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Abstract

:

The use of online meeting programs, such as Google Meet (GM), provides several benefits for teachers and students in terms of achieving learning goals outside of the classroom. Depending on the requirements and goals of the students, a variety of apps might be employed. The point of the study was to address a vacuum in the knowledge with regard to the acceptability of online meeting apps, such as GM and their role. Effectiveness in terms of utilizing GM and attitudes towards using GM are two factors that impact learners’ use of this app for educational purposes. While researchers have examined google meet application acceptance in a variety of contexts, perceived ease of use, perceived usefulness, effectiveness to utilize google meet and attitude towards using Google Meet as a mediating variable in measuring education has not been explored using the technology acceptance model (TAM). As a result, the study’s purpose was to create a new paradigm by merging TAM with external elements including subjective norms, task-technology fit, and quality of information. This study involved a total of 208 postgraduate students at College of Education at King Saud University. Students were polled using the structural equation modeling (SEM) approach to determine their approximate expectations with regard to online meeting adoption. According to the findings, subjective norms, perceived enjoyment, task-technology fit, and quality of information have a positive impact on perceived usefulness and perceived ease of use, which in turn has a positive impact on perceived usefulness and perceived ease of use, which finally leads to a positive effect on effectiveness to utilize GM and attitude towards using Google Meet towards adoption of GM during COVID-19. As a result, higher education institutions should promote the usage of online meeting tools, such as GM, as part of learning processes as a long-term strategy.
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1. Introduction


During the lockdown in the world, there was a switch from the traditional face-to-face teaching and learning to online learning, designed to assist in lesson delivery through synchronous platforms such as Google Meet, Zoom and other online learning platforms [1,2,3]. Although it is claimed that using online learning and teaching has accomplished much in recent years, it should have become a must-use in most educational facilities in recent times, especially in higher education [4]. These accomplishments may be dependent on the level of perceived ease of use, usefulness, as well as intention to use GM to enable online learning. Even though most of the attention in Saudi Arabia has shifted to online learning platforms, many institutions remain severely underfunded [3,5]. As a result, learning has still not been developed using these learning platforms, since institutions may lack the necessary internet connectivity [6,7,8]. According to the literature, efficiency in terms of online teaching and effective learning is often correlated with the degree of setup of online course space using such technologies and resources effectively, such as Padlet, Zoom implementation, GM, and many others in an effective and efficient manner [9,10,11]. Although research studies have been able to analyze the immense contributions of social media platforms, online media, and tools related to online learning, it may appear that the varying forms of their success in terms of efficacy, effectiveness, efficiency, and satisfaction derived by users are too general to apply in emergency situations such as the COVID-19 pandemic outbreak, as this study points out [12,13]. Google Meet has been widely documented in previous and current studies as having made a significant contribution to teaching and learning, causing many academics to view it as successful and efficient for online learning use [12,13,14]. However, it is sufficient to remark that little is known about users’ perceptions of Google Meet’s ease of use and utility as a learning tool for online learning. According to research, teachers believe that the use of online platforms/resources such as Instagram, GM, and many others has allowed learners to encounter ideal learning implementation relating to GM when studying [15,16,17]. However, to the best of our knowledge, no previous research has looked into the usability perspectives of both teachers and learners in terms of perceived ease of use, utility, mindset toward the use of GM, as well as behavioral inferences. According to the above premise, attitudes toward using GM, as well as its efficacy, may influence the adoption of technology in education, especially at a time when most school systems, colleges, and academic institutions have begun to use online teaching to mitigate the hazardous and nefarious effects of coronavirus. Most universities and colleges, however, have encountered challenges in terms of teacher knowledge and technology deployment, student understanding and competency, and the difficulty of transferring teaching to virtual classrooms [18,19,20]. GM is now accessible on Google Play and the Apple App Store for all users. The App Store is where you can get the app and have it automatically updated. The App Store’s free policy has had a favorable impact on the number of users [2,21,22]. Organizations have displayed a high level of anxiety during the spread of COVID-19 [23], given that colleges and universities need to account for two essential concerns at the same time: picking an effective e-learning instrument and ensuring the quality of information with regard to teaching and learning. As a result, the current study looks at the relevance of selecting an effective and appropriate technology that reduces fear during the instructional process. As a result, the task technology fit (TTF) factor and information quality (IQ) factor were added ass external features to the TAM model to account for GM technology adoption. In addition to the novelty of both the coronavirus situation and the use of GM app, the current study is unusual in that the task technology fit (TTF) factor and information quality factor were included as external factors relating to the well established TAM model. The Google Meet app is a recent piece of software, and no studies on its influence on higher education have been conducted. Previous study has revealed a lack of understanding of the relevance of task technology fit and quality of information, which may restrict the usage of technology in educational settings.



1.1. Problem Background


The quick shift to distance learning is a challenge that all Saudi Arabian university professors, as well as those throughout the world, are currently dealing with. The Saudi Arabian Ministry of Education ordered all schools, colleges, and institutions in the nation to completely suspend student face-to-face learning beginning 8 March 2020, and instead use online learning [24]. Consequently, digital classrooms were used to replace traditional classrooms. According to [24], this research explores the students’ perceptions on online learning through asynchronous learning management systems (LMS) and via synchronous video conferencing technologies such as Google Meet, Microsoft Teams, or Zoom, among others. Universities around the country have invested a significant amount of money in developing a range of online training sessions and offering basic instructions to assist academics in becoming ready to teach online [25,26]. All of this started after seven weeks of training in the second term, with a minimum of eight weeks remaining. To deal with this rapid shift in teaching technique, program managers in all Saudi Arabian universities conducted emergency seminars, as ordered by the Education Minister and University Presidents [25,26]. Several studies have shown the value of GM in higher education, as well as its drawbacks. Online learning is convenient in terms of date and place, as well as being cost-effective [25,27,28]. The absence of direct contact, engagement, and immediate response, on the other hand, remain a significant drawback. Furthermore, not all fields, such as health science courses that need hands-on practical knowledge, can effectively employ online learning [29]. Several researchers have examined the differences between online learning and traditional face-to-face methods. How e-learning compares to traditional full-time learning with the same content determines the efficacy of e-learning [30,31,32]. Furthermore, several researchers have investigated using online learning as a tool in undergraduate medical education [33]. As a result, GM could be a platform that can help the learning situation become more student-centered, inventive, and adaptable in terms of teaching and learning. The usefulness of online learning and learner satisfaction, on the other hand, have been repeatedly investigated. Several researchers [2,17,34] have found that online learning is largely as good as traditional approaches. Bearing these restrictions in mind, the present study’s goal is to make higher learning aware of the types of technology can fit in the best, when information quality are important factors in instructors’ and students’ university education. For the first time, both instructors and students are using this innovative tool to boost learning results. Because of the pandemic, higher education institutions were under pressure to create a secure teaching environment, with the internet as the primary facilitator. Choosing the finest GM platform with the most effective pedagogies, on the other hand, has proven to be a difficult task. As a result, this research aims to pave the way for the innovative element of task technology fit to ensure system quality for education within a given technology, GM. This will involve determining the groundbreaking effect of task technology fit and information quality in a specific educational setting. The TAM model was used in this study, given that it has been shown to be regularly used in technology adoption research and has proved to be an important and successful tool in previous studies [35]. Its efficacy has been well established as a result of recent investigations [9,36,37]. The purpose of this work is to create a modified version of the model and incorporate an external component that will assist answering the research questions and testing the hypotheses. The inclusion of the subjective norm, self-efficacy, perceived pleasure, task technology fit, information quality, perceived utility, ease of use, and attitude towards using GM, and determining its effectiveness, distinguishes our model from past research and adds to the paper’s uniqueness.




