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Abstract: When seeds are treated with a high-voltage electric field (HVEF) to improve seed vigor,
due to the large differences in the biological electromagnetic effects on different types of seeds, the
methods of variance analysis and regression analysis based on data statistics are generally used to
construct the optimal electric field dose prediction model; however, the generalization performance
of the prediction model tends to be poor. To solve this problem, the electric intensity, frequency
and treatment time were taken as the input variables for hybrid support vector regression (SVR)
analysis to establish the prediction model of the seed comprehensive germination index. The whale
optimization algorithm (WOA) was used to optimize the kernel parameters of the SVR. The optimized
hybrid WOA–SVR model predicted the optimal comprehensive germination index of aged cotton
(Gossypium spp.) seeds to be 329, the optimal HVEF dosage was 3.64 kV/cm × 99 s, and the frequency
was 1.4 Hz. The aged cotton seeds were treated with the optimal HVEF and the germination test
was carried out. Compared with the check (CK), the comprehensive germination index of seeds
increased by 48%. The research results provided a new method and new idea for the optimal design
of parameters for seed treatment with HVEF.

Keywords: seed vigor; WOA–SVR; biological electromagnetic effects; model prediction; HVEF

1. Introduction

Seed vigor is an important index for evaluating seed quality [1]. High-vigor seeds have
significant growth advantages and high yield potential, which is the primary condition for
high efficiency and high yield in modern agriculture [2]. Studies have shown that proper
high-voltage electric field (HVEF) treatment on seeds could change the permeability of
seed cell membranes [3–5], increase the activity of intracellular enzymes [6], accelerate
cell mitosis and radicle development, promote cell metabolism [7–9], and significantly
improve seed vigor [10]. Xu et al. used the corona field to treat rice seeds and found that the
treated seeds not only improved the germination potential, germination rate, germination
index and other indexes, but also the germination peak was about 1 day earlier than the
control [11,12]. Lynikieney et al. had found that the corona field treatment could advance
the germination peak of vegetable seeds by 2 to 3 days earlier [13]. Marček et al. treated
wheat seeds with high voltage discharge, found that high voltage pretreatment of wheat
seeds improved the root length, seedling length, germination potential and germination
index of seeds, and increased the electrical conductivity of water medium [14]. In addition,
some studies have shown that HVEF treatment on seeds could improve the cold stress [15],
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drought stress [16], and salinity stress [17,18] in seeds. Bormashenko et al. studied the
effect of cold radiofrequency plasma on the water absorption of the outer epidermis of
beans, and found that the plasma-treated beans accelerated the water absorption rate of the
seeds’ outer epidermis, increased the germination rate of the seeds, and made the seeds’
outer epidermis more hydrophilic [19]. Wang et al. studied the effect on millet seeds treated
with corona discharge field, and the results showed that the vigor index of millet seeds
treated with corona discharge field was significantly higher than that of the control. By
measuring the conductivity of seed leachates, it was found that corona field treatment of
seeds could effectively promote the integrity of cell membrane during seed germination [20].
Patwardhan et al. used HVEF to treat tomato seeds and carried out seed germination
experiments, and the seed germination data were subjected to regression analysis and
variance test. They found that the treatment effect was the best when the treatment time
was 20 s and the electric field intensity was 200 kV/m, compared with the control; moreover,
the seed germination rate of the HVEF treatment increased from 76% to 100%, and made
a very significant difference [21]. Using data envelopment analysis and non-parametric
comprehensive analysis method, Bao et al. analyzed the comprehensive effects of different
electric field intensities and treatment times on the biological effects of wheat seeds, and
revealed the internal relationship in seedling morphological indexes between the different
electric field treatments and the control [22]. Yan et al. used low-frequency and pulsed
HVEF to treat aged cotton seeds, designed orthogonal experiments and optimized the
electric field treatment conditions with response surface modeling. Compared with the
control, germination potential, germination rate, germination index and vigor index made
an extremely significant difference [23]. Chen et al. established a mathematical model
between electric field intensity, treatment time and comprehensive indexes of millet seed
germination by using the combination of quadratic general rotation combination design and
principal component analysis. The optimized electric field conditions significantly affected
the germination vigor of millet seeds [24]. Different electric field intensities, frequencies and
treatment times have different effects on seed vigor. Accurately predicting the changing
trend of seed vigor under different HVEF treatment conditions, establishing seed vigor
and HVEF parameter model, and predicting the optimal dose of electric field (electric field
dose = electric field intensity × treatment time) is of great significance for improving seed
vigor and quality.

