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Abstract: The reconfigurable modular vehicle group can transform into different configurations
according to different requirements to be competent for various tasks and scenarios and to facilitate
the utilization of robots in unstructured scenarios. Efficient and effective reconfiguration strategies
and path planning are essential for improving the performance of modular vehicle groups. First,
a multi-sensing four-wheel-drive Mecanum vehicle was built, which was equipped with UWB
positioning (based on wireless carrier communication technology), communication based on ESP8266
modules, ultrasonic ranging and a magnetic structure. Second, concerning the indoor storage
environment, a UWB two-way bilateral ranging and positioning system was designed, and the
experimental accuracy for positioning could reach 0.1 m. Third, a path planning strategy based on
the improved artificial potential field method was adopted. According to the target configuration as
well as the obstacle avoidance requirements, the motion space was converted into a gravitational
field and a repulsive force field, and the vector superposition of the gradients was used for the path
planning of each vehicle in turn. Depending on the reconfiguration command and the connection
matrix, the magnetic structure would strengthen or disconnect the vehicle group configuration.
Finally, the vehicle reconfiguration from the stochastic dispersion state to the target configuration
and the transition between different configurations were accomplished using the proposed strategy
in both simulations and experiments.

Keywords: modular; reconfiguration; path planning; UWB positioning

1. Introduction

At present, most factories still use manual transportation, which features low automa-
tion. From the perspective of the entire production cycle, more than 90% of the time is used
for loading and unloading, transshipment, etc., and inefficient manual transportation sig-
nificantly limits production efficiency. An Automated Guided Vehicle (AGV) is automated
transportation equipment that integrates machinery, electricity, control and sensing, which
has been widely used in automobiles, manufacturing, logistics, storage and other fields.
Compared with manual transportation, an AGV has the advantages of a lower cost, higher
efficiency, higher accuracy and easier management [1].

For complicated unstructured spaces, a smaller and more flexible reconfigurable mod-
ular vehicle group can effectively increase the utilization of the whole system and further
improve the overall automation level. Compared with traditional AGVs, the reconfigurable
modular vehicle group can change the configuration of the group according to the require-
ments of special tasks and scenarios, which increases the diversity of configuration and
adaptability to unknown environments.

With the goal of moving freely in a small space, many companies have designed a
variety of omnidirectional mobile vehicles. This kind of vehicle usually has three degrees
of freedom and can move freely in all directions, including moving forward and backward,
rotating, multi-angle lateral movement, etc. [2].
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Path planning is finding the shortest possible path between two points [3]. There exist
many mature algorithms for path planning, such as Breadth First Search (BFS) and Depth
First Search (DFS), and further optimization algorithms include the Dijkstra algorithm [4],
A* algorithm [5], Bellman-Ford algorithm [6], etc., which traverse the map structure based
on the path weight and iteratively calculate the path cost during the search, followed by
backtracking to obtain an optimal solution when the calculation is completed. The artificial
potential field method abstracts the motion of a robot in the surrounding environment
into motion in an artificial gravitational field [7]. The target point generates “gravity” to
the mobile robot, and the obstacle generates “repulsion” to the mobile robot. Finally, the
motion of the mobile robot is controlled by calculating the resultant force [8]. The path
planned by the potential field method is generally smooth and safe, but the results obtained
may fall into local optimal solutions [9,10].

Multiple AGVs need to consider the possibility of route conflicts, node occupancy, etc.,
in path optimization. Nishi et al. [11] established a colored time Petri net to decompose
the AGV scheduling model, which solved the conflict and deadlock problems (due to
unreasonable scheduling and multiple AGVs coming into the blocking status to avoid
collision) of the multi-AGV system. However, this method is computationally complex,
and the efficiency is generally low when there is a large number of AGVs. Van et al. [12]
proposed a distributed planning algorithm based on traffic rules, which reduces computa-
tional complexity. Konar et al. [13] used reinforcement learning to predict possible conflicts,
and waiting times are planned in advance. However, this method requires a large amount
of calculation, and the real-time performance of AGV planning is poor.

The reconfiguration rule of the reconfigurable modular vehicle group refers to the
vehicle group moving to the corresponding position in the target configuration from a
random dispersion state, and connecting as a whole in the original and final state. The
reconfiguration strategy is very important for the reconfigurable modular vehicle group
to complete various tasks. On the other hand, the path planning of the reconfigurable
modular vehicle group focuses more on the reorganization process of multiple vehicles.
Under the constraint of not colliding with obstacles and other vehicles, a unique path is
determined for each vehicle in the group to accomplish the overall reconfiguration task.

The previous literature on the path planning of multiple vehicles mainly focuses
on either search graph algorithms, such as the A* algorithm, or intelligent optimization
algorithms, such as the ant colony algorithm and the particle swarm optimization algorithm.
This paper designs and develops a group of multi-sensor reconfigurable vehicles from a
systematic level, and bilateral UWB ranging and triangulation are utilized to construct
a vehicle positioning system suitable for an indoor warehouse environment, due to its
high positioning accuracy and strong anti-interference ability. According to the improved
artificial potential field method, by taking any selectable position within the positioning
range as the end point, the motion path of each vehicle is planned. Through simulations
and experiments, the effectiveness of the proposed reconfiguration control strategy is
demonstrated and verified.

