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Abstract: There are few studies on the representation of older people regarding aids and assistive
devices and even fewer that incorporate more inclusive views (gender, emotions, anti-ageist, territorial
or land approach) as well as virtual or land ethnography or artificial intelligence. The general objective
was to evaluate digital images of aids and assistive aids in the older population, from the perspectives
mentioned above. Method. A descriptive and cross-sectional study that searched, observed and
analyzed images. An evaluation of intentionally selected images from Freepik, Pixabay, Storyblocks,
Splitshire, Gratisography and ArtGPT, included in an original database constructured by several
authors of this article, was carried out in the context of the ENCAGEn-CM project (2020–2023,
financed by the CAM and FSE). This base was updated and expanded in October and November
2023. In addition, an image generation process was carried out using artificial intelligence, and this
was also part of the analysis (ArtGPT). Finally, algorithms were used to solve and retrain with the
images. Results. Of the total final images included in the expanded database until November 2023
(n = 427), only a third (28.3%, 121/427) included the aids and assistive aids label. Representations
of mixed groups predominated (38.8%) and, to a lesser extent, those of women. A large proportion
of the devices were ‘glasses’ (74.6%) and the ‘use of a cane’ (14.9%). To a lesser extent, ‘wheelchairs’
(4.4%) or ‘hearing aids’ (0.9%) and the presence of more than one device (simultaneously) (5.3%)
were noted. The main emotions represented were ‘joy’ (45.6%) and ‘emotion not recognized’ (45.6%),
with, to a lesser extent, ‘sadness’ (3.5%), ‘surprise’ (4.4%) and ‘anger’ (0.9%). Differences by sex were
found in the represented emotions linked to aids and assistive aids. The representation of images of
the built environment predominated significantly (70.2%), and it was observed that older women
were less represented in natural environments than men. Based on the previous findings, a method
is proposed to address stereotypes in images of older individuals. It involves identifying common
stereotypical features, like glasses and hospital settings, using deep learning and quantum computing
techniques. A convolutional neural network identifies and suppresses these elements, followed by
the use of quantum algorithms to manipulate features. This systematic approach aims to mitigate
biases and enhance the accuracy in representing older people in digital imagery. Conclusion. A
limited proportion of images of assistive devices and older people were observed. Furthermore,
among them, the lower representation of images of women in a built environment was confirmed,
and the expressions of emotions were limited to only three basic ones (joy, sadness and surprise). In
these evaluated digital images, the collective imagination of older people continues to be limited
to a few spaces/contexts and emotions and is stereotyped regarding the same variables (sex, age,
environment). Technology often overlooks innovative support tools for older adults, and AI struggles
in accurately depicting emotions and environments in digital images. There is a pressing need for
thorough pretraining analysis and ethical considerations to address these challenges and ensure more
accurate and inclusive representations of older persons in digital media.
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1. Introduction

According to the latest World Population Prospects report, it is estimated there were
771 million people aged 65 or over worldwide in 2022. Moreover, the proportion of the
world population in this age range will increase from 10% in 2022 to 16% in 2050 [1], which
constitutes both a social success and a future challenge for current policies. Moreover,
this demographic change and the factors contributing to it require attention in terms of
developing public and social policy within this paradigm. How can we maintain healthy
and active lifestyles for people during the ageing process? This continues to be one of the
basic pillars in the development of public and social policy [2] for the older population
with the maximum quality of life (QoL) and for society. Moreover, there are variations
between continents, but, in terms of life expectancy, older women globally outnumber
men in almost all populations [1], which is impacting social roles and policies, leading to
a more inclusive vision with a gender and anti-ageist perspective. The factors that have
mainly contributed to this demographic change and healthy ageing are progress in research
in health sciences and biotechnology; greater knowledge of diseases and the drugs and
therapies used to treat them; and the latest advances in technology and health devices.
However, it should not be ignored that older women continue to be largely forgotten in
terms of the roles and stereotypes that are common in this population group. This is mainly
because they represent a social group with biased roles in caring for family members, and,
because of technology, there is still an incipient digital divide in those who are older or
very old. This bias remains latent in society.

In the context of technology, there are hundreds of devices and products focused on
improving the QoL and well-being of people. However, many of these products present
significant difficulty for older people—on the one hand, in relation to their cost–benefit ratio,
and, on the other, in terms of accessibility and usability. This is in addition to the incipient
digital divide within the older and very old population. For these reasons, even today,
common aids and assistive devices usually cover a wide range of devices and tools designed
to assist individuals in various aspects of daily living, mobility and health management—
for example, walking sticks, wheelchairs, glasses and earphones. These types of aids are a
focus point in public policy guidelines, since they can provide improvements in different
QoL dimensions [3], which should be evaluated from a comprehensive, accessible, inclusive
and intergenerational perspective. Therefore, new and emerging technologies that enhance
ageing are designed mainly for activities of daily living, personal health or safety, mobility,
communication and physical activity, which can facilitate independence in the home [4].

However, the use of the phrase ‘health support technology’ is often confused with the
use of mobile phones and apps, which do not always effectively compensate for or alleviate
illnesses or disabilities. This confusion can lead to unrealistic expectations about the
capabilities of such technologies. Moreover, recent advancements in artificial intelligence
(AI) have expanded its application in various fields. AI is now used to generate algorithms
for aids and assistive devices, as well as to create chatbots designed to assist individuals
and generative AI models that provide information about the ageing process. While these
technologies may not always have a direct focus on health, they significantly influence
health representation and can contribute to stereotyping [5]. For instance, AI-driven tools
might inadvertently reinforce negative stereotypes about ageing by portraying older adults
in a limited or negative light. This can shape public perception and contribute to a more
negative collective imagination about ageing and older persons. Addressing these issues
requires a careful, inclusive approach to designing and implementing health support
technologies, ensuring that they promote positive and accurate representations of ageing
and support the diverse needs of older adults.
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Specifically, the way in which older people and their environment are represented
through social images constitutes a central axis in reflections on old age and impacts
the formation of stereotypes and generalized discrimination against older people. This
representation is crucial because it shapes societal perceptions and attitudes towards older
adults. When media and social images predominantly depict older individuals as frail,
dependent and disengaged from society, these portrayals reinforce negative stereotypes
and contribute to ageist attitudes. Such stereotypes can lead to generalized discrimination,
marginalizing older adults and affecting their access to opportunities and resources.

Furthermore, age discrimination is a psychosocial problem that negatively impacts the
health and well-being of older people (see [6], among other studies). Research has shown
that experiencing ageism can lead to increased stress, reduced self-esteem and poorer
mental and physical health outcomes. Ageist attitudes and stereotypes are pervasive across
various media, with social networks being particularly influential. Social media platforms
often amplify these negative portrayals, presenting older people as a homogeneous, vul-
nerable and powerless group [7,8]. This widespread stereotyping fosters an environment
where ageist discourses thrive, further entrenching discriminatory attitudes and behaviors
towards older adults.

This stereotyping not only shapes public perception but also influences policy and
social attitudes towards older adults. Therefore, addressing these issues requires a careful,
inclusive approach to designing and implementing technologies [5]. These technologies
should promote positive and accurate representations of ageing and support the diverse
needs of older adults, ensuring that they are seen as capable, diverse and valuable members
of society. Furthermore, the intersection of gender perspectives with images and technolo-
gies plays a crucial role in shaping these representations. AI technologies, for instance,
increasingly influence how older women are portrayed in digital media.

From a gender/sex perspective in older people, such as concepts linked to identity
and how they are represented [5,9], there are antecedents based on data from digital images
that have made it possible to study the presence of stereotypical images of old age with the
greater presence of women [5]. These findings underscore the importance of examining
how older women are depicted and the impact of these portrayals on societal perceptions
and gender-based stereotypes.

The imbalance that appears in the activities attributed to men and women is notable,
where women continue to appear within stereotyped roles in indoor spaces, carrying out
care activities, while men carry out leisure activities in open spaces and are visible outside
(see [5], among other studies). A recent review has shown the important gaps in knowledge
about the representation of older people in the digital world in terms of love and sexuality,
and diversity has rarely been addressed [10]. It is suggested to explore the terminology
from a classic perspective, through collective or social imagination [11,12], with a positive
representation of, for example, gender and older people. Although this study does not
focus on exposure to social networks, there is literature on the population of older people
in which the gender inequalities related to them are shown. For example, stereotypical
representations and the invisibility of older people according to gender have been observed
in Edström’s study, which analyzes the media with the greatest presence in three different
decades (1994, 2004 and 2014), indicating that men and women become almost invisible
as they age, being more pronounced in older women [13]. Recently, in the case of social
networks and digital platforms, discrimination against older people has also been detected
in previous studies [14,15].

How older people are represented and the emotions that they express is a crucial basis
on which to understand the psychosocial dimension of ageing, which has been identified
by different authors, classic and recent, from the field of social psychology [16,17] with
links to gender [18]. Here, significant numbers of images had no emotions represented,
and, to a lesser extent, the emotions detected were sadness, surprise and anger [5]. It was
also observed that there was physical contact and relational gestures in the representation
of such people and the emotional states of older people [5].
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The representation of older people and gender in images within a specific environ-
ment/space is of vital importance, since ageism is most manifested through the invisibility
of old age, both in family and social contexts, as well as in other areas, such as nursing
homes and households [19]. Furthermore, studies have shown that older people prefer their
typical environments, but, when their care needs increase, they consent to be transferred to
nursing homes [19] with aids and assistive aids. In this context, there is not much similar
research available, with some exceptions [5,14,15,19,20] that investigate the representation
of older people with health support technologies and health devices and incorporate inclu-
sive perspectives—such as the gender, space and age approach from virtual ethnography
and AI [21–23]. Moreover, digital images of older people often carry negative connotations,
characterized by minimal diversity and a lack of emphasis on the positive aspects of ageing.
This tendency is particularly relevant in media and advertising contexts, where depictions
of old age tend to focus on negative stereotypes and aspects associated with the loss of
physical and cognitive abilities [15]. This lack of diversity and the prevalence of negative
representations can have a significant impact on the public perception of ageing and on
the self-esteem of older persons. This means that digital images representing older people
exhibit bias in aspects related to demographic shifts, disparities and equity. The latter is
linked to the concepts of ‘equity’ and ‘technology’, implying an inclusive and intersectional
approach in the application of technology analysis (see Figure 1).
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The main objective of this study is to evaluate digital images of aids and assistive
devices in the older population, from the perspectives of gender, age and location, as well
as from AI. It is expected that digital representations of aids and assistive devices in the
older population reflect gender and age stereotypes and that their use and accessibility vary
according to the geographical location. Regarding the ‘age perspective’, this study specifi-
cally examines how different age groups within the older population (e.g., those in their 60s,
70s, 80s, etc.) may be portrayed differently in digital images and how these representations
can reinforce or challenge existing age-based stereotypes. Regarding ‘location’, the research
analyzes how the availability, design and depiction of aids and assistive devices vary across
different geographical regions, highlighting the disparities that may exist between urban
and rural areas or across different countries. Additionally, it is proposed that AI may
provide new perspectives and approaches in the analysis of these images, thus contributing
to a deeper understanding of the representations and needs of the older population in
relation to emerging technologies.

