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Abstract

:

In marketing, there is a notable lack of models, which leads to the loss of potential customers since there is no feedback for improvement in the marketing strategy. In the face of the Internet revolution, this study used digital channels and interaction to achieve potential customer retention through a Funnel; this allowed a potential client to go through the acquisition, conversion, and retention stages. In addition, activities were developed that allow the potential user to become a retained client. Thus, considering the stages of a marketing strategy, a non-probabilistic sample was used, composed of a pre-test period with 1088 users and a post-test period with 1450 users. Overall, there was a significant improvement in the time a client remained observing the website per session, with a 20.6% efficiency; furthermore, there was a 36.25% efficiency increase of the user conversion process per session in the digital channel. Likewise, a 46.43% efficiency increase was measured in visits to the digital channel, which confirms that the proposed marketing strategy significantly improves previous marketing strategies. Therefore, it is concluded that the proposal based on the elements of insight aligned with the measurement proposed by Google Analytics Key Performance Indicators, which was used to test and observe the improvements to continue the feedback, taking advantage of the characteristic of the digital channel with its two-way participation.
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1. Introduction


In marketing, insight has emerged as a multidisciplinary field whose objective is to assess consumers’ cognitive and emotional responses to marketing presentations, and stimuli [1,2]. Business models are not established in many Peruvian organizations, limiting their ability to achieve their strategic objectives. With the emergence of the technological revolution, these organizations are using projections to meet their objectives in order to attract and retain new customers.



Vetoncilla Maestre [3] mentioned the need to introduce experience based on historical data into marketing plans, which provides feedback and improves the strategy. However, this has not yet been implemented in most Peruvian universities’ marketing plans and has not been deployed in advertising directed to the potential customer. On the other hand, social networks and digital channels have given the user/customer a new potential, which is to interact with other people who work for the seller, providing information that was not achieved through traditional means. For this reason, the Internet revolution has transformed the way of selling and other interactions that result in profits for both the seller and the buyer [4].



There is a problem of lack of information from admission promoters in Peruvian universities, which makes the marketing system inefficient. Therefore, an innovative formula is sought to know the customer through elements such as the information provided by digital channels in order to obtain a more in-depth knowledge of the customer. This paper proposes a marketing strategy that seeks to change how the University presents academic services. This study was conducted at the Universidad Peruana Unión (UPeU), where there is no smart marketing strategy to attract and retain potential customers, which will help position the brand and could lead to greater future profitability. In particular, a model called RECONAC (Retention, Conversion, and Acquisition) is proposed to guide the interaction and adoption among customer acquisition, conversion, and retention.



The remainder of the paper is organized as follows. Section 2 provides a literature review on the marketing strategy components. Section 3 shows the dynamics of the proposed marketing strategy for university students’ interaction and adoption. Section 4 presents the results that were obtained based on the proposal. Finally, Section 5 provides the main conclusions and some possibilities for future work.




2. Theoretical Framework


2.1. Antecedents


Schmidt [5] analyzed and evaluated the websites of different hotels in Spain, Brazil, and Portugal to determine the factors that make the digital channel a medium with personalized, direct advertising with key information about the service or product, which positively impacts new customers’ acquisition, retention, and the volume of sales.



Later, Castillo [6] conducted another study to develop a model to achieve “customer-centered management”; this model consisted of improving the client’s participation in the sales process through an offer, where the design of the product, including its price and characteristics, was more personalized. Participation is improved through the use of online and offline channels. Likewise, they aimed to generate customer satisfaction through their participation in the sales process, which is related to the trust generated, consequently, with attitudinal loyalty [6,7]. In this study, they surveyed 495 women, wanting to understand the post-sale experience in order to understand essential factors in the purchase decision. They also used insight techniques as an emotional factor in their model.



Sivasubramaniyam et al. [8] presented an investigation of the explanatory level that uses the validity and reliability of the satisfaction measure by performing a factorial analysis, in terms of the preferences of characteristics of travelers who tend to feel satisfied when they use their usual means to travel, understanding the factors that make them feel satisfied with the services they rent during their experience. On the other hand, Izquierdo Yusta et al. [9] mentioned that the process of adopting a tourism service achieved client retention thanks to the strategy based on the technology acceptance model service, which reported 759 satisfied tourists for the service provided through the Internet.




