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Abstract: In this study, the goal is to estimate the sedimentation on the bottom bed of Lake Taihu using
numerical simulation combined with geostationary satellite ocean color data. A two-dimensional
(2D) model that couples the dynamics of shallow water and sediment transport is presented.
The shallow water equations are solved using a semi-implicit finite difference method with an
Alternating Direction Implicit (ADI) method. Suspended sediment transport is simulated by
solving the general convection-diffusion equation with resuspension and deposition terms using a
second-order explicit central difference method in space and two-step Adams–Bashforth method
in time. Moreover, the total suspended particulate matter (TSM) is retrieved by the world’s
first geostationary satellite ocean color sensor Geostationary Ocean Color Imager (GOCI) using
atmospheric correction algorithm for turbid waters using ultraviolet wavelengths (UV-AC) and
regional empirical TSM algorithm. The 2D model and GOCI-retrieved TSM are applied to study
the sediment transport and sedimentation in Lake Taihu. Validation results show rationale TSM
concentration retrieved by GOCI, and the simulated TSM concentrations are consistent with GOCI
observations. In addition, simulated sedimentation results reveal the dangerous locations that must
be observed and desilted.
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1. Introduction

Land surface water systems such as lakes and reservoirs are valuable resources not only because
they provide water supply to our daily life, but also because they are used for flood control, recreation
and wildlife management. However, both natural and human activities such as sedimentation,
algal blooms, flooding events, dredging channels, discharging municipal and industrial wastes can
affect the ecosystems in land surface water bodies. Specifically, sedimentation can cause substantial
loss to the storage capacities of lakes and reservoirs. Meanwhile, blue-green algae also pose severe
environmental and ecological threats to surface water systems. The population of blue-green algae
can rapidly increase or accumulate in surface water systems, and the process is called an algal bloom.
Algal blooms happen in both estuaries and marine systems and can cause liver damage and cancer to
humans as well as fatal diseases to pets, livestock, and aquatic animals that live in or drink from the
algae-contaminated water due to the harmful toxins released during the algal blooming process [1].
Lake Taihu is the third largest lake in China with an area of about 2338 km2, a mean depth of 1.9 m,
and maximum depth is no more than 3 m, contributing to 3% of the national population and 10% of
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gross domestic product [2]. It has suffered heavy algae blooming in recent years [3]. Figure 1 [2] shows
the location and area of Lake Taihu, which is near the East China Sea. Due to small input and output
discharges, the inputted fine grain particles are mostly accumulated in the lake and the sedimentation
can substantially reduce water storage capacity. On the other hand, Lake Taihu pollutants that are
accumulated in the sediments can be released again to the water over a long time. Based on the above
bearings, it is important to understand the dynamics of sediment transport and sedimentation under
different environmental conditions in Lake Taihu.

The wind effect is perpetual and can be dominant while the wind has obvious characteristics.
It is very important to find out how the wind influences transport and sedimentation. There are
several ways to obtain the total suspended particulate matter (TSM) data of a certain water area. Field
measurements to obtain sediment data in lakes and reservoirs can be very expensive, time consuming,
and are very hard to obtain with full-scale [4]. The remote sensing data is very useful to study in a long
time series and over a large area [5–8]. But it is not always good at obtaining specific time and location
because there is no or only partial correct data due to cloud coverage and the temporal resolution is
limited by the satellite. Computational fluid dynamics (CFD) is a powerful tool to obtain complete
high spatial and temporal resolution data [9–25]. But it needs to be verified to be correct.

