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Abstract

:

The use of GPR data multipath summation on data acquired over parallel study lines is presented here within the framework of a study on the effects of natural hazards on cultural heritage areas in order to image weak zones within carbonates, such as fractures and caverns. This study was realized at the archeological site of Xochicalco in Mexico, where fractures and caverns are potential sources of the degradation of the archeological remains. Dense parallel GPR study lines spaced every 0.25 m were surveyed using a 400 MHz monostatic antenna with the aim to image possible weak zones in three dimensions. We used a 2D imaging approach, namely, the method of multipath summation, which efficiently focused the scattered energy within the GPR sections. The study revealed, at depths of 1.6m and 1.8m, several linear events attributed to fractures, leading to the preliminary conclusion of this on-going project that cracks on the walls of the Quetzalcoatl Temple after a large earthquake in 2017 are prone to instability of carbonates rocks.
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1. Introduction


The ground-penetrating radar (GPR) method provides high-resolution, non-destructive imaging of shallow subsurface and, among other applications, has proved to be a valuable tool for the delineation of the internal geometry of fractures, discontinuities, and voids in rock bodies [1,2,3,4,5,6,7]. This method has been applied by several researchers over limestone, a common base-rock, which is characterized by the generation of cavities and fractures due to inner water movement resulting in a calcium carbonate dissolution process. Even though several techniques have been used to improve the detectability and detailed imaging of the GPR method of sections, such as texture attributes [8] or signal polarization studies [9], diffraction imaging is the most common technique [2].



Grasmueck et al. and Sava et al. [10,11] agree that diffracted energy needs to be focused to arrive at laterally resolved GPR images. Diffraction focusing collapses the diffractions to their apices, enhancing, in this way, the coherency and linearity of the fracture planes. Parallel GPR study lines can provide 3D GPR data imaging, which, if not densely sampled in the off-line direction (assuming a minimum requirement of a quarter-wavelength spatial sampling), is spatially aliased and requires spatial interpolation for an efficient 3D migration process. An extensive study on this drawback was carried out by Grasmueck et al. [10]. Decimation of spatial sampling in the in-line direction to avoid aliasing, or high-cut filtering as is commonly used in seismic, also decimates the diffraction information, while on the contrary, dense parallel study lines increase the acquisition time and may lead to a problematic 3D migration scheme due to the large amount of data. These are the main reasons why researchers and engineers mainly use grids with a study line spacing of 0.25 m or, in exceptional cases, down to 0.1 m, mainly when using multi-antenna equipment.



This has led to the commonly employed 2D migration schemes, free of diffraction focusing in the off-line direction, which have been proven to provide a weighted result between acquisition and processing time on the one hand and efficient 3D imaging on the other. What is common in both 2D and 3D migration processes and is unfortunately taken for granted in all of the above references is the need for an efficiently detailed velocity model of the subsurface. Velocity models for sufficient migration outputs may be extracted by multi-offset GPR data, which require time-consuming acquisition and are also characterized by the use of the conventional processing approach used in seismic reflection methods [12,13]. As the most commonly used data acquisition method is the common-offset technique, adequate velocity models cannot be extracted, even though several approaches such as average velocity values based on ground truth [14,15] or hyperbola fitting over diffractions [16] have been reported.



An efficient migration velocity model for diffraction focusing is the multipath summation process, which involves the stacking of constant velocity migrated sections [17,18]. Still, this approach requires subjective picking in its last stages. Multipath summation was negatively evaluated as a direct imaging method by Merzlikin and Fomel [17], because of the increased blurriness of the constant velocity-migrated stacked images. Economou et al. [19] presented a diffraction focusing strategy to circumvent the picking subjectivity and degraded GPR sections due to both frequency-dependent attenuation effects and the decrease of the dominant frequency, consisting, in the summation, of constant-velocity migrated images. This 2D imaging strategy does not require to explicitly build EM migration velocity models and involves, except for conventional processing steps, the weighted stacking of sequentially constant velocity migrated sections over a range of EM velocity values and time-varying spectral whitening, with the aim to enhance both the lateral and vertical resolution.



GPR has been extensively used for the study of cultural heritage sites [20,21,22]. Herein, we present the use of GPR data multipath summation on data acquired over parallel study lines, within the framework of a study on the effects of natural hazards on cultural heritage areas in order to image weak zones within carbonates, such as fractures and caverns. This study was realized at the archeological site of Xochicalco in Mexico, where fractures and caverns are potential sources of degradation of the archeological remains. First, we present the site description and describe the geology of the area, followed by the geophysical acquisition and data processing details. Then, we present the proposed GPR imaging results of the methodology, further commented on in the discussion section, and, lastly, the conclusions of this work.




