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Abstract: The Douglas fir crown structure serves important ecological functions in regulating the
ecosystem of the Pacific Northwest (PNW). Mapping and modeling of the Douglas-fir crown has
traditionally focused on young plantations or old-growth forests. The crown description in natural
regime forests is limited by data availability. Terrestrial laser scanning (TLS) enables the acquisition
of crown structural attributes, even in dense forests, at a fine scale. The certical and horizontal
distributions of the fine-scale branch attributes, such as branch diameter, branch length, and branch
insertion angle, will reflect the crown behaviors towards light resources availability, as a result of
neighborhood competition. The main objective of the study is to compare crown structural models of
a group of neighboring trees developed with two TLS-based procedures, namely: semi-automatic
(Cyclone software) and automatic (TreeQSM) procedures. The estimated crown attributes are the
branch diameter, branch length, branch insertion angle, height of branch insertion point, and branch
azimuth. The results show that branch azimuth distribution does not differ between TreeQSM and
Cyclone for most of the sample trees. However, the TreeQSM and Cyclone identified branches exhibit
different distributions of insertion height. A paired t-test indicates no difference between the mean
branch diameter of Cyclone and TreeQSM at an individual tree level. However, Cyclone estimated
that the branch length and branch insertion angle are 0.49 m and 9.9◦ greater than the TreeQSM
estimates, respectively. Repeat measurements of the analysis of variance (ANOVA) suggest that the
height along the stem is an influential factor of the difference between the Cyclone and TreeQSM
branch diameter estimates. To test whether TLS-based estimates are within the ranges of the previous
observations, we computed the tree crown attributes of second- and old-growth trees using Monte
Carlo simulations for diameter at breast height (DBH) class 50–55 cm, 60–65 cm, and 85–105 cm.
We found that the crown attributes estimated from both of the TLS-based methods are between the
simulated second- and old-growth trees, except for DBH 85–105 cm. The TLS-based crown structural
models show increasingly diverse distributions of branch insertion angles and increasing branch
exclusion as DBH increases. Cyclone-based crown structural models are consistent with previous
studies. However, TreeQSM-based crown structural models omitted a significant number of branches
and generated crown structures with reduced plausibility.

Keywords: LiDAR; point clouds; TreeQSM; Cyclone software; crown structure; Douglas-fir; branch
attributes; neighborhood; light resource availability

1. Introduction

The crown structure of Douglas-fir forests plays an important role in shaping abiotic arrangements,
and eventually determines the biodiversity of the temperate forest ecosystem in the Pacific
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Northwest [1–3]. Characterizing the canopy architecture will significantly enhance the understanding
of the forest microclimate variability [4,5], foliage distribution [6,7], epiphyte abundance [8–11], growth
productivity [12–14], and distribution of wildlife habitats [15]. Furthermore, knowledge of the forest
structural dynamics, particularly of the crown, guides the silvicultural practices aimed at achieving
economic, social, and ecological benefits [13,16–18].

The crowns of young- to mid-age Douglas-fir plantation trees have been successfully modeled
with allometric equations focused on the branch diameter [19–21], branch length [22], branch insertion
angle [22], and foliage mass [23–25]. In comparison, applications of allometric equations in describing
old-growth Douglas-fir crown were less fruitful, as more uncertainties are induced by the complex
structural variability caused by canopy closure and stratification [1]. In such cases, the crown
architectures were conceptually [26–29] and numerically [30,31] documented almost exclusively for
individual “big trees.” Descriptions of the mature crowns of trees from natural regime stands are
constrained by the difficulties in the acquisition of the branch attributes. Therefore, the crown
development of trees located inside unmanaged stands is limited.

The point clouds produced by terrestrial laser scanning (TLS) provide a reliable source of data
for 3D forest measurements [32–34]. At the stand level, TLS can successfully estimate the stand
basal area, stem mean diameter, canopy height, and gap fraction [35,36]. At the tree level, TLS has
also been proven to successfully measure the tree crown width, diameter at breast height (DBH),
total height, and leaf area distribution [35,37,38]. Point clouds convey the spatial coordinates and
laser intensity of the reflecting surfaces, with reduced information on the type of surface. Therefore,
fine-scale crown geometric measurements, such as the branch diameter, branch length, and branch
insertion angle, are difficult to be automatically retrieved without external human input or the use of
advanced algorithms. Such algorithms are the quantitative structural models (QSM), which extract
the tree woody structure based on the topographic relationship between points and the approximate
tree skeleton with cylinder models [39–42]. QSM has effectively reconstructed stems and branches
for broadleaf trees, and accurately measured tree height [43], DBH [43], branch diameter [44], branch
length [44], and stem and branch volumes [44,45]. The accurate stem and branch volume estimations
from QSM also enable rapid biomass estimation at tree level [46,47]. From an ecological perspective,
QSM also reveals the tree structural development in response to ecosystem conditions [48,49].

Despite the successful applications of QSM in estimating the big branches of broadleaf trees,
QSM tends to overestimate the diameters of smaller branches [41,44], because QSM is sensitive to
noise, leaf-on points, and disconnected point clouds, which cause a poor reconstruction of branch
models. Therefore, the application of QSM to coniferous species is challenged by the small leaves on
branches. For coniferous trees, TLS-based crown structure studies focus on depicting the general crown
profile [50,51], rather than describing the inside canopy details, particularly the branch arrangements
and dimensions. To date, few studies have characterized the Douglas-fir branch architecture of average
trees from stands that experienced limited management [8,20,27]. The overarching objective of the
present study is to numerically describe the crown architecture of average Douglas-fir trees from point
clouds. Because the size and location of branches can be estimated using automatic procedures such as
QSM, or semi-automatic ones such as Cyclone-based, a primary objective of our study is to test the
utility of QSM for Douglas-fir crown measurements.

Under similar environmental conditions, Douglas-firs’ crown structure reflect the results of the
light availability [27]. For mature crowns, as the crowns expand, competition among neighboring
crowns triggers the branch exclusion and diversification of the branch insertion angles and branch
size [1], in order to ensure a sufficient light resource. Previous crown structural modeling has been
focused on unrelated individual trees [27,28,30,31,52]. However, neighborhood density in the canopy
is a significant factor on the crown dynamic [53–55]. In this study, we attempt to develop the crown
structures of a group of neighboring trees with a variety of sizes using TLS point clouds. A set of
plausible crown structural models will reflect the neighborhood impact on crown development as the
tree size increases. Therefore, the secondary objective of our study is to examine whether a TLS-based



Remote Sens. 2019, 11, 1661 3 of 27

crown structure will reflect the light-induced neighboring competition’s impact on the crown structure
of varying sized trees.