In this study, a two-dimensional (2D) model couples the dynamics of shallow water and sediment
transport [19]. Suspended sediment transport is simulated with a resuspension and deposition process
under wind effect [19]. The 2D model is applied to study the sediment transport and sedimentation
in Lake Taihu. Moreover, the TSM is retrieved by the world’s first geostationary satellite ocean
color sensor Geostationary Ocean Color Imager (GOCI), using our proposed atmospheric correction
algorithm for turbid waters using ultraviolet wavelengths (UV-AC) and regional empirical TSM
algorithm [5,7,8]. The model results are validated by GOCI satellite data. The rest of this paper
is organized as follows: Section 2 presents the methods of the TSM data obtained from the field
measurements, GOCI retrieval, and simulation. In Section 3, the 2D shallow water and sediment
transport model is described in detail. The results are presented and discussed in Section 4. Finally,
Section 5 draws conclusions for the study.
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2. Data and Method

2.1. Data Preparation

TSM data from Lake Taihu are obtained in several ways in this paper. One is from the field
measurements on 26 July 2017. Figure 2 shows the research voyage track. The black points in the
figure show the exact location of the sampling stations where the TSM is measured. The north point is
the 1st station and the cruise went clockwise until the last station, which is the 16th point. TSM was
measured gravimetrically on pre-weighed cellulose acetate membrane filters (47 mm diameter, 0.45 µm
pore size). Sufficient samples of surface-layer water were collected and filtered at each station to
determine the weight of the particulate matter. The filters were frozen and stored below −20 ◦C until
laboratory processing. In the laboratory, the filters were dried in an oven at 40 ◦C for 6–8 h, then placed
in the silica gel drier for 6–8 h, and finally re-weighed to obtain the TSM concentration using the
electronic balance. There was at least one blank sample at each station to make the blank correction.
The accuracy of the electronic balance is 0.01 mg. In addition, at each station, the remote sensing
reflectance (Rrs) was measured aboard a ship using an ASD FieldSpec®3 full range (350–2500 nm).
We measured the upward radiance from the water surface Lt) and the standard reflecting plate (Lp),
and the downward sky radiance (Ls). To avoid sun-glint contamination, the zenith and azimuth angles
used to measure Lt were about 40◦ and 135◦ (referring to solar orientation), respectively. In addition,
we selected an optimal place to minimize the effects of ship shading and foam. Finally, the remote
sensing reflectance (Rrs) was estimated from the measured Lt, Lp and Ls.

The second way TSM data were estimated was by satellite observations using our proposed
UV-AC atmospheric correction algorithm and regional empirical TSM algorithm from GOCI.
The details are described in Section 2.2. The wind data are implemented in the simulation as a
perpetual condition. The wind data is from the European Centre for Medium-Range Weather Forecasts
(ECMWF). It has U and a V component of velocity data in the NetCDF format and the temporal
resolution is 6 hours.
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2.2. Satellite Data Processing

The in-orbit operation of the world’s first geostationary satellite ocean color sensor, GOCI,
provides hourly observations. GOCI has eight visible to near-infrared bands (412 nm, 443 nm, 490 nm,
555 nm, 660 nm, 680 nm, 745 nm and 865 nm) with high signal-to-noise ratios, enabling a more
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accurate retrieval of TSM and other ocean color information [5]. The GOCI observing area is about
2500 km × 2500 km (116.08◦E–143.92◦E, 24.75◦N–47.25◦N for central directions) centered on 130◦E
and 36◦N, covering the coasts of Eastern China, the Korean peninsula, and Japan, along with the
corresponding shelves and open oceans [6]. Lake Taihu is in the region of the coasts of Eastern China,
and the TSM is high in Lake Taihu. To better retrieve the TSM in turbid water, our practical UV-AC
atmospheric correction algorithm for GOCI data in turbid waters is used [7].

To overcome the difficulty of the atmospheric correction in turbid waters in Lake Taihu, the UV-AC
algorithm was adopted to retrieve the remote sensing reflectance from the GOCI Level-1B data
provided by Korean Ocean Research and Development Institute (KORDI). The UV-AC algorithm is
based on the fact that in turbid waters, water-leaving radiances increase dramatically at the visible
light (VIS) and NIR due to strong particulate scattering caused by high TSM concentrations, but the
water-leaving radiance at the ultraviolet band (UV) can be neglected when compared with the VIS
and NIR due to the strong absorptions by rich detritus and CDOM. Thus, the UV band can be used to
estimate the aerosol scattering reflectance. Since GOCI has no UV band, the shortest blue band (412 nm)
was used as the referenced band to retrieve the remote sensing reflectance for the further calculation of
TSM. The applicable 412 nm-based UV-AC algorithm to the GOCI data has already been validated in
our previous works in the different turbid coastal waters (the Changjiang River Estuary, the Mississippi
River Estuary, and the Orinoco River Estuary) [5,7].

