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Abstract

:

Suburban railways in megacities exert a pivotal role in propelling urbanization and shaping urban agglomeration. However, previous study endeavors have overlooked the transformations occurring in urban expansion along suburban railways, with a particular dearth of attention on the spatio-temporal evolution of landscape ecology and urban function. Therefore, this study employs the megacity of Beijing as an example. It utilizes remote sensing and point-of-interest (POI) data spanning from 2008 to 2022 to construct an indicator system from two essential dimensions: urban form and function. We explored the spatio-temporal characteristics of alterations in urban expansion within the gradient buffer zone adjacent to the suburban railway network in Beijing. The results showed that: (1) The rates of urban expansion were highest in 2008–2013 and lowest in 2013–2018; moreover, suburban railways had the greatest impact on the built-up area within 2–4 km along the route, and the impact gradually decreased beyond 4 km. (2) The direction of urban expansion shifted northward in the direction of latitude and eastward in the direction of longitude from 2008 to 2022, with the shift in latitude being more distinct. (3) The number of urban functions gradually increased from 2008 to 2018, but the number of medical services suddenly increased and the number of other urban functions decreased from 2018 to 2022; in addition, urban functions other than scenic spots were mainly distributed in the main urban areas, with very few clusters distributed near stations. (4) The landscape shape index became more irregular and fragmented from the center along the route to the edge of the buffer zone from 2008 to 2013, and the degree of fragmentation was highest in the 2–4 km buffer zone. In summary, this paper analyzes the spatio-temporal characteristics of urban expansion along suburban railways through four indexes, namely expansion rate, expansion direction, urban function, and landscape shape, and the results of this study are of great significance to the development and planning of suburban railways in megacities.
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1. Introduction


With the acceleration of urbanization, China’s urban population has experienced decades of rapid growth, and a number of megacities have emerged one after another. This has been accompanied by an overconcentration of population in urban areas, which puts increasing pressure on urban and regional transport systems [1]. As a swift and highly efficient mode of transportation, suburban railways assume a paramount role in alleviating traffic gridlock and expediting regional advancement [2,3]. Over the course of the previous two decades, virtually all of China’s burgeoning metropolises have embarked on the expansion of their suburban rail transit systems. This is particularly evident in economically flourishing domains like the Yangtze River Delta and the Pearl River Delta [4]. Notably, even the recently proclaimed megacities of Chengdu and Wuhan, as of the conclusion of 2022, have set forth ambitious plans for the development of their own suburban rail transit networks [5]. Therefore, the construction of suburban railways and urbanization promote one another, and studying the spatio-temporal characteristics of urban expansion along suburban railways is of great significance to the development and planning of suburban railways in megacities.



Urban expansion represents a form of land augmentation characterized by a lack of organization, low population density, and a monofunctional disposition in the trajectory of urban evolution [6]. As the twentieth century commenced, numerous scholars embarked upon the exploration of urban expansion [7]. In the domain of quantitative analysis, inquiries into urban sprawl, under the purview of geography and utilizing spatial analytical instruments [8,9], predominantly assess this phenomenon concerning land magnitude and spatial morphological attributes [10]. This approach juxtaposes variations in land cover, encompassing their quantity, typology, and geospatial distribution, in order to delineate the contours of urban expansion [11]. In recent years, with the innovation of the geographic information system (GIS) and spatial statistical techniques, the driving forces, prediction, and modeling of urban expansion have become hot research topics [12]. Several scholars have modeled the dynamics of land cover maps to find the driving forces affecting urban expansion in order to understand its dynamic mechanisms [13,14,15,16]. In addition, in terms of research methodology, scholars have also begun to analyze urban spatial structure characterization by combining spatial processing tools of remote sensing imagery and GIS with evaluation indicators in the analysis of urban expansion [17]. Currently, the most common evaluation indicators include urban expansion indicators and their derivatives (landscape indicators) under the impact of land cover transformation [18]. Urban expansion indicators, especially the rate of urban expansion, are a direct reflection of urban expansion to some extent [19]. Fragstats-based landscape indicators, such as patch shape index, landscape richness index, and landscape dominance index, are often used to explore urban patterns at different scales [20]. Despite the significant impact of the above studies on the field of urban expansion, most studies have focused on urban expansion processes within municipal boundaries, while urban expansion processes within the gradient buffer zones along suburban railways have rarely been examined, especially through the analysis of joint multidimensional urban expansion indicators.



Different from other modes of transport, suburban railways usually connect the core area of a city with its suburbs or satellite towns or even the entire metropolitan area, which, further to the city’s mainline railways [21] and together with subways and light railways, constitute the rail transit system of megacities [22]. Since 1979, China has witnessed the emergence of eight megacities with global influence, such as Beijing, Shanghai, and Shenzhen, each with a population of more than 10 million in their central urban areas [23]. However, megacities transcend the dimensions of mere urban centers both in populace and in the intrinsic characteristics of their land cover and transportation modalities, a transformation attributed notably to the phenomenon of agglomeration [24,25,26]. It is imperative to underline that the land space composition pattern of China’s megacities differs greatly from that of foreign metropolises [27]. The proportion of industrial land in China’s megacities exceeds that of other cities [28,29]. As megacities progress beyond the industrialization phase and transition into an era defined by a service- and innovation-driven economy, the preeminent theme in urban land development transmutes from “expansion” to “convergence and agglomeration” [30,31]. Concerning the domain of transportation, the city influences regional mobility and resource distribution through the amalgamation of diverse land cover attributes. Transport facilities, in improving regional accessibility, at the same time counteract the selection of land properties, forming a “circular feedback mechanism” of transport and land cover [32], as well as a coupling relationship and interactive effects. From the related literature, we found that a large number of scholars have determined the significant impact of rail transit on urban structure form and function mainly through a variety of qualitative and quantitative methods [33,34]. Railway commuting constitutes a prevalent practice, particularly prominent in European nations such as the United Kingdom and Germany. During the latter decades of the preceding century, innovative concepts for the reconfiguration and repurposing of antiquated railway tracks, coupled with the preservation of architectural treasures like bridges and tunnels within urban and suburban settings, were applied across various European domains [35]. As commuter patterns gravitate towards the periphery of urban areas, the emergence of novel expansion zones, often referred to as “sprawl,” represents a transient phase within the continuous urban proliferation narrative [36,37]. It is worth mentioning that rail transit systems have an equally significant impact on the urban form and expansion process in megacities [38]. Compared with other cities, Beijing is one of the first megacities to plan and build suburban railways, and it is also one of the fastest growing cities in terms of suburban railways. The Beijing suburban railway is a realistic need for the development of the Beijing–Tianjin–Hebei metropolitan area to a certain stage, and it is also of great significance for the development of an integrated rail transit network to promote Beijing–Tianjin–Hebei synergy.