2. Site Description and Geological Setting


The archaeological site of Xochicalco, whose name means “Place of the House of flowers” in Nahuatl [23], is a fortified site from the Epiclassic period (650–900 BCE) that was built primarily as a regional ceremonial and administrative center [24]. It was declared a World Heritage Site by UNESCO in 1999.The site is located in the western part of the Mexican state of Morelos at a latitude of 18°48′14.02″ N and a longitude 99°17′47.69″ W; it is at 1354 m a.s.l., approximately 123 km by road from Mexico City. The site is on top of a low calcareous mountain group in the western valley of the state of Morelos, 60 km southwest of Mexico City. Xochicalco is located in one of the poorest agricultural regions of the state, covered by thin and rocky soils (Leptosols) with little retention of humidity. From a climatic point of view, the region is classified as warm sub-humid with rains in summer [25], with a cumulative annual precipitation of 1054.96 mm and an average annual temperature of 22.87 °C, with a maxima of >30 °C in April and May and a minima of 18 °C in December.



Geologically, the substrate is formed by pelagic limestones (calcilutites, calcilimolites, calcarenites, and flint nodules) and breccias of Xochicalco Formation [26], of Mesozoic age (Middle Cretaceous: Barreniano-Aptiano) [27]. By their nature, carbonate rocks are subject to hydrochemical erosion (dissolution and cavern formation) (Figure 1a). For example, at the Xochicalco site, there are two caverns with anthropic modifications evidenced by an artificial hole or “chimney” from the cave to the ground above for astronomical observations (Figure 1b).



An earthquake in 2017 revealed cracks on the remaining walls of the Quetzalcoatl Temple, despite the absence of visible faults in the area. The aim of this geophysical research was to image weak zones within carbonates rocks, such as fractures and caverns, in the area where the archaeological site of Xochicalco is located, since these features are potential sources of instability for archaeological buildings.




3. Acquisition and Processing of GPR Data


For the geophysical measurement acquisition, the GSSI GPR system SIR-3000 with a 400 MHz monostatic shielded antenna was employed (Figure 2). The GPR measurements were conducted in front of Quetzalcoatl Temple covering a surface of 34 × 20 m. For 3D acquisition, 34 m-long parallel study lines were surveyed along a south–north orientation with lines spaced every 0.25 m. The trace interval and time window were 0.02 m and 100 ns, respectively.



For the initial processing of the GPR data, the software package of Radlab (written in MATLAB) developed at the Institut Terre et Environnement de Strasbourg and dedicated in-house MATLABcodes developed at the Applied Geophysics Lab. of the Technical University of Crete were utilized. The processing sequence involved time-zero shift, low-frequency removal or DC filtering (dewow), a background filter of 200 traces, band-pass filtering of 200–600 MHz, and, finally, amplitude gain (linear and/or exponential). We determined an average electromagnetic (EM) wave velocity of 0.095 m/ns by analyzing different diffraction hyperbolas, which indicated a soil with moderate humidity. For the three-dimensional (3D) presentation of GPR data, we used ReflexW software.



The initially processed GPR sections’ data were input into a multipath summation sequence approach, as described by Economou et al. [19], and involved the following processing steps for each of the GPR sections: (1) Application of constant-velocity F-K migrations; (2) estimation and assignment of a weighting factor for each migrated section, with which it contributes to the final stack; (3) weighted stacking of the time migrated sections; and (4) post-multipath summation time-varying spectral whitening of the stacked section.



The velocity range of the constant velocity migrations for the first processing step was set to 0.04–0.24 m/ns. The constant velocity value utilized for each migration was altered every 0.005 m/ns, which concluded with 33 constant velocity sections. Each constant-velocity migrated section was evaluated regarding the focusing of the diffractions. This was implemented by the estimation of the local slopes using the local plane-wave equation [28].


    ∂ P   ∂ x   + σ   ∂ P   ∂ t   = 0  



(1)




where P is the wave field, x and t are the space and time variables, and σ denotes the local slope. Sections with unfocused diffractions were expected to have higher standard deviation (std) values of the local slope distribution in comparison to the efficiently migrated sections, as the former included much more local slope values that are far from zero due to the diffraction branches energy not gathered to the apices. Let the reciprocal value of the std of the local slope distribution, si, be si′. If s′ and Gu are vectors containing all values of si′ and Gui, then Gu can be estimated by (Step 2):


   G u  =    s ′  − min (  s ′  )   max [  s ′  − min (  s ′  ) ]    



(2)







The function Gu, based on Equation (2), is considered the vector containing the weights, one for each velocity value, with which each constant velocity migrated section contributes to the final stack implemented by:


