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Abstract: We conducted a multicenter and retrospective study to describe the use of botulinum toxin
type A (BoNT-A) to treat post-stroke spasticity (PSS). Data were extracted from free-text in electronic
health records (EHRs) in five Spanish hospitals. We included adults diagnosed with PSS between
January 2015 and December 2019, stratified into BoNT-A-treated and untreated groups. We used
EHRead® technology, which incorporates natural language processing and machine learning, as well
as SNOMED CT terminology. We analyzed demographic data, stroke characteristics, BoNT-A use
patterns, and other treatments. We reviewed the EHRs of 1,233,929 patients and identified 2190 people
with PSS with a median age of 69 years; in total, 52.1% were men, 70.7% had cardiovascular risk
factors, and 63.2% had suffered an ischemic stroke. Among the PSS patients, 25.5% received BoNT-A
at least once. The median time from stroke to spasticity onset was 205 days, and the time from
stroke to the first BoNT-A injection was 364 days. The primary goal of BoNT-A treatment was
pain control. Among the study cohort, rehabilitation was the most common non-pharmacological
treatment (95.5%). Only 3.3% had recorded monitoring scales. In conclusion, a quarter of patients
with PSS received BoNT-A mainly for pain relief, typically one year after the stroke. Early treatment,
disease monitoring, and better data documentation in EHRs are crucial to improve PSS patients’ care.

Keywords: ischemic stroke; post-stroke spasticity; botulinum toxin A; electronic health records;
natural language processing; artificial intelligence; machine learning

Key Contribution: Our study describes a large cohort of real-world post-stroke spasticity patients
with detailed clinical insights extracted from electronic health records using natural language pro-
cessing and machine learning. With this technology, we identified a possible delay and underuse of
botulinum toxin A treatment with an under-reporting of monitoring scales.
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1. Introduction

Stroke is the second leading cause of disability and death worldwide [1], affecting ap-
proximately 13.7 million people annually [2], including 1.12 million people in the European
Union [3], with a prevalence of 187 cases per 100,000 person-years in Spain [4]. Post-stroke
spasticity (PSS) is a common complication that affects nearly one-third of stroke patients
and often develops within 1–4 months after the stroke, causing a noticeable decrease in
the patients’ quality of life [5–7]. PSS is a motor and sensory disorder causing increased
involuntary tonic muscle stretch reflexes, which leads to the shortening of muscles and
soft tissues [8]. Spasticity is typically more frequently experienced in the upper extremities
and is often accompanied by pain and disability [5,9]. Treatment for PSS often involves an
interdisciplinary approach, including both pharmacological and non-pharmacological in-
terventions such as long-duration stretches (limb casting or splinting), exercise, oral muscle
relaxants, focal treatments to improve the physical function of limbs [6], and extracorporeal
shock wave treatment [10,11]. Early and effective treatment is critical to prevent symptoms
such as muscle contractures, stiffness, and pain [12].

Local intramuscular injection with botulinum neurotoxin type A (BoNT-A) is an estab-
lished and well-tolerated first-line pharmacological treatment to manage focal spasticity [13].
There are three currently approved preparations of BoNT-A in Spain—abobotulinumtoxinA
(aboBoNT-A), incobotulinumtoxinA (incoBoNT-A), and onabotulinumtoxinA (onaBoNT-A).
Each of these preparations presents different pharmacological features, which could be
responsible for the observed variations in clinical response, including differences in dos-
ing, duration of action [13], and immunogenicity [14]. Moreover, other factors can affect
a patient’s response such as individual anatomy, dose–response relationship, treatment
reconstitution, and length of storage after reconstitution [15]. These challenges, along
with the diversity of symptoms, treatment goals, and variability in the use of BoNT-A,
in terms of doses administered, treatment intervals, and concomitant treatments, among
others [15,16], make it difficult to draw robust conclusions about the management of PSS in
clinical practice. Despite these discrepancies, increasing evidence shows that early BoNT-A
treatment (four to six weeks after a stroke) is key for improving PSS symptoms [17–19].
However, there is a lack of consistency in national data registries across the globe that
makes it difficult to calculate the prevalence and management of PSS, emphasizing the
room for improvement in prevention strategies and clinical stroke care [20,21]. Therefore,
there is a need to better understand the real-world characteristics of PSS patients and the
use and treatment goals of BoNT-A in this patient population to guide future research and
improve patients’ outcomes.

The information in patients’ electronic health records (EHRs) represents an important
source of real-world data (RWD), avoiding the selection bias that clinical trials usually
present by requiring strict inclusion and exclusion criteria. Moreover, they contain unstruc-
tured clinical notes, which better describe patients’ clinical characteristics, management,
and treatment journeys within hospital settings compared to structured information [22,23].
Natural language processing (NLP) and machine learning (ML) are areas within artificial
intelligence that are able to analyze and contextualize written and oral texts and have been
recently employed to extract free-text information from EHRs [24,25]. In this regard, they
provide great potential to help clinicians extract valuable data from patients’ EHRs and
aid researchers in creating cohorts from real-world scenarios. This approach enhances
the understanding of diseases by providing a more comprehensive and realistic view of
clinical characteristics and treatment patterns compared to studies relying exclusively
on structured data (such as International Classification of Diseases or ICD) or clinical
trials [26–29]. Additionally, it facilitates the development of predictive tools for various
conditions, including stroke [25].

This study aimed to describe the demographic and clinical characteristics, as well
as the treatment patterns of patients with PSS in a real-world setting in Spain using NLP
and ML focusing on the use of BoNT-A to identify potential areas for improvement and
to optimize treatment in PSS patients. This approach will allow us to better understand
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this patient population and its complexity, as well as the management of PSS in actual
clinical scenarios.

2. Results
2.1. Study Population and Stroke Characteristics

After analyzing the EHRs of 1,233,929 patients, we identified and included in the study
2190 individuals with PSS, of whom 559 (25.5%) received at least one BoNT-A treatment,
while 1631 (74.5%) received none. Figure 1 shows the distribution of the population
included in the study. Out of the total patients treated with BoNT-A, 204 (36.5%) had no
information regarding the type of preparation they received.
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Figure 1. Flow chart of PSS patients’ subgroups: patients treated with a BoNT-A preparation and
patients not treated with a BoNT-A preparation. aboBoNT-A: abobotulinumtoxinA; incoBoNT-A:
incobotulinumtoxinA; onaBoNT-A: onabotulinumtoxinA.

Table 1 shows the main patient and stroke characteristics along with all included
patients and the two subgroups, BoNT-A-treated and non-BoNT-A-treated.

