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Abstract: Political risk, one of the most significant uncertainty shocks, affects firms’ future attitudes
toward risks and plays a crucial role in their decision making. A stock price crash risk is a classical
topic in financial markets; therefore, this paper probes the relationship between firm-level political
risk and stock price crash risk based on a sample of Chinese listed firms from 2011 to 2020. This paper
collects the MD&A textual material of Chinese listed firms and calculates the firm-level political risk
of Chinese listed firms. Our results show that a firm’s stock price crash risk is positively associated
with its firm-level political risk exposure. Our findings hold after conducting various robustness
tests, including instrument variable regression and altering the measurement of stock price crash
risk. Further discussion reveals that political involvement mitigates the positive effect of firm-level
political risk on the risk of a stock price jump.

Keywords: political uncertainty; political engagement; financial market; stock price crash; risk

measurement

JEL Classification: G12; G14; G34

1. Introduction

Political risk, including political and economic uncertainty, has a significant negative
impact on global economic activities. Alesina et al. (1997) examined how electoral laws,
the timing of elections, the ideological orientation of governments, and the nature of
competition between political parties influence unemployment, economic growth, inflation,
and monetary as well as fiscal policy. Later, the real options theory summarized the
relationship between uncertainty and economic activities as a “wait-and-see” effect: if an
enterprise suddenly finds itself in a more uncertain environment, it will stop investing
and recruiting, and the economy will fall into a recession (Bernanke 1983). Specifically,
when the cancellation cost of investment projects is high, or employees’ employment and
dismissal costs are high, the high uncertainty will cause enterprises to delay investment and
recruitment. It will also reduce the investment efficiency of enterprises. At the same time,
the increase in uncertainty will lead to a rise in bond premiums, and the financing costs
of enterprises will face upward pressure. To avoid defaulting, enterprises have to reduce
investment (Pastor and Veronesi 2012). With an increase in uncertainty, households have
gradually reduced their consumption expenditure, making it more difficult for government
decision makers to regulate the economy, thus causing a macroeconomic recession.

Political risk increases the volatility of stock prices in various countries. In a weak
economic situation, political risk brings a more significant risk premium and makes the
stock market more relevant. In the bond market, the spread between sovereign and
corporate bonds positively correlates with political risk (Bekaert et al. 2016). There is also
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empirical evidence that the price, variance, and tail risks of the option market tend to
increase when the economy is weak and uncertainty is high (Kelly et al. 2016). As a new
category of uncertainty, political risk literature pays more attention to political conflicts
between countries. The existing literature mainly studied the impact of certain types of
political events. A typical example is cross-border military conflict. Rigobon and Sack
(2005) found that when there is war risk, investors shift from risky assets to assets with
higher security or liquidity. War risk led to the decline of stock prices and exacerbated the
stock market’s volatility. Caldara and lacoviello (2022) innovatively used keywords related
to political risk to search for news reports. They constructed a political risk index based
on the number of news reports, effectively measuring political risk and its changes in the
United States since 1985. Balcilar et al. (2016) have studied the impact of political risks on
the stock markets of the BRIC countries and South Africa and found that Russia has the
most extensive exposure to political risk; its stock market has been significantly affected.

Recently, Gala et al. (2023) used novel measures of politics—policy uncertainty and
found that a global political risk factor is not spanned and commands a risk premium
of 11% per annum across countries; however, the identified P-factor is at the country
level. Until Gala et al. (2023) and the theory of spillovers (Pastor and Veronesi 2012), the
conventional view was that political risk is idiosyncratic to countries. Similarly, within
a country at the firm level, political exposure contains both systematic and idiosyncratic
parts. We follow the extensive recent literature on firm-specific political betas (Wang et al.
2023a), recognizing that an individual firm’s response to political risk varies across firm-
level (idiosyncratic) exposure and perception, to investigate the second-moment effect of
political risk on the stock market from a firm-level perspective. Our study can take a firm’s
perception of political risk into consideration.

Therefore, this paper analyzes the relationship between firm-level political risk and
stock price crash risk based on a sample of Chinese listed firms from 2011 to 2020. This
paper collects the MD&A textual material of Chinese listed firms and calculates the firm-
level political risk of Chinese listed firms. Our results indicate a positive relationship
between firm-level political participation and a potentially significant decline in stock
prices. Our findings stay robust after we conduct various robustness tests, including
instrument variable regression, ruling out the explanation of local embeddedness, and
altering the measurement of stock price crash risk. Further discussions reveal that political
involvement mitigates the positive impact of firm-level political risk on the risk of stock
price jumps. The results demonstrate that corporate political participation can boost the
aggravation of decreasing stock price trends. Thus, the implications of our results may
provide valuable insights for investors, managers, and policymakers, especially on how to
comprehensively evaluate the economic outcomes of political events and conduct better
scenario and sensitivity analyses.

