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Abstract: Despite the increasing evidence of the clinical impact of Pseudomonas-derived cephalospori-
nase (PDC) sequence polymorphisms, the molecular evolution of its encoding gene, blaPDC, remains
elusive. To elucidate this, we performed a comprehensive evolutionary analysis of blaPDC. A Bayesian
Markov Chain Monte Carlo phylogenetic tree revealed that a common ancestor of blaPDC diverged
approximately 4660 years ago, leading to the formation of eight clonal variants (clusters A–H). The
phylogenetic distances within clusters A to G were short, whereas those within cluster H were rela-
tively long. Two positive selection sites and many negative selection sites were estimated. Two PDC
active sites overlapped with negative selection sites. In docking simulation models based on samples
selected from clusters A and H, piperacillin was bound to the serine and the threonine residues of
the PDC active sites, with the same binding mode for both models. These results suggest that, in
P. aeruginosa, blaPDC is highly conserved, and PDC exhibits similar antibiotic resistance functionality
regardless of its genotype.

Keywords: Pseudomonas aeruginosa; PDC; evolution

1. Introduction

Pseudomonas aeruginosa (Pseudomonadaceae) is a major opportunistic pathogen causing
severe nosocomial infections, such as ventilator-associated pneumonia, urinary tract infections,
and bacteremia [1–3]. Treating these infections is challenging because P. aeruginosa exhibits
innate resistance to a wide range of antibacterial agents [4] based on its outer membrane
impermeability, efflux pump expression, and resistance-conferring enzyme production [5,6].
Its enzyme class C β-lactamase (Pseudomonas-derived cephalosporinase, PDC), encoded by
blaPDC, confers resistance primarily to β-lactam antibiotics [7]. Moreover, in blaPDC, mutations
in the peptidoglycan-recycling process cause hyperproduction of this enzyme, resulting in
reduced susceptibility to antibiotics against P. aeruginosa, including ceftazidime, cefepime, and
piperacillin [8–11].
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PDC contains more than 500 variants according to the Beta-Lactamase DataBase
(http://bldb.eu/BLDB.php?prot=C#PDC, accessed on 26 December 2022) that can lead
to its structural modifications [12,13]. Moreover, the PDC sequence polymorphism can
alter resistance to antibiotics, thereby resulting in a major obstacle in P. aeruginosa treat-
ment in clinical settings [12,14–16]. However, the evolutionary history of blaPDC and the
molecular interactions between PDC and the relevant antibiotics for each blaPDC genotype
remain elusive.

Recent advances in in silico techniques and computing have resulted in impressive
progress in molecular-evolutionary and docking-simulation analyses. These analyses pro-
vide opportunities for deciphering the evolution of PDCs and their molecular mechanisms
of antibiotic resistance. We, therefore, analyzed the molecular evolution of blaPDC col-
lected from different parts of the world. For the blaPDC genotypes selected from specific
clonal variants (clusters), we clarified its molecular interactions with piperacillin, a major
antibiotic against P. aeruginosa, via a docking simulation between PDC and piperacillin.

2. Materials and Methods
2.1. Sample Selection and Alignment

To investigate the molecular evolution of blaPDC, we obtained all available full-length
nucleotide sequences for it from GenBank (https://www.ncbi.nlm.nih.gov/genbank/,
accessed on 19 May 2021). Samples with missing data regarding the years or regions of
isolation or detection or exhibiting ambiguous sequences or genetic recombination were
omitted, leaving 511 samples. MEGA7 [17] was used to generate amino acid sequences for
these samples, and multiple alignment was conducted using MAFFT 7 [18]. The genome
data with homologous sequences (100% identity) were excluded using Clustal Omega [19],
and the genome that was first isolated was also left. In total, 215 samples, isolated or
detected in 40 countries between 1963 and 2021, were used. The present genome sample
information is shown in Supplemental Table S1.

2.2. Time-Scaled Phylogenetic Tree Analysis

A time-scaled phylogenetic tree was constructed using the Bayesian Markov Chain
Monte Carlo (MCMC) method in BEAST 2.4.8 [20], with a chain length of 40,000,000 steps
and sampling every 1000 steps. First, using jModelTest 2.1.10 [21], we selected the best sub-
stitution model (TPM3uf + I + G). Subsequently, we applied the path-sampling/stepping-
stone sampling method [22,23] to search for the optimal combination of four clock models
(Strict Clock, Relaxed Clock Exponential, Relaxed Clock Log Normal, and Random Lo-
cal Clock) and two prior tree models (Coalescent Constant Population and Coalescent
Exponential Population). For the analyses, we selected the Strict Clock and Coalescent
Exponential Populations models. We then used Tracer 1.7.1 [24] to assess the effective
sample size with respect to convergence, accepting values >200. After discarding the
first 15% of iterations as burn-in, phylogenetic trees were generated using Tree Annota-
tor 2.4.8 implemented in BEAST. Subsequently, the trees were illustrated using FigTree
1.40 (http://tree.bio.ed.ac.uk/software/figtree/, accessed on 12 October 2021). More-
over, we selected the representative blaPDC samples from each cluster determined by
MCMC tree (GenBank: Cluster A, NZ_JAHBSB010000003; cluster B, NZ_RRBX01000028;
cluster C, NZ_PHTA01000011; cluster D, NZ_CP053917; cluster E, NG_055276; cluster F,
NZ_JAGFEQ010000011; cluster G, NZ_JAGMWR010000017; cluster H, CP020560). Then,
their PDC sequences were compared. The evolutionary rate of the selected blaPDC samples
was calculated using Tracer 1.7.1 by selecting a suitable model, as described.