More than half (n = 1140; 52.1%) of the overall population was male, with fewer males
in the BoNT-A-treated group than in the untreated group (43.8% and 54.9%). The median
(Q1, Q3) age of the patients was 69 (57, 79) years. Patients treated with BoNT-A were slightly
younger than those who were not treated [64 (53, 74) and 71 (59, 81) years, respectively]. At
least one risk factor for cardiovascular disease (CVD) was recorded in 1549 (70.7%) patients
of the overall sample, with a higher frequency in the non-BoNT-A-treated than in the treated
group (76.1% and 54.9%). Hypertension was the most frequent CVD risk factor, occurring
in 1319 (85.2%) patients, followed by dyslipidemia (n = 918, 59.3%) and diabetes mellitus
(n = 611, 39.4%). Other comorbidities were reported in 995 (45.4%) patients, among which
the most frequently observed were valvopathies (n = 546, 54.9%) and atrial fibrillation
(n = 438, 44.0%). Most comorbidities were numerically more common in the non-BoNT-
A-treated than in the BoNT-A-treated group, such as hypertension (86.6% and 79.5%),
dyslipidemia (59.7% and 57.7%), atrial fibrillation (46.6% and 32.0%), and atherosclerosis
(10.0% and 6.2%).

Ischemic was the most common stroke type found in the overall population, as
well as in the BoNT-A-treated and non-BoNT-A-treated groups (63.2%, 60.0%, and 64.2%,
respectively). The most frequently reported stroke location was the middle cerebral artery,
which occurred in 420 (72.9%) cases. Regarding stroke sequelae, hemiparesis (45.0%) and
hemiplegia (44.5%) were the most frequent ones. The median (Q1, Q3) time from stroke
to the first mention of spasticity was 205 (32, 615) days. This time was longer in the
subset of patients treated with BoNT-A [344 (121, 835) days] than in those not treated
[173 (23, 544) days] (Table 1).
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Table 1. PSS patients characteristics at baseline.

Overall PSS
(n = 2190)

BoNT-A
(n = 559)

non-BoNT-A
(n = 1631)

General Characteristics

Demographics
Gender, male 1140 (52.1) 245 (43.8) 895 (54.9)
Age, years 69 (57, 79) 64 (53, 74) 71 (59, 81)
CVD risk factors 1549 (70.7) 307 (54.9) 1242 (76.1)
Hypertension 1319 (85.2) 244 (79.5) 1075 (86.6)
Dyslipidemia 918 (59.3) 177 (57.7) 741 (59.7)
Diabetes mellitus 611 (39.4) 106 (34.5) 505 (40.7)
Obesity 263 (17.0) 58 (18.9) 205 (16.5)

Comorbidities 995 (45.4) 178 (31.8) 817 (50.1)
Valvulopathies 546 (54.9) 101 (56.7) 445 (54.4)
Atrial fibrillation 438 (44.0) 57 (32.0) 381 (46.6)
Obstructive sleep apnea 147 (14.8) 37 (20.8) 110 (13.5)
Transient ischemic attack 132 (13.3) 25 (14.0) 107 (13.1)
Atherosclerosis 93 (9.3) 11 (6.2) 82 (10.0)

Stroke characteristics *

Stroke etiology & 1826 (83.4) 435 (77.8) 1391 (85.2)
Ischemic 1154 (63.2) 261 (60.0) 893 (64.2)
Hemorrhagic 672 (36.8) 174 (40.0) 498 (35.8)

Vascular territory & 576 (26.3) 110 (19.6) 466 (28.5)
Middle cerebral artery 420 (72.9) 84 (76.4) 336 (72.1)
Internal carotid artery 102 (17.7) 16 (14.5) 86 (18.5)
Posterior circulation 34 (5.9) 7 (6.4) 27 (5.8)
Anterior cerebral artery 20 (3.5) 3 (2.7) 17 (3.6)

Stroke sequelae & 1331 (60.7) 280 (50.0) 1051 (64.4)
Hemiparesis 598 (45.0) 130 (46.4) 468 (44.5)
Hemiplegia 593 (44.5) 120 (42.9) 473 (45.0)
Others 302 (22.7) 60 (21.4) 242 (23.0)

Time from stroke to spasticity, days # 205 (32, 615) 344 (121, 835) 173 (23, 544)
BoNT-A: botulinum neurotoxin type A. CVD: cardiovascular disease. The denominator of percentages of the
subcategories in bold is based on the N of the overall sample—patients treated with BoNT-A and patients not
treated with BoNT-A. The denominator of percentages in indented rows is based on the N of the parent category.
Categorical variables are expressed as frequencies n (%), and numerical data are expressed as median (Q1, Q3).
Data were extracted and analyzed considering all available information from the first hospital report to one month
post index date. * In some cases where categories are non-exclusive, patients have more than one feature, so the
sum of patients might add up to more than 100%. When two exclusive categories were detected, rules were used
to assign the broadest (extension) or the most severe (plegia) categories. No cases of triparesis or triplegia were
detected. & The data reflect the number (n) and percentage (%) of patients with available information for this
variable. # Time from stroke to spasticity onset was calculated for 957 patients (196 BoNT-A, 761 non-BoNT-A),
including only those with stroke before the first spasticity mention.

2.2. Spasticity-Affected Areas and Muscular Groups

We recorded information about spasticity areas in 391 (70.0%) patients from the BoNT-
A-treated group and in 1092 (67.0%) patients from the non-BoNT-A-treated group. In both
study subgroups, both the upper limb (UL) and lower limb (LL) were the most affected
areas (43.7% and 40.3% of cases, respectively). Within the BoNT-A-treated group, more
patients experienced spasticity in the UL compared to the LL (35.5% and 20.7%). In contrast,
the non-BoNT-A-treated group exhibited more spasticity in the LL (40.1%) compared to the
UL (19.5%). The muscular groups most affected by spasticity were the muscles responsible
for elbow flexion in the UL (n = 552, 48.8%), while the muscular groups associated with
equinovarus foot pattern predominated in the LL (n = 331, 34.3%). Table 2 shows the
spasticity-affected areas and muscular groups in all patients, as well as in both subgroups
of patients.
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Table 2. Spasticity areas and muscular groups affected.

Overall PSS
(n = 2190)

BoNT-A
(n = 559)

Non-BoNT-A
(n = 1631)

Spasticity affected area, n (%) & 1483 (67.7) 391 (70.0) 1092 (67.0)

Upper and lower limb affected 612 (41.3) 171 (43.7) 441 (40.3)
Lower limb affected 519 (35.0) 81 (20.7) 438 (40.1)
Upper limb affected 352 (23.7) 139 (35.5) 213 (19.5)

Muscular groups affected per area
Upper limb muscular groups, n (%) *& 1131 (51.6) 310 (55.5) 821 (50.3)

Elbow flexion 552 (48.8) 175 (56.5) 377 (45.9)
Others 241 (21.3) 112 (36.1) 129 (15.7)
Shoulder adduction 119 (10.5) 75 (24.2) 44 (5.4)
Thumb in palm 72 (6.4) 55 (17.7) 17 (2.1)
Claw hand muscles 20 (1.8) 20 (6.5) 0 (0.0)
Wrist flexion 13 (1.1) 13 (4.2) 0 (0.0)

Lower limb muscular groups, n (%) *& 964 (44.0) 252 (45.1) 712 (43.7)
Equinovarus foot 331 (34.3) 13 (5.2) 200 (28.1)
Hip flexion 300 (31.1) 93 (36.9) 207 (29.1)
Knee extension 119 (12.3) 40 (15.9) 79 (11.1)
Others 11 (1.1) 1 (0.4) 10 (1.4)

BoNT-A: botulinum neurotoxin type A. Data were extracted and analyzed considering all available information
during the study period. Lower limb spasticity includes the lower limb only. Upper limb spasticity includes
the upper limb only. * Some patients exhibited multifocal muscle group involvement, resulting in the total
count (n) and percentage not aligning with the total number of patients with upper or lower limb spasticity. The
denominator of percentages of the subcategories in bold is based on the N of the overall sample—patients treated
with BoNT-A and patients not treated with BoNT-A. The denominator of percentages in indented rows is based
on the N of the parent category. & The data reflect the number (n) and percentage (%) of patients with available
information for this variable.