2.3. Algorithm Development

For the inland lake, the regional TSM algorithm for GOCI is developed from our previous
researches [8]. The reference suggests that it would be better to use the near-infrared wavelength to
retrieve the TSM in the Hangzhou Bay (HZB), and develop an empirical TSM model for Medium
Resolution Imaging Spectrometer (MERIS) using the ratio of normalized water-leaving radiances
between 779 nm and 560 nm. The in situ TSM and Rrs at the GOCI bands measured during the summer
and winter cruises of the ‘908 Project’ indicate a good correlation between the TSM on the logarithmic
scale and the band ratio of Rrs at 745 nm and 490 nm from moderately to extremely turbid waters
(TSM from 8 mg/l to 5275 mg/l) in the Changjiang River Estuary and HZB [5] as{

TSM = 10α+βRatio

Ratio = Rrs(745 nm)
Rrs(490 nm)

,
(1)

where α and β are two coefficients of the empirical TSM algorithm. In the case of HZB [5], they are
1.0758 and 1.1230 for the East China sea respectively. But due to different water quality and TSM
sediments, it is found that there is some bias in Lake Taihu. Therefore, the coefficients are recalibrated
by linear regression in a semi-logarithmic scale using the TSM algorithm and our field data, based on
the experimental results from our research cruise in July 2017.

2.4. Model Simulation

As mentioned above, Lake Taihu has an area of about 2338 km2 and a mean depth of 1.9 m.
Due to the aspect ratio of the dimensions of Lake Taihu, a two-dimensional simulation is more than
sufficient. Few studies have been conducted that include the sediment deposition and resuspension
effects in the finite difference sediment transport model [16–18]. Therefore, a 2D numerical model
has been developed to simulate the circulation and sediment transport in shallow water systems
including the sediment deposition and resuspension effects with proven accuracy when compared to
measurements [19].

The shallow water equations are solved by a semi-implicit finite difference method on a
non-body-fitted staggered Cartesian grid [10]. The method has been further improved by adapting
an Alternating–Direction Implicit method [11]. The convective terms are discretized by an explicit
second-order upwind scheme in space [15]. The resultant shallow water model is second-order accurate
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in both time and space. The standard Eulerian sediment transport equation [16,18–21] is solved by
using a second-order explicit method of central difference in space and two-step Adams–Bashforth in
time [19], and the resulting sediment transport model is second-order accurate in both time and space.

To better understand the dynamics of shallow water and sediment transport in practice, the
shallow water model [19] is further improved by accounting for wind velocity on the water surface for
the effects of wind stress on the flow velocity. Specifically, the wind friction coefficient is determined
based on an empirical function using water depth and wind speed, and the atmospheric shear
stress at the air-water interface is calculated based on the air density, wind friction coefficient, and
wind speed [22,23]. In addition, the current model is further developed to simulate bed topography
evolutions based on sediment deposition and resuspension rates [24], which can provide very useful
information for sedimentation management and developing dredging strategies in lakes and reservoirs.

3. Implementation of the Numerical Model

3.1. Shallow Water Model

The water depth in surface water systems such as rivers, lakes, and reservoirs is typically
much smaller than the horizontal scale, and the flows are characterized by horizontal motions.
The hydrostatic assumption is often used to replace the momentum equation in the vertical direction
and the vertical acceleration terms are ignored in 2D shallow water equations.