The main contributions of this paper are summarized as follows: (i) A set of modular
vehicle groups with electromagnets and ultrasonic obstacle avoidance abilities is designed
and implemented; (ii) A Mecanum wheel is utilized in each vehicle, which guarantees high
mobility; (iii) Based on the artificial potential field method for local path planning, the
system has higher robustness, adaptability and functional versatility.

2. Reconfigurable Modular Vehicle

In order to improve control accuracy, the reconfigurable modular vehicle is required
to be capable of free movement, connection and separation, the detection and avoidance
of obstacles, communication and positioning and other functions through reasonable and
efficient structural design. Each vehicle is equipped with four-motor-drive Mecanum
wheels. The electric-driven magnetic structure can connect and separate modular vehicles.
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The ultrasonic module can detect obstacles in the environment. WiFi and UWB modules
help to transmit a variety of vehicle information.

The structure and layout of the Mecanum wheel on the vehicle is shown in Figure 1.
Using the forward kinematics and inverse kinematics equations of the Mecanum wheel,
the motor speed is transformed into a motion vector; therefore, the modular vehicle can
move omnidirectionally in the plane.

(a) (b) (c)

Figure 1. Mecanum wheel and layout of wheels: (a) Direction of rollers; (b) Forward movement;
(c) Rotational movement.

In order to reduce the influence of unpredictable random interference on the vehicle
during the reconfiguration process, and to improve the robustness of the control strategy,
the electric-driven magnetic structure is installed on both the x-axis surface and the y-axis
surface of the modular vehicle, as shown in Figure 2a. The orders of the four magnetic
structures on each vehicle are shown in Figure 2b. When the position of each vehicle meets
the target configuration, the electromagnets in the corresponding direction are energized to
enhance the connection stability of the configuration. When the vehicle group is determined
to separate, the control system on the module vehicle disables the electromagnet in the
corresponding direction.
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Figure 2. Electric-driven magnetic structure.

During the process of reconfiguration, there may be obstacles in the motion path of
each vehicle. Therefore, the modular vehicle is required to have the ability to identify
and avoid obstacles. In this paper, ultrasonic obstacle detection modules are installed on
the four plane directions of each modular vehicle, as shown in Figure 3. (Lidar is also an
effective method to detect obstacles, which is not utilized here mainly because of its size
and energy consumption). During the reconfiguration process, the ultrasonic probe is used
to detect whether there are obstacles in the space, and at the same time, it is also used to
judge its distance to other vehicles.
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Ultrasonic obstacle
detectionmodules

Figure 3. Ultrasonic obstacle detection modules.

The ESP8266 module is used to complete the data transmission between the vehicle
and the master computer. The ESP8266 has a set of network protocols (ESP-MESH) built on
the basis of the WiFi protocol. It can form a self-organized network and is not limited by
the distance between the central node and the device. In the reconfiguration system, using
the ESP8266-MESH network protocol can enable the host computer to send commands to
different modular vehicles in a multi-threaded manner, as shown in Figure 4.

¥ Devices £ _5 7@ < TR
+ Network distance Q) \__/Qz 4;:) s

Figure 4. ESP-MESH of modular vehicles.

3. UWB Positioning System

Acquiring the position of each vehicle is a prerequisite for reconfiguration. At present,
the main indoor positioning methods mainly include computer vision [14], A-GPS (assisted
GPS) [15], WiFi [16], Zigbee [17], UWB [18], etc.

The modular vehicle positioning system based on UWB is shown in Figure 5. The
system consists of positioning base stations and positioning tags on the vehicles. There
are many obstacles in the room, such as load-bearing columns and furniture. Since the
optical path is seriously blocked, it is inconvenient to use infrared positioning or visual
positioning. Since the UWB system has good signal penetration, and since its base station
can be placed at a high position, it cannot be affected by most obstacles, and it can achieve
precise positioning and effective control of the self-reconfigurable modular vehicle.

In the UWB ranging system, the UWB signal is transmitted between the base station
and the point to be located, and then the distance between the base station and the point is
obtained. The two-way bilateral ranging method is used between the vehicle and the base
station, as shown in Figure 6. According to Equation (1), the propagation time of the UWB
signal can be calculated:

e — Tround1 * Tround2 — Treplyl * TreplyZ )
/ Tround1 + Troundz + Treplyl + TreplyZ
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where ; is the propagation time of the UWB signal, T;y,n41 is the time difference between
the signal emitting time and the response receiving time in the vehicle, T},,,,4> is the time
difference between the signal emitting time and the response receiving time in the station,
Trepiy1 is the response time in the station and T,y is the response time in the vehicle.
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Figure 5. UWB positioning system.
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Figure 6. Bidirectional bilateral ranging.

Assuming that the clock drifts between the base station and that the modular vehicle
are e; and e, respectively, the error is:

Trepi (epeq +eq) * Trepiy2 (epeq +ep)
Treplyl(l + ea) + Treplyz(l + eb)

@

error:ff—tf:tf*

where f 7 is the absolute propagation time of the single UWB signal.