1.2. Google Meet Used in Education


Many developing nations, such as Saudi Arabia [14], have insufficient access to formal learning management systems (LMS) for online learning and academic interaction, which is a bit different in the Middle East [14]. Many institutions were compelled to use free communication technologies such as Zoom, Microsoft Teams, and Google Classroom, as well as social media sites such as WhatsApp, Facebook, and YouTube to find alternatives [38,39]. Faculty and students from nine educational institutes in Saudi Arabia were polled, and in-depth interviews were performed as part of the study. According to the findings, proper use of such platforms might usher in a new era of social e-learning, and social media can be effectively used to create a pleasant learning environment. Qassim University’s College of Medicine and Medical Sciences conducted a quantitative study on the effectiveness of live online streaming learning sessions using such apps as GM and Zoom Meet [3,37]. Using these systems, most teachers have struggled to engage students personally while both analyzing and grading the participants with honesty. In addition to the disadvantage of not covering the entire curriculum, this research [37] found that there was a lack of attendance in practice sessions. Al Faisal University in Riyadh supported a similar study [40]. According to the study, GM is a Google web service with a simple setup; it is thought that with the latest change from Google Talk to GM, it compares well to Skype and Zoom, and is recognized as one of the finest choices for group conferencing [9,41]. In fact, review articles show that there are millions of GM users, including learners and lecturers, who are already familiar with its capabilities [10,42], so there is no need to provide extensive instructional videos on how to set it up, as there might be in the case of Zoom, Microsoft Teams, and other tools [43,44]. GM allows the user to choose their relationships in order to guarantee privacy, especially when it comes to the type and amount of information shared among students [45]. Earlier and new ideas propose that the capacity to apply real-time learning would eliminate learning gaps, promote social interaction, and remove social distances between students [46,47]. While it has been stated explicitly in this research that useful planning is critical for learners and faculty members in order to achieve scholastic goals in education [9,48], it is possible that thorough planning is required when using GM as a dialectical tool for teaching and learning. Since the usefulness or efficiency of GM is dependent on both the instructors and the learners, it will necessitate interaction between students and instructors when it comes to designing class schedules that are suitable for all [42].





2. Theoretical and Empirical Models


As a result, perceived usefulness (PU) and perceived ease of use (PEOU) should be investigated as a method for identifying an individual’s preference for evaluating technology as a worthwhile tool and the likelihood of them accepting or adopting it. Attitude toward using Google Meet (ATGM) and Effectiveness (EF) correspond to a person’s perception of how easy it is to use technology and how accessible they find it [49]. According to the previous premise, when people believe technology to be simple to use, they are more likely to have a good view of it; hence, the users’ opinions of its utility are obvious. Similarly, when people believe technology to be beneficial, they are more inclined to embrace it. One of the fixed goals that the TAM model prefers to measure is the validation of an external influence on personal belief. As a result, it is the most powerful paradigm for explaining how people adopt technology, particularly in educational institutions [49,50]. TAM includes perceived utility, perceived enjoyment, perceived ease of use, subjective norms, self-efficacy, task technology fit, information quality, attitude toward GM, and effectiveness with regard to using GM as the common dominating aspect that may quantify two distinct perspectives. This information may have a direct impact on the adoption of GM on the part of users. All elements of TAM (perceived usefulness, perceived enjoyment, perceived ease of use, subjective norms, self-efficacy, task technology fit, information quality, attitude toward using GM, and effectiveness with regard to using GM) are studied in the research model, which has an impact on student adoption of GM at King Saud University (see Figure 1).



2.1. Subjective Norms


When it comes to technology, the subjective norms (SN) are a strategy for determining whether other individuals with comparable views would or would not behave in the same manner. The introduction of SN has strengthened the TAM model by allowing it to account for the actions of a group of users [51]. This study investigated SN as an external element that might explain why students would want to use GM in a meeting of classmates. Many pieces of research in the literature reporting on technology acceptability or adoption have used the influence of SN on behavioral intention, especially on PU and PEOU [50,52,53]. One of the most recent pieces of research to employ TAM and SN as an external factor is that of [54], which emphasizes the strong relationship between the external variables and other embedded TAM elements noted in previous studies [55]. However, it appears that the SN external component has not been fully and effectively utilized in these investigations. As a result, the goal of this study was to establish a link between SN as an external factor, and another external element that has a significant impact on the individual.




2.2. Self-Efficacy


The concept of self-efficacy is frequently employed as a personal element. It is described as people’s assessments of their ability to plan and carry out the steps necessary to achieve specific sorts of performances [56]. It does not represent actual abilities or skills, but rather a person’s belief in their capacity to do or execute a skill [57]. In terms of specificity and direct relationship with performance tasks, self-efficacy differs from motivational concepts, such result expectancies, self-control, and control beliefs, and is a better predictor of academic accomplishment [58]. In a number of studies, self-efficacy has been identified as one of the most significant indicators of student involvement, education, and accomplishment [59]. Furthermore, self-efficacy is drawn from four major sources of data: performance achievement, emotional arousal, motivation, and physiological conditions [56,60]. This study points out that it has been clearly established in both previous and current studies that GM has made a significant contribution to teaching and learning, which many academics see as being successful and efficient when it comes to online education [13,61].