2.2. Loyalty and Self-Realization


Maslow’s theory holds that a person has the ability to achieve his or her growth and freedom to choose his or her destiny. In this theory, human needs are ordered hierarchically in the form of a pyramid, starting with basic needs and then the deepest ones until reaching self-realization [10]. Therefore, considering Maslow’s theory, it is essential to provide customers with objective information about the product, responding to their needs.



Some cases have been reported in the literature in which Maslow’s philosophy has been used to build customer loyalty. Schlesinger et al. [11] mentioned that the interaction between graduates and the university was significant; in a survey conducted, they obtained a good perception of the loyalty of the graduates and a good relationship between the graduates and the organization. Meanwhile, Villarejo-Ramos et al. [12] found that adults have a greater affinity for online shopping; they applied a latent class model that allowed them to establish three profiles based on adult Internet users’ interaction.




2.3. Brand Adoption


According to Klaric [13], the way the user perceives the brand will determine the adoption process’s depth. This process has a bidirectional depth on the customer’s side, which starts from the customer’s perception of the product and the person who designs the advertising information when it is delivered. The customer’s perception of the product involves its level of adoption and acceptance, ranging from the basic (logical) to the deep (emotional). On the other hand, whoever designs the advertising information delves into the product’s presentation levels. Presentation levels are intended to satisfy basic needs described by Maslow and even respond to needs of which the user had not even been aware. According to Klaric [13], the levels of brand adoption that respond to the needs established by Maslow are described as follows.



	
Basic insight: It responds to the needs stipulated in the first level of Maslow’s pyramid. The information gives the functionality of the product and its logic in its benefits.



	
Low insight: It seeks to present aspects that mark the difference from other products, adding some emotional elements.



	
Deep insight: It seeks the independence of the person in relation to the problem he/she needs to satisfy, to understand the depth of the human subconscious according to the upper level of Maslow’s pyramid. In addition, the emotional element is capitalized and seeks to respond to the human brain’s need for self-realization; this type of perception often becomes a symbolic code, which in some way becomes a general characteristic of consumer behavior.







2.4. Design Key Performance Indicator and the Strategic Part


Google Analytics is the most widely used digital analytics tool for websites in the world [14]. Key performance indicators (KPIs) are a method by which the performance of something can be calculated [15]. A website can be evaluated by numerical KPI values, which can be calculated and compared over time. KPIs show each website’s strengths and weaknesses and significantly help maintain, improve, and optimize websites.



One of the purposes of a strategic plan is integrating KPIs [16]. Järvinen and Karjaluoto [17] established that a business becomes intelligent to the extent that it integrates with its management using key indicators that enable diagnoses of the processes. In this sense, it is important to set a process that can be measured for the progress of business objectives, ensuring the marketing strategy’s success.



On the other hand, García-Fernández [18] mentioned that a business indicator defines and measures progress towards goals; in addition, it allows innovation in the decision process, which is based on knowledge management and helps in quality decision making. The activities related to the design of the KPI are the following:




	
Measurement: This consists of modeling indicators on tools that capture information from digital media, departments, or other sources about consumption, customer behavior, and attitudes towards the brand.



	
Analysis: This function is directly related to the ability to observe the data and obtain timely conclusions; it is important to have sufficient information and tools that can take advantage of this condition.



	
Report: This can express the results in graphs, numbers, and with a frequency according to the need and urgency of the analysis.









2.5. Measurement Indicators


Chivu and Antoce [19] applied the conversion rate indicator to manage the integration between the knowledge applied to marketing campaigns and the monitoring with this knowledge’s feedback. This indicator is calculated based on the number of transactions and the traffic of published product information. In addition, Gupta et al. [20] mentioned customer adoption, which is measured through KPI, using some decision technologies that make business growth measurable.




2.6. Insight


Psychology and anthropology have contributed significantly to marketing since these areas of knowledge develop an analysis of the human being from the focus of their personality, brain behavior, and activated areas of stimuli. All this added to their tastes and emotions, which have been the source to redefine the marketing objectives, apply new methods and techniques that have redesigned and customized the final product, achieving a better consumer experience and an improved relationship with the brand, so it is worthwhile to propose new strategies considering all these theories [21,22,23].