When the modular vehicle communicates with three base stations with the two-way
bilateral method at the same time, the distance between the vehicle and the three base
stations can be obtained, as shown in Figure 7. Among them, Py(x¢,y0), P1(x1,y1) and
Py(x3,y2) are the coordinates of the three base stations in the UWB positioning system.
5(x,y) is the label position of the modular vehicle. Ry, R; and R; are the absolute distances
between the modular vehicle and the base station. The coordinates of the modular vehicle
in the base station are obtained.

—1
[X} _ {2(950 —x2)2(yo — yZ)} % {x% —x5+yg— Y5 +R5— R ©)
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Figure 7. Trilateral measurement algorithm.

The UWB positioning system needs to ensure that all base stations are located in
the same plane to reduce the distance error in the vertical direction when the vehicle
communicates with the three base stations. The range of motion of the modular vehicle
should be within the area surrounded by the three positioning base stations as close as
possible; therefore, accurate positioning results can be obtained. If the vehicle is located at
the edge of the positioning base station or within the range surrounded by the deviation
base station, the positioning error may be large. When the modular vehicle exceeds the
farthest ranging distance of the positioning base station, the UWB positioning system fails.

The UWB positioning system is mainly composed of a DW1000 chip and an STM32F103C8T6
chip. The UWB positioning label is placed in the middle of the vehicle, as shown in Figure 8a. The
positioning system on the modular car realizes two-way bilateral data transmission with three
positioning base stations. The distance between the modular car and the three positioning base
stations is obtained by calculating the transmission time of the electromagnetic wave signal. Each
positioning base station consists of a UWB signal antenna, UWB positioning module, support
frame and 5 V power supply (Figure 8b). Since, in the whole positioning algorithm, each UWB
positioning module transmits UWB electromagnetic wave signals through the UWB antenna,
except base station 0 that needs to be connected to the upper computer, other base stations only
need to send data back to base station 0 through radio signals.
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STM32F103C8T6

Power supply
and serial port

(a)

~_ UWB antenna

UWB
positioning
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5V power
suppl

1.3 m triangular support

(b)
Figure 8. (a) Positioning module on modular car; (b) Positioning module on base station.

4. Reconfiguration Path Planning Based on an Improved Artificial Potential
Field Method

According to the input information of the vehicle, the path planning of the smart
vehicle can be mainly divided into two categories: the global path planning that knows
all the path and obstacle information, and the local path planning that only specifies the
end point without inputting the obstacle information in advance. When working in a
designated environment, it is necessary to store all obstacle sizes, map boundaries and their
coordinate address information in advance. Then, the smart vehicle plans a specific route
based on its own position and maps information with the goal of not colliding.

In local path planning, the vehicle does not know the location of obstacles in the
path beforehand, but it relies on the sensors installed on the vehicle to detect the obstacles
in the path in real time in the motion and according to the global path and obstacle
information [19].

Global path planning has high requirements for data storage, data operation and the
map modeling capabilities of a single vehicle, and information delay is likely to be caused
when multiple modular vehicles are reconfigured. Considering that other modular vehicles
also become dynamic obstacles during the reconfiguration process, it is more appropriate
to use local path planning than global path planning.

The artificial potential field method transforms the entire space into an artificial force
field, sets the end point of the modular vehicle as the gravitational point and sets the
obstacles on the reconfiguration path of the modular vehicle as the repulsive force point.
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Through the action of the potential field or the resultant force, the modular vehicle based on
the artificial potential field method can move between its own position as the starting point
and any position in space as the end point. Compared with the original artificial potential
field, this improved method avoids the problem of falling into local optimal solutions.

The artificial potential field method is a virtual method proposed by Khatib to avoid
the collision of the manipulator [20]. However, the traditional artificial potential field
method has huge limitations when used for the reconfiguration of the modular vehicles.
Therefore, the improved repulsion field function Urep(x) is designed as:

2

1 11 2

urep(m{ (4 odé’z)j; 4 < do @)
y 0

The gravitational field function Ua(x) is designed as:
1 2
uatt(X) = ik . da (5)

Among them, X = (x,y) is the position of the modular vehicle; m is the repulsion
gain coefficient; d is the distance between the modular vehicle and the obstacle; dj is the
influence distance of the obstacle; d, is the distance between the modular vehicle and the
target reconfiguration point; and k is the gravitational gain coefficient.

According to the negative gradient, the repulsive force and the attractive force can be
obtained, as shown in Figure 9.

Frop(X) = { Fa( balXd < do ©)
Fa(X) = m (; _ dlo) L )

2
Fa(X) = —’”Ci - dl()) dq ®)
Fatt(X) =—k- du (9)

Modular car

® : Endpoint
. B . Obstacle

Collisionrange

Figure 9. Force analysis of improved artificial potential field method.
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Considering the numbering of the magnetic device mentioned above, the four common
configurations of modular vehicles and the connection relationship between the modular
vehicles are shown in Figure 10, in which the number in the circle refers to the number of
the vehicle, whereas the number outside the circle represents the connection face number.

The nomination rule is explained in Figure 10e.

2

(e) Face nominations

(c) Square shape (d) Triangle shape
Figure 10. Connection relationship of four configurations.