2.3. BoNT-A Treatment

Among patients treated with BoNT-A, the median (Q1, Q3) time between stroke and
the first mention of BoNT-A in the EHRs was 364 (152, 850) days. onaBoNT-A was the
most common preparation for 272 (48.7%) treated patients, followed by aboBoNT-A for
70 (12.5%) patients, and incoBoNT-A for 13 (2.3%) patients.

Regarding the use of BoNT-A preparations according to PSS affected area, onaBoNT-A
was also the most used preparation in patients with UL spasticity, LL spasticity, or both
(87.9%, 72.9%, and 58.9%, respectively). The use of aboBoNT-A was more frequent in
patients with LL spasticity and in those with spasticity in both the UL and LL. Specifically,
22.9% of patients with LL spasticity were treated with aboBoNT-A, and 33.3% of patients
with spasticity affecting both limb sets. In contrast, only 12.0% of patients with UL spasticity
received aboBoNT-A. Moreover, incoBoNT-A was the least used preparation found in 7.7%
of patients with both UL and LL spasticity, in 4.2% of patients from the LL spasticity group,
and was not reported in the UL spasticity group (Figure 2).

Among those 355 patients with recorded information about the specific BoNT-A
preparation (onaBoNT-A, aboBoNT-A, or incoBoNT-A), only 24 (6.7%) patients switched
treatment to a different BoNT-A preparation during the study period. The median (Q1, Q3)
time between BoNT-A injections was 135 (105, 170) days. At least one treatment goal was
found in 489 patients (87.5%) from the BoNT-A-treated group, in which pain relief was the
most frequently observed (n = 485,99.2%) (Figure 3).

2.4. Other Treatments

Among PSS patients, non-pharmacological treatment was more common than pharma-
cological treatment (51.2% and 36.4%, respectively). The most common non-pharmacological
treatment was rehabilitation and physical therapy in the overall PSS, BoNT-A-treated, and
non-BoNT-A-treated groups (95.5%, 91.6%, and 96.9%, respectively). Diazepam was the
most frequently used pharmacological treatment among all groups (45.4% in overall PSS,
47.2% in the BoNT-A-treated group, and 44.7% in the non-BoNT-A-treated group) (Table 3).
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Figure 2. Types of BoNT-A treatment according to spasticity pattern. Graphic representation of
patients who received BoNT-A treatment according to spasticity pattern—upper limb spasticity (ULS),
lower limb spasticity (LLS), and both (ULS and LLS). The bars are divided into colors depending
on the type of BoNT-A treatment received. aboBoNT-A: abobotulinumtoxinA; incoBoNT-A: incobo-
tulinumtoxinA; onaBoNT-A: onabotulinumtoxinA. Out of the 355 patients with recorded information
about the specific BoNT-A formulation received, 260 patients had data on both the specific BoNT-A
formulation and spasticity pattern, while 95 had data on the specific formulation, but the spasticity
patterns were unknown. All are included in this figure.

2.5. Spasticity Monitoring Scales

Spasticity assessment tools were only reported in 73 (3.3%) patients. The classical and
modified Ashworth scale (any scale) were the most frequently detected (n = 60; 82.0%).
The Tardieu and Visual Analog scales (any scale) were reported in 11 (15.0%) and 2 (3.0%)
patients, respectively. The use of goniometry or goal attainment scales was not reported in
the EHRs.
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Figure 3. Patient treatment goals. Data from 489 (87.5%) patients treated with BoNT-A where at least
one treatment goal was detected. “Others” refers to other treatment goals that included impaired
movement, improvement in quality of life, and persistent abnormal posture. Please note that in some
cases, patients had more than one feature, so the sum of patients might add up to more than 100%.
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Table 3. Concomitant treatments in patients with PSS.

Overall PSS
(n = 2190)

BoNT-A
(n = 559)

Non-BoNT-A
(n = 1631)

Non-pharmacological, n (%) & 1122 (51.2) 285 (51.0) 837 (51.3)
Rehabilitation and physiotherapy 1072 (95.5) 261 (91.6) 811 (96.9)
Others 69 (6.1) 23 (8.1) 46 (5.5)
Casts 51 (4.5) 17 (6.0) 34 (4.1)
Cryotherapy 43 (3.8) 20 (7.0) 23 (2.7)

Pharmacological, n (%) & 798 (36.4) 252 (45.1) 546 (33.5)
Diazepam 363 (45.4) 119 (47.2) 244 (44.7)
Pregabalin 271(34.0) 77 (30.6) 194 (35.5)
Gabapentin 255 (32.0) 88 (34.9) 167 (30.6)
Baclofen (oral or intrathecal) 150 (18.8) 54 (21.4) 96 (17.6)
Others 72 (9.0) 26 (10.3) 46 (8.4)

In some cases, patients had more than one treatment so the sum of patients might add up to more than 100%
in each section. The denominator of percentages of the subcategories in bold is based on the N of the overall
sample—patients treated with BoNT-A and patients not treated with BoNT-A. The denominator of percentages in
indented rows is based on the N of the parent categories. & The data reflect the number (n) and percentage (%) of
patients with available information for this variable.

2.6. EHRead® Performance Evaluation

EHRead® performance evaluation showed a strong capability to detect critical vari-
ables defining the study population and those related to BoNT-A administration (Table 4).

Table 4. Performance of EHRead® identifying key variables contained in EHRs.

Variable Precision Recall F1-Score

Intramuscular infiltration of BoNT-A 0.992 0.967 0.979
Hemorrhagic cerebrovascular accident 0.993 0.772 0.869
Spasticity 1.000 0.769 0.870
Equinus foot 0.946 0.779 0.855
Acquired claw toes 1.000 0.667 0.800
Lacunar infarct 1.000 0.632 0.774
Cardioembolic cerebrovascular accident 0.984 0.602 0.747
Thromboembolic cerebrovascular accident 0.867 0.542 0.667
Oral baclofen 1.000 0.406 0.578

3. Discussion

In this multicenter observational study, using advanced NLP and ML techniques,
we conducted a detailed extraction and subsequent analysis of secondary data from the
EHRs of patients with PSS in Spain. Through this analytical approach, we identified and
described a cohort of 2190 patients with PSS and stratified them in two subgroups based
on the presence or absence of BoNT-A treatment. The analysis revealed that PSS patients
were predominantly elderly adults, approximately 70 years of age, and had several CVD
risk factors and comorbidities. In this regard, nearly three-quarters of patients presented at
least one risk factor for CVD, with hypertension and dyslipidemia being the most frequent
risk factors across all groups. In addition, valvulopathies and atrial fibrillation were also
frequently detected, with both being well-documented risk factors for stroke [2]. The
presence of paresis, which is a major predictive factor of spasticity, was documented at a
higher frequency than expected [26]. Moreover, most of these individuals had experienced
an ischemic stroke within the middle cerebral artery, which is largely consistent with
previous studies [2,27–29].