In summary, suburban railways are important connecting corridors that influence urban expansion and changes in regional patterns, so the focus of this paper is to investigate the regional expansion process of megacities affected by suburban rail transit systems, especially in a rapidly urbanizing country like China. Currently, many studies have considered the impact of rail transit on urban expansion. Nevertheless, the majority of these studies have directed their attention towards within the vicinity of railway stations or the internal urban structural elements, and very few have explored the evolutionary characteristics of urban expansion along suburban railways [2,4,39]. Therefore, this paper explores the regional impacts of suburban rail transit along suburban railways in Beijing, a megacity in China, as an example, and analyzes and compares the spatio-temporal characteristics of urban expansion along four suburban railway lines using multi-source remote sensing data over the time spans of 2008, 2013, 2018, and 2022. Combined with multidimensional analysis of urban expansion indicators, the spatio-temporal differences in expansion rate, expansion direction, urban function, and landscape indicators from the center along the railway to the edge of the buffer zone are explored, and the expansion characteristics within the gradient buffer zone along the railway are further analyzed. According to the needs of urban development, the integration of suburban lines as an integral part of the city needs to be realized [24]. Therefore, the findings of this paper are of great significance for the development and planning of suburban railways in megacities.



This study aims to address the following questions: (1) What are the characteristics of spatial and temporal differences in urban form under gradient buffer zones along suburban rail lines in megacities? (2) What are the characteristics of spatial and temporal differences in different urban functions under gradient buffer zones along suburban railways in megacities? The fundamental purpose is to explore the characteristics of urban expansion along suburban railways in megacities during China’s rapid urbanization. This endeavor seeks to proffer valuable insight for urban planning and the adept administration of rail transit frameworks, fostering their synergetic coalescence with broader societal development paradigms.




2. Study Area


Beijing is the capital of China, a national central city, a megacity, a political center, a cultural center, an international communication center, and a science and technology innovation center [40]. As of 2020, Beijing had 16 districts under its jurisdiction, with a total area of 16,410.54 square kilometers. At the end of 2020, the resident population of Beijing was 21.893 million [41]. Beijing, located in the north of China, in the northern part of the North China Plain, and centered at 116°20′E longitude and 39°56′N latitude, is a world-famous ancient capital and modern international city [39].



With the rapid development of rail transit in China, suburban rail is also the focus of future urban rail transit construction in addition to intercity and urban rail. Taking Beijing as an example, this paper analyzes the spatio-temporal characteristics of urban expansion along suburban railways. As of February 2023, Beijing had four suburban railway lines in operation, including suburban railway line S1 (City Subcenter Line), suburban railway line S2, suburban railway line S5 (Huairou–Miyun Line), and suburban railway line S6 (Tongzhou–Miyun Line), with a total mileage of 369 km and a total of 24 stations in operation within the city area. The lines covered nine municipal districts and one adjacent county, namely Miyun District, Huairou District, Shun District, Changping District, Yanqing District, Chaoyang District, Tongzhou District, Haidian District, Fangshan District of Beijing City, and Huailai County of Hebei Province [42].



In the course of the implementation of the Beijing suburban railway project, the years 2008, 2013, and 2018 marked significant milestones representing the commencement of construction, the commencement of operation, and the full operational phase of each suburban railway, respectively. Currently, China is in a period of rapid development, and a five-year interval is sufficient to reflect the evolving dynamics of urban land use. Therefore, this paper employed the years 2008–2013, 2013–2018, and 2018–2022 as the corresponding periods for construction, commissioning, and operation in this study. Detailed information is shown in Figure 1.




3. Data and Methodology


3.1. Data


3.1.1. Data on Land Cover and Classification in Beijing


In order to study the spatio-temporal characteristics of the relationship between suburban railways and urban expansion in Beijing, this paper elucidates four important points in time to show their influential relationship. Firstly, remote sensing image data for the years 2008, 2013, 2018, and 2022 were obtained using satellites operated by the National Aeronautics and Space Administration (NASA) and the European Space Agency (ESA), as detailed in Table 1. Secondly, the 30 m resolution vector boundaries of Beijing were extracted from the National Basic Geographic Information Database, and the remote sensing images were preprocessed, fused, and spliced through the utilization of ENVI 5.3 software. A classification system was established based on the China Land Use Classification Standard (2022) and remote sensing images of current land use changes, which were mainly classified into arable land, forest land, grassland, watershed, building land, and unused land [43]. Thirdly, training samples from the study area using Google Earth were extracted separately for supervised classification and visual interpretation to identify the land use types of Beijing in 2008, 2013, 2018 and 2022. Fourthly, kappa coefficients and overall accuracy were calculated based on the confusion matrix to evaluate classification accuracy. According to the classification results, the kappa coefficients for these four years were 0.92, 0.96, 0.95, and 0.96, with overall accuracies of 94.94%, 97.63%, 97.53%, and 97.40%. Finally, ArcGIS Pro software was utilized for editing operations to identify the land cover classification of Beijing (Figure 2).




3.1.2. Other Basic Data


To explore the distribution of other basic data in Beijing, the following POI data were collected. First, Amap was used to obtain the data of each point of interest, such as medical services, science and education, scenic spots, and shopping services (Table 2), of which commercial services included shopping centers, general shopping malls, convenient supermarkets, etc.; science and education included schools, scientific research institutes, training institutes, etc.; medical services included general hospitals, sanitariums, pharmacies, etc.; and scenic spots included scenic spots, parks, city squares, temples, Taoist temples, etc. [44]. Second, Google Earth Pro software was used to obtain the data of 21 stations and 4 track lines of the Beijing suburban railway in 2022, which were saved as XML files. Finally, the data were imported into ArcGIS Pro software to carry out visualization and analysis.





3.2. Methods


The study was conducted in four steps. Firstly, it entailed comprehensive data preprocessing and establishment of the gradient buffer zone. Secondly, it developed a comprehensive indicator framework delineating urban expansion along the suburban railway, respectively in the dimensions of urban form (urban expansion rate, expansion direction, and landscape morphology) and urban function (medical services, science and education, culture, scenic spots, and shopping services). Thirdly, it identified the characteristics of spatio-temporal variations in urban expansion within the gradient buffer zone along the Beijing suburban railway. Finally, optimization strategies based on the above findings were discussed and proposed (Figure 3).



