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Abstract: This study aimed to study the association between organizational attractiveness, intrinsic
motivation, perceived novelty, trust in the process, and the intention to apply, engage, and finish an
artificial intelligence recruitment and selection process. It was also tested whether having already
had the experience of having been involved in a recruitment and selection process using artificial
intelligence moderated these relationships. The sample for this study consisted of 299 participants.
The results indicate that organizational attractiveness and perceived novelty are positively and
significantly associated with applying to, getting involved in, and completing the recruitment and
selection process using artificial intelligence for participants aged between 45 and 54. For participants
aged between 35 and 44, trust in the process significantly affects their intention to apply to, get
involved in, and complete the recruitment and selection process using artificial intelligence. Intrinsic
motivation did not prove to be a significant predictor of the intention to apply to, get involved in,
and complete the recruitment and selection process using artificial intelligence.

Keywords: artificial intelligence; human resources; job application process; recruitment and selection;
quantitative study

1. Introduction

We live in one of the most technologically relevant eras of modern times. Human
Resources (HR) and its management must be open to the constant developments and
changes occurring in Portugal and worldwide.

How technology, with artificial intelligence (AI), has swept through companies and
HR departments has triggered a significant change in the processes and decision-making
that directly affect people and, in the specific case of this dissertation, job applicants.

These changes bring with them the need to understand candidates’ perceptions when
placed in a scenario where all or part of a decision that influences their future in an
organization is now made by technologies based on or supported by AI (Al-Alawi et al.
2021). Some studies have identified the use of AI in recruitment and selection (R&S)
processes as an asset (Pan et al. 2022).

In theory, candidates will benefit due to the greater ability of machines to identify the
talent needed in the organization, conducting the process with transparency, fairness, and
less bias and prejudice than traditional methods (Jain et al. 2021; Lee 2011; van Esch et al.
2019). On the other hand, other scholars have been reluctant about the preponderance of
this technology and its interference in the person-to-person relationship (Delecraz et al.
2022), the way it will irreversibly affect the R&S market (Hmoud and Várallyai 2019), and
the ethical issues latent in this whole topic (Tambe et al. 2019).

In all the studies on this subject, there is always one element that is at the centre of the
process, and without it, it would make no sense: the candidate.
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From here, we embarked on a novel and significant piece of research, in which we
realized that, although this is a topic that has been in vogue and widely discussed in recent
years, there are few studies that focus on how candidates perceive this type of process and
how it relates to effective attraction, involvement, and completion in R&S processes with
the help of AI technology.

Thus, the main objective of this study was to find out what the jobseeker’s perceptions
are of a process of this type and what influence this has on the process itself, an idea that
materialized in our starting question:

What are the reactions of jobseekers in Portugal to a recruitment and selection process
that uses technology containing artificial intelligence?

This study also aimed to determine whether, due to the use of artificial intelligence in
a recruitment and selection process, attractiveness, associated intrinsic rewards, perceived
novelty, and trust positively influence a candidate’s intention to get involved and complete
the process.

2. Literature Review
2.1. Artificial Intelligence

As no one individual can exclusively be identified as the inventor of AI, we must
highlight those who are the concept’s forerunners and who have brought us to the state of
the art where the term is today.

According to the Organization for Economic Co-operation and Development (OECD
2019), there is a broad consensus that the 1956 Dartmouth Summer Research Project may
have been the birthplace of AI, as at this event, John McCarthy, Alan Newell, Arthur
Samuel, Herbert Simon, and Marvin Minsky conceptualized the principles of AI.

First, Alan Turing published an article entitled Computing Machinery and Intelligence
(Turing 1950). After that, research into this subject never stopped, although the initial
ecstasy was halted by the overly optimistic prospects of the time, giving rise to what
experts call the AI winter (Smith et al. 2006) until the mid-1970s. That winter was to end in
the 1990s when data storage and processing capacity grew exponentially, so autonomous
machines began to carry out tasks that had previously been considered quite complex
(OECD 2019).

Chapman and Webster (2003) focused on how this phenomenon became increasingly
present in HR practices, but its growth and preponderance were essentially focused on
people.

Years later, Black and van Esch (2021) confirmed that this trend had materialized,
and that AI applied to R&S intensifies the competitiveness of companies, bringing talent
to them quickly and, above all, reaching passive candidates, those who are not actively
looking for work but are available to be recruited if they can be reached.

This evolutionary phenomenon has been driven by the rapid evolution of AI for
social, strategic, and financial reasons (Jain et al. 2021). From a broader point of view, this
evolution is part of what we might call the fourth industrial revolution, with new concepts
such as big data, robotics, the Internet of Things, algorithms, and digital platforms (Correio
et al. 2021).

Chernov and Chernova (2019) warned us that this growth in computer technology
would pose new challenges for current management systems, with the speed of “artificial
thinking” constantly increasing. AI’s intelligence in perceiving, analyzing, and interacting
with the environment leads it to constantly learn, which allows it to solve the most complex
problems without any human interaction (Chui et al. 2016). Managers are then faced with
their vision and decision-making capacity versus the “inhuman” capacity of the machine.