2.3. Task Technology Fit


The attitude towards utilizing an information system to fulfill various activities is measured by perceived technological fit. Previous research has used the task technology fit model to assess the performance of technology used to complete tasks, as well as to assess the technology’s efficacy in completing given tasks and the level of pleasure it offers users [62,63]. This involves gaining a better knowledge of how task technology fit (TTF) may impact e-learning efficiency and satisfaction according to studies done under this section [64,65]. Someone else has looked at perceptions of online learning’s fit with academic assignments and the perceived influence of using Google Meet on perceived performance [66,67]. The importance of task–technology fit in LMS success according to [68] tackles the subject of how task–technology fit affects the student performance impacts of LMS. Investigating the influence of the Google Meet mainstream press lecture technique on improving student knowledge and learning outcomes while studying from home [69,70] is what the researchers wrote about.




2.4. Information Quality


Several researchers in the field of e-learning have implemented the information systems success model to analyze the link between educational quality features, satisfaction, and the continued utilization of information systems [71]. Information and knowledge quality, for example, have a beneficial impact on user satisfaction, knowledge adoption, and the desire to consume and contribute information in an online community [72,73]. It relates to information quality success to describe knowledge sharing behavior in knowledge management systems, according to [73,74]. The quality of the information influences knowledge management systems’ (KMS) self-efficacy, which in turn influences information intentions. Students’ attitudes toward utilizing GM websites, and the effectiveness in GM with regard to online learning contexts, are influenced by perceived information quality and computer self-efficacy. As a result, information quality parameters PEOU, and PU have a favorable association.




2.5. Perceived Enjoyment


The term ‘perceived pleasure’ may be defined as a range of services or actions provided by a learning management system (LMS) that are designed to be delightful in and of themselves, independent of expected performance outcomes [75]. As a result, the extent to which a student feels that using social media boosts their academic achievement using the GM app [76] is defined in this study as perceived delight. A user’s participation in online social media sites is more likely if the procedure is enjoyable. Through a suggestion to combine the TAM model with the theory of motivation, an inquiry was done in identifying the behavior to adopt in students on an internet-based learning medium (ILM) in the work of [77]. In addition to perceived utility and perceived ease of use for TAM, the study looked at felt pleasure as a key catalyst [78,79]. All of the outcomes revealed evidence of felt enjoyment, including the importance of the perceived usefulness impact in influencing students’ attitudes and ILM’s usage intention. They will progressively build their attitude with regard to technology and their acceptance/adoption of it. As a result, pleasure may be characterized as a personal sensation produced independently of any other effects, and it can be linked to the perceived utility that users can develop. To develop the acceptance theory, fun or enjoyment might be introduced as a construct [39,52,80]. As a result, one must take into account the preceding premise that perceived satisfaction is a key determinant.




2.6. Perceived Usefulness


Many academics have lately adopted the TAM model to assess the impact of technological acceptance and adoption [49,81,82]. The TAM model’s two dimensions, perceived ease of use and perceived usefulness, are critical in determining the impact of technology on its users in the educational sector [52,81,82]. The degree to which an individual feels that employing a certain technology would improve his or her job performance is known as perceived usefulness [49]. This indicates that how users view the value of technology in teaching and how learning shapes their attitudes about computer use, whether positive or negative. The behavioral desire to utilize Google Classrooms is likewise influenced positively and significantly [83,84]. The purpose of this study was to see if an online exam could be used to measure students’ willingness to adapt to Google Meet. As a result of technical awareness and social value, technology-oriented online education is deemed to be valuable.




2.7. Perceived Ease of Use


According to research by [49], perceived utility and simplicity of use are determined by technology adoption and students’ response systems [85]. Many academics have lately employed the TAM model to assess the impact of technological acceptance and adoption [49,85]. The TAM model’s two dimensions, perceived ease of use and perceived usefulness, are critical in determining the impact of technology on its users in the educational sector [2,11,86]. As a result, PEOU and PU may be employed as mediators to assess the acceptability of Google Meet on the one hand, and the impact of the perceived enjoyment (PE) on the other. As a result, when consumers’ perceptions of technology are rated as it being easy to use, it means they are ready to accept it, and they will acquire favorable attitudes toward technology and their understanding of technological concepts. Similarly, ease of use perception influences PU and leads to technological acceptance.




2.8. Attitude towards Using Google Meet


The rapid rise of blended learning in higher education has been identified as a prominent problem in terms of keeping students engaged and enthusiastic about online learning [87]. Students’ intentions to learn online were impacted greatly by their perceived usefulness, enjoyment of the activity, and demonstrating a positive attitude [88]. Positive attitudes toward learning can guide behavior and positive attitudes toward learning, which can aid in the efficient application of knowledge techniques [68,89]. Students have a positive attitude toward education because it has a beneficial influence on their achievement and self [90]. Student and teacher attitudes and skills are influenced by technology accessibility, which is favorably correlated with technology use [91]. Furthermore, positive sentiments with regard to ICT and eLearning were essentially equal among female and male students [92]. It is reasonable to suppose that, if students have a favorable attitude toward examinations, they will also have a positive attitude regarding adaptability. This is hypothesized based on the above-mentioned literature.




2.9. Effectiveness of Utilizing Google Meet


The extent to which learning outcomes are attained might be characterized as learning effectiveness. According to one study [93], there is a favorable relationship between learning effectiveness and real grades. We can model and evaluate the links among the components that influence learning effectiveness after they’ve been discovered. The growing popularity of online learning has piqued the interest of various scholars who want to investigate its efficacy. Pre- and post-tests are used in the majority of studies on the issue [94,95]. Facilitating e-learning does not ensure that the desired learning results are achieved. In order to attain the appropriate level in terms of results, learners must participate. Several studies have compared whether e-learning is more successful than face-to-face learning [96]. However, from a theoretical standpoint, there are few studies on the components that influence learning efficacy [97]. Identifying the elements that influence learning effectiveness benefits, not only concerning the online learning via Google Meet providing organizations, but also concerning the students, because both stakeholders may utilize it to improve learning results. The key reason is because the language instruction tool is inexpensive to obtain relative to other learning management systems (LMS) [9]. According to research, GM is a free Google service that is simple to set up; it is stated that, with the new upgrade from Google Talk to Google Meet, this allows it to compete strongly with Skype and Zoom, and it is one of the top tools for team teleconferencing [98].