3.2.1. Division of the Buffer Zone


According to the 2020 National Report of Commuting Monitoring in Major Cities, the average commuting time in major cities across the country is 36 min, with four megacities, including Beijing, having an average commuting distance of more than 8 km and an average commuting time of up to 40 min. This is due to the fact that the larger the city, the larger the spatial area over which commuting usually takes place and the commuting time increases [45]. It is worth mentioning that China introduced the concept of “living circle” in the 1980s, proposing a 15 min community living circle within the community and neighboring areas [46], thus dividing the city into 20 min basic living circles [47,48], and integrating the concept of living circle into the analysis of the accessibility of rail transit [49]. Among them, suburban rail transit in megacities was distinguished from urban rail transit by assuming the main transport link between the central city and the suburbs, and the average station distance was generally 2–5 km. Thus, this paper also distinguished the delineation of buffer zones along the route from the previous delineation with a fixed interval of 500 m. This was due to the fact that in past studies, walking scale was considered to be an important yardstick for the spatial layout and morphology organization of the site area and was the main reference for determining the influence circle and the scope of the plan [50,51,52]. However, with the development of society, residents have become increasingly reliant on shared transport trips, and the planning of megacities has been dominated by large avenues and wide roadways, abandoning the earlier traditional community development patterns oriented to walking and public transit. Meanwhile, low-density, decentralized land cover patterns have led to a significant increase in shared electric bikes [53,54], but the vast majority of users are still focused on riding distances of less than 2 km [55]. Therefore, the pedestrian scale can no longer be used as the main reference for the delineation of suburban rail transit buffers [56,57]. In this study, in order to facilitate the description of the life radius of the impact domain along the railway lines, the suburban railway buffer zone was divided at a fixed interval of 2 km along the line on the basis of four buffer zones of 0–2 km (5 min riding distance), 2–4 km (10 min riding distance), 4–6 km (15 min riding distance), and 6–8 km (20 min riding distance) (Figure 4).




3.2.2. Analysis of the Spatio-Temporal Patterns of Urban Form Expansion


	
Urban Expansion Rate (UER)






To examine the rate of urban expansion, we used the indicator of urban expansion rate (UER) [31]. The UER can be used to represent the change in urban area per unit of time during different periods of railway construction. This is a key indicator for evaluating spatio-temporal changes in urban expansion along rail transit routes. The UER is defined as follows:


    U E R   ∆ T   =     U A   t + ∆ T   −   U A   t       U A   t     ∗   1   ∆ T   100 %  



(1)




where     U E R   ∆ T     is the urban expansion rate from time to time   t  ;     U A   t     and     U A   t + ∆ T     denote the urban area of the target unit at time  t  and the urban area at time   t + ∆ T  , respectively; and   ∆ T   is the interval between study cycles (in years).



	
Standardized Elliptic Difference






In order to further study the overall expansion direction and spatio-temporal trends of the built-up urban area, standard deviation ellipse analysis (SDE) was used. Based on the four-year urban built-up area within the buffer zone, SDE analysis allows for the calculation of the four parameters of the weighted standard deviation ellipse, including the center of the ellipse, the long axis, the short axis, and the azimuthal angle. The long half-axis of the ellipse represents the direction of the data distribution and the short half-axis represents the range of the data distribution. The larger the difference between the values of the long and short half-axes (the larger the squash), the more pronounced the directionality of the data. Whereas the azimuth is determined as the angle of clockwise rotation of the long axis of the ellipse with the x-axis as the reference and due north as zero degrees, the change in azimuth indicates the degree of change in the directionality of the data [43]. The exact formulas are shown below:


    cos  ⁡  θ   = ( A + B ) / C  



(2)






  A = (   ∑  i = 1   n      w   i   2       x  ¯    i   2   −   ∑  i = 1   n      w   i   2       y  ¯    i   2   )      



(3)






  B =  (   ∑  i = 1   n      w   i   2       x  ¯    i   2   −   ∑  i = 1   n      w   i   2       y  ¯    i   2   )     + 4   (   ∑  i = 1   n      w   i   2       x  ¯    i       y  ¯    i     )   2     



(4)






  C = 2   ∑  i = 1   n      w   i   2       x  ¯    i       y  ¯    i      



(5)






            x  ¯    i   =   x   i   −   x  ¯            x  ¯    i   =   y   i   −   x  ¯         



(6)




where   θ   is the orientation of the ellipse, indicating the angle to the long axis of the ellipse measured clockwise from north;       x  ¯    i     and       x  ¯    i     are the value of the deviation between the mean center and the center of the image element   i  , respectfully; and     w   i     is the weight. In this study,     w   i     means that the value   x   of the impervious surface fraction of the image element   i   and the standard deviation in the axial direction   y   are calculated according to the following equations:


          σ   x   =      ∑  i = 1   n      (   w   i       x  ¯    i     cos  ⁡  θ   −   w   i       y  ¯    i     sin  ⁡  θ   )   2         ∑  i = 1   n      w   i   2                σ   y   =      ∑  i = 1   n      (   w   i       x  ¯    i     sin  ⁡  θ   −   w   i       y  ¯    i     csc  ⁡  θ   )   2         ∑  i = 1   n      w   i   2               



(7)







	
GIS Center of Gravity Model






The center of gravity holds a pivotal role as a key metric in investigating urban expansion. It effectively illustrates the spatial and temporal distribution characteristics of construction land through the direction and distance of movement of the center of gravity. The direction and extent of the centroid’s movement served as indicators of the magnitude of alteration and spatial disparities within the buffer zone over the three distinct time spans: 2008–2013, 2013–2018, and 2018–2022 [14,58,59]. The center of gravity model can accurately determine the spatial evolution of each element by measuring the spatial movement direction and geometric distance of the center of gravity position of each indicator. The center of gravity coordinates are calculated as follows:


  X , Y =       ∑  i = 1   n      M   i     X   i         ∑  i = 1   n      M   i       ,     ∑  i = 1   n      M   i     X   i         ∑  i = 1   n      M   i          



(8)




where   ( X , Y )   is the center of gravity coordinates;     X   i     is the mass or weight of the plane   i  ;     X   i     is the longitude or coordinates of the point   i   of the plane; and     Y   i     is the latitude or coordinates of the point   i   of the plane. In other words,   ( X , Y )   is the geographic coordinates of the point   i   of the plane.



