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Abstract: This study enhances the discussion on food security by examining trade equity
between food consumers and the supply chain from an emergy perspective. The objective
is to develop a food security indicator for Brazil as a case study that provides a holistic view
of the historical relationship (from 1995 to 2022) between the emergy and money received
by consumers and the emergy and money supplied by the food chain. Each item in the
Brazilian food basket was evaluated using the Emergy Exchange Ratio (EER) indicator,
which measures the advantages and disadvantages that consumers and the food chain
experience in their exchanges. The results indicate that processed food items such as oils
and butter generally provide greater net emergy benefits to consumers compared to fresh
food items like meat, bananas, tomatoes, and potatoes, which often favor the supply chain.
Furthermore, the findings highlight that vulnerable populations face significant challenges
in achieving food security due to their increased efforts to generate income relative to
the emergy they receive for their social welfare. The proposed food security indicator
reveals that consumers enjoyed a more balanced trade since the mid-1990s; however, this
trend has recently begun to reverse, underscoring the need for policies that ensure fairer
exchanges. This work contributes to discussions on food security by considering an emergy-
based approach with the modified Emergy per Money Ratio (EMR) as a complement to
traditionally used approaches.

Keywords: emergy per money ratio; food; fair trade; public policies

1. Introduction
Food security is a significant challenge in worldwide. In Brazil, according to the latest

UN reports [1], 70.3 million citizens face food insecurity, with 21 million Brazilians experi-
encing severe food insecurity. The most common definition of food security was established
by the Food and Agriculture Organization [2] of the United Nations as “Food security
involves access by all people at all times to sufficient quantities of nutritious food to lead
a healthy and active life”. It encompasses four main dimensions: (i) physical availability
of food—the supplying of food security, considering factors like food production, stock
levels, and net trade; (ii) economic and physical access to food—regarding the incomes,
expenditure, markets, and prices to ensure access to food; (iii) food utilization—utilization
involves how our bodies make the most of the nutrients in food; and (iv) stability over
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time—a guarantee of food access, avoiding periodic access challenges due to factors like
adverse weather, political instability, or economic issues.

Food security can only be achieved when the aforementioned dimensions are accessed
in an integrated manner [3]. These measures require systematic evaluations based on trans-
disciplinary, multidimensional, and pluripotent theories and tools that make it possible
to integrate the different socioeconomic, cultural and environmental dimensions [4]. Ac-
cording to the scientific literature, psychometric indicators are commonly used to evaluate
food security by measuring households’ perception of food insecurity [5] (e.g., insufficient
caloric intake, child nutrition, or the share of income designated to food expenditures [6]).
In Brazil, the Brazilian Household Food Insecurity Measurement Scale (EBIA) is the most
commonly used tool to assess household food security [7]. The tool consists of structured
interviews (yes or no questions) aimed at investigating the household’s food situation. The
interview generates a score through which analysts assign a level of food insecurity to the
household (mild, moderate, or severe), with scales that vary according to the number of
questions [8]. However, the lack of money and other resources [9], as well as the limitations
of these indicators in capturing the different dimensions of food security individually [10],
prevent the method from being fully applied and hinder the interpretation and under-
standing of the issue more comprehensively [5]. As a result, multicriteria models have
emerged with the aim of capturing household food security through holistic approaches
using multidimensional indicators (e.g., the Global Food Security Index (GFSI [11]).

The challenge is to develop comprehensive and systemic indicators to measure food
security [12]. With this objective in mind, the goal of this study is to analyze food security
through emergy synthesis [13]. According to Odum [13], emergy synthesis is a powerful
method for assessing the total energy required in a supply chain (a system) to deliver any
product (e.g., food) to the end consumer. In food security studies, emergy synthesis can be
particularly useful, as it represents the products (foods) consumed by a person or family
and the money spent on their purchase on a common physical basis, called solar emjoules
(sej). When both the product and the money are converted to this common basis, it becomes
possible to compare the exchange of emergy between different partners in a food chain. By
doing so, one can identify whether the exchanges are equitable, i.e., whether none of the
partners is benefiting at the expense of the others [14]. The idea is to estimate an equitable
exchange between partners, i.e., an exchange in which the amount of emergy received by
the consumer (on the demand chain side) in the form of food is equivalent to the emergy
received by the seller (on the supply chain side) in the form of money.

This study focuses on proposing a food security indicator considering a historical
emergy exchange between consumers and the food supply chain. The goal is to evaluate
the exchange of emergy that consumers obtain from purchasing food from the supply chain.
The hypothesis behind this reasoning is that if there are imbalances in this indicator, the
population may be experiencing food insecurity. For example, if consumers receive low
emergy in the form of products compared to the emergy invested in the form of money
to buy these products, it indicates an inequitable exchange (i.e., in this case, the seller is
benefitting in trading with consumers), which constitutes a situation of food insecurity
since access to food is being hindered. By identifying such imbalances, policies can be
formulated to ensure fairer compensation, thereby enhancing food security.

The food security indicator proposed and discussed in this study is based on the
exchange between families and the market in the purchase of food from a historical series
of 27 years (from 1995 to 2022). First, an indicator is estimated for each food item that
makes up the Brazilian basic food basket (butter, milk, oil, tomatoes, sugar, wheat flour,
bananas, rice, coffee, beans, bread, and potatoes). Next, the combined indicator that covers
the entire basic food basket is calculated. These indicators relates (i) the emergy obtained
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by the family from the resource in each food and in the Brazilian basic food basket to (ii) the
payment in monetary resources for the purchase of the product.

The result is a holistic indicator of food security that can be easily derived from
secondary data, making it practical and low cost. Aside from providing discussions based
on quantitative data regarding the usage of emergy synthesis as an alternative method
for measuring food security, the proposed indicator is estimated for Brazilian populations
under three different conditions: (i) for those who earn the Brazilian minimum wage; (ii) for
those below the poverty line; and (iii) for those in extreme poverty.

To achieve the initial objectives, a brief review of food security and emergy concepts
and definitions are provided, including the interface between them for developing indica-
tors. Next, the proposed new approach/indicator and its key dimensions to measuring food
security are outlined. Then, the indicator derived from using emergy as a measurement
of food security is shown. Finally, a reflection of the principles and applications of the
proposed approach is provided.

2. Definitions and Contextualization of Brazilian Food (In)Security
2.1. Concepts of Food (In)Security

Recent estimates project that the global population is expected to reach approximately
10 billion people by 2050, and as a consequence, this scenario will increase the demand
for food [15]. For this reason, one of the greatest global challenges is achieving food
security, and the importance of this issue has gained prominence on international agendas,
such as SDG 2, which is committed to Zero Hunger and Sustainable Agriculture, with
the goal of “ending hunger, achieving food security, improving nutrition, and promoting
sustainable agriculture”.

The World Food Summit (Food Systems Summit—FSS) held in 1996 defined food
security as the condition in which people, at all times, have physical and economic access to
safe and nutritious food that meets their dietary and nutritional needs. However, the most
commonly used definition of food security was established by the Food and Agriculture
Organization (FAO) of the United Nations [2], stating that “food security exists when all
people, at all times, have access to sufficient, safe, and nutritious food to maintain a healthy
and active life”.

Based on this last definition, four pillars represent food security: (i) availability—a
sufficient quantity of food with an appropriate quality; (ii) accessibility—having sufficient
resources (financial or physical) to acquire or exchange food; (iii) utilization—the way
households use food through knowledge, skills, and cooking equipment, along with the
ability to absorb and metabolize nutrients; and (iv) stability—access to and use of food
at all times without facing risks [16]. In summary, food security is multidimensional and
must ensure healthy and balanced diets for all people at all times, meaning that all four
dimensions must be met simultaneously.

Although different conceptual frameworks shape the understanding of food inse-
curity, the consequences of this issue present a growing multisectoral challenge globally.
This operational complexity undermines political efforts and downplays the severity of
the problem, especially in Latin America and the Caribbean [17], Africa [18], and South
Asia [19]. In these regions, low levels of education, limited social capital, and low income—
as reflected in their GDP per capita—are aggravating factors [17]. With one-third of the
global population affected by malnutrition, the implications of food insecurity primarily
impact the most vulnerable population groups, who are often underrepresented in food
security agendas [20].
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2.2. Indicators and Measures of Food Security

Due to the diversity of food security assessments, there is no single consensus regard-
ing its status, whether at the global, national, or household/individual level, as each level
requires a series of measures and strategies [21]. In light of the challenges surrounding the
issue, various indicators have been developed to address topics such as food availability
and access [22], production and utilization [23], supply and trade [24], and the influence of
agricultural practices and land use [25].