2.3. Phylogenetic Distance Analysis

To calculate the phylogenetic distances among the samples, a phylogenetic tree was
created using the maximum likelihood (ML) method in MEGA7. First, the best substitution
model was selected using jModelTest 2.1.10. The phylogenetic distances of the ML tree,
and for each cluster, were estimated using Patristic [25].

http://bldb.eu/BLDB.php?prot=C#PDC
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2.4. Structure Retrieval and Modeling

We obtained the three-dimensional (3D) structures of PDC (PDC-1, PDBID:4WYY)
as a template for homology modeling from the Protein Data Bank Japan (https://pdbj.
org/, accessed on 8 December 2021). The 3D structure of piperacillin was downloaded
from PubChem (https://pubchem.ncbi.nlm.nih.gov/, accessed on 9 December 2021). The
blaPDC samples used for structural modeling were from clusters separated by large genetic
distances (based on the MCMC tree and phylogenetic distance), namely clusters A and
H. Structural models of PDC encoded by these two blaPDC were constructed using the
template model using MODELLER 10.2 [26]. The structural reliability of the constructed
models was evaluated using Ramachandran plot analysis in CooT 0.8.9.2 [27]. Subsequently,
energy minimization was performed using GROMOS96 implemented in Swiss PDB Viewer
4.1.0 [28]. Based on prior reports [29–32], three active sites of PDC were identified as
follows: Ser62, Val63, Ser64, and Lys65 (here, motif 1), Tyr149, Ser150, and Asn151 (here,
motif 2), Lys314, Thr315, and Gly316 (here, motif 3).

2.5. Selective Pressure Analyses

To reveal the positive and negative selection sites of PDC amino acid sequences,
non-synonymous (dN) and synonymous (dS) substitution rates were estimated using the
Datamonkey web server (http://www.datamonkey.org/, accessed on 6 December 2021).
We used single-likelihood ancestor counting (SLAC), fixed-effects likelihood (FEL), internal
fixed-effects likelihood (IFEL), fast unconstrained Bayesian approximation (FUBAR), and
mixed-effects model of evolution (MEME) to estimate positive selection sites, and SLAC,
FEL, IFEL, and FUBAR to estimate negative selection sites. The determination of positive
(dN/dS > 1) and negative (dN/dS < 1) selection was based on p < 0.05 for SLAC, FEL,
IFEL, and MEME, and posterior probabilities > 0.9 for FUBAR. These selection sites were
mapped onto the structural models of PDCs.

2.6. Docking Simulation

To elucidate the molecular interactions between the structural models of PDC and
piperacillin, docking simulations were performed using AutoDock Vina 1.1.2 [33]. Prior
to docking simulation, polar hydrogen atoms and Gasteiger charges were added to PDC
models using AutoDockTools 1.5.6. The grid box size was set to include all proteins. After
the 20 docking models were generated using AutoDock Vina, 3D molecular interactions and
conformations were visualized using PyMOL 2.3.4. Docking models with root mean square
deviation ≥2, relative to the values obtained prior to docking simulation, were omitted. The
optimal models in each cluster were determined from the docking models using AutoDock
Vina based on the binding energy. The molecular interactions were analyzed in a 2D
diagram using the BIOVIA Discovery Studio Visualiser.

3. Results
3.1. Time-Scaled Phylogenetic and Evolutionary Analysis

The MCMC time-scaled phylogenetic tree of blaPDC (Figure 1) separated P. aeruginosa
into eight clusters (A to H), with a common ancestor diverging 4661 years ago [95% highest
posterior density (HPD), 2743–6675 years ago], after which cluster H emerged. The other
clusters emerged as follows (in years ago, with 95% HPD interval): Cluster G, 537 (332–776);
F, 437 (287–649); E, 355 (238–528); D, 192 (134–296); C, 192 (134–296); B, 173 (128–268);
A 173 (128–268). The blaPDC belonging to cluster A were predominant at the time of anal-
ysis. Moreover, the active sites (motifs 1 to 3) of representative PDC sequences from each
cluster were found to be conserved (Supplementary Figure S1). The evolutionary rate (in
substitutions/site/year) of the entire blaPDC gene was 4.08 × 10−5 (95% HPD, 2.52 × 10−5 to
5.68 × 10−5).

https://pdbj.org/
https://pdbj.org/
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Figure 1. Phylogenetic tree of blaPDC, constructed using the Bayesian Markov Chain Monte Carlo
method. The scale bar shows time (in years ago). The parentheses present the 95% highest posterior
density (HPD).