In terms of brand positioning, the generation of memory in published content is closely related to emotion and attention, which was applied by Tapia-Frade and Martín-Guerra [24] in studies associated with the analysis of consumers’ minds. This was corroborated by Castro [25], who used used tools such as contrast and color in their insight model as a basis for formulating visible information, as a stimulus to improve levels of attention.



In addition, Sebastian [2] highlighted that insight allows the decision-making process to be explored through tools that analyze the impulses of the human brain, such as higher-level knowledge, because it is not mixed with subjective data at the time of receiving image stimuli about the product, which allows for better knowledge of the customer and activation of various areas.



Likewise, Roth [26] addressed the consumer’s insight through a comparative study between different strategies, from classical to neuroscientific ones. Specifically, using encephalography, he stated that the customer’s selection process among different product options is emotional and driven by the experiences that the consumer associates with a type of product and relates it to its benefits.



There are several ways to study insight; in this sense, the goal is for the subconscious’s information to efficiently reach the conscious. According to Pradeep [27], our senses receive about eleven million bits of information per second, which passes and is stored in the subconscious. Our conscious system, the one that processes the information, can only receive 40 bits of information per second. With insight, it is trying to achieve reaching those 40 bits of information.





3. Methodology


This paper proposes a funnel to achieve the retention of potential customers, which interact with the UPeU through digital channels. In particular, a model called RECONAC (Retention, Conversion, and Acquisition) is proposed to guide the interaction and adoption between among acquisition, conversion, and retention. Figure 1 shows the proposed model, where, between acquisition and conversion, there is interaction with potential clients, and between, conversion and retention, there is adoption, which is supported by the marketing strategy (insight) that is deployed in three constructs: remembrance, attention, and emotion.



According to the marketing framework, the mathematical formula that describes the customer retention was used, which is defined by   f : I  R 3  →  { 0 ; 1 }   , whose correspondence rule is   f ( A , E , R ) =   retained client, where A means attention,  E  is emotion, and R is remembrance, with values 0 and 1 denoting not retained client and retained client, respectively. The marketing strategy had a test period. In that sense, before implementing the proposal in the channel, it is necessary to perform a pre-test to measure the channel’s interaction and adoption, using Google Analytics KPIs; thus, the user interaction before the strategy is disclosed. Based on the pre-test results, a marketing strategy was designed for the channel. Subsequently, implementing the new features in the digital channel, a test period called post-test was carried out, where the user interacts, giving improvements in the Google Analytics indicators. In this post-test improvement process, digital analytics was used, consisting of KPI Google Analytics’ goals strategy + RECONAC.



3.1. Model Indicators


The following are the indicators of the model:




	
TimeOnPage provides the amount of time the user spends on our web page.



	
Depth is expressed in the number of pages, which is the user’s path when he or she searches each page through the links provided.



	
BounceRate results in the number of people leaving the site after visiting our home page: BounceRate = bounces/ga = entrances.



	
Goalconversionrateall is the number of goals reached by a user in his or her session (the measure is given according to the user).



	
Goalcompletionsall is how many visitors completed all the required elements when a goal is defined (the measure is given according to the goal).



	
GoalValue s is the monetary value to reach an achieved objective; this variable counts the number of objectives that have generated profits. If the value is 3, this is multiplied by 5 dollars; therefore, the result is 15 dollars earned in that session.









3.2. Sample


In the present study, a non-probabilistic sampling was used. The pre-test was measured from January to March 2018, in which 1088 interactions with the web were obtained. The post-test was conducted from April to December 2018, and 1450 interactions were obtained. In both cases, the sample consisted of potential customers interested in studying a professional career in computing. In addition, the users coming from the pre- and post-test had the demographic description shown in Figure 2.




3.3. Operationalization of Variables and Indicators


The quality of interaction and adoption by potential customers is a dependent variable. Rodríguez-Martínez et al. [28] gave an exact conceptualization about the variable under study, which consists of relevant aspects that the user observes through the website’s characteristics, the channel where they usually interact. These factors are related to the information architecture and usability criteria and allow practical access and knowledge of the environment.