A typical water column is defined in Figure 3, where h(x,y) is the water depth measured from
the undisturbed water surface, η(x, y, t) is the water surface elevation, and H is the total depth of the
water column, where H = η + h.
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The model uses a semi-implicit finite difference method on a non-body-fitted staggered Cartesian
grid, which has been widely used in shallow water applications with proven accuracy [14,15,19,25].
In this study, the model is further developed by including depth-averaged wind stress terms to account
for the effects of wind on the flow velocity. The shallow water equations with wind stress terms have
the following form [10],

∂η
∂t +

∂[(h+η)u]
∂x + ∂[(h+η)v]

∂y = 0
∂u
∂t + u ∂u

∂x + v ∂u
∂y + g ∂η

∂x = −γu + f v + βx
∂v
∂t + u ∂v

∂x + v ∂v
∂y + g ∂η

∂y = −γv− f u + βy,

(2)
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where u(x, y, t) and v(x, y, t) are the depth-averaged velocities components in the x- and y-directions,
h(x, y) is the water depth measured from the undisturbed water surface, η(x, y, t) is the free surface
elevation also measured from the undisturbed water surface, g is the gravitational acceleration, f is
the Coriolis frequency, βx and βy are the depth-averaged wind stress terms in the x and y directions,
and γ is the bottom friction coefficient defined as [10],

γ =
g
√

u2 + v2

C2
z (h + η)

, (3)

where Cz is the Chezy friction coefficient, which is defined as [10],

Cz =
1
n

H
1
6 , (4)

where n is the Manning’s roughness coefficient, H is the total water depth defined as

H = h + η, (5)

The method to determine the wind shear stress is by this expression [23],

τw = ρaCdu2
a, (6)

where τw is the wind shear stress, ρa is the air density, ua is the wind speed, and Cd is the atmosphere
drag coefficient appropriate for wind referenced to a height of 10 m, which is determined based on
experiments [22],

Cd =

(
0.4

16.11− 0.5ln(H)− 2.48ln(ua)

)2
, (7)

The depth-averaged wind shear stress terms can be expressed as [10]

βx = τw cos θ
ρw H

βy = τw sin θ
ρw H ,

(8)

where ρw is the water density, and θ is the wind direction measured counter-clockwise from the east.

3.2. Sediment Transport Model

The sediment transport model is developed based on the Eulerian transport model including the
deposition and resuspension effects. The model has been widely used in sediment transport studies
with proven accuracy. The description of the model can be expressed as [16],

∂(CH)

∂t
+

∂(uCH)

∂x
+

∂(vCH)

∂y
=

∂

∂x

(
εH

∂C
∂x

)
+

∂

∂y

(
εH

∂C
∂y

)
+ FR − FD , (9)

where C is the depth-averaged suspended sediment concentration, ε is the diffusion coefficient, FR is
the resuspension rate and FD is the deposition rate.

The deposition rate FD is given as [19],

FD =

{
wsC |τb| < τcd
0 |τb| ≥ τcd

, (10)
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where τcd is the critical deposition shear stress and τb is the bed shear stress. When |τb| is larger or
equal to τcd, the deposition rate is zero. When |τb| is less than τcd, deposition happens. The settling
velocity, ws, is calculated based on Stokes Law [26] for spherical particles given as,

ws =
(ρp − ρw)D2

p

18µ
g , (11)

where ρp is the density of sediment particle, ρw is the density of water, Dp is the diameter of the
sediment particle and µ is the dynamic viscosity of water.

The resuspension rate is calculated as [25],

FR =

{
a( |τb |

τce
− 1)

b
|τb| > τce

0 |τb| ≤ τce
, (12)

where τce is the critical erosion shear stress, a is the erosion rate constant and b is the erosion exponent.
a and b are case-dependent parameters which can be determined by experiments. When |τb| is larger
than τce, resuspension occurs. When |τb| is less or equal to τce, the resuspension rate is zero. When
τcd ≤ |τb| ≤ τce, both the deposition rate FD and resuspension rate FR are zero, which means neither
deposition nor erosion occurs.

The bed shear stresses are calculated as [27],

τb = ρwCbV|V|, (13)

where V is the flow rate vector, |V| is the norm of V, and Cb is the bed friction coefficient defined as

Cb = gn2H−1/3, (14)

where n is the Manning’s roughness coefficient, and H is the total depth.
The bed topography evolution is calculated based on the deposition and resuspension rates

as [28],
∂zb
∂t

= − 1
ρb

(FR − FD), (15)

where zb is the bed displacement and ρb is the dry bulk density. The equation can be solved by the
forward Euler method, and the accumulated bed displacement can be determined by summing the
bed displacement at each time step.

