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Abstract

:

E-government initiatives help a country to publicize information with greater transparency and efficiency and are expected to reduce corruption in the country. The present study investigates the impact of a host country’s e-government system on inward foreign direct investment (FDI) which plays an important role in the sustainable growth of countries. Using a logistic regression method to model whether the inward FDI is positive or negative, this study provides empirical evidence on the effects of the e-government development level on inward FDI. In addition, the authors point out that the positive influence of e-government on FDI becomes greater when the target country is more corrupted, and they hypothesize that the impact of e-government is moderated by corruption. The estimation results show that the e-government effect becomes greater when the host country is more corrupted. The findings have practical implications for policymakers for sustainable development of their economies on how they can attract more FDI by controlling the market environment.
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1. Introduction


One of the most substantial elements of sustainable development from an international business perspective is foreign direct investment (FDI) by multinational enterprises (MNEs) [1,2,3]. FDI has played an important role in facilitating mutualistic interactions between home and host countries for sustainable growth. A host country’s desire to acquire new knowledge and improve its balance of payments and a home country’s demand for capital have built bilateral relationships that are beneficial to both countries. Paul and Feliciano–Cestero [4] show an exhaustive review of FDI literature over the last five decades and emphasize the importance of FDI for cooperation and sustainable development of global economic units. According to Appiah–Kubi et al. [5], one of the most critical factors for African economic improvement is to attract FDI since the sustainable growth demands industrial infrastructure in the long run. As another example, Kim [6], Yue, Yang, and Hu [7], and Wu and Zhang [8] studied the direct relationship between FDI and environmental sustainability in uniquely different economic contexts: greenhouse gas emissions, green efficiency, and carbon emission efficiency. Despite the divergence of their opinions on the relationships, many scholars unanimously remark on the critical role of FDI in sustainable growth.



According to the OECD database [9], the FDI flows vary considerably by country. For example, the United States attracted 282 billion dollars in 2019, while Japan induced 15 billion dollars for the same period. Given the gulf between the countries, a naturally following question here is: “Why are some countries more successful in receiving more FDI than others?” To answer to this question, a large stream of FDI literature has identified crucial determinants for MNEs’ FDI activity. For example, Driffield, Jones, and Crotty [10] and Dunning [11] emphasized the economic factors, such as markets, resources, and strategic assets, while Habib and Zurawicki [12] and Brouthers, Gao, and McNicol [13] focused on social factors, such as corruption level, political stability, and regulatory quality.



Among the social factors, the host country’s corruption has been recognized as one of the most important factors, as widely studied by scholars. Transparency International (TI) defines corruption as the abuse of entrusted power by political leaders or bureaucracy for personal gain or specific group interest. Most past studies found a negative impact on the host country’s pulling FDI, although some exceptions reported that they could not find a statistically significant relationship [14,15]. Habib and Zurawicki [12] found a negative impact of corruption on FDI, saying that understanding the role of corruption in FDI is important because corruption creates distortions by providing some companies preferential access to profitable markets. Rose–Ackerman [16] stated that corruption could deter foreign investors if the costs of the potential deal exceed its benefits. Chen, Ding, and Kim [17] presented that corruption may reduce operational efficiency, distort public policy, and slow the dissemination of information. Many other published works support the negative influence of corruption on FDI [18,19,20]. In addition, Hoinaru et al. [21] showed empirical evidence that a higher level of corruption is correlated with a lower level of economic and sustainable development. Liu and Dong [22] explored the impacts of political corruption on haze pollution, which in turn causes unpredictable economic losses. Feruni et al. [23] empirically exhibited the impact of corruption on the economic development of both the Western Balkan countries and the EU countries. If so, how can the corruption level be controlled for economic and sustainable development?



One way to purify the corruption level of a country is through e-government initiatives. The United Nations defines an e-government strategy as the employment of the Internet and the World Wide Web for delivering government information and services to citizens. E-government is expected to enhance the efficiency and effectiveness of public service delivery through information technology (IT), information and communication technologies (ICTs), and web-based telecommunication technologies [24]. For example, according to Jun and Chung [25], the Korean government introduced the Government 3.0 program in 2013 for the purpose of enhancing the public accessibility of government data for higher transparency of state affairs. It provided a nonhierarchical, nonlinear, and multi-channel platform that can be accessed at any time and place according to citizens’ needs, uses, and satisfaction. For another example, in the Indian state of Andhra Pradesh, a computer system for 214 public offices’ documentation was established in 1998. Before its introduction, corrupt practices by a small group of people who were in charge of the responsibilities had prevailed [26]. The Global Corruption Report [27] also emphasizes the role of e-government. It argues that e-government offers a partial solution to corruption, since it reduces discretion and prevents some opportunities for arbitrary action, thus encouraging citizens and businesses to question unreasonable procedures and wrongful acts.



Some pieces of empirical evidence from public policy studies using country-level data support the positive relationship between e-government and corruption. Anderson [28] proved the positive impact of e-government on the control of corruption index using a panel data set from 149 countries for two years (1996 and 2006). The author focused on showing the robustness of the relationship, by controlling the e-government adoption decision of a corruptive government to resolve the endogeneity issue. Mistry and Jalal [29] demonstrate that the relationship between e-government and corruption differs as the development level of the country changes. Consistent with Anderson [28], their results show that the use of ICTs related to e-government reduces corruption. Additionally, the impact appears to be stronger in developing than developed countries. Shim and Eom [30] present another piece of empirical evidence. They study whether corruption is affected by three traditional factors (bureaucratic professionalism, bureaucratic quality, and law enforcement) and e-government. The results show that e-governments have a significant and positive influence on corruption as three other well-known determinants do. There are also many pieces of evidence for the importance of e-government in the sustainable development literature: Jameel et al. [31] showed the interplay between e-government, public trust, and corruption, Rodríguez–Martínez et al. [32] found the close relationship between e-government, corruption, and environmental performance, Myeong, Kwon, and Seo [33] examined the correlation between the quality of e-government and trust in government, and Lee [34] presented the direct influence of e-government on environmental sustainability as well as the indirect one through the enhancement of government effectiveness.



Our main research question stems from the above two findings in the literature: if (1) corruption negatively affects FDI and (2) e-government reduces corruption then would e-government positively influence FDI? (Of course, there exist different opinions in the literature against the effectiveness of e-government. For example, Anechiarico and Jacob [35] warn that law enforcement activities such as auditing and internal surveillance can make the government too rigid and reinforce bureaucracy. To the best of our knowledge, however, the major stream of past studies votes for the positive relationship between e-government and corruption, so we adopt the argument from this group for the development of our following logic.) A few precedent studies present some clues for our question. Azubuike [36] presents a qualitative analysis of African countries, which shows that there exists a strong relationship between the e-government index and information accessibility. Kachwamba [37] proposes a conceptual framework for the impact of e-government on transaction costs and FDI. Although the argument that e-government adoption and FDI inflows will be positively related is asserted through a vast literature review, the author does not statistically prove the theory under the framework suggested by the research. Prasetyo and Susanto [38] also show a similar approach and standpoint as Kachwamba [37]. Through a case study of an Indonesian city, they suggest that investors consider the governance environment factors, and e-government has a positive impact on investment attractiveness through the governance quality factor. All in all, although the e-government literature shows a convergent opinion on the positive impact of the e-government system on FDI, the direct and solid answer to our question, unfortunately, can hardly be found in the literature.



Empirical evidence on the relationship between e-government and FDI in the literature is very limited. To the best of our knowledge, the present study is one of the first studies to statistically investigate whether the level of e-government development is related to FDI, using a longitudinal data set. The only potential exceptions include Abu-Shanab [39] and Martins and Veiga [40]. The former reports a statistically significant relationship between the global opportunity index (GOI) and the e-government development of the host country. That is, the study shows that the country’s attractiveness to FDI is related to the e-government system, which does not necessarily imply the direct relationship between e-government and FDI per se. The latter research uses panel data that cover 167 countries over 6 years and analyzes the connection between the e-government development index variable and 10 metrics related to the ease of doing business in these countries. Their linear regression analysis shows statistically significant relations for 6 out of 10 metrics: starting a business, attaining electricity, registering property, acquiring credit, trading across borders, and protecting minority investors. However, it also has the same limitation since it does not directly show the e-government’s relationship with FDI.