The direction of spatial movement of the center of gravity position,   θ  , in the year   t + 1   relative to the year   t   can be expressed as follows:


  θ =   θ   t + 1   −   θ   t   =     k ∗ π   2   +     tan   − 1    ⁡          y  ¯    t + 1   −     y  ¯    t         x  ¯    t + 1   −     x  ¯    t           ∗   180 °   π    



(9)




where   k = 0,1 , 2 ; θ ∈ ( − 180 ° , 180 ° )  ; east is   0 °  ; and the counterclockwise direction is positive.



The center of gravity position is shifted by a geometric distance. The geometric distance of the center of gravity position of the year   t + 1   relative to the year   t   can be expressed as follows:


  D = C ∗    (     x  ¯    t + 1   −     x  ¯    t   )   2   +   (     y  ¯    t + 1   −     y  ¯    t   )   2     



(10)




where   C   denotes the coefficient of conversion of the Earth’s plane rectangular coordinates   ( ° )   into actual distance   ( k m )  , taking the value of   111.111  .



	
Landscape Metrics






In this paper, Fragstats 4.2 software was used to calculate and de-correlate several landscape indices that characterized the landscape shape changes in this study area. Finally, eight landscape indices were selected to describe the urban expansion pattern along the Beijing suburban railway: patch density (PD), edge density (ED), landscape shape index (LSI), largest path index (LPI), patch-type cohesion index (COHESION), number of patches (NP), aggregation index (AI), and area-weighted mean Euclidean nearest neighbor distance (ENN_AM). Three of these landscape metrics were used to determine the stage of urban expansion, including patch density (PD), edge density (ED) and area-weighted mean Euclidean nearest neighbor distance (ENN_AM) [2]. Through the collation of related literature, it could be seen that the selection of the above indicators to characterize the urban expansion pattern along the Beijing suburban railway was based on the following:



The PD value is expected to increase during rapid growth of built-up urban areas, but may decrease if urban areas merge into a continuous urban fabric. The ED value is used to reveal the extent to which a landscape or type is divided by boundaries, and is a direct response to the degree of landscape fragmentation, with higher boundary densities reflecting higher landscape fragmentation. The LSI metric is a measure of landscape shape complexity, and LSI increases with shape irregularity. The LPI metric provides the total area occupied by the largest parcel as a percentage of the built-up area of the city, and will equal 100 when the entire landscape consists of a single patch. Given that cohesion (COHESION) is a measure of physical connectivity, the cohesion index increases over time, indicating that urban patches are more physically connected to subway construction. NP is the total number of patches of a given type contained in the landscape as a whole, and the number of patches is, to some extent, a measure of the degree of fragmentation of that particular patch type. The AI metric only considers similar adjacencies involving the focal classes, not adjacencies to other patch types. Maximum AI is achieved when the patch type consists of a single compact patch [44,60,61,62,63,64]. This paper pre-analyzed the changes and significance of the landscape index of the built-up areas within the Beijing suburban rail gradient buffer zone in 2008, 2013, 2018, and 2022 through the calculation results of the above landscape indexes, and correlated the value of each landscape index with the corresponding amount of urban expansion in the buffer zone.




3.2.3. Analysis of Spatio-Temporal Patterns of Urban Functional Expansion


POI data can reflect the level of urban functioning in an area over time [65]. In order to explore urban functioning over time, this study used the kernel density method to map spatial and temporal changes in urban functioning. Kernel density analysis utilizes a kernel function to calculate the density of the area surrounding the POI point elements and calculates the degree of clustering of the point elements throughout the study area based on the overall element input, resulting in a continuous density surface in the plane [34]. This method yielded the spatially distributed aggregation area of the four types of POI data within the 8 km buffer zone of the suburban railway for the years 2008–2022, and the kernel density calculation formula is shown below:


    f   n   ( x ) =   1   n   h   2   π     ∑  i = 1   n    K       1 −       x −   x   i       2   +     y −   y   i       2       h   2           2      



(11)




where     f   n   ( x )   is the kernel density value;   K   is the kernel function;     x   i     and     y   i     denote independently distributed number   i   of sample points;       x −   x   i       2   +     y −   y   i       2     is the distance between the sample points (    x   i    ,    y   i    ) and (  x , y  );   h   is the bandwidth; and   n   is the number of points in the sample range.






4. Results


4.1. Spatio-Temporal Characteristics of Urban Formation Expansion along the Beijing Suburban Railway


4.1.1. Rate of Urban Expansion in the Buffer Zone


Figure 5 illustrates the rate of urban expansion within various buffer zones along the Beijing suburban railway during three distinct time intervals: 2005–2013, 2013–2018, and 2018–2022. Remarkably, all three curves exhibited a gradual crescendo, peaking within the 2–4 km buffer zone. After reaching the peak, the rate of urban expansion experienced a reduction as the distance from the suburban railway increased. Within each different buffer zone, UER attained its zenith between 2008 and 2013. This indicated that during the planning phase, the Beijing suburban railway exerted the most substantial influence on the pace of urban expansion. Notably, this influence was more pronounced in the 2018–2022 period than in the 2013–2018 period.



Figure 6 shows the process of built-up area expansion within different buffer zones. Between 2008 and 2013, land cover along the Beijing suburban railway underwent significant changes. However, there were significant differences in the characterization of spatial expansion within different buffer zones. For example, in Figure 5, the process of urban expansion can be clearly observed within the 2–4 km buffer zone of the suburban line. New urban built-up areas were concentrated around some of the stations within a 2–4 km buffer zone. Within the 4–6 km buffer zone, additional urban built-up areas were also located mainly in the vicinity of the site but were relatively dispersed. In addition, the process of urban expansion was virtually independent of the administrative boundaries of the 2–4, 4–6, and 6–8 km buffer zones of the peri-urban routes. Within these buffer zones, the distribution of new urban areas occurred not only in the city center but also in the suburbs, indicating that urban expansion areas significantly impacted by suburban railway lines were located within the 2–4 km buffer zone along the railway. When the distance to the buffer zone along the railway was more than 4 km, the impacts became smaller and irregular.




4.1.2. Direction of Urban Expansion within the Buffer Zone


From Table 3 and Figure 7, it can be seen that the standard deviation ellipse area of the urban built-up area within the 8 km buffer zone of the Beijing suburban railway increased from 2008 to 2022. The standard deviation ellipse area had the highest growth of 88.90508 km2 between 2013 and 2018, followed by 73.655233 km2 between 2008 and 2013, and the least growth of 64.110655 km2 between 2018 and 2022. The growth was more significant in the long-axis direction and only slight in the short-axis direction. In addition, the azimuthal turn angle did not change much between 2008 and 2022, basically remaining at about 51°. The long axis of the standard deviation ellipse of the urban built-up area within the 8 km buffer zone of the Beijing suburban railway remained the same in the past 14 years, which developed along the southwest to northeast direction, and the spatial distribution of the urban built-up area of Beijing basically presented this pattern.