This study is imperative due to the significant demographic shift towards an ageing
population worldwide. With the number of individuals aged 65 and above projected
to increase substantially by 2050, there is a pressing need to address the challenges and
opportunities associated with ageing. Furthermore, the gender disparities in life expectancy
and societal roles underscore the importance of adopting a more inclusive perspective that
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considers the unique experiences and needs of older women. Additionally, the influence of
technology, including both aids and assistive devices and emerging AI applications, on the
lives of older adults cannot be overstated. However, the current landscape of technological
development often overlooks the diverse needs of older individuals, perpetuating ageist
stereotypes and limiting their access to beneficial resources. Therefore, a comprehensive
analysis of digital images of aids and assistive devices, considering gender, age, location
and AI perspectives, is essential to promote a more inclusive and accurate representation
of ageing and to address the evolving needs of older populations in the digital age. By
exploring these dimensions, this study aims to shed light on the existing disparities and
pave the way for more equitable and effective technological solutions tailored to the diverse
needs of older adults.

2. Materials and Methods

This section comprises three parts: the study design and criteria for data collection;
the method; and sampling.

2.1. Study Design and Criteria for Data Collection

This descriptive and cross-sectional study was carried out from a virtual ethnogra-
phy approach [21–23], based on digital images, and the dimensions and categories were
explored from a gender, spatial and anti-ageing perspective, linked exclusively to aids and
assistive aids [5,9,24]. This work was designed as an ad hoc study within the framework of
the ENCAGEn-CM program (2020–2023) [25] to promote a positive image of old age and
ageing and combat ageism.

The search and inclusion criteria used to define the analysis database were based on
variables that were related to gender/sex, age, representations of images in the environment,
the presence of aids and assistive devices and emotions. They were labeled according to
sex, i.e., ‘man’ and ‘woman’, with a combination of groups of people where at least one
man and one woman appeared or multiple people of different sexes appeared. It was also
noted when the sex was not recognized. If there were more than two people of different
genders/sexes in the same image, the category of ‘mixed group’ was assigned; when there
was an image of two people, one older and one younger, the sex was recorded for both
people. The inclusion criteria and a brief description are given in Table 1.

Table 1. Inclusion criteria used to select images and representations of older people and their
descriptions.

Criterion Description

Representations of the
environments of older people
within different spaces

The definition of the natural and built environment was taken and the categories reported in the
previous literature were adapted [26,27]. Within the built environment, specific categories were
defined (residential, commercial, industrial, recreational, public services, transportation, green
space with human intervention, work, others), as well as for the natural environment
(agricultural areas, green areas without human intervention, and aquatic spaces). In the natural
dimension, meteorological data categories (sunny, cloudy, rainy, windy) were also investigated.
In all cases, the category of ‘not recognized’ was also added.

Presence of types of aids and
assistive devices

Categories related to the use of aids linked to technology were selected from ‘The Survey of
Health, Aging and Retirement in Europe’ (SHARE). This is an international and interdisciplinary
project, with the application of rigorous common procedures and protocols [28]. This variable
was applied only to older people represented in the images. When two older people who had
different devices were found in the same image, both or a single person were recorded, but, in the
presence of more than one device, it was recorded as a combined category. The categories from
the aforementioned survey were based on the following: cane, Zimmer frame/walker, manual
wheelchair, electric wheelchair, stroller/scooter, special eating utensils, personal alarm,
bars/grips/rails, toilet seat (raised), pads for urinary incontinence, robots, tablets, mobile phones,
electric scooters. There was also the possibility for emerging categories, such as glasses or hearing
aids, or combined categories, such as canes and glasses or canes and manual wheelchairs.
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Table 1. Cont.

Criterion Description

Emotions

Basic emotions were selected and emerging categories were possible. When the emotion could
not be identified precisely, the category of ‘not recognized’ was assigned (for example, when a
mask was worn). In the case of identifying more than one person in an image who shared the
same emotion, it was recorded as one; if there were different emotions in each person but only one
had a support device, the emotion linked to said device was recorded. When different emotions
were perceived with the presence of devices, only in this case was it recorded as a combined
emotion category. The categories of emotions that were included to be explored were the same as
those followed in the previous study [5] and the previous scientific literature [16–18], and they
were anger, joy, surprise, disgust, sadness and fear and an additional category of ‘not recognized’.

2.2. Method

The study consisted of two stages. Stage 1 started from an original database generated
by several authors of this work [5] in the context of the ENCAGEn-CM program [25] until
February 2022. For this work, the database was expanded and updated until November
2023 with the inclusion of images collected in different digital repositories. Open-access
databases were considered: Canva, Freepik, Gratisography, OpenPhoto, Pexel, Pinterest,
Pixabay, SplitShire, Storyblocks, Unsplash and Envato. Moreover, images were generated
through artificial intelligence (AI). We used the free program ArtGPT.

2.2.1. Data Collection

Overall, until November 2023, all digital images that presented any element related to
age or older persons were added and other types of media, such as illustrations or videos,
were excluded. A subsample was intentionally selected in which some elements linked to
aids and assistive devices had been detected, which, in this work, were the central units
of analysis. It should be noted that the data collection was based on free and open-access
websites, i.e., those that allowed images to be viewed and downloaded and that were free
of rights (Creative Commons).

For the image search, a systematic process was implemented where keywords in
English and Spanish were used to generate the searches. They were the following: ‘per-
sonas mayores’, ‘vejez’, ‘edadismo’, ‘tercera edad’, ‘anciano’ and ‘anciana’, ‘jubilado’ and
‘jubilada’, ‘viejo’ and ‘vieja’, ‘edad’, ‘envejecimiento’, ‘elderly, ‘ageism’, and ‘retired people’.
The same criteria as for the original database search were used [5].

The selected images were downloaded and archived in secure folders, with the pur-
pose of mitigating the ‘ephemeral’ process and the risk of obtaining information that had
circulated through digital environments. Moreover, the systematization of these images
was carried out in a database designed for this purpose. Corresponding links and other
information related to metadata and descriptive information were included.

In addition, during this process, the analysis of the individually selected images was
implemented. The previously defined categories were coded through the manual technique
and then analyzed quantitatively. In this classification and coding process, visual elements,
images, expressions and context, among other elements, were selected.

The inter-coder reliability measure for ‘emotions’ was Cohen’s kappa coefficient. This
coefficient is commonly used to assess the degree of agreement between two or more coders
when categorizing or classifying data, such as the emotions portrayed in images. Cohen’s
kappa coefficient helps to determine whether there is significant agreement beyond chance
agreement among the coders, thus providing a measure of the reliability of the collected
data. The Cohen’s kappa results are also included with the results of the emotions.

For example, Figure 2 provides an example of the dataset used and shows an older
woman in the foreground, in a wheelchair, with a non-recognized emotion. It is worth
noting that we focused on basic and primary emotions (4, 6 or 8, according to different
authors). However, if we had used secondary or advanced ones, the list would have been
expanded to dozens (different numbers depending on the authors consulted). For example,
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we could have included calm or tranquility (or a lack of expression, depending on how it
is interpreted), and we could have assigned this to many of the images of older people.
The lack of expressiveness and calmness is sometimes difficult to differentiate with only a
still image. This needs to be investigated further (e.g., evaluation of videos or audiovisual
media). However, this was beyond the main study’s objective, which focused on still
images, and remains a challenge.
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Figure 2. Image of an older woman with a wheelchair in an environment shared with other people.
Source: https://lc.cx/xVIuxv. Accessed on 12 August 2024.

In the case of images generated by AI, the process was carried out by a researcher
trained on the ArtGPT platform during the month of November 2023, and the procedure
followed the introduction of keywords of interest related to older people, gender, emotions
and support devices, to generate different tests. These keywords were ‘older people’, ‘older
women’, ‘older men’, ‘older people and happiness’, ‘older people and quality of life’, ‘older
people and joy’, ‘older people and fear, ‘older people and sadness’ and ‘older people and
technologies’, among others.

Different search combinations were implemented with the aforementioned terms and
it was observed that the GPT generated six images with each one (in total, 22 intersections
were generated, resulting in 132 images, in two phases or batches). Several tests were
carried out and in no case were they repeated.

The final combinations, which gave rise to the 10 images that were included in the
database for analysis, were generated from the following 5 intersections:

• Aids and assistive devices and older people and emotions;
• Aids and assistive devices and older people and emotions/joy;
• Aids and assistive devices, technologies and older people and emotions/sadness;
• Aids and assistive devices and older people and emotions/fear;
• Aids and assistive devices and older people and emotions/anger.

To report the results, the two images that appeared first were selected (of the 5 gen-
erated by each intersection, 10 images from the previous intersections), except when the
image appeared distorted. With this, the combination of the terms used was applied to
obtain images generated by AI. For each combination, AI generated a total of six images,
and, from these intersections, they included aids and assistive devices and older people
and emotions (null or joy/sadness/fear/anger or annoyance).

During the fieldwork for this study, each search combination consistently generated
6 images, regardless of the number of variables introduced. Therefore, although a total of
30 images was produced, only the first two images from each combination were selected,
resulting in a total of 10 images evaluated for the five final intersections mentioned.

https://lc.cx/xVIuxv
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The images generated through AI were obtained using two email accounts, since a
maximum number of images was allowed per account. It should be noted that there was a
limit to the number of images that could be accessed free of charge. In the case of exceeding
this number, the AI requests a paid subscription.

From each combination of keywords, only the first two output images (of the initial
six) were included since they were the ones that were most relevant to this study, and the
distorted images were not included.

