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1. Introduction

The two-dimensional Moran model is a simple discrete process used in many fields to
describe the evolution of two discrete random walks in each unit of time.

Moran’s random walk model can be applied in the field of renewable energy. Many
renewable energy situations can be modelled as Moran’s random walk. This modelling has
the advantage of minimizing expenses to guarantee the proper functioning of such a system
by avoiding surprise breakdowns. In certain ecosystems, and more particularly in certain
tropical forests, different species with the same ecological requirements coexist in the same
environment. For example, some forests have more than a hundred different tree species
on one hectare. To explain this astonishing diversity, scientists have constructed models in
which community composition is solely based on the stochastic dispersal of individuals.
The mathematical model studied in our paper is in line with this. It was suggested by M.
Kalyuzhni [1] in an article where he justifies its relevance. It is known as Moran’s model in
a random environment. It is therefore a question of studying a process of birth and death
which takes into account environmental hazards (climates, diseases, etc.) that randomly
favour or disadvantage certain species.

In this work, our goal is to study the statistical properties of some discrete statistics
such as the limiting distributions, the mean and the variance of two discrete walks in our
model, X, and Y};, and the maximum of two walks Z,, (called final altitude) using very
elegant tools called probability generating functions. Also, we analyse the return time, NX,
of the random walk X, and find its mean and variance.

In the literature, these properties of discrete random walks are studied in one dimen-
sion and in higher dimensions via the kernel method and singularity analysis (see [2,3]).
For example, for one dimension, if one focuses on articles which play a role in our analysis,
Banderier and Flajolet have proven in [2] that the limiting distribution of the final altitude of
a random meander of length 1 converges to a Rayleigh distribution (drift § = 0) and normal
distribution (6 > 0). Furthermore, the height of discrete bridges/meanders/excursions for
bounded discrete walks has been analysed by Banderier and Nicodeme [4]. Also, Aguech,
Althagafi , and Banderier in [5] have studied the height of walks with resets and the Moran
Model. Similar extremal parameters were studied for trees in [6,7], and by Gafni [8] for
the asymptotic distribution of the length of the longest run of consecutive equal parts.
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Finally, Banderier and Wallner treated the number of catastrophes of a random excursion
of size n, which converges to a Gaussian, Rayleigh, or discrete distribution depending on
the drift (see Theorem 4.12 in [9]).

For higher dimensions, still in connection with our model, we can mention the two-
dimensional Moran model, investigated by Abdelkader and Althagafi in [10], where they
showed that the age of each component converges to a shifted geometric distribution in
law. Furthermore, the limiting distribution for the lifetime of an individual converges
to a (shifted) geometric distribution in law, proven by Itoh and Mahmoud [11]. Itoh,
Mahmoud, and Takahashi in [12] proved that the wavelength converges, in distribution, to a
convolution of geometric random variables. Other papers are related to the Moran process
(in biology and population genetics); see, e.g., [13-15]. The models in the papers [16,17]
can be modelled as a Moran process.

This paper is organized as follows. In Section 2, we present our model in detail and
define some statistics. In Section 3, in order to obtain the probability generating functions
of the random walks, X, and Y, we give some recursive equations for the sequence of
multivariate polynomials in our model. We show that the two Moran random walks
X, and Y, converge to shifted geometric distributions in law asymptotically. Also, we
calculate their means and variances using the probability generating function of the random
walks X;; and Y},. In Section 4, we study the statistical properties of the maximum age, Z,,
between two random walks X, and Y. In Section 5, we analyse the number of returns up to
time 1, N)X. We start with a simulation of the random walk N with different lengths: 100,
1000, 10,000, and 100,000 according to the initial probability g using R software. Also, we
obtain the distribution and the probability generating function. In Section 6, we determine
the general probability generating function of the two-dimensional random walk, which
can be useful to extract the distribution of the height H;,. In Section 7, we present some
conclusions concerning our results and some perspectives. In Appendix A, we give some
technical lemmas useful for studying the final altitude.

2. Definitions and Presentation of the Model

In this section, we introduce our model: the two-dimensional symmetric Moran model.
We define some statistics such as the final altitude, the height, and the return time. We
present an elegant tool called the probability generating function, which plays an important
role in finding the statistical properties of discrete random walks.