This study, therefore, makes several marginal contributions to the literature. First,
to the best of our knowledge, this study is the first research attempt to investigate how
corporate political risk exposure affects the risk of a stock price crash in the context of
emerging market institutions, which deepens the understanding of the impacts of political
risk through the lens of financial market risk (Ahsan and Qureshi 2021; Kim et al. 2019;
Nguyen and Nguyen 2020; Pham 2019).

Second, our study extends the textual analysis as well as accounting and finance
disclosure literature by providing out-of-sample empirical evidence, i.e., text-based firm-
level political risk influencing the price crash risk in the equity market. This paper advances
and expands the extant studies about the potential determinants of significant and sudden
decreases in stock prices (Chen et al. 2022; Jia 2018; Kim et al. 2011; Luo and Zhang 2020).

Third, this study discovered that firm-specific political risk enhances the probability
of stock price jumps, which echoes the related literature view of considering political risk
as a negative shock (Christensen et al. 2022; El Ghoul et al. 2021; Wellman 2017). Our
findings are consistent with prior research suggesting that political involvement is critical
in mitigating the political risk faced by firms. This study contributes to the current literature
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regarding the link between two risks—corporate political risk and stock crash risk—by
discussing the effect of political involvement and enriching the literature about the benefits
of political involvement (Christensen et al. 2022; Ding et al. 2022; Liu et al. 2021; Wellman
2017). Moreover, our findings highlight the dark side of political risk faced by individual
firms and provide a comprehensive analysis of the influence of firm-level political risk on
financial markets, with significant implications for practitioners and policymakers.

The remaining sections of this paper are organized as follows: Section 2 reviews the
related literature. Section 3 describes data variables and methodology. Section 4 presents
empirical results and discussions. Section 5 provides additional evidence. Section 6
concludes the paper.

2. Literature Review
2.1. Consequences of Political Risks

Political risk represents an uncertain event or situation whose impact can range from
politics, the economy, culture, and other aspects of human society. The first viewpoint is
expressed from a political perspective. The occurrence of political events will affect not only
domestic politics but also relationships between countries. The “Arab Spring” movement,
which took place in Arab countries in 2010, is a typical example. The occurrence resulted
in infrastructure damages amounting to USD 900 billion, a death toll of over 1.4 million,
and the displacement of over 15 million individuals. Although Tunisia overthrew its
dictatorship and established a democratically elected government, from an economic
perspective the country’s GDP growth has remained stagnant since 2010, with the per
capita GDP declining from USD 4000 to USD 3600 annually. Since then, the movement has
also led to a civil war in Syria, which later escalated into a political struggle between the
United States and Russia, causing many refugees to flow into European countries, which
also hurts European countries (Neacsu 2016). For another milder example, approximately
66% of the British population believe that Brexit has had an adverse effect on the economy
(Portes 2023).

The first consequence of political risks relates to institutional quality and public
governance style. Hassan et al. (2019) investigated the influence of political risk in the
context of a developed country and focused on the effect of political risk on firms’ operation
activities; however, institutional foundations in emerging markets are different from those
in developed countries. For instance, Chinese publicly listed firms are very sensitive to
political risks because a critical foundation of Chinese institutions is that governments at
different levels control resource allocations that can affect firms’ behaviors (Wang 2023).
Much attention has been given to the influence of FPR in developed countries (Choi et al.
2022). Less attention has been paid to the influence of FPR in emerging markets; therefore,
we examine the influence of political risk in the context of a developing country and
emphasize the effect of political risk on the price crash risk aspect of the stock market. Roe
and Siegel (2011) found that political instability impedes financial development. Girma
and Shortland (2008) argued that, in countries where a narrow elite controls political
decisions, financial development may be obstructed to deny access to finance to potential
competitors. Chletsos and Sintos (2024) point out that heightened levels of political stability
substantively foster the advancement of financial development.

Second, let us take an economic perspective. Political risks negatively impact the
economy, including macroeconomic operation, international capital flow, international
trade, and microenterprise operation. Small countries and emerging economies are weak in
resisting risks and uncertainties, so they are more vulnerable to political risks. The research
results of the Bank of England and the European Central Bank show that political risks
significantly negatively impact the economies of the United Kingdom and the Netherlands.
In 2012, the sanctions imposed by the United States and the European Union on Iran’s
finances and exports led to a decline of more than 50% in Iran’s oil export revenue (Carney
2016; Rivlin 2018). Hassan et al. (2019) also explored the potential impact of political risk
on the economic outcomes of firms operating in the developed world. In contrast, we
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examine the influence of political risk in the context of an economically developing country
and focus on the effect of political risk perceived and faced by individual firms on their
performance in financial markets (i.e., stock price crash risk).