Another aspect to highlight is that while general criteria were used for the images from
the digital repositories and when reproducing the searches of a previous study [5], more
specific criteria (as mentioned above) were included in the case of AI-generated images.

2.2.2. Data Analysis

To reduce information bias, all images were reviewed at least twice by two inde-
pendent researchers [22] and discrepancies were reviewed in virtual meetings within the
working group.

The analysis of the final database was carried out through a descriptive analysis
(absolute and relative frequencies), and a narrative analysis of the results was included
to generate some initial ideas about the image generation process using AI. Images were
selected to illustrate some of the dimensions of the analysis.

This study was based on an analysis of freely available digital images in web reposito-
ries, so it did not require evaluation by an ethics committee.

The total number of images included in the secondary database was n = 427 (300 initial
+ 117 new from the selected repositories + 10 generated by AI).

Finally, 121 images were evaluated, amounting to 28.3% of the total of 427, consisting
of those where the image identified or referred to aids and assistive devices (n = 121 images)
(Figure 3). The study included a descriptive statistical analysis of the images, where the
results were expressed as the frequency of the number of images and their percentages.
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2.2.3. Power Analysis

The databases used had more than 11 million downloadable images. This means that if
a confidence or security level (1-α) of 95% was applied, precision d = 5%, proportion p = 0.4
and expected proportion of losses R = 13.7%, the expected sample would be n = 427 images.

The minimum detectable difference between the scores was also estimated, given a
sample of 300 subjects (images in this study) and power of 90%. To calculate the standard-
ized difference between the scores, or the effect size, both the power is specified as the
power (30, 40, 50, 60, 70, 80) and the sample size has the range n (100, 200, 300, 400), and
both the G Power and the effect were analyzed (27). With this, the minimum detectable
standardized difference given the requested power and the sample size was 0.16, which
corresponded to an average score of approximately 536 and a difference between the scores
of 17.

In short, a selection of 1000 images was obtained, for which it was proposed to measure
the G Power and sample power [29]. To do this, the power obtained was analyzed for
sample sizes from 100 to 427 when the scores increased to 100, 200, 300, 400 and 500, with a
standard deviation of 117 images (Figure 4).
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2.2.4. Proposed Algorithms to Solve and Retrain Images

By employing a blend of advanced methodologies, this research also explored methods
to enhance the images’ comprehension and manipulation. This experiment enabled us to
detect and address potential biases and stereotypes present within the visual data. This
endeavor combined two technologies: deep learning, which aids computers in learning
from patterns and examples, and quantum computing (QC), harnessing the principles of
quantum mechanics.

In this pursuit, a sophisticated tool known as a convolutional neural network (CNN)
served as a key component, analyzing the images to extract stereotyped features. Subse-
quently, these features underwent manipulation using quantum algorithms (QAs), leverag-
ing quantum phenomena to streamline and accelerate the processing.
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3. Results

The results for the analyzed images are divided into four different sections: the pres-
ence of aids and assistive devices; emotions and gender; the built and natural environment
and sex; and digital images generated by AI.

3.1. Presence of Aids and Assistive Devices

Table 2 indicates the distribution of the types of aids and assistive devices linked to
older people. Most of the devices were ‘glasses’ (74.4%) and ‘canes’ (14%). To a lesser
extent, they included ‘wheelchairs’ (4.9%) or ‘hearing aids’ (0.8%) and the presence of more
than one device simultaneously (5.8%).

Table 2. Distribution of types of aids and assistive devices in images of older people.

Aids and Assistive Devices N %

Walking stick 17 14.0
Wheelchair/walker 6 4.9
Glasses 90 74.4
Earphones 1 0.8
Cane and glasses 1 0.8
Cane and manual wheelchair 1 0.8
Medications/others 2 1.6
Crutches and glasses 2 1.7
Manual wheelchair and glasses 1 0.8
TOTAL 121 100

Representations of mixed groups predominated (38%), 31.4% were men, and the
lowest representation was found for women (25.6%); sometimes, the gender/sex in the
image was not recognized (4.9%). Furthermore, no images were found that represented
gender diversity.

3.2. Emotions and Gender

The main emotional states represented were ‘joy’ (44.6%) and ‘the emotion is not
recognized’ (44.6%). In a smaller proportion, ‘sadness’ (4.9%), ‘surprise’ (4.9%) and ‘anger’
(0.8%) were detected.

Differences were found in the gender/sex analysis in the represented emotions linked
to aids and assistive devices. For example, as Figure 5 shows, although the categories of
‘not recognized’ (37%) and ‘joy’ (56.3%) predominated in the group of women and men,
the emotion of ‘sadness’ had a greater presence in the group of women (12.9%). This result
confirms, once again, some of the gender stereotypes observed in this virtual context.

Finally, the calculated Cohen’s Kappa coefficient (−0.0608) suggested that the agree-
ment between these emotions was very low. This could indicate that there was little
consistency in how the emotions were labeled among the observers or that there was
significant random disagreement in emotion classification. However, since the p-value was
very high (1.0000), there was not enough evidence to conclude that the Kappa coefficient
was significantly different from zero.
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Figure 5. Analysis of basic emotions according to sex subgroups.

3.3. Analysis of the Built and Natural Environment

In the total images of older people linked to assistive technologies, 71.9% presented
a built environment (87/121) and 10.7% a natural environment (13/121); in 17.4%, the
environment was not recognized (21/121). Table 3 shows, in detail, the distribution of the
types of built environment.

Table 3. Distribution of the types of built environment linked to aids and assistive devices in images
of older people.

Built Environment N %

Commercial 13 4.9
Green space 20 23.0
Work/office 2 3
Not recognized 8 9.2
Technological space with screens 3 3.4
Others 5 5.7
Recreational (for example, park, square, playground, sports spaces) 9 10.3
Residential (refers to spaces in houses or urban buildings, both inside
and outside) 22 25.3

Public services (e.g., police station, hospital) 4 4.6
Transport 1 1.1
TOTAL 87 100.0

When analyzing the natural environment (only identified in 13 of 121 images), it was
observed that 66.7% were represented in aquatic spaces and 33.3% in green spaces, with
the predominance of sunny meteorological conditions (9/13) and, to a lesser extent, cloudy
conditions (3/13). Figure 6 shows a group of older people performing exercises in a closed
environment, where one can see the outside space in the background. Despite exercising,
all of the people appear sitting in chairs, which is also characteristic of the ‘collective
imagination’ of passiveness regarding older people and old age within a built environment.
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views of the outside. Source: https://www.pexels.com/es-es/foto/hombre-gente-mujer-nina-1208
5633/. Accessed on 12 August 2024.

For instance, as illustrated in Figure 7, although the categories of ‘not recognized’ and
‘joy’ were predominant in the groups of both women and men, the emotion of ‘sadness’
was more frequently observed in the group of women. This result reinforces the presence
of gender stereotypes even within this virtual context. However, as the graph shows, most
images (blue bars) depict built spaces, reaching over 70% for both men and women.
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3.4. Digital Images Generated by AI

Below are some examples of digital images generated using the combination of all
terms of interest in this work, namely ‘aids and assistive devices’, ‘older people’, ‘emotions’
(differentiating among joy, sadness, fear and anger, as shown in the images below), and

https://www.pexels.com/es-es/foto/hombre-gente-mujer-nina-12085633/
https://www.pexels.com/es-es/foto/hombre-gente-mujer-nina-12085633/
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observations about this process. In Figure 8, there is a ‘happy’ older woman and three
others where the type of emotion or a sense of ‘calm’ or ‘tranquility’ cannot be differentiated.
The AI has not been able to determine whether the setting is mostly indoors or outdoors
and whether the image depicts green land or another type of space/environment.
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3.5. Bridging Stereotype Identification and Manipulation in Images through
Advanced Technologies

According to the results obtained in the previous sections, there are two prevalent
features regarding stereotypes of older people. On one hand, it is common to find older
people wearing glasses, and, on the other hand, hospital and nursing home environments

https://facet.ai/artgpt
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are depicted. The following outlines a framework spanning from the identification of
stereotypical characteristics to their manipulation using techniques from deep learning
and QC. Through this process, the aim is to mitigate biases and enhance the fairness and
accuracy of image analyses, leveraging advancements in both artificial intelligence and
quantum technologies. Based on the previous results, a working method is proposed to
eliminate stereotypes in databases focusing on these two main characteristics. The following
conditions enable the identification of common characteristics indicating stereotypes about
older people:

- X is the set of features extracted from the images;
- Y is the set of labels indicating the presence of stereotypes about older people;
- Common characteristics xi are identified such that xi ∈ X and yi = 1, where yi ∈ Y.

The application of a CNN model enables the identification and suppression of such
elements in the images:

- Let fCnn(I) be the function representing the convolutional neural network, where I is
an image;

- The output of the CNN is a modified image Imod = fCnn(I).

The image features are exported: Xmod is the set of features extracted from the
modified images. Image manipulation is applied by using QCA:

- fQC(Xmod) is the function representing the quantum algorithms applied to the fea-
tures of the modified images;

- The output of the QA is a set of manipulated features Xmanip = fQC(Xmod).

4. Discussion

The analysis of digital images depicting older adults revealed several critical insights
across various categories. Firstly, the representation of aids and assistive devices pre-
dominantly featured ‘glasses’ (74.4%), with less frequent portrayals of ‘canes’ (14%) and
‘wheelchairs’ (4.9%). ‘Hearing aids’ and the use of multiple devices simultaneously were
rare, indicating the limited portrayal of the full spectrum of assistive technologies available.
The gender representation in these images was skewed, with men depicted more frequently
(31.4%) compared to women (25.6%) and a notable portion of images (38%) showing mixed
gender groups.

This representation is significant given that assistive devices are crucial for the daily
lives of many older adults. According to data, approximately 70% of older adults utilize at
least one type of assistive device. The disparity between this statistic and their depiction in
digital imagery underscores the substantial gap in how these technologies are represented.
The underrepresentation of hearing aids and other assistive technologies not only neglects
the variety of aids used by older adults but also reinforces a narrow view of ageing that
fails to acknowledge the diversity of the assistive tools available.

The gender representation in these images was skewed, with men depicted more
frequently (31.4%) compared to women (25.6%) and a notable portion of images (38%)
showing mixed gender groups. This imbalance points to a lack of gender inclusivity in
digital portrayals of older adults. Furthermore, the absence of diverse gender identities in
these images highlights a broader issue of inclusivity.