2.1. Presentation of the Model

Our model is presented as follows: At time 0, the random walk starts from the origin.
After one unit of time, (a) the first random walk shifts by one positive unit, but the second
random walk returns to 1 with probability 1 — g; (b) the second walk shifts by one positive
unit, but the first random walk returns to 1 with same probability 1 — g; (c) the two random
walks shift by one positive unit with probability 2q — 1, where g € (1/2,1). Mathematically,
our model is given by the following system: for alln € N

(14 Xy, 1), with probability 1 — g,
(Xns1, Yar1) =< (1, 1+4Yy), with probability 1 — g, (1)
(1+X,, 14+Yy,), withprobability 2q —1,

where g € (1/2,1). The process (X, Yy) is considered a stochastic process with dimen-
sion two defined on the state space $2 = {o,..., n}z, and started from the initial state
(X0, Yo) = (0,0).

2.2. Definitions

In this subsection, we present some definitions concerning some discrete random walks.
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1.  The final altitude, Z, of the two-dimensional Moran random walk is defined by
VneN, Z,=max(X,,Yy,),
2. The height, H,, of the two-dimensional Moran random walk is defined by
vneN, H,=max(Zy,Z1,Z2,.-.,Zy),
3.  The return time, N,i(, of the Moran random walk X equals the number when X

returns to 1.

where Zy = 0, Hy = 0 and NJ = N = 0.

Our goal is to study the statistical properties of the following discrete random walks:
Xu, Yu, Zn, Hy, fo. Precisely, we want to find their limiting distributions, their means, and
their variances. As mentioned before, as a tool, we use the probability generating function.

Definition 1. Let U be a discrete random variable with distribution P(U = r) = p,, v € N.
The probability generating function, denoted by G, of the variable U is defined by

Gu(w) =E@) = Y o' p,
r=0

forall u € R such that |u| < 1.

Due to their numerous uses, probability generating functions constitute an elegant
tool to study the characteristic of a distribution. Mainly, the probability density functions
associated with discrete stochastic processes and their moments can be obtained from the
derivatives of the probability generating function. In fact, the mean and the variance of the
process (the first and second centred moments of the distribution of U) are related to the
derivatives of the probability generating function at # = 1. More precisely, the next folklore
lemma explains this link.

Lemma 1 ([3]). Let Gy be the probability generating function of a the discrete random process U.
Forall k € N, the k' factorial moment of U is given by

Gy (u)
oku

—E[UU-1)(U-2)...(U~k+1)].

u=1

In addition, if the limits of acgu(u) and az(a;é’;u) existat u = 1, then we have the following

two important equations, which are related to the mean and variance of U and Gy (u):

5(u) = "

and Vur(U) = 823;2%

o +E(u) - ]E(u)z. @)

u=1

3. Distributions of X,, and Y,

In this section, firstly, we derive a conditional probability of the position of the process
defined in (1) at time (n + 1) given that we know its position at time n. Secondly, we
determine the sequence of multivariate polynomials, denoted by f,(x,y) = E (xX" yY”>,
and find the recursive equation related to this sequence between two consecutive times
n and n + 1. Finally, we show that the two symmetric random Moran walks X, and Y,
converge to the shifted geometric distribution, and we compute their means and variances.
Using the definitions in Section 2, we define the joint probability mass function of (X,, Yy,).
Denote, forallr,s € {0,...,n+1},

Ppy1(r,s) = P(Xpp1 =7, Y1 =s), ®3)
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this is the probability that the process is in the position (7, s) at time n + 1.

We start this section with a technical lemma. It involves a recursive equation between
the probability of our model for two consecutive times, n and n + 1, to be used in Theorem 1.
It is based on the following conditional probability:

Lemma 2. Forall n > 2, we have

(2g—-1)Py(r—1,s—1), ifr>2,s>2,
n

(1—9q)) Pu(l,s—1), ifr=1,5>2,
]P)nJrl(rrS): l:Z:1 !

n
1—q) Y Pu(r—1,k), ifs=1r>2
k=1

Proof. This proof is based on the utility of the conditional probability that the Moran walks
X and Y are aged r and s at time 1 4 1, given that they are aged ! and k at time #, and then

1. Forr>2ands > 2, wehave

Puy1(r,s) =P(Xp11 =1, Yns1 =5)
=P(Xpt1=1Yyr1=5Xn=r-1Y, =s-1)
=P(X,1=1Yy1=5Xy=r—1,Y,=s—-1)

xP(Xy=r—1Y,=s—-1)=(29-1)Py(r—1,5—1),

2. Forr=1ands > 2, we have:

1=

Pn+1(1,5) = ]P)<X7’l+l = 1/YVI+1 =5, Xn = Z,Yn =S5 — 1)

N
I
—_

I
1=

]P)<X1’l+l = 1/YVI+1 = S|Xn = Z,Y =S5 — ].)