From Table 4 and Figure 8, it can be seen that the center of gravity of the standard deviation ellipse of the urban built-up area within the 8 km buffer zone of the Beijing suburban railway from 2008 to 2022 showed a localized shift, with the direction of latitude moving to the north and the direction of longitude moving to the east. From 2008 to 2013, the coordinates of the center of gravity of the built-up area shifted from (116.4683785°, 40.2179009°) to (116.4729132°, 40.2283607°), with the center of gravity shifting by 1.61 km at an angle of about 108.43°, moving in a northeast direction at a rate of 322 m/year, with a greater distance of shift. Between 2013 and 2018, the coordinates of the center of gravity of the built-up area shifted from (116.4729132°, 40.2283607°) to (116.4734047°, 40.2372073°), which was a shift in the center of gravity of 1.29 km at an angle of about 92.54° and a rate of 258 m/year. Both the offset distance and offset angle were reduced compared to between 2008 and 2013. Between 2018 and 2022, the coordinates of the center of gravity of the built-up area shifted from (116.4734047°, 40.2372073°) to (116.4756533°, 40.2417699°), which was a shift in the center of gravity of 0.71 km at an angle of about 110.44° and a rate of 178 m/year. In summary, it can be seen that the urban built-up area within the 8 km buffer zone of the Beijing suburban rail had the fastest offset speed and farthest offset distance from 2008 to 2013, followed by 2013 to 2018, and the slowest offset speed but largest offset angle from 2018 to 2022.




4.1.3. Landscape Gradient Analysis along Beijing Suburban Railway


Figure 9 shows the changes in landscape indicators within the gradient buffer zone along the Beijing suburban railway. The indicators for these four buffer segments were calculated using the 2008, 2013, 2018, and 2022 urban built-up areas. It can be clearly seen that four of the indicators (PD, ED, LPI, and AI) showed decreasing trends year by year in 2008, 2013, 2018, and 2022, with the most obvious fluctuation in the ED value and more moderate fluctuations in the other values, as shown in Figure 9A,B,D,H. Meanwhile, two indicators, LSI and COHESION, showed increasing trends from year to year, but the COHESION index decreased with the expansion of the buffer zone range, as shown in Figure 9C,E.



Prior to the construction of the Beijing suburban railway (BSR), the 6–8 km buffer zone in 2008 had the highest PD index (Figure 9A). This indicator decreased significantly during the route planning period, but the overall trend in this indicator was an increase with distance from the buffer zone. In 2022, the PD index was less in all buffer zones, with the 0–2 km buffer zone have the lowest value, and this index described the pattern of aggregation of patches under the gradient buffer zone.



In terms of the ED index (Figure 9B), the degree of boundary of built-up patches generally showed a decrease with buffer zone distance, with the index being highest in 2008 and decreasing over time, but the overall fluctuation in this value was the most significant.



The change in LSI illustrated the low complexity of the shape of the built-up area of the city center within the gradient buffer zone along the suburban railway. As shown in Figure 9C, the peak of LSI occurred in 2022. The LSI index for each buffer segment gradually increased from 2008 to 2022. This meant that as cities expanded, urban area patches became increasingly complex, especially within the 2–4 km buffer zone along the railway.



The LPI values (Figure 9D) for 2008, 2013, 2018, and 2022 were all highest and varied slightly within the 0–2 km buffer zone, and were lowest and generally fluctuated moderately in the 6–8 km buffer zone. There was also a trend of decreasing LPI values from year to year within the gradient buffer zone.



The COHESION values increased over time, indicating that urban patches were more physically connected to railway construction. As can be seen in Figure 9E, COHESION values were lowest in the 6–8 km buffer zone in 2008 and approached 100 in the 0–2 km buffer zone in 2022, which indicated aggregated characteristics along the gradient buffer zone after the suburban line was put into operation.



Changes in the ENN-AM index (Figure 9F) within the gradient buffer zone of the Beijing suburban railway (BSR) revealed the degree of agglomeration from along the tracks outward. The ENN-AM values in the 2–4 km buffer zone no longer decreased after line construction, indicating that the urban built-up areas were increasingly clustered along suburban railways as the city expanded.



As can be seen from Figure 9G, the degree of fragmentation of built-up area patches decreased with the expansion of buffer distance, with the highest NP index in the 2–4 km buffer zone, but the overall fluctuation trend was not obvious. It is worth noting that the NP index was highest in 2013 even under the gradient buffer zone.



From the AI index (Figure 9H), it can be seen that the degree of agglomeration gradually decreased with time; the index was minimized in the 6–8 km buffer zone, and the index peaked in the 0–2 km buffer zone. However, the fluctuations in the decrease in this index with increasing buffer zone distance were more moderate.





4.2. Spatio-Temporal Characteristics of Functional Expansion of Cities along Beijing Suburban Railway


4.2.1. Analysis of the Number of Urban Functions in the Buffer Zone in Terms of Percentage


According to Figure 10, the numbers of these four urban functions (shopping services, science and education, medical services, and scenic spots) within the 8 km buffer zone along the Beijing suburban railway can be seen in terms of the changes in the number and proportion in each year. Of these, the urban function of scenic spots increased most slowly and steadily over the four years, remaining at about 3% of the total. Similarly, the number of science and education facilities continued to increase, but the proportion fluctuated slightly, from 36% in 2008, then dropping to 21%, then rising again to 24% and finally stopping at 14%. Although the number of shopping services showed the most significant increase, at the same time, the proportion of this function was inversely related to that of the medical services function between 2018 and 2022, and the proportion of shopping services peaked at 64% in 2013 and eventually decreased to a minimum of 31% in 2022. It is worth noting that the number of medical services increased dramatically and reached 161,889 in 2022; furthermore, this urban function increased at a much faster rate than any other urban function and accounted for 53%, more than the sum of the other three urban functions.