In addition, theoretically, the relationship between e-government and FDI has not been a focal object while many other components in MNEs’ FDI activities have been broadly and deeply explained by the OLI paradigm and institutional theory in the literature. First, the OLI paradigm shows a conceptual framework explaining MNEs’ FDI activities with an eclectic model that contains three elements: ownership-specific, location-specific, and internalization advantages [41,42]. Among those three advantages, the location-specific advantages include the region’s macroeconomic factors (e.g., gross domestic product, interest rate) as well as social factors (e.g., political stability, international outlook) [43,44]. As a new element in the social factors, information-related components have received greater attention in this digitalization era as an advantage in the host country [45]. Since there exists the “liability of foreignness” in unfamiliar countries, the risks from information deficiency can be a critical factor in FDI decisions. While we believe that e-government can be a non-negligible component as an L-specific advantage related to information, it has not received great attention from scholars. Second, according to institutional theory, organizational decisions are affected by all kinds of institutions related to human interactions through cognitive, normative, and regulative pillars, and all three institutional pillars present fundamentals for FDI studies [46,47]. Furthermore, institutions are known as a critical factor in MNE’s FDI decisions [48]. However, considerable past studies on FDI have focused on regional market factors (e.g., market size, efficiency, and growth) rather than institutional factors [49]. Furthermore, unlike other regulative pillars such as tax and trade policies, the e-government initiative has not been considered much as a regulative pillar. Recognizing the lack of consideration of e-government in the OLI paradigm and institutional theory, our study is expected to fill this gap in the literature.



The present research makes several additional contributions to the literature. First, we investigate the yet unanswered question, “Does a host country’s e-government affect MNEs’ FDI activity?” We used a quantitative means by employing a logistic regression method on a longitudinal data set at the country level. We faced up to the sensitive agenda in the era of digitalization (e.g., e-government). We hypothesized a positive relationship and tested it in the next chapters. Second, we considered both the host country’s corruption and e-government in our statistical model to explain the variation of inward FDI by country and year. Given the literature on the impact of corruption on FDI and the influence of e-government on corruption, the past studies imply that e-government has an indirect impact on FDI through corruption. Our regression result would enable us to distinguish the direct impact of e-government on FDI from the indirect one, under the control of the corruption variable in the same regression equation. Third, we exhibited the interaction effect between e-government and corruption in affecting FDI: whether the relationship between e-government and FDI becomes stronger or weaker for more corruptive host countries. We hypothesized that, when a host country is more corrupted, inward FDI would be more influenced by a host country’s e-government development level. Prior experiments have a propensity to choose a fragmental approach by examining the effect of either corruption or e-government on inward FDI separately. Unlike these studies, under the premise that both concepts are mutually important, we attempted to draw a bigger picture by integrating corruption with e-government’s effect on FDI. Our results, which are presented in the below chapters, will enable policymakers to come up with the answers to what efforts they should make to attract more FDI to their economy.



The remainder of the paper is organized as follows: The following section introduces a theoretical lens and develops hypotheses based on the reviews of extant e-government and FDI literature. The next two sections introduce 16 countries’ bilateral FDI inflow data for 5 years used in the main analysis and discuss the estimation results from statistical models. Then, the last two sections follow with more discussion on findings and conclude the research.




2. Theoretical Framework and Hypotheses Development


2.1. FDI, Information, and E-Government


The OLI paradigm, which provides a conceptual framework explaining the prerequisites for MNEs to undertake FDI, is called an eclectic model in that it is established by the combination of three elements. First, it includes an ownership-specific advantage, which indicates that a firm having an intent to invest in foreign markets must possess sufficient competitiveness and valuable organizational assets. Second, it considers location-specific advantages and argues that a host country wanting to attract MNEs’ investment should capitalize on its unique advantages. Third, it also highlights that the avoidance of market imperfection through the internalization of international transactions provides an incentive to MNEs (i.e., internalization advantage) [41,42].



Particularly, the location-specific advantage is a relatively new seminal concept, which implies that it is still valuable to scrutinize the insights of the “L” advantage. For example, macroeconomic factors such as gross domestic product, interest rate, capital market indicators, exchange rate, and inflation have been widely used to analyze the effects of the location advantage, particularly in the market potential and risk perspectives [43,44]. In addition to such economic factors, other various constituents (e.g., political stability, international outlook, government regulation and regime, infrastructure, the liability of foreignness) are also considered as vehicles to create an overall attractive investment climate [45,50,51]. Among the variety of “L” advantages, researchers have connected FDI to information accessibility and transparency.



Information accessibility and transparency have received greater attention in this digitalization era as an advantage in a home country. The “liability of foreignness” is a well-known challenge to foreign investors [45]. First, information accessibility plays an important role in FDI since MNEs have potential business and environmental uncertainty and unfamiliarity in target markets [37]. The lack of relevant information in host countries incurs additional costs for MNEs to collect more knowledge of higher quality [52,53], and so the accessibility of information positively influences the FDI activity and triggers the mitigation of transaction costs in new markets [54]. Second, if information transparency is not guaranteed, the high level of information accessibility does not necessarily resolve the host country’s uncertainty issue. Low information transparency means, by definition, that some do not know what some others do know. If this asymmetry works in an unfavorable way for foreign investors, they are reluctant to enter the market and instead search for other locations that provide better opportunities to access necessary information. Information gaps in opaque states can restrain direct investment [55].



One of the numerous critical impacts of ICTs, particularly e-government, on market participants is to enhance information accessibility and transparency. The swift diffusion of the Internet has enabled the general public to access governmental information that was previously unavailable. Governments disclose their information through ICTs more effectively, and at the same time, the general public can examine the history of government agencies [56]. ICTs have reduced many of the transaction costs of participating in sub-contracting through business-to-business (B2B) interaction, and it is facilitating the operations of low-cost suppliers of IT [57]. Brin [58] says that transparency of public information should be assured since, if so, the government will not be able to hide its secrets. In reality, governments have a propensity to publicize information and services with greater transparency and efficiency when they desire to resolve the “liability of foreignness” issue [59]. The United Nations [24] also reports that e-government is expected to enhance the efficiency and effectiveness of the delivery of public information through information technology (IT), information and communication technologies (ICTs), and web-based telecommunication technologies.




2.2. Hypotheses Development


The above our discussions based on the literature are summarized as follows: the host country’s information accessibility and transparency are (1) important factors in inward FDI and (2) greatly enhanced by e-government initiatives. Therefore, we hypothesize that:



Hypothesis 1 (H1):

A host country’s e-government development level will be positively related to inward FDI.





If there exists a significant relationship between e-government and FDI, how would the association change as the host country becomes more corrupted? The common argument shared by the IB literature on corruption is that corruption creates significant costs to acquire and refine information for foreign entrants through unfamiliarity and information asymmetry that lowers the attractiveness of investment [18,19,20,21,22,23]. That is, corruption of the host country forces MNEs to be concerned for the risks from information acquisition, and so we conjecture that MNEs may want to manage the risks through the information offered by the e-government system. In this regard, we infer that MNEs recognize the greater necessity for reducing uncertainty when the host country is more corrupted.



Based on our conjecture that investor’s needs for e-government are smaller when the investing country is less corrupted, we expected that e-government’s marginal contribution to FDI would be decreased when the corruption status is better. If the host country’s corruption level is relatively high, the country’s e-government adoption would enhance the attractiveness to invest because the presence of e-government in the host country reduces the uncertainty caused by corruption. However, if the level of corruption remains low, the e-government system would not be very effective in increasing FDI because investors have already evaluated the country positively in the aspect of information accessibility and transparency. In this regard, we tested whether the corruption level is a moderator in the effect of the e-government system on inward FDI and hypothesize that:



Hypothesis 2 (H2):

If host country is more corrupted, the positive influence of e-government development level on inward FDI will be increased.