N
I
—_

X P(Xy=1Y, =s5—1)

n
=(1—9q) Y _Pu(l,s—1),
=1
3.  Forr >2ands =1, we have by symmetry:

Pyia(r,1) =(1—¢q) an:l]P’n(r —1,k).
- —

Remark 1. Consider two consecutive times n and (n + 1), r and s days, starting from 1 to (n +1),
and the ages of two components X and Y are equal at time n + 1, respectively. We give some
comments on the different cases of the age of two components X and Y at time n + 1:

1. Ifr >2ands > 2, then the probability that X and Y are aged r and s at time (n + 1) is equal
to the probability that (X,Y) is aged (r — 1,s — 1) days at the preceding time n multiplied
by (29 —1).

2. Ifr=1ands > 2, the probability that (X,Y) is aged (1,s) days equals (1 — q) multiplied
by the sum of all probabilities of X and Y that are aged | and s — 1 days at time n, where |
starts from 1 to n, respectively.

3. Ifr >2ands =1, the probability that (X,Y) is aged (r,1) days equals (1 — q) multiplied
by the sum of all probabilities of X and Y that are aged r — 1 and k days at time n, where k
starts from 1 to n, respectively.
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Next, we define the sequence of multivariate polynomials f,(x, y) (for n € N) associ-
ated with the two-dimensional process (X, Y,), by

falr,y) = B (x5 )—ZOfoySIP’ (1,5)- @

The coefficient of x" ° in f,,(x,y) represents the probability that the position of the two-
dimensional process (X, Y) is at level (r,s) at time n.
When x = y = 1, we have the special case

ZEIP’ r,s) )

r=0s=

By Equation (4) and Lemma 2, we deduce a recursive equation related to f,,11(x,v), fu(x,1),
fn(1,y), and f,(x,y). It is presented in the next proposition.

Proposition 1. For all (x,y) € R?, the explicit expression of the sequence of multivariate polyno-
mials f,(x,y) holds the following recurrence:

{ for1(oy) = A —=q)xy fa(x, 1)+ (1 —q)xy fu(Ly) + (29 — 1) xy fu(x,y),

fo(x,y) = Py(0,0) = 1.

(6)

Proof. Using Equation (4) and for all n > 1, the function f,.1(x, y) can be developed as

n+ln+1 n+1 n+1
fus1(x,y) =Y Y Xy Puia(r,s) +y Zx P,1(r,1) +x Zy P,1(1,s). (7
r=2 s=2 r= 5=
A B C

Due to Lemma (2), we can compute A, B, and C as follows:

n+1n+1

A=29—1) ) Y ¥ yPPu(r—1s—1)= 2q—1
r=2s=2

H M:

Zn: r+1 S+1 T’,S) (8)

=(29-1) xyZZxry Py(r,8) = (29 — 1) xy fu(x,y),

r=0s=

n+l n n n
—q)ZZ (Ls—=1)=y(1—q) Y Y y'Pulr,s) = 1= q)yfu(Ly), (9

s=01=0

finally, via symmetry, we deduce
B=(1-g)xfu(x,1). (10)
We obtain Equation (6) by combining Equations (7) and (10). O

In this part, we study some statistical characteristics such that the probability generat-
ing function, the asymptotic distribution, the mean, and the variance of the final altitude
of each component X, and Y;, at time 7 can be obtained. Precisely, we start by finding
the probability generating function of each component fX(x) = E[x*"] = f,(x,1) and
fX(y) =E[y""] = fu(1,y). Next, we show that the final altitude of the two random walks
X, and Y}, converge to a shifted geometric distribution asymptotically. Finally, we finish
this section by computing the mean and the variance of the two random walks. The fol-
lowing theorem introduces the probability generating function and the asymptotic limit
distributions of X, and Y,.
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Theorem 1. X, and Y, converge to a shifted geometric distribution with parameter (1 — q) in law
asymptotically, with the same probability generating function given by the following: for all n > 0
x — qn xn+1

ful®) =B(x) = (02" + (1 =)= T a1

forall x € R, such that |1 —qx| < 1.

Proof. Using Equations (5) and (6) with y = 1, we obtain

fu(x1) = A=qg)xfu1(x )+ (1 —q)x fr1(L1) + (29— 1) x fu_1(x,1)
= (1-q)xfu1(L1) +qxfu1(x1)
= (I—g)x+gxfu_1(x,1).