The emotions portrayed in these images predominantly included ‘joy’ and ‘unrecog-
nized emotions’, each at 44.6%, while other emotions, such as ‘sadness’, were less common.
Gender differences were evident in the emotional representation, with women more fre-
quently associated with ‘sadness’ compared to men, suggesting a potential gender bias
in the depiction of emotions. The Cohen’s Kappa coefficient for emotion agreement was
very low (−0.0608), indicating significant variability in emotion classification among the
observers and highlighting the inconsistency in the portrayal of emotions.

Regarding the environment depicted in the images, there was a strong bias towards
built environments (71.9%), with natural environments represented in only 10.7% of the
images. The built environments included residential and commercial spaces, while natural
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settings were primarily aquatic or green spaces. This overrepresentation of built envi-
ronments may contribute to a stereotypical view of ageing as confined to institutional or
controlled settings.

Challenges with AI-generated images were also significant. AI systems often struggled
to accurately depict emotions and environmental contexts, resulting in images with neutral
or ambiguous expressions and idealized or futuristic settings that did not accurately reflect
real-life scenarios. This discrepancy underscores the need for improved training data and
more nuanced approaches to AI-generated imagery to better represent older adults.

These findings collectively highlight ongoing issues in the representation of older
adults in digital imagery, including the prevalence of stereotypes, gender biases and
limitations in emotional and environmental depiction. Addressing these issues through
more inclusive and diverse visual content is essential in creating a more accurate and
respectful portrayal of ageing.

4.1. Social Representation Theory and Its Impact on the Perception of Older Adults in
Digital Images

Émile Durkheim, a pioneer in the study of collective representation, laid the ground-
work for an understanding of how shared ideas and beliefs within a society influence social
cohesion and the ways in which individuals perceive reality. Durkheim posited that these
representations are social constructions that emerge from communal life and, in turn, shape
the actions and thoughts of a society’s members [30]. His approach profoundly influenced
subsequent studies on the formation and function of social representations. A notable
example is the work of Lévy-Bruhl, who, prior to Moscovici, explored the pre-logical
mindsets of primitive societies, suggesting that forms of collective thought influence the
perception of reality [31].

To better understand the implications of this study, the theory of social representation,
developed by Serge Moscovici, has been adopted as the conceptual framework. This
theory posits that social representations are systems of values, ideas and practices that
are shared by the members of a community, which allow persons to interpret reality and
communicate about it. These representations are generated and transmitted through media,
discourses and cultural practices and have a significant impact on the formation of collective
perceptions and attitudes [32–34].

In the context of this analysis, digital images representing older adults and assistive
technologies not only reflect preexisting social perceptions but also play an active role in
constructing and perpetuating these perceptions. For example, the recurrent depiction
of older adults in stereotypical settings or with limited emotional expressions reinforces
reductive and often negative views of ageing, which can influence how society as a whole
perceives and values older adults and how they perceive their environments [35,36].

This theoretical framework allows for the understanding that the lack of diversity
and the presence of stereotypes in digital images are not merely visual shortcomings but
manifestations of a broader system of social representation that can perpetuate inequities
and limit inclusion. Furthermore, these representations have the power to shape individual
and collective expectations and behaviors, affecting how older adults see themselves and
how they are viewed by others.

The socio-genetic perspective, which builds upon Moscovici’s foundational concepts,
extends this understanding by considering how biological factors might interplay with
social processes in the formation of these representations. While Moscovici emphasized the
social and cultural dimensions of representation, the socio-genetic approach adds a layer of
complexity by exploring how inherent biological traits might influence or interact with the
social construction of reality. This perspective enriches the original theory by integrating
insights from genetics and biology into the analysis of how social representations are
formed and sustained [37].

Thus, this study not only identifies technical shortcomings in the creation and selection
of digital images but also highlights the need for a more nuanced approach to visual content
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creation. By addressing both the social and biological dimensions of representation, and
striving for more equitable and diverse depictions, it is possible to challenge and transform
the prevailing social narratives. This comprehensive approach aims to foster a more
inclusive and respectful portrayal of ageing and the technologies that support older adults,
ultimately contributing to a more balanced and fair societal view.

Following this, Deborah Lupton has examined how social representations are being
transformed in the digital age, particularly in the realm of health and the body. Lupton
argues that information technologies and the proliferation of personal data are reshaping
perceptions of identity and well-being, while also influencing social narratives about what
is considered normal or desirable in terms of health. Her work highlights how digital
representations not only reflect preexisting social realities but also actively shape them,
promoting new discourses and practices in everyday life. These ideas are particularly
relevant in understanding how digital images and other forms of visual content can affect
collective perceptions and, ultimately, influence social attitudes and behaviors [38].

This study, therefore, not only exposes technical issues in the generation and selection
of images but also underscores the need for a more critical and conscious approach to the
creation and distribution of visual content in the digital era and AI-driven environments.
AI-driven environments are contexts where artificial intelligence algorithms are used to
generate, curate and analyze visual content. These systems can influence the types of
images produced and how they are presented, often reflecting and amplifying existing
biases. In this context, Ruha Benjamin explores how such technologies can perpetuate
social and racial biases, highlighting the importance of addressing these issues to foster
more equitable and inclusive digital spaces [39]. By addressing these biases and working
towards more equitable and diverse representation in digital media, the dominant social
narratives can be challenged and transformed, promoting a more inclusive and respectful
view of ageing and the technologies that support this demographic group.

4.2. Challenges and Stereotypes in Digital Imagery

In the case of the presence of aids and assistive devices, the results were based on
images that mostly represented glasses, canes and wheelchairs. In sum, gaps in the genders,
emotions, and environments that were represented, as well as aids and assistive devices,
were found. Furthermore, technological devices applied to health were not represented,
which reflects a double stereotype. On the one hand, older people are represented with
devices related to disabilities or mobility problems, and, on the other, they are not observed
using innovative support technologies, as already mentioned in a previous study by some of
the authors [40]. However, it seems that there is currently a trend towards the development
of increasingly wearable devices and products for daily and everyday use, including more
innovative ones, such as robots or digital solutions [4], but these were not yet visible in the
images that were analyzed.

The absence of representation extends to innovative health technologies, revealing a
double stereotype: older persons are depicted mainly with devices related to disabilities or
mobility issues, while innovative solutions like wearable devices or robots remain largely
absent. This disparity highlights persisting stereotypes within digital imagery and its
portrayal of older adults and their assistive needs. The persistence of stereotypes in the
representation of older adults in technology and assistance could be linked to the existence
of a digital divide that, while narrowing, has not been fully accepted by society. This
contradicts new understandings of adulthood and old age, which advocate for active
participation and full integration into the digital age. The reluctance to recognize and
adequately represent innovative technologies and assistance needs in old age reflects a
disconnect between the changing realities and entrenched perceptions about ageing.

This study revealed several key findings. First, predominant emotions such as ‘joy’
were observed, along with cases where emotions were unrecognizable, with variations
based on gender. This lack of emotional clarity varied by gender, suggesting that the
representation of emotions may be influenced by gender biases or stereotypes. For example,
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women may be depicted with less expressive emotional states compared to men, which
could reinforce traditional gender norms. Second, most images depicted older adults in
built environments, with few representations in natural settings. This reflects a lack of
diversity in the contexts of representation that does not fully capture the reality of older
adults’ experiences. Third, AI-generated digital images presented challenges in accurately
representing emotions and environmental contexts. AI-generated images often exhibited
neutral or ambiguous expressions, and the environments were frequently idealized or
futuristic, rather than reflecting real-life scenarios. This discrepancy between AI-generated
images and real-world experiences highlights the need for more nuanced and diverse
training data to improve the representation of older adults. In other words, for older
adults to continue to be part of the silver economy and to adopt emerging technological
devices, social images and their perceptions of themselves are vital. One way to address
this challenge is to promote inclusive digital education for older adults and involve older
adults in the process of creating and evaluating digital images. Their perspectives and
experiences can provide valuable insights into how to enhance representation and inclu-
sion in digital media. Additionally, it is important to encourage the more diverse and
accurate representation of older adults in media and advertising, highlighting their active
participation in society and their ability to adopt technology meaningfully. By showcasing
positive and empowering examples of older adults using advanced technology effectively,
it is possible to change public perceptions and foster a more positive attitude towards
ageing and technology adoption in older people. To address this challenge, a generative
AI algorithm with machine learning could be implemented to digitally analyze images of
older individuals and assistive devices. This algorithm could be trained using a diverse and
representative dataset including images of older individuals in various environments and
situations, as well as a variety of assistive devices. Employing deep learning techniques,
the algorithm could identify specific patterns and features in the images that are related to
accurate representation of age, gender and the environment. Additionally, the algorithm
could be designed to generate new and realistic images that reflect a range of contexts and
emotions associated with ageing. This would help to improve the accuracy and diversity
of representations of older individuals in digital media, thus reducing stereotypes and
promoting a more accurate and positive image of ageing. The lack of diversity and the need
for more positive and realistic representations of ageing across all realms, including media,
advertising and popular culture, to foster a more inclusive and enriching view of the ageing
process is still unresolved matter among digitalized societies [15,20,40]. This research also
emphasizes stereotypes regarding aids and spaces, as the predominant types were glasses
and hospitals/older residence spaces. Through the fusion of advanced methodologies, this
research endeavors to enhance the comprehension and manipulation of images, aiming
to detect and mitigate biases and stereotypes inherent in visual data. Integrating deep
learning and quantum computing (QC), it leverages convolutional neural networks (CNNs)
to analyze images for stereotypical features, followed by manipulation using quantum
algorithms (QAs) to expedite their processing. This process includes identifying stereotyp-
ical features (X) and their labels (Y), modifying the images using a convolutional neural
network (CNN) to produce altered images, and applying quantum algorithms to these
modified features to generate manipulated features. The aim is to reduce the biases and
enhance the fairness and accuracy in image analysis through these advanced technologies.