Various authors have studied the acceptance of artificial intelligence, including Gerlich
(2023, 2024). This author concluded that the preference for using artificial intelligence is
mainly due to its reliability compared with human reliability.
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2.2. Artificial Intelligence in the Recruitment and Selection Process
2.2.1. Application of Artificial Intelligence in Recruitment and Selection Processes

Traditional methods of searching for candidates, such as mass media adverts and
print advertising, are in apparent decline (Garg et al. 2021), and online recruitment sources,
known as e-recruiting, have taken center stage.

Some researchers (Chernov and Chernova 2019; Coradini and Murini 2009; Jain et al.
2021) have discussed the idea that in a globalized world where change is constant, laws,
organizations, technology, social trends, and diversity act as challenges that can alter
candidate perceptions, forcing R&S to change.

In a study by Lee (2011), he created one of the first models to explain the benefits of
integrating electronic recruitment. The researcher explained that, due to economic, social,
technological, and cultural changes, modern organizations should strategically focus on
managing technological recruitment, either because of the brutal reduction in process time
or because of its return on investment (ROI). A six to one differential (ROI) had previously
been pointed out in a study by Buckley et al. (2004). This research indicated that for every
USD 1 spent on recruitment technology, we would get a return of USD 6.

Egorov et al. (2020), in a publication on the use of chatbots in HR, pointed out that the
values that Buckley et al. (2004) used to show electronic recruitment to be the right way
to invest in R&S could be much higher because the continuous learning of AI means that,
in the future, an employee can, for example, ask a machine what the proper steps should
be for them in a leadership training program and this, according to the authors, has an
incalculable return, which led other researchers, such as Derous and de Fruyt (2016), to
state that the integration of AI into HR is a logical and naturally evolving process.

In this vein, Derous and de Fruyt (2016) explained that AI is gradually restructuring
R&S practices and processes, using technological tools that turn companies’ institutional
websites and other digital platforms into major recruitment centers.

Screening and testing processes for potential candidates are now carried out online,
and the option of interviewing/hiring employees is taken autonomously. If they are not the
first choice, these autonomous platforms place the aligned profiles in massive databases, in
a queuing logic, where, in the event of a need, all that is required is to ask the platform for
a replacement, which quickly acts as a second line option for the market (Garg et al. 2021).

2.2.2. Candidates and the Recruitment and Selection Process Using Artificial Intelligence

Although there has been little research on the subject, specifically on the relationship
between the process and the perceptions that give rise to candidates’ reactions to this type
of process, the evidence that people are increasingly using technological means is strong.
Souza and Cunha (2019) carried out a systematic literature review in which they postulated
that the use of social networks could be very close to being considered a new addiction,
with the main influence on young teenagers. In a few years, this generation will represent
the greatest mass of workers at the start of their careers and will be confronted almost
exclusively with R&S processes of the type we have mentioned.

From another perspective, Zha and Wu (2014) concluded that in digital marketing,
adverts and other forms of advertising that appear to us automatically daily when we use
our smartphones, and which are controlled by AI-enabled tools, are widely considered
intrusive and ignored by consumers. Hence, the brands with which they are associated
tend to be less considered (Miles and McCamey 2018).

Therefore, in this crucial research, we embarked on a journey to analyze, by means
of a quantitative methodology, based on broad theoretical foundations, the possibility of
candidates being attracted to processes, registering, engaging, and completing them. We
aim to pinpoint factors that would be perceived by candidates and trigger reactions, which
will lead us to draw conclusions that are materialized in the following points. Even if the
R&S process with the help of AI is more efficient and effective than its predecessor, nothing
guarantees that its real value is not limited by those perceptions that triggered reaction x or
y to the process (van Esch and Mente 2018).
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2.3. Attractiveness and Trust in a Recruitment and Selection Context Using Artificial Intelligence
2.3.1. Indirect Attractiveness Using Artificial Intelligence during Recruitment

Some of the studies carried out on this subject (Black and van Esch 2019; Ehrhart and
Ziegert 2005; van Esch et al. 2021) corroborate the idea that candidates analyze and perceive
not only the recruitment processes themselves, independently of the organizations, but
also draw from them an objective perception of what the organization is versus what it
demonstrates in terms of applicability.

Thus, candidates perceive the use or not of innovative technologies, such as AI and its
direct or indirect applications (van Esch et al. 2019), to build an image of what will perhaps
be the organizational nature of the company where they intend to make their contribution.

Therefore, when an organization uses AI in its R&S processes, this can give the
candidate the perception that they are dealing with an innovative organization (Nikolaou
et al. 2019) that is open to new realities.

Some articles (Langer et al. 2017; Meijerink and Keegan 2016) show that there is a
relationship between the use of technology in the broad sense and an organization being
perceived as more attractive by candidates. Pramod and Bharathi (2016) already studied
the relationship between organizations that used social media to promote themselves and
postulated that this made them more attractive to potential employee candidates.