The last perspective can be related to social and cultural fields. An increase in political
risks will lead to a rise in social instability and will further bring out a devastating impact
on cultural resources. Taking the Arab Spring as an example, the event led to substantial
social unrest in the Middle East and North Africa, making it difficult for citizens to sustain
their daily lives and economic activities. It eventually triggered a flood of refugees into EU
countries. The refugee tide also harms the social situation of European countries. Social
employment, welfare, population structure, etc., have suffered negative impacts. It has also
intensified the polarization and opposition of domestic societies in Britain, France, Germany,
and other countries, and led to an overall right-leaning trend in European countries (Wang
and Xu 2017). Xiong et al. (2020) summarized the damage caused by geopolitical events to
the world cultural heritage of Middle Eastern countries, such as Iraq, Egypt, Afghanistan,
and Syria.

2.2. The Influence of Political Events on Financial Markets

Because this article studies the impact of political risk on stock prices, we focus on
reviewing the impact of political risk on financial markets in this subsection. Early studies
focused on the effects of specific political events. Increasing political risks will reduce
stock returns and increase stock market volatility (Benhmad 2012). A typical example is
cross-border military conflicts, such as the Iraq War in 2003, which had a massive impact
on global stock markets. Bittlingmayer (1998) investigated the extreme political struggle in
Germany during the First World War. He believed that political uncertainty would increase
the volatility of stocks and trigger the pressure of a stock market recession. Rigobon and
Sack (2005) found that, when there is war risk, investors shift from risky assets to assets
with higher security or liquidity. War risk leads to a decline in stock price and can explain
the fluctuation of the stock market. Berkman et al. (2011) did not investigate a single
political event but analyzed 447 international political crises. They concluded that the
annual return of global stock markets would increase by 3.6% in the absence of a political
crisis. Wisniewski (2009) took the US stock market as the research object and concluded
that the stock market value was lower than its fundamental value during conflict periods
such as World War II and the Korean War.

In addition to war, another growing problem related to political risks is terrorism.
Since the 9/11 attacks, terrorism has become the focus of the media and the public. Karolyi
and Martell (2010), in addition to Brounen and Derwall (2010), studied the changes in stock
market indexes in countries where terrorist attacks occurred. After an attack, stock price
will drop significantly. In addition, the stock market’s reaction to terrorist activities varies
from industry to industry. Carter and Simkins (2004) and Chesney et al. (2011) confirmed
in their literature on airline share prices that they are more sensitive to terrorism. This
seems unsurprising because, when it happened, the destruction of the World Trade Center
in New York was the most prominent insurance loss event in history.

Unlike focusing only on specific types of political events, Caldara and lacoviello (2022)
quantified political risks based on a text search of mainstream newspapers to prove their
negative impact on US stock returns. Balcilar et al. (2016) studied the influences of political
events on stock markets in BRIC countries and South Africa. They found that Russia had
the most considerable exposure to political risk and significant impact on its stock market,
while India’s stock market had the strongest elasticity. Apergis et al. (2018) further linked
political risk with the stock prices of 24 global defense companies, indicating that political
risk had no significant impact on their returns. Pan (2018) used a political risk index to
study the effects of political risk on asset markets in 17 developed countries from 1899
to 2016. Compared with the return rate of the real estate market, the stock return rate is
more sensitive to the growth of political risk. In addition, a high level of political risk will
generate high-risk spillovers in the stock market price. With respect to macroeconomic
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indicators, it will change the discount rate, hindering GDP growth, especially in private
consumption and investment.

As for the impact of political risk on other asset prices, Murray (2018) studied the
relationship between political risk and commodity prices. He concluded that, although
this relationship is vague, in some cases commodity prices may be the driving factor of
political risks. Antonakakis et al. (2017) showed that political risk reduced oil returns and
volatility, reducing the covariance between the stock and oil markets. Baur and Smales
(2018) found that gold showed a unique behavior among all precious metals: Gold’s income
was significantly positively correlated with political risk, but gold price changes had no
response to political events. At the same time, political risks did not lead to a further
increase in gold yield volatility. These findings provide new evidence for the unique
position of gold as a global hedge asset.