2.10. Adoption of Google Meet for Education


The adoption of the internet in Saudi Arabia began in the 1990s, with colleges being the first to do so. The technology eventually spread to all of the country’s campuses [3,99]. Information and communication technology (ICT) is widely used in developed countries, such as the United States, at institutions with university degree programs. Both students and professors gain from the use of ICT to facilitate learning [21]. The use of online meetings, such as the Google Meetings tool, aids time management by allowing students and instructors to interact both synchronously and asynchronously. However, instructors’ attitudes toward students can be a barrier to Google Meet uptake, especially when working with students who are unfamiliar with using online meeting technologies [100]. Educators do not believe online meetings to be successful teaching tools; instead, they rely on conventional methods that have been demonstrated to be ineffective when compared to new solutions. Instead of encouraging a student to utilize ICT to better their knowledge, an instructor may dismiss the student or refuse to assist them [28]. According to the author, this is a problem that most students experience. Furthermore, some professors lack technical abilities, which causes students to be inconvenienced [100]. On the other hand, individuals from various cities and regions may also readily meet inside a virtual environment, enabling the creation of distinct and quite diversified classrooms inside a single nation, or even in terms of numerous countries. Due to the closure of all educational institutions in Saudi Arabia, an unanticipated quick change from the conventional ‘traditional’ learning style [101] to the new government-endorsed strategy in the form of online learning, has occurred.





3. Research Methodology


Technology during COVID-19 is approaching closer to effectively facilitate the process of teaching. Coined by the fact that GM was one of the influential approaches to replace the face to face teaching environment within the breakdown period, Google Meet is a face-to-face conference platform where educators and students can interact directly as they meet face-to-face. In this application, there are many advantages, such as file sharing in PDF format, that can be done easily. It is a great tool for posting new assignments. It is also a good way to get the class to interact. They can upload specific questions to be answered by students in stream. Moreover, Google Meet offers the easiest facilities for individuals who want to participate in conferences or meetings with just a link or room number. Google online format also includes two-way live broadcast lectures. Google meet makes online courses very popular due to saving time, costs, and impact towards the environment. GM requires low financial cost and offers a good webinar experience. The use of GM also allows participants to write and discuss together throughout the process. Google Meet can also be used for community-based discussions, etc. Thus, Google Meet affords opportunities for participation in learning during online teaching. It offers a space for virtual meeting (Google Meet) and to host virtual lessons (Google Classroom). Although Google Classroom touts its potential for transformative instruction, the technological design of Google Meet encourages replication of many pedagogies already used in education. By providing the option for students to comment, it is possible for teachers to get feedback on how assignments and resources are being received, allowing for future work to be focused in a way that will best engage the students.



3.1. Study Design


The study’s main purpose was to develop a simple and easy-to-understand conceptual model for evaluating social media acceptability and the factors that influence it. A multistage testing strategy was used to construct, validate, and test the suggested model and survey. To begin with, participants tested twenty-nine (29) previously used questions to evaluate the adoption of GM for educational purposes at Saudi educational institutions, and 10 components were extracted to determine the adoption of GM for learning. Second, data were obtained from 208 students, both local and international, who were chosen at random at the College of Education at King Saud University. The components in the questionnaire, which included parts of assessment information system success models, were rated using a five-point Likert scale information system success model (ISSM). The study was empirical, with the proposed conceptual model of social media usage experimentally evaluated using structural equation modeling (SEM), as described by [102]. Suitable statistical tests were employed to validate the findings and demonstrate significance in terms of the outcomes of this study. The survey was carried out individually, and participants were invited to return it after they were finished. The survey focused on user happiness and the respondents’ perceptions of its impact on social media usage. SPSS with partial least square structural equation modeling was utilized for data analysis (Smart PLS 3.3.3).




3.2. Data Gathering


The data were collected from students at King Saud University in Saudi Arabia. A questionnaire survey was used to obtain the necessary data. A total of 215 students were chosen to take part in the survey. The study required a sample size of 208 individuals. As a result, the sample size in this study is appropriate as an exploratory study for portraying postgraduate students at the College of Education in King Saud University in terms of GM acceptance. About seven survey responses were discarded due to missing information. From a total of 208 surveys, the data were analyzed using SPSS. The students who took part in the survey came from the college of education. The researcher discussed the study’s objectives and the description of online meetings, such as GM, at the start of the data collecting procedure, and the students then answered the survey. Table 1 shows the gender, age, specialization, and use of Google Meet (GM) rates among the respondents. According to the survey’s demographics, women made up 55 (26.4 percent) of the respondents, while men made up 153 (73.6 percent). 11 (5.3%) of those polled were between the ages of 18 and 20. 30 (14.4%) were between the ages of 21 and 24. 73 (35.1%) were between the ages of 25 and 29. 48 (23.1%) were between the ages of 30 and 34. 23 (11.1%) were between the ages of 35 and 40. 12 (5.8%) were between the ages of 41 and 45. Finally, 11 of the respondents (5.3%) were 46 or older.




3.3. Instrument Development


A five-point Likert scale was used to gather data, and the preexisting constructs of this research were used with the following adjustments to meet the context of this study: subjective norm (SN) was adapted from the sample questionnaire from [55,103], self-efficacy was adapted from the sample questionnaire from [57,59,89], perceived enjoyment was adapted from [11,68], task-technology fit was adapted from the sample questionnaire from [66,68], information quality was considered [89], and perceived ease of use and perceived usefulness were adapted from the sample questionnaire from [55,66,104], Attitude with regards to using GM was adapted from [68,89]. Effectiveness was adapted from the sample questionnaire from [9]. Finally, adoption of GM for education was adapted from the sample questionnaire from [16,105]. Table 2 and Table 3 presents all variables and their sources.





4. Data Analysis and Results


4.1. Measurement Model


The assessment processes used to verify the measurements’ reliability and validity are referred to as the measurement model. Three different measures were considered. There are three types of validity: discriminant validity, convergent validity, and indicator loadings and internal consistency reliability. Hair et al. recommend three measures [102].




4.2. Internal Consistency Reliability and Indicator Loadings


In this research, the PLS-SEM results were employed to determine indicator loadings. The details of the loadings are shown in Table 2 and Table 3. The bulk of the items had loading levels greater than 700 [102]. In the second phase of the PLS-SEM investigation, fifty indicators were assessed. Internal consistency reliability refers to the assessment findings for statistical consistency among variables. Cronbach’s alpha (CA) and composite reliability (CR) should be used to assess internal reliability. The CA and CR values in this study were determined by using the [102] criteria: >0.700 for CA and >0.700 for CR. Table 2 shows the characteristics of each measurement value. CA and CR values show strong internal consistency across the board, with CA reliability extending from 0.862 to 0.936, and CR confidence ranged from 0.901 to 0.951 for all constructions.