At the national level, food security indicators include the Global Food Security Index
(GFSI) and the Maplecroft Food Security Risk Index, which assess food security based on
indicators related to the health status, availability, stability, and access to food; the Global
Hunger Index (GHI) developed by the International Food Policy Research Institute (IFPRI)
to comprehensively measure and monitor hunger; the Multidimensional Global Poverty
Index from the United Nations Development Programme (UNDP), which evaluates the inci-
dence and intensity of poverty; the Global Food Security Index (EIU); and the International
Food Security Projection and Assessment from the U.S. Department of Agriculture (USDA).
Furthermore, the Food Insecurity Experience Scale (FIES), which consists of questions
about people’s access to adequate food, is also used.

At the household/individual level, food security measures include the Global Hunger
Index (GHI), which is composed of three indicators analyzing the proportion of the under-
nourished population, the prevalence of underweight, and the mortality rate in children
under five years old; the USDA’s Household Food Security Monitoring, which uses survey
data about food-related behaviors to identify the proportion of the population facing mild
to severe food insecurity [26]; the World Food Programme (WFP) of the United Nations
includes the Household Food Insecurity Access Scale (HFIAS), which assesses the four
domains of food security to classify the severity of insecurity; and the Household Hunger
Scale (HHS), which estimates the percentage of households affected by three different levels
of hunger severity: (1) little or none; (2) moderate hunger; and (3) severe hunger. The
Household Dietary Diversity Scale (HDDS) measures the number of different food groups
consumed over a specific reference period and the Coping Strategies Index (CSI), which
evaluates households’ behaviors and examines how they cope with food shortages.

Although there are options, selecting individual indicators to evaluate all facets of food
security is not an easy task [27], particularly because there are diverse pieces of information
that may fail to capture psychological factors such as anxiety and concerns [26]. Therefore,
national and international agencies have developed or adjusted food security indicators
that can be applied to individual nations or in the global context. Adapted from the U.S.
Household Food Security Survey Module (US HFSSM), the Brazilian Scale for Measuring
Household Food Insecurity (EBIA) is a tool for assessing household food insecurity (FI)
in Brazil [7]. The EBIA uses four different categories (food security, mild food insecurity,
moderate food insecurity, and severe food insecurity) to classify households based on the
severity level of FI [3]. The EBIA aids in monitoring and improving national public policies
to promote food security, as it considers, in addition to psychometric analyses, concerns
about the ability to acquire food due to limited resources, the low variety and quality of the
diet, and restrictions on food intake by first surveying adults and children subsequently,
when applicable, which allows for identifying households that exhibit moderate and severe
degrees of food insecurity [28].

Although there are various and important indicators at different levels with the
primary goal of measuring and making decisions to guarantee food security, none of these
approaches and their indicators capture the exchange capacity (selling and buying) between
consumers and food suppliers from a biophysical perspective. Although there are various
and important indicators at different levels with the primary goals of measuring and
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making decisions to guarantee food security, none of these approaches and their indicators
capture the exchange capacity (both buying and selling) between consumers and food
providers from a biophysical perspective. Economic approaches exist, are commonly used,
and hold their importance, but they lack greater objectivity in better understanding, in a
systemic way, food access across different social levels, which have varying capacities to
acquire food. In this regard, emergy synthesis appears as a potential tool, as presented in
the following section.

2.3. Emergy Assessment and the Four Dimensions of Food Security

The imbalance between the supply and demand for food resources is a critical issue in
many countries, whether in terms of availability, accessibility, utilization, or stability. Thus,
understanding the combined actions of these factors from the perspective of space–time
evolution is an important basis for comprehending the global pattern of food security [29].
The use of emergy synthesis seeks to capture various key components that influence
differences in the performance of systems, thereby presenting a new perspective in studies
on food (in)security.

Some research has linked food production and consumption patterns by employing
emergy synthesis to explore the maintenance of agroecosystems [30] and assess the sustain-
ability of such systems. For instance, Skaf et al. [31] explored food security and sustainable
agriculture in Lebanon, while Mwamboo et al. [32] applied emergy synthesis to evaluate
corn cultivation in Ghana.

The literature indicates that food availability is directly related to production, dis-
tribution, and trade, which in turn must be interconnected with an efficient agricultural
and livestock cropping system. Regarding this, Golshani et al. [33] verified, through the
emergy method, that an integrated crop–livestock system not only has the capacity to
reduce economic risks and increase profitability but can also provide significant environ-
mental benefits, and has enormous potential to increase food availability. Other production
systems have also been investigated using emergy synthesis, such as the dairy production
chain [34], integrated production of grains, pigs, and fish [35], as well as the nexus of water,
energy, and food [36], among others. All these studies provided important subsidies for
formulating public policies to increase food availability.

Food accessibility, in addition to being a multi-scale socio-ecological challenge, must
provide access to healthy and nutritious food. Authors like Narayan and Jayakumar [37],
with the help of an emergy model, argue that cities need to produce their own food because
global projections indicate that the demand for water, energy, and food will significantly
increase in the coming decades, which will hinder food accessibility [36].

Emergy accounting can also be used to measure food utilization, as this pillar is clearly
linked to the issue of nutritious food that must meet dietary needs. Some research, such as
that conducted by Cristiano [38], reported that vegetarian diets reduce the total emergy
required for food production, while Allegretti et al. [39] performed an emergy assessment
of insect flour as an alternative feed source for the Brazilian poultry industry. These studies
highlight the importance of emphasizing the nutritional and dietary components of food
security, as well as of promoting sustainable consumption.

Finally, stability is related to the stable process of feeding over time and that this
process is not negatively affected by natural, social, economic, or political factors. From
ecological and economic perspectives, Lu and Campbell [40] studied the balance between
the emergy delivered to markets in agricultural products (such as fish, pork, and vegetables)
and the purchasing power of consumers, finding that the emergy of the money was less
than the emergy contained in food production. Skaf et al. [31] compared different food
cultivation systems using emergy and proposed a set of environmental and socio-economic
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indicators aimed at facilitating access to safe, healthy, and nutritious food as a tool for
improving food security. These studies indicated that food production and consumption
are affected by economic, social, and ecological factors, providing scientific support for
sustainable production and consumption strategies.

The literature shows that the emergy synthesis method has been used to evaluate
aspects related to food security. Even though it is somewhat diluted in relation to the four
dimensions of environmental security, the method proves to have great potential due to
its characteristics, including different types of energy quality, the value quantified from
the perspective of the donor side, and the energy memory of the generated resources.
These characteristics differentiate it from other methods, complementing analyses for more
effective decision-making.

3. Materials and Methods
The approach proposed in this study investigate household food security by evaluating

the advantages and disadvantages in the exchanges between the purchaser (households)
and the food supply chain. The study is based on the assumptions of inequitable trades,
as observed by Odum [13], between wealthy (primarily urban) and poorer (primarily
rural) countries using the Emergy Exchange Ratio (EER) as main indicator. It is suggested
that, just like rural states, poorer families exert greater effort to generate currency than
richer families according to their emergy/money ratio. Understanding the advantages of
emergy synthesis in relation to other methods for discussing food security, this method is
considered in this study.

3.1. Emergy Accounting, Its Synthesis, and Transformities

Emergy accounting is an environmentally oriented method that advocates the exis-
tence of an energy hierarchy in qualitative aspects. This hierarchy starts with sunlight
energy, the most abundant, wide-spread, and low-quality energy. Conceptually, emergy is
defined as the available energy, previously used directly and indirectly, to obtain a product
or service in a particular process [13,41,42]. In turn, emergy synthesis is a methodological
approach that accounts for the contributions of nature (renewable and non-renewable natu-
ral resources) and the economy (financial resources) in a common metric, the solar emjoules
(sej), which distinguish it from the joule (J) and point out a different quality evaluation
based on a donor-side point of view, i.e., the effort of nature in making available a resource
quantified from a biophysical perspective. As an emergy synthesis result, the solar emjoule
is expressed per metric unit or energy content of a product (output flow), being called
‘transformity (Tr)’; currently, the Unit Emergy Value (UEV) is the general term applied to
any sej per unit ratio, including energy, mass, and others. From a hierarchical chain, each
process transformation in a system aggregates more energy to the output, increasing its en-
ergy quality, as expressed by its UEV [13,43]. Thus, emergy synthesis is always conducted
using Unit Emergy Values (UEVs in sej/unit) and other factors determined relative to a
specific planetary baseline [13,43]. The aim here is not to provide all the theoretical details
behind emergy synthesis; therefore, it is suggested to refer to other works for more details,
particularly the one by H.T. Odum [13].