To solve the sediment transport equation, Equation. (9), a second-order explicit method of central
difference in space and two-step Adams–Bashforth in time is used [19], which is not restrictive for
simulations in lakes and reservoirs based on previous and current studies.

In summary, Equation (2) solves the general motion of the water using the shallow water model.
Equation (10) and Equation (12) solves the deposition rate and the resuspension rate, which are two
key variables for the sediment transport model of Equation (9). Once we have the water velocity
components, the total water depth is solved from the shallow water model and the deposition or
resuspension rate calculated, the sediment transport model of Equation (9) can be solved. On the other
hand, Equation (15) solves the bed displacement based on the deposition rate and resuspension rate.

4. Results and Discussions

4.1. GOCI-Retrieved TSM Distributions

Using the method of atmospheric correction algorithm and the regional TSM model following
Equation (1), the coefficients α and β are found by curve fitting cruise measured TSM data on
26 July 2017. Figure 4a shows the resultant linear regression of the empirical TSM algorithm.
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After recalibration, α and β are 0.61 and 1.43 respectively. The cruise TSM data measured on Lake
Taihu in July 2017 and Rrs at the GOCI bands indicate a good correlation between the TSM on the
logarithmic scale and the band ratio of Rrs at 745 nm over 490 nm with a correlation coefficient of
0.85. Figure 4b shows the comparison of the experiment data and both TSM algorithms before and
after the recalibration of the α and β, with the root mean square errors (RMSE) of 2.83. The black
square indicates the experiment data from cruise, the red triangle shows the resultant TSM using
the coefficients of reference, and the blue diamond is what we get after the coefficients are changed.
It clearly shows the TSM is much larger than the cruise data using the original coefficients.
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Figure 5 shows the resultant monthly average TSM concentration in Lake Taihu retrieved by
GOCI in 2017. Each of these outcomes represents the TSM concentration results averaged from days
for a certain month. The color bar on the right indicates that the TSM concentration in Lake Taihu
ranges from 0 to 400 mg/l approximately. From the monthly TSM concentration results in the contours,
the high TSM region is southwest of the lake and is relatively low from January to March. From
February to May, the concentration increases and starts to move towards north. And then it decreases
and becomes the lowest in July. From July to December, the concentration increases again and keeps
filling the entire Lake Taihu from the north lakeshore.
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4.2. Model-Simulated TSM

The figures above show that remote sensing is very powerful for long time series TSM data.
But to study the short duration process of the TSM movement, simulations need to be done when
there are obvious characteristics of wind. Figure 6a shows the computational domain of Lake Taihu.
It is a rectangular staggered Cartesian grid and the area fits the water area of Lake Taihu. The size of
the computational domain is 82 km by 69 km. A grid size of ∆x=∆y=923.5 m is used based on
the resolution of GOCI data. The information of sediment particle is collected from experiment [4].
The particle size is 18 µm and density is 1.5 × 103 kg/m3. The main source TSM is from initial input
and resuspension. From our experiment in this paper, most of it is inorganic. Figure 6b shows the
relative location of the computation domain and wind velocity data from ECMWF. The blue points are
the locations of the wind data from ECMWF and the values are projected to the computational grid
points using bilinear interpolation.
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Figure 6. (a) Computational domain of Lake Taihu and (b) Relative location of the computation domain
and wind velocity data from European Centre for Medium-Range Weather Forecasts (ECMWF).

To simulate the sediment transport and sedimentation under wind effect, the time window is
considered based on the wind when it has strong characteristics. The case study began March 5 and
lasted for 10 days when the wind is mostly east but changes periodically between north and south.
Figure 7a shows the average wind history of the entire month of March above the area of Lake Taihu.
The red line and blue line represent the U and V component wind velocity respectively. Day 0 means
March 5. Figure 7b,c show the resultant water velocity contour and vector after 5 days and 8 days
respectively. Due to the complicated topography of eastern Lake Taihu, the water flow circling is
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mainly determined by the west part of the lake. When the wind is southeast after 5 days from the
beginning, the flow moves clockwise and velocity is large relatively. When the wind is northeast after
8 days, the flow change direction is anticlockwise but it is relatively weak. After this 10 day period,
the TSM distribution is simulated and Figure 8 shows the results.

