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Supplementary Table S2. Literature examined, in relation to UAV usage within tidal stream environments, detailing origin,
purpose, UAV specifications and methodology, image processing techniques and summary of work.
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al., 2022

Images passed
through a trained “Bag
of Features” classifier
before using Kalman
filters to compile
tracks of targets
identified as terns
only. Water surface
velocity fields were
extracted every 0.25 s
from video using
particle image
velocimetry (PIV)
techniques.
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