Hypothesis 2a (H2a):

The effect of the e-government development level on inward FDI is significantly positive when the corruption level of host country is relatively high.





Hypothesis 2b (H2b):

The effect of the e-government development level is not significant when the corruption level of a host country is relatively low.





We tested the above hypotheses (H1, H2, H2a, and H2b), which are visualized in Figure 1, by regressing whether the FDI inflow from a home country to a host country is positive or not (1 if FDI inflow is positive, and 0 otherwise) on two main independent variables, the e-government development index and the corruption perception index, and other control variables were also included in the research model.





3. Data Description


3.1. Data Collection


In this study, our hypotheses were tested using data from the Organisation for Economic Co-operation and Development (OECD) countries’ bilateral FDI inflows from 2014 to 2018. As mentioned, we focused on how bilateral FDI inflows were related to a host countries’ e-government system and corruption level. For this purpose, we constructed a database including the following four types of information obtained from different sources: (1) bilateral FDI flows from home countries to host countries from OECD Statistics, (2) host countries’ e-government qualities from the United Nation (UN) Department of Economic and Social Affairs, (3) host countries’ corruption levels from Transparency International (TI), and (4) control variables for host and home countries from the World Bank and the International Telecommunication Union (ITU) database. The summary statistics and correlations of the variables are presented in Table 1.



The sample used for our analysis was selected by the following steps. First, we removed countries whose FDI information was incomplete during the period 2014–2018. The OECD database has several missing cases because some countries did not publicize the information, or the OECD could not publish FDI data. As a result, we included 16 countries in our analysis, which are shown in Table 2. Second, we considered every possible pair for the 16 countries selected from the first step. Since our study concerned the bilateral relationships between countries for 5 years, our database included 1200 observations = 16 (home country) × 15 (host country) × 5 (year). This database can also be understood as 5 years of longitudinal panel data for 16 × 15 different bilateral relationships. Third, after the construction of 1200 FDI-dependent variables, the corresponding independent and control variables were matched to each corresponding occasion.




3.2. Measurements


3.2.1. Bilateral FDI Flow


We used the bilateral FDI flow from a home country to a host country [5], which has been widely used in IB literature [12,60]. For the dependent variable of regression analysis, we converted the bilateral FDI flow value as a binary variable, which equals (1) 1 if the FDI flow is positive or (2) 0 if zero or negative. According to the description of the OECD database, a negative FDI could be observed when the value of disinvestment by foreign investors was more than the value of capital newly invested in the host country over a specific period. It is worth noting that the bilateral FDI flows can have different values for the opposite ordered pairs for the same two countries: for example, the US to South Korea and South Korea to the US. The consideration of directional FDI flows enabled us to secure a greater amount of information for estimation, while many other empirical FDI studies used a cross-sectional or aggregate-level data set.




3.2.2. E-Government Quality


Our main independent variable was the e-government development index (EGDI), invented by the United Nations (UN) Department of Economic and Social Affairs [17]. The index is a broadly used measurement [61] to indicate the e-government development quality as a weighted average of the online service index (OSI), telecommunication infrastructure index (TII), and human capital index (HCI), which are considered to be related to a nation’s e-government quality [62,63]. Specifically, the index is computed by   E G D I = 0.34 × O S I + 0.33 × T I I + 0.33 × H C L   [50]. The UN reports the index bi-annually on even number years. To resolve the matching issue for the odd number years (2015 and 2017) in our FDI inflow observations, we linked the odd year number of the FDI to the previous even year number of the EGDI. That is, we used the 2014 EGDI for the 2015 FDI and the 2016 EGDI for the 2017 FDI. These values can theoretically range from 0.00 to 1.00. Table 2 shows the average EGDI for each of the 16 OECD countries used for our analysis.




3.2.3. Corruption Level


To measure the corruption level of each of the 16 OECD countries, following Di Carlo [64] and Voyer and Beamish [19], we used the corruption perceptions index (CPI). It uses a 100-point scale, and the higher index value means that the country has a clearer and less corrupted public system. Transparency International (TI) has published the CPI report every year since 1995 [27]. The index shows the perceived levels of public sector corruption in more than 150 countries based on expert evaluations and surveys. TI’s sample for CPI extensively covers all regions of the world and TI’s survey has included the steps to address measurement reliability and validity. Since the CPI data cover all years used in the analysis, we successfully matched CPI to FDI data without problems. For example, the 2018 CPI of South Korea was used for the FDI flow from each home country to South Korea in 2018.





3.3. Control Variables


We introduced the following three sets of control variables to minimize the endogeneity issue and increase the estimation precision by lowering the standard error.



First, we employed variables related to the economic characteristics of host countries, which are established factors for FDI in the literature: (1) the logarithm of gross domestic product (GDP) from the World Bank was included to control the size of the market and economy of host countries [12], (2) the trade per GDP ratio from the World Bank was used to consider the international export orientation of host countries [13,65], and (3) the GDP per capita represents the size of the domestic consumption market [66].



Second, we used additional variables related to host countries in order to resolve the endogeneity issue for the EGDI of host countries. The endogeneity problem in our analysis may arise when there exists an uncontrolled variable that is compounded with our main independent variable and is also significantly related to the investment attractiveness of the host countries. In this regard, our model incorporated the index of political stability and absence of violence from the rule of law database from the World Bank [67,68] and the number of mobile cellular subscriptions per 100 citizens from the International Telecommunication Union [69]. These variables are expected to be correlated with the EGDI variable and are likely to be connected to the location-specific advantages under the OLI paradigm [70].



Third, since we modeled the bilateral FDI flow from a home country to a host country, the effects of the home country had to be controlled, as well as the host country. For this purpose, we used the home country’s fixed effects in our model, which required 15 additional parameters to be estimated. The “Austria” effect was set to 0 as the baseline effect. The large number of observations (1200) enabled us to use such a fixed effect approach for the home country effects. It would be statistically more inefficient to use 14 additional parameters with a smaller cross-sectional or aggregate-level dataset.





4. Methods and Results


4.1. Main Results


To examine the bilateral FDI flows (positive or not) using EGDI, CPI, and control variables, we employed the logistic regression method. The estimation of the model was based on the maximum likelihood approach (MLE), which maximized the probability of observing the actual FDI flows in our data. Table 3 shows the estimation results from the 5 models. All of these results contained the control variables, but the inclusion of the main independent variables (CPI and EGDI) and the interaction effect (CPI × EGDI) depended on the model. In order to avoid the multicollinearity issue, which may become more serious with the inclusion of the interaction term, our models used CPI and EGDI variables in mean-centered forms. The independent variables of Model 3 were EGDI and the control variables in order to test H1, and Model 5 was the full model with all variables to test H2. Models 1, 2, and 4 were not our main interests by themselves, but for checking how robust or sensitive the estimates of parameters change according to the inclusion or exclusion of the main independent variables. As presented in Table 3, the estimates and significances of CPI, EGDI, and control variables did not largely vary across models. The full model (Model 5) can be written as follows:


   U  i j t   = α +  β 1    EGDI   i t   +  β 2    CPI   i t   +  β 3    EGDI   i t   ×   CPI   i t   +  γ 1  l o g   GDP   i t   +  γ 2    TPG   i t   +  γ 3    GPC   i t   +  γ 4    POLI   i t   +  γ 5    MOB   i t   +   δ j    Country  j  +  ε  i j t    



(1)







The latent utility from home country  j ’s investment in host country  i  at year  t  is written as    U  i j t   .   If    U  i j t   > 0  , then the FDI flow from home country  j  to host country  i  is positive. Otherwise, country  j  does not act (zero FDI) or withdraws prior investment in the host country  i  (negative FDI).    ε  i j t     captures the random logistic error unexplained by EGDI, CPI, control variables, and home country  j ’s fixed effects.