2.3. Political Risk and Corporate Finance

In recent years, as more and more scholars pay attention to investor behavior, corporate
finance factors play an increasingly prominent role in asset pricing, and investor attention
and sentiment have gradually become hot spots in this field. In the traditional asset pricing
model, the market is efficient, and public information will immediately be reflected in
stock price changes, so there is no excess return in the market; however, investors have
limited attention. They can only pay attention to part of the information in the market
and make investment decisions based on this part; therefore, changes in stock prices only
include certain pieces of information. Investors with limited attention may resort to simple
decision-making rules, such as classification, or focus only on those stocks that attract their
attention (Peng and Xiong 2006). When studying the impact of limited attention on the
economy, many studies focus on how attention paid to a specific stock affects the dynamics
of stock prices. Only when investors pay attention to information can the information be
included in the price.

In addition, the attention hypothesis proposed by Barber and Odean (2008) believes
that individual investors are net buyers of “attention-attracting” stocks, and this attention-
based trading behavior will, in turn, lead to temporary price pressures and subsequent
price reversals. Da et al. (2011) found that an increase in Google’s search volume indicates
the rise of a stock price in the short term and the final reversal in the long term, which is
consistent with the attention theory. Contrary to the classical theory, there are irrational
investors in the market, and the differences in stock cross-sectional returns caused by the
cognitive biases of these investors, such as overconfidence, overoptimism, and reaction,
have also become popular research topics in recent years. Investor sentiment has a negative
impact on the expected returns of stocks, but the degree of the negative impact also varies
by the characteristics of stocks. For stocks with a small market capitalization, high volatility
of returns, and high opacity of corporate information, investor sentiment significantly
impacts their returns (Baker and Wurgler 2006).

Unlike traditional earnings indicators, such as book value, dividend indicators, etc.,
investor attention and sentiment are more challenging to measure. Traditional research
mainly uses stock trading data and financial statements to indirectly measure attention
and sentiment indicators. With the application of online big data in the fields of economics
and finance, more direct measurement methods emerge. Currently, the commonly used
techniques include online news data, search engine data, social networking data, online
forum data, etc. Using online big data, many studies have constructed various investor
attention and investor sentiment indexes. Research shows that investors” pessimism has a
negative impact on stock prices, and news about rising corporate performance can increase
stock returns (Tetlock 2007; Heston and Sinha 2016). Short-selling restrictions will reduce
the market’s automatic adjustment function, and investor sentiment will have a higher
impact on earnings (Gao et al. 2020). Stocks with low investor attention often display
a higher degree of information asymmetry and hence face a higher level of risk, which
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requires higher risk compensation, confirming the information risk hypothesis (Antweiler
and Frank 2004).

3. Data Source, Variables, and Empirical Specification
3.1. Data Source and Sample Selection

This study obtained all of our data, including political risk measures evaluated at the
firm level, proxies for stock price fluctuations, and firm-level financial variables, except for
the text-based innovation from the China Stock Market & Accounting Research (CSMAR)
database. These management discussion and analysis (MD&A) reports are used as textual
analysis material with which to determine text-based firm-level political risk. This MD&A
content is extracted manually from annual reports retrieved from the official websites
of related companies. Our method is consistent with the firm-level political risk index
developed by Wang (2023).

Furthermore, to maintain coherence with the relevant academic works (Hasan and
Jiang 2023), we exclude enterprises categorized as ST, *ST, or PT. We applied winsorization
to all of the continuous variables, setting the 1st and 99th percentiles as the cutoff points to
mitigate the potential impact of outliers. Subsequently, we eliminate financial institutions
and observations that need to provide data on the most pertinent factors. Our sample
comprises 23,677 firm-year observations covering the period from 2008 to 2020.

3.2. Variable Construction

We first introduce the dependent variable for measuring the risk of a stock price crash.
In our research, we utilized the “negative return skewness coefficient” (NCSKEW) and
the “up and down volatility of stock returns” (DUVOL) as measures with which to assess
the probability of stock price crashes, based on the relevant literature (Wang et al. 2023a).
Our methodology aligns with the approach outlined by Chen et al. (2001). For more
details on computation, we specify the corresponding calculation formulas in Appendix A.
The bottom line is that a higher stock price crash risk is associated with greater values of
NCSKEW and DUVOL.

Next, consider the independent variable of corporate political risk (CPR). This pa-
per employs a proxy based on text analysis to quantify the firm-specific political risk of
companies publicly listed in the Chinese A-share market, which is consistent with the
method proposed by Wang (2023). For more details on the calculation of CPR, we report
the related calculation details in Appendix B. A higher CPR value represents a higher level
of firm-level political risk.

At last, to maintain consistent with the related literature (e.g., Lim and Nguyen 2021),
we add several key control variables, which include firms’ fundamental characteristics
and CEO traits, such as corporate age since establishment (Firm age), corporate asset size
(Firm size), the state-owned enterprise dummy (Soe), board structure (Indep), board scale
(Board), power concentration of executives (CEO dual role), CEO age (CEO age), CEO gender
(CEO gender), and business group affiliation (Bga), are adopted as control variables (CV's; ),
which are the same as those used in previous research (He et al. 2013). The details of the
control variables’ calculation methods are described in Table Al in Appendix C.