Recent studies, such as van Esch and Black (2019)’s, tell us that the factors that influence
the success of an R&S process, especially with new generations, are directly related to the
engagement that is created and the use of technology that is seen as innovative (Ehrhart
and Ziegert 2005).

In the specific case of AI, its widespread use in organizational platforms, assessment
centers, and companies specializing in R&S is still relatively recent (Delecraz et al. 2022;
Hmoud and Várallyai 2019; OECD 2019; Pan et al. 2022; van Esch et al. 2021) and, as we are
dealing with sophisticated, innovative, and disruptive constructs, it is reasonable to expect
that candidates, when they recognize its use, will subsequently have the same perception
as the organizations involved.

This is the reasoning that leads us to formulate the following hypothesis:

Hypothesis 1: In a recruitment and selection process using artificial intelligence, attractiveness
positively and significantly affects the intention to apply and complete the process.

2.3.2. Intrinsic Motivation Using Artificial Intelligence during Recruitment

Intrinsic motivation can be defined as the impulse that drives us to perform an activity
(Ryan and Deci 2000), in which it can be considered that the person has so much fun that
the activity (work) in itself gives rise to a feeling of personal fulfilment and empowerment,
increasing levels of trust in the organization, combined with a feeling of greater indepen-
dence that promotes creativity, regardless of whether or not the results are expected (Black
and van Esch 2019; van Esch et al. 2019, 2021).

For Venkatesh (2000), the anticipation of using a particular technology, considered
new to users, was intrinsically motivating, so individuals’ perceptions of that technology
increased the likelihood of using it. From the perspective of Martín-Núñez et al. (2023), the
perceived learning of artificial intelligence is related to intrinsic motivation. Another study
by Fidan and Gencel (2022) concluded that students who can interact with chatbots based
on artificial intelligence have higher levels of intrinsic motivation than those who do not.

Deci and Ryan (2016) realized that the greater the anticipated intrinsic motivation, the
more likely individuals were to get involved in the associated process.

This feeling of being able to be in an innovative and creative environment will increase
intrinsic motivation, so an R&S process that uses AI technology should be perceived as
innovative, rewarding, and likely to make candidates engage and complete the process. So,
we arrive at our second hypothesis:
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Hypothesis 2: In a recruitment and selection process using artificial intelligence, intrinsic motiva-
tion has a positive and significant effect on the intention to apply and complete the process.

2.3.3. Perception of Novelty Using Artificial Intelligence during Recruitment

Some other facts discovered during the research have to do with whether novelty is a
source of direct attractiveness. A classic theory (Deci and Ryan 1985) classified novelty as a
particular type of intrinsic motivation, although more recent studies (Jeno et al. 2019; van
Esch et al. 2021; van Esch and Black 2019) have informed us that engaging in activities that
are novel to individuals can generate feelings of enthusiasm, creativity, and innovation.
These studies have proven that an activity perceived as novel can be a powerful source of
attraction and motivation.

Several studies in recent years have attempted to associate the factor of technological
novelty and relate it directly to the use of technology. According to van Esch and Black
(2019), the more the user of a given technology anticipates using a new one, the more likely
they are to be interested and involved. Other studies corroborated this theory (Wells et al.
2010), which analyzed the risk of users using or not using something new versus an old
method. The following hypothesis is therefore formulated:

Hypothesis 3: In a recruitment and selection process using artificial intelligence, the perception of
novelty positively and significantly affects the intention to apply and complete the process.

2.3.4. Trust in Artificial Intelligence-Enabled Recruitment Systems

So far, all the hypotheses have centered on the importance of novelty as a positive
influence on the constructs that lead candidates to engage in and complete an R&S process.

For Pringle et al. (2016), the use of AI in its more general scope, in the face of a society
thirsty for novelty, brings with it an incalculable number of consequences. Some will
jeopardize the process, others will improve it considerably, because innovation, and this
novelty in particular, can make some people trust the process and others anxious (Nikolaou
et al. 2019).

As can be seen in the studies of some authors who have been cross-referencing
the themes that govern this study (Chapman and Webster 2003; Deci and Ryan 2016;
Hausknecht et al. 2004; Nikolaou et al. 2019; van Esch et al. 2021), trust as a reaction factor
is not emphasized in most of the research in the area of R&S using technology, although in
other areas it is considered preponderant.

Michael Gerlich is one of the authors who has studied trust in artificial intelligence.
In one of his studies, he investigated trust in artificial intelligence compared with human
beings (Gerlich 2024), concluding that there is a preference for artificial intelligence, mainly
due to its impartiality and accuracy in contrast to low human reliability. In another study,
whose participants were academics from the United States, Gerlich (2023) concluded that
trust, breadth of application, and perceived vulnerability influence public opinion, which
can regard artificial intelligence as a blessing or a disgrace for humanity.

This study aims to directly analyze candidates’ trust in an R&S process in which AI
is used. However, it has the challenge of entering a relatively new reality where data on
whether candidates trust this type of process are limited and often held by the companies
that build the AI tools (Avelar et al. 2021; Nawaz 2020).