Our results show that PSS patients treated with BoNT-A were younger and had a
higher female ratio than PSS untreated patients. The lower prevalence of BoNT-A use in
older individuals may arise from various factors, including the propensity for younger
patients to receive more proactive interventions, the adequacy of the therapeutic efforts
among the elderly, increased mortality, or heightened disability from frequent medical
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incidents or comorbidities [30]. On the other hand, the increased usage in women could
be related to the fact that females tend to suffer from more severe post-stroke complica-
tions than males [31,32]. We reported a median of 364 days between stroke and the first
BoNT-A injection, which is longer than a previous study reported in French patients who
were treated for spasticity within 285 days [33]. Despite the absence of a clear consensus
about the optimal time for stroke patients to receive their first BoNT-A treatment for PSS,
current recommendations indicate that treatment should be initiated as early as possible
to maximize its effectiveness and improve the patient’s function and quality of life [8].
While current evidence suggests that PSS develops within 1–3 months after stroke, our
results may reflect a late use of this treatment in our setting. However, these data may be
influenced by multiple factors, such as prior treatment outside the hospital setting, which
was not be reported in the EHRs analyzed.

In the overall study population, PSS occurred about seven months after the stroke,
while in those receiving BoNT-A treatment, it was reported one year post-stroke. However,
there was a significant temporal variability for the inoculation, ranging from as early
as one month to as late as two years post-stroke. New evidence suggests that BoNT-A
treatment within three months post-stroke reduces spasticity [18], suggesting that early
treatment is key in preventing long-term PSS health issues. Although no large-scale studies
have examined the natural history of spasticity and contracture development, it has been
reported that the incidence of joint range loss can increase with time, ranging from 27% at
one month to 43% at six months [34]. It is worth mentioning that the later development of
PSS reported in the EHRs in our study could be related to the absence of in-hospital reports
when spasticity is diagnosed in post-stroke patients. In this sense, a lot of these patients
are usually referred to external rehabilitation units after the initial stroke episode, and it
is plausible that PSS appeared during this period of convalescence. Therefore, the first
mentions of PSS, as well as the first BoNT-A treatment, in the EHRs of our study should
not be taken as the PSS diagnosis date, which could have been determined previously in
other specialized centers.

The most common areas affected by spasticity in PSS patients were both the UL and LL
across all groups (overall, BoNT-A-treated, and untreated patients). Elbow flexion was the
most commonly affected area in the UL, and the equinovarus foot was the most common
in the LL, which is in agreement with other studies [5,6].

We found that about a quarter of patients with PSS were treated with BoNT-A. Re-
cent studies in European and Asian countries have concluded that BoNT-A treatment
can improve patient outcomes such as pain relief, muscle tone, and improved motor con-
trol [35–38]. However, several studies have evaluated the use of BoNT-A treatment in
real-world scenarios, also showing low rates of BoNT-A treatment. Levy J et al. found that
21.5% of PSS patients received at least one injection of BoNT-A based on an analysis of data
extracted from the French National Hospital Discharge Database [33]. Conversely, another
study that analyzed the sales database information from the Swedish healthcare system
revealed that 9.2% of adult patients with disabling spasticity received BoNT-A within a one
year period [39]. The authors of these studies highlighted the BoNT-A treatment underuse
and underscored the need for a consensus about clinical practice. They suggested that
the potential reasons may include a limited awareness among physicians about clinical
practice guidelines (despite the recommendation of BoNT-A as a first-line pharmacological
treatment for spasticity), coupled with a lack of access to specialists that are capable of
administering BoNT-A injections [13].

The most common preparation used was onaBoNT-A, followed by aboBoNT-A and
incoBoNT-A. Based on the current available evidence, no data have demonstrated the
superiority of one formulation over another in terms of efficacy, safety, or the area affected
by PSS [6,13,34]. Head-to-head studies are ongoing [40], which may shed light on the
possible differences observed in duration between marketed products [41]. Our results
show that aboBoNT-A was the most administered BoNT-A treatment in patients with LL
spasticity or both LL and UL involvement. Conversely, a recent study in Asian patients
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with PSS revealed that 94.1% received aboBoNT-A injections in the UL, resulting in the
successful management of most spasticity symptoms [35]. Another recently published
real-world, retrospective study in patients with PSS from the United States concluded that
onaBoNT-A was the most commonly used formulation to treat UL spasticity [14]. However,
our methodology does not allow us to infer causality between the prescribed treatment
and potential reasons for the specific choice reflected in the free-text of EHRs, so we cannot
determine whether the use of one formulation over another is motivated by effectiveness
or safety data, or simply by availability or the treating physician’s experience with one of
the available formulations.

Pain relief was the treatment goal for nearly all patients who received BoNT-A treat-
ment, which is in agreement with other studies that have reported this symptom to be one of
the top goals among PSS patients who receive BoNT-A treatment [13,42]. Approximately
half of the total included patients received concomitant non-pharmacological treatment,
with the most common being rehabilitation and physiotherapy, following expert consensus
recommendations [5,15]. The same consensus reported that oral anti-spasticity drugs have
not proven to be as effective and are more associated with systemic side effects compared
to focal BoNT-A treatment [5].

Scales such as Ashworth, Tardieu, Visual Analog Scale, goniometry, and goal attain-
ment are supposedly used in routine clinical practice since they are designed to help identify
early risk factors for PSS [5,9,43,44]. However, these scales were not widely reflected in
the EHRs of included patients in our real-world setting. The absence of reported clinically
relevant variables, such as these clinical scales, poses a challenge in determining whether
the missing data are due to clinicians not reporting it in the EHRs or because baseline visits
containing this information could have been conducted in many cases outside the hospital
environment, such as in rehabilitation centers where patients could have been referred
after the stroke event. However, scarce monitoring scale registration is an interesting
finding previously described in other RWD studies [45]. Importantly, not finding these
reported indices does not necessarily mean that healthcare providers do not use them, but
that they are not recording them. This gap in clinical documentation may undermine the
ability for accurate disease monitoring, and outcome assessments point out the need for an
improvement in medical care.

The main strength of this study is the novel technology used, which allows us to
interpret RWD in EHRs and gain novel insight into this understudied patient population
and their treatment patterns. The use of unstructured information from EHRs through NLP
has been found to have a much higher sensitivity than structured queries [46]. Moreover,
unlike previous epidemiological studies conducted in Spain using ICD [47], our use of
refined SNOMED clinical terms can be used directly for healthcare provider input and is,
therefore, more appropriate for capturing RWD [48,49]. Finally, our novel NLP technology
enabled the capture of EHR data across multiple centers nationwide, which can be further
aggregated and analyzed to answer important clinical questions [47].