3.3. Model Specification

To examine the connections between firm-level risk exposures to political events and
to equity price crashes, we present our baseline econometric model below:

NCSKEW;; = a+ B1 x CPR;; +7 X CVsjy +0; + 0; + & 4. (1)

DUVOLZ‘J =a+f1 X CPRl"t + 9 X CVSi/t +6; + 6; + €t 2)

In the above model (1), the variable NCSKEW, ; denotes the probability of a significant
decline in the stock price of firm i during year t. The notation FPR;;_; represents the
political risk of firm i in year t. In model (2), DUVOL,;; denotes the probability of a
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sudden and significant decrease in the stock price of firm i within a specific year. The
notation FPR;; represents the political risk of firm i in year t. We refer to the literature by
Liu et al. (2022) and Wu et al. (2022) to define CVs; ; as the collection of control variables
that have been specified in Section 3.2. 6; and J; denote time-fixed effects and firm-fixed
effects, respectively. The symbol ¢; ; represents the error term. Furthermore, this work uses
industry-level clustering to estimate standard errors.

4. Empirical Results
4.1. Benchmark Regression Estimation

Table 1 shows the results of baseline regression models (1) and (2). The results de-
scribed in column (1) of Table 1 show that the coefficient of the variable CPR is 0.0767
at a 1% significance level under the condition of without control variables. The results
in column (2) of Table 1 show that the coefficient of the variable CPR is 0.0451 at a 1%
significance level under the condition of without control variables.

Table 1. Baseline results.

Variable 1) (2) 3) 4)
NCSKEW DUVOL NCSKEW DUVOL
CPR 0.0767 *** 0.0451 *** 0.0723 *** 0.0440 ***
(0.0154) (0.0125) (0.0141) (0.0120)
Firm age —0.0411 —0.0307
(0.0736) (0.0485)
Firm size 0.0235 —0.0094
(0.0165) (0.0096)
Soe —0.0151 —0.0174
(0.0245) (0.0131)
Indep 0.1503 0.1453 *
(0.1251) (0.0765)
Board 0.0121 0.0254
(0.0375) (0.0260)
CEO dual role —0.0061 0.0037
(0.0125) (0.0082)
CEO age —0.0014 —0.0007
(0.0012) (0.0008)
CEO gender 0.0217 0.0251
(0.0373) (0.0216)
Bga —0.0211 —0.0152
(0.0373) (0.0231)
Constant —0.2754 *** —0.1788 *** —0.6563 ** 0.0527
(0.0015) (0.0012) (0.2875) (0.2299)
Firm fixed effect Yes Yes Yes Yes
Year fixed effect Yes Yes Yes Yes
Observation 23,677 23,677 23,677 23,677
Firm number 3408 3408 3408 3408
R? 0.2307 0.2291 0.2312 0.2296

Notes: ***, ** and * indicate significance at the 1%, 5%, and 10% levels, respectively. Standard errors clustered at
the industry level are reported in parentheses.

The results described in column (3) of Table 1 show that the coefficient of the variable
CPRis 0.0726 at a 1% significance level under the condition of including all control variables.
The results in column (4) of Table 1 show that the coefficient of the variable CPR is 0.0442
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at a 1% significance level under the condition of including all control variables. Thus, the
above results prove that firm-specific political risk can positively exert an influence on
the risk of stock price crashes. Based on the asset pricing theory, our findings reveal that
firm-level political risk is a negative factor for stock return.

4.2. Robustness Checks: Altering the Measurement of Stock Price Crash Risk

To prove the robustness of our main findings, we replaced the measurement of stock
price crash risk with the difference between the number of days with negative extreme
firm-specific daily returns and the number of days with positive extreme firm-specific daily
returns (represented by Crash) according to the method proposed by Callen and Fang (2015).
The related estimation regression results are reported in columns (1) and (2) of Table 2.

Table 2. Robustness checks: alteration of stock price crash risk.

Variable 1) )
Crash Crash
CPR 0.0269 * 0.0273 *
(0.0137) (0.0137)
Constant 0.1033 *** 0.1463
(0.0013) (0.1573)
Controls No Yes
Firm fixed effect Yes Yes
Year fixed effect Yes Yes
Observation 23,677 23,677
Firm number 3408 3408
R? 0.1590 0.1593

Notes: *** and * indicate significance at the 1% and 10% levels, respectively. Standard errors clustered at the
industry level are reported in parentheses.

Observing the estimated statistics reported in Table 2, we find in columns (1)—(2) that
the coefficient of CPR is positive at a 1% significance level, irrespective of a simple setup or
a specification including all controls. The above empirical evidence supports the validity of
our main finding.