In order to describe the connection relationship between different configurations, a
connection matrix C is defined, with a total of N rows and four columns, where each row
represents a labeled modular vehicle, and each column represents the magnetic structure

state corresponding to each modular vehicle:

Cii Cip Ciz Cug

c— |C G2 G Cu (10)

Cnn Cn2 Cpz Cua
When the modular vehicle group is to be reconfigured, all magnetic structures are
disabled, and then the UWB positioning system is used to obtain the position of the modular
vehicle and the position of the target configuration. Local path planning based on the
improved artificial potential field method is utilized to reach the target location. Finally,
the connection matrix is sent to each modular car, thereby enhancing the stability of the
configuration. The specific implementation process is shown in Figure 11.

(a) Initial configuration (b) Disable magnetic devices

@:

ONONONC

(c) Route planning

(d) Reconfiguration

Figure 11. Modular vehicle configuration reorganization process.
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When the modular vehicle group encounters huge terrain obstacles (such as trenches),
it can only be crossed by communicating with other modular vehicles and changing the
configuration between the modular vehicles, as shown in Figure 12. In the first step, the
pilot’s modular vehicle detects the obstacles. Through the UWB positioning system, the
host computer obtains the spatial coordinates of the modular vehicle. In the second step,
the master computer sends the target coordinates of other modular vehicles according to the
target configuration, and the modular vehicle performs path planning and reconfiguration
according to the improved artificial potential field method. In the third step, each modular
vehicle receives coordinated instructions to enable the group to cross obstacles.

B \Ste}) one
i 2 s End point
gy v Obstacle ®
Steptwo Step three
o u’ 2 SP

Figure 12. Modular vehicle group crossing obstacles.

The whole algorithm process and its implementation are shown in Figure 13.
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( Randomstate | ( Configured state
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Disable magnetic devices
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L 2
Get the position of No. 1 car and
its position in the new
configuration through UWB
system mentioned in Section 3

Host PC gets the position
information through
ESP8266 WiFi mesh
mentioned in Section 2

v

Host PC calculates the paths
using re-configuration path
planning mentioned in Section 4

.

No. 1 car gets its purposed paths
and translates them into the linear|
speeds and angular speeds

After No. 1 car reaches its
position, host PC calculates the
paths for No. 2 car and sends it

to No.2 car

After all cars reach their
positions, the magnetic devices
are enabled according to the
connection matnix

Re-configuration
completed

Figure 13. Algorithm and implementation.

5. Simulation and Experiment
5.1. UWB Positioning and WiFi Communication Experiment

To implement the UWB positioning system, the coordinates of the three positioning
base stations need to be acquired, and then two-way bilateral communication is used to
calculate the distance between the vehicle positioning tag and each positioning base station.
After obtaining the straight-line distances between two base stations and between the base
station and the positioning tag, a trilateration algorithm is used to calculate the coordinates
of the modular vehicle. The UWB positioning algorithm flow is shown in Figure 14, in
which MA data represent the distance between the different base stations, which is used for
the positioning between the base stations and the establishment of the coordinate system.
The MR data represent the original distance data between the tag and the base station, and
the MC data represent the optimized and corrected distance between the tag and the base
station, which is used for tag positioning.
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A group of data including a series of MA

data packets, 4 series of MR data packets |

and 4 series of MC data packets is received |
from base station No. 0

&

Read the MA packetand mark the
base station's position PO, P1, P2 in
the coordinate system

l

Delete the MR packets and
record the MC packetsas
tags 70,71, 72,73 inthe
order of reception

l

Use Trilateral measurement algorithm to calculate the
coordinates of each modular car through the coordinates
ofthe three base stations and the MC data package

v

Send data to ESP8266
modules of all modular carts
via WiFi

No

hether reconfiguration
is complete

Figure 14. Flow chart of UWB location algorithm.

In order to verify the accuracy of UWB positioning on the modular vehicle group, three
positioning base stations are used indoors to form a 3 x 3 m? square area. The coordinates
of the three base stations are Ay(0, 0), A;(—1.5, 3) and A»(1.5, 3), as shown in Figure 15a.
The selection of the positioning points of the modular vehicle is shown in Figure 15b, and
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the selection of the positioning points divides the entire plane into 30 positioning points.
The interval between each positioning points is 0.6 m, as shown by blue dots in Figure 15b.

1[4] 4% o vo o

[

o o

No.l. ° ® ° ° .No.6

(a) Layout of positioning test (b) selection of points
Figure 15. Positioning test layout.

The average value of ten positioning data is taken as the measurement value at each
point, and the measurement result is shown in Figure 16a. The errors of the horizontal and
vertical coordinates (x and y) of the actual sampling point in Figure 16a and the coordinates
of the measured positioning point are calculated, respectively, as shown in Figure 16b,
where it can be seen that the accuracy of the UWB-based modular vehicle positioning
system can be up to £0.1 m.

B Presetpoint @ Actual point —— Xerror = — - Yerror
wl o } - j . ] . : : : : . :
. 0.10
25+ 1
’ * 0.05 |
20 F b
E | - . . . E ool
é 5k - o = [= 000
1O - . 1 o005t
05 1
. . . ) . . —0.10[
00 1 1 1 L 1 T . . y y v y y
0 5 10 15 20 25 30
-1.5 -1.0 —0.5 0.0 0.5 1.0 15
x(m) No. of points
(a) Positioning test points (b) Positioning error

Figure 16. Positioning test results analysis.