Another relevant study was carried out by Prahl and van Swol (2017) on recent
university graduates in the USA who, when faced with a surgical situation and having to
decide the point of view of operating theatre management, did not show a preferential
choice for counselling between a human expert and an AI. This opinion was then tested in
another variable, where participants were told that the AI had already made a mistake in
the past in an identical situation. The research postulated that, with this small change, the
participants radically changed their opinion, totally in favor of the human side.

In the opposite direction, Logg et al. (2018), confronted with all the literature against
and in favor of logical algorithms, which give rise to AI “thinking”, carried out a study in
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which they put groups of participants in a position to choose between a human and an
algorithm when advising on a highly important decision. Surprisingly, they found results
that indicated there was no aversion on the part of people to “machine” decisions, just as
this study indicates that, over time, people tend to follow the algorithm’s recommendation,
even when faced with alternative advice from highly credentialled human experts.

In line with this reasoning, Xu et al. (2020) carried out a study in the banking sector to
see whether customers preferred to be served by a human operator or by an autonomous AI
system and concluded that, for what were considered more basic tasks, customers preferred
to use AI because it is faster, more dynamic, and offers a wider range of solutions to solve
the problem. On the other hand, when faced with tasks that were becoming more complex
and individualized, customers preferred solving their problem through a human.

Because the name of this technology (AI) contains the word “intelligence,” which
tends to be seen as an exclusively human characteristic, it seems somewhat reasonable to
expect that in an R&S process, there will be people who can trust this technology associated
with the process and others who are reluctant to use it.

However, this literature review does not necessarily confirm that candidates will trust
an R&S process because it contains AI technologies, but rather the likelihood that this
increase in trust will lead to greater involvement and therefore a higher rate of completion
of the R&S process. So, we arrive at our fourth hypothesis:

Hypothesis 4: In a recruitment and selection process using artificial intelligence, trust in the
process positively and significantly affects the intention to apply and complete the process.

The following research model summarizes the hypotheses formulated in this study
(Figure 1).
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3. Methodology
3.1. Data Collection Procedure

This study was aimed at Portuguese citizens of working age. The participants were
selected through a non-probabilistic process of convenience, which, according to Marôco
and Bispo (2003), means that some of the participants were selected purely accidentally,
thus facilitating data collection.

The questionnaire was posted on the Google Forms platform and circulated on social
and professional networks, Facebook, LinkedIn, WhatsApp, and email. At the beginning
of the questionnaire, all the information about the purpose of the study was given and
it was stated that the confidentiality of the answers would be guaranteed. Participants
were also informed that their data would never be known, as it would only be processed
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as a whole. After reading the informed consent form, the participants had to answer a
question about their willingness to participate in the study. If they agreed to participate in
the study, they were directed to the questionnaire in the next section. If they did not agree
to participate, they were directed to the end of the form. In addition to the scale used in
this study, the questionnaire consisted of three sociodemographic questions (age, gender,
and academic qualifications) and a question asking whether the individuals had a clear
idea of having gone through a similar process in their personal experience. The data were
collected between January and March 2023.

3.2. Participants

The sample for this study consisted of 299 participants aged between 19 and 70
(M = 44.44; SD = 11.92). The age of participants was transformed into age groups, and four
groups were formed: up to 35 years old, 35 to 45 years old, 45 to 54 years old, and over
54 years old. Of these participants, 171 (57.2%) were female and 128 (42.8%) males. In terms
of educational qualifications, 55 (18.4%) had a 12th-grade degree or less, 143 (47.8%) had a
bachelor’s degree, and 101 (33.8%) had a master’s degree or higher. When asked if they
had ever been in a recruitment and selection process in which AI-containing technologies
were used, 53 (17.7%) said they did not know, 218 (72.9%) said no, and 28 (9.4%) said yes.

3.3. Instrument

To measure the variables under study, we used the instrument developed by van Esch
et al. (2021), adapted for this study since the “anxiety” dimension was not used. This
instrument is composed of six subscales: application process, organizational attractiveness,
intrinsic motivation, innovation, confidence in the process, and anxiety. The anxiety
subscale was not used in this study, as mentioned above. All the items in this instrument
were classified on a Likert scale (from 1 “Strongly Disagree” to 7 “Strongly Agree”). The
five subscales are made up as follows: the application process is made up of 5 items (e.g.,
“how likely am I to contact a company to find out more about a job vacancy if I know that
artificial intelligence is used in the recruitment and selection process?”); organizational
attractiveness is made up of 3 items (e.g., “I feel inspired by organizations that use new
technologies such as artificial intelligence”); intrinsic motivation is made up of 5 items (e.g.,
“applying for a job using artificial intelligence would give me valuable feelings of personal
fulfilment”); innovation is made up of 4 items (e.g., “using artificial intelligence platforms
to apply for jobs offers me new experiences”); and trust in the process is made up of two
items (e.g., “using artificial intelligence to apply for a job seems safe to me”).