4.3. Robustness Checks: Instrumental Variable Regression

To address potential issues of endogeneity, we adopt the approach used in previous
studies (Wang et al. 2023b) by treating the average FPR;; of all other firms in the same
industry as an instrument variable for FPR; ;. When firms are in the same industry, they
operate in the same environment and enjoy similar firm-level political risk; therefore, the
instrumental variable satisfies the relevance criterion. Furthermore, it is challenging to
establish a direct link between a firm'’s stock price crash risk and the political risk of its peer
firms, which satisfies the exclusion criterion for selecting instrumental variables. The IV
regression estimation results are presented in Table 3. The results show that the F-statistic
in column (1) of the first stage is 104.139, which is greater than 10. This large value of the
F-statistic indicates the instrumental variable’s validity. The coefficients associated with
CPR in columns (2)—(3) of Table 3 are positive and statistically significant at a 1% level. This
demonstrates the resilience of the baseline results, even after accounting for the possible
issue of endogeneity.
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Table 3. Robustness checks: results of IV estimation.

First Stage Second Stage
Variable (W) 2) 3)
CPR NCSKEW DUVOL
Mean CPR 0.3362 ***
(0.0730)
CPR 1.4067 *** 1.0534 ***
(0.3341) (0.2280)
Controls Yes Yes Yes
Year fixed effect Yes Yes Yes
Firm fixed effect Yes Yes Yes
Observation 23,677 23,677 23,677
Firm number 3408 3408 3408

R? 0.112 0.131 0.147

Notes: *** indicate significance at the 1% level. Standard errors clustered at the industry level are reported in
parentheses. Regressions have constant terms but are not shown.

4.4. Robustness Checks: Altering the Measurement of Political Risk

To prove the robustness of our main findings, we replace the measurement of political
risk with political sentiment (labeled as PS) according to the method proposed by Wang
(2023). The related estimation regression results are reported in columns (1) and (2) of
Table 4.

Table 4. Robustness checks: alteration of political risk.

Variable 1) 2
NCSKEW DUVOL
PS 0.0991 *** 0.0811 ***
(0.0201) (0.0163)
Constant —0.9111 ** 0.0116
(0.2937) (0.2324)
Controls Yes Yes
Firm fixed effect Yes Yes
Year fixed effect Yes Yes
Observation 23,677 23,677
Firm number 3408 3408
R? 0.2311 0.2296

Notes: *** and ** indicates significance at the 1% and 5% levels, respectively. Standard errors clustered at the
industry level are reported in parentheses.

Observing the estimated statistics reported in Table 4, we find in columns (1)—(2) that
the coefficient of CPR is positive at a 1% significance level in the specification including all
controls. The above empirical evidence supports the validity of our main finding.

4.5. Robustness Checks: Winsorization of Stock Price Crash Risk

To prove the robustness of our main findings, we conducted the winsorization of stock
price crash risk at the 98% level. The related estimation regression results are reported in
columns (1) and (2) of Table 5.



Int. |. Financial Stud. 2024, 12, 51

10 of 16

Table 5. Robustness checks: winsorization of stock price crash risk at the 98% level.

Variable 1) 2
NCSKEW DUVOL
CPR 0.0698 *** 0.0429 ***
(0.0140) (0.0116)
Constant —0.5461 * 0.0743
(0.2701) (0.2253)
Controls Yes Yes
Firm fixed effect Yes Yes
Year fixed effect Yes Yes
Observation 23677 23677
Firm number 3408 3408
R? 0.2298 0.2277

Notes: *** and * indicate significance at the 1% and 10% levels, respectively. Standard errors clustered at the
industry level are reported in parentheses.

Observing the estimated statistics reported in Table 5, we find in columns (1)—(2) that
the coefficient of CPR is positive at a 1% significance level. The above empirical evidence
supports the validity of our main finding.

We then conducted the winsorization of stock price crash risk at the 95% level. The
related estimation regression results are reported in columns (1) and (2) of Table 6.

Table 6. Robustness checks: winsorization of stock price crash risk at the 95% level.

Variable 1) )
NCSKEW DUVOL
CPR 0.0627 *** 0.0406 ***
(0.0118) (0.0109)
Constant —0.4346 * 0.0780
(0.2478) (0.2120)
Controls Yes Yes
Firm fixed effect Yes Yes
Year fixed effect Yes Yes
Observation 23,677 23,677
Firm number 3408 3408
R? 0.2295 0.2257

Notes: *** and * indicate significance at the 1% and 10% levels, respectively. Standard errors clustered at the
industry level are reported in parentheses.