In recent years, with the rapid development of machine learning, the use of machine
learning algorithms instead of traditional mathematical statistical methods for model
construction is emerging [25,26]. Support vector regression (SVR) is a machine learning
method based on statistical learning theory. Its key idea is to map the sample space to
the high-dimensional feature space through the “kernel function mapping”, and use the
risk minimization principle to construct decision function, which is suitable for solving
nonlinear problems with a small number of samples and high dimensionality [27]. SVR
model parameters, such as penalty factor c and kernel function parameter g, have a sig-
nificant impact on the performance of the model and are difficult to select; parameter
optimization algorithms are often introduced in the modeling process to optimize SVR
model parameters [28].

This paper conducted HVEF treatment on aged cotton seeds and germination exper-
iments, then calculated the germination potential, germination rate, vigor index, germi-
nation index and comprehensive germination index of each group of experimental seeds.
The small-sample data of the orthogonal experiment of HVEF treatment on seeds was used
as the training set. SVR was used to establish a seed vigor prediction model for HVEF
treatment, and the whale optimization algorithm (WOA) [29] was used to intelligently
optimize the parameters of the SVR model, which improved the accuracy of the SVR
regression model of seed vigor. This study provided a new research idea for seed vigor
prediction based on small-sample germination experimental data of HVEF treatment on
seed and SVR, and provided a new method for selecting the optimal electric field dose for
HVEF treatment on seeds.



Agronomy 2022, 12, 88 3 of 13

2. Materials and Methods
2.1. Raw Material

The aged cotton (Gossypium spp.) seeds (Xinmian2, long staple cotton, 6 ± 0.6%
moisture content) were produced in 2016 and provided by Agronomy College of Shandong
Agricultural University, Shandong, China. The seeds had been stored in a dry place at
room temperature before the experiments. Undamaged and plump seeds were manually
selected for HVEF treatment and germination experiments.

2.2. Experiment Instruments

The HVEF seed treatment device was mainly composed of a pulsed high-voltage
power supply (self-developed by the School of Mechanical and Electrical Engineering,
Shandong Agricultural University), arc-shaped prick electrodes, high-voltage probe (Tek-
tronix P6015A, Tektronix Inc., Beaverton, OR, USA), oscilloscopes (Tektronix TDS1012B-SC,
Tektronix (China) Inc., Shanghai, China) and grounded flat electrode. The schematic dia-
gram of the electric field seed treatment device is shown in Figure 1. Each piece of prick
electrode with a thickness of 0.6 mm had 24 arc-shaped tips with a radius of 4.5 mm. The
angle between the two tangents of the arc was 35◦. The seed treatment device was installed
with 10 prick electrodes, the distance between each two electrodes was 24 mm, the gap
between the tip of the arc-shaped electrode and the plate electrode was 50 mm, and the
size of the plate electrode was 240 mm × 400 mm. The specific shape can be found in the
references of our laboratory [11,12,30].

Figure 1. HVEF seed treatment device. 1. Pulsed high-voltage power supply. 2. Arc-shaped prick
electrodes. 3. High voltage probe. 4. Oscilloscope. 5. Grounded plate electrode. 6. Cotton seeds.