3.2. Food Security Indicator Based on Emergy

Odum [13] suggests that, to assess equity in exchanges between buyers and sellers, the
proposed models and indicators should be measured in emergy. By definition, the Emergy
Exchange Ratio (EER) is the ratio of emergy exchanged in a trade or purchase (what is
received to what is given), measuring the relative trade advantage of one partner over
the other [41], as shown in Equation (1) in Figure 1. There are four pathways involved in
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emergy exchange, two in each direction (two flows of products and services, and two flows
of money paid) [13], which help in proposing the indicator. In this study, the exchanges
occur between the food products received by the families and what they paid for their
acquisition (Table S1).

Emergy exchange ratiohousehold =
Emergy receivedproduct

Emergy deliveredmoney
(1)
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Emergy received refers to the emergy received by the buyer in the form of food items.
In this study, the buyer is defined as a family, and the product is defined as the food items
included in the basic food basket. Emergy delivered refers to the emergy paid for the
acquisition of the product in the form of money.

3.2.1. Emergy Received in Product Form: The Emergy of the Food Basket

First, the emergy received was obtained for each food item for each year (∀year). Then,
the emergy received for each food item was added to estimate the emergy for the food
basket. Therefore, Equation (2a) suggests the annual emergy received from the food basket
when considering a family with four people, as usually considered in social statistics.

Emergy receivedproduct =
n

∑
i=1,2...12

EmergyFood ∀year (2a)

EmergyFood = Emergyi × FAi × 4184 × UEVi ∀year (2b)

FAi = EstimatedFAi × 4 ∀year (2c)

where Emergy receivedproduct is the emergy provided from the food basket acquisition for
an average Brazilian family (sej/yr) for each year (∀year). The emergy from the food basket
is the sum of the emergy provided for each food item; EmergyFood is the emergy provided
from each food item acquisition for an average Brazilian family (sej/yr) for each year (∀year);
Energyi is the energy (kcal/g) for each food i; FA is the total estimated food aquisition per
family (g/yr) for each food i; 4184 J to kcal; UEV is the Unit Emergy Value of the food item
i; EstimatedFAi is the estimated food item acquisition (g/person.yr) of each food i; and 4 is
the average number of persons per family.

The selected food items were comprised in the food basket and determined according
to the methodological guidelines of the Inter-Union Department of Statistics and Socioeco-
nomic Studies (DIEESE) [44]. Then, the food items were divided in three categories [45]
as follows: (i) in natura (meat, potatoes, tomatoes, and bananas); (ii) minimally processed
(milk, beans, rice, wheat (flour), and coffee (powder)); and (iii) processed (bread, sugar,
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lard/oil, and butter). The quantity of each food item (EstimatedFAi ) was estimated using
raw data from the Household Budget Survey [46], considering food acquisitions in the
years 1987, 1995, 2002, 2008, and 2018. Subsequently, an annual estimate of food acquisition
evolution was generated using a polynomial equation for the period from 1995 to 2022. The
criteria for the adoption of the polynomial equation were p < 0.05 and a higher R2 than the
other estimated models.

In the next step, food acquisition was estimated in kcal/yr by multiplying the energy
content by the quantity for each food item (Energyi × FAi × 4184) and converting to J. The
energy content of each food item was obtained from Tabela Brasileira de Composição de
Alimentos [47] (kcal/g).

Finally, the emergy for each food item (EmergyFood) was obtained multiplying the food
acquisition (in J/yr) by the UEV (in sej/J) for each food item. The UEVs were obtained
from the scientific literature as follows: meat, milk, beans, rice, potatoes, tomatoes, sugar,
and butter [48]; wheat (flour) and bread [49]; coffee (powder [14]); bananas [50]; and
lard/oil [51]. The UEVs were adjusted to the emergy baseline proposed by Brown et al. [52]
of 12.0 × 1024 seJ/J (Tables S2 and S3).

3.2.2. Emergy Delivered in Payment Form: The Household Emergy/Money Ratio

The emergy delivered for the food acquisition in money form for each year (∀year) was
estimated for each food item using Equation (3a). Basically, the emergy delivered in money
form was obtained by multiplying the household emergy/money ratio (EMRhousehold) for
each household income by the estimated payment for the acquisition of each food item.

Emergy deliveredmoney = EMRhousehold × FPi ∀year (3a)

FPi = EstimatedFPi × FAi ∀year (3b)

where EMRhousehold represents the ratio between the emergy used per family (sej/yr) and
household income (BRL/yr); FPi is the total estimated payment for the acquisition of each
food item i (BRL/yr); EstimatedFPi refers to the estimated market price (BRL/g) for each
food item i; and FA is the total estimated food acquired per family (g/yr) for each food
item i.

The EMRhousehold is proposed as the ratio between the emergy required for social
welfare—including food, electricity, natural gas, solid waste treatment services, and envi-
ronmental resources—and the household income received (Figure S1). The EMRhousehold

was estimated as shown in Equation (4).

EMRhousehold =
Emergy f amily

wage f amily
∀year (4)

where Emergy f amily is the minimal emergy requirements necessary for human welfare,
encompassing food, natural gas, electric power, and environmental resources, calculated at
47.17 × 1013 sej/person·year [53]) and multiplied by the average household size of four
members. The emergy contribution to solid waste treatment is 298.31 × 1013 sej/yr for the
family. It was not included the emergy provided by formal education and information,
since both emergy flows are often not found in vulnerable populations [54]; wage f amily is
the Brazilian minimum wage (in BRL/yr) paid from 1995 to 2022 [55,56].

In this study, the EMRhousehold represents the ratio between the emergy used per family
(sej/yr; Emergy f amily) and household income (BRL/yr; wage f amily). The EMRhousehold is
estimated for five household income ranges based on information from IBGE and World
Bank for poverty and extreme poverty, measured in purchasing power parity (PPP) at 2017
international prices [57], and updated according to the World Bank in 2022. The values used
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were USD 1.90 per day for extreme poverty and USD 5.50 per day for poverty. In addition,
three other household income ranges are suggested to contrast the net emergy benefits in
trades among households categorized. The five household income ranges are as follows:
(i) percentile 60, corresponding to a household income of one minimum wage per month;
(ii) poverty line, corresponding to a household income of half a minimum wage per month;
(iii) extreme poverty line, corresponding to a household income of one-fifth of a minimum
wage per month; (iv) percentile 90, corresponding to a household income of 2.6 times the
minimum wage per month; and (v) percentile 80, corresponding to a household income of
1.6 times the minimum wage per month. The EMRhousehold equation for each household
income range can be found in Supplementary Material A, Table S4.

In turn, the annual estimated food acquisition evolution (FAi) is suggested by fol-
lowing the earlier steps showed in the previous subsection. As well as the selected food
items, the nominal prices paid per kilogram for each food item are also obtained from the
DIEESE database [44] and from the other specialized literature in a time window from
1995 to 2022. An estimated historical series of nominal prices (EstimatedFPi ) is considered
according to the average price for each food items across 17 capitals in Brazilian states [44].
Then, a historical series of nominal prices was estimated using an exponential equation.
The criteria for the adoption of the exponential equation were p < 0.05 and a higher R2 than
the other estimated models. Finally, the estimated payment for the acquisition of each food
item (FPi) was obtained by multiplying the historical series of nominal prices by the annual
estimated food acquisition for each food item (Table S5).

3.3. Multiple Correspondence Analysis (MCA)

The associations among exchange equity, food categories, and household income were
evaluated using the MCA method. The MCA is an unsupervised machine learning tech-
nique employed as an exploratory statistical method. This multivariate analysis technique
enables the examination of associations among more than two categorical variables, as
well as the intensity of these associations. In essence, MCA reduces the dimensionality of
categorical data, allowing for the identification of patterns and relationships between the
variables studied [58].

MCA provides a valuable tool for data exploration and visualization. Identifying
the relationships between exchange equity, food categories, and household income makes
easier to identify and discuss the inferences on which food groups may require greater
emphasis in the formulation of public policies aimed at reducing food insecurity among
the most vulnerable populations.

The method for applying the MCA considers the data obtained from the previous
subsections. The MCA algorithm was programmed in Python 3.11, employing the NumPy
and Pandas libraries for mathematical operations and data manipulation, and SciPy for data
normalization and unsupervised clustering algorithms, besides using Matplotlib (v3.8.2)
and Seaborn (v0.12.2) for visualization. All software components are licensed for free use.