An exploratory factor analysis was initially carried out to test validity. A KMO of 0.91
was obtained, and Bartlett’s test proved to be significant (p < 0.001), which indicates that
the data come from a multivariate population (Pestana and Gageiro 2003). This instrument
comprises five dimensions that explain 79.78 per cent of its total variability.

A five-factor confirmatory factor analysis was then carried out. The fit indices ob-
tained were adequate (χ2/gl = 2.06; GFI = 0.91; CFI = 0.97; TLI = 0.96; RMSEA = 0.059;
SRMR = 0.136), confirming the five factors’ existence. Composite reliability varied between
0.88 (innovation) and 0.94 (trust), which indicates that all the dimensions had good compos-
ite reliability. Good convergent validity values were also obtained for all the dimensions,
with AVE values ranging from 0.64 (innovation) to 0.89 (trust). The AVE square root values
were higher than the correlation values between the respective factors, which indicates the
existence of discriminant validity. As for internal consistency, Cronbach’s alpha was 0.90
for the application process using AI, 0.92 for organizational attractiveness, 0.93 for intrinsic
motivation to apply, 0.89 for innovation, and 0.94 for trust in the process.

As for the sensitivity of the items, all of them had responses at all points, none of
them had the median leaning against one of the extremes, and their absolute values of
asymmetry and kurtosis were below 3 and 7, respectively, which indicates that they did
not grossly violate normality (Kline 1998).
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3.4. Data Analysis Procedure

Once the data had been collected on Google Forms, it was imported into SPSS Statistics
software 29 (SPSS; IBM Corp 2021). The first step was to test the metric qualities of the
instruments used in this study. To validate the scale, exploratory factor analysis was first
carried out, the aim of which is to discover and analyze the structure of a set of interrelated
variables to construct a measurement scale for (intrinsic) factors that, in some way, control
the original variables (Marôco 2021). The KMO (Keiser-Meyer-Olkin) value should be
greater than 0.70 and the Bartlett’s test should be significant, thus indicating that the data
come from a normal multivariate population (Pestana and Gageiro 2003). Two confirmatory
factor analyses were then carried out using AMOS Graphics software 29 (SPSS; IBM Corp
2021), with one and five factors, to confirm the factor structure of this instrument (Arbuckle
2008). The maximum likelihood estimation method and the covariance matrix were used
(Russell 2002). The recommendations set out by Hu and Bentler (1999) were followed,
combining the six fit indices: chi-square ratio/degrees of freedom (χ2/gl); Tucker–Lewis
Index (TLI); Goodness-of-fit Index (GFI); Comparative, et al. (CFI); Root Mean Square
Error of Approximation (RMSEA); and Root Mean Square Residual (RMSR). For chi-square,
a value ≤ 5 was considered acceptable. For CFI, TLI, and GFI, values above 0.90 were
considered acceptable. For RMSEA, values below 0.08 were acceptable (Wright and Bonett
2002). Finally, concerning RMSR, the lower the value, the better the fit (Hu and Bentler
1999). To establish good construct validity, good convergent validity, and good discriminant
validity and to check the risks associated with common variance methods, it was essential
to obtain a good fit for the measurement model (Podsakoff et al. 2003).

Next, internal consistency was tested by calculating Cronbach’s Alpha, the value of
which should vary between “0” and “1” and should not be negative (Hill and Hill 2002). In
organizational studies, Cronbach’s Alpha greater than 0.70 was considered an appropriate
value (Bryman and Cramer 2003).

The items’ sensitivity was tested by calculating the median, minimum, maximum,
asymmetry, and kurtosis. The items’ medians should not touch any of the extremes; they
should have responses at all points, and the absolute values of skewness and kurtosis
should be below 3 and 7, respectively (Kline 1998).

The association between the variables under study was analyzed using Pearson’s
correlations. To test the effect of sociodemographic variables on the variables under study,
parametric t-student tests for independent samples and One-Way ANOVA were used. Path
analysis was used to test the hypotheses formulated in this study, carrying out multi-group
analyses according to age group.

4. Results
4.1. Descriptive Statistics for the Variables under Study

To understand the position of the answers given by the participants in this research,
descriptive statistics were carried out on the variables under study.

Firstly, as Figure 2 shows, regardless of the theoretical basis of van Esch and his team,
our research and all the information circulating on the subject, whether in the form of
published scientific knowledge such as Al-Alawi et al. (2021), Garg et al. (2021), Hmoud
and Várallyai (2019), Nawaz (2020), Nikolaou et al. (2019), Pan et al. (2022), Pramod and
Bharathi (2016), Soares et al. (2020), Tambe et al. (2019), and van Esch et al. (2020), as
well as in the varied news stories that have appeared on the subject in the national and
international media, which show us the exponential growth of this type of technology,
the overwhelming majority of participants say that they have either never taken part in a
process of this type (73.2%) or do not know whether they have or not (17.4%).

According to Table 1, the variables themselves, the intention to apply to, get involved
in, and finish the AI-enabled R&S process, organizational attractiveness, perceived innova-
tion, and trust in the process are significantly above the central point (4) of the scale.