2.3. Experiment Methods
2.3.1. Pulsed Electric Field Treatment Experiment

To eliminate the influence of temperature and humidity on the energy release of
HVEF-treated seeds, electrical treatment in an air-conditioned room with size of 2 m × 2 m
was built in our laboratory, the room temperature was automatically adjusted by the air
conditioner (Gree KFR-26GW, Gree Electric Appliances Inc. of Zhuhai, China) and the
humidity was regulated by the intelligent humidifier (Philips HU4803, Philips (China)
Investment Co., Ltd., Shanghai, China).

The HVEF treatment experiment was carried out in the air-conditioned room with
a temperature of 25 ◦C ± 2 ◦C and relative humidity of 30% ± 3%, the distance between
the arc-shaped prick electrode and the grounded plate electrode was 5 cm, and the output
voltage of the pulsed high-voltage power supply formed an electric field for treating
seeds between the two plates. The cotton seeds were evenly spread on the grounded
plate electrode. According to the preliminary experiment of HVEF treatment on aged
cotton seeds, the HVEF intensity was in the range of 2.4–4 kV/cm, the pulse frequency
was 1–50 Hz, and the treatment time was 20–100 s [24]. To reduce the influence of the
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decreasing electromagnetic effect on the germination of seeds, the seeds were planted in
the germination bed within 12 h after being treated with HVEF [31].

2.3.2. Seed Germination Experiment

The cotton seeds treated by the pulsed HVEF and the control were immersed and
disinfected with 60 mg/L electrolyzed functional water for 10 min, then rinsed with
deionized water for 3 times and dried with absorbent paper; the seeds were then planted
evenly and neatly in the germination box with sand bed. To prevent evaporation of
water from the germination box, the box was covered with a lid before the cotton seeds
germinated. One hundred (100) cotton seeds were randomly picked as one germination
repetition, and each treatment group was subjected to 5 repetition experiments. The
seed germination experiments were carried out in the germination room of the State Key
Laboratory of Crop Biology, Shandong Agricultural University. The germination room,
at 30 ◦C ± 2 ◦C and 100% RH, was set at 12 h light and 12 h dark alternately. During the
experiment, the moldy or rotten seeds were cleaned up and removed in a timely manner.
On the 3rd day of germination, some cotton seeds with higher vigor began to germinate,
and some of the higher seedlings were close to the germination box lid. To prevent the lid
from affecting the growth of cotton seedlings, the germination box lid was removed in time.
After removing the lid, the water requirement of the seedlings was increased and the water
evaporation of the sand bed was increased, so the seedlings were watered by spraying
water once or twice a day to keep the sand bed moist. From the 4th day onward, the number
of germinated seeds in each box was recorded every day, and the seedlings were washed at
the end of the germination on the 12th day. Then, seedling length was measured, and the
average seedling length for each replicate was calculated. Finally, the germination potential,
germination rate, germination index, vigor index and comprehensive germination index of
each replicate were calculated according to Equations (1)–(7) as follows:

GE = G4/100 (1)

GP = G12/100 (2)

GI = ∑ Gt/Dt (3)

VI = GI · S (4)

PV = Gt/T (5)

MDG = GP/GD (6)

W = [VI + PV · MDG + (B − MLTI)]/3 (7)

where GE is germination potential, %; G4 is the number of cotton seeds germinated at the
4th day; GP is germination rate, %; G12 is the number of cotton seeds germinated at the
12th germination day; GI is germination index; Dt is the days of seeds germination; Gt is
the number of seed germination per day corresponding to Dt; VI is vigor index of seeds; S
is the average weight of a seedling, g; PV is germination peak; Gt is germination rate at the
germination peak; T is the days of the germination peak; MDG is average germination rate
per day; GD is germination days; B is the maximum germination days; MLTI is average
germination days; and W is comprehensive germination index.

2.4. Creating Cotton Seeds Germination Data Set

To ensure that the small sample data of the multi-factor experiment could represent the
comprehensive experiment of seed germination, the orthogonal experiment was adopted to
design the seed germination experiment, and the orthogonal experiment data of aged cotton
seed germination was used as the raw sample data set for SVR regression model analysis.