3.2. Time-Scaled Phylogenetic and Evolutionary Analysis

The phylogenetic distance among all of the blaPDC, estimated using an ML-based
phylogenetic tree (Figure 2a), was 0.013 ± 0.013 (mean ± SD). For clusters A to G (Figure 2b),
the mean distances were short, ranging from 0.005 to 0.086, with cluster A having the
shortest phylogenetic distance (0.005 ± 0.000) and H having a relatively long distance
(0.44 ± 0.046).

3.3. Selective Pressure Analysis

We estimated the positive and negative selection sites for the present PDC using the
Datamonkey web server. Two amino acid substitutions (amino acids 79 and 239), common
to all five methods, were identified as positive selection sites. The number of negative
selection sites was 18, 54, 48, and 56 for SLAC, FEL, IFEL, and FUBAR, respectively. Of
these, 18 sites were common to all four methods. No positive or negative selection sites
were located in motif 1. In contrast, negative selection sites Tyr149, Thr315, and Gly316
were located in motif 2 and motif 3, respectively (Figure 3).

3.4. Molecular Interactions between PDC and Piperacillin

Docking simulation between the PDC structural models and piperacillin to clarify their
molecular interactions was performed using AutoDock Vina. Based on the phylogenetic
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analysis results, PDC structural models were generated from the representative samples
selected from clusters A and H.
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Figure 3. PDC structural models of the representative samples selected from clusters A and H. The
active sites on the proteins are colored red. Positive and negative selection sites are shown in blue
and dark green, respectively. The superimposed sites between active sites and negative selection sites
are indicated in yellow.

In the PDC structural models of cluster A, piperacillin interacted with Ser62 (motif 1)
and Thr315 (motif 3) at the active sites via conventional hydrogen bonds (Figure 4a). An
unfavorable interaction (donor–donor) was formed with Asn345 in PDC. The forces that in-
teracted with sites other than the active sites were carbon–hydrogen bonds and hydrophobic
interactions (π–π stacked and alkyl). The interacting residues other than those in the active
sites were alanine, asparagine, serine, and tyrosine. The computational binding affinity was
estimated to be −9.0 kcal/mol.
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In the PDC structural models of cluster H, piperacillin formed conventional hydrogen
bonds with Ser62 (motif 1) and Thr315 (motif 3) at the active sites (Figure 4b). There was an
unfavorable interaction (donor–donor) between Arg348 in PDC and piperacillin. Carbon–
hydrogen bonds and hydrophobic interactions (π–π stacked and alkyl) were formed as
attractive forces at sites other than the active sites. The interacting residues other than those
in the active sites were alanine, arginine, asparagine, serine, and tyrosine. The binding
affinity was computed as −9.0 kcal/mol.

4. Discussion

Sequence polymorphism of PDC has generated increasing concern [34,35]. To elucidate
the molecular evolution of blaPDC, we investigated this using blaPDC gene samples from
various parts of the world. Based on the blaPDC gene clusters revealed by this analysis, we
conducted a docking simulation between PDC and piperacillin to elucidate their molecular
interactions. This revealed that PDC evolved constantly and formed eight clusters, whereas
the phylogenetic distances of blaPDC were short. These results, suggesting low levels of
genetic divergence among the current blaPDC, are consistent with a prior study of clinically
isolated samples, in which the sequences were relatively conserved despite variations in
gene size [36]. At the same time, the number of PDC with altered resistance to antibiotics
is increasing [34,35,37]. These findings indicate that even minor amino acid substitutions
may affect the functions of PDC.

Our selection-pressure analysis of PDC revealed two positive selection sites and many
negative selection sites. Moreover, negative selection sites overlapped with motifs 2 (Tyr149)
and 3 (Thr315 and Gly316) in PDC active sites. Negative selection acts as a sieve, which
leads to the elimination of harmful mutations [38–40]. This suggests that P. aeruginosa with
mutations in PDC active sites do not adapt to their environment, leading to the presence
of highly conserved active sites. Indeed, the active sites of representative PDC sequences
from each cluster were found to be conserved.