4.2.2. Analysis of the Spatial Distribution of Urban Functions in the Buffer Zone


Based on the kernel density plots for the four urban functions under each year in Figure 11, it can be seen that:




	(1)

	
From the POI total kernel density map within the 8 km buffer zone of Beijing suburban railway in 2008, 2013, 2018, and 2022, the main urban area was centered on the intersection of the Huairou–Miyun Line and the urban sub-center line with a high density of spatial distribution and clear structural hierarchy. The city center radiated east to the West Tongzhou–Miyun Station of the Tongzhou–Miyun Line and north to the Huangtudian Station of the S2 Line. Several other high-density clusters were more randomly located but were also in close proximity to the stations;




	(2)

	
Comparing the temporal development of these four urban functions, it can be seen that the numbers of all four urban functions gradually increased from 2008 to 2018. While the number of shopping services was always the highest, the number of medical services increased sharply and suddenly from 2018 to 2022, while the numbers of the other three urban functions decreased to varying degrees;




	(3)

	
Comparing the spatial development of these four urban functions, it can be seen that the expansion of the urban function of shopping services was more rapid and the radiation was more obvious, while the function of science and education showed the opposite trend. From the perspective of spatial distribution, the distribution of the three urban functions other than scenic spots was mainly in the main urban areas, with very few clusters distributed near stations and the urban functions of shopping and medical services being the most significant. Densities along the railways were highest in the 2–4 km buffer zone and lowest in the 6–8 km buffer zone.












5. Discussion


5.1. Quantification of Urban Expansion along Suburban Railways


At present, the center of gravity of China’s urban development has gradually shifted from the central area with high development density to the suburbs, and the pressure of the “single core” in the central area of large cities, especially megacities, urgently needs to be relieved [15]. Rapid population and economic growth in megacities has driven urban expansion and made urban land cover more intensive and efficient. Therefore, it is difficult to identify problems with urban expansion if it is quantified solely on the basis of urban conditions [66]. As megacities will face greater land supply difficulties and environmental constraints, more efficient and highly targeted transport system standards should be formulated. Suburban railways are an important means of transport between urban centers and their surrounding towns and cities, so it is particularly important to study the spatio-temporal dynamics of urban expansion along suburban railways. However, quantifying such a complex spatio-temporal process is a challenge. Our study establishes a framework of urban expansion indicators and landscape metrics to quantify the spatio-temporal evolution of urban expansion along suburban railways in megacities.



The system of indicators in this study was based on the core connotation of urban expansion along suburban railways, which was carried out in two dimensions: urban form and function. In previous literature on the spatio-temporal characteristics of urban expansion, most studies analyzed two dimensions: urban form and landscape shape. Among them, the rate and direction of urban expansion are the two most commonly used indicators to characterize the evolution of urban spatial form [67], and these indicators are used to calculate urban spatial form characteristics such as shape, agglomeration, and compactness [68]. The evolution of the spatial form of a city can clearly portray the advancement of urbanization and also affect the sustainable development of the city [69]. Landscape shapes include patch density (PD), edge density (ED), and area-weighted mean Euclidean nearest neighbor distance, which quantify the degree of fragmentation of the urban landscape [45]. It is worth mentioning that combining landscape metrics with gradient analysis can better characterize the complex spatial dynamics of urban expansion along transport corridors [4], and this paper needed to take into account the special characteristics of suburban railways. Therefore, density studies of urban functions were included, and urban expansion was characterized by low density or a tendency for density to decrease over a period of time [70]. For the choice of data type, we used POI data from electronic maps to reflect the distribution of urban functions. The density distribution of POIs can be used to effectively identify urban boundaries and explore the impact of different land cover attributes along transport corridors [71,72]. Meanwhile, in order to minimize the overlap between various urban functions and to facilitate analysis of the refined urban function forms and their expansion, this paper finally selected four categories of urban function for the analysis of urban expansion along suburban railways [30].



In summary, due to geographic conditions, spatial distance, and development stage, urban expansion within the gradient buffer zone along the Beijing suburban railway presented different spatial development characteristics. Therefore, the selection of multidimensional urban expansion indicators and the multi-scale scope of the study enabled a more significant analysis of the spatio-temporal characteristics of urban expansion along suburban railways.




5.2. Urban Expansion along Suburban Railways


Global experience has shown that growing megacities also often experience significant changes in their functional and spatial patterns [73], especially in China’s megacities [74]. It has been demonstrated that urban expansion increases the demand for transport to the urban fringe, while improved transport conditions will in turn affect the city by enhancing the accessibility of the urban fringe, which in turn triggers the evolution of the land-use structure and promotes faster outward development of the city [75]. Therefore, this study analyzed the spatio-temporal characteristics of urban expansion along suburban railways, using the megacity of Beijing as an example.



In this study, we used various indicators to measure the spatio-temporal pattern of urban form expansion along suburban railways under different time periods, which is important for examining the temporal effects of suburban railways. According to the results, urban expansion within the buffer zone along the Beijing suburban railway line reached its highest rate in 2008–2013 and had the greatest impact on the area between 2 and 4 km of the lines, while the urban patches became more complex, irregular, and dispersed. From 2013–2018, urban expansion rates were lowest along the railway lines, but the numbers of urban functions continued to rise in all four categories. In addition, the fragmentation of the urban area was highest in the 2–4 km buffer zone and decreased to a minimum in the 6–8 km buffer zone. Unlike railway systems in other countries, China’s suburban railways are predominantly the result of transforming the existing historical railways, characterized by wider tracks and at-grade intersections with the surrounding land; in contrast, subways are mostly based on underground transportation [76].



Compared to urban rail transit systems such as subways and light rails, suburban railways wield a substantially more extensive spatial influence. While the typical metro line stretches less than 50 km in length, suburban rail lines span from 50 km to 100 km onwards. This is coupled with more extensive distances between stations; the average inter-station spacing on suburban rail lines greatly surpasses that of subways, typically ranging from 2 to 5 km, as opposed to the 1 km average seen in subways. Furthermore, they boast higher transport capacity [22,77]. As a consequence, the construction process necessitates larger areas for isolation and buffering. The convergence of ecological corridors with suburban railways creates ecological breakpoints, severely impeding species migration and dispersion [78]. As evident in Figure 12, protective isolation nets are prevalent along the Beijing suburban railway, which have a significant effect on urban development and landscape ecology. Consequently, this leads to a notable degree of landscape fragmentation within the 2–4 km buffer zone. Furthermore, the reduced rate of Beijing’s urban expansion also impacts the extent of urban fragmentation. The research results showed that the fragmentation rate decreased to the lowest level within the 6–8 km buffer zone along the route, consistent with previous research findings [79]. The number of city functions other than health care declined from 2018–2022. At the same time, it could be observed that significant changes in urban functioning occurred in the vicinity of the stations, rather than in the city center. This was due to the fact that the demand for suburban rail transit influences urban planning along railways, which in turn guides urban expansion around suburban rail stations [4]. Throughout the study period, the direction of urban built-up area expansion shifted northward in the latitudinal direction from 2008 to 2022 and the shift was more pronounced. It is worth noting that the southern part of Beijing is highly developed, and the area that has space to further develop in the future is the north [80]. This was consistent with the construction direction and operation time of the Beijing suburban railway, indicating that the spatio-temporal characteristics of urban expansion in the built-up areas along the suburban railway showed a close relationship with its development and construction.