   B  w , x , t   =  1    ∑  i = 1  N    G   u i          ∑  i = 1  N   [  A  x , t ,  u i     G   u i      ]  



(3)




where Ax,t,u is the migrated GPR section using a constant velocity value, u. Economou et al. [19] observed that the Gu function has a Gaussian-like shape, but it is still not a Gaussian. This means that after a minimum weight value at low-velocity values, followed by a maximum, a minimum occurs again as the weights become very low. After this second minimum, the weights start gaining higher values again. This is because over-migration, after a point, tends to transform the local slopes closer to zero, thus decreasing the std values. Therefore, an assessment of the weights must take place before multipath summation in order to choose the optimum velocity range, avoiding, at the same time, the use of all of the velocity values utilized, which would somewhat blur the result. An example for this is given below in the description of Figure 3. Within the weighted multipath summation section, Bw,x,t, the moving hyperbola branches, are expected to introduce lower energy in comparison to the apices. This concludes on processing Step 3. The final processing step involves time-varying amplitude spectral shaping, which is implemented in the t-f domain, using S-transform [29,30]. The main idea is to construct a reference amplitude spectrum, based on which the spectral shaping transforms the trace time-gated spectra to higher dominant frequency harmonics.



More details on the implementation of the multipath summation methodology can be retrieved from [19].




4. GPR Imaging Results


A representative GPR section after the initial processing steps over a study line at the center of the grid is depicted in Figure 3a. By applying constant-velocity migration using all of the velocity values as depicted in the horizontal axis of Figure 4a, namely, from 0.04 to 0.24 m/ns, with a 0.005 m/ns step, the std of the local slopes of the migrated sections were calculated (Figure 4a). After linear detrending, the normalized inverse std values of the local slope distribution of each constant-velocity migrated section are shown in Figure 4b, using Equation (2). By assigning the specific weights of Figure 4b to each one of the constant-velocity migrated sections before stacking them, the stacking procedure for a range of velocities from 0.04 to 0.155 m/ns (Equation (3)) resulted in well-focused diffractions (comparison of Figure 3a,b), while on the contrary, blurriness from both the migration and the stacking procedure is evident. This can be circumvented by time-varying spectral whitening (Figure 5). The spectral whitening algorithm balances the amplitude spectrum in time gates of 1.5 times the duration of each trace in such away to achieve a dominant frequency up to 1.5 times its initial dominant frequency [23].



Each GPR section of the grid underwent the aforementioned procedure and the result of the proposed methodology is highlighted by selected envelope depth slices. Considering a mean velocity of 0.95 m/ns, we imaged depth slices at a depth of approximately 1.6 m (Figure 6) and 1.8 m (Figure 7). The depth slice at a depth of 1.6 m, shows the focused energy of the diffractions, indicating the linear response of fractures at this depth (Figure 6a). The blurriness that was introduced by the migration and the stacking procedure was avoided by time-varying spectral whitening, which increased the resolution of the multipath summation depth slice, delineating, in this way, limestone fractures in more detail (Figure 6b). A similar response was imaged at a depth of 1.8m by the proposed methodology (Figure 7a), with time-varying spectral whitening increasing the resolution in a similar and sufficient way. Figure 8 depicts the details of Figure 7. Time-varying spectral whitening, by increasing the temporal resolution, focused the signal’s strength in terms of time and depth, which resulted in the suppression of the relatively lower dominant frequency contribution, increasing, in this way, the linearity of the events of interest.



Even if the results of this methodology did not correspond to a specific velocity value, the desired diffraction focusing was implemented for almost all of the section. Moreover, this method avoids the drawback of the accidental involvement of diffraction multiples by the user, as it does not estimate migration velocities, but instead examines the degree of focusing.



We avoided a 3D migration approach because of the large computational time needed and the aliasing that may arise due to insufficient interval of the study lines. Thus, our 2D migration approach does not deal with out-of-plane diffraction energy. It is in our future plans, though, to create a similar methodology that considers diffraction as a 3D phenomenon.




5. Discussion


A multipath summation GPR imaging strategy was presented by Economou et al. [19], with the aim to focus the GPR sections with a large amount of scattered energy. We followed this methodology and applied it with a 3D imaging objective for data acquired in dense parallel study lines. We demonstrated the efficiency and applicability of this methodology for dense GPR data, as one of its main characteristics is the avoidance of a user-applied velocity analysis and a migration velocity model building, which was unfeasible for a large amount of data. With the aim of enhancing both the lateral and the temporal resolution of GPR sections, we applied this methodology, which focused the diffractions without the need to involve the estimation of a velocity model. Furthermore, it whitened the data to restore the signal’s attenuated high-frequency harmonics. The estimation of an efficient contribution of each constant velocity migrated section to a final stack is useful in a 3D imaging approach, as presented here, because the method automatically estimates the appropriate summation weights, leaving for the user the choice of the optimum velocity range in which stacking will occur for the whole data cube. Herein, for example, the velocity range of 0.04–0.155 m/ns was set the same for all sections, but with automatically estimated different weights for each velocity value and for each section.