To achieve the two major objectives, we are interested in addressing the following four
subobjectives:

1. To describe the crown of the average (understood as not-special) dominant and co-dominant
Douglas-fir, from different DBH classes using point clouds.

2. To examine whether or not the TLS-based estimates of the crown fit within the range of existing
observations for second-growth plantations and old-growth stands.

3. To compare the branch dimensions estimated using Cyclone, the semi-automatic approach, with
the values supplied by TreeQSM, the automatic approach.

4. To examine the neighborhood impact on Douglas-fir crown structure development based on
conceptual crown models developed with TLS point clouds.

2. Data and Methods

2.1. Study Sites and Data Collection

The study was conducted in a Douglas-fir stand located in the west side of the Cascades, Oregon,
in the H.J. Andrews Experimental Forest. Inside the stand, an 80 m × 100 m plot (Figure 1b) with
trees at an average of 38 m tall (standard deviation of 11.5 m) was scanned from 22 locations with a
RIEGL VZ400i scanner. The first scan was located at the center of the plot and was programmed for
the execution of a complete rotation (i.e., 360◦) in 10-min, whereas all of the subsequent scans took
only 5 min. A set of 76 tie-points were placed inside the plot and their coordinates were surveyed
with a Trimble RTS633 total station. The registration of the individual scans was performed in Leica
Cyclone [56]. The scans were aligned using cloud-to-cloud comparison, constrained by the 76 tie-points.
The mean absolute error of the constraint and cloud-to-cloud alignments are 0.009 and 0.016 m,
respectively. The sample trees selected in this study meet the following four conditions: (1) the trees are
composed of an abundance of point clouds, at least for the lower-middle crown; (2) the trees belong to
the dominant and codominant crown classes [57]; (3) the trees are neighbors; (4) the trees are composed
of several DBH classes—at least 10 trees fulfilled the first two conditions. Therefore, we randomly
selected the point clouds of 10 dominant and codominant trees with adjacent crowns (Figure 1a,c).
The points associated with each tree were visually delineated in Cyclone (Figure 1a,c). The visual
extraction of the sample trees is difficult at the middle section of crowns, where a significant number of
interlocking branches are found within the adjacent crowns. To ensure a clear view of point clouds
rendering in Cyclone, individual crowns were roughly divided into sublayers, crown delineation was
performed at a sublayer level, and then, the point clouds of the sublayers were eventually integrated
as an individual tree. The visual delineation of individual crowns largely depends on the connective
relationship between the stem and branch points. Points rendering based on intensity segregates the
stem, branch, and leaf points, and supports the visual identification of the stem and its connected
branches. The major errors of the visual extraction of the crowns are the omissions of the entire or
partial branches, and the inclusion of branches from neighboring crowns. To reduce the sample tree
segregation errors, visual delineations were performed from different angles.
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Figure 1. LiDAR point clouds. (a) Rendering of the segmented sample tree point clouds; (b) point 
clouds of the entire plot and the locations of the 10 sample trees within the plot; (c) nadir view of the 
sample tree crowns. 

2.2. Cyclone-Based Estimation of Stems and Branch Dimensions 

For each tree, we directly measured the tree DBH, height, branch diameter (BD), branch length 
(BL), branch insertion angle (α), branch azimuth (θ), and height of the branch insertion point (Table 
1), using crown structural models constructed in Leica Cyclone (Figure 2). We also computed five 
attributes, some of which are commonly used in forest modeling, namely crown length (CL), crown 
ratio (CR), branch relative height inside the crown (BRH), branch depth inside the crown (DINC), 
and branch relative depth into the crown (RDINC).  

Figure 1. LiDAR point clouds. (a) Rendering of the segmented sample tree point clouds; (b) point
clouds of the entire plot and the locations of the 10 sample trees within the plot; (c) nadir view of the
sample tree crowns.

2.2. Cyclone-Based Estimation of Stems and Branch Dimensions

For each tree, we directly measured the tree DBH, height, branch diameter (BD), branch length (BL),
branch insertion angle (α), branch azimuth (θ), and height of the branch insertion point (Table 1), using
crown structural models constructed in Leica Cyclone (Figure 2). We also computed five attributes,
some of which are commonly used in forest modeling, namely crown length (CL), crown ratio (CR),
branch relative height inside the crown (BRH), branch depth inside the crown (DINC), and branch
relative depth into the crown (RDINC).

Table 1. Summary of the involved crown attributes.

Attribute Abbreviation Formula

Diameter at breast height DBH
Total Tree height THT
Branch diameter BD

Branch length BL
Branch insertion angle α

Branch azimuth θ

Height of branch i’s insertion point hi
Height of crown base hBC

Crown Length CL CL = THT− hBC
Branch depth into the crown DINC DINC = THT− hi
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Figure 2. Crown measurements in Cyclone. (a) The point clouds of a sample tree. (b) Incomplete point 
clouds of the top section of crown. (c) Cylinder models of a branch. Branch insertion angle is measured 
as the angle between the stem axis and branch cylinder axis. (d) Branch length measurements: sum of 
the length of line segments. The maximum horizontal distance from the stem is the branch projected 
distance. (e) Cylinder model of the stem. (f) Dead branch without leaves attaches on it. 

Table 1. Summary of the involved crown attributes. 

Attribute Abbreviation Formula 
Diameter at breast height DBH  

Total Tree height  THT  
Branch diameter  BD  

Branch length  BL  
Branch insertion angle  α  

Branch azimuth  θ  
Height of branch i’s insertion point h୧   

Height of crown base hେ   
Crown Length  CL CL = THT − hେ  

Branch depth into the crown DINC DINC = THT − h୧  

Figure 2. Crown measurements in Cyclone. (a) The point clouds of a sample tree. (b) Incomplete point
clouds of the top section of crown. (c) Cylinder models of a branch. Branch insertion angle is measured
as the angle between the stem axis and branch cylinder axis. (d) Branch length measurements: sum of
the length of line segments. The maximum horizontal distance from the stem is the branch projected
distance. (e) Cylinder model of the stem. (f) Dead branch without leaves attaches on it.

All of the branch and stem estimates were based on the region growth algorithm [58], which
requires sufficient points in order to fit cylinders (Figure 2a). At the top of the crown, not enough
points were available for fitting cylinder models (Figure 2b). Therefore, the top stem diameter was
determined by assuming that the top segment is cone-shaped, with the cone’s base diameter equal
to the stem diameter of the highest available cylinder model. The axis of the top stem segment was
aligned with the highest available stem cylinder. The branches at the top of the crown were manually
traced with line segments. Thus, the branches at the top of the crown were still measured for their
height, length, insertion angle, azimuth, and crown radius, but no diameters were estimated.
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For the best accuracy, we only measured the first-order live branches that were directly attached
to the stems, which were only fitted with cylinders at the insertion point for measuring the basal
diameter (Figure 2c). For each cylinder, the extreme coordinates were recorded (i.e., start and end),
as well as the axis, diameter, and length. We fitted the tree stems with cylinders that were 1–1.5 m
long (Figure 2e), for which the taper is negligible with respect to the measurement errors. The dead
branches were visually identified in the point cloud, considering that few leaves, and consequently
points, were attached to the woody tissue in this case (Figure 2f).