Molecular evolutionary analysis of P. aeruginosa gyrA revealed that key residue substi-
tutions in GyrA, with positive selection due to quinolone drugs, altered the binding mode
between GyrA and ciprofloxacin [41]. Although PDC is an antibiotic resistance-conferring
enzyme rather than a target, its molecular mechanisms of action may evolve under selective
pressure. In our PDC–piperacillin docking simulation, piperacillin interacted with serine
and threonine residues at the active sites for clusters A and H. These results suggest that
PDC shows similar antibiotic resistance mechanisms regardless of its genotype. This is
partially due to the conservation of active sites, which play an essential role in β-lactam
antibiotic hydrolysis, among the clusters [42]. Furthermore, deeper insight into the molec-
ular mechanisms of PDC in evolutionarily selected variants will pave the way towards
developing promising β-lactam/β-lactamase inhibitors against P. aeruginosa.

This study has computing capability-related limitations that need to be addressed
in the future. The first is the reliability of structural models. The homology modeling
generates a good stereochemical protein model but is limited in predicting the native
structure accurately from its sequence and template structure alone [43]. Quite recently, a
new powerful tool of structural modeling using deep learning techniques, Alphafold2, has
become available [44]. AlphaFold2 may exhibit a smaller structural gap between native and
target proteins than homology modeling [44]. However, we could not perform AlphaFold2
because it requires high computing capability. The second limitation concerns the lack of
a dynamic process through which PDC recognizes piperacillin in our simulation. Subtle
changes in proteins may cause drug resistance by maintaining substrate recognition and
catalysis while preventing the antibiotic from exerting its full effect [15,45]. In PDC, various
amino acid substitutions at sites other than the active sites, such as those in the short
peptide strand traversing the active sites (Ω loop) and the C-terminal domain, can affect
resistance to β-lactam antibiotics [29,35]. We were unable to include these catalytic residues
in our docking simulation because our method applies a “snap-shot” approach that does
not present the molecular mechanisms of target molecules as a dynamic image. Although



Microorganisms 2023, 11, 635 8 of 10

molecular dynamic simulations using extremely high-performance computer systems
provide opportunities to explore dynamic molecular mechanisms [46–48], relatively few
laboratories have the facilities to conduct them. Although the methodology of the present
study is subject to these limitations, our molecular evolution and docking simulation
analyses will guide the designing of effective therapies targeting PDC.

5. Conclusions

To the best of our knowledge, this is the first comprehensive evolutionary analysis
of PDC gene. These findings will improve our understanding of time-scaled genetic and
functional changes in PDC. Based on the MCMC phylogenetic tree, a common ancestor
of blaPDC diverged ca. 4660 years ago, giving rise to eight clusters. The phylogenetic
distances within the samples were short. Our analysis revealed two positive selection
sites, and many negative selection sites, in PDC. These were not located in the active
sites motif 1 but in motifs 2 (Tyr149) and 3 (Thr315 and Gly316). Docking simulations
between piperacillin and the PDC structural models based on clusters A and H revealed
similar binding modes. These findings imply that blaPDC is highly conserved, particularly
at the active sites, resulting in similar antibiotic-related functions for PDC, regardless of the
genotype.

Supplementary Materials: The following supporting information can be downloaded at:
https://www.mdpi.com/article/10.3390/microorganisms11030635/s1, Supplementary Table S1:
The genome samples used in the present study. Supplementary Figure S1: Multiple sequence align-
ment of representative Pseudomonas-derived cephalosporinase (PDC) amino acid sequences from
clusters A to H.

Author Contributions: Conceptualization, T.S. and H.K.; methodology, M.A., M.M., M.I., A.A., N.N.,
M.S., T.S., R.K. and H.K.; formal analysis, T.S., M.A., M.M., M.I., A.A., N.N. and H.K.; data curation,
M.A., M.M., M.I. and A.A.; writing—original draft preparation, T.S. and H.K.; writing—review and
editing, T.I., K.O., H.I., S.H., A.R., H.T. and H.K.; visualization, T.S., M.A., M.M., M.I. and A.A.; funding
acquisition, H.K. All authors have read and agreed to the published version of the manuscript.

Funding: This work was also supported by a commissioned project for Research on Emerging and
Re-emerging, Infectious Diseases from Japan Agency for Medical Research and Development, AMED
(grant number JP21fk0108103).

Data Availability Statement: The data presented in this study are available on request from the
corresponding author.

Conflicts of Interest: The authors declare no conflict of interest in association with the present study.

References
1. Obritsch, M.D.; Fish, D.N.; MacLaren, R.; Jung, R. National surveillance of antimicrobial resistance in Pseudomonas aeruginosa

isolates obtained from intensive care unit patients from 1993 to 2002. Antimicrob. Agents Chemother. 2004, 48, 4606–4610. [CrossRef]
2. Bouza, E.; Burillo, A.; Munoz, P. Catheter-related infections: Diagnosis and intravascular treatment. Clin. Microbiol. Infect. 2002,

8, 265–274. [CrossRef] [PubMed]
3. Collin, B.A.; Leather, H.L.; Wingard, J.R.; Ramphal, R. Evolution, incidence, and susceptibility of bacterial bloodstream isolates

from 519 bone marrow transplant patients. Clin. Infect. Dis. 2001, 33, 947–953. [CrossRef] [PubMed]
4. Pachori, P.; Gothalwal, R.; Gandhi, P. Emergence of antibiotic resistance Pseudomonas aeruginosa in intensive care unit; a critical

review. Genes Dis. 2019, 6, 109–119. [CrossRef] [PubMed]
5. Hirsch, E.B.; Tam, V.H. Impact of multidrug-resistant Pseudomonas aeruginosa infection on patient outcomes. Expert Rev.