Among the other possibilities that quantum technology could offer is the optimization
of AI algorithms used to analyze images of older adults and assistive devices. Quantum
computing has the potential to significantly accelerate the calculations required to train and
execute these algorithms, which could dramatically improve the efficiency and accuracy
of image analysis. Moreover, QA is capable of handling large datasets more effectively,
enabling a more comprehensive and detailed analysis of representations of older adults in
digital media. One of the approaches that we could use to develop this algorithm is the
adiabatic algorithm. The adiabatic algorithm relies on the controlled manipulation of a
quantum physical system to find optimal solutions to optimization problems. It utilizes
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the concept of adiabatic transitions to find the ground state of a quantum system, which
corresponds to the solution of the optimization problem. By harnessing the quantum
properties of the system, such as superposition and entanglement, the adiabatic algorithm
can rapidly explore the solution space and efficiently find optimal solutions. On the other
hand, a quantum annealer could be another option. A quantum annealer is a quantum
device specifically designed to solve combinatorial optimization problems. It utilizes the
phenomenon of quantum tunneling to find bit configurations that minimize an energy
function associated with the optimization problem. Thus, quantum annealers are particu-
larly effective in finding solutions close to global optima in complex optimization problems.
Globally, quantum technology could help to enhance the quality and diversity of represen-
tations of older adults in digital media, thereby contributing to reducing stereotypes and
promoting a more accurate and positive image of ageing.

Regarding emotions and gender, images were observed that showed mostly joy and a
lack of recognition of emotion, especially in women. In general, it is observed that digital
images linked to the use of aids and assistive devices among women are underrepresented.
Evidence shows that while older people, especially older women, tend to be less represented
in digital media [13], the differences become more acute when investigating how they are
represented in a differential and stereotypical way in digital images [5].

The limitation of this study from a gender and feminist perspective has also been
noted. In this context, a previous study showed that sexual and gender minorities face
several challenges, especially in the use of digital platforms related to identity [41]; in
another work, the author even concluded that digital images present a limited view of old
age, excluding homosexual couples and non-binary people [5].

Although older people become ‘invisible’ in digital media [13], it is noted that men
are more visible than women. The data also show marked differences in older people’s
use of media (traditional and digital), even among high-income countries (Canada, the
Netherlands, Romania, Spain and Finland) [42]. In the same sense, the results of this work
show the presence and co-existence of scenarios of gender/sex inequality and ageism in
the representation of older people in this collective digital imagination.

Regarding the representation of the natural environment, in digital images, an excess of
this appears, particularly emphasizing sunny weather, which is even visible in closed spaces.
This emphasizes that, where older people appear, the idealization of the natural space
is visible, which, according to García Monteagudo, could make it difficult ‘to understand
their social environment’ [43] and hides the reality or challenges that are emphasized in
the present study. Older people using aids and assistive devices were predominantly
represented in built environments (for example, nursing homes) and scarcely in natural
environments, with a balance being necessary in the representation of these spaces. As
evidenced by a previous study from the perspective of older people, the physical, social
and nature-based qualities of everyday environments are important with regard to good
ageing [44]. This also highlights the role of connecting with nature, both inside and outside
built environments, in promoting healthy ageing [45]. This result is key, particularly in
regard to the representation of women in the built environment (such as nursing home
environments), as has been shown by previous work on digital images, where older women
are largely linked within the home with care roles [5].

From the above, the representation in digital media (images) of the older adult popu-
lation from an inclusive and intersectional perspective (gender, age, space) is crucial. For
example, as suggested in a study conducted during the COVID-19 pandemic, problematic
representations of older people in the media could evoke or amplify age discrimination [46].
In short, the stereotypes observed in this work are accentuated when an intersectional
approach is considering involving age and sex, among other aspects, also highlighting the
environment [47–50].

Regarding the images analyzed by AI, expressions are observed that evoke predomi-
nantly neutral emotions, as well as futuristic environments. This leads to the suggestion
that AI, as noted for built environments, shows an idealized and stereotyped environment,
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which can also make it difficult for older people to understand the importance of innovative
technology. In the studied digital images, the presence of faces where the expression could
not be detected was frequent, which suggests that more research should be conducted into
the identification of emotions to allow the assessment of the degree of acceptance of the
technology by the users themselves regarding the adoption of new technologies. With this,
it is possible, in turn, to apply agent-based models (computational simulations) to test
stochastic process algorithms so as to address the ‘technological divide’ that is still present
in older people [51].

In the images not generated by AI, limited emotions beyond joy stand out, as the
authors have already indicated in a previous study [5], which suggests that the wide range
of emotions that could be expressed is not being recognized. Furthermore, as stated in a
previous review [52], when older people are represented in the media (both digital and
non-digital), they are largely represented as a homogeneous group and without individual
differentiation, even from an exaggeratedly positive perspective. However, it can be
highlighted that, in a significant proportion of images, the emotion could not be recognized
(due to neutral or ambiguous expressions, an absent gaze, a lack of reaction or a state of
peace/tranquility, depending on how it is interpreted, as we have noted previously).

4.3. Limitations and Strengths

In this work, limitations related to the virtual ethnography method itself can be
identified, such as access to resources in specific databases and the ‘ephemeral’ nature of
the data. However, all of the images were downloaded and the functioning of the links
was reviewed on more than one occasion and at different times, finding, at the time of the
last consultation, a small proportion of images that were no longer available online (only
one of 114 images and their respective links).

There could have been information bias or under-recording (for example, we limited
ourselves to a certain number of databases and assigned the categories of interest within
a limited period), although, as indicated in the Materials and Methods section, different
measures were taken to mitigate this.

Moreover, the initial analysis of Cohen’s kappa showed some discrepancies in the emo-
tion labeling, which we view as an opportunity for improvement rather than a limitation.
It was expected due to the limited number of individuals involved in the labeling process.
These findings emphasize the importance of refining and further validating the methods
to ensure reliable results in the future. By implementing targeted enhancements, such as
standardizing the labeling criteria, expanding the pool of labelers and conducting qualita-
tive analyses, the future analysis of the database of images can achieve improved accuracy
and consistency in emotion labeling. This iterative approach not only enhances the study’s
validity but also deepens our understanding of emotional nuances. Thus, while the initial
results may indicate areas for improvement, they signify the beginning of an enriching
journey towards more nuanced and insightful findings in emotional image codification.

Moreover, the images analyzed in this study included a significant proportion of
promotional material. This aspect should be considered when interpreting our findings.
Promotional images are often designed to capture attention and promote specific products
or services, which can influence how older adults are represented, often focusing on aspects
that resonate with the target audience’s expectations and marketing ideals. This promo-
tional orientation can contribute to the perpetuation of stereotypes by depicting older
adults in ways that align with prevailing social perceptions and expectations. However, the
fact that these images come from promotional contexts does not invalidate their relevance
in the discussion about public perception and stereotypes associated with ageing. On the
contrary, it underscores the need for greater critical reflection on how visual representa-
tions influence social perceptions and the acceptance of emerging technologies among
older adults. This study aimed not only to describe the content of the images but also to
understand how these representations may reflect and, in turn, reinforce certain social
perceptions and expectations. Future work would benefit from combining image analysis
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with additional research on how social perceptions and market expectations influence the
representation of older adults. This would provide a more comprehensive and critical
view of the impact of promotional images on the construction of identity and the social
integration of older adults.

In addition, there were limitations in the use of AI, as stated in the Materials and Meth-
ods, but it was possible to verify, in the generated images, the representation of expressions
related to emotions. In older people, they are ‘neutral’, or, if possible, they convey absence
(gaze lost or fixed on the horizon) or inexpression (or ‘calm’ or ‘tranquility’, depending on
how it is interpreted). Regarding health and environmental support technologies, although
representations that resemble reality are displayed, they usually present older people
within ‘futuristic’ and ‘unrealistic’ contexts.

In relation to the initial and exploratory use of AI in this area, and due to the limitations
found and already stated (in comparison with images retrieved from digital repositories),
it is possible to highlight the quality of the images provided (the distortion of some images
when several terms are introduced at the same time) and also the subscription. These
aspects remain a future challenge, and a more in-depth analysis is required in light of the
ethical aspects related to algorithmic discrimination and data bias [53]. Moreover, stock
images or AI are pervasive on the web and apps are increasing in number. There is a blind
spot in the ethics of stock images regarding the use of such images without training [54],
which is a complex and relevant aspect to be analyzed when implementing AI. However,
these aspects are beyond the scope of this work and may be explored in future studies that
explore image databases and apply the ethics approach.

The main limitation of this study in this regard is the consideration of an app to
generate images, as it used mainly images from the Low-Rank Adaptation of Large Lan-
guage Models AI (LoRA AI) [55]. The LoRA AI utilizes large-scale language models like
the Low-Rank Adaptation (LoRA) model, which has been widely employed to generate
digital images with a wide range of features. The LoRA AI has the potential to significantly
contribute to diversity and inclusion in visual representation, as it can generate images
depicting people of different ages, abilities, cultural backgrounds and genders. However, it
is important to recognize that the quality and representativeness of AI-generated images
may be influenced by biases present in the datasets used to train these models. Therefore,
addressing these ethical concerns and ensuring that AI-generated images accurately and
equitably reflect societal diversity is crucial.

The quality and representativeness of AI-generated images, including those produced
by models like the LoRA AI, still require further evaluation. Issues such as image distortion
and a lack of diversity, as highlighted in this study, emphasize the need for additional
research to assess the reliability and accuracy of these generated images. Variability in
image quality and potential biases in training data can affect how emotional images are
interpreted, which could have significant implications for inclusion and accuracy in emotion
coding. In addition to concerns specific to the LoRA AI, it is crucial to consider broader
challenges associated with AI-generated imagery. For instance, the training datasets used
to develop these models often contain inherent biases that may perpetuate stereotypes or
underrepresent certain groups. This is particularly important when evaluating emotional
and social representations in images. Furthermore, the algorithms themselves may struggle
in accurately depicting nuanced emotional expressions, particularly in diverse populations
or complex contexts. Addressing these issues requires not only optimizing the AI models
but also conducting comprehensive studies that examine the broader implications of these
technologies. This includes ensuring that AI-generated images accurately reflect societal
diversity, as well as exploring how different AI models handle various emotional and
contextual nuances. By tackling these challenges, future research can contribute to more
inclusive and precise representations in AI-generated imagery.
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4.4. Future Directions and Ethical Considerations

Future studies need to focus more on the LoRA AI instead of the training images.
Although this study did not analyze the LoRA AI, the academic literature on this subject,
to our knowledge, is lacking. Therefore, it is worth highlighting that this is an important
approach that should be applied in the representation of images in future works, in addition
to the virtual ethnographic evaluative method on which this study focused.