Observing the estimated statistics reported in Table 6, we find in columns (1)—(2) that
the coefficient of CPR is positive at a 1% significance level. The above empirical evidence
supports the validity of our main finding.

Finally, we repeat the winsorization of stock price crash risk at the 90% level. The
related estimation regression results are reported in columns (1) and (2) of Table 7.

Observing the estimated statistics reported in Table 7, we find in columns (1)—(2) that
the coefficient of CPR is positive at a 1% significance level. The above empirical evidence
supports the validity of our main finding.
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Table 7. Robustness checks: winsorization of stock price crash risk at the 90% level.

Variable 1) 2)
NCSKEW DUVOL
CPR 0.0506 *** 0.0376 ***
(0.0092) (0.0092)
Constant —0.3507 0.0383
(0.2130) (0.1828)
Controls Yes Yes
Firm fixed effect Yes Yes
Year fixed effect Yes Yes
Observation 23,677 23,677
Firm number 3408 3408
R? 0.2275 0.2220

Notes: *** indicates significance at the 1% level. Standard errors clustered at the industry level are reported in
parentheses.

5. Further Discussions on the Effect of Political Involvement

Considering that political involvement might reduce the political risk faced by a firm
(Ding et al. 2022), we followed the related literature and calculated political involvement,
which is defined as the overlapping ratio of members between a firm’s board of directors
and a Party Committee (labeled as PI). Then, we further test whether political involvement
mitigates the nexus between CPR and stock price crash risk. To perform such tests, we add
an interaction term, CPR;; x PI; ,, to both Equations (1) and (2). This paper hence obtains
the following Equations (3) and (4), which can shed light on non-linear relationships:

NCSKEW;; = a + 1 x CPR;; + B2 X CPR;; x PI;; +0 X CVs;y +0: +0; +¢€;1.  (3)

DUVOLi,t =+ ,Bl X CPRi,t + ‘32 X CPRZ',t X PIi,t + 6 X CVSi,t + 60 + 9; + €t 4)

The related regression estimation results of Equations (3) and (4) are described
in columns (1)—(2) of Table 8. According to the results in Table 5, the coefficients of
CPR; x PI,  are negative at a 1% significance level, illustrating that political involvement
exerts a mitigating effect on the nexus between CPR and stock price crash risk. The coef-
ficients associated with CPR in columns (1)—(2) of Table 8 are positively and significantly
significant at the 1% level. This demonstrates the robustness of the baseline results, even
after accounting for the potential endogeneity problem.

Table 8. Further discussions: the effect of political involvement.

Variable 1) 2)
NCSKEW DUvVOL
CPR 0.0753 *** 0.0438 ***
(0.0177) (0.0130)
CPR x PI —0.1499 *** —0.1017 ***
(0.0460) (0.0215)
Controls Yes Yes
Firm fixed effect Yes Yes
Year fixed effect Yes Yes
N 23,677 23,677
F-test 15.19 36.66
Firm number 3408 3408
R2 0.2312 0.2296

Notes: *** indicates significance at the 1% level. Standard errors clustered at the industry level are reported in
parentheses. Regressions have constant terms but are not shown.
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The regression estimation results of Equations (3) and (4) are also illustrated in
Figures 1 and 2. As can be seen, political involvement exerts a mitigating effect on the
nexus between CPR and stock price crash risk.

-0.5 T
Low CPR High CPR

-0.55

—-0.6 4

—e—Low PI

NCSKEW

-0.65 - ,
-&- High PI

-0.7

—-0.75

-0.8

Figure 1. The margins plot of interaction (dependent variable NCSKEW).
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0.06

0.05

DUVOL

—e— Low PI
0.04

--m- High PI

0.03

n
h

0.02 T

0.01

Low CPR High CPR

Figure 2. The margins plot of interaction (dependent variable DUVOL).

6. Concluding Remarks

The present study drew on a sample of Chinese listed firms from 2011 to 2020 and
discovered that firms at political risk face significant increases in their likelihood of en-
countering stock price crashes. This paper collected the MD&A textual material of Chinese
listed firms and calculated the firm-level political risk of Chinese listed firms. Our re-
sults document a positive linkage between corporate political risk and stock price crash
probability. Our findings stayed robust even after we conducted various robustness tests,
including instrument variable regression, ruling out the explanation of local embeddedness
and altering the measurement of stock price crash risk. Further discussion reveals that
political involvement mitigates the positive effect of firm-level political risk on stock price
crash risk. Our findings offer several implications of practical value. First, investors and
shareholders learn from our research that firm-level political risks are critical in determining
stock price crash risk. With this information, they can form an effective financial market risk
management policy. Second, policymakers benefit from our findings as they can mitigate
the political risk that firms face, which may significantly reduce financial market risk and
foster stability. Overall, our research has important implications for both practitioners and
policymakers, since it offers an in-depth investigation of the influence of the political risk
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endured by enterprises on financial market risk, as represented by the events of equity
price crashes.
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Appendix A. Calculation Process of Stock Price Crash Risk