The results from Model 3 confirm the hypothesis of the positive relationship between the e-government system and FDI flow (H1). The estimate was highly significant and positive (p < 0.001). Model 4’s results showed that even after controlling the CPI variable, the size of the parameter estimate appeared to be almost the same, and its significance does not change. The last column of Table 3 presents the full model estimation result that contains the interaction term. The estimate exhibits a highly significant and negative relationship (p < 0.001). This result is consistent with our second hypothesis (H2) that the impact of EGDI on FDI is lowered when the corruption level becomes lower (that is, higher CPI). It clearly shows that the e-government and corruption level of a host country interact in their effects on FDI. Another interesting finding, although it is not our main interest, is the fact that we could not find a significant relationship between CPI and FDI flows. The CPI estimates in the results from both Models 2 and 4 have relatively high p-values (p > 0.05), which does not support evidence found in the literature. Multicollinearity is considered serious when the maximum variance-inflation factor (VIF) is greater than 5 [71,72]. Our models did not exceed this threshold, which suggests that the mean-centering transformations were successful to resolve the multicollinearity issue.



Figure 2 more clearly presents the moderating role of CPI in the relationship between EGDI and FDI. It depicts how the predicted probabilities of positive FDI flows move as the values of EGDI and CPI change. The probability prediction was computed from the logistic model specification assuming the median values for the control variables when the home country is Japan as follows:


  P r (   FDI   i j t   > 0 ) =   e x p  (   U  i j t    )    1 + e x p  (   U  i j t    )     



(2)







We can easily check that the impact of EGDI changes for different CPI values, although the probabilities increase for both variables. When the CPI was the highest (CPI = 90), the probability increased by 24% as the EGDI grew. In contrast, when CPI was the lowest (CPI = 70), the probability became 627% times bigger for the same level of EGDI increase, which showed a much greater impact than the higher CPI case. We performed additional analyses to compare the p-values of the EGDI effects for different values of CPI. The results found when CPI equals 90 and 70, the p-values were 0.643 and 0.000, respectively. This result confirmed H2a and H2b, which meant that the significance of the effect also varied as the CPI level changes.




4.2. Robustness Check


To check whether the above findings were robust, we compared the results of the full model (Model 5) when only one year (2014, 2015, 2016, 2017, and 2018) of the entire five-year period was used for the estimation. The reason for this additional analysis was because we needed to determine whether the findings above were achieved only from that specific time window selection (2014–2018). If so, our findings would not be generalizable.



First, regarding H1, the entire sample showed a significantly positive relationship between EGDI and FDI flow. Table 4 presented the five sets of the estimation results for each year’s selection. All EGDI effects were shown to be statistically significant at the 10% level (p < 0.10), and the direction of the relationship was positive for all results. Second, the moderating effect of CPI on the relationship between EGDI and FDI, regarding H2, was significant in the main analysis. Only for 2 sub-samples (2016 and 2017), was the interaction effect found to be significant at 5% level (p < 0.05). However, the negativity of the effect was consistent over all sub-samples. In summary, although some of the sub-samples showed a weaker significance than the entire sample, the signs of the relationships appeared to be unchanging for any selection of the year. In this regard, the generalization of our findings to a more micro-level seems to have limitations yet. That is, our arguments were restricted to the average level of the sample used here. We hope that the generalization may be achieved by controlling other unknown factors affecting FDI, which may be found in future research.




4.3. Additional Analysis 1


In the above analyses, we tested the four hypotheses (i.e., the presence of e-government influence on FDI flow and the negative effects of interaction terms between e-government and corruption level on FDI) and found statistical support for each. Although we confirmed the statistical power of the interaction effect in the previous sections, we ran a further investigation into which may furnish the insights to better understand the interaction effect. However, this is beyond the scope of this study. Nonetheless, we believe that the results yielded by this examination will provide valuable insight into how e-government and corruption operate together in MNEs’ FDI activities.



The purpose of the analyses is to investigate how the difference in corruption level between host and home countries affects the e-government effect on FDI attraction. To model this, we created the absolute difference of the CPI’s variable,   D i f f   CPI   i j t    , and considered the possibility that the EGDI effect may differ between the large (  D i f f   CPI   i j t   > 20  ) and small CPI difference (  D i f f   CPI   i j t   ≤ 20  ) cases. Thus, Model 6 can be written as follows:


   U  i j t   = α +  β 1    EGDI   i t   +  β 2    CPI   i t   +  β 3    EGDI   i t   ×   CPI   i t   +  β 4  D i f f   CPI   i j t   > 20     EGDI   i t   +  γ 1  l o g   GDP   i t   +  γ 2    TPG   i t   +  γ 3    GPC   i t   +   γ 4    POLI   i t   +  γ 5    MOB   i t   +  δ j    Country  j  +  ε  i j t    



(3)







The new term    β 4  D i f f   CPI   i j t   > 20     EGDI   i t     allowed us to consider the possibility that the EGDI effect may differ between the cases. The estimation result is shown in Table 5. The results for EGDI, CPI, and the interaction term were consistent with the previous testing for H1 and H2, and the effect sizes also did not differ from the result of the main analysis. However, more importantly, we tested whether the EGDI effects were different between the large and small CPI difference cases. The result showed that there was no significant difference (p = 0.192).



To explore the role of CPI difference in the EGDI effect, we separately considered two cases: superior and inferior dissimilar cases in terms of corruption level. We defined the superior dissimilar case as when the host country’s corruption level quality is far higher than the home country. In this scenario, the investor’s perception of the host country will be positive, so we named it superior dissimilarity. On the other hand, the inferior dissimilar case is when the host country’s corruption level quality is far lower than the home country. To model superior dissimilarity, we created the following dummy variable:   H o s t   CPI   i j t   > H o m e   CPI   i j t   + 20  . If this condition held, the host country was regarded as in superior dissimilarity. To model inferior dissimilarity, we used the following dummy variable:   H o s t   CPI   i j t   ≤ H o m e   CPI   i j t   − 20  , which was the inferior dissimilarity condition. Model 7 considers different EGDI effects for inferior dissimilarity status and is written as:


   U  i j t   = α +  β 1    EGDI   i t   +  β 2    CPI   i t   +  β 3    EGDI   i t   ×   CPI   i t   +  β 4  H o s t   CPI   i j t   < H o m e   CPI   i j t   − 20     EGDI   i t   +  γ 1  l o g   GDP   i t    +  γ 2    TPG   i t   +  γ 3    GPC   i t   +  γ 4    POLI   i t   +  γ 5    MOB   i t   +  δ j    Country  j  +  ε  i j t    



(4)







In this model,    β 4    indicates the change in the EGDI effect if the host country is under the inferior dissimilarity condition. Model 8 considers the different EGDI effects for superior dissimilarity and is written as:


   U  i j t   = α +  β 1    EGDI   i t   +  β 2    CPI   i t   +  β 3    EGDI   i t   ×   CPI   i t   +  β 4  H o s t   CPI   i j t   > H o m e   CPI   i j t   + 20     EGDI   i t   +  γ 1  l o g   GDP   i t    +  γ 2    TPG   i t   +  γ 3    GPC   i t   +  γ 4    POLI   i t   +  γ 5    MOB   i t   +  δ j    Country  j  +  ε  i j t    



(5)







   β 4    explains the EGDI effect change under the superior dissimilarity condition. The result for Model 7 shown in Table 5 revealed that the difference was negative and was marginally significant (p = 0.070). This implied that the EGDI effect on FDI may decrease if the host country had a relatively lower corruption status than the investor. The estimation result for Model 8, however, showed an opposite pattern. The difference in EGDI effects was not significant (p = 0.782). This result implied that when investors make an FDI decision on a country with a relatively higher corruption status, the importance of the host country’s e-government quality does not change. By comparing the results from Model 7 with those from Model 8, we concluded that the interaction between EGDI and CPI is asymmetric in terms of the CPI difference.




4.4. Additional Analysis 2


Through the above analyses, we focused on the e-government effect itself and how the e-government effect depends on the host country’s corruption level. Here, we analyze how the e-government effect differs for different home countries. For this purpose, we included the interaction between EGDI and the home country dummy variables in the model. That is, 16 different EGDI effects were estimated since there were 16 home countries in our data set. In addition, the same set of control variables were included, as in the previous models. The estimation result is presented in Table 6.