The independent variable is the marketing strategy expressed in customer insight. It consists of taking into account the psycho-physiological responses of consumers as variables in the decision-making process. It is a question of studying and understanding the effects of advertising on the brain and the extent to which it affects the behavior of potential customers [29]. In this sense, one of this work’s contributions is that surveys are not used, which can sometimes be a subjective instrument. The non-subjectivity of the users is important in marketing studies, and, for that reason, the automated Goals provided by Google Analytics was used as a source of information regarding user interaction.




3.4. Research Instrument


A Google questionnaire validated by expert review was used, which considered the categories of attention, recall, and emotion, as well as aspects of acquisition, conversion, and retention indicators (see Figure 3). In addition, the reliability of the instrument was analyzed using Cronbach’s alpha coefficient, obtaining a value of 0.97, confirming its reliability.




3.5. Statistical Analysis


The variables provided in Section 3.1 were statistically summarized using absolute frequencies and proportions; besides, point estimates were used. The fit to a normal distribution was evaluated with the Shapiro–Wilk test. Likewise, Student’s t-test was used to evaluate the differences before and after implementing the proposed marketing strategy, which was statistically significant (p-value < 0.05). All analyses were performed using SPSS 23 statistical software.





4. Results


4.1. Strata


At the pre- and post-test levels, the Google Analytics criteria were used to determine two strata, as shown in Table 1 and Table 2, respectively.




4.2. The Time the Customer Spends in the Pre- and Post-Testing Phase


This describes the number of seconds a user was in our information channel. Table 3 shows that the average page time per session in pre- and post-test is 130.57 and 164.52 s, respectively, which makes a difference of averages of 33.95 s, representing a 20.6% increase in the efficiency of marketing’s emotional strategy.




4.3. Pages Visited per Session (Client Conversion Process)


In Table 4, it can be seen that the number of pages visited per session in pre- and post-test is 102 and 160, respectively, which makes a difference in averages of 58 visits, representing 36.25% for the efficiency of marketing’s emotional strategy.




4.4. Number of Visits That Achieved a Digital Goal


The confidence generated by the published information, with a favorable reaction when observing that the needs are answered in the published message about the service, reveals a high conversion rate, which is shown in the actions that the client makes in the digital channel, such as providing their personal data, interpreted as an objective achieved. Table 5 shows that the number of visits that completed all the post-test objectives was 28, which represents 46.43% for the efficiency of marketing’s emotional strategy and can be considered a very good increase.




4.5. Retained Clients


Table 6 shows the retention of clients per page visit, in percentage terms; this confirms the marketing model’s relevance and its influence on users’ interaction (see Figure 4). In this sense, three hypotheses were put forward, supported by a model of structural equations. The first one has to do with the intelligent and emotional strategy of marketing: If the institution implements the emotional intelligence strategy of marketing supported by a structural equation model, then there will be an increased user acquisition potential for the degree programs at the UPeU in Lima.



Likewise, the second one has to do with marketing’s Intelligent Attention Strategy: If the marketing intelligent attention strategy is implemented, supported by a structural equation model, then the number of objectives achieved by a user in his/her session will increase at the UPeU in Lima.



Finally, the third hypothesis is focused on the intelligent strategy of reminders, which is part of marketing: If the intelligent marketing reminder strategy is implemented, supported by a structural equation model, then the number of page views per user in their session will increase at the UPeU in Lima.



As a result of the proposed method, of the 1450 potential clients at the three UPeU sites, 58.7% visited 2 pages, 22% visited 4 pages, 6.8% visited 3 pages, 5.5% visited 6 pages, 2.8% visited 8 pages, 2.1% visited 5 pages, 0.6% visited 10 pages, 0.3% visited 12 pages, 0.2% visited 11 pages, and and 0.1% each visited 9, 14, 15, 18, and 42 pages. This confirms that the marketing model was relevant in the interaction and adoption of potential clients at the three university locations.





5. Conclusions


In this work, a new method called RECONAC is proposed to achieve user insight. Google Analytics metrics and goals were used to improve the proposal. The study’ variables were analyzed through structural equations, with the information provided by data analysis and modeling of an advertising proposal based on marketing strategies. The digital channel handles information that appeals to the user’s remembrance and inspires them to get a career according to their needs. Thanks to user post-sale experience, their retention is achieved, and they become brand evangelists.