Taking HVEF intensity 3 kV/cm, frequency 10 Hz, and treatment time 60 s as the
center point, using Minitab software to design cotton seed germination orthogonal test, the
orthogonal test table with three factors and five levels is shown in Table 1.
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Table 1. Orthogonal test table.

Level
Factor

HVEF Intensity
(kV/cm)

Frequency
(Hz)

Treatment Time
(s)

1 2.4 1 20
2 2.6 5 40
3 3 10 60
4 3.4 20 80
5 3.6 50 100

2.4.1. Method of Establishing Seed Vigor Model

The HVEF intensity, frequency and treatment time of orthogonal test data of aged
cotton seed germination were used as the raw sample data, which were normalized for
establishing the SVR model, and the comprehensive germination index was the output of
SVR model. The WOA was used to optimize the SVR model parameters c (penalty factor)
and g (kernel function parameter).

2.4.2. Kernel Function of SVR

Compared with a single kernel function, using multiple kernel functions can effectively
improve the accuracy of the regression prediction model. The Gaussian kernel function
is a local kernel function with weak learning ability. On the other hand, the polynomial
kernel function is a global kernel function, with weak generalization ability but has strong
learning ability [32,33].

In this paper, a hybrid kernel function SVR with Gaussian kernel and polynomial
kernel superimposed was used, which not only had global generalization and fitting ability,
but also had a local fitting ability, so it could further improve the accuracy of prediction.
The calculation equation of the hybrid kernel function is shown as Equation (8).

khyb = δkpoly + (1 − δ)krb f , 0 ≤ δ ≤ 1 (8)

where kpoly is polynomial kernel; krb f is Gaussian kernel; and δ is weight coefficient.

2.4.3. Parameter Optimization of SVR Regression Model

WOA was used to intelligently optimize the penalty factor c and the kernel function
parameter g of the hybrid kernel SVR regression model, and at the same time, adjust the
weight coefficient δ for hybrid kernel optimization [34,35].

The WOA consists of three operators, which realize the optimal search by simulating
humpback whales surrounding prey, bubble net attack and prey predation strategy [36–38].
The steps of SVR regression model construction are as follows:

(1) Parameter initialization. Normalize the calibration set and the prediction set, set
the number of individuals in the WOA population N and the number of iterations TE, and
set the optimization range of c and g.

(2) Calculate the fitness function value of the initial position of the whale swarm in the
WOA, and use the data with the highest evaluation of the fitness function as the current
optimal spatial position of the whale swarm.

(3) Calculate the convergence factor A and the swing factor C.
(4) Calculate the fitness of each whale, determine the individual whale with the best

current fitness and update the spatial position of the whale swarm.
(5) Evaluate the entire whale population again, find the globally optimal whale indi-

vidual and its positions, compare the fitness corresponding to the whale swarm position
vectors before and after updating, determine the next generation of whale swarm positions,
and continue the algorithm iteration.

(6) When the number of iterations reaches the set value TE, go to step 7, otherwise go
to step 3.
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(7) The output position corresponding to the global optimal whale is the optimal
value of c and g in the SVR model. The optimized c and g are used to establish the SVR
regression model.

3. Results
3.1. Orthogonal Test on the Effect of HVEF on the Aged Cotton Seed Vigor

There were 25 treatments and a check (CK) in the orthogonal test, and the test results
are shown in Table 2.

Table 2. Orthogonal germination experiment data of aged cotton seeds.

NO.
HVEF

Intensity
(kV/cm)

Frequency
(Hz)

Treatment
Time (s)

Germination
Rate
(%)