Second, this paper characterized the spatio-temporal features of urban expansion within the suburban railway buffer zone in terms of function by conducting a density study of urban function. It is worth noting that the POI data for 2018–2022 showed a significant change from the previous two periods, for which the global COVID-19 outbreak since the end of 2019 needs to be taken into account for the sudden increase in the number of medical services in the buffer zone along the railway (Figure 13). According to epidemiological data, local public policies such as social distancing initiatives, the use of masks, and economic blockades played a decisive role in the control of COVID-19 [80], while cases generated through public transport played an important role in the transmission of COVID-19, and connectivity and distance between infected areas and destinations were important determinants of transmission risk [81]. Therefore, the shutdown of suburban railway lines undoubtedly created a huge resistance to social development during the epidemic, which ultimately led to a decline in the number of functions of the city, except for the health care function. During the period when the Beijing suburban railway lines were out of service, the number of scenic spots and attractions within the buffer zones along their routes declined slightly and fluctuated slightly, while the number of shopping services declined the most, followed by science and educational facilities, a phenomenon that cannot be ruled out due to the retreat of the real economy and launch of the “double reduction” policy in recent years. With the implementation of the “double reduction” policy, all regions of the country are actively exploring new modes of public service provision for compulsory education in this context, especially in the form of after-school services; however, the lack of effective guidance from the government to out-of-school training institutions [82] and other factors ultimately led to a decline in the functions of culture and education.



In response to the spatio-temporal characteristics of the urban expansion of the Beijing suburban railway, as mentioned above, the following development strategies are proposed: (1) Construct suburban railway ecological corridors since the suburban railway, as an artificial corridor, has caused the fragmentation of the regional landscape’s ecological pattern, which affects regional ecological security. The construction of a green transport corridor coordinated with the ecological and social environment of the road area, and good greening and protection projects of the suburban railway have great significance for the enhancement of the spatial planning of the suburban railway [83]. (2) An information network space can be established by means of traffic centered at functions for urban spatial planning. Future rail transit stations will become the basic spatial unit of the organization of information flow convergence and decision-making management; entity, virtual body functional elements, and flow space in the “basic network + multiple nodes” can re-direct information convergence. Whether culture and leisure, eco-tourism, or government service functions, a reasonable division of labor and organic interaction between the center and periphery should be realized on the basis of the polycentric geospatial structure of “network + nodes” [84]. (3) Coordinate the development of suburban railways with intercity rail transit. In order to build an efficient and open integrated comprehensive transport system, the construction of intercity and suburban rail transit networks can be planned in an integrated manner. From the extent of the center of gravity shift in Beijing’s built-up area and its development status, some provincial areas around Beijing have developed factual commuter demand. In the future, Beijing’s urban, comprehensive transport, and rail transit network planning must focus on the trans-regional metropolitan area [85], forming a land development and suburban rail transit-guided urban development pattern that is conducive to the development of public transport.




5.3. Limitations and Future Research Directions


By analyzing the spatio-temporal characteristics of urban expansion along Beijing’s suburban railways, this paper reinforces the perception of urban expansion in megacities and provides valuable insight into suburban rail transit and urban expansion in China, but it is not without its limitations. Firstly, the findings of this paper are not necessarily applicable to urban expansion characteristics along suburban railroads in all megacities at home and abroad. In the future, it is essential to undertake a comprehensive investigation encompassing all suburban railways within a megacity cluster, rather than focusing solely on the suburban rail systems of an individual city or a select few. The expansion of megacities at different stages of development shows obvious differences, and studying urban expansion along all suburban railways in megacities helps to explore the mechanisms of urban expansion influenced by their rail transit systems.



Secondly, due to the high frequency of land cover changes in Beijing, using four-year intervals may not capture more detailed temporal changes in urban expansion along suburban railways. Shortening the inter-annual interval and lengthening the time span of the analysis allows for a more detailed understanding of the temporal characteristics of how suburban rail and even public rail transit impacts urbanization, which can help to understand the evolution of urban expansion within the public transit buffer.



Thirdly, the multi-source data used in this paper were not perfect due to data availability, such as point-of-interest data in the buffer zone. POIs are all abstract points without area, volume, and shape, which do not reflect the scale and intensity of the industry, and the location of the point deviates to some extent from the real location of the industry [86]. Therefore, the degree of urban expansion in the buffer zone can be analyzed in conjunction with the calculation of the urban sprawl index (USI) and, at the same time, field research should be undertaken to further coordinate and correct the POI data obtained from e-maps.



Finally, cities are complex systems characterized by multiple heterogeneities, and multidimensional indicators of urban expansion can provide a more comprehensive picture of the spatio-temporal evolutionary characteristics of urban expansion or urbanization. Therefore, this paper only studied the spatial characteristics of urban expansion along suburban railways and did not expand socio-economic and other factors, which is not conducive to an accurate and comprehensive grasp of the interaction between urban expansion and suburban railways and their evolutionary patterns. In the future, we can try to apply more dimensional evaluation indicators such as demographic and economic indicators of suburban railways in different regional scopes. Combining urban spatial indicators with these two types of indicators to construct a more complete evaluation system will provide more valuable insight for understanding the evolution of urban expansion along suburban railways.





6. Conclusions


Understanding the growth patterns of megacities contributes to a better understanding of the global urbanization process in order to manage its growth [87], which is an important step towards global urban sustainability. However, the formation of megacities is not only reflected in planning but also in sharing various types of infrastructure, especially transport facilities. In recent years, with the national policy to support the construction of suburban railways and the introduction of a series of standards for suburban railways, the Beijing suburban railway is a realistic need for the megacity of Beijing to reach a certain stage of development. Therefore, taking the megacity of Beijing as an example, using remote sensing image and point-of-interest data in 2008, 2013, 2018, and 2022, and applying the standard deviation ellipse, the GIS center of gravity model, kernel density analysis, and landscape shape indexes, this paper investigated the spatio-temporal characteristics of urban expansion changes in the buffer zone along the Beijing suburban railway. In analyzing the urban form and function and landscape indexes within the buffer zone along the suburban railway, the specific conclusions are set out below:



First, the rate of urban expansion within the 8 km buffer zone of the Beijing suburban railway was highest during the planning period (2008–2013) and lowest during the construction period (2013–2018). In addition, the suburban railway had the greatest impact on built-up areas along 2–4 km of the route, with impacts diminishing after 4 km.