4.3. Convergent Validity


Validity testing is a statistical method relating to construct validity. According to the concept of convergent validity, evaluations utilizing the same or comparable conceptions should be substantially connected. The AVE scores must be given in terms of convergent validity. The SmartPLS scores were calculated using a PLS-SEM technique. The AVE score should be more than, or equal to, 500, and it should explain at least 50% of the variation. The AVE value for all constructions is larger than 500, which accounts for more than half of the difference (Table 2).




4.4. Discriminant Validity


Discriminant validity, according to [102], is the degree to which a construct differs from other constructs. The AVE score of a concept must be smaller than the shared variance for all constructs in the model. According to the findings of the study, each concept’s AVE score is lower than their shared variance (Table 2). As a consequence of examining the Fornell-Larcker criteria, discriminant validity was established. Cross-loadings can also be used to assess discriminant validity. All indicators’ outer loading values for each construct were bigger than their cross-loading values for the other constructs, as shown in Table 3. As a result of the cross-loading value evaluation, discriminant validity. Discriminant validity will also appear when the heterotrait–monotrait (HTMT) is higher than 0.900. HTMT above 0.900 refers to a lack of discriminant validity. All of the HTMT readings in Table 4 were less than 0.900. The results show that the values were substantially different from 1.




4.5. Structural Model Assessment


There are several stages to the structural model evaluation [102]. The reporting of the variance inflation factor (VIF) data was the first step in the computerization of collinearity. In the second step, the link was investigated. In step three, the significance level (R2) was calculated. The effect size of f2 for the construct’s relevance was given in step four. The purpose was to investigate the explanation of the endogenous constructs that were chosen. The data were also generated in PLS-SEM utilizing the pegging process for the R2 and f2 impact sizes when displaying the Q2 values.




4.6. Collinearity Issue


Serial correlation between the sets of predictors should be investigated. The serial correlation is determined by looking at the VIF value. If the VIF value is stated to be >3000, serial correlation will be a concern [102]. Attitude toward using GM (ATGM) is a predictor of GM adoption for education (AGM) (VIF = 1.233); effectiveness of using GM (FE) is a predictor of GM adoption for education (VIF = 1.534); information quality (IQ) is a predictor of ease of use (PEOU) (VIF = 2.260); and perceived usefulness (PU) (VIF = 2.382) is considered. Perceived enjoyment (PE) is a predictor of perceived usefulness (PU) (VIF = 2.020) and ease of use (PEOU) (VIF = 2.936); self-efficacy (SE) is a predictor of usefulness (PU) (VIF = 2.472) and ease of use (VIF = 2.331); and task technology fit (TTF) is a predictor of usefulness. VIF values are all less than three (Table 5). As a result, collinearity is not a problem in this study [102].




4.7. Hypothesis Testing


The data were bootstrapped via 5000 sub-samples to determine the route coefficient between endogenous and exogenous components. Figure 1 shows the hypothesis, Figure 2 shows the path coefficient results, and Figure 3 shows the path (T-Values) results. SEM analysis was utilized to test the model suggested in this study. In order to evaluate the influence of the TAM model with four external factors on attitude toward utilizing GM and efficacy of GM usage, which can affect acceptance of GM for learning, seventeen hypotheses were tested in the research model. The findings, as shown in Table 4, backed up all of the study model’s hypotheses. The perceived usefulness and perceived ease of use of G M for education were significantly influenced by subjective norms (H1 = 0.196, t = 2.623; H2 = 0.195, t = 2.337). Hypotheses H1 and H2 are, therefore, accepted. The third and fourth hypotheses claimed that self-efficacy had a substantial favorable impact on perceived utility and perceived ease of use while using GM for educational purposes (H3 = 0.164, t = 2.671; H4 = 0.225, t = 3.453). Hypotheses H3 and H4 are, therefore, confirmed. Perceived enjoyment was positively connected to perceived utility and perceived ease of use for using GM for educational purposes (H5 = 0.162, t = 2.047; H6 = 0.174, t = 2.051), according to the data in Table 3. As a result, H5 and H6 were endorsed. Furthermore, task-technology fit (TTF) was strongly connected to perceived utility and perceived ease of use for using GM for educational purposes (H7 = 0.127, t = 2.036; H8 = 0.148, t = 2.119), supporting H7 and H8. In addition to the above findings, the ninth and tenth hypotheses (H9 and H10), which assumed a positive and significant relationship between information quality and perceived utility and perceived ease of use for using GM for educational purposes (H9 = 0.162, t = 2.409; H10 = 0.209, t = 2.608), were also supported. The hypotheses of a link between perceived ease of use and perceived usefulness (H11 = 0.189, t = 2.923), and attitude toward utilizing G M (H12 = 0.239, t = 3.920), and the efficacy of G M use (H13 = 0.353, t = 4.254), are all supported. Furthermore, the hypothesis of a link between perceived usefulness and attitude toward utilizing GM (H14 = 0.622, t = 10.504), as well as the efficacy of GM usage (H15 = 0.424, t = 5.285), are supported. The adoption of GM for education was positively connected to attitude about utilizing it (H16 = 0.397, t = 5.914). As a result, H16 was endorsed. The hypothesis that attitude mediates between perceived ease of use and perceived utility was confirmed in terms of factors directly impacting the adoption of GM. Furthermore, the efficacy of utilizing GM was positively connected to GM adoption for educational purposes (H17 = 0.321, t = 4.297). The hypothesis that the efficacy of utilizing GM mediators between perceived ease of use and perceived usefulness was validated in terms of factors directly impacting the adoption of using GM for educational purposes. All of the hypotheses were found to be true. Table 6 shows the results.




4.8. Coefficient of Determination (R2)


The significance level (R2), which is the output result of the analysis of regression, is understood as the variance percentage in endogenous constructs that may be predicted by the exogenous variable. It evaluates the accuracy of a proposed model’s predictions. The square of the correlation constructs is used to compute it. The R2 scale runs from 0 to 1, with a greater number indicating a higher level of R2. A value of 0.25 is considered weak, 0.50 is moderate, and 0.75 is significant [102]. Table 7 shows the R2 result based on the study’s findings. The adoption of GM for educational purposes (AGM) (0.412, Moderate), attitude towards Google Meet (ATGM) (0.663, Moderate), effectiveness of Google Meet (FE) (0.524, Moderate), PEOU, (0.640, Moderate), and PU (0.412, Moderate) (0.710, High) are considered. Table 7 shows the results.