Despite these advantages, we also recognize some limitations. First, given that this
study relies on free-text RWD, the potential number of variables included in the analyses
was limited by the information contained in the EHRs. Regarding that, it was seen a lack of
reporting on clinically relevant variables, such as spasticity location, dosages, and clinical
scores. In addition, PSS per se has been shown to be under-reported in EHRs possibly due
to a lack of consensus on the diagnosis, heterogeneity in methods, time frame of assessing
spasticity, and poor previous published data. Then, in this cohort, some patients with PSS
could have been not included if not previously recognized [20]. Then, proper data entry in
patients’ EHRs and international reporting standards are necessary to improve data quality
when a secondary use is performed for research, as well as to calculate disease risk, indexes
or scores, and guide clinicians toward optimal treatments [50]. Importantly, the use of
not only unstructured data, but also structured data such as pharmacy or laboratory data,
should be considered to improve these results. Second, we did not have data from different
centers where patients would have been treated after the stroke such as rehabilitation
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hospitals. This impedes the identification of a variable as a “true zero”, i.e., missing data
not reported by clinicians in the EHRs or missing data that were never entered into the
EHRs due to previous treatment in a non-hospital clinical setting. Moreover, in this context,
the first mentions of PSS or BoNT-A in the analyzed EHRs may not be related to diagnosis
or first treatment dates. Third, since our technology is based on EHRs where the sequence
of events may not always be confirmed, we cannot infer causality between the detected
treatment goals and the BoNT-A treatment. Finally, due to the descriptive nature of this
study, outcomes related to the effectiveness or safety of BoNT-A were not evaluated, so
further studies in real-world settings should be performed to evaluate them in PSS patients
following BoNT-A treatment.

4. Conclusions

This study represents the largest cohort of patients with PSS in Spain to date. NLP
and ML techniques allowed us to provide a comprehensive description of the clinical
characteristics, spasticity involvement, and treatments used by these patients, with a
special focus on the use of BoNT-A. Through our analyses of patient EHRs, we discovered
that patients with PSS had a very complex profile with a high burden of comorbidities,
likely reflecting the need for multidisciplinary management. Additionally, only one-quarter
of PSS patients were treated with BoNT-A, primarily for pain relief, with a mean time of
one year between the stroke event and the first administration. This suggests a delay in
the diagnosis and treatment of these complications, highlighting room for improvement
in the early detection and treatment of spasticity in patients who have suffered from a
stroke. The successful application of NLP techniques to access and analyze EHRs depends
on a multidisciplinary effort to improve how clinicians document their routine practice in
patients’ records. This study provides valuable information for better understanding and
properly managing this post-stroke complication.

5. Materials and Methods
5.1. Study Design and Study Population

This was a multicenter, retrospective, and observational study using secondary data
captured in the EHRs of adult patients (aged ≥ 18 years) with a history of stroke and the
presence of PSS or BoNT-A treatment described during the study period (1 January 2015 to
31 December 2019). Patients with PSS were stratified depending on whether they received
BoNT-A treatment during the study period (BoNT-A and non-BoNT-A groups) or not.
A retrospective cross-sectional analysis was conducted at the index date defined as the
earliest date when either “spasticity” or “BoNT-A treatment” terms were found in the EHR.
Treatment-related variables and PSS monitoring scales were analyzed during the follow-up
period, ranging from index date to the latest EHR within the study period. (Figure 4).

This study was conducted in five hospitals located in four different regions within the
Spanish National Healthcare Network—Madrid (Hospital Universitario de Fuenlabrada,
Hospital Universitario Puerta de Hierro-Majadahonda), Balearic Islands (Hospital Univer-
sitari Son Espases), Castile and Leon (Hospital General Universitario Río Hortega), and
Valencia (Hospital General Universitari de Castelló).

5.2. Data Source and Extraction

The unstructured free-text information in EHRs was collected from all available records
and departments in the participating hospitals (including inpatient hospitals, outpatient
hospitals, and emergency rooms). Unstructured clinical data were extracted and analyzed
using the EHRead® technology following previously described methods [22,23]. Briefly,
the free-text information from de-identified EHRs was extracted and organized using the
SNOMED CT terminology encompassing codes, synonyms, and definitions from clinical
documentation. This data-driven technology relies on NLP and ML to generate a synthetic
anonymized database that contains any detection of medical concepts and associated
metadata in the source population. EHRead® performance was externally validated, as
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previously described [51]. This evaluation consisted of a comparison between EHRead®

reading output and an annotated corpus of the same EHRs by expert physicians in each
participating site of the study (standard to compare). The level of agreement between
EHRead® output and the standard was expressed in terms of precision (positive predictive
value), recall (sensitivity), and their harmonic mean F1-score, which balances precision and
recall in a single metric. Additional details regarding EHRead® technology, as well as its
performance evaluation, are provided in the Supplemental Methods section.
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5.3. Study Variables

The study variables were extracted and analyzed as part of a curation process that
guaranteed the quality and integrity of the data. This process involved medical experts in
NLP and a committee of 15 physicians specialized in physical medicine and rehabilitation
with extensive experience in the field, who elaborated and curated the full list of specific
study variables.

General patient characteristics (demographics and comorbidities), stroke-related data
(etiology, vascular territory, sequelae, and time from stroke to spasticity), spasticity infor-
mation (affected areas such as UL, LL, or both areas, and the muscular groups affected per
area), spasticity assessment scales, BoNT-A treatment (commercial preparation, changes
between preparations, time from stroke to BoNT-A treatment, and treatment goals), and
other treatments for spasticity were extracted from the EHRs at index date or during the
follow-up. To reconstruct patient history, all information coming from the same participat-
ing center before index (including information stemming from EHRs dated before the study
period start, if available) was analyzed. For variables analyzed around discrete time points,
the closest value to the time point (within reference time windows) was taken. Reference
time windows accounted for the variability in healthcare management between patients,
specialists, and hospitals, maximizing data retrieval from EHRs. The time window ranges
for each variable or group of variables are detailed in table footnotes.