Second, within the 8 km buffer zone of the Beijing suburban railway, the expansion direction of the built-up area of the city shifted northward in the direction of latitude and eastward in the direction of longitude since 2008–2022, and the latitudinal direction shifted more obviously. The fastest rate of offset was during 2008–2013, at a rate of 322 m per year.



Third, in terms of landscape indicators, the degree of fragmentation in the built-up area was highest in the 2–4 km buffer zone and decreased to its lowest in the 6–8 km buffer zone. The PD, ED, LPI, and AI indicators showed a decreasing trend from year to year, while the LSI and COHESION indicators gradually increased, but the COHESION index decreased with the expansion of the buffer zone.



Finally, in terms of urban functions, the number of medical services surged in 2018–2022 while the numbers of the other three urban functions declined. The three urban functions other than scenic spots were mainly located in the main urban area, with very few clusters located near stations. The functions were distributed at the highest density in the 2–4 km buffer zone and at the lowest density in the 6–8 km buffer zone.



In summary, these findings contribute to a better understanding of the way urban expansion evolves within the gradient buffer zone along suburban railways and to the formulation of sustainable development planning strategies and urban transport policies for relevant authorities to achieve healthy, green, and sustainable development of urban transport.
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Figure 1. Study area. 
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Figure 2. Land cover classification map of Beijing at different periods. (a) Beijing land cover classification map in 2008; (b) Beijing land cover classification map in 2013; (c) Beijing land cover classification map in 2018; (d) Beijing land cover classification map in 2022. 
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Figure 3. The flowchart of the research process [2,14,31,43,44]. 
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Figure 4. Schematic diagram of Beijing suburban railway stations and buffer zone delineation. 
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Figure 5. Urban expansion rate (UER) for different time periods within each buffer zone of the Beijing suburban railway (BSR). 
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Figure 6. Expansion of built-up areas within different buffer zones of the Beijing suburban railway (BSR). (a) Expansion process in 2008–2013; (b) Expansion process in 2013–2018; (c) Expansion process in 2018–2022. 






Figure 6. Expansion of built-up areas within different buffer zones of the Beijing suburban railway (BSR). (a) Expansion process in 2008–2013; (b) Expansion process in 2013–2018; (c) Expansion process in 2018–2022.



[image: Remotesensing 15 04684 g006]







[image: Remotesensing 15 04684 g007] 





Figure 7. Standard deviation ellipse analysis of built-up land. 
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Figure 8. Shift in center of gravity analysis of built-up land. 
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Figure 9. Changes in landscape indicators of the gradient buffer zone along the Beijing suburban railway. 
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Figure 10. POIs in the Beijing suburban railway buffer zones in different periods (a) Number of POIs (b) POI percentage. 
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Figure 11. Density analysis of different types of POI distribution in the 0–8 km buffer zone of Beijing suburban railway at different times. 
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Figure 12. Current status node map of the Beijing suburban railway. 
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Figure 13. Detailed diagram of the medical services function. (a) Density analysis of the distribution of POIs for medical services in the 0–8 km buffer zone of the Beijing Suburban Railway at different time periods; (b) Sample collection points for COVID-19. 
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Table 1. Information on land cover classification data in Beijing.
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Type of Data

	
Year

	
Spatial Resolution

	
Data Sources

	
Remote Sensing Satellite

	
Format

	
Data Description






	
Remote sensing image data

	
2008

	
15 m

	
NASA (https://www.nasa.gov, accessed on 20 December 2022)

	
Landsat-7

	
Grid

	
Obtaining Beijing land use data for calculating urban form expansion




	
2013

	
10 m

	
Landsat-8

	
Grid




	
2018

	
10 m

	
ESA (https://scihub.copernicus.eu, accessed on 7 January 2023)

	
Sentinel-2

	
Grid




	
2022

	
10 m

	
Sentinel-2

	
Grid




	
Beijing Municipal Vector Boundary Data

	
2020

	
30 m

	
National Center for Basic Geographic Information (https://www.webmap.cn, accessed on 11 December 2022)

	
Vector

	
Including delineation of administrative areas and cropping of remotely sensed data











 





Table 2. POI classification table.
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POI Classification

	
Data Specificities

	
Data Sources






	
Medical services

	
Emergency Centers

	
A map

(https://lbs.amap.com, accessed on 6 March 2023)




	
Disease Prevention Agencies




	
Healthcare Service Sites




	
Pharmacies




	
Medical Clinics




	
Specialized Hospitals




	
General Hospitals




	
Science and education

	
Museums




	
Science and Technology Museums




	
Art Museums




	
Libraries




	
Exhibition Halls




	
Schools




	
Training Organizations




	
Scenic spots

	
Parks




	
Zoos




	
Botanical Gardens




	
Memorials




	
City Squares




	
Temples and Churches




	
Provincial Tourist Attractions




	
Shopping services

	
Convenience Stores




	
Comprehensive Markets




	
Specialty Stores




	
Shopping Malls




	
Home Appliance and electronics Stores




	
Home Building Materials Markets




	
Specialty Shopping Streets











 





Table 3. Changes in standard deviation ellipse parameters for built-up land within the 8 km buffer zone of the Beijing suburban railway, 2008–2022.
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Land Cover Type

	
Year

	
Longitude of Center of Gravity (°)

	
Latitude of Center of Gravity (°)

	
Long Axis (km)

	
Short Axis (km)

	
Area (km²)

	
Azimuthal Angle






	
Built-up land

	
2008

	
116.4683785°

	
40.2179009°

	
54.097

	
37.296

	
6338.313251

	
50.546086




	
2013

	
116.4729132°

	
40.2283607°

	
54.825

	
37.228

	
6411.968484

	
51.166139




	
2018

	
116.4734047°

	
40.2372073°

	
54.944

	
37.658

	
6500.087356

	
52.967368




	
2022

	
116.4756533°

	
40.2417699°

	
54.971

	
37.636

	
6564.198011

	
53.791791











 





Table 4. Changes in the center of gravity of built-up land within the 8 km buffer zone of the Beijing suburban railway, 2008–2022.
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Land Cover Type

	
Year

	
Clockwise and Eastward Angle

	
Offset Distance (km)

	
Offset Speed (m/year)






	
Built-up land

	
2008–2013

	
108.43°

	
1.61

	
322




	
2013–2018

	
92.54°

	
1.29

	
258




	
2018–2022

	
110.44°

	
0.71

	
178
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