Stable, low-latency communication ensures the performance of the modular vehicle.
Each modular vehicle is given a unique fixed IP address. The WiFi configuration of the
modular vehicle is numbered as 1, its IP address is set to 172.20.10.1 and the IP address of
the host computer is set to 172.20.10.5. The ESP8266 WiFi Mesh is shown in Algorithm 1.

Each modular vehicle is connected to the local network to send and receive data. The
master computer sends the speed and angular velocity required by each modular vehicle to
the ESP8266 module, as shown in Figure 17. The ESP8266 module on the modular vehicle
then sends the speed information to the main control chip.
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Algorithm 1 ESP8266 WiFi Mesh

Includes: ESP8266WiFi.h ESP8266WiFiMesh.h assert.h
Statements: *ssid *password IP subnet et.al

function SetupWiFi.persistent()

Serial.begin()

Serial.printIn()

meshNode.activateAP()

function Mainloop

PC to car No.1 Linear speed (m/s) Angular speed (rad/s)
0.8 0.1 G2:Success 0.0 [|0.0 | C3:Success 0.0 0.0 C4:Success 0.0 0.0
0.0 0.0 C2:Success [0.79/10.1 | C3:Success 0.0 0.0 C4:Success 0.0 0.0
0.0 0.0 G2:Success 0.0 ||0.0 | C3:Success 0.79 0.1 C4:Success 0.0 0.0
0.0 0.0 G2:Success (0.0 [[0.0 | C3:Success 0.0 0.0 GC4:Success 0.8 0.09
0.8 0.11 C2:Success |0.0 ||0.0 | C3:Success 0.0 0.0 C4:Success 0.0 0.0
0.0 0.0 G2:Success |0.790.11 C3:Success 0.0 0.0 C4:Success 0.0 0.0
0.0 0.0 G2:Success (0.0 [|0.0 | C3:Success 0.82 0.09 C4:Success 0.0 0.0
0.0 0.0 C2:Success 0.0 []|0.0 | C3:Success 0.0 0.0 C4:Success 0.8 0.11
0.78 0.1 G2:Success |0.0 [|0.0 | C3:Success 0.0 0.0 C4:Success 0.0 0.0
0.82 0.11 G2:Success 0.0 [|0.0 | C3:Success 0.0 0.0 C4:Success 0.0 0.0
0.8 0.10 G2:Success |0.0 [|0.0 | C3:Success 0.0 0.0 C4:Success 0.0 0.0
0.76 0.12 C2:Success 0.0 [|0.0 | C3:Success 0.0 0.0 C4:Success 0.0 0.0
0.78 0.11 G2:Success [0.0 [|0.0 | C3:Success 0.0 0.0 C4:Success 0.0 0.0
0.79 0.11 G2:Success |0.0 [|0.0 | C3:Success 0.0 0.0 C4:Success 0.0 0.0
0.81 0.12 C2:Success 0.0 ||0.0 | C3:Success 0.0 0.0 C4:Success 0.0 0.0
0.82 0.13 G2:Success 0.0 [|0.0 | C3:Success 0.0 0.0 C4:Success 0.0 0.0
0.76 0.12 G2:Success 0.0 ||0.0 | C3:Success 0.0 0.0 C4:Success 0.0 0.0

Figure 17. Motion information of the modular vehicles.

5.2. Simulation of Modular Vehicle Reconfiguration

Based on the path planning algorithm mentioned above, the reconfiguration of the
modular vehicle is simulated. Assuming that there is a group consisting of four modular
vehicles, in which modular vehicles B, C and D have reached their positions, their initial
positions are B (10, 9.5), C (10, 8.5) and D (10, 7.5). The gravitational gain coefficient is set to
be 28, the repulsive force gain coefficient is set to be 25, the influence range of the repulsive
potential field regarded as an obstacle is 5, the simulation step size is 0.1 s, the maximum
acceleration is 1 m/s?, the maximum speed is 1 m/s and the modular vehicle A starts from
the start point (1, 1) towards the target point (10, 10). The local path planning performed
utilizing the artificial potential field method is shown in Figure 18a. The repulsive potential
formed by modular vehicles B, C and D field is shown in Figure 18b.

1" v v v T v v v , . . , Total Potential

1400 |
1200 |
1000 |
6t 800
600 {
400 {

200 |

1500 \
} 1500

~_ 1000

~ 500

2t 1000 N\

(a) Route of car A (b) Total potential field
Figure 18. Single modular vehicle path under improved artificial potential field method.

Under the same simulation parameters, the “—” shape configuration simulation route
for a single modular vehicle is shown in Figure 19a, and the triangular configuration
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simulation route for a single modular vehicle is shown in Figure 19b. When the modular
vehicle is in a complex multi-obstacle environment, its path route is as that which is shown
in Figure 19c.

. AHN

"%u,mmum,%

(a) Route of "—"shape (b) Route of triangle shape (c) Route in multi-obstacle

s

Figure 19. Modular vehicle path in reconfiguration.