Germination
Potential

(%)
Germination

Index Vigor Index
Comprehensive

Germination
Index

CK 0 0 0 63 ± 5 57 ± 2 46 ± 3 695 ± 39 232
1 2.4 1 20 74 ± 5 64 ± 5 53 ± 4 805 ± 56 294
2 2.4 5 40 75 ± 4 69 ± 5 55 ± 3 757 ± 45 253
3 2.4 10 60 69 ± 4 63 ± 2 51 ± 3 721 ± 38 241
4 2.4 20 80 84 ± 5 69 ± 1 57 ± 1 862 ± 21 288
5 2.4 50 100 69 ± 1 63 ± 2 50 ± 1 765 ± 16 255
6 2.6 1 40 75 ± 3 71 ± 2 55 ± 2 815 ± 36 272
7 2.6 5 60 71 ± 2 68 ± 0 53 ± 1 711 ± 15 237
8 2.6 10 80 69 ± 5 67 ± 5 57 ± 4 878 ± 57 293
9 2.6 20 100 75 ± 4 63 ± 4 53 ± 3 763 ± 47 255

10 2.6 50 20 75 ± 2 67 ± 2 54 ± 1 883 ± 11 295
11 3.0 1 60 78 ± 4 73 ± 2 58 ± 3 935 ± 44 312
12 3.0 5 80 73 ± 2 69 ± 2 54 ± 2 779 ± 25 260
13 3.0 10 100 75 ± 2 69 ± 2 55 ± 2 830 ± 29 277
14 3.0 20 20 71 ± 2 61 ± 5 51 ± 3 879 ± 47 293
15 3.0 50 40 65 ± 3 58 ± 7 47 ± 2 880 ± 38 294
16 3.4 1 80 72 ± 8 64 ± 6 49 ± 5 774 ± 66 258
17 3.4 5 100 77 ± 1 71 ± 1 56 ± 1 981 ± 10 328
18 3.4 10 20 67 ± 2 60 ± 2 48 ± 1 742 ± 19 248
19 3.4 20 40 65 ± 2 61 ± 3 48 ± 2 817 ± 28 273
20 3.4 50 60 78 ± 3 69 ± 4 56 ± 3 944 ± 46 315
21 3.6 1 100 69 ± 4 63 ± 3 51 ± 2 942 ± 43 314
22 3.6 5 20 73 ± 2 66 ± 2 53 ± 2 939 ± 29 314
23 3.6 10 40 69 ± 1 65 ± 9 52 ± 1 934 ± 26 312
24 3.6 20 60 74 ± 2 67 ± 6 54 ± 1 945 ± 21 316
25 3.6 50 80 66 ± 2 62 ± 3 49 ± 2 765 ± 34 255

The HVEF intensity, frequency and treatment time of orthogonal test data were the
inputs of SVR model, and the comprehensive germination index was the output of SVR
model. In order to improve the prediction accuracy of the SVR model, the raw sample data
in Table 1 were normalized, as shown in Table 3.

Table 3. Normalization of the orthogonal experiment data.

NO. HVEF Intensity
(kV/cm)

Frequency
(Hz)

Treatment Time
(s)

Comprehensive
Germination

Index

CK 0 0 0 0.69
1 0.60 0.02 0.20 0.77
2 0.60 0.10 0.40 0.77
3 0.60 0.20 0.60 0.77
4 0.60 0.40 0.80 0.79
5 0.60 1.00 1.00 0.81
6 0.65 0.02 0.40 0.78
7 0.65 0.10 0.60 0.78
8 0.65 0.20 0.80 0.78
9 0.65 0.40 1.00 0.79
10 0.65 1.00 0.20 0.87
11 0.75 0.02 0.60 0.86
12 0.75 0.10 0.80 0.83
13 0.75 0.20 1.00 0.83
14 0.75 0.40 0.20 0.84
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Table 3. Cont.

NO. HVEF Intensity
(kV/cm)

Frequency
(Hz)

Treatment Time
(s)

Comprehensive
Germination

Index

15 0.75 1.00 0.40 0.81
16 0.85 0.02 0.80 0.89
17 0.85 0.10 1.00 0.90
18 0.85 0.20 0.20 0.84
19 0.85 0.40 0.40 0.83
20 0.85 1.00 0.60 0.80
21 0.90 0.02 1.00 0.94
22 0.90 0.10 0.20 0.88
23 0.90 0.20 0.40 0.85
24 0.90 0.40 0.60 0.85
25 0.90 1.00 0.80 0.80

3.2. Kernel Function Selection of SVR

When weight coefficient δ= 0, the kernel used in SVR was Gaussian kernel, and the
Gaussian kernel parameters were optimized by WOA. As shown in Figure 2, the optimized
penalty factor c = 169.3445, the kernel function parameter g = 0.022933, and MSE = 0.035128
under this condition.