We iterate f,;(x,1) n times and we obtain

X, n—1 s " " X — qn xn+1
E(x n):fn(x,l):(l—q)x Y (gx)°+(gx)" = (gx) (-9 ——
5=0 1 qx
Hence, passing to the limit of f,(x,1), we the have
i = 1 no g aX— (=g (1-g)x
nll—r&f”(x’l)_nlg%o [(qx) +(1—q) 1—gx } o 1l—gx’ (12)

it is exactly the generating function of a shifted geometric distribution with parameter 1 — 4.
By symmetry, we have

. b nooq o Y= A=)y (1-q)y
lim fu(1,y) = lim [(qw +(1-9) =y ] =y
m

Theorem 1 leads us to find the explicit expressions of the means and variances of X,
and Y},, which depend on the first and the second derivatives of the probability generating
function f,,(u), u = x, y.

Corollary 1. The means and the variances of X,, and Yy, are given by

_ _1-7
E(Xn) =E(Ya) = 3 " (13)
and
_ _ 1 o an n _ o
Var(X, ) = Var(¥,) = = (1-9"{g"+@na-1)1-9}). (14)
Proof. Calculating the first derivative of f,(u,1) defined in Equation (11) with respect to u,
afn(u) _i n,n _ u_qnun+1
ou _au{”’ wit(1-q) 1—qu } (15)
_ 1—(n+1)q"u" u—g"u"tl
o n—1 _ _ -
=ng-u +(1 q) 1_qu +(1 ‘7)‘7 (1-&]1/!)2,

evaluating withu =1,
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1—g"

+(1-q)g—1

( qu—qP
g1—q") 1-¢"
1-¢ l1—¢g°

0| g1 L1

=ng"+1—(n+1)g9" +

Using Equation (2), we obtain

B(x,) - 5(n) - %

_1-9"

u=1 1—(]'

To derive the variance of X, and Y};, we need to define the following sequences of functions:

ko) =L,
Lu() =5 f"qu,
Mo (1) :”‘(;jq”u;l
Observe that
Q%Q = ng"u" "+ (1—q) Ku(u) =1 (1=q) q" Lu(u) + (1 = 9) g M (1), (16)

using Equation (16) and computing the second derivative of f,, (1) with respect u, one has

Phaw) _ 00w 9K, (1)
9112 =ngq ou + (1 - ‘7) ou (17)
oL, (u) oM, (u)
n(1-q)q" — =+ 1 —q)qg— —
The first derivatives of the functions K;, (), L, (1), and M, (u) are given by
0Ky (u)  —ng"u"? 1—g"u"
ou  1l—qu +q(1—qu)2'
oL,(u) nu"! u"
ou  1l—qu +q(1 —qu)?’
oM, (1) 1—(n+1)q"u" oyt g" u" !
u — (1-qu) (I—qu)®”
Let u = 1 and multiply by (1 —g), n(1 — q)g", and (1 — q) g, respectively, we can obtain
AN L O N SN L7 DN el L WS R L Skl )
(1=4q) ou lu=1 =(1 q)(l—q +q(l—q)2> = 1—q '
oLy, (u) n q nq"t
_ n Z—n\") — _ n(_ " 1Y 2
n(1—q)q ou lu=1 n(1—-a)q (1—q+(1—q)2) " +1—q'
o OMy(u) (1= +1)g" 1—g"
=g g— | =10 7)( a—q7 +Z”1_WJ

_ﬂ(l_(”+1mﬂ+2%(1—q@
B (1—-4q) (1—-q)2 ~
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Replacing, in Equation (17), the first derivatives of K, (1), L, (1), and M, (u), with respect
the variable u, with 1, we obtain

azfﬂ(u) _ n n q(l _qn) 2. n nanrl
512 uzl—n(n—l)q —nq —i—ﬁ—nq i (18)
g—(n+1)g""  24*(1-4q")
(1—q) (1—q)?
_ o A0 g™ g g 247 (- g")
1—¢ l—q 1-q 1-q  (1-¢q)?
Using the following equalities,
znanrl 27’[!]”
2nq" + = , 19)
TPy T 1y
q(l-¢") , q ¢ 2¢°(1—-¢") _2q(1—q")
+ - + = , (20)
l—q 1-q 1-q (1-9g)7 (1—q)?

and combining Equations (18)—(20), the second derivative of f, (1) evaluated at u = 1 is
given by

O fu (1) _ 2ng"  2q(1—gq")
ou? lu=1 71—q+ (1—¢)% ~ @1)

Applying Equation (2), and using Equations (13) and (18), we obtain

_ __2ng" 2q(1—q") 1-¢" (1—¢g"\2
Var(Xy,) = Var(Yy,) = 1—q+ 1972 +1—q (1—11)
1
:(1_q)z(—2nq”+2nq”+l+2q—2q”“>
1
1 n n
:W (q—q {‘7 +(2”—1)(1—Q)})-

O

4. Statistical Properties of the Maximum Age Z,

In this section, we analyse the final altitude of the maximum age, Z, = max (X, Y»),
between two components at time n. Precisely, we determine the explicit form of ®,(v),
the probability generating function of Z,. It is defined as follows: for all v € R such that
o <1

@, (v) = E[vzn] -

S

n
v° IP’(Zn = s).