It is worth highlighting some observations related to AI when applying the terms of
interest (older people, women/men and aids/assistive devices). In most cases, the use
of the variable ‘older people’ causes AI to generate images of older women, while older
men are represented only when they are directly specific. One reason for this finding could
be that older women are directly linked to old age and to assistive technologies or that
AI takes into account life expectancy according to sex. However, a more comprehensive
analysis of these ideas, as well as new tests and the standardization of procedures, is
needed to establish a conclusion in this regard. Another issue is the limited representation
of aids/assistive devices and older people, suggesting that they are not yet fully included in
AI. Some AI difficulties have also been observed in understanding other concepts, such as
‘ageism’ and the spatial/contextual aspects of this. Finally, confirming the need for specific
and more standardized searches in the future in the field of images obtained from AI, the
ethnic, racial and sexual diversity was poor (almost all images were of white individuals
with a normative appearance). This last aspect is partly consistent with some findings from
the analysis of digital images in repositories.

For this evaluative study, and as a general conceptual framework, our work was based
on previous ones, such as [56–59].

There are studies regarding image evaluation guidelines from a social and/or gender
perspective [24,60] but few on the evaluation of digital images according to age, space/land
and gender. There are already hundreds of works on evaluation and gender [61] but very
few on evaluation, images and gender (and less with a feminist approach) or on older
people and the environment/land.

Moreover, advancements in AI have both positive and negative implications for these
representations. AI technologies are increasingly used to generate and analyze digital
images, including those of older adults. While AI has the potential to create more inclusive
and diverse representations by recognizing and mitigating biases in image datasets, it can
also perpetuate existing stereotypes if not carefully managed. For instance, AI algorithms
trained on biased data can inadvertently reinforce negative stereotypes about ageing and
gender, leading to the greater presence of stereotypical images of older women. Therefore,
AI-generated images are not aware of and do not actively counteract these biases. This
involves curating diverse and representative datasets, implementing fairness and bias
detection mechanisms and promoting ethical guidelines in AI development. In this way, AI
can help to foster more accurate and positive representations of older adults, particularly
women, contributing to a more inclusive and equitable society. In the future, generative AI
should serve as an ally for the evaluation of images and for social evaluation and research
as a whole, as well as, more specifically, in the areas addressed here.

On the other hand, AI images are currently trained with datasets such as CIFAR-10 1,
MNIST 2 and COCO 3, which are not specifically designed in consideration of social
concepts such as inclusion and contain implicit biases and stereotypes [62,63]. In this
context, apps play an interesting role in research and could be used to pursue objectives
related to inclusion. For example, the project FAT/Lm explores databases with training
images applying ethical and inclusion concepts. In the case of this study, ArtGPT provided
images for a wide range of individuals, including those with different abilities and cultural
backgrounds, ethnicities and ages, by engaging artistic expression. ArtGPT could contribute
to inclusion by giving a voice to those who may have traditionally been marginalized in
conventional artistic circles.

This point is very important as it is an emerging finding and it is necessary to foster
positive attitudes towards older persons and their use of technologies.
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However, it is also important to consider how the underlying artificial intelligence
model behind ArtGPT is trained and utilized. If the data used to train the model are biased
or represent only certain artistic styles, genders or cultures, the responses generated by
the application could reflect and perpetuate these biases, which could have a negative
impact on inclusion and diversity in the art field. Thus, a social perspective is needed
to support greater representation in apps such as ArtGPT, enabling them to generate
representations inspired by diverse groups of older people, using technological devices, in
realistic environments and with differentiation by gender, contributing to reducing ageism
and fosting more inclusive and intersectional views in general. Regarding this study and
its method, it cannot be inferred that the results obtained from the digital images reflect real
representations of the elderly. Therefore, future studies that also include the perspectives
of older people themselves are needed.

Additionally, the representation of older adults in digital images reveals a series
of persistent stereotypes and a lack of diversity in the depiction of technologies and
environments. These observations have significant implications for policy formulation and
spatial planning. The prevalence of stereotypical representations, such as the predominant
use of basic assistive devices and the exclusion of advanced technologies, underscores
the need for policies that promote more inclusive and accurate representation. Public
policies should encourage the integration of diverse representations in digital media and
educational campaigns to adequately reflect the realities of older adults. Additionally,
urban planning should consider the inclusion of both natural and built spaces that meet
the needs of older adults, promoting active and healthy ageing. Collaboration between
policymakers, technology developers and older adult communities is essential to ensure
that environments and technologies are accessible and representative.

In this context, emotional intelligence becomes relevant. The ways in which emotions
are represented in digital images and, especially, with artificial emotional intelligence
technology can exert a social impact [39] on how older adults and society in general
experience and manage their own and others’ emotions. Limited or stereotypical emotional
representations can contribute to a lack of empathy towards older adults, perpetuating
a one-dimensional and limited understanding of their experiences. On the other hand,
a more diverse and emotionally rich representation could foster greater empathy and
understanding, which is crucial for more equitable representation and inclusion.

5. Conclusions

This study revealed that digital imagery of older adults frequently perpetuates stereo-
types and age discrimination. Notably, gender disparities were evident, with older women
being less represented and portrayed in more traditional and limiting roles compared to
their male counterparts. This finding is particularly relevant given the demographic shift
towards an increasingly older population, where gender inclusivity in representation is a
relevant factor. The disproportionate representation of older women and the reinforcement
of reductive stereotypes in digital media contribute to the persistence of ageist attitudes
and fail to capture the diverse experiences of ageing. These results highlight the urgent
need for more nuanced and equitable portrayals that accurately reflect the complexity and
vitality of the ageing population.

The evaluation of the final images confirmed the lower representation of women
and limited emotional expressions in images of older people, highlighting the persistent
stereotypes and biases in digital imagery. Despite technology’s omnipresence, images
often overlook innovative support technologies for older people. Moreover, AI struggles
to accurately depict emotions and environments in digital images, indicating the need for
thorough pretraining analysis and ethical considerations.

The analysis revealed predominant emotions such as ‘joy’ and the greater represen-
tation of older people in built environments compared to natural settings. Gaps were
identified in gender representation, emotional expression, environmental depiction and
the representation of assistive devices. Additionally, innovative health technologies were
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notably absent, perpetuating stereotypes of older adults with disability-related devices.
The persistence of such stereotypes may stem from the digital divide and societal reluctance
to fully embrace ageing and technological advancement. There is still a challenge regard-
ing the promotion of inclusive digital education and the accurate representation of older
adults in media and advertising. By showcasing positive examples of older adults using
technology effectively, public perception can be shifted towards a more positive attitude
towards ageing.

Generative AI algorithms and quantum technology offer solutions to enhance the
accuracy and diversity of representations of older adults in digital media. Furthermore,
combining convolutional neural networks with quantum computing algorithms could
offer a powerful approach to reducing biases and improving both fairness and precision
in image analysis. These advancements have the potential to significantly enhance the
efficiency and accuracy of image analysis, but ethical considerations are paramount. Future
research should prioritize inclusivity and explore older adults’ perspectives to ensure a
comprehensive understanding and representation in digital imagery.

Author Contributions: Conceptualization: M.S.A.-T. (original idea and/or coordination of meetings),
V.Z.-M. (innovation development and/or coordination of meetings), D.L.M. and C.M.C. Methodology:
M.S.A.-T., V.Z.-M., D.L.M. and C.M.C. Data collection and data curation, D.L.M. and C.M.C. (with
the contribution of PBA). Formal analysis: M.S.A.-T., V.Z.-M., D.L.M. and C.M.C. Writing—original
draft preparation: M.S.A.-T., V.Z.-M., D.L.M. and C.M.C. Writing—review and editing: M.S.A.-T.,
V.Z.-M., D.L.M. and C.M.C. Funding acquisition: M.S.A.-T. and V.Z.-M. All authors have read and
agreed to the published version of the manuscript.

Funding: This research was part of the R&D Activities Program ENCAGEn-CM: “Active Ageing,
Quality of Life and Gender. Promoting a positive image of old age and ageing, against the ageism”,
https://encage-cm.csic.es/, accessed on 12 August 2024 (Ref. number: H2019/HUM-5698) main
research GFM, 2020–2023. It was funded by the Ministry of Science, Universities, and Innovation,
corresponding to the Program of R&D Activities between research groups of the Madrid Region, and
co-financed by the European Social Fund. M.S. Agulló-Tomás contributed with personal provisions
and provisions proceeding from UC3M. This project (ENCAGEn-CM) was approved in 2020 (see
more information at (https://encage-cm.csic.es/) (accessed on 12 August 2024). This project was
granted in 2022 (see more information: https://www.ipp.csic.es/es/article/programa-actividades-
id-encagen-cm-coordinado-csic-recibe-premio-fundacion-pilares) (accessed on 12 August 2024).
Furthermore, this contribution was part of the INNTA1/2022/23 Project “Innovation Agent for the
Miguel Hernandez University Bioengineering Institute”, led by E. Fernández and innovation agent
V. Zorrilla-Muñoz (2022–2024), and the INNTA1/2024/11 project “Maintenance of the Innovation
Agent for the Miguel Hernandez University Bioengineering Institute”, co-financed by the Valencian
Community EU-ERDF Program, 2021–2027.

Data Availability Statement: Data sharing is not applicable.

Acknowledgments: To Paula Baña Aller for carrying out the generation of the digital images through
AI and her contributions to their analysis.

Conflicts of Interest: The authors declare no conflicts of interest.

Notes
1 https://www.cs.toronto.edu/~kriz/cifar.html. Accessed on 12 August 2024.
2 https://www.tensorflow.org/datasets/catalog/mnist. Accessed on 12 August 2024.
3 https://cocodataset.org. Accessed on 12 August 2024.

References
1. United Nations Department of Economic and Social Affairs PD. World Population Prospects 2022: Summary of Results. UN

DESA/POP/2022/TR/NO. 3. New York. 2022. Available online: https://www.un.org/development/desa/pd/sites/www.un.
org.development.desa.pd/files/wpp2022_summary_of_results.pdf (accessed on 6 July 2023).