We computed the tree height as the difference between the z-values of the highest identified
point, and the start point of the stem base. We traced the branch skeletons with segments, whose
length was summed from the insertion point to the end of the branch, and estimated its linear extent
(Figure 2d). We computed the branch azimuth with respect to the axis of the base cylinder, while the
branch insertion angle was the angle between the axis of the branch base cylinder and the axis of the
stem cylinder (Figure 2c). We determined the crown radius of a branch as the horizontal distance
between the end point of the branch and the stem (Figure 2d).

2.3. Automatic Estimates of Stems and Branches Dimensions Using TreeQSM

QSM provides an automation process of constructing 3D models from point clouds (Figure 3).
It segments tree branches by using cover sets, which are connected patches of the tree surface [42].
Among the QSM models available to 3D model the trees, such as SimpleTree [41], pypetree [40], or
TreeQSM [42,59], we chose TreeQSM. Our software selection was based on the operability and the
validity of the results, as only TreeQSM was able to render realistic trees in a feasible amount of time.
The other software either were not operational, in the case of pypetree, or required a large amount of
time to provide valid results, in the case of SimpleTree. We used the following parameters to generate
the cover sets in TreeQSM:

• Patch diameter for the first cover: 0.1–0.15 m.
• Minimum patch diameter for the second cover: 0.02–0.03 m.
• Maximum patch diameter for the second cover: 0.06–0.08 m.

For each tree, we estimated the same attributes with TreeQSM as we did with Cyclone, as listed in
Table 1.
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2.4. Cleaning TreeQSM Estimates 

We noticed that the tree models constructed with TreeQSM produced significantly more 
branches than Cyclone. As the accuracy of TreeQSM is sensitive to the density of the points, and 
consequently, to the proportion of noise points [42], higher order branches located at the upper 
portion of the crowns commonly contained large errors. Therefore, the branches that were apparently 
wrongly created were removed. To eliminate the wrongly constructed branches, we used a series of 
ad-hoc criteria, which were developed by trial and error, as follows:  

• branches with a base diameter above 15 cm; 
• branches with a total length less than 1 m; 
• branch height below the lowest identified branch in Cyclone; 
• insertion angle less than 30 degrees; 
• insertion angle less than 50 degrees and length greater than 3 m. 

Because TreeQSM wrongly classified some first-order branches as second order, we reexamined 
all of the second-order branches, which were re-classified as first-order branches if the distance 
between the insertion point and the stem axis was less than the stem radius, d (Equation (1)), as 
follows:  

Figure 3. An example of a quantitative structural models (QSM) created tree model. Different colors
represent segments.

2.4. Cleaning TreeQSM Estimates

We noticed that the tree models constructed with TreeQSM produced significantly more branches
than Cyclone. As the accuracy of TreeQSM is sensitive to the density of the points, and consequently,
to the proportion of noise points [42], higher order branches located at the upper portion of the crowns
commonly contained large errors. Therefore, the branches that were apparently wrongly created were
removed. To eliminate the wrongly constructed branches, we used a series of ad-hoc criteria, which
were developed by trial and error, as follows:

• branches with a base diameter above 15 cm;
• branches with a total length less than 1 m;
• branch height below the lowest identified branch in Cyclone;
• insertion angle less than 30 degrees;
• insertion angle less than 50 degrees and length greater than 3 m.
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Because TreeQSM wrongly classified some first-order branches as second order, we reexamined all
of the second-order branches, which were re-classified as first-order branches if the distance between
the insertion point and the stem axis was less than the stem radius, d (Equation (1)), as follows: 2

√
(xbranch − xstem)2 + (ybranch − ystem)2

≤
d
2

zbranch = zstem
(1)

where, xbranch, ybranch, and zbranch are the starting coordinates of a second-order branch, xstem, ystem,
and zstem are the coordinates of the stem center.

2.5. Comparison of the Cyclone and TreeQSM Estimates

2.5.1. Estimate Aggregations by Height Section

As one of the interests of this study is the similarities of the trees depicted by the two TLS-based
producers (i.e., Cyclone and TreeQSM), we aimed at a pair-wise comparison of the branches. However,
only 8% of the branches identified with Cyclone and TreeQSM could be paired using visualization and
coordinates proximity. Therefore, we compared the aggregated attribute values by height sections
of each individual tree, rather than comparing paired individual branches. The comparison of the
aggregated values would reveal whether the two procedures generated similar tree structural estimates
at an individual tree level. The ordinal variable height section was determined based on the following
two criteria: (1) the length of each section was <5 m, except for the bottom and top of the crown, and
(2) the number of branches located within each section is relatively equal. The division of the height
section is summarized in Table 2. For each height section, the branch variables were aggregated by
computing the mean (Equation (2)), as follows:

ymethodHij
=

∑nmethodHij

k=1 yHijk

nmethodHij

(2)

where ymethodHij
is the average variable (e.g., BD, BL, and α) of the height section j of tree i, yHijk

is the

individually measured branch variable within height section j of tree i, nmethodHij
is the number of

branches measured by Cyclone or TreeQSM in height section j of tree i, and the estimation method is
either Cyclone or TreeQSM.

Table 2. Summary of the number of branches by height section.

Height of the Section (m)
Number of Branches

Cyclone TreeQSM

<15 23 22
15–18 28 30
18–23 84 51
23–26 58 46
26–29 88 50
29–32 106 33
32–35 119 27
35–38 116 24
38–43 101 5
>43 34 0

For comparing the branch locational variables insertion height and azimuth, we used a
nonparametric Kolmogorov–Smirnov test to compare the Cyclone and the TreeQSM estimates, using
the R package “stats” [56].
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2.5.2. Measures for Comparing the Cyclone and TreeQSM Estimates

We assessed the differences between the two TLS-based branch estimates with the following
four measures:

MDHij = mean difference by height sec tion = yCycloneHij − yTreeQSMHij (3)

MPDHij = Mean percent difference by height sec tion =
MDHij

yCycloneHij

100 [%] (4)

MADHij = Mean absolute by height sec tion =
∣∣∣∣yCycloneHij − yTreeQSMHij

∣∣∣∣ (5)

MAPDHij = Mean percent absolute difference =

∣∣∣∣yCycloneHij − yTreeQSMHij

∣∣∣∣
yCycloneHij

100 [%] (6)

We used a paired t-test to access the overall difference between the attribute estimates from
Cyclone and TreeQSM. The null hypothesis of the paired t-test is that the mean difference (MD) equals
zero. The paired t-test will reveal whether MD follows a normal distribution, namley: N(0, σ2

A), where
σ2

A is the variance of MD of attribute estimate A (A could be the branch diameter, branch length, or
branch insertion angle).