These results indicate that the participants in this study have a high intention to apply
to, get involved in, and reach the end of the R&S process with AI-enabled technology, a high
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perception of organizational attractiveness, innovation, and trust in the process. An intrinsic
motivation to apply does not differ significantly from the centre point of the scale (4).
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Table 1. Descriptive statistics for the variables under study.

Variable t p Mean SD

Recruitment and Selection Process with AI 6.17 *** <0.001 4.55 1.53
Organizational Attractiveness 12.71 *** <0.001 5.10 1.50
Intrinsic Motivation to Apply 1.26 0.104 4.11 1.55

Innovation 10.63 *** <0.001 4.85 1.38
Trust in the Process 5.46 *** <0.001 4.52 1.63

Note. *** p < 0.001.

4.2. Effect of Sociodemographic Variables on the Variables under Study

Next, we tested the effect of sociodemographic variables on the variables under study,
using the parametric Student’s t-test for independent samples and One-Way ANOVA after
testing the assumptions of normality and homogeneity of variances.

As Figure 3 shows, male participants have a higher perception of the R&S process
with AI-enabled technology, organizational attractiveness, intrinsic motivation to apply,
innovation, and trust in the process than female participants.
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Regarding academic qualifications, as Figure 4 shows, participants with a master’s
degree or higher have a higher perception of the R&S process with AI-enabled technology
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and organizational attractiveness but a lower perception of intrinsic motivation to apply,
innovation, and trust in the process.
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Figure 4. Distribution of the variables under study according to academic qualifications.

Participants with a 12th-grade degree or less have a higher perception of intrinsic moti-
vation to apply and trust in the process. Participants with a bachelor’s degree have a higher
perception of innovation but a lower perception of the R&S process with AI-enabled technology.

As shown in Figure 5, the participants’ age has already been transformed into the age
ranges explained above. In the over-54 age group, there is a greater perception of organiza-
tional attractiveness, intrinsic motivation to apply, innovation, and trust in the process.
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On the other hand, those aged between 45 and 54 have the lowest perception of the
R&S process with AI-enabled technology, organizational attractiveness, intrinsic motivation
to apply, and trust in the process. The participants with the highest perception of the AI-
enabled R&S process are those aged between 35 and 45.

4.3. Analysing Correlations between Variables

To study the direction and intensity of the association between the variables under
study, Pearson’s correlations were used, as shown in Table 2.
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Table 2. Results of Pearson’s correlations.

1 2 3 4 5

1. Recruitment and Selection
Process with AI

--

2. Organizational Attractiveness 0.25 *** --
3. Intrinsic Motivation to Apply 0.26 *** 0.56 *** --
4. Innovation 0.29 *** 0.54 *** 0.69 *** --
5. Trust in the Process 0.32 *** 0.58 *** 0.66 *** 0.66 *** --

Note. *** p < 0.001.

The results show that the AI-enabled R&S process is positively and significantly
associated with organizational attractiveness (r = 0.25; p < 0.001), intrinsic motivation to
apply (r = 0.26; p < 0.001), perceived novelty (r = 0.29; p < 0.001), and trust in the process
(r = 0.32; p < 0.001) (Table 2).

The higher the perception of organizational attractiveness, intrinsic motivation to
apply, innovation, and trust in the process, the greater the intention to apply to, get
involved in, and finish the R&S process with AI-enabled technology.

4.4. Test of the Hypotheses

After analyzing and describing the results above regarding the evaluation of metric
qualities, the relationships between variables, and the impact of sociodemographic variables
on the variables under study, we then proceeded to study the research hypotheses that had
been identified. Path analysis was used to test the hypotheses formulated in this study,
carrying out multi-group analyses according to age group.

About Hypothesis 1 (“In a recruitment and selection process using artificial intelli-
gence, attractiveness positively and significantly affects the intention to apply and complete
the process.”), the results show that, for participants aged between 45 and 54, organizational
attractiveness has a positive and significant effect on the intention to apply to, engage in,
and reach the end of the R&S process with AI-enabled technology (β = 0.345, p = 0.010)
(Table 3). The model explains 41.1 per cent of the variability in intention to apply to, engage
in, and reach the end of the R&S process with AI-enabled technology.

Table 3. Path Analysis results by age group.

Idade Variável Independente Variável Dependente CR β p R2

Up to 35 years

Organizational Attractiveness Recruitment and Selection
Process with AI 0.011 0.002 0.991

0.060Intrinsic Motivation 0.819 0.129 0.413
Innovation 0.624 0.101 0.533

Trust in the Process 0.348 0.048 0.728

From 35 to
44 years

Organizational Attractiveness 0.077 0.013 0.938

0.138
Intrinsic Motivation −0.836 −0.161 0.403

Innovation 0.307 0.047 0.759
Trust in the Process 2.421 * 0.443 * 0.015

From 45 to
54 years

Organizational Attractiveness 2.585 * 0.345 * 0.010

0.411
Intrinsic Motivation −0.476 −0.073 0.634

Innovation 2.169 * 0.332 * 0.030
Trust in the Process 0.723 0.108 0.470

Older than
54 years

Organizational Attractiveness −0.521 −0.071 0.602

0.060
Intrinsic Motivation 0.571 0.093 0.568

Innovation 0.104 0.019 0.912
Trust in the Process 1.061 0.191 0.289

Note. * p < 0.05.
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This hypothesis was partially supported.
In turn, concerning Hypothesis 2 (“In a recruitment and selection process using artifi-

cial intelligence, intrinsic motivation has a positive and significant effect on the intention
to apply and complete the process.”), the results show that intrinsic motivation does not
significantly affect the intention to apply to, engage in, and complete the R&S process with
AI-enabled technology (Table 3).