The results obtained confirm the marketing model’s relevance in adopting and interacting with the UPeU’s potential clients in its three locations. The proposed model managed to increase website users’ acquisition who are potential customers for institutional purposes. One indicator is in the significantly influenced time on pages per session, leading to a 36.25% efficiency increase for the process. Likewise, this improvement increased the channel’s performance, as measured through the increase in the number of objectives achieved, which were modeled through Google Analytics.



Finally, it is concluded that the proposed marketing strategy significantly influenced the number of users who completed all objectives with a 46.43% effectiveness of the process. Likewise, the retention of potential clients from the three university sites was improved.
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Figure 1. Insight RECONAC model. 
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Figure 2. Demographic description: (a) pre-test; and (b) post-test. 
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Figure 3. Methodological model of the research. 
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Figure 4. Comparison of clients retained by visits in the pre- and post-test. 






Figure 4. Comparison of clients retained by visits in the pre- and post-test.



[image: Applsci 11 02131 g004]







[image: Table] 





Table 1. Pre-test: Time a customer spends watching the product.
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	Search Type
	Proportional Weight
	Sample





	Strata 1
	Organic search user
	23.73%
	258



	Strata 2
	Direct search user
	76.27%
	830










[image: Table] 





Table 2. Post-test: Time a customer spends watching the product.
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	Search Type
	Proportional Weight
	Sample





	Strata 1
	Organic search user
	20.70%
	300



	Strata 2
	Direct search user
	79.30%
	1150
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Table 3. Time a customer spends watching the product.
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	Minimum
	Mean ± Standard Deviation
	Median
	Variance
	Maximum
	Valid
	Missing





	TP/session Pre
	0
	130.57 ± 327.642
	26
	107,349.556
	4885
	1088
	362



	TP/session Post
	0
	164.52 ± 379.723
	30
	144,189.891
	4368
	1450
	0
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Table 4. Pages visited per session.
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	Pre-Test
	Frequency
	Percentage
	Post-Test
	Frequency
	Percentage





	0
	486
	44.67%
	0
	851
	58.69%



	1
	400
	36.76%
	1
	99
	6.83%



	2
	128
	11.76%
	2
	319
	22.00%



	3
	46
	4.23%
	3
	30
	2.07%



	4
	13
	1.19%
	4
	80
	5.52%



	5
	6
	0.55%
	5
	6
	0.41%



	6
	3
	0.28%
	6
	41
	2.83%



	7
	1
	0.09%
	7
	2
	0.14%



	9
	1
	0.09%
	8
	9
	0.62%



	11
	1
	0.09%
	10
	3
	0.21%



	16
	1
	0.09%
	12
	5
	0.34%



	17
	1
	0.09%
	13
	1
	0.07%



	21
	1
	0.09%
	14
	1
	0.07%



	-
	-
	-
	15
	1
	0.07%



	-
	-
	-
	18
	1
	0.07%



	-
	-
	-
	42
	1
	0.07%



	102
	1088
	100%
	160
	1450
	100%
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Table 5. Number of visits that achieved digital objectives.






Table 5. Number of visits that achieved digital objectives.





	Visits-Pre
	Frequency
	Percentage
	Visits-Post
	Frequency
	Percentage





	0
	661
	60.75%
	0
	732
	50.48%



	1
	271
	24.91%
	1
	468
	32.28%



	2
	137
	12.59%
	2
	216
	14.90%



	3
	14
	1.29%
	3
	16
	1.10%



	4
	4
	0.37%
	4
	8
	0.55%



	5
	1
	0.09%
	5
	5
	0.34%



	-
	-
	-
	6
	3
	0.21%



	-
	-
	-
	7
	2
	0.14%



	15
	1088
	100%
	28
	1450
	100%
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Table 6. Retained clients.






Table 6. Retained clients.










	Visits
	Clients Retained per Visit—Pre
	Clients Retained per Visit—Post





	7
	33.50%
	37.70%



	8
	18.80%
	22.40%



	9
	12.70%
	14.90%



	11
	10.10%
	12.50%



	13
	7.50%
	8.40%



	19
	6.20%
	2.20%



	26
	5.10%
	1.20%



	29
	6.10%
	0.70%



	
	100%
	100%
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