5.4. Data Analysis

In our descriptive analysis, categorical variables were presented as frequencies to
illustrate the distribution of different categories within the dataset. Numerical variables
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were summarized using medians and quartiles (Q1, Q3) to convey central tendency and
variability without being influenced by outliers. Percentages were calculated based on the
number of non-missing observations, ensuring accurate reflection of the available data.
Missing data were handled according to the nature of the data collection process and
assuming that physicians reflect clinically relevant information in the EHRs. In this context,
the absence of a particular term referring to a specific comorbidity was treated in the same
way as if it was a negated comorbidity (i.e., the patient has no hypertension). This approach
ensured a consistent and clinically meaningful analysis. Data analysis was performed using
“R” software (version 4.0.2) and Python (version 3.7.12).
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9. Schinwelski, M.J.; Sitek, E.J.; Wąż, P.; Sławek, J.W. Prevalence and Predictors of Post-Stroke Spasticity and Its Impact on Daily

Living and Quality of Life. Neurol. Neurochir. Pol. 2019, 53, 449–457. [CrossRef]
10. Du, Y.-N.; Li, Y.; Zhang, T.-Y.; Jiang, N.; Wei, Y.; Cheng, S.-H.; Li, H.; Duan, H.-Y. Efficacy of Botulinum Toxin A Combined with

Extracorporeal Shockwave Therapy in Post-Stroke Spasticity: A Systematic Review. Front. Neurol. 2024, 15, 1342545. [CrossRef]
11. Fan, T.; Chen, R.; Wei, M.; Zhou, X.; Zheng, P.; Zhou, J.; He, P.; Zhan, X.; Xie, J.; Li, R.; et al. Effects of Radial Extracorporeal Shock

Wave Therapy on Flexor Spasticity of the Upper Limb in Post-Stroke Patients: A Randomized Controlled Trial. Clin. Rehabil.
2024, 2692155241258740. [CrossRef] [PubMed]

12. van Kuijk, A.A.; Hendricks, H.T.; Pasman, J.W.; Kremer, B.H.; Geurts, A.C. Are Neuroradiological or Neurophysiological
Characteristics Associated with Upper-Extremity Hypertonia in Severe Ischaemia in Supratentorial Stroke? J. Rehabil. Med. 2007,
39, 38–42. [CrossRef]

13. Simpson, D.M.; Hallett, M.; Ashman, E.J.; Comella, C.L.; Green, M.W.; Gronseth, G.S.; Armstrong, M.J.; Gloss, D.; Potrebic, S.;
Jankovic, J.; et al. Practice Guideline Update Summary: Botulinum Neurotoxin for the Treatment of Blepharospasm, Cervical
Dystonia, Adult Spasticity, and Headache: Report of the Guideline Development Subcommittee of the American Academy of
Neurology. Neurology 2016, 86, 1818–1826. [CrossRef]

14. Bohart, Z.; Dashtipour, K.; Kim, H.; Schwartz, M.; Zuzek, A.; Singh, R.; Nelson, M. Real-World Differences in Dosing and
Clinical Utilization of OnabotulinumtoxinA and AbobotulinumtoxinA in the Treatment of Upper Limb Spasticity. Toxicon 2024,
241, 107678. [CrossRef] [PubMed]

15. Samizadeh, S.; De Boulle, K. Botulinum Neurotoxin Formulations: Overcoming the Confusion. Clin. Cosmet. Investig. Dermatol.
2018, 11, 273–287. [CrossRef]

16. Francisco, G.E.; Balbert, A.; Bavikatte, G.; Bensmail, D.; Carda, S.; Deltombe, T.; Draulans, N.; Escaldi, S.; Gross, R.; Jacinto, J.; et al.
A Practical Guide to optimizing the benefits of post-stroke spasticity interventions with botulinum toxin A: An international
group consensus. J. Rehabil. Med. 2020, 53, 2715. [CrossRef]

17. Suputtitada, A.; Chatromyen, S.; Chen, C.P.C.; Simpson, D.M. Best Practice Guidelines for the Management of Patients with
Post-Stroke Spasticity: A Modified Scoping Review. Toxins 2024, 16, 98. [CrossRef]

18. van Tilborg, N.A.W.; de Groot, V.; Meskers, C.G.M. The Effectiveness of Early Interventions for Post-Stroke Spasticity: A
Systematic Review. Disabil. Rehabil. 2024, 1–12. [CrossRef] [PubMed]

19. Wissel, J.; Kivi, A. Post-Stroke Spastic Movement Disorder and Botulinum Toxin A Therapy: Early Detection and Early Injection.
Ann. Rehabil. Med. 2023, 47, 326–336. [CrossRef]

20. Cox, A.P.; Raluy-Callado, M.; Wang, M.; Bakheit, A.M.; Moore, A.P.; Dinet, J. Predictive Analysis for Identifying Potentially
Undiagnosed Post-Stroke Spasticity Patients in United Kingdom. J. Biomed. Inform. 2016, 60, 328–333. [CrossRef]

21. Wissel, J.; Manack, A.; Brainin, M. Toward an Epidemiology of Poststroke Spasticity. Neurology 2013, 80, S13–S19. [CrossRef]
[PubMed]

22. Ancochea, J.; Izquierdo, J.L.; Soriano, J.B. Evidence of Gender Differences in the Diagnosis and Management of Coronavirus
Disease 2019 Patients: An Analysis of Electronic Health Records Using Natural Language Processing and Machine Learning. J.
Womens Health 2021, 30, 393–404. [CrossRef] [PubMed]

23. Izquierdo, J.L.; Almonacid, C.; González, Y.; Del Rio-Bermudez, C.; Ancochea, J.; Cárdenas, R.; Lumbreras, S.; Soriano, J.B. The
Impact of COVID-19 on Patients with Asthma. Eur. Respir. J. 2021, 57, 2003142. [CrossRef] [PubMed]

24. Montoto, C.; Gisbert, J.P.; Guerra, I.; Plaza, R.; Pajares Villarroya, R.; Moreno Almazán, L.; López Martín, M.D.C.; Domínguez
Antonaya, M.; Vera Mendoza, I.; Aparicio, J.; et al. Evaluation of Natural Language Processing for the Identification of Crohn
Disease–Related Variables in Spanish Electronic Health Records: A Validation Study for the PREMONITION-CD Project. JMIR
Med. Inform. 2022, 10, e30345. [CrossRef] [PubMed]

https://doi.org/10.1212/WNL.0000000000012781
https://www.ncbi.nlm.nih.gov/pubmed/34785599
https://doi.org/10.3390/ijms21207609
https://www.ncbi.nlm.nih.gov/pubmed/33076218
https://doi.org/10.1161/STROKEAHA.120.029606
https://www.ncbi.nlm.nih.gov/pubmed/32646325
https://doi.org/10.1159/000342652
https://www.ncbi.nlm.nih.gov/pubmed/23095851
https://doi.org/10.1177/11795735211036576
https://www.ncbi.nlm.nih.gov/pubmed/34566442
https://doi.org/10.1016/j.jnma.2018.01.008
https://www.ncbi.nlm.nih.gov/pubmed/30129501
https://doi.org/10.1097/PHM.0000000000002496
https://www.ncbi.nlm.nih.gov/pubmed/38713591
https://doi.org/10.1212/WNL.0b013e31827624a7
https://www.ncbi.nlm.nih.gov/pubmed/23319482
https://doi.org/10.5603/PJNNS.a2019.0067
https://doi.org/10.3389/fneur.2024.1342545
https://doi.org/10.1177/02692155241258740
https://www.ncbi.nlm.nih.gov/pubmed/38863234
https://doi.org/10.2340/16501977-0010
https://doi.org/10.1212/WNL.0000000000002560
https://doi.org/10.1016/j.toxicon.2024.107678
https://www.ncbi.nlm.nih.gov/pubmed/38447766
https://doi.org/10.2147/CCID.S156851
https://doi.org/10.2340/16501977-2753
https://doi.org/10.3390/toxins16020098
https://doi.org/10.1080/09638288.2024.2363963
https://www.ncbi.nlm.nih.gov/pubmed/38907596
https://doi.org/10.5535/arm.23108
https://doi.org/10.1016/j.jbi.2016.02.012
https://doi.org/10.1212/WNL.0b013e3182762448
https://www.ncbi.nlm.nih.gov/pubmed/23319481
https://doi.org/10.1089/jwh.2020.8721
https://www.ncbi.nlm.nih.gov/pubmed/33416429
https://doi.org/10.1183/13993003.03142-2020
https://www.ncbi.nlm.nih.gov/pubmed/33154029
https://doi.org/10.2196/30345
https://www.ncbi.nlm.nih.gov/pubmed/35179507