This hypothesis was not supported.
As for Hypothesis 3 (“In a recruitment and selection process using artificial intelligence,

the perception of novelty positively and significantly affects the intention to apply and
complete the process.”), the results show that, for participants aged between 45 and 54,
innovation has a positive and significant effect on the intention to apply to, engage in, and
reach the end of the R&S process with AI-enabled technology (β = 0.332, p = 0.030) (Table 3).
The model explains 41.1% of the variability in intention to apply to, engage in, and reach
the end of the R&S process with AI-enabled technology.

This hypothesis was partially supported.
Finally, about Hypothesis 4 (“In a recruitment and selection process using artificial

intelligence, trust in the process positively and significantly affects the intention to apply
and complete the process.”), the results show that, for participants aged between 35 and 44,
trust in the process has a positive and significant effect on the intention to apply to, engage
in, and reach the end of the R&S process with AI-enabled technology (β = 0.443, p = 0.015)
(Table 3). The model explains 13.8 per cent of the variability in intention to apply to, engage
in, and reach the end of the R&S process with AI-enabled technology.

This hypothesis was partially supported.

5. Discussion

This study aimed to investigate the association between organizational attractiveness,
intrinsic motivation, perceived novelty, trust in the process, and the intention to apply for,
participate in, and complete an artificial intelligence recruitment and selection process.

Next, we will discuss the research hypotheses. As expected, Hypothesis 1 was con-
firmed since, for participants aged between 45 and 54, attractiveness positively and signifi-
cantly affects the intention to apply for and complete the recruitment and selection process
using artificial intelligence. The results indicated that organizational attractiveness is cru-
cial in determining candidates’ intention to engage in the R&S process with AI. The more
candidates perceive the organization as attractive due to the adoption of this technology,
the greater their intention to apply to, get involved in, and complete the process. These
results are in line with the literature, which states that the factors that influence the success
of a recruitment and selection process, especially for the younger generations, are directly
related to the engagement that is created using technology since this use of technology is
seen as innovative (Ehrhart and Ziegert 2005; van Esch and Black 2019).

Secondly, and as expected, Hypothesis 2 did not confirm that intrinsic motivation
positively and significantly affects the intention to apply and complete the recruitment
process using artificial intelligence. Intrinsic motivation did not prove to have a substantial
impact on candidates’ intentions. These results run counter to the literature. According to
Venkatesh (2000), the anticipation of using a particular technology that users consider new
is intrinsically motivating, and the greater the anticipated intrinsic motivation, the more
likely participants are to engage in the associated process (Deci and Ryan 2016). This may
be because intrinsic motivation is strongly correlated with the other independent variables
despite the fact that there were no multicollinearity problems. Thirdly, and as expected,
Hypothesis 3 confirmed that, for participants aged between 45 and 54, in a recruitment
process using artificial intelligence, innovation has a positive and significant effect on the
intention and completion of the process. Innovation also proved to be a crucial factor in
candidates’ intentions. This suggests that the perceived novelty associated with AI-enabled
technology plays a more prominent role in candidate motivation in contexts where this
perception is more pronounced. These results are also in line with what the literature tells
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us. In the view of van Esch and Black (2019), when the user of a particular technology
foresees the possibility of using a new technology, they are likely to become interested in it
and get involved. In this sense, candidates can perceive the use of AI in the recruitment
and selection process as a novelty (Soares et al. 2020).

Finally, and as expected, Hypothesis 4 confirmed that in a recruitment process using
artificial intelligence, for participants aged between 35 and 44, trust in the process has a
positive and significant effect on the intention and conclusion of the process. Trust in the
process positively and significantly impacted candidates’ intentions, suggesting that it
plays a vital role in candidates’ decisions. These results are in line with some studies and
against other studies carried out previously. In a study carried out in the banking sector
by Xu et al. (2020), which aimed to study whether customers preferred to be served by a
human operator or an autonomous AI system, they concluded that when the tasks were
more basic, customers preferred to use AI because it was faster, more dynamic, and offered
a wider range of solutions for solving the problem. However, when the task was more
complex and individualized, they preferred their problem to be solved by a human being.

It should be noted that contrary to expectations, for younger participants aged up to
35, organizational attractiveness, intrinsic motivation, innovation, and trust in the process
did not significantly affect the intention to apply to, engage in, and reach the end of the
R&S process with AI-enabled technology.

