***

	
60.09




	
TANG_FIXED_ASSETS

	
−

	
−0.029 ***

	
−8.37

	
−0.029 ***

	
−8.38

	
−0.029 ***

	
−8.37




	
Industry effects

	

	
Included

	

	
Included

	

	
Included

	




	
Number of observations

	

	
283,660

	

	
283,660

	

	
283,660

	




	
Adjusted R2

	

	
32.2%

	

	
32.2%

	

	
32.2%

	




	
F-statistic

	

	
75,879,709

	

	
75,979,709

	

	
76,079,709

	




	
p-value

	

	
0

	

	
0.000

	

	
0.000

	








Note: The p-value is two-tailed. Reported t-values are based on standard errors adjusted for clustering on each company. ** Statistically significant at the 5% level; *** Statistically significant at the 1% level. ACCOUNTS_PAYABLE = Ratio of accounts payable to total assets at year t; POST = Dummy variable that takes a value of 1 for the year of implementation and the post-implementation period (i.e., 2016–2019) and 0 if 2015; SIZE = Natural logarithm of total assets at year t; PROFIT = Operating income to total assets at year t; AGE = Natural logarithm of the number of years since incorporation; SOLVENCY = Equity divided by total assets at year t; LIQUIDITY = Current assets to current liabilities at year t; TLOANS = Short- and long-term debt with financial institutions to total assets at year t; INTANGIBLES = Intangibles to total assets at year t; INVENTORY = Inventory to total assets at year t; ACC_RECEIV = Accounts receivable to total assets at year t; TANG_FIXED_ASSETS = Tangible fixed assets to total assets at year t.



















	
	
Publisher’s Note: MDPI stays neutral with regard to jurisdictional claims in published maps and institutional affiliations.











© 2021 by the authors. Licensee MDPI, Basel, Switzerland. This article is an open access article distributed under the terms and conditions of the Creative Commons Attribution (CC BY) license (https://creativecommons.org/licenses/by/4.0/).






nav.xhtml


  sustainability-13-08137


  
    		
      sustainability-13-08137
    


  




  





media/file0.png