Pharmacoecon Outcomes Res. 2010, 10, 441–451. [CrossRef] [PubMed]
6. Pang, Z.; Raudonis, R.; Glick, B.R.; Lin, T.J.; Cheng, Z. Antibiotic resistance in Pseudomonas aeruginosa: Mechanisms and

alternative therapeutic strategies. Biotechnol. Adv. 2019, 37, 177–192. [CrossRef] [PubMed]
7. Masuda, N.; Gotoh, N.; Ishii, C.; Sakagawa, E.; Ohya, S.; Nishino, T. Interplay between chromosomal beta-lactamase and the

MexAB-OprM efflux system in intrinsic resistance to beta-lactams in Pseudomonas aeruginosa. Antimicrob. Agents Chemother.
1999, 43, 400–402. [CrossRef] [PubMed]

8. Rafiee, R.; Eftekhar, F.; Tabatabaei, S.A.; Minaee Tehrani, D. Prevalence of Extended-Spectrum and Metallo beta-Lactamase
Production in BlaPDC beta-Lactamase Producing Pseudomonas aeruginosa Isolates From Burns. Jundishapur. J. Microbiol. 2014,
7, e16436. [CrossRef]

https://www.mdpi.com/article/10.3390/microorganisms11030635/s1
http://doi.org/10.1128/AAC.48.12.4606-4610.2004
http://doi.org/10.1046/j.1469-0691.2002.00385.x
http://www.ncbi.nlm.nih.gov/pubmed/12047403
http://doi.org/10.1086/322604
http://www.ncbi.nlm.nih.gov/pubmed/11528564
http://doi.org/10.1016/j.gendis.2019.04.001
http://www.ncbi.nlm.nih.gov/pubmed/31194018
http://doi.org/10.1586/erp.10.49
http://www.ncbi.nlm.nih.gov/pubmed/20715920
http://doi.org/10.1016/j.biotechadv.2018.11.013
http://www.ncbi.nlm.nih.gov/pubmed/30500353
http://doi.org/10.1128/AAC.43.2.400
http://www.ncbi.nlm.nih.gov/pubmed/9925544
http://doi.org/10.5812/jjm.16436


Microorganisms 2023, 11, 635 9 of 10

9. Fung-Tomc, J.; Dougherty, T.J.; DeOrio, F.J.; Simich-Jacobson, V.; Kessler, R.E. Activity of cefepime against ceftazidime- and
cefotaxime-resistant gram-negative bacteria and its relationship to beta-lactamase levels. Antimicrob. Agents Chemother. 1989,
33, 498–502. [CrossRef] [PubMed]

10. Moya, B.; Dotsch, A.; Juan, C.; Blazquez, J.; Zamorano, L.; Haussler, S.; Oliver, A. Beta-lactam resistance response triggered by
inactivation of a nonessential penicillin-binding protein. PLoS Pathog. 2009, 5, e1000353. [CrossRef] [PubMed]

11. Cabot, G.; Ocampo-Sosa, A.A.; Dominguez, M.A.; Gago, J.F.; Juan, C.; Tubau, F.; Rodriguez, C.; Moya, B.; Pena, C.; Martinez-
Martinez, L.; et al. Genetic markers of widespread extensively drug-resistant Pseudomonas aeruginosa high-risk clones.
Antimicrob. Agents Chemother. 2012, 56, 6349–6357. [CrossRef]

12. Colque, C.A.; Albarracin Orio, A.G.; Tomatis, P.E.; Dotta, G.; Moreno, D.M.; Hedemann, L.G.; Hickman, R.A.; Sommer, L.M.;
Feliziani, S.; Moyano, A.J.; et al. Longitudinal Evolution of the Pseudomonas-Derived Cephalosporinase (PDC) Structure and
Activity in a Cystic Fibrosis Patient Treated with beta-Lactams. mBio 2022, 13, e0166322. [CrossRef] [PubMed]

13. MacVane, S.H.; Pandey, R.; Steed, L.L.; Kreiswirth, B.N.; Chen, L. Emergence of ceftolozane-tazobactam-resistant pseudomonas
aeruginosa during treatment is mediated by a single AmpC structural mutation. Antimicrob. Agents Chemother. 2017, 61, e01183-17.
[CrossRef] [PubMed]