4. Results and Discussion
4.1. Behavior of the Emergy Exchange Ratio for Food Acquisition

Figure 2 presents the exchanges measured using the EER between consumers and the
supply chain for each food item, focusing on demonstrating the trades for a household
income of one minimum wage per month. According to the results, three distinct behaviors
can be observed regarding the evolution of exchange equity: (a) exchanges beneficial for
consumers (e.g., bread, milk, oil, coffee, and butter); (b) exchanges beneficial for the supply
chain (e.g., beans, meat, bananas, flour, tomatoes, and potatoes); and (c) exchanges with
oscillating beneficiaries (e.g., rice and sugar).
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Figure 2. The emergy benefit in food acquisition for families earning a minimum wage. The emergy
benefit in food acquisition for those earning a minimum wage per month was calculated by comparing
the emergy of the product to the emergy expended in monetary form for its acquisition. The emergy
of the product was obtained from Equation (2b): Energy content of the product (kcal/g) × food
acquisition (g/yr) × 4184 J × Unit Emergy Value (sej/J). Both the UEV and the energy content of
the product were sourced from the scientific literature. The emergy expended in monetary form for
product acquisition was calculated using: Emergy-to-Money Ratio (EMR) (sej/$) × food acquisition
(kg/yr) × price (BRL/kg). The EMR, a microeconomic metric, was proposed by considering the
relationship between the emergy required for the livelihood and the income earned as wages. The
emergy for the livelihood encompassed both the nutritional energy requirements and the environ-
mental emergy flows, as described by Nacimento et al. [53]. The annual wage was considered the
sole source of household income, with yearly variations from 1995 to 2022 based on IBGE data. The
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food acquisition data were sourced from the metadata of the Pesquisa de Orçamento Familiar [46],
covering food acquisition in the years 1987, 1995, 2002, 2008, and 2018. A polynomial equation was
used to fill in the years with missing data, as previously described in the Section 3. The nominal price
paid per kilogram of food was obtained from Departamento Intersindical de Estatística e Estudos
Socioeconômicos (DIEESE) reports, which considered the average annual price of food items in the
basic food basket for 17 state capitals in Brazil [44]. Please see Supplementary Material A for more
details about the calculation memory, Table S1.

According to the results, beneficial exchanges for consumers suggest that more emergy
was acquired with less money flow for the acquisition of food items and vice versa. The
quantity purchased and the UEV adopted result in more advantageous exchanges for those
who purchase the food items. In other words, the more product purchased and the greater
the UEV of the food item, the more advantageous the exchange will be for the consumer.
For food items, the UEV is strictly related to both the production of the food at farm level
and its processing phase. In this sense, more processed products tend to have a higher UEV
(e.g., butter, coffee powder, and bread; Table S2). On the other hand, another factor that
impacts trade is the practiced price for food items. As an example, for the exchanges for
sugar, a higher value was observed for its annual growth rate of the exponential equation
in the annual price evolution. In other words, the increase in the annual price of sugar and
the reduction in the acquisition of the product by consumers become disadvantageous for
its trade over the years, which may explain the downward behavior of the trade.

Figure 3 presents the evolution of exchanges between consumers and the supply
chain, based on the EER, for the acquisition of the food basket according to the household
income. The figure shows the grouped behavior of food item acquisition, considering how
exchanges evolved over the time window evaluated. The results show an ascending trend
in the trade-offs between food items and money flow that was favorable to consumers
until mid-2015, when the trade-offs started to fall, becoming disadvantageous for the
poverty line, which had advantageous trade-offs from mid-2003 to mid-2015. This behavior
suggests that from mid-2015 onwards, consumers had to spend more emergy (in monetary
form) to obtain food items than before, reaching a level of exchange similar to mid-2003.
It can also be seen that exchanges for an extreme poverty household income were less
affected than for other family incomes, which were always at a disadvantage in exchanges.
It is possible to suggest that this behavior is due to the greater effort made by people in
conditions of extreme poverty to generate one Brazilian Real (BRL), making exchanges for
this income range always disadvantageous [13]. On the other hand, beneficial exchanges for
consumers suggest that more emergy was acquired with less money flow for the acquisition
of food items and vice versa. In addition, the quantity purchased and the UEV adopted
boost more advantageous exchanges for those who purchase the food items. Also, it can
be observed that for a minimum wage household income, the advantages obtained from
exchanges involving bread, oil, coffee, butter, and milk allowed for beneficial exchanges
for consumers throughout the observation period. This behavior was not observed for
households at the poverty line and extreme poverty levels, which experienced longer
periods of disadvantageous exchanges.

Another aspect of Figure 3 that deserves attention is the oscillating behavior in ex-
changes between consumers and the supply chain across all curves. Notable is the inflection
point in the curve in 2002, which indicates a more pronounced advantage for consumers
in acquiring the basic food basket; additionally, there is a decreasing trend in the curves
starting from 2016, suggesting a greater balance in exchanges that favor the supply chain.
Since the 1990s, Brazil has undergone significant transformations in public policies related
to food security and hunger. The country’s trajectory in addressing hunger is marked
by innovative governance strategies and social policies that have garnered international
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recognition, yet it also faces challenges that have resurfaced in recent years due to political
and economic shifts. The 1990s in Brazil were a time of democratic transition, marked by
the 1988 Constitution and various reforms. From 1995–2002, economic policies focused
on inflation control, currency stabilization with the Real Plan, and opening the economy.
While these reforms stabilized the economy, they also worsened inequality and led to cuts
in social programs, impacting food security [59]. Government efforts, like the Basic Food
Basket Program, were criticized for being reactive and not addressing structural issues like
poverty. However, even in this context, food insecurity decreased, as measured by different
approaches, as well by the emergy approach [60] (Figure 3), culminating in the first half of
the following decade.
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Figure 3. Comparison of Emergy Exchange Ratios (EER) for basic food basket acquisition based on
the family income. The emergy benefit in food acquisition for those earning a minimum wage per
month was calculated by comparing the emergy of the product to the emergy expended in monetary
form for its acquisition. The emergy of the product was derived from the following formula: Energy
content of the product (kcal/g) × food acquisition (g/yr) × 4184 J × Unit Emergy Value (sej/J). Both
the UEV and the energy content of the product were sourced from the scientific literature. The emergy
expended in monetary form for product acquisition was calculated using: Emergy-to-Money Ratio
(EMR) (sej/$) × food acquisition (kg/yr) × price (BRL/kg). The EMR, a microeconomic metric, was
proposed by considering the relationship between the emergy required for the livelihood and the
income earned as wages. The emergy for the livelihood encompassed both the nutritional energy
requirements and the environmental emergy flows, as described by Nacimento et al. [53]. The annual
wage was considered the sole source of household income, with yearly variations from 1995 to 2022
based on IBGE data. The food acquisition data were sourced from the metadata of the Pesquisa de
Orçamento Familiar [46], covering food acquisition in the years 1987, 1995, 2002, 2008, and 2018. A
polynomial equation was used to fill in the years with missing data, as previously described in the
Section 3. The nominal price paid per kilogram of food was obtained from Departamento Intersindical
de Estatística e Estudos Socioeconômicos (DIEESE) reports, which considered the average annual
price of food items in the basic food basket for 17 state capitals in Brazil [44]. Please see Supplementary
Material A for more details about the calculation memory, Table S1.
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A turning point in Brazil’s fight against hunger came in 2003, which launched a
series of groundbreaking social policies that directly addressed food insecurity through a
multi-dimensional approach. The most notable program was “Fome Zero” (Zero Hunger),
which integrated various initiatives aimed at addressing both the immediate needs of the
hungry and the structural causes of poverty. This program sought to improve access to food,
promote sustainable agriculture, and provide cash transfers to poor households. It was built
on both cash transfers (via another program named “Bolsa Família”) targeted at families
in situations of poverty and extreme poverty [61] and broader development strategies,
including nutrition, agricultural support, and income redistribution. During this period,
the Organic Law of Food and Nutritional Security (LOSAN) was also implemented, and
the National Council for Food and Nutritional Security (CONSEA) was created, allowing
for more efficient coordination among government, civil society, and academia in the
formulation of food security policies [62]. While the early 2000s saw gains in reducing
hunger, the post period of 2010–2012 was characterized by economic instability and political
crises, which began to erode the gains made in food security (this is also seen in Figure 3).
Cuts in social spending, mainly caused by the low economic growth, undermined the
state’s capacity to further expand or even maintain its social programs, leading to increased
vulnerability among poor households. Since 2016, a period marked by fiscal austerity and
cuts in social programs such as the Bolsa Familia Program and PRONAF (a program focused
on supporting family agriculture), which had been central to the reduction of hunger and
poverty in the previous decade, undermined the gains obtained in the previous period.

From an overall analysis, different methods have been used to analyze food security
or insecurity with a priority focus on economic issues, while environmental performance
has been little explored [63]. To reduce this gap and consider the impact that economic
factors impose on ecosystems, emergy synthesis proposed by Odum [13] was applied
because it considers quantitative and qualitative parameters of the available energy used
to discuss sustainability issues [64]. For Narayan and Jayakumar [37], environmental
accounting in emergy establishes a strong link between food systems and social, economic,
and ecological aspects, and this can be a valuable approach to identifying unsustainable
patterns. In particular, emergy synthesis also conveys a wide range of easily understandable
information to policy makers, producers, and consumers, and this contributes significantly
to the effectiveness of policies on food security.