=0

4.1. Moment Generating Function of Z,,

In the following theorem, we give the explicit expression of @, (v):

Theorem 2. The probability generating function, ®,,(v), of the final altitude Z,, between the two
components Xy, and Yy, is given by the following expression:
Forallv € [—1, 1] and for all n € N¥,
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02_ non 1
@u(0) = (24" - (23 - 17" o 21 ) LI
- M((Zq —1)o* — (29 —1)"! U">/

with ®y(v) = 1.
Proof. The probability generating function, ®,(v), of the final altitude Z, = max(X,, Y»),
can be developed as follows: Vi € N*, v € R

n

®,(v) = Z "P(Z,=71) = i o (]P’(Xn =Y, <r+PX,<rY,= r))
r=1

r=1
n r n
=2) Y VPXy=1Y,=5)— ) UP(X,=Y,=7),
r=1s=1 s=1
and
P(X, =nY,=n)=(29—1)""!, wheren >1. (22)

Using the last equation and Equation (A8), in Appendix A, we deduce that foralln > 1

an(U) :<2qn _ (Zq _ 1)”71)071 + 2(1 _q) (qu _ qn Z)n+1)

1—gqgv
“ 1= (-1 —ZE;q_—qi)v ((Zq -1 v* — (2q — 1)”*1 v").

O

Remark 2. The probability generating function ®,(v) of the random walk Z,,, satisfies
@, (v) =2S5,(v) — (29— 1)" 0", (23)

where S, (v) is given in Appendix A. The coefficient (2q — 1)"~1 represents the probability that
both random walks X,, and Y, are always increasing from (1,1) at time 1 to (n,n) at time n with
probability (2q — 1). Also, this probability equals 1 when n =1, (i.e., P1(1,1) = Py(0,0) = 1).
The coefficient 2 in Equation (23) reflects the symmetry between X, and Yy,.

4.2. Moments of Z,

Due to the explicit form of @, (v) and using the first and the second derivatives in
v = 1, we are able to compute the mean and the variance of the final altitude Z,.

Corollary 2. The explicit expressions of the mean and the variance of the final altitude Z,, are
given by

E(Z,) :2(11_(7)(3—417” + (29— 1)"), (24)
Var(Zu) =7z (1+ 60+ 89" [(n = 1) —n] + (29 1" 201~ ) + 29 - 1))
2
+2(11_q)(3—4q"—|—(2q—1)”) - [2(11_[1)(3—411”4-(211—1)”)] :

Proof. In order to obtain the mean and the variance of Z,;, we need to compute the first and
the second derivatives of the probability generating function, ®,(v), given in Theorem 2.
Next, we evaluate two derivatives of @, (v) atv = 1.
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Define the following sequences of functions: Vn > 1, Vv € R such that gv < 1 and
(29-1)v<1

Hy (v) =1 —1qv (q 2 —g" v"+1)f
L(0) :1_(2;_1)0 (-1~ @-1"10").

The first derivative of ®,(v) defined in Theorem 2 with respect v is given by

aq)n(v) _ d n n—1 n 2<1_q) 2 nn+1
T A (G B Lt erral (L
2(1—@ 2 n—1_n
12— 1 ((2q—1)v —(29-1) v)} (25)
oH, dL,
—n (24— 20~ 1)) 0 4201 ) L) 5y Hnl®),
where
JdH, 1 - 1 n .
av(v) :1—qv(2qv_(”+1)q o) + (1—qv)2(”72”2_q o),
aLn(ZJ) . 1 . B _q\n—1_n—-1
9 _1—(2q—1)v(2(2”’ Do—n(2g-1)""v )
1 2.2 n_n
+ (1_(2,1_1)0)2((2‘7—1) v —(29-1)" )/
and evaluating at v = 1, we obtain
OHu(v)|  _ 29— (n+1)q" > —q"""
200—4q) Jdv ‘v:l _2(17(%)( 1—gq + (l—q)z)
—4q—2(n+1)q" + 2(‘721__‘7;“), (26)
Lu(v)|  _ 229-1) —n(2q-1)"1  (29-1)*— (29 —1)"
200 =5, |, _2(1_‘7)< 1—(29-1) R R R D). )
29 —1)%— (29 —1)"
=2(2g—-1)—n(2g—-1)""1+ ( q(l 2 (Zq(ql)) ) (27)
By combining Equations (25)—(27), we obtain
aq)f’l<v) _ n n—1 n 2(q2 — anrl)
9% et —Zi’lq —n(2q—1) +4q—2(11+1)q +ﬁ
2 n
-1 4n2q1yrt -2z D Z (29— 1) (28)