14. Silby, M.W.; Winstanley, C.; Godfrey, S.A.; Levy, S.B.; Jackson, R.W. Pseudomonas genomes: Diverse and adaptable. FEMS
Microbiol. Rev. 2011, 35, 652–680. [CrossRef] [PubMed]

15. Lahiri, S.D.; Johnstone, M.R.; Ross, P.L.; McLaughlin, R.E.; Olivier, N.B.; Alm, R.A. Avibactam and class C beta-lactamases:
Mechanism of inhibition, conservation of the binding pocket, and implications for resistance. Antimicrob. Agents Chemother. 2014,
58, 5704–5713. [CrossRef]

16. Rodriguez-Martinez, J.M.; Poirel, L.; Nordmann, P. Molecular epidemiology and mechanisms of carbapenem resistance in
Pseudomonas aeruginosa. Antimicrob. Agents Chemother. 2009, 53, 4783–4788. [CrossRef]

17. Kumar, S.; Stecher, G.; Tamura, K. MEGA7: Molecular Evolutionary Genetics Analysis Version 7.0 for Bigger Datasets. Mol. Biol.
Evol. 2016, 33, 1870–1874. [CrossRef]

18. Katoh, K.; Standley, D.M. MAFFT multiple sequence alignment software version 7: Improvements in performance and usability.
Mol. Biol. Evol. 2013, 30, 772–780. [CrossRef]

19. Sievers, F.; Wilm, A.; Dineen, D.; Gibson, T.J.; Karplus, K.; Li, W.; Lopez, R.; McWilliam, H.; Remmert, M.; Soding, J.; et al. Fast,
scalable generation of high-quality protein multiple sequence alignments using Clustal Omega. Mol. Syst. Biol. 2011, 7, 539.
[CrossRef]

20. Bouckaert, R.; Heled, J.; Kuhnert, D.; Vaughan, T.; Wu, C.H.; Xie, D.; Suchard, M.A.; Rambaut, A.; Drummond, A.J. BEAST 2: A
software platform for Bayesian evolutionary analysis. PLoS Comput. Biol. 2014, 10, e1003537. [CrossRef]

21. Darriba, D.; Taboada, G.L.; Doallo, R.; Posada, D. jModelTest 2: More models, new heuristics and parallel computing. Nat. Methods
2012, 9, 772. [CrossRef]

22. Baele, G.; Lemey, P.; Bedford, T.; Rambaut, A.; Suchard, M.A.; Alekseyenko, A.V. Improving the accuracy of demographic
and molecular clock model comparison while accommodating phylogenetic uncertainty. Mol. Biol. Evol. 2012, 29, 2157–2167.
[CrossRef] [PubMed]

23. Baele, G.; Li, W.L.; Drummond, A.J.; Suchard, M.A.; Lemey, P. Accurate model selection of relaxed molecular clocks in bayesian
phylogenetics. Mol. Biol. Evol. 2013, 30, 239–243. [CrossRef]

24. Rambaut, A.; Drummond, A.J.; Xie, D.; Baele, G.; Suchard, M.A. Posterior Summarization in Bayesian Phylogenetics Using Tracer
1.7. Syst. Biol. 2018, 67, 901–904. [CrossRef]

25. Fourment, M.; Gibbs, M.J. PATRISTIC: A program for calculating patristic distances and graphically comparing the components
of genetic change. BMC Evol. Biol. 2006, 6, 1. [CrossRef]

26. Webb, B.; Sali, A. Comparative Protein Structure Modeling Using MODELLER. Curr. Protoc. Bioinform. 2016, 54, 5.6.1–5.6.37.
[CrossRef] [PubMed]

27. Emsley, P.; Lohkamp, B.; Scott, W.G.; Cowtan, K. Features and development of Coot. Acta Crystallogr. D Biol. Crystallogr. 2010, 66
Pt 4, 486–501. [CrossRef]

28. Guex, N.; Peitsch, M.C. SWISS-MODEL and the Swiss-PdbViewer: An environment for comparative protein modeling. Elec-
trophoresis 1997, 18, 2714–2723. [CrossRef] [PubMed]

29. Jacoby, G.A. BlaPDC beta-lactamases. Clin. Microbiol. Rev. 2009, 22, 161–182. [CrossRef]
30. Philippon, A.; Arlet, G.; Jacoby, G.A. Plasmid-determined BlaPDC-type beta-lactamases. Antimicrob. Agents Chemother. 2002,

46, 1–11. [CrossRef] [PubMed]
31. Philippon, A.; Arlet, G.; Labia, R.; Iorga, B.I. Class C beta-Lactamases: Molecular Characteristics. Clin. Microbiol. Rev. 2022,

35, e0015021. [CrossRef]
32. Mack, A.R.; Barnes, M.D.; Taracila, M.A.; Hujer, A.M.; Hujer, K.M.; Cabot, G.; Feldgarden, M.; Haft, D.H.; Klimke, W.; van den