4.2. Insights into Exchanges Based on Food and Family Income Classes

The MCA is an unsupervised machine learning technique that is used to analyze the
similarity between categories based on the χ2 distance. It is an exploratory factor analysis
technique for multivariate categorical data that describes the structure of associations
between a group of categorical variables, as well as the similarities and differences between
the individuals to which those variables apply [65]. In addition, the MCA transforms the
original variables (categories) into a smaller number of new synthetic variables, called
principal components or dimensions. The principal components (or principal dimensions;
Dim. 1, and Dim. 2) are shown on the x and y axes, respectively. These dimensions
summarize the underlying structure of categorical data, seeking to project the data into a
reduced dimensional space that allows key patterns or associations to be highlighted [66].
In this study, Dim. 1 is more closely related to the equity of trades, while Dim. 2 is related
to household income (Figure 4). Together, the variables help explain 39% of the variance in
the data, in which Dim. 1 accounts for 23.95% of the total variance in the data and Dim.
2 accounts for 15.37% of the total variance in the data. It is also possible to observe the
formation of four quadrants (Q). These are formed according to the negative and positive
values shown on the axes, in which Q1 (top right) shows positive variations for both
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dimensions; Q2 (top left) shows negative variations for Dim. 1 and positive variations
for Dim. 2; Q3 (bottom left) shows negative values for both dimensions; and Q4 (top
left) shows Dim. 1 with positive values and Dim. 2 with negative values. More clearly,
the points in Q1 and Q4 are more related to advantageous exchanges, while Q2 and Q3
suggest disadvantageous exchanges. Q1 refers to household incomes of a minimum wage;
Q2 refers to extreme poverty household incomes; Q3 refers to poverty line household
incomes; and Q4 refers to people earning 2.7 times the minimum wage household incomes
(percentile 90). Thus, the association highlighted by the proximity of the points suggest a
disadvantageous Emergy Exchange Ratio (EER) for people in extreme poverty and poverty
and an advantageous EER for families with an income of 2.7 times the minimum wage and
minimum wage household income. This suggests that families in poverty and extreme
poverty need to exert significantly more effort to generate the equivalent of one dollar
compared to families with higher financial resources.
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Figure 4. Perceptual map from the multiple correspondence analysis (MCA) illustrating the relation-
ships between food categories, family income levels, and Emergy Exchange Ratio classifications. Note:
The food classes were (01) in natura (meat, bananas, potatoes, and tomatoes); (02) minimally processed
(milk, flour, rice, beans, and coffee); and (03) processed (sugar, bread, butter, and oil/lard). The income
classes were (01) extreme poverty (families with 1/5 of a minimum wage/month); (02) minimum wage
(families that receive a minimum wage/month); (03) poverty line (families with 1/2 of a minimum
wage/month); and (04) percentile 90 (families that receive 2.7 times a minimum wage/month). For
the “Emergy Exchange Ratio—ERR”, three classes were considered: (01) EER < 0.9—characterized
by unfavorable consumer exchanges with the supply chain; (02) 0.9 < EER < 1.1—characterized by
an equitable trade between consumers and the supply chain; and (03) EER > 1.1—characterized by
favorable consumer exchanges with the supply chain.
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In addition, it is observed that in natura food items (bananas, meat, potatoes, and
tomatoes) were more associated with disadvantageous exchanges, while processed food
items (sugar, bread, oil/lard, and butter) were more associated with advantageous ex-
changes. Perhaps, this is an explanation for why people with lower purchasing power
tend to buy highly processed foods, which are often considered unhealthy. In natura food
items are characterized by being less processed and, therefore, having lower UEVs when
compared to processed food items [48]. Thus, the more advantageous exchanges between
the emergy of money and the emergy of processed food items could be obtained from
processed food acquisition. Secondly, exchanges among poorer families will sometimes
be more disadvantageous than families above the poverty line when acquiring food items
since families in extreme poverty and poverty exert greater effort to generate wealth. More-
over, it can be suggested that the disadvantages arising from exchanges made to acquire
in natura food items hinder the potential benefits of exchanges for processed products,
preventing them from balancing the overall value when considering the combined group
of foods (food basket). However, ultra-processed food consumption should be limited
due its relation with health problems [67]. As an alternative to acquiring ultra-processed
industrialized foods to balance the trade-offs in food acquisition for vulnerable populations,
indirect forms of processing—focused on local food production and supply—may create a
more equitable food exchange for these groups. For example, since cooking and preparing
food is a form of processing that enhances product quality (measured in nutritional value),
public policies that promote the provision of complete and nutritious meals by solidarity
restaurants could ensure a fairer exchange in food acquisition for people in situations of
social vulnerability. To this, the expansion of initiatives such as community restaurants,
which offer low-cost meals, ensuring both quality food and support for the local economy
would be more easily implemented. It would also be beneficial to create/expand a robust
food security network that integrates food banks, donations, and distribution in vulnerable
communities, ensuring that no individual goes hungry.

Making exchanges more favorable and equitable, particularly in the context of the
economic imbalances, is a complex and multifaceted task. However, there are potential
solutions and recommendations for actions that can be implemented across long and
medium time horizons:

• Long-Term—The most straightforward solution is to increase the income of the poor-
est ones and reduce population inequality. Investing in education and professional
training programs to enhance the population’s skills can significantly boost employ-
ability and lead to higher earnings. A complementary option would be to promote
tax reforms that reduce the burden on low-income groups while increasing it for the
wealthiest, contributing to a fairer distribution of resources. Additionally, it would be
prudent to implement policies that protect workers in vulnerable sectors, ensuring
their rights and access to essential benefits.

• Medium-Term—Stimulating local production by creating subsidies for local farm-
ers who produce essential foods, especially those sold fresh, could be achieved by
including technical assistance, access to inputs, and tax incentives. However, it is
important to consider community participation and awareness campaigns about the
importance of healthy and local food, linking this to fresh produce fairs and even cook-
ing classes. Similarly, it would be beneficial to support urban and community gardens
with funding and resources and to form partnerships with schools and community
organizations to promote food production. Finally, it would be necessary to strengthen
public policies by expanding the reach and investment in food acquisition programs,
ensuring that small producers have a market for their products and that vulnerable
populations have access to food.
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These actions, when implemented together, can contribute to the creation of a system
of exchanges that is fairer, more balanced, and sustainable for all involved. However,
it is important to emphasize that these suggestions, if applied, should be subjected to a
monitoring and evaluation system to ensure they achieve the proposed objectives and
can be adjusted as necessary. This will allow for an adaptive model that responds to the
constantly changing social and economic dynamics.

5. Conclusions
This study seeks to enhance the discussion on food security by assessing the trade

equity between consumers and the food supply chain using emergy indicators. Thus,
the study innovates by bringing to the discussion the use of indicators that consider the
environmental contribution (donor side) to food security. This fact highlights the under-
standing of the bottlenecks that permeate food security as things that are multisystemic
and multidisciplinary.

By employing the Exchange Emergy Ratio (EER), the findings reveal that processed
food items (sugar, bread, oil/lard, and butter) offer greater benefits to consumers, whereas
in natura food items (including meat, bananas, tomatoes, and potatoes) disproportionately
favor the supply chain, which highlights a significant disparity in the distribution of
benefits. Regarding trade equity within the food basket, the findings reveal that families
living below the poverty line face disadvantageous trade conditions, significantly hindering
their access to essential food items, and suggesting a greater effort by people on the poverty
line and in extreme poverty to generate money. This finding highlights the need to promote
public policies that guarantee equity in trade in food acquisition for people in situations of
social vulnerability.

Both the advantages and limitations of the proposed methods are in the better under-
standing of EMR theory that relates emergy and money. In this way, the microeconomic
EMR proposition for assessing the equity of trades between the agents, based on what
is available in theory, could be understood as the main strength of this method. Thus,
the proposed method suggests making the evaluations fairer by showing the reality of
exchanges more accurately (like a “magnifying glass” perspective). On the other hand,
limitations lie in the fact that both the employed statistical model and the theory of EMR
are still in their early stages and need further development and discussion. Therefore,
approaches that seek to better understand the EMR are also limiting factors in achieving a
better understanding of the method.

Recommendations for future studies include (i) stratifying food consumption based
on income levels; (ii) analyzing the Exchange Emergy Ratio (EER) at each stage (link) of the
food production supply chain to identify the primary beneficiaries in exchanges, thereby
facilitating informed decision-making and the development of more aligned public policies;
(iii) taking into account the cultural aspects of food acquisition and consumption, as well as
the regional composition of the basic food basket; and (iv) recognizing that the goal of this
study was to present emergy as a complement to existing food security assessment models,
claiming that future research should incorporate more robust predictive models.