First, let us consider the following regression specification:
Rip =00+ 01 X Rypp—2 + 02 X Ryp—1 4 03 X Ryt + 04 X Rypy1 4 04 X Ryppg + pie, (A1)

where R; ; represents the return of stock i on week t, and R;;+ denotes the weighted average
stock market return over week t. The firm-specific weekly return is W;; = Ln(1 + p;¢); phis
is the error term of regression Equation (Al).

Second, we calculated the following two proxies to quantify the crash risk. One proxy
is referred to as the negative return skewness coefficient (NCSKEW), and is calculated
by Equation (A2). The other proxy is called the up and down volatility of stock returns
(DUVOL), defined in Equation (A3).

[n(n = 1) T W)
[(n ~1)(n—2) (zwgt)g}

NCSKEW,; = — (A2)

where 7 is the annual trading week number of stock i specified in Equation (A2). A larger
value of NCSKEW is associated with a higher stock crash risk level.

{(”u — 1) Y pown Wft}
[(”d - 1)211;7 sz,t}

DUVOL;; = Log (A3)

where n,, and n; indicate the numbers of up and down weeks in Equation (A3), respectively.
Similarly, a larger value of DUVOL corresponds to a higher probability of crash risk.

Appendix B. Calculation Process of the Corporate Political Risk (CPR) Index

For a given Chinese publicly listed firm’s MD&A text in year t, we count the number
of cases in which we find risk-related and political terms in the same sentence. This count
is then normalized by the length of the MD&A report. Formally, the firm-level political risk
(CPR) index for firm i in year t is calculated according to Equation (A4):

1 Ri »
FPR;; = ™ Z {1 {w € termsp"lltlml} X [w—r] < One Sentence}, (A4)
it =1

where w =1, ..., and Ry is the total number of words in the MD&A text of firm i in year
t. The length of report T is measured as the total number of sentences in the MD&A
text, and  is the position of the nearest risk-related terms (i.e., 7 € terms®*). According
to Equation (A4), our CPR index counts the number of cases in which political terms are
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contained in the same sentence as risk-related terms. Specifically, our choice of the listed
political and risk-related terms was consistent with that used by Wang (2023).

Appendix C. Variable Measure Descriptions

Table A1. Variable definitions.

Variable Definition

NCSKEW Negative return skewness coefficient

DUVOL Up and down volatility of stock returns
CPR Firm-level political risk index

Firm_age Number of years after the firm’s establishment

Firm_size Natural logarithm of total assets

Soe Dummy variable that equals 1 if a firm is state-owned and 0 otherwise

Indep Ratio of the number of independent directors to the number of board directors
Board Natural logarithm of the number of board of directors

CEO_duality

Dummy variable that equals 1 if the CEO is also the chairperson of the board
and 0 otherwise

CEO_age CEO age
CEO_gender Dummy variable equaling 1 if the CEO is male and 0 otherwise
Bga EqL.lals 1if a firm’s group a.fﬁlia.ltion in each year of its ultimate .Controlling
entity had more than one firm in that year and equals 0 otherwise
Pl The overlapping ratio of members between the firm’s board of directors and a

Party Committee

Notes: This table reports the variable definitions.

Table A2. Correlation Matrix.

Variable 1) ) 3) @ (5) 6) 7) (8) 9 10 11
(1) NCSKEW 1.000
(2) DUVOL 0.881 1.000
(3) CPR —0.034 —0.038 1.000
(4) Firm_age —0.049 —0.056 0.053 1.000
(5) Firm_size —0.070 —0.098 0.264 0.161 1.000
(6) Soe —0.085 —0.096 0.243 0.140 0.336 1.000
(7) Indep 0.006 0.007 —0.009 —-0.011 0.026 —0.058 1.000
(8) Board —0.033 —0.041 0.124 0.004 0.257 0.264 —0.486 1.000
(9) CEO_duality 0.037 0.047 —0.098 —0.083 —0.167 —0.291 0.108 —0.178 1.000
(10) CEO_age —0.027 —0.022 0.061 0.121 0.122 0.082 0.015 0.043 0.172 1.000
(11) CEO_gender —0.004 —0.006 0.040 —0.023 0.039 0.066 —0.053 0.074 0.021 0.029 1.000
(12) Bga 0.019 0.022 —0.082 —0.066 —0.084 —0.158 —0.009 —0.027 0.168 0.022 —0.034
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