Akker, F.; et al. A Standard Numbering Scheme for Class C beta-Lactamases. Antimicrob. Agents Chemother. 2020, 64, e01841-19.
[CrossRef]

33. Trott, O.; Olson, A.J. AutoDock Vina: Improving the speed and accuracy of docking with a new scoring function, efficient
optimization, and multithreading. J. Comput. Chem. 2010, 31, 455–461. [CrossRef] [PubMed]

34. Tam, V.H.; Schilling, A.N.; LaRocco, M.T.; Gentry, L.O.; Lolans, K.; Quinn, J.P.; Garey, K.W. Prevalence of BlaPDC over-expression
in bloodstream isolates of Pseudomonas aeruginosa. Clin. Microbiol. Infect. 2007, 13, 413–418. [CrossRef]

http://doi.org/10.1128/AAC.33.4.498
http://www.ncbi.nlm.nih.gov/pubmed/2499250
http://doi.org/10.1371/journal.ppat.1000353
http://www.ncbi.nlm.nih.gov/pubmed/19325877
http://doi.org/10.1128/AAC.01388-12
http://doi.org/10.1128/mbio.01663-22
http://www.ncbi.nlm.nih.gov/pubmed/36073814
http://doi.org/10.1128/AAC.01183-17
http://www.ncbi.nlm.nih.gov/pubmed/28947473
http://doi.org/10.1111/j.1574-6976.2011.00269.x
http://www.ncbi.nlm.nih.gov/pubmed/21361996
http://doi.org/10.1128/AAC.03057-14
http://doi.org/10.1128/AAC.00574-09
http://doi.org/10.1093/molbev/msw054
http://doi.org/10.1093/molbev/mst010
http://doi.org/10.1038/msb.2011.75
http://doi.org/10.1371/journal.pcbi.1003537
http://doi.org/10.1038/nmeth.2109
http://doi.org/10.1093/molbev/mss084
http://www.ncbi.nlm.nih.gov/pubmed/22403239
http://doi.org/10.1093/molbev/mss243
http://doi.org/10.1093/sysbio/syy032
http://doi.org/10.1186/1471-2148-6-1
http://doi.org/10.1002/cpbi.3
http://www.ncbi.nlm.nih.gov/pubmed/27322406
http://doi.org/10.1107/S0907444910007493
http://doi.org/10.1002/elps.1150181505
http://www.ncbi.nlm.nih.gov/pubmed/9504803
http://doi.org/10.1128/CMR.00036-08
http://doi.org/10.1128/AAC.46.1.1-11.2002
http://www.ncbi.nlm.nih.gov/pubmed/11751104
http://doi.org/10.1128/cmr.00150-21
http://doi.org/10.1128/AAC.01841-19
http://doi.org/10.1002/jcc.21334
http://www.ncbi.nlm.nih.gov/pubmed/19499576
http://doi.org/10.1111/j.1469-0691.2006.01674.x


Microorganisms 2023, 11, 635 10 of 10

35. Berrazeg, M.; Jeannot, K.; Ntsogo Enguene, V.Y.; Broutin, I.; Loeffert, S.; Fournier, D.; Plesiat, P. Mutations in beta-Lactamase
BlaPDC Increase Resistance of Pseudomonas aeruginosa Isolates to Antipseudomonal Cephalosporins. Antimicrob. Agents
Chemother. 2015, 59, 6248–6255. [CrossRef]

36. Kiewitz, C.; Tummler, B. Sequence diversity of Pseudomonas aeruginosa: Impact on population structure and genome evolution.
J. Bacteriol. 2000, 182, 3125–3135. [CrossRef]

37. Bush, K.; Fisher, J.F. Epidemiological expansion, structural studies, and clinical challenges of new beta-lactamases from gram-
negative bacteria. Annu. Rev. Microbiol. 2011, 65, 455–478. [CrossRef] [PubMed]

38. Vernon, J.J.; Wilcox, M.H.; Freeman, J. Effect of fluoroquinolone resistance mutation Thr-82–>Ile on Clostridioides difficile fitness.
J. Antimicrob. Chemother. 2019, 74, 877–884. [CrossRef]

39. Shorr, A.F. Epidemiology of staphylococcal resistance. Clin. Infect. Dis. 2007, 45 (Suppl. 3), S171–S176. [CrossRef] [PubMed]
40. Aguileta, G.; Refregier, G.; Yockteng, R.; Fournier, E.; Giraud, T. Rapidly evolving genes in pathogens: Methods for detecting

positive selection and examples among fungi, bacteria, viruses and protists. Infect. Genet. Evol. 2009, 9, 656–670. [CrossRef]
41. Sada, M.; Kimura, H.; Nagasawa, N.; Akagawa, M.; Okayama, K.; Shirai, T.; Sunagawa, S.; Kimura, R.; Saraya, T.; Ishii, H.;

et al. Molecular Evolution of the Pseudomonas aeruginosa DNA Gyrase gyrA Gene. Microorganisms 2022, 10, 1660. [CrossRef]
[PubMed]