Supplementary Materials: The following supporting information can be downloaded at
https://www.mdpi.com/article/10.3390/resources14010007/s1, Figure S1. Aggregated emergy
diagram of a citizen with minimal emergy requirements for the welfare of human individuals,
including food, environmental resources (considering only the wind and kinetic energy to avoid
double-accounting and the earth cycle) (47.17 × 1013 sej/yr). The emergy contribution to solid waste
treatment (298.31 × 1013 sej/yr) was considered for the entire household. Work, sleep, and leisure
were included as outputs (adapted from Odum, [13]; Brandt-Williams, [68]; Nacimento et al. [53]);
Table S1. Emergy exchange ratio (EER) estimative between the consumer (household) and food sup-
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ply chain (this study); Table S2. Category, energy composition, and transformity of the food basket by
item [14,44,47–51]; Table S3. Estimative of annual food acquisition (this study); Table S4. Estimative
of the emergy/money ratio according to the household income (this study); Figure S2. Comparison
of the emergy/money ratio according to the household income and Brazilian emergy/money ratio
according to Giannetti et al. [69]; Table S5. Estimation of annual food prices (this study).

Author Contributions: Conceptualization, B.F.G., M.D.C. and L.C.T.d.S.; methodology, R.A.N.,
M.D.C. and B.F.G.; validation, R.A.N., M.D.C. and B.F.G.; investigation, R.A.N. and B.F.G.; writing—
original draft, R.A.N., M.D.C., C.A., F.A., L.C.T.d.S. and B.F.G.; writing—review and editing, B.F.G.;
supervision, B.F.G.; project administration, B.F.G. All authors have read and agreed to the published
version of the manuscript.

Funding: This research received no external funding.

Data Availability Statement: The data presented in this study are available in the main text and
Supplementary Material.

Acknowledgments: This research was funded by the following Brazilian agencies: the Coordination
of Superior Level Staff Improvement, CAPES, and the National Council for Scientific and Techno-
logical Development, CNPq. R.A.N. is thankful for all the support provided by the University of
Sao Paulo (USP); L.C.T.S., C.A., F.A., and B.F.G. are thankful for all the support provided by Paulista
University (UNIP); and M.D.C. is thankful for all the support provided by the Federal University of
Pelotas (UFPel).

Conflicts of Interest: The authors declare no conflicts of interest.

References
1. FAO; IFAD; UNICEF; WFP; WHO. The State of Food Security and Nutrition in the World 2024–Financing to End Hunger, Food Insecurity

and Malnutrition in All Its Forms; FAO: Rome, Italy, 2024.
2. FAO. The State of Food Security and Nutrition in the World. Available online: https://openknowledge.fao.org/handle/20.500.1

4283/cc3017en (accessed on 18 July 2024).
3. Pérez-Escamilla, R.; Salles-Costa, R.; Segall-Corrêa, A.M. Food Insecurity Experience-Based Scales and Food Security Governance:

A Case Study from Brazil. Glob. Food Secur. J. 2024, 41, 100766. [CrossRef]
4. Headey, D.; Ecker, O. Rethinking the Measurement of Food Security: From First Principles to Best Practice. Food Secur. 2013, 5,

327–343. [CrossRef]
5. Braga, C.A.S.; Costa, L.V. Food Insecurity and Nutrition Index: Disaggregation and Evidence for Brazilian States. Pap. Reg. Sci.

2020, 99, 1749–1771. [CrossRef]
6. Melgar-Quinonez, H.; Hackett, M. Measuring Household Food Security: The Global Experience. Rev. Nutr. 2008, 21, 27–37.

[CrossRef]
7. Reichenheim, M.E.; Interlenghi, G.S.; Moraes, C.L.; Segall-corre, A.M.; Perez-Escamilla, R.; Salles-Costa, R. A Model-Based

Approach to Identify Classes and Respective Cutoffs of the Brazilian Household Food Insecurity Measurement Scale 1, 2. J. Nutr.
Nutr. Epidemiol. 2016, 146, 1356–1364. [CrossRef]

8. MDS. Mapeamento Da Insegurança Alimentar e Nutricional Com Foco Na Desnutrição (Mapa InSAN) a Partir da Análise Do Sistema
Nacional de Vigilância Alimentar e Nutricional (SISVAN); MDS: Brasilia, Brazil, 2023.

9. Segall-Corrêa, A.M.; Marin-Leon, L. A Segurança Alimentar No Brasil: Proposição e Usos Da Escala Brasileira de Medida da
Insegurança Alimentar (EBIA) de 2003 a 2009. Segurança Aliment. Nutr. 2015, 16, 1–19. [CrossRef]

10. Hoddinott, J. Choosing Outcome Indicators of Household Food Security; International Food Policy Research Institute: Washington,
DC, USA, 1999; pp. 1–29.

11. Economist Impact Global Food Security Index 2022. Available online: https://impact.economist.com/sustainability/project/
food-security-index/ (accessed on 24 October 2024).

12. Azevedo, E.D.; Ribas, M.T.G.D.O. Estamos Seguros? Reflexões Sobre Indicadores de Avaliação da Segurança Alimentar e
Nutricional. Rev. Nutr. 2016, 29, 241–251. [CrossRef]

13. Odum, H.T. Environmental Accounting: Emergy and Environmental Decision Making; Wiley: Gainesville, FL, USA, 1996;
ISBN 0471114421.

14. Cuadra, M.; Rydberg, T. Emergy Evaluation on the Production, Processing and Export of Coffee in Nicaragua. Ecol. Modell. 2006,
196, 421–433. [CrossRef]

https://openknowledge.fao.org/handle/20.500.14283/cc3017en
https://openknowledge.fao.org/handle/20.500.14283/cc3017en
https://doi.org/10.1016/j.gfs.2024.100766
https://doi.org/10.1007/s12571-013-0253-0
https://doi.org/10.1111/pirs.12549
https://doi.org/10.1590/S1415-52732008000700004
https://doi.org/10.3945/jn.116.231845
https://doi.org/10.20396/san.v16i2.8634782
https://impact.economist.com/sustainability/project/food-security-index/
https://impact.economist.com/sustainability/project/food-security-index/
https://doi.org/10.1590/1678-98652016000200008
https://doi.org/10.1016/j.ecolmodel.2006.02.010


Resources 2025, 14, 7 18 of 20

15. Nadathur, S.; Wanasundara, J.P.; Marinangeli, C.P.F.; Scanlin, L. Proteins in Our Diet: Challenges in Feeding the Global Population.
In Sustainable Protein Sources; Academic Press Ltd.: Cambridge, MA, USA, 2017; pp. 1–19.

16. Galeana-Pizaña, J.M.; Couturier, S.; Monsivais-Huertero, A. Assessing Food Security and Environmental Protection in Mexico
with a GIS-Based Food Environmental Efficiency Index. Land Use Policy 2018, 76, 442–454. [CrossRef]

17. Smith, M.D.; Kassa, W.; Winters, P. Assessing Food Insecurity in Latin America and the Caribbean Using FAO ’ s Food Insecurity
Experience Scale. Food Policy 2017, 71, 48–61. [CrossRef]

18. Masa, R.; Khan, Z.; Chowa, G. Youth Food Insecurity in Ghana and South Africa: Prevalence, Socioeconomic Correlates, and
Moderation Effect of Gender. Child. Youth Serv. Rev. 2020, 116, 105180. [CrossRef]

19. Mughal, M.; Fontan Sers, C. Cereal Production, Malnutrition and Food Insecurity in South Asia. Rev. Dev. Econ. 2020, 24, 524–545.
[CrossRef]

20. Berry, E.M.; Dernini, S.; Burlingame, B.; Meybeck, A.; Conforti, P. Food Security and Sustainability: Can One Exist without the
Other? Public Health Nutr. 2015, 18, 2293–2302. [CrossRef]

21. Hwalla, N.; El Labban, S.; Bahn, R.A. Nutritional Security Is an Integral Component of Food Security. Front. Life Sci. 2016, 9,
167–172. [CrossRef]

22. Van Meijl, H.; Shutes, L.; Valin, H.; Stehfest, E.; van Dijk, M.; Kuiper, M.; Tabeau, A.; van Zeist, W.J.; Hasegawa, T.; Havlik, P.
Modelling Alternative Futures of Global Food Security: Insights from FOODSECURE. Glob. Food Sec. 2020, 25, 100358. [CrossRef]

23. Movilla-Pateiro, L.; Mahou-Lago, X.M.; Doval, M.I.; Simal-Gandara, J. Toward a Sustainable Metric and Indicators for the Goal of
Sustainability in Agricultural and Food Production. Crit. Rev. Food Sci. Nutr. 2020, 61, 1108–1129. [CrossRef]