4.9. Effect Size (F2)


The correlation value, or F2, is a statistical term that measures the strength of a predictor construct’s link with a variable. To put it another way, F2 is used to assess the impact of exogenous constructions on endogenous constructs. F2 investigates how the R2 value changes when an external component is excluded from the model. According to [102], the F2 value of 0.02 is defined as an insignificant effect, the value of 0.15 as a medium impact, and the value of 0.35 as a significant effect. Seven confirmatory factor effect sizes were discovered in the study’s data. The lowest influence was found when task technology fit to perceived usefulness gained the smallest effect, while the biggest F2 was found when perceived usefulness to attitude toward utilizing Google Meet was met, with a value of 0.528 (See Table 8).





5. Discussion and Implementations


This study explored how university students felt about using, adopting, and accepting online emergency learning. A constructive and extended TAM was effectively employed in this study to describe the framework experienced by students when they adopted GM for education in order to explore aspects impacting the usage of GM for educational purposes. According to one study, the use of GM can assist students to participate in deeper learning and grasp the meaning of a given topic by stimulating their knowledge of the critical exploratory process [11]. The goal of this study was to create a new model that would illustrate 10 criteria and test 18 hypotheses for using GM for learning. The following are the results: the first element is the subjective norm. This had two hypotheses (H1 and H2) that had substantial beneficial effects on the students’ perceptions of Google Meet’s adoption utility and simplicity of use. This is consistent with previous research, which has established a positive association between subjective norm and perceived utility and ease of use [16,55,106,107,108]. However, these findings contradicted those of a previous study [55,109]. The third element is self-efficacy, which had two hypotheses (H3 and H4) that had substantial favorable effects on the students’ perceptions of Google Meet’s adoption utility and simplicity of use. This is in line with previous research [16,57,60] that revealed a positive association between subjective norm and perceived usefulness and perceived ease of use. Furthermore, the following variable is perceived pleasure, which had two hypotheses (H5 and H6) that had substantial favorable effects on the students’ perceptions of Google Meet’s adoption’s perceived utility and simplicity of use. This is in line with previous research [11,26,109], which revealed that reported enjoyment had a positive association with perceived usefulness and perceived ease of use. Additionally, task-technology-fit, related to two assumptions (H7 and H8) that had substantial positive impacts on the students’ perceived usefulness and perceived ease of use of Google Meet adoption was the following factor. This is in line with previous research, which demonstrated a favorable association between task technology fit and perceived utility and ease of use [2,68]. However, these findings contradicted those of a previous study [66,110]. The second component is information quality, which had two hypotheses (H9 and H10) with substantial positive impact on adolescents’ perceptions of Google Meet’s adoption utility and simplicity of use. This is in line with previous research [73,89], which revealed that information quality had a positive association with perceived utility and perceived ease of use. The next variable is considered to be the ideal of use, which had three hypotheses (H11, H12, and H13) with substantial positive impacts on the students’ perceived usefulness, as well as attitude towards using Google Meet and the effectiveness of Google Meet adoption. This is in line with previous research, which demonstrated a positive association between perceived utility and reported ease of use [16,66,89]. The next element is perceived usefulness, which already had two hypotheses (H14 and H15), with substantial positive impacts on attitude toward utilizing GM and the effectiveness of GM adoption. This is in line with previous research, which demonstrated a positive association between perceived utility and reported ease of use [16,66,89]. The mediating variable is user attitude toward Google Meet, which had one hypothesis (H16) that had a substantial beneficial impact on the adoption of GM for educational purposes. This is similar to previous research, which revealed a favorable association between attitude toward utilizing GM and use of GM for educational purposes [60,89,103]. Finally, the mediating component is Google Meet efficacy, which had one hypothesis (H17) that it had substantial positive impacts on Google Meet adoption for educational purposes. This is in line with previous research, which revealed a positive association between the effectiveness of utilizing GM and the acceptance of GM for educational purposes [9,111]. The results of this study show that the abrupt move to online learning went smoothly, and that current instructional resources were prepared for the change. Communication with coworkers and academics was simple, and they had no problems communicating with one another. This was due to the availability and diversity of social media applications, such as Google Meet and Zoom, that contributed to overcome the difficulties that one may have faced, especially during COVID-19 in Saudi Arabia [101]. The purpose of this study is to obtain better knowledge of how GM is used in education and how it relates to the subjects’ subjective norms, self-efficacy, technological fit, information quality, and reported satisfaction with regard to using GM. Utility, perceived simplicity of use, attitude toward using GM, and effectiveness of using GM provide a backdrop that is aided by online learning that can increase students’ acceptance with regard to using GM. According to the findings of this study, utilizing GM improves subjective norms, self-efficacy, task technology fit, information quality, perceived enjoyment, perceived usefulness, perceived ease of use, attitude toward using Google Meet, and efficiency with regard to using GM, all of which can help to increase adoption of GM for educational purposes, as noted in previous and present research [60,61,107]. As a result, perceived usefulness, ease of use, attitude toward using GM, and efficiency of someone using GM are all related to subjective norms, self-efficacy, task technology fit, information quality, and perceived enjoyment, all of which help students accept distance classes by allowing them to obtain precious assets from their peers, such as their instructors’ guidelines. When utilizing GM to communicate, empirical research reveals that on-campus students require more help beyond brief face-to-face conversations. According to the findings of the research, higher education learners’ attitudes with regard to utilizing, plan to use, and contentment with online learning associated with GM showed a positive relationship with actual usage. It may be assumed that providing ideal conditions for learning, such as suitable facilities, a pleasant environment, and a fast internet connection, will make it simpler for students to adopt e-learning. The use of GM has also been demonstrated to be a reliable predictor of both utility and perceived simplicity of use over time [16,61,68,89]. Similarly, there is a need to look at the impact on education, not just with regard to GM, but also with regard to other teaching-based technologies.



5.1. Implications


Learners, institutions of higher learning, and politicians will all benefit from this research. Knowledge with regard to the function of GM uptake in education requires an understanding of the link between its use and its favorable influence on students’ performance. The results are useful for people who want to improve online learning or the online learning technologies that are used in teaching and learning. This research adds to our knowledge of why students prefer to use Google Meet for educational purposes. Informed policy decisions with regard to educational technology deployment in tertiary institutions may be obtained through a better understanding of intention factors, student predisposition for online learning, and useful technology. The outcomes of this study will raise educational officials’ understanding of the benefits of sophisticated technology, such as GM in research universities, and enable such universities to create an engaging and appropriate online learning environment for students. Additionally, instructors and students can consider GM as an informal learning tool that facilitates learning and social engagement. GM may be utilized as a supplemental learning tool by institutional administrators, policymakers, and teachers, and students can use it to teach and learn. Furthermore, we propose that educational institutions develop their own websites and groups on various online meeting sites and invite students to join these groups and pages. based on our findings, this might aid students to address educational challenges. Official email addresses can be used to join groups or sites. Such initiatives may decrease a student’s research effort, which is a limitation, and, therefore, more efficiently promote advantageous class participation with peers, independent of place or time.