42. Lobkovsky, E.; Moews, P.C.; Liu, H.; Zhao, H.; Frere, J.M.; Knox, J.R. Evolution of an enzyme activity: Crystallographic structure at
2-A resolution of cephalosporinase from the blaPDC gene of Enterobacter cloacae P99 and comparison with a class A penicillinase.
Proc. Natl. Acad. Sci. USA 1993, 90, 11257–11261. [CrossRef] [PubMed]

43. Rodrigues, J.P.; Melquiond, A.S.; Karaca, E.; Trellet, M.; van Dijk, M.; van Zundert, G.C.; Schmitz, C.; de Vries, S.J.; Bordogna, A.;
Bonati, L.; et al. Defining the limits of homology modeling in information-driven protein docking. Proteins 2013, 81, 2119–2128.
[CrossRef] [PubMed]

44. Akdel, M.; Pires, D.E.V.; Pardo, E.P.; Janes, J.; Zalevsky, A.O.; Meszaros, B.; Bryant, P.; Good, L.L.; Laskowski, R.A.; Pozzati,
G.; et al. A structural biology community assessment of AlphaFold2 applications. Nat. Struct Mol. Biol. 2022, 29, 1056–1067.
[CrossRef] [PubMed]

45. Matthew, A.N.; Leidner, F.; Lockbaum, G.J.; Henes, M.; Zephyr, J.; Hou, S.; Rao, D.N.; Timm, J.; Rusere, L.N.; Ragland, D.A.; et al.
Drug Design Strategies to Avoid Resistance in Direct-Acting Antivirals and Beyond. Chem. Rev. 2021, 121, 3238–3270. [CrossRef]
[PubMed]

46. Fisette, O.; Gagne, S.; Lague, P. Molecular dynamics of class A beta-lactamases-effects of substrate binding. Biophys. J. 2012,
103, 1790–1801. [CrossRef]

47. Mukherjee, S.K.; Mukherjee, M.; Mishra, P.P. Impact of mutation on the structural stability and the conformational landscape
of inhibitor-resistant TEM beta-lactamase: A high-performance molecular dynamics simulation study. J. Phys. Chem. B. 2021,
125, 11188–11196. [CrossRef]

48. Galdadas, I.; Qu, S.; Oliveira, A.S.F.; Olehnovics, E.; Mack, A.R.; Mojica, M.F.; Agarwal, P.K.; Tooke, C.L.; Gervasio, F.L.; Spencer,
J.; et al. Allosteric communication in class A beta-lactamases occurs via cooperative coupling of loop dynamics. Elife 2021,
10, e66567. [CrossRef]

Disclaimer/Publisher’s Note: The statements, opinions and data contained in all publications are solely those of the individual
author(s) and contributor(s) and not of MDPI and/or the editor(s). MDPI and/or the editor(s) disclaim responsibility for any injury to
people or property resulting from any ideas, methods, instructions or products referred to in the content.

http://doi.org/10.1128/AAC.00825-15
http://doi.org/10.1128/JB.182.11.3125-3135.2000
http://doi.org/10.1146/annurev-micro-090110-102911
http://www.ncbi.nlm.nih.gov/pubmed/21740228
http://doi.org/10.1093/jac/dky535
http://doi.org/10.1086/519473
http://www.ncbi.nlm.nih.gov/pubmed/17712743
http://doi.org/10.1016/j.meegid.2009.03.010
http://doi.org/10.3390/microorganisms10081660
http://www.ncbi.nlm.nih.gov/pubmed/36014079
http://doi.org/10.1073/pnas.90.23.11257
http://www.ncbi.nlm.nih.gov/pubmed/8248237
http://doi.org/10.1002/prot.24382
http://www.ncbi.nlm.nih.gov/pubmed/23913867
http://doi.org/10.1038/s41594-022-00849-w
http://www.ncbi.nlm.nih.gov/pubmed/36344848
http://doi.org/10.1021/acs.chemrev.0c00648
http://www.ncbi.nlm.nih.gov/pubmed/33410674
http://doi.org/10.1016/j.bpj.2012.09.009
http://doi.org/10.1021/acs.jpcb.1c05988
http://doi.org/10.7554/eLife.66567

	Introduction 
	Materials and Methods 
	Sample Selection and Alignment 
	Time-Scaled Phylogenetic Tree Analysis 
	Phylogenetic Distance Analysis 
	Structure Retrieval and Modeling 
	Selective Pressure Analyses 
	Docking Simulation 

	Results 
	Time-Scaled Phylogenetic and Evolutionary Analysis 
	Time-Scaled Phylogenetic and Evolutionary Analysis 
	Selective Pressure Analysis 
	Molecular Interactions between PDC and Piperacillin 

	Discussion 
	Conclusions 
	References