Finally, automation is needed at two distinct points to reach a fully adaptive methodology. Namely, at the stage where the user chooses the optimum range of weights to be used for stacking, as mentioned above, and at the spectral whitening stage, where the user should interfere, among other parameters, in the desired shape of the results’ amplitude spectrum. For the former, a procedure is needed that avoids unnecessary migrations and reaches the optimum weight range adaptively, while for the latter, adaptive spectral scaling approaches should be involved.



The scope of this field work was to identify weak zones in the carbonate rocks above which the Quetzalcoatl Temple was built. Using a 2D imaging strategy, effort was made to image possible fractures and their form in three dimensions. The detected linear anomalies are attributed to possible fractures that may have affected, or may further affect in the future, the stability of the remains on the surface. Further geophysical and geotechnical research should be applied in order to fully assess the stability of the base rock and the possible effects on the remains themselves.




6. Conclusions


The objective herein was to image weak zones within the base rock at the archeological site of Xochicalco in Mexico, which are potential sources of the degradation of archeological remains. The GPR method imaged linear events attributed to possible fractures in the carbonate rocks in front of the Quetzalcoatl Temple. Parallel study lines were surveyed on a grid of 34 × 20 m. We demonstrated the use of an imaging strategy for diffraction focusing of 2D zero-offset GPR data without the need to explicitly build either several 2D models or one 3D model with migration velocity values, in order to image fracture anomalies in three dimensions. Despite having a high degree of adaptiveness, it requires the user’s interference for both the choice of the multipath summation stacking weights and the spectral whitening parameters. The last processing acts as the final step for deblurring the migration and stacking effects. The utilized method efficiently focused the scattered energy and enhanced the lateral continuity of events, aiding, in this way, the establishment of preliminary conclusions for this ongoing project. At depths of 1.6 m and 1.8 m, several linear events attributed to fractures were imaged. Together with a lack of visible faults in the area, they initially indicate that cracks on the remaining walls of the Quetzalcoatl Temple, after a large earthquake in 2017, are possibly prone to the instability of carbonate rocks, which denotes the need for further geophysical and geotechnical investigation.
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Figure 1. (a) Stratification planes, joints, and fractures enlarged by the hydrochemical dissolution process; (b) cave with anthropic modifications in the ceiling for astronomical observation. 






Figure 1. (a) Stratification planes, joints, and fractures enlarged by the hydrochemical dissolution process; (b) cave with anthropic modifications in the ceiling for astronomical observation.
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Figure 2. In front of Quetzalcoatl Temple, 81 profiles spaced 0.25 m apart were acquired with a 400 MHz antenna. The orientation of the profiles is S–N (a). Aerial view of the Xochicalco archaeological site showing the surveyed area in front of Quetzalcoatl Temple, where 81 profiles spaced 0.25 m apart were acquired with a 400 MHz antenna; the orientation of the profiles is S–N (b). 






Figure 2. In front of Quetzalcoatl Temple, 81 profiles spaced 0.25 m apart were acquired with a 400 MHz antenna. The orientation of the profiles is S–N (a). Aerial view of the Xochicalco archaeological site showing the surveyed area in front of Quetzalcoatl Temple, where 81 profiles spaced 0.25 m apart were acquired with a 400 MHz antenna; the orientation of the profiles is S–N (b).
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Figure 3. A representative GPR section after initial processing (a). The data of this section after multipath summation and depth conversion with V = 0.095 m/ns (b). 
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Figure 4. The local slopes’ std values for each constant velocity migrated section (a) and the corresponding weights, evaluated using equation (2) after linear detrend, with which these sections contribute to the final stack of Figure 3b (b). 
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Figure 5. The multipath summation depth section depicted in Figure 3b after time-varying spectral whitening. 
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Figure 6. Horizontal depth slices depicting the envelope at a depth of 1.6 m after multipath summation (a) and after time-varying spectral whitening (b). 
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Figure 7. Horizontal depth slices depicting the envelope at a depth of 1.8 m after multipath summation (a) and after time-varying spectral whitening (b). Color scale is the same as in Figure 6. 
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Figure 8. Details of the horizontal slices depicted in Figure 7. Details of Figure 7a (a) and Figure 7b (b) (extend indicated by the dashed black lines). Detail of Figure 7a (c) and Figure 7b (d) (extend indicated by black dotted lines). Color scale is the same as in Figure 6. 
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