24. Kummu, M.; Kinnunen, P.; Lehikoinen, E.; Porkka, M.; Queiroz, C.; Röös, E.; Troell, M.; Weil, C. Interplay of Trade and Food
System Resilience: Gains on Supply Diversity over Time at the Cost of Trade Independency. Glob. Food Sec. 2020, 24, 100360.
[CrossRef]

25. Viana, C.M.; Freire, D.; Abrantes, P.; Rocha, J.; Pereira, P. Agricultural Land Systems Importance for Supporting Food Security
and Sustainable Development Goals: A Systematic Review. Sci. Total Environ. 2022, 806, 150718. [CrossRef] [PubMed]

26. Acheampong, P.P.; Obeng, E.A.; Opoku, M.; Brobbey, L.; Sakyiamah, B. Does Food Security Exist among Farm Households?
Evidence from Ghana. Agric. Food Secur. 2022, 11, 24. [CrossRef]

27. Izraelov, M.; Silber, J. An Assessment of the Global Food Security Index. Food Secur. 2019, 11, 1135–1152. [CrossRef]
28. Interlenghi, G.S.; Reichenheim, M.E.; Segall-Corrêa, A.M.; Pérez-Escamilla, R.; Moraes, C.L.; Salles-Costa, R. Modeling Optimal

Cutoffs for the Brazilian Household Food Insecurity Measurement Scale in a Nationwide Representative Sample. J. Nutr. 2017,
147, 1356–1365. [CrossRef] [PubMed]

29. Cai, J.; Ma, E.; Lin, J.; Liao, L.; Han, Y. Exploring Global Food Security Pattern from the Perspective of Spatio-Temporal Evolution.
J. Geogr. Sci. 2020, 30, 179–196. [CrossRef]

30. Jia, M.; Zhen, L. Analysis of Food Production and Consumption Based on the Emergy Method in Kazakhstan. Food 2021, 10, 1520.
[CrossRef] [PubMed]

31. Skaf, L.; Buonocore, E.; Dumontet, S.; Capone, R.; Franzese, P.P. Food Security and Sustainable Agriculture in Lebanon: An
Environmental Accounting Framework. J. Clean. Prod. 2019, 209, 1025–1032. [CrossRef]

32. Mwambo, F.M.; Fürst, C.; Nyarko, B.K.; Borgemeister, C.; Martius, C. Maize Production and Environmental Costs: Resource
Evaluation and Strategic Land Use Planning for Food Security in Northern Ghana by Means of Coupled Emergy and Data
Envelopment Analysis. Land Use Policy 2020, 95, 104490. [CrossRef]

33. Golshani, F.; Asgharipour, M.R.; Ghanbari, A.; Seyedabadi, E. Environmental Accounting for Croplands, Livestock Husbandry,
and Integrated Systems Based on Emergetic Indicators. Energy Ecol. Environ. 2023, 8, 28–49. [CrossRef]

34. Agostinho, F.; Oliveira, M.W.; Pulselli, F.M.; Almeida, C.M.V.B.; Giannetti, B.F. Emergy Accounting as a Support for a Strategic
Planning towards a Regional Sustainable Milk Production. Agric. Syst. 2019, 176, 102647. [CrossRef]

35. Cavalett, O.; Queiroz, J.F.D.e.; Ortega, E. Emergy Assessment of Integrated Production Systems of Grains, Pig and Fish in Small
Farms in the South Brazil. Ecol. Modell. 2006, 193, 205–224. [CrossRef]

36. Fonseca-Ortiz, C.R.; Mastachi-Loza, C.A.; Díaz-Delgado, C.; Esteller-Alberich, M. V The Water-Energy-Food Nexus in Mexico. In
Water Resources of Mexico; Raynal-Villasenor, J.A., Ed.; Springer International Publishing: Cham, Switzerland, 2020; pp. 65–82,
ISBN 978-3-030-40686-8.

37. Narayan, B.; Jayakumar, J. Urban Metabolism and Food Security: Emergy as a Metrics Link Connecting the Food Security with
the Urban Spatial Aspects for Enhanced Livability and Sustainability. In Emerging Trends in Engineering, Science and Technology for
Society, Energy and Environment; CRC Press: Boca Raton, FL, USA, 2018; pp. 1–6, ISBN 9781351124140.

38. Cristiano, S. Organic Vegetables from Community-Supported Agriculture in Italy: Emergy Assessment and Potential for
Sustainable, Just, and Resilient Urban-Rural Local Food Production. J. Clean. Prod. 2021, 292, 126015. [CrossRef]

39. Allegretti, G.; Talamini, E.; Schmidt, V.; Bogorni, P.C.; Ortega, E. Insect as Feed: An Emergy Assessment of Insect Meal as a
Sustainable Protein Source for the Brazilian Poultry Industry. J. Clean. Prod. 2018, 171, 403–413. [CrossRef]

https://doi.org/10.1016/j.landusepol.2018.02.022
https://doi.org/10.1016/j.foodpol.2017.07.005
https://doi.org/10.1016/j.childyouth.2020.105180
https://doi.org/10.1111/rode.12659
https://doi.org/10.1017/S136898001500021X
https://doi.org/10.1080/21553769.2016.1209133
https://doi.org/10.1016/j.gfs.2020.100358
https://doi.org/10.1080/10408398.2020.1754161
https://doi.org/10.1016/j.gfs.2020.100360
https://doi.org/10.1016/j.scitotenv.2021.150718
https://www.ncbi.nlm.nih.gov/pubmed/34606855
https://doi.org/10.1186/s40066-022-00362-9
https://doi.org/10.1007/s12571-019-00941-y
https://doi.org/10.3945/jn.117.249581
https://www.ncbi.nlm.nih.gov/pubmed/28566526
https://doi.org/10.1007/s11442-020-1722-y
https://doi.org/10.3390/foods10071520
https://www.ncbi.nlm.nih.gov/pubmed/34359393
https://doi.org/10.1016/j.jclepro.2018.10.301
https://doi.org/10.1016/j.landusepol.2020.104490
https://doi.org/10.1007/s40974-022-00262-5
https://doi.org/10.1016/j.agsy.2019.102647
https://doi.org/10.1016/j.ecolmodel.2005.07.023
https://doi.org/10.1016/j.jclepro.2021.126015
https://doi.org/10.1016/j.jclepro.2017.09.244


Resources 2025, 14, 7 19 of 20

40. Lu, H.; Campbell, D.E. Ecological and Economic Dynamics of the Shunde Agricultural System under China’s Small City
Development Strategy. J. Environ. Manag. 2009, 90, 2589–2600. [CrossRef]

41. Brown, M.T.; Ulgiati, S. Emergy Analysis and Environmental Accounting. Encycl. Energy 2004, 2, 329–354. [CrossRef]
42. Ulgiati, S.; Brown, M.T. Monitoring Patterns of Sustainability in Natural and Man-Made Ecosystems. Ecol. Modell. 1998, 108,

23–36. [CrossRef]
43. Campbell, D.E. Emergy Analysis of Human Carrying Capacity and Regional Sustainability: An Example Using the State of Maine.

Environ. Monit. Assess. 1998, 51, 531–569. [CrossRef]
44. DIEESE. Metodologia da Pesquisa Nacional da Cesta Básica de Alimentos; DIEESE: São Paulo, Brazil, 2016; p. 23.
45. NUPENS. A Classificação NOVA. Available online: https://www.me.ufrj.br/images/pdfs/ensino/mest_prof/proj_pesq/

produtos/material_didatico/e_book_01_a_nova_classificacao_alimentar.pdf (accessed on 16 May 2024).
46. IBGE. Perquisa de Orçamento Familiar. Available online: https://sidra.ibge.gov.br/pesquisa/pof/tabelas (accessed on 16

May 2024).
47. Brasilfoods; USP; Food Research Center. Tabela Brasileira de Composição de Alimentos. Available online: http://www.tbca.net.

br/base-dados/int_composicao_alimentos.php?cod_produto=C0138F (accessed on 16 April 2024).
48. Giannetti, B.F.; Marcilio, M.D.F.D.F.B.; Coscieme, L.; Agostinho, F.; Liu, G.; Almeida, C.M.V.B. Howard Odum’s “Self-Organization,

Transformity and Information”: Three Decades of Empirical Evidence. Ecol. Modell. 2019, 407, 108717. [CrossRef]
49. Wright, C.; Østergård, H. Renewability and Emergy Footprint at Different Spatial Scales for Innovative Food Systems in Europe.