Figure 2. Gaussian kernel parameters optimization.

The weight coefficient of the kernel function was set to the reciprocal of the number of
sample features, that is, δ = 1

3 in Equation (8). The kernel used in SVR was Gaussian and
polynomial hybrid kernel function, then WOA was used to optimize the parameters of the
hybrid kernel. As shown in Figure 3, the optimized penalty factor c = 663.7379, the kernel
function parameter g = 0.01133, and MSE = 0.01835 under this condition.
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Figure 3. Hybrid kernel parameters optimization.

It can be seen from Figures 2 and 3 that, using WOA to optimize the kernel function
parameters of the SVR model, the MSE of the hybrid kernel SVR was smaller than the MSE
of the Gaussian kernel SVR, and the penalty factor c after the optimization of the hybrid
kernel SVR was significantly greater than that of the Gaussian kernel SVR, so the hybrid
kernel was selected as the kernel function of the SVR in this study.

3.3. Predictive Analysis of Hybrid WOA–SVR

In further analysis, 80% of the seed germination orthogonal test data was randomly
selected as the training set, and the remaining 20% as the test set. The optimized hybrid
WOA–SVR was used to train the regression model of seed comprehensive germination
index. The training results are shown in Figure 4. Then, the WOA–SVR model was used
to predict the comprehensive germination index of the training set, and compared with
the actual value, the correlation coefficient between the predicted value and the actual
value was R = 0.9880, which showed that there was a high linear positive correlation
between the comprehensive germination index predicted by the hybrid WOA–SVR and the
actual index.

To verify the generalization performance of the hybrid WOA–SVR of seed compre-
hensive germination index, the remaining 5 groups of samples (after randomly selecting
20 groups of training sets) were predicted as the test set, and the predicted values of the
test set were compared with the actual values, as shown in Figure 5. The correlation
coefficient between the predicted value of the test set and the actual value was R = 0.9301,
indicating that on the test set, there was also a high linear positive correlation between
the comprehensive germination index of seeds predicted by hybrid WOA–SVR and the
actual. The generalization performance of hybrid WOA–SVR of the comprehensive seed
germination index was suitable, and it avoided the overfitting problem of SVR training
on a small-sample data set. The optimal comprehensive germination index of aged cotton
seeds predicted by the hybrid WOA–SVR was 329, and the optimal HVEF dosage to treat
aged cotton seeds was 3.64 kV/cm × 99 s, the frequency was 1.4 Hz.
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Figure 4. Training results of hybrid WOA–SVR for seed comprehensive germination index.

Figure 5. Test results of hybrid WOA–SVR for seed comprehensive germination index.

3.4. Seed Germination Experimental Verification of WOA–SVR Prediction Parameters

According to the prediction results of the hybrid WOA–SVR, the optimal electric field
intensity for the treatment of aged cotton seeds was 3.64 kV/cm, the treatment time was
99 s, and the frequency was 1.4 Hz; the aged cotton seeds were treated under the conditions
and then the seed germination tests were carried out. Comparing with the CK, the results
of each index of seed germination are shown in Table 4; here, the germination rate of aged
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cotton seeds increased by 43%, the germination potential increased by 19%, the germination
index increased by 29%, the vigor index increased by 48%, the comprehensive germination
index increased by 48%, and each index reached a very significant difference (p < 0.01). On
the other hand, the difference between the comprehensive germination index predicted by
WOA–SVR and the experimental was 4%.

Table 4. Verification of Test Results.