2(1—q)
_2(11_,7) (340" +(29-1").

Using Equations (2) and (28), we obtain

5(2,) = 25

= 2(11q) (3—4q” + (2q—1)").

Observe that
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a2<1>n(z;) _ n n—1 n—2 aan(U> aan(U>
e =n(n=1)(29" = (29— 1" ) " 2201 —q) = - 2(1—q) 5 (29)
The second derivative of the function H, (v) can be computed as
Hp(v) _ 9 1 non 1 2.2 ntl ntl
0%v —%{1_qv(2qv—(ri—|—l)q Z)>+(1—qv)2<qv I )}
_ 1 _ n n 1 - 2, n+1 _n
~T"g0 (Zq nn+1)q"v >+(1—qv)2(2qv (n+1)q v) (30)
1 2., n+1,_n 1 3.2 n+2 _n+1
+<1_qv)2(2qv (n+1)q v)+(1_qv>3(2qv 29" v )
We evaluate 2 32 1) atp = 1, and we multiply it by 2(1 — q) to obtain
02H,(v) 2g—n(n+1)g" 24> — (n+1)g"
2(1 - =2(1-
(1-9) 9%v ‘v:l 2(1-4) ( 1—¢q (1—gq)2 )
2q2 _ (T’l + 1) qn-l-l 2q3 _ zqn+2
+2(1—q) ( (e (e ) (31)
8172 _ 4(7/1 + 1) qn+l 4‘73 _ 4qn+2
=4g -2 1)q" .
7=2n(n+1)¢"+ ( = )+ ( 192 )
The second derivative of the function L, (v) is given by
9?Ly (v) _i <2(2q ~Dov—ng—1)"1To" 1  (29-1)202 - (29— 1)" "
2v 9% 1-(29-1)v (1-(29—1)v)2 )
_ 1 _ _ _ _1\n—1_n-2
=1 (2q—1)v<2(2q H—nn-1)2g—1)""v )
L _ _ _ 1\yn—1_mn-1
+(1_(2q_1)v)2(2(2q No—n@q-1)""1o )
1 nn—1
+m<2(2q71) 0-n(29-1)"o"")
2(2‘7_1) _1\2 .2 _ 1\ 1
s (29120 = (29— 1)"o").
The last second derivative evaluated at v = 1 gives
92Ly () 1 i
20 lo=1 2(1—9q) (2(2q —D-nr-1)(29-1) )
2q -1 1
+m(2(2q—1)—n(2q—1)" )
1 2 n
S Tied CE R R
(29-1) n
+4(1 e 5(@1-1%—(29-1)").
2
We simplify 9 g;zsv) ’ Y and we multiply it by 2(1 — g) to obtain
=
2Ly (v) _
201-q) 55 2| =(2029-1) —n(n—1)(29-1)"")
1 2 n
S cp (2029 -1 =n(29-1)") (32)

o (@17 - g -1,
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Since
n(n—1) (Zq” — (29— 1)”*1> —2n(n+1)q"+n(n—-1)2q—-1)""1 = —4nq", (33)

by (31)—(33), we deduce

9D, (v) _ n 85]2 —4(n+1) qn+l 4q3 — 4qn+2
Ty g =410 =220 -1+ (1—q) )+ ( (1—q)? )
- (11q) (2(2q—1)2—n(2q—1)") (34)
- s (@ -1 - g - ™).
Define A, by

Ay = 116] (87 —2(29-1)?) + 2(11@2 (89° = (29 - 1)) —2(29 - 1) + 44.

Via a simple calculation, we obtain

1
Since
, 1 ; 4 n+1 4q"
—4ng" — m(ll(n—i-l)q H) — <1q_q)2 = _qq)z ((n — 1)q—n), (36)
1 n 1 n _ (25]—1)”
T2 D" g (2= 1) = W(2;«(1 —9)+21-1)), 67

and combining Equations (34)—(37), we obtain

0°®,(v) 1 (
20 lo=1 2(1—¢q)?