During the reconfiguration process of the modular vehicle group, only one modular
vehicle performs the path planning at each moment. The latter modular vehicle regards the
previous one that has completed the path planning as an obstacle that needs to be avoided
and performs path planning according to the improved artificial potential field method
to reach the designated target point until all modular vehicles are reconfigured, and the
host computer broadcasts the connection matrix to the modular vehicle. The modular
vehicle enables the magnetic device according to the connection matrix, and a complete
reconfiguration process ends. Supposing that the state of the modular vehicle group is as
that which is shown in Figure 20, in order to realize the reconfiguration of the “ | “ shape,
when the No. 2 modular vehicle approaches the No. 1 modular vehicle, the rest of the
vehicles are regarded as obstacles, and the path is as that which is shown in Figure 20.
When the No. 3 modular vehicle approaches the No. 2 modular vehicle, the rest of the
vehicles are regarded as obstacles. When the No. 4 modular vehicle approaches, the rest of
the vehicles are regarded as obstacles. The initial positions and reconfiguration paths of the
four modular vehicles in the above reconfiguration process are placed in the same diagram,
as shown in Figure 20.

3 Q End state

|: Initial state

Figure 20. Reconfiguration path in one picture.
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5.3. Experiment of Modular Vehicle Reconfiguration
5.3.1. “—” Shape Reconfiguration

Figure 21 shows the visualization result of the “—” shape reconfiguration of the
modular vehicle group and Figure 22 shows the “—" shape reconfiguration procedure.
During the process, the position of the No. 1 modular vehicle remains unchanged, and the
host computer performs path planning for the No. 2 modular vehicle and sends the speed
and angular velocity data to the No. 2 modular vehicle. At the beginning, the moving
speed of the modular vehicle is fast, and when approaching the end point, the moving
speed slows down. After the No. 2 modular vehicle moves to the corresponding position,
the host computer sends control commands to the No. 3 modular vehicle and the No.
4 modular vehicle in the same way. Finally, a magnetic device is used to bring the four
modular vehicles into a stable configuration. The detailed information can be found in
supplementary materials video S1.

3000 3000
2500 A 2500
T3
2000 2000 :
£ 1500 A1 | £ 1500 ®1
™ 1000 A A2 1000 $ e
3 ’ 3
500 ) 500 4
0 0
-1500 1000 -500 0 500 1000 1500 ~1500 1000 =500 0 500 1000 1500
X(mm) X(mm)
(a) Start position (b) Reconfiguration path

Figure 21. Visualization of the “—” shape reconfiguration process.

(a) Start position (b) Re-configuration result

Figure 22. “—” shape reconfiguration procedure.

In the “—"-shaped reconfiguration with obstacles, the specific process is as follows
(Figure 23). Car No. 1 is set as the reference point and remains stationary. Car No. 2 is too
close to the obstacle and is affected by the repulsive force. It moves away from the obstacle
object until it is out of the influence distance of the obstacle, and then it goes straight to the
target coordinates. Vehicle No. 3 is interfered by an obstacle on the forward path, and it
moves approximately along the obstacle-affected distance. The distance between the wall
and the obstacle is greater than two times the influence distance of the obstacle, so the No.
4 vehicle passes between the wall and the obstacle to reach the designated position.
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(a) Initial state (b) No.2 car leaves the obstacle

(c) No.3 car moves around the obstacle (d) No.4 car moves between the

obstacle and wall

(e) Reconfiguration completes

Figure 23. “—” shape reconfiguration procedure with obstacles.

5.3.2. “1” Shape Reconfiguration

Figure 24 shows the visualization results of the modular vehicle group “|” shape
reconfiguration and Figure 25 shows the “|” shape reconfiguration procedure. The modular
vehicle group is in the initial random state, and through the UWB positioning system, each
modular vehicle completes the reconfiguration of the “ | ” shape after the path planning
movement of the target point. The detailed information can be found in supplementary
materials video S2.
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Figure 24. Visualization of the “|” shape reconfiguration process.

-

(a) Start position (b) Reconfiguration result

Figure 25. “|” shape reconfiguration procedure.

5.3.3. Transformation between the Two Configurations

To test the adaptability of the modular vehicle to different tasks and usage environ-
ments, a reconfiguration experiment of the modular vehicle from one configuration to

another is designed. The initial state of the modular vehicle group is in the “—” shape, as
shown in Figure 26.

Figure 26. Initial configuration state of modular vehicles.

The reconfiguration process is shown in Figure 27. At the beginning, the magnetic
structures on all modular vehicles are disabled. The No. 1 modular vehicle separates from
the original configuration and moves toward the target point, when the other modular
vehicles are regarded as obstacles. After the No. 1 modular vehicle reaches its target point,
the No. 4 modular vehicle starts to depart from the original configuration and moves
towards its target point. After all the modular vehicles reach their target point, each vehicle

enables the magnetic structure according to the connection matrix to ensure the stability of
the configuration.
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(a) Separation of the No.1 car b) No.1 car reaches the target

{ [

(d) No.4 car reaches the target

(¢) Separation of the No.4 car

Figure 27. Configuration change process of modular vehicles.

5.4. Results and Discussion

The error analysis is carried out on the reconfiguration process of the “—” shape of
the modular vehicles. After the modular vehicle stops moving, the error between the actual
distance and the expected distance is used to evaluate the reconfiguration accuracy. After
several reconfiguration movements, the distance is manually measured and averaged. The
results are shown in Table 1.