First, the EGDI effects were estimated as quite different across home countries. It showed that the importance of the host country’s e-government quality in bilateral FDI flows largely differed across home countries. For example, Korea (KOR) considered a host country’s e-government most important among those 16 countries. The next highest groups included Belgium (BEL), Switzerland (CHE), Luxemburg (LUX), and Turkey (TUR), whose EGDI importance was relatively higher than other countries, and the significance levels were mostly significant in 5%. The groups showing the lowest level of importance contained Austria (AUT), Canada (CAN), Czech Republic (CZE), Japan (JPN), and Sweden (SWE). Their estimates were lowest, and the significance levels were higher than 5%. In summary, the result implied that the EGDI importance level in FDI activities differed for each home country.



Second, we presented a scatter plot to visualize the relationship between the home country’s EGDI importance and their own EGDI. Figure 3 shows that there was no significant relationship between them (r = 0.05; p = 0.866). In contrast, Figure 4 depicts another scatter plot about the relationship between the home country’s EGDI importance and their own CPI, which showed a negative relationship (r = −0.29; p = 0.284). Although its p-value was still insignificant at 5%, considering that this significant testing was based on 16 observations (16 home countries), the p-value might be understood as a somewhat meaningful result. Although we were not presenting in this study a concrete argument on the reason why different home countries consider a host country’s e-government with a different importance level, we believe that the above results may provide subsequent research with useful insights. Additional discussion is provided in the following section.





5. Discussions


The above estimation results can be discussed in the following three folds. First, the results clearly showed the positive relationship between the host country’s e-government system and FDI attraction (H1). Our empirical finding was consistent with Azubuike [36], which was the only antecedent study testing the relationship using the FDI and the e-government index data. His analysis focused on 31 African countries in 2002 and found that 11 countries showed low accessibility to government information, and most of them (i.e., 9 out of those 11 nations) attracted a low level of foreign investment. The study argues that the e-government structure lowers information acquisition costs and attracts investors more effectively. Our research does not only support Azubuike [36]’s findings but also expanded its generalizability to include 16 OECD members, including developed and emerging countries over multiple continents. Furthermore, our results are based on conventional statistical methods using hypotheses testing and logit regression analyses, so that the present research demonstrates the relationship in a more rigorous and reliable manner.



Second, the interaction term between EGDI and CPI variables turns out to be significantly negative (H2). The impact of e-government on FDI attractiveness decreases when the corruption level becomes lower (i.e., the e-government accessibility becomes crucial for MNEs to enter foreign markets in the case that the relative level of corruption is high). It clearly shows that the value of e-government information for inward FDI is moderated by the corruption level of a host country. Moreover, the main analysis results (i.e., Models 1 and 5) are confirmed by ‘additional analysis 1’. This is perhaps because corruption represents environmental uncertainties for MNEs to operate overseas subsidiaries in a foreign market. In this vein, investment decisions for countries with a relatively high corruption level may rely on e-government information to some extent, and easy accessibility to such official information functions as a location-specific advantage that reduces business uncertainty [52,53,54].



Third, Figure 2 indicates that among MNEs in 16 countries, firms based in Korea, Turkey, Poland, Switzerland, Belgium, and Luxemburg place higher importance on the presence of e-government information when deciding whether they should enter foreign markets. Out of these 6 countries, Switzerland, Belgium, and Luxemburg are economically small countries, whereas Korea, Turkey, and Poland are emerging economies, though Korea is set to join the developed country group. This information suggests that compared to firms in traditionally responsible and conventional nations, such as the US and Japan, organizational failure through internationalization features greater information risks to firms based in small economies and emerging countries. Thus, the latter firms are very cautious in overseas investment decisions, and in this situation, the existence of transparent and accessible e-government information can act as a location-specific advantage for a host country (that is, Figure 2 also verifies the value of e-government information provided by host countries). Figure 3 points out that regardless of the level of corruption in home markets, the presence of e-government information in host countries generally encourages outward FDI for firms in the two country groups (i.e., small economies and emerging nations), which again confirms evidence in Figure 2. However, these discussions remain conjectures, and we will leave the extensive rationale for this as a future research avenue.



Fourth, we could not find a significant relationship between corruption in host economies and inward FDI. Although it was not our main research question, the impact of a host country’s corruption on FDI has been explored by many scholars in the FDI literature [16,18]. Most of the literature has reported empirical evidence on the negative relationship between corruption and FDI, which shows that more corrupt host countries have greater difficulty in attracting foreign investment. For example, Habib and Zurawicki [12] used data from the same source as the current study for FDI inflow and CPI measurements. However, their analysis considered only the host country’s characteristics, while our bilateral analysis covered all possible 240 pairs between 16 countries over 5 years. This key difference implies that Habib and Zurawicki [12] focused on the average level of the corruption effect so that their results consider investing countries as a homogeneous home country. Our result considers the heterogeneity in home countries because the unobserved differences between home countries are being controlled as independent variables in regressing bilateral FDI flows. Additional negative evidence by Voyer and Beamish [19] focuses on Japan’s FDI outflows to 59 host countries. The existence of the corruption effect on FDI in Japan may not necessarily be applied to other OECD countries. Another large stream of the literature presenting conflicting evidence uses firm-level data sets [17,18]. Given the reports so far in the literature, including ours, we propose that the influence of a host country’s corruption level on FDI is likely to depend on various characteristics of the host and home countries. In addition, since different reports in the literature utilize a different time window even from the same data source, the influence may be time-varying or depending on some unknown factors correlated with this time difference. In summary, our result implies that there are still many unexplored areas in this research field.




6. Conclusions


Using a longitudinal panel data set, we examined the influence of the host country’s e-government system on MNEs’ FDI activity. The results indicate that a higher development level of the e-government system triggers more FDI inflow. In addition, our empirical evidence demonstrates that the corruption level of a host country plays a moderating role in the effect of the e-government development on the FDI inflow. Our findings provide support for the perspective that a higher digitalization level of governments implies a competitive location-specific advantage for countries wishing to attract more inward FDI. Furthermore, countries with relatively higher corruption should invest more in e-government development as MNEs tend to look for official e-information to reduce potential business and environmental uncertainty in target markets.



Our findings have important practical implications for policymakers for sustainable development of their economies on how they can attract more FDI by controlling the market environment. First of all, host countries will be able to attract more inward FDI by investing in digitalized infrastructure. The spread of information and communication technology (ICT) will foster an investor-friendly environment by enhancing information accessibility and transparency on public services and information. Furthermore, considering the fact that many countries have made considerable efforts to control corruption for FDI attraction, we argue that e-government introduction can be a viable alternative to lure foreign investments. In particular, for emerging markets where corrupt practices are more prevalent, they should invest more aggressively in e-government introduction. This is because it can be an effective vehicle to induce foreign capital in that the sufficient and trustworthy information provided by local governments can function as a means to reduce business uncertainty.



On the theoretical side, we contribute to the OLI paradigm and particularly location-specific advantage by identifying the relationship between e-government and corrupt practices in host countries. As briefly stated at the beginning of the paper, IB scholars tend to turn their focus away from corrupt practices, for instance, in developing and underdeveloped host markets. Due to the same reason, empirical examinations of corrupt practices still remain in their infancy. Meanwhile, we often call the modern world the era of digitalization, and in a similar vein, to reiterate, we commonly consider that e-government information plays a pivotal role in attracting inward FDI from MNEs. Thus, we argue that it is time to simultaneously examine the role of e-government information with corrupt practices in local economies. Under this idea, our model proposes that e-government information may function as an important location-specific advantage and its effects can be moderated by the level of corruption (MNEs perhaps feel that corruption is also part of the business atmosphere as well as a location-specific factor that they should follow in local environments). (There may exist another viewpoint that ‘e-government’ can be understood as a part of government policy element under location-specific advantage rather than a new element. We believe that e-government has both roles of being a part of government policy itself and greasing government policies. The relevant questions which have been unanswered yet—such as, Which role dominates another? And, What factors moderate the role of e-government?—will be worthwhile for theoretical contributions to literature and are left for the future research.) Our study points out that IB scholars need to explore the extent to which the interactions of the two location-specific elements influence MNEs’ willingness to invest in a foreign market. We contribute to the OLI paradigm in that we found that transparent government information plays a pivotal role in luring foreign investment. Second, interestingly, well-developed institutional environments reduce the level of local corruption and decrease the costs associated with accessing e-government information, whereas the presence of corrupt practices increases the value of information accessibility and transparency provided by local governments. That is, under the presence of corrupt practices in local markets, e-government information can be a highly crucial location-specific advantage triggering MNEs’ intent to enter foreign markets.