+(29-1)" [2n(1 - q) + (29 - 1] ). (38)

1+6q+8q”[(n—1)q—n}

The variance of Z, is finally obtained using Equations (2), (24), and (38). O

5. Return Time NX of the Random Walk X,

In this section, we analyse the number of return times NX at time 7 of the process
(X.) to position 1 at time 1. Precisely, we start with a simulation of the process NX and
determine the explicit form of G, (x), i.e., the probability generating function of N.X.

5.1. Simulations of NX

In this subsection, we give some simulations with R-program using NX with differ-
ent lengths: 100, 1000, 10,000, and 100,000 for different values of the given probabilities
g =0.6,0.75, 0.9.

Figure 1 shows that the return time, Ny, of the random walk, X, with length 100
is increasing from 0 to 40 from time 0 to time 100, when the random walk X alternates
between 0 and 9 with initial probability g equal to 0.6. Also, we observe that the return time
of random walk N,i( with lengths 1000, 10,000, and 100,000 is increasing from 0 to 400, 4000,
and 40,000, when the evolution of the random walk, X, is about 0 (very small variation in
X), respectively.
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X and N X and N X and N X and N
=
= =
f=] = =2
" e 8 g
- o o = - -
2 A 2 = g =
= o = 2
= = g 8
=] = =] =]
0 40 &0 0 400 1000 0 6000 Oe+00 Se+04

number of days number of days number of days number of days

Figure 1. Return time of X (in red) and the random walk X (in green) of lengths 1000 and 500 and for
g =0.6.

Figure 2 shows that the return time, N¥, of the random walk, X, with length 100 is
increasing from 0 to 40 from time 0 to time 100, when the evolution of the random walk
X alternates between 0 and at most 12 with initial probability g equal to 0.75. Also, we
observe that the return time of random walk NX with length 1000 is increasing from 0 to 300,
when the evolution of the random walk, X, alternates between 0 and 25. Furthermore,
Figure 2 shows that the return time of random walk Nﬁ( with lengths 10,000 and 100,000
is increasing from 0 to 2500 and 25,000, when the evolution of the random walk X is
about 0, respectively.

Xand N XandN X and N Xand N

2 o g g
8 ™ i
o o o o
g 2 o F B F g
o = = S
[ ] o ] [am ] [am ]

0 40 20 0 400 1000 0 6000 De+00 Be+D4

number of days number of davs number of davs number of davs

Figure 2. Return time of X (in red) and the random walk X (in green) of lengths 1000 and 500 and for
g = 0.75.

Figure 3 shows that the return time, N¥, of the random walk, X, with length 100 is
increasing slowly from 0 to 10 from time 0 to time 100, when the evolution of the random
walk X alternates between 0 and 17 with initial probability g equal to 0.9. Also, it shows
that the return time of random walk N with length 1000 is increasing from 0 to 100, when
the evolution of the random walk X alternates between 0 and 50. Furthermore, we observe
that the return time of random walk N with lengths 10,000 and 100,000 is increasing
from 0 to 1000 and from 0 to 10,000, when the evolution of the random walk X alternates
between 0 and 80, and about 0, respectively.
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X and N X and N X and N X and N
=
=
L) =] —
— = E
o & 8
$ § & § g
w
s 8
= = = =
0 40 100 0 800 0 8000 De+00 Be+04
number of days number of days number of days number of days

Figure 3. Return time of X (in red) and the random walk X (in green) of lengths 1000 and 500 and for
qg=029.

5.2. Probability Distribution of NX

In this section, we give the probability distribution of NX.

Theorem 3. The exact distribution of N\ is given by
PONE = k) = " (1=0) v <" T S)Lf
! q s=1 k '

Remark 3. Through an easy computation, we prove that this probability can be given by

n—k—1 n=1_ 4k (k)
PN = k) = Kl (% x—lx ) ey

where for a k differentiable function g, the notation g% denotes the k' derivative of g.

Proof. For the proof of Theorem 3, we start by computing the joint distribution of the dis-
crete return time N,X and the discrete random walk X. To this end, for all k € {0,...,n — 2}
and for all s € {1,...,n — 1}, we compute, as a first step, the probability of intersection
between the return time equal to k, and the random walk equal to s. As a second step, we
deduce the marginal distribution of NX.

Consider NX the number of visits of the process X_ to the state 1 up to time .