Table 1. Actual distance of modular vehicles with “—" shape.

The Relationship 1-2 2-3 3-4
X-axis distance/mm 121.3 118.2 119.8
Y-axis distance/mm 6.3 7.2 5.5

After 20 reconstructions, the distances between the vehicles are measured and aver-
aged before the magnets are enabled, as shown in Table 2.

Table 2. Actual distance of modular vehicles with “|” shape.
The Relationship 1-2 2-3 34
X-axis distance/mm 6.8 5.4 7.3
Y-axis distance/mm 149.8 148.6 151.2

The distance between the X axis and the Y axis represents the offset distance between
the two centers of the adjacent vehicles. The length of the vehicle on the X axis and the Y
axis is 110 mm x 140 mm.

Table 3 gives the experimental results of the reconfiguration of the proposed strategy
with four modular vehicles.

Table 3. Reconfiguration speed.

“—" Shape “1” Shape “1” Shape
Reconfiguration times 20 20 30
Success rate 95% (19/20) 100% (20/20) 93% (28/30)

Average time 1 min. 30 s. 1 min. 18 s. 1 min. 41 s.
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In Table 3, reconfiguration success is defined as: when each sub-module vehicle
correctly enables the magnetic device according to the connection matrix, the vehicle itself
does not have a large deviation. The average time is calculated as the average time for all
successful reconfiguration experiments. All experiments start from the disorderly dispersed
state of the sub-module vehicle and end with the completion of the overall configuration.

The “1” shape configuration is relatively easy. The success rate is high, and the average
time is short. The “—” shape configuration takes a longer time because of the lateral
translation of the Mecanum wheel. The “_L” shape configuration is more complicated, and
the fusion of the “|” shape configuration and the “—” shape configuration needs to be
considered in the reconfiguration process.

The modular vehicle group in the simulation and experiment are composed of four
vehicles. However, the proposed reconfiguration strategy is static in its steps and dynamic
as a whole, i.e., the path planning of the reconfiguration process is composed of the
individual reconfiguration path planning of each vehicle. The next vehicle starts only
when the previous vehicle completes the reconfiguration. When the number of vehicles
increases, the group reconstruction time increases, but the reconfiguration complexity
does not increase significantly. This enables the proposed strategy to scale well to groups
consisting of more vehicles.

Due to the limitations of application scenarios, logistics vehicles usually run on the
plane. Therefore, this paper only considers the planer solution with three base stations.
However, the 3D solution with more base stations is certainly a promising perspective,
which deserves further research work.

6. Conclusions

This paper proposes a reconfigurable control strategy for reconfigurable modular
vehicles. Using the multi-sensor self-positioning Mecanum vehicle designed in this paper,
through the UWB bilateral two-way ranging and triangulation algorithm, taking the se-
lected position as the end point and using the improved artificial potential field method,
different reconfiguration paths are carried out for each modular vehicle in the group. Finally,
the reconfiguration experiment of the modular vehicle is carried out, and the reconfigu-
ration process from the “—” shape to the “|” shape is realized. The experimental results
show that the hardware setting and control algorithm of the self-reconfigurable modular
vehicle proposed in this paper are feasible, robust and scalable, and the reconfiguration
process has high execution precision. Modular vehicles can form different configurations
according to different applications, which greatly improves the adaptability of intelligent
vehicle systems.
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390/ electronics11162539/s1, Video S1: “—" shape reconfiguration, Video S2: “|” shape reconfiguration.

Author Contributions: Conceptualization, ].Z. and S.H.; methodology, ].H. and ].W.; hardware, ].H.
and J.G,; validation, A.Y,, ].G. and J.H.; writing—original draft preparation, ].W. and J.H.; writing—
review and editing, J.Z. and S.H. All authors have read and agreed to the published version of
the manuscript.

Funding: This research work is supported by the Fundamental Research Funds for the Zhejiang
Provincial Universities under Grant 2021XZZX014.

Data Availability Statement: The data supporting the reported results are all included in this paper.

Conflicts of Interest: The authors declare no conflict of interest.

1.  Wang, Q.; Wang, C. Exploration of port intelligent AGV path tracking based on vision. J. Intell. Fuzzy Syst. 2019, 38, 1281-1285.

[CrossRef]

2. Alhanov, D.S,; Rubtsov, V.I. Development of the Laboratory Work: “Modeling of a Mobile Robot on Mecanum Wheels Kinematics”.
ITM Web Conf. 2020, 35, 13. [CrossRef]


https://www.mdpi.com/article/10.3390/electronics11162539/s1
https://www.mdpi.com/article/10.3390/electronics11162539/s1
http://doi.org/10.3233/JIFS-179491
http://doi.org/10.1051/itmconf/20203504001

Electronics 2022, 11, 2539 21 of 21

o

10.

11.

12.

13.

14.

15.

16.

17.

18.

19.

20.