Test
Group

Germination
Rate
(%)

Germination
Potential

(%)

Germination
Index Vigor Index

Comprehensive
Germination

Index

Optimal
HVEF

Treatment
90 67 58 1029 343

CK 63 56 45 695 232

4. Discussion

The biological effect of the HVEF is the primary physical and chemical reactions in the
organism caused by the electric field, thereby forming a comprehensive after-effect [39,40].
Appropriate electric field dose (electric field intensity × treatment time) plays a positive role
in promoting seed germination [24,41–43]. Therefore, in order to better improve seed vigor,
the HVEF conditions should be optimized. Using the response surface method to optimize
the binomial regression model of seed vigor index, the optimal combination of electric field
intensity and frequency for HVEF treatment on seeds could be obtained. However, the
optimal electric field dose model for seed treatment generally uses the analysis of variance
and regression analysis methods based on data statistics, which cannot re-optimize the
parameters of the regression model according to the posterior data.

For Tables 2 and 3, the orthogonal test method was used to design the seed treatment
with HVEF, and representative experiment samples could be selected from the overall
experiment. These representative experimental samples were uniformly dispersed, neat
and comparable, which provided effective small-scale sample data sets for SVR model
prediction. A simple and feasible method was provided for the selection of appropriate
HVEF parameters and treatment time for seed treatment with HVEF. In this study, the mean
square error and penalty factor c obtained by using the hybrid kernel SVR were higher
than the Gaussian kernel SVR as shown in Figures 2 and 3. Studies had shown that the
linear superposition of multiple kernel functions improved the accuracy of the regression
prediction model, and had a higher learning ability [44,45], the use of hybrid kernel SVR
could further improve the accuracy of prediction. For Figures 4 and 5, the regression model
of seed comprehensive germination index was trained through the optimized hybrid kernel
SVR, the comprehensive germination index of the training set and the test set was predicted,
and the correlation coefficient between the predicted value of the training set and the actual
value was 0.9880, the correlation coefficient between the predicted value of the test set and
the actual value was 0.9301. There was a high linear positive correlation between the seeds
comprehensive germination index predicted by the hybrid WOA-SVR model and the actual
seed germination index. The hybrid WOA-SVR regression model prediction improved the
prediction accuracy and generalization ability of SVR, reduced the overfitting problem of
training on small scale sample data sets, and realized accurate global optimization [46].

5. Conclusions

In this paper, the electric field intensity, frequency and treatment time of the HVEF
were used as the input of the SVR, and the comprehensive seed germination index was
used as the predictive output of the SVR. In the study, 80% of the orthogonal test data of
seeds treated with HVEF were randomly selected as the training set and the remaining 20%
as the test set. WOA was used to optimize the kernel function parameters of SVR, and the
optimized hybrid WOA–SVR prediction model of seed comprehensive germination index
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was obtained. The seed comprehensive germination index predicted by the optimized
WOA–SVR was highly linearly and positively correlated with the actual comprehensive
germination index of the aged cotton seeds, which effectively avoided the overfitting
problem of SVR training on the small-sample data set, and provided a machine learning
method for predicting the optimal electric field dose (electric field strength × treatment
time) of HVEF-treated seeds. The parameters of the WOA–SVR can be re-optimized by
using the posterior data of seed germination experiment, which provided a meaningful
reference for the parameter optimization of seeds treated by HVEF.

The optimal comprehensive germination index of aged cotton seeds predicted by the
hybrid WOA–SVR model was 329, the HVEF intensity was 3.64 kV/cm, the frequency was
1.4 Hz, and the seed treatment time was 99 s; the aged cotton seeds were thus treated for
99 s in HVEF with an intensity of 3.64 kV/cm and a frequency of 1.4 Hz. The germination
test of the aged cotton seeds treated by the HVEF was carried out and, comparing with CK,
the germination rate of the seeds increased by 43%, the germination potential increased by
19%, the germination index increased by 29%, and the vitality index increased by 48%. The
actual comprehensive germination index of the aged cotton seeds was 343, which has a
deviation of 4% from the predicted.
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