5.2. Limitations


There are a few drawbacks to this research that can be addressed in future research. To begin with, this study only looks at one type of technology (GM), although there are many others that deserve investigation, such as the Zoom app, Facebook, and Skype. Future research should focus on these apps in order to determine the primary factors that influence students’ views and behavior with regard to them. Finally, additional key elements, such as system quality and usability, must be investigated, as well as their impact on students’ approval of GM usage in education. In particular, considering these digital learning applications in the KSA would make significant contributions to understanding the elements that influence future technology acceptability, as well as future technology deployment planning.





6. Conclusions


The focus of this research was to determine the perceived usefulness, attitude toward using GM for education, and the effectiveness of using GM in Saudi Arabian higher education. In addition, the primary significant obstacles and challenges faced by students were mentioned in this study. The authors used the modified TAM framework to develop manual questionnaires to gather information from students. The SEM method was employed to achieve this goal. As a result, by utilizing the TAM model, this study established six concrete hypotheses to explain the primary determinants driving distance learning acceptability. The suggested model’s hypotheses were tested using the SEM technique. At King Saud University in Saudi Arabia, we distributed 208 questionnaires among postgraduate students. The data were analyzed using PLS-SEM. According to the findings, the TAM model structures with four external elements, in the form of subjective norms, self-efficacy, task technology fit, and information quality, play a key role in boosting the acceptability of GM uptake in Saudi educational institutions. According to the research, all criteria have a substantial impact on GM acceptability among learners. Thus, this research adds to the corpus of information, as well as understanding accepting practices. It may also aid in the acceptance and promotion of GM uptake among Saudi university students.
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Figure 1. Research model. 
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Figure 2. Path coefficient findings. 
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Figure 3. Findings for Path (T-Values). 
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Table 1. Demographic profile.






Table 1. Demographic profile.





	
Demographic

	
Description

	
N

	
%

	
Cumulative %






	
Gender

	
Male

	
153

	
73.6

	
73.6




	
Female

	
55

	
26.4

	
100.0




	
Age

	
18–20

	
11

	
5.3

	
5.3




	
21–24

	
30

	
14.4

	
19.7




	
25–29

	
73

	
35.1

	
54.8




	
30–34

	
48

	
23.1

	
77.9




	
35–40

	
23

	
11.1

	
88.9




	
41–45

	
12

	
5.8

	
94.7




	
46 and Above

	
11

	
5.3

	
100.0




	
Specialization

	
Education technologies

	
60

	
28.8

	
99.5




	
Special Education

	
45

	
21.6

	
70.7




	
educational administration

	
69

	
33.2

	
49.0




	
Curriculum and Instruction

	
33

	
15.9

	
15.9




	
Others

	
1

	
0.5

	
100.0




	
Use of GM

	
I currently use it

	
202

	
97.1

	
97.1




	
I have not used it

	
6

	
2.9

	
100.0
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Table 2. Reflective indicator loadings, internal consistency reliability, and convergent validity.






Table 2. Reflective indicator loadings, internal consistency reliability, and convergent validity.





	
Construct

	
Load

	
Alpha

	
CR

	
AVE






	
Subjective norm (SN)

	
0.813

	
0.907

	
0.931

	
0.728




	
0.880




	
0.852




	
0.874




	
0.847




	
Self-Efficacy (SE)

	
0.864

	
0.925

	
0.943

	
0.769




	
0.874




	
0.877




	
0.894




	
0.876




	
Perceived enjoyment (PE)

	
0.805

	
0.898

	
0.925

	
0.711




	
0.818




	
0.859




	
0.878




	
0.853




	
Task technology fit (TTF)

	
0.837

	
0.912

	
0.934

	
0.739




	
0.874




	
0.878




	
0.870




	
0.838




	
Information Quality (IQ)

	
0.868

	
0.910

	
0.933

	
0.735




	
0.860




	
0.882




	
0.880




	
0.796




	
Perceived usefulness (PU)

	
0.809

	
0.862

	
0.901

	
0.644




	
0.788




	
0.780




	
0.819




	
0.818




	
Perceived ease of use (PEOU)

	
0.871

	
0.929

	
0.947

	
0.780




	
0.860




	
0.897




	
0.900




	
0.888




	
Attitude towards using G M (ATGM)

	
0.847

	
0.900

	
0.926

	
0.716




	
0.877




	
0.877




	
0.789




	
0.836




	
Effectiveness of using GM (FE)

	
0.905

	
0.935

	
0.951

	
0.794




	
0.879




	
0.905




	
0.903




	
0.861




	
Adoption of G M for education (AGM)

	
0.881

	
0.936

	
0.951

	
0.796




	
0.906




	
0.895




	
0.889




	
0.889
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Table 3. Fornell-Larcker criterion.






Table 3. Fornell-Larcker criterion.


















	
	AGM
	ATGM
	FE
	IQ
	PEOU
	PE
	PU
	SE
	SN
	TTF





	Adoption of G M for education (AGM)
	0.892
	
	
	
	
	
	
	
	
	



	Attitude towards using G M (ATGM)
	0.587
	0.846
	
	
	
	
	
	
	
	



	Effectiveness of using G M (FE)
	0.556
	0.590
	0.891
	
	
	
	
	
	
	



	Information Quality (IQ)
	0.516
	0.573
	0.816
	0.857
	
	
	
	
	
	



	Perceived ease of use (PEOU)
	0.569
	0.697
	0.665
	0.670
	0.883
	
	
	
	
	



	Perceived enjoyment (PE)
	0.608
	0.648
	0.687
	0.677
	0.701
	0.843
	
	
	
	



	Perceived usefulness (PU)
	0.658
	0.798
	0.684
	0.696
	0.735
	0.736
	0.803
	
	
	



	Self-Efficacy (SE)
	0.663
	0.665
	0.604
	0.577
	0.683
	0.677
	0.703
	0.877
	
	



	Subjective norm (SN)
	0.610
	0.633
	0.714
	0.680
	0.674
	0.682
	0.714
	0.632
	0.853
	