The point cloud density decreases with increasing height, suggesting that the height section is a
possible factor affecting the difference in estimates. Furthermore, the branches belonging to the same
stem can be viewed as repeated measurements; therefore, we also used a repeated measures analysis
of variance (ANOVA) [60] to evaluate the differences between the Cyclone and TreeQSM estimates. To
identify the structure of the covariance matrix (required by the repeated measures framework), we
considered the following three structures: autoregressive of order 1 (AR(1)), unstructured variance, and
compound symmetry, as recommended by Diggle et al. [61] and Fitzmaurice et al. [62]. The ANOVA
equation used to test the difference by height section is as follows:

MDHij = Height Section Orderj + εij (7)

The covariance structure for the AR(1) is cov(εij, εij-s) = ρsσ2, for the unstructured variance is
cov(εij, εij-s) = σ2

ji-s, and for the compound symmetry is cov(εij, εij-s) = σ2
1 [62], where cov stands

for the covariance matrix, εij and εij-s are the model residual of tree i at height section of j and j-s,
respectively, j ≥ s, ρ is the correlation between two measurements of 1 unit apart, and σ2 is the overall
variance of all of the measurements.

2.6. Simulation of Crown Architecture

In addition to directly comparing the estimations of the branch dimensions and locations with
two procedures, we conducted a simulation analysis to find whether or not the TLS-based crown
estimates can fit in the ranges of the documented Douglas-fir profiles [27,30,52]. Most Douglas-fir
crown modeling studies have been conducted for plantations or old-growth forests [20,22,30,31]. The
models for trees with similar crown development stages and sizes as our sample trees are not readily
available. Thus, we used both second- [20,22] and old-growth [31] crown models to develop simulated
crowns and to compare the simulated crown attributes with TLS-based estimates. Our sample trees
were located within a natural regime stand with closed canopy and mixed DBH classes. We expected
the crown attributes of our sample trees to be at the transitional stage between second- and old-growth
trees. As the field measurements were not available, the comparisons between the TLS-based estimates
and the exiting observations also served as a justification of TLS-based estimation.
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2.6.1. Second-Growth Branch Size Models

Maguire et al. [20] developed maximum BD models for managed stands. Among all of the
equations of Maguire et al. [20], we selected the constrained variable-exponent model to simulate BD,
as follows:

BDij = (λ1CWλ2 + δi)WC + εij (8)

CW = MCW ∗CR0.01431509∗CL+0.07224024 DBH
Ht (9)

MCW = 1.4081 + 0.22111∗DBH− 0.00053438∗DBH2 (10)

W = 1− BRH0.5 (11)

C = λ3BRHλ4 (12)

BRH =
hi − hBC

CL
(13)

λ1, λ2, λ3, and λ4 are the coefficients fitted by Maguire et al. [20]. CW is the stand-grown maximum
crown width, MCW is the open-grown maximum crown width, CR is the crown ratio, BRH is the
branch relative height inside the crown, hi is the height of branch insertion point, and hBC is the height
of crown base. δi and εij are the random errors of the tree level and individual branch level, following
distribution δi ∼ N(0, δ2) and εij ∼ N(0, σ2), respectively.

Roeh and Maguire [22] developed a set of crown profile models for coastal Douglas-firs, in which
the estimated attributes were simultaneously corrected across the equations. An examination of the
symmetrically modeled BD and BL in Roeh and Maguire revealed that BD and BL are smaller than the
estimates from the point clouds of this study. Therefore, we only selected an individually developed
BL model for the simulation [22], as follows:

BLij = ed1DINCd2ed3DINCBDd4THTd5 (14)

where the variables are defined in Table 1, and BD is the estimated branch diameter from Equation (8).

2.6.2. Old-Growth Branch Size Models

Unlike young plantation trees, the branches of old-growth trees are less constrained by tree size,
and more determined by the depth of the crown. Ishii and Wilson [31] developed crown models for
old-growth Douglas-firs, which could adapt to the variation of the branch forms. The branch size
equation used in this study is as follows:

Zij = aRDINCb
ij(1−RDINCij)

c (15)

RDINCij =
THTi − hij

THTi − hBCi

=
DINCij

CLi
(16)

where Zij is the size of branch j from tree i (BD or BL), RDINCij is the relative depth into the crown, a
is a coefficient, b and c are the scaling exponents, THTi is the total height of tree i, hij is the branch j
insertion height, and hBCi is the height of the crown base.

The final crown equation is fitted as a piecewise function, as at the lower end of the crown, the
equation cannot capture the variability of the branch size. Zij = aRDINCb

ij(1−RDINCij)
c, DINCij < h

Zij = ahb(1− h)c, RDINCij ≥ h
(17)

Previous studies have shown the existence of a relatively simple allometric relationship between
BD and BL [30,63,64], as follows: BL = aBDb, where a and b are coefficients. To determine a and b,
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we used a pre-simulation to decide the range of a and b based on the BD and BL models of Ishii and
Wilson. The final estimates of the branch length model is described as follows:

BLij = 1.6971× BD0.6237
ij (18)

2.6.3. Simulation Algorithm

The simulation was performed for three DBH classes, each following a uniform distribution, as
follows: DBH1j ∼ U(50, 55), DBH2j ∼ U(60, 65), and DBH3j ∼ U(85, 105). The selected boundaries
cover the DBH range of sample trees, and represent the crown development at different stages. The
number of sample trees within DBH classes 50–55, 60–65, and 85–105 cm were five, three, and two
respectively. Although the trees of DBH classes 50–55 and 60–65 cm behaved similarly in the crown
structural development, the sample trees were not evenly distributed within the entire DBH range of
50–65 cm, and the separation of the DBH classes would better approximate the transition of crown
development. For each size class, we generated 10,000 simulated trees, and their crown attributes were
estimated with both second- and old-growth models, as described above [20,22,31,65]. See Figure 4.

The steps of the synthetically generating crown attributes are as follows:

Step 1. Select DBH

A random number is drawn from the uniform distribution of DBH for each class.

Step 2. Compute tree height from DBH

An empirical height-DBH equation is used to determine the tree total height [66]:

THT = 1.3 + e(a+b×DBHc) + ε (19)

where a = 5.7567, b = −6.7792, c = −0.2795, and ε is a random error, ε ∼ N(0, σ2
ε).