Our research has several limitations. First, our analysis uses the EGDI measure to consider e-government development levels in each country. Although the EGDI variable is a widely used metric that was carefully designed by the UN, it is still a one-dimensional simplified index for the convenience of researchers. If we had a chance to perform the same analysis on various other metrics related to e-government, the estimation results would have a stronger external validity to generalize our findings. Second, we used disaggregated data to avoid confounding variable issues. It is generally known that as data used for regression analysis become more aggregated, the estimation result is more likely to imply a weaker argument on the relationship because of uncontrolled potential latent variables. Although our data set is large, it would be better to use a greater range of years and firm-level observations. It may provide higher statistical credibility as well as additional opportunities to address research questions yet unanswered. Third, the present study does not directly unveil the underlying mechanisms of the way in which e-government promotes foreign investment. Although we showed the existence of the e-government effect per se and suggested a theory based on the OLI paradigm, our data do not allow us to fully understand which specific component of the locational characteristics stimulates foreign investment. With more detailed information on various potential mediating variables, this question could be answered. Finally, with respect to ‘additional analysis 2’, we do not know why the presence of e-government information is particularly important for firms in small countries and emerging markets, and thus, we suggest that future research explores these reasons, which will enhance our understanding of the relationship between e-government information and corruption. Fourth, the control variables of our choice in the model may not fully explain the difference in FDI levels between countries. Although we thoroughly studied what variables were considered in the literature and incorporated those core variables into our model, there will exist some omitted factors influencing FDI. If those unknown factors are possibly correlated with our focal variables, the estimates of our main interest may be seriously biased. Inclusion of the factors found in the future studies will help to more clearly answer to our research question.
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Figure 1. Our framework to explain the relationship between the host country’s e-government and FDI. 
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Figure 2. Relationships between FDI and EGDI for different CPI values. 
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Figure 3. Relationships between home country’s EGDI and importance of host country’s EGDI when home countries make FDI decisions. 
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Figure 4. Relationships between home country’s CPI and importance of host country’s EGDI when home countries make FDI decisions. 






Figure 4. Relationships between home country’s CPI and importance of host country’s EGDI when home countries make FDI decisions.



[image: Sustainability 14 04995 g004]







[image: Table] 





Table 1. Means, standard deviations, and correlation matrix.
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	Variable
	Mean
	S.D.
	(1)
	(2)
	(3)
	(4)
	(5)
	(6)
	(7)





	(1) FDI (1 if positive, or 0)
	0.18
	0.39
	
	
	
	
	
	
	



	(2) Log GDP
	27.35
	1.29
	0.49 ***
	
	
	
	
	
	



	(3) TPG
	111.14
	83.31
	−0.24 ***
	−0.72 ***
	
	
	
	
	



	(4) GPC
	44,670.34
	25,003.34
	−0.01
	−0.19 ***
	0.63 ***
	
	
	
	



	(5) POLI
	0.72
	0.68
	−0.07 *
	−0.25 ***
	0.36 ***
	0.54 ***
	
	
	



	(6) MOB
	122.22
	16.39
	0.00
	−0.12 ***
	0.22 ***
	0.27 ***
	0.38 ***
	
	



	(7) CPI
	70.69
	14.52
	−0.05 †
	−0.11 ***
	0.29 ***
	0.72 ***
	0.69 ***
	0.07 *
	



	(8) EGDI
	0.77
	0.19
	0.37 ***
	0.52 ***
	−0.26 ***
	−0.01
	−0.01
	−0.06 *
	0.06 *







† Significance in 10% level, * Significance in 5% level, *** Significance in 0.1% level.
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Table 2. E-government development indices of 16 countries (average).
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E-Government Development Index (2014–2018)




	
Rank

	
Country

	
Mean






	
1

	
KOR

	
0.99




	
2

	
NDL

	
0.98




	
3

	
USA

	
0.92




	
4

	
JPN

	
0.91




	
5

	
CAN

	
0.82




	
6

	
SWE

	
0.72




	
7

	
ITA

	
0.7




	
8

	
DNK

	
0.69




	
9

	
AUT

	
0.66




	
10

	
PRT

	
0.61




	
11

	
LUX

	
0.6




	
12

	
POL

	
0.57




	
13

	
BEL

	
0.51




	
14

	
CHE

	
0.49




	
15

	
TUR

	
0.46




	
16

	
CZE

	
0.39
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Table 3. Logistic regression results.






Table 3. Logistic regression results.





	

	
Dependent Variable: Positive FDI Inflow or Not




	

	
Model 1

	
Model 2

	
Model 3

	
Model 4

	
Model 5






	
Control variables

	

	

	

	

	

	

	

	

	

	




	
Intercept

	
−47.51 ***

	
(4.331)

	
−47.29 ***

	
(4.382)

	
−32.52 ***

	
(4.718)

	
−31.99 ***

	
(4.803)

	
−34.42 ***

	
(5.061)




	
Log GDP

	
1.658 ***

	
(0.153)

	
1.655 ***

	
(0.155)

	
1.107 ***

	
(0.168)

	
1.095 ***

	
(0.171)

	
1.201 ***

	
(0.181)




	
TPG

	
0.013 ***

	
(0.003)

	
0.013 ***

	
(0.003)

	
0.006 †

	
(0.004)

	
0.006

	
(0.004)

	
0.008 *

	
(0.004)




	
GPC

	
−0.000 *

	
(0.000)

	
−0.000

	
(0.000)

	
0.000

	
(0.000)

	
0.000

	
(0.000)

	
−0.000

	
(0.000)




	
POLI

	
0.018

	
(0.174)

	
0.171

	
(0.244)

	
−0.381 †

	
(0.203)

	
−0.179

	
(0.274)

	
−0.456

	
(0.316)




	
MOB

	
0.002

	
(0.005)

	
−0.002

	
(0.007)

	
0.002

	
(0.006)

	
−0.002

	
(0.007)

	
−0.003

	
(0.007)




	
Partner country fixed effects

	

	

	

	

	

	

	

	

	

	




	
BEL

	
−1.635 **

	
(0.541)

	
−1.636 **

	
(0.540)

	
−1.697 **

	
(0.538)

	
−1.697 **

	
(0.537)

	
−1.735 **

	
(0.545)




	
CAN

	
−0.918 †

	
(0.491)

	
−0.912 †

	
(0.492)

	
−0.974 †

	
(0.502)

	
−0.966 †

	
(0.503)

	
−1.003 *

	
(0.511)




	
CHE

	
−1.003 *

	
(0.487)

	
−1.003 *

	
(0.487)

	
−1.072 *

	
(0.495)

	
−1.073 *

	
(0.496)

	
−1.095 *

	
(0.504)




	
CZE

	
−1.866 ***

	
(0.557)

	
−1.861 ***

	
(0.556)

	
−1.902 ***

	
(0.552)

	
−1.898 ***

	
(0.551)

	
−1.949 ***

	
(0.557)




	
DNK

	
−0.763

	
(0.468)

	
−0.766

	
(0.468)

	
−0.803 †

	
(0.482)

	
−0.809 †

	
(0.483)

	
−0.828 †

	
(0.491)




	
ITA

	
−0.454

	
(0.466)

	
−0.438

	
(0.466)

	
−0.492

	
(0.483)

	
−0.472

	
(0.484)

	
−0.502

	
(0.491)




	
JPN

	
−0.081

	
(0.445)

	
−0.085

	
(0.446)

	
−0.096

	
(0.466)

	
−0.102

	
(0.468)

	
−0.108

	
(0.477)




	
KOR

	
−0.729

	
(0.482)

	
−0.721

	
(0.482)

	
−0.702

	
(0.495)