2. OMS. Década del Envejecimiento Saludable (2021–2030). Available online: https://www.who.int/es/initiatives/decade-of-
healthy-ageing (accessed on 12 December 2023).

https://encage-cm.csic.es/
https://encage-cm.csic.es/
https://www.ipp.csic.es/es/article/programa-actividades-id-encagen-cm-coordinado-csic-recibe-premio-fundacion-pilares
https://www.ipp.csic.es/es/article/programa-actividades-id-encagen-cm-coordinado-csic-recibe-premio-fundacion-pilares
https://www.cs.toronto.edu/~kriz/cifar.html
https://www.tensorflow.org/datasets/catalog/mnist
https://cocodataset.org
https://www.un.org/development/desa/pd/sites/www.un.org.development.desa.pd/files/wpp2022_summary_of_results.pdf
https://www.un.org/development/desa/pd/sites/www.un.org.development.desa.pd/files/wpp2022_summary_of_results.pdf
https://www.who.int/es/initiatives/decade-of-healthy-ageing
https://www.who.int/es/initiatives/decade-of-healthy-ageing


Land 2024, 13, 1304 24 of 26

3. Pirhonen, J.; Lolich, L.; Tuominen, K.; Jolanki, O.; Timonen, V. “These devices have not been made for older people’s needs”—
Older adults’ perceptions of digital technologies in Finland and Ireland. Technol. Soc. 2020, 62, 101287. [CrossRef]

4. Ollevier, A.; Aguiar, G.; Palomino, M.; Simpelaere, I.S. How can technology support ageing in place in healthy older adults? A
systematic review. Public Health Rev. 2020, 41, 26. [CrossRef] [PubMed]

5. Cruceanu, G.L.; Clemente-Belmonte, S.; Herrero-Sanz, R.; Ayala, A.; Zorrilla-Muñoz, V.; Agulló-Tomás, M.S.; Martínez-Miguelez,
C.; Fernández-Mayoralas, G. Evaluation of Older People Digital Images: Representations from a Land, Gender and Anti-ageist
Perspective. Land 2023, 12, 18. [CrossRef]

6. WHO. Ageism. Available online: https://www.who.int/health-topics/ageism#tab=tab_1 (accessed on 12 December 2023).
7. Makita, M.; Mas-Bleda, A.; Stuart, E.; Thelwall, M. Ageing, old age and older adults: A social media analysis of dominant topics

and discourses. Ageing Soc. 2021, 41, 247–272. [CrossRef]
8. Xu, W. (Non-)Stereotypical representations of older people in Swedish authority-managed social media. Ageing Soc. 2022, 42,

719–740. [CrossRef]
9. Silver, C.B. Gendered identities in old age: Toward (de)gendering? J. Aging Stud. 2003, 17, 379–397. [CrossRef]
10. Gewirtz-Meydan, A.; Opuda, E.; Ayalon, L. Sex and Love Among Older Adults in the Digital World: A Scoping Review.

Gerontologist 2023, 63, 218–230. [CrossRef]
11. Morin, E. El Paradigma Perdido; Ensayo de Bioantropología; Kairós: Barcelona, Spain, 2005; ISBN/ISSN/DL 978-84-7245-250-3.
12. Maffesoli, M. The Imaginary and the Sacred in Durkheim’s Sociology. Curr. Sociol. 1993, 41, 59–67. [CrossRef]
13. Edström, M. Visibility patterns of gendered ageism in the media buzz: A study of the representation of gender and age over three

decades. Fem. Media Stud. 2018, 18, 77–93. [CrossRef]
14. Rosales, A.; Fernández-Ardèvol, M. Ageism in the era of digital platforms. Convergence 2020, 26, 1074–1087. [CrossRef]
15. Adá Lameiras, A.; Zorrilla-Muñoz, V.; Agulló-Tomás, M.S. Edadismo y COVID-19 en el mundo digital un análisis en Twitter

desde la perspectiva de género. In La Discriminación por edad de las Personas Mayores: Las Múltiples Caras del Edadismo; Herranz
González, R., Ed.; M Derechos Sociales; Instituto de Mayores y Servicios Sociales (IMSERSO): Madrid, Spain, 2022; pp. 84–96.
Available online: https://goo.su/wjb93 (accessed on 15 August 2024).

16. Ortony, A. Are All “Basic Emotions” Emotions? A Problem for the (Basic) Emotions Construct. Perspect. Psychol. Sci. 2022, 17,
41–61. [CrossRef] [PubMed]

17. Torregrosa, J.R. Emociones, sentimientos y estructura social. In Estudios Básicos de Psicología Social; Torregrosa, J.R., Crespo, E.,
Eds.; Hora: Barcelona, Spain, 1984. Available online: https://hdl.handle.net/20.500.14352/65496 (accessed on 13 February 2024).

18. Nair, S.; Sawant, N.; Thippeswamy, H.; Desai, G. Gender Issues in the Care of Elderly: A Narrative Review. Indian J. Psychol. Med.
2021, 43 (Suppl. 5), S48–S52. [CrossRef] [PubMed]

19. Sánchez-Román, M.; Autric-Tamayo, G.; Fernandez-Mayoralas, G.; Rojo-Perez, F.; Agulló-Tomás, M.S.; Sánchez-González, D.;
Rodriguez-Rodriguez, V. Social Image of Old Age, Gendered Ageism and Inclusive Places: Older People in the Media. Int. J.
Environ. Res. Public Health 2022, 19, 17031. [CrossRef] [PubMed]

20. Agulló-Tomás, M.S.; Zorrilla-Muñoz, V. Technologies and Images of Older Women. In Human Aspects of IT for the Aged Population
Technology and Society HCII 2020; Gao, Q., Zhou, J., Eds.; Lecture Notes in Computer Science; Springer: Cham, Switzerland, 2020;
Volume 12209, pp. 163–175. [CrossRef]

21. Kozinets, R.V. The field behind the screen: Using netnography for marketing research in online communities. J. Mark. Res. 2002,
39, 61–72. [CrossRef]

22. Owens, L.L. Encountering deception in virtual spaces: Guidelines for virtual ethnography. Front. Sociol. 2023, 8, 1163560.
[CrossRef]

23. Hine, C. Virtual Ethnography; SAGE Publications: London, UK, 2000; ISBN 0761958959.
24. Adá-Lameiras, A.; Rodríguez-Castro, Y.; Martínez-Román, R. Análisis, con perspectiva de género, de los contenidos digitales:

Propuesta metodológica. Rev. Asoc. Española Investig. Comun. 2023, 10, 83–107. [CrossRef]
25. ENCAGEn–CM. Available online: https://encage-cm.csic.es (accessed on 28 November 2023).
26. Kim, Y.J.; Lee, C. Built and Natural Environmental Correlates of Parental Safety Concerns for Children’s Active Travel to School.

Int. J. Environ. Res. Public Health 2020, 17, 517. [CrossRef] [PubMed]
27. Gao, J.; Kamphuis, C.B.M.; Dijst, M.; Helbich, M. The role of the natural and built environment in cycling duration in the

Netherlands. Int. J. Behav. Nutr. Phys. Act. 2018, 15, 82. [CrossRef]
28. SHARE. The Survey of Health, Ageing and Retirement in Europe. Available online: https://www.share.cemfi.es (accessed on 6

February 2024).
29. Erdfelder, E.; Faul, F.; Buchner, A. GPOWER: A general power analysis program. Behav. Res. Methods Instrum. Comput. 1996, 28,

1–11. [CrossRef]
30. Durkheim, É. The Rules of Sociological Method; Lukes, S., Ed.; Free Press: New York, NY, USA, 1982; pp. 1–264.
31. Lévy-Bruhl, L. Primitive Mentality; Clare, L.A., Translator; George Allen & Unwin: Crows Nest, Australia, 1923; pp. 1–456.
32. Moscovici, S. The Phenomenon of Social Representations. In Social Representations; Farr, R., Moscovici, S., Eds.; Cambridge

University Press: Cambridge, UK, 1984; pp. 3–69.
33. Moscovici, S. The Strange Theory of the Social. In The Social Psychology of Good and Evil; Deaux, K., Philogène, G., Eds.; Guilford

Press: New York, NY, USA, 2008; pp. 49–68.

https://doi.org/10.1016/j.techsoc.2020.101287
https://doi.org/10.1186/s40985-020-00143-4
https://www.ncbi.nlm.nih.gov/pubmed/33292707
https://doi.org/10.3390/land12010018
https://www.who.int/health-topics/ageism#tab=tab_1
https://doi.org/10.1017/S0144686X19001016
https://doi.org/10.1017/S0144686X20001075
https://doi.org/10.1016/S0890-4065(03)00059-8
https://doi.org/10.1093/geront/gnac093
https://doi.org/10.1177/001139293041002008
https://doi.org/10.1080/14680777.2018.1409989
https://doi.org/10.1177/1354856520930905
https://goo.su/wjb93
https://doi.org/10.1177/1745691620985415
https://www.ncbi.nlm.nih.gov/pubmed/34264141
https://hdl.handle.net/20.500.14352/65496
https://doi.org/10.1177/02537176211021530
https://www.ncbi.nlm.nih.gov/pubmed/34732954
https://doi.org/10.3390/ijerph192417031
https://www.ncbi.nlm.nih.gov/pubmed/36554910
https://doi.org/10.1007/978-3-030-50232-4_12
https://doi.org/10.1509/jmkr.39.1.61.18935
https://doi.org/10.3389/fsoc.2023.1163560
https://doi.org/10.24137/raeic.10.e.6
https://encage-cm.csic.es
https://doi.org/10.3390/ijerph17020517
https://www.ncbi.nlm.nih.gov/pubmed/31947555
https://doi.org/10.1186/s12966-018-0715-z
https://www.share.cemfi.es
https://doi.org/10.3758/BF03203630


Land 2024, 13, 1304 25 of 26

34. Nicholson, C.; Awad, S.H. The power of the image: The role of social representations. Pap. Soc. Represent. 2024, 33, 1–8. Available
online: https://psr.iscte-iul.pt/index.php/PSR/article/view/711 (accessed on 4 August 2024).