Figure 8a is the initial TSM concentration distribution at the beginning of the retrieved GOCI
simulation. The high TSM concentration area is at the southwest part of the lake and highest close to
the lakeshore. Figure 8b represents the distribution after 10 days calculated from the GOCI data, while
Figure 8c shows the simulation result after 10 days. Due to the dominant clockwise flow, the TSM
concentration results from the simulation under wind effect shows that it is even higher at the lakeshore
and the highest TSM region spread to the entire southwest lakeshore. The same results can be found
from the GOCI results after 10 days. Both from observation and simulation, the trend of the TSM
concentration is to gather along the entire southwest lakeshore. Overall, the spatial distributions of the
model simulated TSM are consistent with the GOCI observations.
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4.3. Sedimentation in Lake Taihu

Figure 9 shows the bed displacement result from the simulation. In general, the sedimentation is
positive in almost all the area of the lake. The greatest deposition is as large as 0.1 meter in this 10 day
period simulation. This means the deposition rate is greater than the resuspension rate, which means
that most of the time the shear stress created by the wind is less than both the critical resuspension
shear stress and the critical deposition shear stress. The location of where the large amount of the
deposition happens can be explained by incorporating the velocity and TSM concentration results
in Figures 7 and 8. There are two different situations where sedimentation occurs. One is where the
velocity is always low and the TSM concentration is not the highest, giving a large deposition rate,
such as the zigzag lakeshore at the east and north of the lake, as well as the area around the mid-lake
island. The other one is that the concentration is the highest and velocity is large most of the time,
such as at the southeast lakeshore. This agrees with the equation from Equation (10) to Equation (15).
Either the large concentration or the deposition duration will result in a relatively big deposition in
total, so long as it fits the deposition condition.
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5. Conclusion

Remote sensing data from GOCI has been processed using the UV-AC atmospheric correction
algorithm and the empirical TSM model to obtain the monthly averaged TSM distribution in Lake
Taihu. It indicates that the TSM concentration in Lake Taihu ranges from 0 to 400 mg/l. The high TSM
concentration region is clearly shown in each month. The empirical TSM algorithm for Lake Taihu was
established by recalibrating the coefficients of our previous algorithm developed for Hangzhou Bay.
After recalibration, α and β are 0.61 and 1.43 respectively for Equation (1). Moreover, a hydrodynamic
and sedimentation simulation has been completed, which uses wind conditions provided by ECMWF
and the GOCI-retrieved TSM data. A case starting March 5 and running for 10 days is presented
in this study. The simulation shows good agreement of the TSM between GOCI observation data
and simulation results. The trend of the TSM concentration is to gather to the entire southwest
lakeshore, both from observation and simulation. In addition, the final sedimentation results show a
very rationale topology, which is matched by the theoretical equation with velocity and TSM results.
The sedimentation happens mostly where the velocity is always low, such as at the zigzag lakeshore
at the east and north of the lake, as well as the area around the mid-lake island and where the
concentration is the highest, such as at the southeast lakeshore. This indicates that either the large
concentration or the deposition duration will result in a relatively big deposition in total, as long as it
fits the deposition condition. It reveals the dangerous locations that need to be observed and desilted.

We have succeeded in estimating the sedimentation on the bottom bed of Lake Taihu using a
numerical simulation combined with geostationary satellite ocean color data. However, there is still
some room for improvement in our work. The parameters in our TSM algorithm are based on the
experimental results from a research cruise in July 2017. Limited by the in-situ data, we cannot obtain
experiment data covering different seasons. However, changes to the parameters for different seasons
will obtain more accurate TSM retrieval. Therefore, we are planning to do another field measurement
in a different season and at locations where the TSM is potentially high. On the other hand, river input
and output are neglected as the wind driven current is dominant for the change of TSM in this 10-day
short term simulation. As a fact, adding river data into the simulation is our near-term target and we
believe it will be more realistic and beneficial for a long term simulation.
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