	
−0.690

	
(0.496)

	
−0.627

	
(0.501)




	
LUX

	
−0.522

	
(0.455)

	
−0.520

	
(0.456)

	
−0.569

	
(0.471)

	
−0.567

	
(0.473)

	
−0.584

	
(0.480)




	
NLD

	
−0.641

	
(0.473)

	
−0.653

	
(0.474)

	
−0.637

	
(0.489)

	
−0.657

	
(0.490)

	
−0.707

	
(0.499)




	
POL

	
−2.599 ***

	
(0.642)

	
−2.593 ***

	
(0.641)

	
−2.576 ***

	
(0.629)

	
−2.570 ***

	
(0.627)

	
−2.624 ***

	
(0.632)




	
PRT

	
−1.174 *

	
(0.495)

	
−1.173 *

	
(0.495)

	
−1.228 *

	
(0.502)

	
−1.228 *

	
(0.503)

	
−1.265 *

	
(0.510)




	
SWE

	
−1.014 *

	
(0.486)

	
−1.018 *

	
(0.486)

	
−1.064 *

	
(0.496)

	
−1.069 *

	
(0.496)

	
−1.095 *

	
(0.504)




	
TUR

	
−1.451 **

	
(0.525)

	
−1.452 **

	
(0.524)

	
−1.506 **

	
(0.526)

	
−1.508 **

	
(0.526)

	
−1.559 **

	
(0.532)




	
USA

	
0.203

	
(0.426)

	
0.205

	
(0.427)

	
0.207

	
(0.450)

	
0.209

	
(0.452)

	
0.224

	
(0.458)




	
Independent variables

	

	

	

	

	

	

	

	

	

	




	
CPI

	

	

	
−0.176

	
(0.197)

	

	

	
−0.222

	
(0.200)

	
0.293

	
(0.243)




	
EGDI

	

	

	

	

	
0.951 ***

	
(0.176)

	
0.958 ***

	
(0.177)

	
0.960 ***

	
(0.191)




	
CPI × EGDI

	

	

	

	

	

	

	

	

	
−0.633 ***

	
(0.158)




	
AIC

	
825.26

	
826.46

	
790.78

	
791.54

	
775.39








N = 1200, † Significance in 10% level, * Significance in 5% level, ** Significance in 1% level, *** Significance in 0.1% level. The baseline country for partner country fixed effects is “AUT”.
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Table 4. Robustness check results.
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Dependent Variable: Positive FDI Inflow or Not




	

	
Year 2018

	
Year 2017

	
Year 2016

	
Year 2015

	
Year 2014

	
Year 2014–2018






	
Control variables

	

	

	

	

	

	

	

	

	

	




	
Intercept

	
−35.62 **

	
(12.06)

	
−30.66 *

	
(12.72)

	
−29.63 *

	
(13.54)

	
−16.07

	
(26.66)

	
−20.50

	
(24.80)

	
−34.42 ***

	
(5.061)




	
Log GDP

	
1.240 **

	
(0.440)

	
1.197 **

	
(0.460)

	
1.204 *

	
(0.499)

	
0.537

	
(0.978)

	
0.537

	
(0.899)

	
1.201 ***

	
(0.181)




	
TPG

	
0.011

	
(0.009)

	
−0.005

	
(0.010)

	
0.010

	
(0.009)

	
−0.005

	
(0.017)

	
−0.007

	
(0.019)

	
0.008 *

	
(0.004)




	
GPC

	
−0.000

	
(0.000)

	
−0.000

	
(0.000)

	
0.000

	
(0.000)

	
0.000

	
(0.000)

	
0.000

	
(0.000)

	
−0.000

	
(0.000)




	
POLI

	
1.636

	
(1.247)

	
−1.772

	
(1.231)

	
−2.895 **

	
(1.043)

	
−2.611 **

	
(0.937)

	
−3.994 **

	
(1.384)

	
−0.456

	
(0.316)




	
MOB

	
−0.043 *

	
(0.021)

	
−0.004

	
(0.016)

	
−0.042 *

	
(0.017)

	
0.002

	
(0.019)

	
0.028

	
(0.026)

	
−0.003

	
(0.007)




	
Partner country fixed effects

	

	

	

	

	

	

	

	

	

	




	
BEL

	
−0.001

	
(1.144)

	
−2.116 †

	
(1.256)

	
−2.175 †

	
(1.264)

	
−20.55

	
(2145.)

	
−2.106

	
(1.593)

	
−1.735 **

	
(0.545)




	
CAN

	
−0.529

	
(1.235)

	
−0.375

	
(1.133)

	
−1.937

	
(1.299)

	
−2.252 †

	
(1.343)

	
−0.791

	
(1.297)

	
−1.003 *

	
(0.511)




	
CHE

	
0.008

	
(1.146)

	
−2.122 †

	
(1.254)

	
−1.405

	
(1.187)

	
−3.624*

	
(1.566)

	
0.039

	
(1.176)

	
−1.095 *

	
(0.504)




	
CZE

	
−0.717

	
(1.204)

	
−1.310

	
(1.152)

	
−20.34

	
(1276.)

	
−2.296 †

	
(1.327)

	
−2.114

	
(1.589)

	
−1.949 ***

	
(0.557)




	
DNK

	
0.652

	
(1.127)

	
−1.276

	
(1.161)

	
−3.161 *

	
(1.389)

	
−1.283

	
(1.193)

	
0.099

	
(1.185)

	
−0.828 †

	
(0.491)




	
ITA

	
0.214

	
(1.178)

	
−0.265

	
(1.121)

	
−1.972

	
(1.297)

	
−0.388

	
(1.116)

	
−0.744

	
(1.305)

	
−0.502

	
(0.491)




	
JPN

	
1.040

	
(1.147)

	
−0.159

	
(1.100)

	
−0.919

	
(1.194)

	
−0.976

	
(1.200)

	
0.295

	
(1.186)

	
−0.108

	
(0.477)




	
KOR

	
0.454

	
(1.161)

	
−0.874

	
(1.168)

	
−2.387 †

	
(1.339)

	
−0.685

	
(1.120)

	
0.401

	
(1.171)

	
−0.627

	
(0.501)




	
LUX

	
0.021

	
(1.149)

	
−0.639

	
(1.100)

	
−0.719

	
(1.147)

	
−1.312

	
(1.187)

	
−0.752

	
(1.304)

	
−0.584

	
(0.480)




	
NLD

	
0.865

	
(1.159)

	
−1.243

	
(1.168)

	
−1.092

	
(1.223)

	
−2.124

	
(1.373)

	
−0.634

	
(1.319)

	
−0.707

	
(0.499)




	
POL

	
−1.681

	
(1.392)

	
−2.074

	
(1.267)

	
−3.168 *

	
(1.387)

	
−20.57

	
(2166.)

	
−18.27

	
(1346.)

	
−2.624 ***

	
(0.632)




	
PRT

	
−0.695

	
(1.209)

	
−1.309

	
(1.152)

	
−3.177 *

	
(1.383)

	
−1.332

	
(1.181)

	
−0.816

	
(1.291)

	
−1.265 *

	
(0.510)




	
SWE

	
0.015

	
(1.147)

	
−1.268

	
(1.163)

	
−2.179 †

	
(1.262)

	
−2.260 †

	
(1.340)

	
−0.760

	
(1.302)

	
−1.095 *

	
(0.504)




	
TUR

	
−0.715

	
(1.204)

	
−1.290

	
(1.158)

	
−2.174 †

	
(1.264)

	
−3.623 *

	
(1.567)

	
−2.097

	
(1.596)

	
−1.559 **

	
(0.532)




	
USA

	
0.500

	
(1.150)

	
−0.068

	
(1.074)

	
−0.121

	
(1.118)

	
−0.041

	
(1.045)

	
1.092

	
(1.087)

	
0.224

	
(0.458)




	
Independent variables

	

	

	

	

	

	

	

	

	

	




	
CPI

	
0.494

	
(2.069)

	
1.728

	
(1.173)

	
1.465 †

	
(0.821)

	
0.300

	
(0.613)