	Task technology fit (TTF)
	0.561
	0.610
	0.558
	0.546
	0.627
	0.678
	0.652
	0.650
	0.515
	0.860
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Table 4. Heterotrait–monotrait (HTMT).
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	AGM
	ATGM
	FE
	IQ
	PEOU
	PE
	PU
	SE
	SN





	Adoption of G M for education (AGM)
	
	
	
	
	
	
	
	
	



	Attitude towards using G M (ATGM)
	0.635
	
	
	
	
	
	
	
	



	Effectiveness of using G M (FE)
	0.591
	0.642
	
	
	
	
	
	
	



	Information Quality (IQ)
	0.559
	0.633
	0.886
	
	
	
	
	
	



	Perceived ease of use (PEOU)
	0.607
	0.758
	0.708
	0.726
	
	
	
	
	



	Perceived enjoyment (PE)
	0.663
	0.72
	0.747
	0.749
	0.765
	
	
	
	



	Perceived usefulness (PU)
	0.73
	0.704
	0.761
	0.786
	0.818
	0.834
	
	
	



	Self-Efficacy (SE)
	0.709
	0.728
	0.647
	0.628
	0.733
	0.741
	0.786
	
	



	Subjective norm (SN)
	0.661
	0.7
	0.775
	0.748
	0.733
	0.755
	0.806
	0.689
	



	Task technology fit (TTF)
	0.607
	0.673
	0.602
	0.601
	0.678
	0.747
	0.733
	0.707
	0.566
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Table 5. Variance inflation factor (VIF).
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	AGM
	ATGM
	FE
	IQ
	PEOU
	PE
	PU





	Adoption of GM for education (AGM)
	
	
	
	
	
	
	



	Attitude towards using GM (ATGM)
	1.534
	
	
	
	
	
	



	Effectiveness of using GM (FE)
	1.534
	
	
	
	
	
	



	Information quality (IQ)
	
	
	
	
	2.260
	
	2.382



	Perceived ease of use (PEOU)
	
	2.178
	2.178
	
	
	
	2.775



	Perceived enjoyment (PE)
	
	
	
	
	2.936
	
	2.020



	Perceived usefulness (PU)
	
	2.178
	2.178
	
	
	
	



	Self-efficacy (SE)
	
	
	
	
	2.331
	
	2.472



	Subjective norm (SN)
	
	
	
	
	2.398
	
	2.503



	Task technology fit (TTF)
	
	
	
	
	2.139
	
	2.200
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Table 6. Structural model for hypothesis testing results.






Table 6. Structural model for hypothesis testing results.





	H
	Factors
	β
	T-Values
	p-Values





	H1
	Subjective norm (SN) ------> Perceived usefulness (PU)
	0.196
	2.623
	0.009



	H2
	Subjective norm (SN) ------> Perceived ease of use (PEOU)
	0.195
	2.337
	0.019



	H3
	Self-Efficacy (SE) -------> Perceived usefulness (PU)
	0.164
	2.671
	0.008



	H4
	Self-Efficacy (SE) -------> Perceived ease of use (PEOU)
	0.225
	3.453
	0.001



	H5
	Perceived enjoyment (PE) -----> Perceived usefulness (PU)
	0.162
	2.047
	0.041



	H6
	Perceived enjoyment (PE) -----> Perceived ease of use (PEOU)
	0.174
	2.051
	0.040



	H7
	Task technology fit (TTF) -----> Perceived usefulness (PU)
	0.127
	2.036
	0.042



	H8
	Task technology fit (TTF) -----> Perceived ease of use (PEOU)
	0.148
	2.119
	0.034



	H9
	Information quality (IQ) ------> Perceived usefulness (PU)
	0.162
	2.409
	0.016



	H10
	Information quality (IQ)----- -> Perceived ease of use (PEOU)
	0.209
	2.608
	0.009



	H11
	Perceived ease of use (PEOU) -----> Perceived usefulness (PU)
	0.189
	2.923
	0.003



	H12
	Perceived ease of use (PEOU) -----> Attitude towards using GM (ATGM)
	0.239
	3.920
	0.000



	H13
	Perceived ease of use (PEOU) ------> Effectiveness of using GM (FE)
	0.353
	4.254
	0.000



	H14
	Perceived usefulness (PU) ------> Attitude towards using GM (ATGM)
	0.622
	10.504
	0.000



	H15
	Perceived usefulness (PU) ------> Effectiveness of using GM (FE)
	0.424
	5.285
	0.000



	H16
	Attitude towards using GM (ATGM) ---> Adoption of GM for education (AGM)
	0.397
	5.914
	0.000



	H17
	Effectiveness of using GM (FE) -----> Adoption of GM for educational purposes (AGM)
	0.321
	4.297
	0.000
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Table 7. Coefficient of determination (R2).
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	R Square
	Results





	Adoption of GM for educational purposes (AGM)
	0.412
	Moderate



	Attitude towards using GM (ATGM)
	0.663
	Moderate



	Effectiveness of using GM (FE)
	0.524
	Moderate



	Perceived ease of use (PEOU)
	0.640
	Moderate



	Perceived usefulness (PU)
	0.710
	High
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Table 8. F2 result.






Table 8. F2 result.










	
	F2
	Results





	Subjective norm-------> Perceived usefulness
	0.053
	Small



	Subjective norm-------> Perceived ease of use
	0.044
	Small



	Self-Efficacy-------> Perceived usefulness
	0.038
	Small



	Self-Efficacy-------> Perceived ease of use
	0.061
	Small



	Perceived enjoyment-----> Perceived usefulness
	0.030
	Small



	Perceived enjoyment-----> Perceived ease of use
	0.029
	Small



	Task technology fit-----> Perceived usefulness
	0.025
	Small



	Task technology fit-----> Perceived ease of use
	0.028
	Small



	Information quality-------> Perceived usefulness
	0.038
	Small



	Information quality-------> Perceived ease of use
	0.054
	Small



	Perceived ease of use-------> Perceived usefulness
	0.045
	Small



	Perceived ease of use-------> Attitude towards using GM
	0.078
	Small



	Perceived ease of use-------> Effectiveness of using GM
	0.120
	Small



	Perceived usefulness-------> Attitude towards using GM
	0.528
	Large



	Perceived usefulness-------> Effectiveness of using GM
	0.174
	Medium



	Attitude towards using G M-------> Adoption of GM for educational purposes
	0.175
	Medium



	Effectiveness of using GM-------> Adoption of GM for educational purposes
	0.114
	Small
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