Step 3. Compute crown length

The crown ratio (CR) is generated from a uniform distribution, CR ∼ U(0.3, 0.7). The selection
of the crown ratio distribution is based on the observation of our sample trees. Then, the crown length
is determined from its definition, as follows:

CL = CR× THT (20)

Step 4. Select the number of branches and branch insertion height

The number of first ordered branches is established, assuming that it follows a uniform distribution,
NBi ∼ U(60, 140), where NBi is the number of branches of simulated tree i. The boundaries of the
uniform distribution of NB is determined by the observation of the sample trees.

The branch insertion height is determined by the BRH, which follows a beta distribution. A
pre-simulation was executed to decide parameters α and β of an assumed beta distribution, which
yielded the following ranges for α and β: 

α ∼ U(1, 3)
β ∼ U(1, 3)
β ≤ 1.5×α

(11)

We simulated BRH following the distribution BRHij ∼ Beta(α, β), where BRHij is the ith branch
relative height above crown for jth simulated tree.

Step 5. Compute the branch diameter and branch length
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For a second-growth tree, the branch diameter is determined by Equation (8) and branch length
are determined by Equation (14). For an old-growth tree, the branch diameter is determined by
Equation (17) and branch length is determined by Equation (18).
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3. Results

3.1. Tree Level Estimates

We found no bias in the TreeQSM estimates of DBH (Table 3). However, TreeQSM estimated
the total height to be consistently smaller than Cyclone, by approximately 10%. For tree #3, a large
discrepancy was present between the Cyclone and TreeQSM estimated DBH and height, in which
TreeQSM overestimated DBH by 17 cm (20%) and underestimated the tree height by 10 m (18.5%)
(Table 3). The difference between the Cyclone and TreeQSM crown length estimates ranges from
0.2–3.92 m (Table 3). A major difference between the two procedures is that TreeQSM identifies fewer
first order branches than Cyclone, sometime as low as 31%.
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Table 3. Semi-automatic (Cyclone) and automatic (TreeQSM) tree attribute estimates.

Tree
DBH (cm) Tree Height (m) Crown Length (m) No. of Branches

(First Order)

Cyclone TreeQSM Cyclone TreeQSM Cyclone TreeQSM Cyclone TreeQSM

1 64 65 40.50 36.60 30.58 26.66 96 49
2 60 58 44.00 44.65 35.15 38.30 122 67
3 84 101 53.99 43.83 30.34 29.91 87 32
4 110 113 45.00 45.81 20.71 21.68 47 36
5 56 53 38.06 37.12 24.62 21.35 37 12
6 63 60 44.93 44.39 22.95 24.30 87 27
7 50 52 45.83 46.78 27.37 27.57 77 50
8 52 51 44.76 41.20 28.70 28.82 98 59
9 49 47 39.00 35.29 30.27 26.71 74 34
10 51 54 40.78 40.12 26.33 26.61 39 15

Average 63.9 65.4 43.69 41.58 27.7 27.19 76.4 38.1

3.2. Estimation of Branch Attributes

3.2.1. Branches Azimuth and Insertion Height

The majority of the branches identified by TreeQSM were located in the lower portion of the
crown, whereas Cyclone generated widely spread branch distribution along the height of the tree
(Figure 5). The distributions of azimuths for both procedures were similar. The majority of identified
branches were facing south, with azimuth ranging from 90◦ to 270◦, except for trees #3 and #4, whose
DBHs (>80 cm) were greater than the other trees (Figure 5). The distribution of the branch azimuth
by the DBH class is primarily determined by the light condition of the canopy. For small trees, most
branches are south facing where light abounds, while for large trees, some branches are facing north
where branch exclusion allows some light.
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The distribution of the branch insertion height exhibits an obvious shift between the Cyclone
estimates and TreeQSM estimates, suggesting that automatic procedures supplied values lower than
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the Cyclone procedure (Figure 6). The Kolmogorov–Smirnov test confirms the difference between the
branch insertion height estimated by the two procedures, as no tree was found with a similar distribution
(p-value < 0.05; Figure 6). The largest disagreement in the distribution of the branch insertion height
occurred between 17–36 m. In contrast to the branch insertion height, the distributions of the estimated
azimuths were much more similar for Cyclone and TreeQSM (Figure 7). The Kolmogorov–Smirnov
test confirmed the similarities of the branch azimuth distributions estimated by the two procedures, as
only one tree (i.e., four) had different distributions (p-value < 0.05).Remote Sens. 2018, 10, x FOR PEER REVIEW  14 of 27 
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Figure 6. Cumulative probability of branch insertion height. The p-values are for the
Kolmogorov–Smirnov test used to compare the branch insertion height distribution of TreeQSM
and Cyclone. The null hypothesis of the test is that two sets of values have the same distribution. Red
dots mark the height at which the largest difference in the cumulative probability of the Cyclone and
TreeQSM measured height is found.
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Figure 7. Cumulative probability of branch azimuth. The p-values are for the Kolmogorov–Smirnov
test used to compare the branch azimuth distributions estimated by TreeQSM and Cyclone. The null
hypothesis of the test is that two sets of values have the same distribution. Red dots mark the azimuth
at which the largest difference in the cumulative probability of the Cyclone and TreeQSM estimates
are found.

3.2.2. Branches Diameter.

TreeQSM estimated that the mean BD was greater than the Cyclone estimates, below an insertion
height of 29 m (Table 4 and Figure 8a). Above 29 m, the TreeQSM estimates were smaller than the
Cyclone estimates (Table 4 and Figure 8a). The normality of the paired t-test was met for the BD
estimates. The paired t-test indicated no difference between the overall mean of the Cyclone and
TreeQSM BD estimates (p-value = 0.96) by individual trees over the entire tree profile.
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The section-wise comparison revealed that the repeated measurement framework with the AR(1)
structure yielded the smallest Akaike information criterion (AIC)value (Table 5), suggesting that branch
diameter estimates along the stem were not independent, but correlated with the insertion height. The
Cyclone BD estimates were relatively constant across the height sections. In contrast, the TreeQSM
BD estimates decreased with the increase in the height section. The largest discrepancy between the
BD estimates of the two procedures was at the height section of 35–37 m (Table 4), where TreeQSM
underestimated the mean BD by 2.34 cm (40.08%). The underestimation was probably the result of the
unsuccessful construction of a branch structure due to sparse point clouds. Although the abundance of
points is supposed to yield similar estimates for the branch diameter, the second largest difference was
found at the height section below 15 m, where the average BD computed with TreeQSM was 1.53 cm
(28.75%) greater than the Cyclone value (Table 4). The overestimation of the small size branches by
TreeQSM was also found by previous studies [44,67], where plenty of points were available.

Table 4. Summary of mean branch diameter estimates by height section.