Despite the many reports in the national and international media on the subject, which
indicate the exponential growth of this type of technology, most of the participants in this
study say they have never taken part in a process of this type or do not know whether
they have.

5.1. Limitations and Future Studies

This study has some limitations. The first limitation is the data collection process,
which was non-probabilistic, intentional, and of the snowball type. Another limitation
is that a closed-ended questionnaire was used, which may have biased the participants’
responses. The fact that it was a cross-sectional study can be considered another limitation
since no causal relationships can be established.

Finally, another limitation was the low percentage of participants who revealed they
had participated in a recruitment and selection process using artificial intelligence.

This research opens a path for organizations to develop their perceptions and apply
what this theoretical framework indicates in practice.

The way forward will be to build real scenarios where organizations can understand
candidates’ real perceptions, their reactions based on these perceptions, and, most impor-
tantly, the reliability factor that requires experience; only after use will people’s opinions
normally reach the next stage.

In the future, other academic or organizational researchers can improve the devel-
opment of the research framework by applying experimental studies, where the idea is
to compare groups with actual experience in these processes with others who only know
traditional R&S.

In the future, with an expanded theoretical framework and after many practical tests,
we may be able to arrive at a framework of perceptions that trigger reactions in people
when confronted with R&S processes with AI-enabled technology and that are distributed
across various cultural and personal factors. Thus, “intelligent” technology may become
closer to us and understanding us, with all the good and bad that this has to offer.

5.2. Practical Implications

Organizations today are more than just places where individuals apply their knowl-
edge in exchange for a salary at the end of the month. The development of Human Capital
brought into organizations makes them competitive and differentiated; it is the real lever-
age between the past and the present. As such, we are increasingly seeing an attempt to
increase the attractiveness of workers and make quick, correct, and consistent choices.
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Now, the path seems to be defined by the modernization and increase in technologies
within organizations, a phenomenon that has no central area; quite the contrary, it covers
all sectors of the company. That is why HR, as the area responsible for the Human Capital
that enters, stays, and leaves the company, is an area where this type of integration between
technology and processes is increasingly being seen.

Concerning the process chosen as the centerpiece of this dissertation, R&S, in this case,
is always related to AI; its usefulness today is undeniable. In very recent studies such as
that by Jain et al. (2023), the integration of AI is seen as inevitable and facilitating due to its
extreme usefulness, for example, in R&S activities where information is processed in such
high volumes, which any human being would take weeks to conclude, while these tools
can perform this task in a few minutes, not resting and only producing final outputs where
the input of a human element in the process can be differentiating.

According to recent forecasts by the consultancy IDC, in its study, Futurescape: World-
wide Artificial Intelligence and Automation 2023 Predictions (IDC 2023), by the end of
2022, companies worldwide will have invested an average of 110 billion euros in pure AI
solutions or development. Analyzing the period from 2021 to 2026, the consultancy expects
this expenditure to rise to 280 billion euros, giving us an annual growth rate of around 27
per cent. To give you an idea of the scale, the same consultancy describes in its forecast
study that, if these figures are confirmed, we are looking at a growth rate of around four
times more than everything invested in IT worldwide.

So, we are facing a train that seems unstoppable. Although much of the potential of
AI in the R&S process is yet to be developed, we know in advance that people will continue
to be needed. No company will prioritize a strategy that leads them to find the “wrong
people” when they have more and more tools at their disposal that seem to have manifestly
superior results in terms of cost/results, and that to use them successfully, it will be enough
to know how to bring people and technology together.

There are many ethical standards and doubts about what the future holds, but as the
future has always been uncertain, it will continue to be.

6. Conclusions

General and specific literature was used as a starting point for this research to under-
stand the most characteristic perceptions of a candidate faced with an R&S process using
artificial intelligence.

It can be concluded that for younger participants, aged up to 35, and older participants,
aged over 54, organizational attractiveness, intrinsic motivation, innovation, and trust in
the process do not have a significant effect on the intention to apply to, engage in, and reach
the end of the R&S process with AI-enabled technology. For participants aged between 35
and 44, only the effect of trust in the process was significant. Finally, for participants aged
between 45 and 54, organizational attractiveness and innovation are relevant to boosting
the intention to apply to, engage in, and reach the end of the R&S process with AI-enabled
technology.

In this study, trust in the process proved to be relevant for participants aged between
35 and 44. It should also be noted that this is the strongest of the significant associations
with the intention to apply to, engage in, and complete the R&S process with AI-enabled
technology. This result could be related to other large-scale studies of cultural patterns,
such as Hofstede or the Globe Project, and how much our society depends on uncertainty
aversion (security) values.

Today, if an organization optimizes processes by investing in technologies that contain
or are AI-enabled, it will have to meet the most common perceptions, but that will not be
enough. Suppose the process aims to attract, recruit, select, and retain people so that they
reach the end of the process. In that case, there will have to be an effective transfer of trust
on the part of organizations, which will bring all perceptions into line, in the sense that
there will be a positive reaction to the R&S process with AI-enabled technology, which was
the aim of the study by van Esch et al. (2021) and which is reinforced by this research.
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