	
0.901

	
(0.656)

	
0.293

	
(0.243)




	
EGDI

	
3.712 **

	
(1.292)

	
1.290 †

	
(0.725)

	
3.157 ***

	
(0.868)

	
1.711 *

	
(0.756)

	
1.533 †

	
(0.792)

	
0.960 ***

	
(0.191)




	
CPI × EGDI

	
−1.385

	
(1.622)

	
−1.405 *

	
(0.690)

	
−1.680 **

	
(0.639)

	
−0.592

	
(0.381)

	
−0.263

	
(0.310)

	
−0.633 ***

	
(0.158)




	
AIC

	
189.61

	
190.34

	
164.21

	
153.34

	
160.57

	
775.39








N = 240, † Significance in 10% level, * Significance in 5% level, ** Significance in 1% level, *** Significance in 0.1% level. The baseline country for partner country fixed effects is “AUT”.
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Table 5. Logistic regression results in additional analysis 1.
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Dependent Variable: Positive FDI Inflow or Not




	

	
Model 6

	
Model 7

	
Model 8






	
Control variables

	

	

	

	

	

	




	
Intercept

	
−34.07 ***

	
(5.084)

	
−33.65 ***

	
(5.110)

	
−34.42 ***

	
(5.061)




	
Log GDP

	
1.190 ***

	
(0.182)

	
1.177 ***

	
(0.183)

	
1.200 ***

	
(0.182)




	
TPG

	
0.008 *

	
(0.004)

	
0.008 *

	
(0.004)

	
0.008 *

	
(0.004)




	
GPC

	
−0.000

	
(0.000)

	
0.000

	
(0.000)

	
−0.000

	
(0.000)




	
POLI

	
−0.459

	
(0.316)

	
−0.467

	
(0.315)

	
−0.456

	
(0.316)




	
MOB

	
−0.004

	
(0.007)

	
−0.005

	
(0.007)

	
−0.003

	
(0.007)




	
Partner country fixed effects

	

	

	

	

	

	




	
BEL

	
−1.735 **

	
(0.547)

	
−1.714 **

	
(0.546)

	
−1.738 **

	
(0.545)




	
CAN

	
−0.975 †

	
(0.513)

	
−0.931 †

	
(0.511)

	
−1.005 *

	
(0.512)




	
CHE

	
−1.074 *

	
(0.506)

	
−1.025 *

	
(0.505)

	
−1.098 *

	
(0.505)




	
CZE

	
−1.983 ***

	
(0.561)

	
−2.119 ***

	
(0.568)

	
−1.936 ***

	
(0.560)




	
DNK

	
−0.804

	
(0.492)

	
−0.761

	
(0.490)

	
−0.830 †

	
(0.492)




	
ITA

	
−0.443

	
(0.492)

	
−0.609

	
(0.501)

	
−0.470

	
(0.503)




	
JPN

	
−0.110

	
(0.479)

	
−0.121

	
(0.477)

	
−0.107

	
(0.478)




	
KOR

	
−0.588

	
(0.501)

	
−0.703

	
(0.506)

	
−0.604

	
(0.507)




	
LUX

	
−0.562

	
(0.481)

	
−0.524

	
(0.479)

	
−0.586

	
(0.481)




	
NLD

	
−0.673

	
(0.501)

	
−0.637

	
(0.498)

	
−0.706

	
(0.499)




	
POL

	
−2.687 ***

	
(0.636)

	
−2.789 ***

	
(0.637)

	
−2.621 ***

	
(0.633)




	
PRT

	
−1.345 **

	
(0.517)

	
−1.422 **

	
(0.523)

	
−1.269 *

	
(0.511)




	
SWE

	
−1.072 *

	
(0.506)

	
−1.026 *

	
(0.505)

	
−1.097 *

	
(0.505)




	
TUR

	
−1.501 **

	
(0.532)

	
−1.725 **

	
(0.544)

	
−1.519 **

	
(0.550)




	
USA

	
0.221

	
(0.460)

	
0.210

	
(0.458)

	
0.225

	
(0.458)




	
Independent variables

	

	

	

	

	

	




	
CPI

	
0.276

	
(0.244)

	
0.266

	
(0.243)

	
0.293

	
(0.243)




	
EGDI

	
1.089 ***

	
(0.217)

	
1.153 ***

	
(0.223)

	
0.974 ***

	
(0.198)




	
CPI × EGDI

	
−0.686 ***

	
(0.162)

	
−0.848 ***

	
(0.199)

	
−0.622 ***

	
(0.163)




	
Dissimilarity in corruption level

	

	

	

	

	

	




	
Change of EGDI effect (when CPI difference > 20)

	
−0.312

	
(0.239)

	

	

	

	




	
Inferior dissimilarity in corruption level

	

	

	

	

	

	




	
Change of EGDI effect (when HostCPI < HomeCPI − 20)

	

	

	
−0.715 †

	
(0.395)

	

	




	
Superior dissimilarity in corruption level

	

	

	

	

	

	




	
Change of EGDI effect (when HostCPI > HomeCPI + 20)

	

	

	

	

	
−0.094

	
(0.341)




	
p-value for EGDI effect difference

	
0.192

	
0.070 †

	
0.782




	
AIC

	
775.69

	
774.08

	
777.32








N = 1200, † Significance in 10% level, * Significance in 5% level, ** Significance in 1% level, *** Significance in 0.1% level. The baseline country for partner country fixed effects is “AUT”.
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Table 6. Logistic regression results in additional analysis 2.
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Dependent Variable: Positive FDI Inflow or Not






	
Control variables

	

	




	
Intercept

	
−31.63 ***

	
(4.816)




	
Log GDP

	
1.096 ***

	
(0.171)




	
TPG

	
0.005

	
(0.004)




	
GPC

	
0.000

	
(0.000)




	
POLI

	
−0.414 *

	
(0.207)




	
MOB

	
0.000

	
(0.006)




	
Partner country fixed effects

	

	




	
BEL

	
−4.398 *

	
(2.111)




	
CAN

	
−1.186 †

	
(0.623)




	
CHE

	
−3.538 *

	
(1.719)




	
CZE

	
−1.471 **

	
(0.534)




	
DNK

	
−1.296 †

	
(0.694)




	
ITA

	
−0.826

	
(0.589)




	
JPN

	
−0.169

	
(0.454)




	
KOR

	
−7.058 **

	
(2.634)




	
LUX

	
−3.177 *

	
(1.527)




	
NLD

	
−1.079 †

	
(0.631)




	
POL

	
−4.425 †

	
(2.316)




	
PRT

	
−1.856 *

	
(0.861)




	
SWE

	
−1.223 *

	
(0.616)




	
TUR

	
−5.135 *

	
(2.281)




	
USA

	
−0.017

	
(0.464)




	
EGDI effect for each partner(home) country

	

	




	
AUT’s EGDI

	
0.221

	
(0.332)




	
BEL’s EGDI

	
3.513 †

	
(2.062)




	
CAN’s EGDI

	
0.827

	
(0.577)




	
CHE’s EGDI

	
3.361 *

	
(1.691)




	
CZE’s EGDI

	
−0.372

	
(0.459)




	
DNK’s EGDI

	
1.212 †

	
(0.679)




	
ITA’s EGDI

	
0.994 †

	
(0.545)




	
JPN’s EGDI

	
0.357

	
(0.369)




	
KOR’s EGDI

	
7.904 **

	
(2.763)




	
LUX’s EGDI

	
3.667 *

	
(1.534)




	
NLD’s EGDI

	
1.155 †

	
(0.631)




	
POL’s EGDI

	
2.608

	
(2.314)




	
PRT’s EGDI

	
1.353

	
(0.855)




	
SWE’s EGDI

	
0.736

	
(0.579)




	
TUR’s EGDI

	
4.449 *

	
(2.201)




	
USA’s EGDI

	
0.788 *

	
(0.396)




	
AIC

	

	
777.89








N = 1200, † Significance in 10% level, * Significance in 5% level, ** Significance in 1% level, *** Significance in 0.1% level. The baseline country for partner country fixed effects is “AUT”.
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