Toxins 2024, 16, 340 14 of 15

25. Xu, L.; Li, C.; Zhang, J.; Guan, C.; Zhao, L.; Shen, X.; Zhang, N.; Li, T.; Yang, C.; Zhou, B.; et al. Personalized Prediction of Mortality
in Patients with Acute Ischemic Stroke Using Explainable Artificial Intelligence. Eur. J. Med. Res. 2024, 29, 341. [CrossRef]
[PubMed]

26. Wissel, J.; Verrier, M.; Simpson, D.M.; Charles, D.; Guinto, P.; Papapetropoulos, S.; Sunnerhagen, K.S. Post-Stroke Spasticity:
Predictors of Early Development and Considerations for Therapeutic Intervention. PMR 2015, 7, 60–67. [CrossRef] [PubMed]

27. Garreta-Figuera, R.; Torrequebrada-Gimenez, A.; on behalf of the 5E Study Group. An assessment of the management of spasticity
in Spain: The 5E Study. Rev. Neurol. 2016, 63, 289–296. [PubMed]

28. Boehme, A.K.; Esenwa, C.; Elkind, M.S.V. Stroke Risk Factors, Genetics, and Prevention. Circ. Res. 2017, 120, 472–495. [CrossRef]
[PubMed]

29. Zhang, Y.; Chapman, A.-M.; Plested, M.; Jackson, D.; Purroy, F. The Incidence, Prevalence, and Mortality of Stroke in France,
Germany, Italy, Spain, the UK, and the US: A Literature Review. Stroke Res. Treat. 2012, 2012, 436125. [CrossRef]

30. Lee, J.-I.; Jansen, A.; Samadzadeh, S.; Kahlen, U.; Moll, M.; Ringelstein, M.; Soncin, G.; Bigalke, H.; Aktas, O.; Moldovan, A.-S.; et al.
Long-Term Adherence and Response to Botulinum Toxin in Different Indications. Ann. Clin. Transl. Neurol. 2021, 8, 15–28.
[CrossRef]

31. Weber, R.; Krogias, C.; Eyding, J.; Bartig, D.; Meves, S.H.; Katsanos, A.H.; Caso, V.; Hacke, W. Age and Sex Differences in Ischemic
Stroke Treatment in a Nationwide Analysis of 1.11 Million Hospitalized Cases. Stroke 2019, 50, 3494–3502. [CrossRef] [PubMed]

32. Kapral, M.K.; Fang, J.; Hill, M.D.; Silver, F.; Richards, J.; Jaigobin, C.; Cheung, A.M.; Investigators of the Registry of the Canadian
Stroke. Network Sex Differences in Stroke Care and Outcomes: Results from the Registry of the Canadian Stroke Network. Stroke
2005, 36, 809–814. [CrossRef] [PubMed]

33. Levy, J.; Karam, P.; Forestier, A.; Loze, J.-Y.; Bensmail, D. Botulinum Toxin Use in Patients with Post-Stroke Spasticity: A
Nationwide Retrospective Study from France. Front. Neurol. 2023, 14, 1245228. [CrossRef] [PubMed]

34. Biering-Soerensen, B.; Stevenson, V.; Bensmail, D.; Grabljevec, K.; Moreno, M.M.; Pucks-Faes, E.; Wissel, J.; Zampolini, M.
Zampolini, M. European Expert Consensus on Improving Patient Selection for the Management of Disabling Spasticity with
Intrathecal Baclofen and/or Botulinum Toxin Type A. J. Rehabil. Med. 2022, 54, jrm00241. [CrossRef] [PubMed]

35. Rosales, R.L.; Chia, N.V.C.; Kumthornthip, W.; Goh, K.J.; Mak, C.S.; Kong, K.H.; Ng, Y.S.; Chou, L.W.; Flordelis, M.J.; Do, T.; et al.
Botulinum Toxin A Injection for Post-Stroke Upper Limb Spasticity and Rehabilitation Practices from Centers across Asian
Countries. Front. Neurol. 2024, 15, 1335365. [CrossRef] [PubMed]

36. Vázquez Doce, A.; De León García, F.J.; Mena, A.; Ortiz-Fernández, L.; Spottorno, M.P.; Medina, F.; Maisonobe, P.; Herrera, A.;
García, I.; Juan-García, F.J.; et al. Assessment of Pain Relief after Four Botulinum Toxin A Injection Cycles in Patients with
Post-Stroke Lower Limb Spasticity: A Prospective, Observational Study. Rehabilitacion 2024, 58, 100856. [CrossRef]

37. Săndulescu, M.I.; Cinteză, D.; Poenaru, D.; Potcovaru, C.-G.; Păunescu, H.; Coman, O.A. The Complex Role of Botulinum Toxin
in Enhancing Goal Achievement for Post-Stroke Patients. Toxins 2024, 16, 172. [CrossRef] [PubMed]

38. Trompetto, C.; Marinelli, L.; Mori, L.; Bragazzi, N.; Maggi, G.; Cotellessa, F.; Puce, L.; Vestito, L.; Molteni, F.; Gasperini, G.; et al.
Increasing the Passive Range of Joint Motion in Stroke Patients Using Botulinum Toxin: The Role of Pain Relief. Toxins 2023,
15, 335. [CrossRef] [PubMed]

39. Forsmark, A.; Rosengren, L.; Ertzgaard, P. Inequalities in Pharmacologic Treatment of Spasticity in Sweden—Health Economic
Consequences of Closing the Treatment Gap. Health Econ. Rev. 2020, 10, 4. [CrossRef]

40. Esquenazi, A.; Ayyoub, Z.; Verduzco-Gutierrez, M.; Maisonobe, P.; Otto, J.; Patel, A.T. AbobotulinumtoxinA Versus Onabo-
tulinumtoxinA in Adults with Upper Limb Spasticity: A Randomized, Double-Blind, Crossover Study Protocol. Adv. Ther. 2021,
38, 5623–5633. [CrossRef]

41. Turner-Stokes, L.; Jacinto, J.; Fheodoroff, K.; Brashear, A.; Maisonobe, P.; Lysandropoulos, A.; Ashford, S.; Upper Limb Interna-
tional Spasticity (ULIS-III) Study Group. Longitudinal Goal Attainment with Integrated Upper Limb Spasticity Management
Including Repeat Injections of Botulinum Toxin A: Findings from the Prospective, Observational Upper Limb International
Spasticity (ULIS-III) Cohort Study. J. Rehabil. Med. 2021, 53, jrm00157. [CrossRef] [PubMed]