Height Procedure Difference Absolute Difference

(m) Cyclone (cm) TreeQSM (cm) (cm) (%) (cm) (%)

<15 5.36 6.89 −1.53 −28.75 1.53 28.75
15–17 6.20 6.40 −0.20 −5.10 0.65 11.82
18–22 5.38 6.54 −1.16 −24.82 1.75 35.32
23–25 5.92 6.04 −0.12 −4.12 1.36 22.71
26–28 5.64 5.95 −0.31 −10.36 1.78 31.53
29–31 5.75 5.09 0.67 4.56 1.48 24.18
32–34 5.38 4.62 0.76 13.65 2.17 44.04
35–37 6.22 3.88 2.34 40.80 2.34 40.80
38–42 4.10 2.89 1.21 29.51 1.21 29.51Remote Sens. 2018, 10, x FOR PEER REVIEW  16 of 27 
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Figure 8. Branch diameter estimates at insertion point by height section. (a) Comparison of branch
diameter estimates of Cyclone and TreeQSM by height section; reference lines connect the mean of
the aggregated estimates. (b) The difference of the branch diameter estimates between Cyclone and
TreeQSM by height section.
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Table 5. Difference in branch diameter estimates between Cyclone and TreeQSM as a function of
height section, within a repeated measurements framework. Akaike information criterion (AIC) is
defined as: AIC = 2k− 2 ln L̂, where k is the number of parameters, and L̂ is the maximum value of the
likelihood function. Bayesian information criterion (BIC) is defined as: BIC = k× ln n− 2 ln L̂, where
k is the number of parameters, n is the number of observations, and L̂ is the maximum value of the
likelihood function.

Model Type AIC BIC

Unstructured 161.8796 175.6169
Repeated measures—AR(1) 153.6215 168.8851

Repeated measures—Compound Symmetry 156.865 172.1286

3.2.3. Branch Length Estimates

Both Cyclone and TreeQSM yielded the longest mean BL estimates at the base of the crown
(Figure 9). The paired t-test indicates that the Cyclone mean BL estimate was significantly larger than
the TreeQSM estimate (i.e., 0.49 m) by aggregation of the height sections (p-value < 0.001). The largest
discrepancy in length estimates occurred at the height section of 26–29 m (Figure 9), where the mean
difference and mean absolute difference were 1.34 m (33.4%) and 1.52 m (37.7%), respectively (Table 6).
ANOVA does not indicate the difference in length estimates in response to the height section (i.e.,
p-value is 0.25). The normality assumption, required for ANOVA, was met, but the homoscedasticity
was not, as the variance of the difference between the estimated BL for height section 15–18, 23–26, and
29–32 m was relatively higher than for the other height sections (Figure 9).
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Figure 9. Branch length estimates by height section. (a) Estimates for Cyclone and TreeQSM; reference
lines connect the mean of the aggregated estimates. (b) Difference between the branch length estimates
of Cyclone and TreeQSM. The dots represent the outliers identified with the quantile approach.

Table 6. Summary of branch length estimates by height section.

Height Procedure Difference Absolute Difference

(m) Cyclone (m) TreeQSM (m) (m) (%) (m) (%)

<15 4.96 5.06 −0.10 0.37 0.52 10.52%
15–18 3.62 2.93 0.69 0.58 1.08 34.24%
18–23 3.18 3.42 −0.24 −13.87 0.41 18.36%
23–26 3.53 2.84 0.69 12.41 0.96 24.90%
26–29 3.96 2.62 1.34 33.38 1.52 37.72%
29–32 3.38 3.37 0.02 −2.44 0.89 24.57%
32–35 3.10 2.62 0.49 8.58 0.88 34.61%
35–38 3.68 2.64 1.04 25.53 1.26 32.37%
38–43 2.65 2.40 0.25 8.19 0.57 21.09%
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3.2.4. Branch Insertion Angle Estimates

Both angle estimates did not show a strong correlation with the height section (Figure 10). The
paired t-test indicated that the mean Cyclone estimated angle was 9.916◦ (i.e., 10.52%) greater than the
TreeQSM estimates by aggregation of height sections (i.e., p-value < 0.001). The largest mean difference
between the two estimates occurred at 18–23 m (Table 7), and is 20.90◦ (i.e., 22.63%). ANOVA suggests
that the difference between the angle estimates also did not vary across height sections (i.e., p-value is
0.087). As the height is below 18 m, the Cyclone mean estimated insertion angles were smaller than
the TreeQSM estimates. For a height above 18 m, the Cyclone estimated mean insertion angles were
greater than the TreeQSM estimates, except for the height section of 29–32 m (Figure 10b).
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Figure 10. Branch angle estimates by height section. (a) Estimates for Cyclone and TreeQSM; reference
lines connect the mean of the aggregated estimates. (b) Difference between branch insertion angle
estimates of Cyclone and TreeQSM by height section.

Table 7. Summary of branch angle estimates by height section.

Height Section TreeQSM Cyclone Difference Absolute Difference

(m) Angle (◦) Angle (◦) (◦) (%) (◦) (%)

<15 88.45 77.27 −11.18 −21.45 12.16 22.49
15–18 89.30 84.17 −5.12 −9.85 10.38 15.37
18–23 82.92 103.82 20.90 18.91 20.90 18.91
23–26 89.81 103.46 13.65 11.86 16.75 15.27
26–32 87.60 96.52 8.91 8.32 10.06 9.62
32–35 83.60 97.98 14.37 15.06 18.96 20.08
35–38 85.35 95.25 9.90 10.08 19.43 20.53
38–43 78.94 85.85 6.91 6.63 22.68 26.37

3.3. Simulated Crowns

The TLS-based estimates for BD and BL were compared with the same attributes from the simulated
trees, without differentiating the whorl from the epicormic branches. Therefore, we used the maximums
to reflect the key attributes of the crown profile, usually defined by the whorl branches [20,65], and
the means to consider all of the branches. Furthermore, the crown profiles derived from Cyclone and
TreeQSM were compared in order to test whether TreeQSM could develop average tree structures that
are comparable with Cyclone.
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3.3.1. Branch Diameter

Simulated old-growth trees have wider ranges of mean and maximum BD compared with
second-growth trees (Figure 11), because of the greater variability of old-growth crowns. As the fitted
polynomial curves show, both the Cyclone and TreeQSM estimated mean BD profiles were slightly
greater than the simulated second-growth trees (Figure 11a,b), except for DBH at 85–105 cm. The mean
BD profiles of the Cyclone and TreeQSM estimates were consistent with the simulated second-growth
trees, in which the largest mean BDs were located in the middle-lower crown, and the smallest mean
BDs were located at the top of the crown (Figure 11a–c). In comparison with the Cyclone mean BD
estimates, the variance of the TreeQSM mean BD estimates were greater. For the DBH class of 50–55
cm, TreeQSM yielded greater mean BD estimates than Cyclone at the lower crown (Figure 11a). For a
DBH class of 60–65 and 85–105 cm, the Cyclone and TreeQSM BD estimates show better agreement.
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Figure 11. (a–c) Mean and (d–f) maximum branch diameter of the 10 trees by diameter at breast height
(DBH) class as a function of depth into the crown. The reference lines are second-order polynomial
regression lines fit to the simulations and observations. Green and red lines are the simulated trees
with second- and old-growth models, namely Ishii and Wilson (2001), and Maguire (1999) models. The
shades represent the 95% confidence intervals of the simulated results of 10,000 trees.