35. Zorrilla-Muñoz, V.; Agulló-Tomás, M.S.; Rodríguez-Blázquez, C.; Ayala, A.; Fernandez-Mayoralas, G.; Forjaz, M.J. Ageing
perception as a key predictor of self-rated health by rural older people—A study with gender and inclusive perspectives. Land
2022, 11, 323. [CrossRef]

36. Parra-Sanchez, A.; Zorrilla-Muñoz, V.; Martinez-Navarrete, G.; Fernandez, E. Technological Perception with Rural and Urban
Differentiation and Its Influence on the Quality of Life of Older People with Age-Related Macular Degeneration. Eur. J. Investig.
Health Psychol. Educ. 2024, 14, 1470–1488. [CrossRef] [PubMed]

37. Kalampalikis, N.; Apostolidis, T. Challenges for social representations theory: The socio-genetic perspective. In Serge Moscovici’s
Work; Editions des Archives Contemporaines: Paris, France, 2021; pp. 23–34. [CrossRef]

38. Lupton, D. The Quantified Self: A Sociology of Self-Tracking; Polity Press: Cambridge, UK, 2016; pp. 1–200. ISBN 978-0745697814.
39. Wang, J.Z.; Zhao, S.; Wu, C.; Adams, R.B.; Newman, M.G.; Shafir, T.; Tsachor, R. Unlocking the Emotional World of Visual Media:

An Overview of the Science, Research, and Impact of Understanding Emotion. Proc. IEEE 2023, 111, 1236–1286. [CrossRef]
[PubMed]

40. Zorrilla-Muñoz, V.; Veira-Ramos, A.; Agulló-Tomás, M.S.; Garcia-Aracil, N.; Fernandez, E. Effectiveness of Support Programmes
for (in)Formal Caregivers of Older Dependent People to Design Technologies. In Human Aspects of IT for the Aged Population; Gao,
Q., Zhou, J., Eds.; HCII 2023 Lecture Notes in Computer Science; Springer: Cham, Switzerland, 2023; pp. 392–410. [CrossRef]

41. Colosi, R.; Cowen, N.; Todd, M. Sexual and gender identity work on social media. Sociol. Compass 2023, 17, e13073. [CrossRef]
42. Taipale, S.; Oinas, T.; Karhinen, J. Heterogeneity of traditional and digital media use among older adults: A six-country

comparison. Technol. Soc. 2021, 66, 101642. [CrossRef]
43. García-Monteagudo, D. La idealización de los espacios rurales en Educación Secundaria y bachillerato. Un estudio de representa-

ciones sociales. Rev. Colomb. Sociol. 2021, 44, 269–290. [CrossRef]
44. Hatton, A.L.; Haslam, C.; Bell, S.; Langley, J.; Woolrych, R.; Cory, C.; Brownjohn, J.M.; Goodwin, V.A. Innovative solutions to

enhance safe and green environments for ageing well using co-design through patient and public involvement. Res. Involv.
Engagem. 2020, 6, 45. [CrossRef]

45. Sugiyama, T.; Carver, A.; Koohsari, M.J.; Veitch, J. Advantages of public green spaces in enhancing population health. Landsc.
Urban Plan. 2018, 178, 12–17. [CrossRef]

46. Zhang, J.; Liu, X. Media representation of older people’s vulnerability during the COVID-19 pandemic in China. Eur. J. Ageing
2021, 18, 149–158. [CrossRef]

47. Habtezion, S. Overview of Linkages between Gender and Climate Change. New York. 2016. Available online: https:
//www.undp.org/sites/g/files/zskgke326/files/publications/UNDP%20Linkages%20Gender%20and%20CC%20Policy%20
Brief%201-WEB.pdf (accessed on 6 July 2023).

48. Bilge, S. Recent feminist outlooks on intersectionality. Diogenes 2010, 57, 58–72. [CrossRef]
49. Crenshaw, K. Mapping the Margins: Intersectionality, Identity, and Violence Against Women of Color. Stanford Law Rev. 1991, 43,

1241–1300. [CrossRef]
50. Gaard, G. Women, water, energy: An Ecofeminist Approach. Organ. Environ. 2021, 14, 157–172. Available online: http:

//www.jstor.org/stable/26161568 (accessed on 12 August 2024). [CrossRef]
51. Perlusz, S. Emotions and technology acceptance: Development and validation of a technology affect scale. In IEEE International

Engineering Management Conference; IEEE Cat No04CH37574; IEEE: Singapore, 2004; Volume 2, pp. 845–847. [CrossRef]
52. Swift, H.J.; Steeden, B. Literature Review: Exploring Representations of Old Age and Ageing. Available online: https://ageing-

better.org.uk/sites/default/files/2020-03/Exploring-representations-of-old-age.pdf (accessed on 12 December 2023).
53. Guan, H.; Dong, L.; Zhao, A. Ethical Risk Factors and Mechanisms in Artificial Intelligence Decision Making. Behav. Sci. 2022, 12,

343. [CrossRef]
54. Romele, A. Images of Artificial Intelligence: A Blind Spot in AI Ethics. Philos. Technol. 2022, 35, 4. [CrossRef]
55. LoRa, R.F. Available online: https://paperswithcode.com/dataset/lora-rf (accessed on 4 April 2024).
56. Izquierdo, B. De la evaluación clásica a la evaluación pluralista. Criterios para clasificar los distintos tipos de evaluación. EMPIRIA

Rev. Metodol. Cienc. Soc. 2008, 16, 115–134. Available online: https://www.redalyc.org/pdf/2971/297124024005.pdf (accessed on
15 August 2024). [CrossRef]

57. Ballart. Modelos teóricos para la práctica de la evaluación de programas. In Lecturas de Gestión Pública; Subirats i Humet, J.,
Brugué, J., Eds.; INAP: Madrid, Spain, 1996; pp. 321–352, ISBN 84-340-0907-2.

58. Alvira, F. Metodología de la Evaluación de Programas; Centro de Investigaciones Sociológicas (CIS): Madrid, Spain, 1991;
ISBN 84-7476-158-1.

59. Rotondo, E. PREVAL—La evaluación por imágenes: Una propuesta de comunicación para el aprendizaje social. In Feria del
Conocimiento América Latina y el Caribe: Casos Destacados en Agricultura, Desarrollo y Seguridad Alimentaria; FAO, ICT-KM, CGIAR,
CIAT, IICA, KM4DEV; IICA: San José, Costa Rica, 2010; p. 64, ISBN 978-92-9248-344-9.

60. UN Women. Good Practices in Gender-Responsive Evaluations. 2020. Available online: https://www.unwomen.org/en/digital-
library/publications/2020/06/good-practices-in-gender-responsive-evaluations (accessed on 24 January 2024).

61. Podems, D. Feminist Evaluation for Nonfeminists. In From Feminist Evaluation and Research: Theory and Practice; Brisolara, S.,
Seigart, D., SenGupta, S., Eds.; The Guilford Press: New York, NY, USA, 2014; pp. 113–142, ISBN 9781462517909.

https://psr.iscte-iul.pt/index.php/PSR/article/view/711
https://doi.org/10.3390/land11030323
https://doi.org/10.3390/ejihpe14050097
https://www.ncbi.nlm.nih.gov/pubmed/38785595
https://doi.org/10.17184/eac.4963
https://doi.org/10.1109/JPROC.2023.3273517
https://www.ncbi.nlm.nih.gov/pubmed/37859667
https://doi.org/10.1007/978-3-031-34917-1_27
https://doi.org/10.1111/soc4.13073
https://doi.org/10.1016/j.techsoc.2021.101642
https://doi.org/10.15446/rcs.v44n2.90081
https://doi.org/10.1186/s40900-020-00223-4
https://doi.org/10.1016/j.landurbplan.2018.05.019
https://doi.org/10.1007/s10433-021-00613-x
https://www.undp.org/sites/g/files/zskgke326/files/publications/UNDP%20Linkages%20Gender%20and%20CC%20Policy%20Brief%201-WEB.pdf
https://www.undp.org/sites/g/files/zskgke326/files/publications/UNDP%20Linkages%20Gender%20and%20CC%20Policy%20Brief%201-WEB.pdf
https://www.undp.org/sites/g/files/zskgke326/files/publications/UNDP%20Linkages%20Gender%20and%20CC%20Policy%20Brief%201-WEB.pdf
https://doi.org/10.1177/0392192110374245
https://doi.org/10.2307/1229039
http://www.jstor.org/stable/26161568
http://www.jstor.org/stable/26161568
https://doi.org/10.1177/1086026601142002
https://doi.org/10.1109/IEMC.2004.1407500
https://ageing-better.org.uk/sites/default/files/2020-03/Exploring-representations-of-old-age.pdf
https://ageing-better.org.uk/sites/default/files/2020-03/Exploring-representations-of-old-age.pdf
https://doi.org/10.3390/bs12090343
https://doi.org/10.1007/s13347-022-00498-3
https://paperswithcode.com/dataset/lora-rf
https://www.redalyc.org/pdf/2971/297124024005.pdf
https://doi.org/10.5944/empiria.16.2008.1392
https://www.unwomen.org/en/digital-library/publications/2020/06/good-practices-in-gender-responsive-evaluations
https://www.unwomen.org/en/digital-library/publications/2020/06/good-practices-in-gender-responsive-evaluations


Land 2024, 13, 1304 26 of 26

62. Marinucci, L.; Mazzuca, C.; Gangemi, A. Exposing implicit biases and stereotypes in human and artificial intelligence: State of
the art and challenges with a focus on gender. AI Soc. 2023, 38, 747–761. [CrossRef]

63. Chu, C.H.; Donato-Woodger, S.; Khan, S.S.; Nyrup, R.; Leslie, K.; Lyn, A.; Shi, T.; Bianchi, A.; Rahimi, S.A.; Grenier, A. Age-related
bias and artificial intelligence: A scoping review. Humanit. Soc. Sci. Commun. 2023, 10, 510. [CrossRef]

Disclaimer/Publisher’s Note: The statements, opinions and data contained in all publications are solely those of the individual
author(s) and contributor(s) and not of MDPI and/or the editor(s). MDPI and/or the editor(s) disclaim responsibility for any injury to
people or property resulting from any ideas, methods, instructions or products referred to in the content.

https://doi.org/10.1007/s00146-022-01474-3
https://doi.org/10.1057/s41599-023-01999-y

	Introduction 
	Materials and Methods 
	Study Design and Criteria for Data Collection 
	Method 
	Data Collection 
	Data Analysis 
	Power Analysis 
	Proposed Algorithms to Solve and Retrain Images 


	Results 
	Presence of Aids and Assistive Devices 
	Emotions and Gender 
	Analysis of the Built and Natural Environment 
	Digital Images Generated by AI 
	Bridging Stereotype Identification and Manipulation in Images through Advanced Technologies 

	Discussion 
	Social Representation Theory and Its Impact on the Perception of Older Adults in Digital Images 
	Challenges and Stereotypes in Digital Imagery 
	Limitations and Strengths 
	Future Directions and Ethical Considerations 

	Conclusions 
	References