Xu, R. Path planning of mobile robot based on multisensor information fusion. EURASIP |. Wirel. Commun. Netw. 2019, 2019, 44.
[CrossRef]

Zheng, W.; Shi, ].; Wang, A.; Fu, P; Jiang, H. A Routing-Based Repair Method for Digital Microfluidic Biochips Based on an
Improved Dijkstra and Improved Particle Swarm Optimization Algorithm. Micromachines 2020, 11, 1052. [CrossRef] [PubMed]
Lei, Z.; Li, Y. Mobile Robot Path Planning Algorithm Based on Improved a Star. J. Phys. Conf. Ser. 2021, 1848, 012013.

Dinitz, Y.; Itzhak, R. Hybrid Bellman—Ford—-Dijkstra algorithm. J. Discret. Algorithms 2017, 42, 35—-44. [CrossRef]

Orozco-Rosas, U.; Picos, K.; Montiel, O. Acceleration of path planning computation based on evolutionary artificial potential field
for non-static environments. In Intuitionistic and Type-2 Fuzzy Logic Enhancements in Neural and Optimization Algorithms: Theory and
Applications; Studies in Computational Intelligence; Castillo, O., Melin, P., Kacprzyk, J., Eds.; Springer: Cham, Switzerland, 2020;
Volume 862. [CrossRef]

Szczepanski, R.; Bereit, A.; Tarczewski, T. Efficient Local Path Planning Algorithm Using Artificial Potential Field Supported by
Augmented Reality. Energies 2021, 14, 6642. [CrossRef]

Sang, H.; You, Y; Sun, X.; Zhou, Y.; Liu, F. The hybrid path planning algorithm based on improved A* and artificial potential field
for unmanned surface vehicle formations. Ocean. Eng. 2021, 223, 108709. [CrossRef]

Du, Y.; Zhang, X.; Nie, Z. A Real-Time Collision Avoidance Strategy in Dynamic Airspace Based on Dynamic Artificial Potential
Field Algorithm. IEEE Access 2019, 7, 169469-169479. [CrossRef]

Nishi, T.; Morinaka, S.; Konishi, M. A distributed routing method for AGVs under motion delay disturbance. Robot. Comput.
Integr. Manuf. 2007, 23, 517-532. [CrossRef]

Van, D.; Overmars, M.H. Prioritized motion planning for multiple robots. In Proceedings of the IEEE/RS] International Conference
on Intelligent Robots & Systems, Edmonton, AB, Canada, 2-6 August 2005.

Konar, A.; Chakraborty, .G.; Singh, S.J.; Jain, L.C.; Nagar, A.K. A Deterministic Improved Q-Learning for Path Planning of a
Mobile Robot. Syst. Man Cybern. Syst. 2013, 43, 1141-1153. [CrossRef]

Microsoft Research Easyliving. Available online: http:/ /www.research.microsoft.com/easyliving/ (accessed on 8 June 2022).
Van Diggelen, F. A-gps: Assisted GPS, GNSS, and SBAS; Artech House: Norwood, MA, USA, 2009.

Gown, Y.; Jain, R. Error characteristics and calibration-free techniques for wireless LAN-based location estimation. In Proceedings
of the 2nd International Workshop on Mobility Management & Wireless Access Protocols, Philadelphia, PA, USA, 1 October 2004;
pp- 2-9.

Jin, M.H.; Yu, C.H,; Lai, H.R,; Feng, M.W. Zigbee positioning system for smart home application. In Frontiers of High Performance
Computing and Networking ISPA 2007 Workshops; Springer: Berlin/Heidelberg, Germany, 2007; pp. 183-192.

De Angeli, A.; Handel, P.; Rantakokko, J. Measurement Report. Laser Total Station Campaign in KTH R1 for Ubisense System Accuracy
Evaluation; KTH Royal Institute of Technology: Stockholm, Sweden, 2012.

Szczepanski, R.; Tarczewski, T. Global path planning for mobile robot based on Artificial Bee Colony and Dijkstra’s algorithms.
In Proceedings of the 2020 IEEE 19th International Power Electronics and Motion Control Conference, Gliwice, Poland, 25-29
April 2021.

Khatib, O. Real-time obstacle avoidance for manipulators and mobile robots. In Automatic Robot Vehicles; Springer: New York, NY,
USA, 1990; pp. 396-404.


http://doi.org/10.1186/s13638-019-1352-1
http://doi.org/10.3390/mi11121052
http://www.ncbi.nlm.nih.gov/pubmed/33260565
http://doi.org/10.1016/j.jda.2017.01.001
http://doi.org/10.1007/978-3-030-35445-9_22
http://doi.org/10.3390/en14206642
http://doi.org/10.1016/j.oceaneng.2021.108709
http://doi.org/10.1109/ACCESS.2019.2953946
http://doi.org/10.1016/j.rcim.2006.10.007
http://doi.org/10.1109/TSMCA.2012.2227719
http://www.research.microsoft.com/easyliving/

	Introduction 
	Reconfigurable Modular Vehicle 
	UWB Positioning System 
	Reconfiguration Path Planning Based on an Improved Artificial Potential Field Method 
	Simulation and Experiment 
	UWB Positioning and WiFi Communication Experiment 
	Simulation of Modular Vehicle Reconfiguration 
	Experiment of Modular Vehicle Reconfiguration 
	“—” Shape Reconfiguration 
	“|” Shape Reconfiguration 
	Transformation between the Two Configurations 

	Results and Discussion 

	Conclusions 
	References