Ecol. Indic. 2016, 62, 220–227. [CrossRef]
50. De Barros, I.; Blazy, J.M.; Rodrigues, G.S.; Tournebize, R.; Cinna, J.P. Emergy Evaluation and Economic Performance of Banana

Cropping Systems in Guadeloupe (French West Indies). Agric. Ecosyst. Environ. 2009, 129, 437–449. [CrossRef]
51. Cavalett, O.; Ortega, E. Emergy, Nutrients Balance, and Economic Assessment of Soybean Production and Industrialization in

Brazil. J. Clean. Prod. 2009, 17, 762–771. [CrossRef]
52. Brown, M.T.; Ulgiati, S. Assessing the Global Environmental Sources Driving the Geobiosphere: A Revised Emergy Baseline. Ecol.

Modell. 2016, 339, 126–132. [CrossRef]
53. Nacimento, R.A.; Canever, M.D.; Almeida, C.; Agostinho, F.; Gameiro, A.H.; Giannetti, B.F. Hidden Costs Associated with

Smallholder Family-Based Broiler Production: Accounting for the Intangibles. Sustainability 2023, 15, 15780. [CrossRef]
54. Chaves, S.V.V.; Tavares, A.C.; Andrade, C.S.P. de Vulnerabilidade Às Inundações Em Teresina, Piauí e Ações Mitigadoras Do

Poder Público. Soc. Territ. 2018, 29, 175–197. [CrossRef]
55. IPEA. IPEAData. Available online: http://www.ipeadata.gov.br/Default.aspx (accessed on 13 June 2024).
56. IPEA. Exchange Rate-Brazilian Real (R$) / US Dollar (US$)-Selling-Average. Available online: http://www.ipeadata.gov.br/

ExibeSerie.aspx?serid=31924 (accessed on 13 June 2024).
57. IBGE. Pesquisa Nacional Por Amostra de Domicílios Contínua, Acumulado de Primeiras Visitas, Exceto 2020–2022, Acumulado

de Quintas Visitas, Devido à Pandemia de COVID-19. Available online: https://sidra.ibge.gov.br/tabela/7438 (accessed on 20
July 2024).

58. Goodwill, A.M.; Allen, J.C.; Kolarevic, D. Improvement of Thematic Classification in Offender Profiling: Classifying Serbian
Homicides Using Multiple Correspondence, Cluster, and Discriminant Function Analyses. J. Investig. Psychol. Offender Profiling
2014, 11, 221–236. [CrossRef]

59. Burlandy, L. Construction of the Food and Nutrition Security Policy in Brazil: Strategies and Challenges in the Promotion of
Intersectorality at the Federal Government Level. Cienc. eSaúde Coletiva 2009, 14, 851–860. [CrossRef] [PubMed]

60. Insegurança Alimentar e Covid-19 No Brasil. 2021. Available online: https://www.fao.org/family-farming/detail/en/c/139278
9/ (accessed on 11 November 2024).

61. Rocha, C. Developments in National Policies for Food and Nutrition Security in Brazil. Dev. Policy Rev. 2009, 27, 51–66. [CrossRef]
62. Salles-Costa, R.; Segall-Corrêa, A.M.; Alexandre-Weiss, V.P.; Pasquim, E.M.; Paula, N.M.D.; Lignani, J.D.B.; Grossi, M.E.D.;

Zimmermann, S.A.; Medeiros, M.A.T.D.; Santos, S.M.C.D.; et al. Rise and Fall of Household Food Security in Brazil, 2004 to 2022.
Cad. Saúde Pública 2023, 39, e00191122. [CrossRef] [PubMed]

63. Yao, X.; Chen, W.; Song, C.; Gao, S. Sustainability and Efficiency of Water-Land-Energy-Food Nexus Based on Emergy-Ecological
Footprint and Data Envelopment Analysis: Case of an Important Agriculture and Ecological Region in Northeast China. J. Clean.
Prod. 2022, 379, 134854. [CrossRef]

64. Lyu, Y.; Yang, X.; Pan, H.; Zhang, X.; Cao, H.; Ulgiati, S.; Wu, J.; Zhang, Y.; Wang, G.; Xiao, Y. Impact of Fertilization Schemes with
Different Ratios of Urea to Controlled Release Nitrogen Fertilizer on Environmental Sustainability, Nitrogen Use Efficiency and
Economic Benefit of Rice Production: A Study Case from Southwest China. J. Clean. Prod. 2021, 293, 126198. [CrossRef]

65. Ledesma, R. Software De Análisis De Correspondencias Múltiples: Una Revisión Comparativa. Metodol. Encuestas 2008, 10, 59–75.
66. Greenacre, M. Correspondence Analysis in Practice, 2nd ed.; Chapman and Hall/CRC: New York, NY, USA, 2007.
67. Calvo, M.S.; Dunford, E.K.; Uribarri, J. Industrial Use of Phosphate Food Additives: A Mechanism Linking Ultra-Processed Food

Intake to Cardiorenal Disease Risk? Nutrients 2023, 15, 3510. [CrossRef]

https://doi.org/10.1016/j.jenvman.2009.01.019
https://doi.org/10.1016/B0-12-176480-X/00242-4
https://doi.org/10.1016/S0304-3800(98)00016-7
https://doi.org/10.1023/A:1006043721115
https://www.me.ufrj.br/images/pdfs/ensino/mest_prof/proj_pesq/produtos/material_didatico/e_book_01_a_nova_classificacao_alimentar.pdf
https://www.me.ufrj.br/images/pdfs/ensino/mest_prof/proj_pesq/produtos/material_didatico/e_book_01_a_nova_classificacao_alimentar.pdf
https://sidra.ibge.gov.br/pesquisa/pof/tabelas
http://www.tbca.net.br/base-dados/int_composicao_alimentos.php?cod_produto=C0138F
http://www.tbca.net.br/base-dados/int_composicao_alimentos.php?cod_produto=C0138F
https://doi.org/10.1016/j.ecolmodel.2019.06.005
https://doi.org/10.1016/j.ecolind.2015.10.042
https://doi.org/10.1016/j.agee.2008.10.015
https://doi.org/10.1016/j.jclepro.2008.11.022
https://doi.org/10.1016/j.ecolmodel.2016.03.017
https://doi.org/10.3390/su152215780
https://doi.org/10.21680/2177-8396.2017v29n2ID12533
http://www.ipeadata.gov.br/Default.aspx
http://www.ipeadata.gov.br/ExibeSerie.aspx?serid=31924
http://www.ipeadata.gov.br/ExibeSerie.aspx?serid=31924
https://sidra.ibge.gov.br/tabela/7438
https://doi.org/10.1002/jip.1416
https://doi.org/10.1590/S1413-81232009000300020
https://www.ncbi.nlm.nih.gov/pubmed/19547784
https://www.fao.org/family-farming/detail/en/c/1392789/
https://www.fao.org/family-farming/detail/en/c/1392789/
https://doi.org/10.1111/j.1467-7679.2009.00435.x
https://doi.org/10.1590/0102-311xen191122
https://www.ncbi.nlm.nih.gov/pubmed/36753092
https://doi.org/10.1016/j.jclepro.2022.134854
https://doi.org/10.1016/j.jclepro.2021.126198
https://doi.org/10.3390/nu15163510


Resources 2025, 14, 7 20 of 20

68. Brandt-Williams, S.L. Handbook of Emergy Evaluation: A Compendium of Data for Emergy Computation Issued in a Series of Folios;
University of Florida: Gainesville, FL, USA, 2001; Volume 4.

69. Giannetti, B.F.; Faria, L.; Almeida, C.M.V.B.; Agostinho, F.; Coscieme, L.; Liu, G. Human-Nature Nexuses in Brazil: Monitoring
Production of Economic and Ecosystem Services in Historical Series. Ecosyst. Serv. 2018, 30, 248–256. [CrossRef]

Disclaimer/Publisher’s Note: The statements, opinions and data contained in all publications are solely those of the individual
author(s) and contributor(s) and not of MDPI and/or the editor(s). MDPI and/or the editor(s) disclaim responsibility for any injury to
people or property resulting from any ideas, methods, instructions or products referred to in the content.

https://doi.org/10.1016/j.ecoser.2017.10.008

	Introduction 
	Definitions and Contextualization of Brazilian Food (In)Security 
	Concepts of Food (In)Security 
	Indicators and Measures of Food Security 
	Emergy Assessment and the Four Dimensions of Food Security 

	Materials and Methods 
	Emergy Accounting, Its Synthesis, and Transformities 
	Food Security Indicator Based on Emergy 
	Emergy Received in Product Form: The Emergy of the Food Basket 
	Emergy Delivered in Payment Form: The Household Emergy/Money Ratio 

	Multiple Correspondence Analysis (MCA) 

	Results and Discussion 
	Behavior of the Emergy Exchange Ratio for Food Acquisition 
	Insights into Exchanges Based on Food and Family Income Classes 

	Conclusions 
	References