42. Turner-Stokes, L.; Jacinto, J.; Fheodoroff, K.; Maisonobe, P.; Senturk, O.; Ashford, S. Relief of Spasticity-Related Pain with
Botulinum Neurotoxin-A (Bont-A) in Real Life Practice. Post-Hoc Analysis from a Large International Cohort Series. Ann. Phys.
Rehabil. Med. 2018, 61, e67–e68. [CrossRef]

43. Mora, N.; Guiriguet, C.; Cantenys, R.; Méndez-Boo, L.; Marzo-Castillejo, M.; Benítez, M.; Fina, F.; Fàbregas, M.; Hermosilla, E.;
Mercadé, A.; et al. Cancer Diagnosis in Primary Care after Second Pandemic Year in Catalonia: A Time-Series Analysis of Primary
Care Electronic Health Records Covering about 5 Million People. Fam. Pract. 2022, 40, 183–187. [CrossRef] [PubMed]

44. Giner-Soriano, M.; de Dios, V.; Ouchi, D.; Vilaplana-Carnerero, C.; Monteagudo, M.; Morros, R. Outcomes of COVID-19 Infection
in People Previously Vaccinated Against Influenza: Population-Based Cohort Study Using Primary Health Care Electronic
Records. JMIR Public. Health Surveill. 2022, 8, e36712. [CrossRef] [PubMed]

45. Román Ivorra, J.A.; Trallero-Araguas, E.; Lopez Lasanta, M.; Cebrián, L.; Lojo, L.; López-Muñíz, B.; Fernández-Melon, J.;
Núñez, B.; Silva-Fernández, L.; Veiga Cabello, R.; et al. Prevalence and Clinical Characteristics of Patients with Rheumatoid
Arthritis with Interstitial Lung Disease Using Unstructured Healthcare Data and Machine Learning. RMD Open 2024, 10, e003353.
[CrossRef] [PubMed]

46. Baricich, A.; Wein, T.; Cinone, N.; Bertoni, M.; Picelli, A.; Chisari, C.; Molteni, F.; Santamato, A. BoNT-A for Post-Stroke Spasticity:
Guidance on Unmet Clinical Needs from a Delphi Panel Approach. Toxins 2021, 13, 236. [CrossRef]

https://doi.org/10.1186/s40001-024-01940-2
https://www.ncbi.nlm.nih.gov/pubmed/38902792
https://doi.org/10.1016/j.pmrj.2014.08.946
https://www.ncbi.nlm.nih.gov/pubmed/25171879
https://www.ncbi.nlm.nih.gov/pubmed/27658359
https://doi.org/10.1161/CIRCRESAHA.116.308398
https://www.ncbi.nlm.nih.gov/pubmed/28154098
https://doi.org/10.1155/2012/436125
https://doi.org/10.1002/acn3.51225
https://doi.org/10.1161/STROKEAHA.119.026723
https://www.ncbi.nlm.nih.gov/pubmed/31623547
https://doi.org/10.1161/01.STR.0000157662.09551.e5
https://www.ncbi.nlm.nih.gov/pubmed/15731476
https://doi.org/10.3389/fneur.2023.1245228
https://www.ncbi.nlm.nih.gov/pubmed/37681005
https://doi.org/10.2340/16501977-2877
https://www.ncbi.nlm.nih.gov/pubmed/34608495
https://doi.org/10.3389/fneur.2024.1335365
https://www.ncbi.nlm.nih.gov/pubmed/38651107
https://doi.org/10.1016/j.rh.2024.100856
https://doi.org/10.3390/toxins16040172
https://www.ncbi.nlm.nih.gov/pubmed/38668597
https://doi.org/10.3390/toxins15050335
https://www.ncbi.nlm.nih.gov/pubmed/37235369
https://doi.org/10.1186/s13561-020-0261-7
https://doi.org/10.1007/s12325-021-01896-3
https://doi.org/10.2340/16501977-2801
https://www.ncbi.nlm.nih.gov/pubmed/33616192
https://doi.org/10.1016/j.rehab.2018.05.147
https://doi.org/10.1093/fampra/cmac083
https://www.ncbi.nlm.nih.gov/pubmed/35861148
https://doi.org/10.2196/36712
https://www.ncbi.nlm.nih.gov/pubmed/36265160
https://doi.org/10.1136/rmdopen-2023-003353
https://www.ncbi.nlm.nih.gov/pubmed/38296310
https://doi.org/10.3390/toxins13040236


Toxins 2024, 16, 340 15 of 15

47. Giner-Soriano, M.; Marsal, J.R.; Gomez-Lumbreras, A.; Morros, R. Risk of Ischaemic Stroke Associated with Antiepileptic Drugs:
A Population-Based Case-Control Study in Catalonia. BMC Neurol. 2021, 21, 208. [CrossRef] [PubMed]

48. Vikström, A.; Nyström, M.; Ahlfeldt, H.; Strender, L.-E.; Nilsson, G.H. Views of Diagnosis Distribution in Primary Care in
2.5 Million Encounters in Stockholm: A Comparison between ICD-10 and SNOMED CT. Inform. Prim. Care 2010, 18, 17–29.
[CrossRef]

49. Bowman, S.E. Coordination of SNOMED-CT and ICD-10: Getting the Most out of Electronic Health Record Systems; American Health
Information Management Association (AHIMA): Chicago, IL, USA, 2005.

50. Kardas, P.; Aguilar-Palacio, I.; Almada, M.; Cahir, C.; Costa, E.; Giardini, A.; Malo, S.; Massot Mesquida, M.; Menditto, E.;
Midão, L.; et al. The Need to Develop Standard Measures of Patient Adherence for Big Data: Viewpoint. J. Med. Internet Res.
2020, 22, e18150. [CrossRef]

51. Canales, L.; Menke, S.; Marchesseau, S.; D’Agostino, A.; Del Rio-Bermudez, C.; Taberna, M.; Tello, J. Assessing the Performance of
Clinical Natural Language Processing Systems: Development of an Evaluation Methodology. JMIR Med. Inform. 2021, 9, e20492.
[CrossRef]

Disclaimer/Publisher’s Note: The statements, opinions and data contained in all publications are solely those of the individual
author(s) and contributor(s) and not of MDPI and/or the editor(s). MDPI and/or the editor(s) disclaim responsibility for any injury to
people or property resulting from any ideas, methods, instructions or products referred to in the content.

https://doi.org/10.1186/s12883-021-02237-1
https://www.ncbi.nlm.nih.gov/pubmed/34030653
https://doi.org/10.14236/jhi.v18i1.750
https://doi.org/10.2196/18150
https://doi.org/10.2196/20492

	Introduction 
	Results 
	Study Population and Stroke Characteristics 
	Spasticity-Affected Areas and Muscular Groups 
	BoNT-A Treatment 
	Other Treatments 
	Spasticity Monitoring Scales 
	EHRead® Performance Evaluation 

	Discussion 
	Conclusions 
	Materials and Methods 
	Study Design and Study Population 
	Data Source and Extraction 
	Study Variables 
	Data Analysis 

	References