For both Cyclone and TreeQSM, the maximum BD estimates were similar to the simulated
old-growth trees for DBH classes 50–55 and 60–65 cm (Figure 11a,e), with mean difference less than
1 cm. However, for DBH class 85–105 cm, the overall simulated old-growth trees’ maximum BDs were
8.51 and 9.60 cm averagely greater than Cyclone and TreeQSM estimates, respectively. Instead, the
mean differences between the simulated second-growth trees’ maximum BD and TLS-based estimates
were within 1.5 cm for the DBH class of 85–105 cm (Figure 11f). Similar to the mean BD estimates, the
TreeQSM maximum BD estimates were more variable than the Cyclone estimates. TreeQSM generated
greater maximum BD estimates than Cyclone for DBH class 50–55 cm.

3.3.2. Branch Length

Overall, both the simulated second- and old-growth trees had longer mean BL estimates than the
TLS-based estimates (Figure 12a–c). The fitted curves on the Cyclone mean BL estimates suggested the
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presence of three crown shapes, namely: ellipsoid crown for DBH class 50–55 cm, where the longest
branches were at the middle-lower crown (Figure 12a); conic crown for DBH class 60–65 cm, where
the longest branches were at the bottom (Figure 12b); and cylindrical crown for DBH class 85–105 cm,
where the branch lengths were relatively constant along the canopy (Figure 12c). In comparison with
Cyclone, the mean BL estimates supplied by TreeQSM underestimated the mean BL for DBH class
50–55 and 85–105 cm by 0.3 and 1.12 m, respectively (Figure 12a–c).
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Figure 12. (a–c) Mean and (d–f) maximum branch length of the 10 trees by DBH class as a function
of depth into the crown. The reference lines are second order polynomial regression lines fit to the
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old-growth models, namely Ishii and Wilson (2001), and Maguire (1999) models. The shades represent
the 95% confidence intervals of the simulated results of 10,000 trees.

For the maximum BL, both the Cyclone and TreeQSM estimates were close to the simulated
old-growth trees for DBH classes 50–55 and 60–65 cm, with a mean difference less than 1 m (Figure 12d,e).
However, great difference is present between TLS-based maximum BL estimates and simulated old-
and second-growth trees for the trees with a DBH ≥85 cm (Figure 12f). Unlike the ellipsoidal shapes of
the maximum BL estimates for DBH 50–55 and 60–65 cm, the round crown shapes were present for
DBH 85–105 cm, irrespective the procedure, in which the longest BLs were present in the middle–upper
crown. Both simulated second- and old-growth trees had longer maximum BL estimates than the
Cyclone and TreeQSM estimates for DBH class 85–105 cm, and the difference was greater than 2 m.

4. Discussion

4.1. Comparison of TreeQSM and Cyclone Crown Attribute Estimates

TreeQSM reduced the time and effort of the Cyclone procedure, but the results were still
significantly different. In total, the semi-automatic procedure using Cyclone identified 761 branches
for the 10 trees, whereas TreeQSM identified only 38% of branches with comparable dimensions and
similar locations, mainly for the lower crown. However, for the upper crown where the point cloud
was sparse, considerable branches were missed by TreeQSM. For all of the sample trees, TreeQSM
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failed to construct accurate stem models above 15 m (Figure 13b), where the disconnection of point
clouds happened because of an obstruction of the scan view and a reduction of the point cloud density.
The stem model construction was terminated before the process reached the top of the crown, as
insufficient point clouds were available for the modeling process. TreeQSM might yield underestimated
tree height for tall trees like tree #3 because of incomplete stem models. However, the region grow
function in Cyclone could still accurately approximate the remaining point patches for the stem model
construction at the higher portion of the crown (Figure 13a). TreeQSM miscategorized some first-order
branches as second-order (Figure 13c). We examined the miscategorized branches, included the
miscategorized second-order branches, and cleaned the branches that were wrongly categorized as
first-order. TreeQSM failed to construct structural models of the stems with an irregular form and
strong inclination, such as tree #3 (Figure 13f), resulting in an incorrect DBH estimation. In Cyclone,
the stem model construction was controlled with human assistance. The stem cylindrical models were
manually adjusted to approximate the point clouds (Figure 13e). TreeQSM also misidentified some
stem points as branch points, and incorrectly constructed nonexistent branches (Figure 13h).
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Figure 13. Comparisons of quantitative structural models constructed with TreeQSM and Cyclone.
Identification of some typical errors of structural models developed with TreeQSM. (a) Accurate stem
model (silver cylinder) developed in Cyclone. (b) Inaccurate stem models developed with TreeQSM
(blue cylinders). (c) A first-order branch was categorized as second-order in TreeQSM (red cylinder).
(d) Cyclone rendering of the point clouds of the same branch shown in (c). (e) Stem models at the
breast height of tree #3 in Cyclone. (f) Incorrect stem models at breast height of tree #3 in TreeQSM.
Cylindrical models (blue cylinder) deviate from the stem point clouds resulting in the overestimation
of DBH. (g) Accurate stem model (silver cylinder) constructed in Cyclone. (h) TreeQSM misidentified
the stem points as the branch points and constructed models for a nonexistent branch (green cylinders
shown in the right).

For both the Cyclone and TreeQSM estimated BD, the accuracy was constrained by the application
of the pipe models, as real branches have irregular shapes rather than perfect cylinders. With the
human-aid computation, Cyclone is believed to generate more accurate BD estimates, especially for
complex understory canopy, because the noise and leaf points are manually excluded from the pipe
model construction. TreeQSM could accurately construct pipe models for the broadleaf tree stems
and branches [42,44,68,69], particularly for branches and stem diameters greater than 10 cm [68]. For
branches smaller than 10 cm in diameter, TreeQSM was prone to overestimation [44,67]. However, the
BD estimation with TreeQSM was challenging, as the average branch diameter was smaller than 7 cm
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in this study. Whereas the TreeQSM estimates of BD were questionable, the DBH was not, considering
that the trees used in this study were mature, with a large DBH. Therefore, TreeQSM supplied reliable
DBH, as no significant difference was found from the Cyclone values.

Our results suggest that branch height plays a significant role in the accuracy of TreeQSM
estimation of BD, because branch height is directly related to the point cloud density and the abundance
of information carried in the point clouds [69]. Inside the lower crown, where sufficient points were
available, TreeQSM yielded greater mean BD estimates than Cyclone, which is probably as a result
of an error introduced by the leaves and noise points. Inside the upper crown, TreeQSM provided
smaller diameters than Cyclone, because an insufficient point density was available to construct and
connect the cylinder models. Consequently, the overall means of the BD estimates along the entire
crown profile were not different between TreeQSM and Cyclone at an individual tree level.

Cyclone estimated BL depends only on the identification of the few points defining the overall
skeleton of the branches. In contrast, BL estimation with TreeQSM requires enough points for cylinder
model construction through the entire branch extent. Thus, BL estimation with TreeQSM is very
sensitive to the density of the points. False bifurcations caused by noise points and patches of points
terminate the branch model construction, resulting in BL estimation errors. The average BL was almost
0.5 m greater in Cyclone than TreeQSM. Our results are consistent with Lau et al. [44], who found that
TreeQSM is more reliable for estimating branch diameter than branch length.

Cyclone estimated that the branch insertion angle would be more accurate in the lower crown, as
both the branch and stem were fitted with sufficient points. For the upper crown sections, the accuracy
of the branch angle estimation depended not only on the determination of the branch skeleton, but
also on the accuracy of the projected stem cylinder from the lower section. The average TreeQSM
estimated branch insertion angle was 9◦ smaller than the Cyclone values. As the accuracy of the angle
estimates was associated with the availability of points, we were surprised to find minute differences
in the angle estimates between TreeQSM and Cyclone across the canopy height. We hypothesize that
unlike the branch length, which relies on the successful construction of the pipe model for the entire
branch, angle estimation is only determined by the main skeleton at the branch base.

4.2. Crown Architecture and Development Stage Derived with TLS-Based Estimates

The simulations confirmed our expectation that TLS-based crown estimates would be within
the range between second- and old-growth trees. For trees of DBH classes 50–55 and 60–65 cm,
the TLS-based mean BD and BL estimates were similar to the second-growth trees, whereas, the
maximum BD and BL estimates fitted in the range of the old-growth trees, indicating a transitional
crown development stage [1]. However, crown expansion was not present in the trees of DBH class
85–105 cm, as the crown size was significantly smaller than for the simulated second- and old-growth
trees, which is probably associated with the branch exclusion caused by canopy closure [1].

Conceptual crown architectures are drawn based on TreeQSM and Cyclone crown estimates
by DBH classes (Figures 14 and 15). TreeQSM depicted similar crown form with Cyclone for trees
with DBH between 50–55 cm. However, TreeQSM omitted large numbers of branches for trees with
DBH ≥60 cm. As the tree grows, branch exclusion occurs on the lower crown given the limited light,
resulting in upward migration of crown mass. Therefore, TreeQSM could less accurately retrieve crown
attributes for trees with DBH ≥60, in which the majority of branches are located at the higher portion
of crowns than trees with DBH ≤55 cm. Consistent with greater variances of TreeQSM estimated BL
and insertion angle, TreeQSM also derived more irregular crown profiles than Cyclone (Figure 13),
supporting the uncertainties in the estimation of crown attributes using TreeQSM.
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Figure 14. Conceptual Douglas-fir tree architectures developed based on TreeQSM crown attribute
estimates by DBH classes. (a). Conceptual crown structure of a tree with DBH of 52 cm, height of 42 m,
and crown length of 27 m. (b). Conceptual crown structure of a tree with DBH of 63 cm, height of 40 m,
and crown length of 21 m. (c). Conceptual crown structure of a tree with DBH of 106 cm, height of
45 m, and crown length of 20 m.
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Figure 15. Conceptual Douglas-fir tree architectures developed based on the Cyclone crown attribute
estimates by the DBH classes. (a). Conceptual crown structure of a tree with DBH of 51 cm, height of
42 m, and crown length of 30 m. (b). Conceptual crown structure of a tree with DBH of 63 cm, height of
42 m, and crown length of 30 m. (c). Conceptual crown structure of a tree with DBH of 93 cm, height of
51 m, and crown length of 22 m.

The conceptual crown architectures (Figure 15) developed based on Cyclone are supported by a
previous study of age-related crown development [52]. Our results suggest transitions of ellipsoid
and conic crown shapes to a cylindrical crown with the increase in DBH, as well as increasing gaps
from branch loss due to light competition [1] (Figure 15). For DBH classes of 50–55 cm and 60–65 cm,
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canopy gaps were mainly found in lower crowns facing north, which likely were caused by the absence
of enough light (Figure 15a,b). However, extraordinarily long isolated branches were also found in
low canopy gaps, probably as a result of increasing the light availability from the neighboring branch
exclusion (Figure 15a,b). In addition, the variation of the insertion angle increased with the growing
tree size (Figure 15c). The diversity of the insertion angle eventually will increase the light resource
for the neighboring branches. For trees with DBH ≥85 cm, most branches are surprisingly north
facing, possibly because of the light competition from neighboring trees that challenges south-facing
branch expansion.

Our findings suggest that point clouds can provide fine scale crown architectural estimates
comparable with field measurements. The crown attributes generated from the human-aid TLS
estimation procedure are consistent with existing studies [20,27,31,52]. The comparison of crown
attributes by DBH classes provides numerical support for crown development, driven by the light
condition defined by neighboring trees.

5. Conclusions

This study evaluated the accuracy of two TLS-based estimation procedures of mature Douglas-fir
crown attributes of neighboring dominant and codominant mature trees. Additionally, we assessed the
ability of the estimation procedures to describe the crown attributes of mature unmanaged Douglas-firs.
The two procedures are a semi-automatic approach, Cyclone, and an automation process, TreeQSM.
Although limited human interference is required in TreeQSM processes, the uncertainty of the TreeQSM
estimated crown attributes challenges its application in dense conifer forests. Therefore, significantly
more work is needed to implement an operational automatic crown measurement algorithm, similar
to TreeQSM, for tall Douglas-firs. We expect that comparable conclusions would be found for other
coniferous species, as similar crown architecture is present. Among the estimated attributes, the branch
diameters computed by TreeQSM are the closest to the Cyclone values, whereas the branch lengths are
significantly shorter than the Cyclone values. The simulated trees based on the TLS estimates suggest
an intermediate developmental stage of the trees, as they are between the second- and old-growth
stands. The conceptual crown architectures developed based on TLS estimates are similar to other
studies, supporting the finding that crown development is driven by light availability.
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