X  increases from time n — s + 1 to time n,
(Nii = k| Xy = s) = (39)
X has k resets from time 2 to time n — s.
We start by giving the joint distribution of (NX, X,,).
Lemma 3. The joint distribution of (NX, X,,) satisfies the following relation:
P(Ni =k X, =) = (1= ) B(Bin(n —1-5,1—q) = k), (40)
and is given as
"EA - gk gl ifke {1, n—s 1},
P(Nf =k, X, =s) = (41)
0 other wise,

where Bin(n — 1 —s,1 — q) is a binomial distribution with parametersn —1 —sand 1 — q.
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Proof. Using Equation (39), we have
("_2_1)(1 —q)kg 1k ifke{1,...n—1—5},
P(NX = k|X, =s) = { (42)
0 other wise.
By Theorem 1, X;, follows a shifted geometric distribution with parameter 1 — g
P(Xy=s) =q°(1—q). (43)
We conclude the proof by using the fact that
P(N; =k X, =s) = P(Ny =k|X, = s)P(X, =s). (44)

O

By summing with respect to s and using the known distribution of X;;, we deduce the
result of Theorem 3. [

Remark 4. In the particular cases,

e Ifk =n—2, weobtain

e Ifk =1, weobtain

e Ifk =0, weobtain

2n n n+1 2n—1
X_o\_9 1t9 -9 —¢q
]P’(Nn 70) = = .

o Ifthe return time of X equals 0 (k = 0), then the probability that the random walk X is strictly
increasing from time 0 to time n equals "~ for any age of the random walk Y at time n.

o Ifthe return time of X equals n — 2 (k = n — 2), given that the age of X increases from 0 at
time 0 to n — 2 at time n — 2, the probability that the age of X equals 1 at time n — 1 comes
from the probability of X at time n — 2 multiplied by (1 — q).

Remark 5. The probability generating function G (x) of NiX can be expressed, and we prove that
it is given by

6u(5) =gy [0~ D+ (0= (s077) 0=} ) )

n
. n(anJrl (—xq*) + xqznﬂ,
where the function g(n,k, q) is the well-known hyper-geometric function given by
<(n, k, q) = hypergeom (1, n; [n—kj; qil).

From Gy(x), we can compute the mean and the variance of N;X, but the expressions are
very complicated.
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6. The Probability Generating Function of the Random Walks X}, and Y;,

Next, consider the generating function associated to the above Moran process defined
in (1), where the time is encoded by the exponent of t:

F(t,x,y) ZE[ X Yn} = Y falxy) ", V(xy) € R (45)

n>0 n>0

Starting from the functional equation defined in (6) and using the kernel method (for more
details view [2,18]), we obtain the PGE. It is very important to obtain this the probability
generating function because it contains all information about the past of the random walk;
in particular, it will be very useful for studying the height Hj,. This point will be one of our
objectives in a future work.

Theorem 4. The probability generating function of the final altitude of the two-dimensional Moran
walk is given as follows: for all (x,y) € R? such that |t| < 1, [txy| < 1/(29 —1), |tx| < 1/q
and |ty| <1/q

1+ Q(xy) 1-¢

1—(29—-1)txy’ (46)

F(t,x,y) =

where

(1= q)xy[1— (1= (1—q)x)] Loy [1-ta-(-qy)]

Qlxy) = 1—gtx 1—gty

Proof. By Equation (4), and for all n > 1, we have

fulx,y) =1 —=qg)xy fua(x, )+ 1 —q)xy fu1(Ly) + 29 - xy fu-1(x,y).

Using the following identities

Yo fuc1(Lx) =t Y fu(Lxo) " = tF(t,1,x,),

n>1 n>0

Z fnfl(xlr _t Z fn xlr F(t xl/l)r
n>1 n>0

Y faca(x, ) =t Y fu(xr,20) t" = tF(t,x1,x2),
n>1 n>0

the probability generating function F(t, x, y) satisfies the recursive equation

Ft,x,y) =1+ (1—q)xytF(t,L,y)+ (1 —q)xytF(t,x, 1)+ (29 —1)xytF(t, x,y). (47)

From Equation (47), F(t,x,1) and F(t,1,y) are given by

1 (1—g)tx
F(t,x,1) = 17th+ = gtx F(t,1,1), (48)

1 (1-q)ty
F(t,1,y) = 1_qty+ T F(t,1,1). (49)

From Equations (47)—-(49), we obtain
o _ (1—q)txy* | (1—q)*txy
(1-@a—1)xyt) Ft,xy) =1+¢( ot Tt JF(,1,1)

(I—qxy  (1—g)xy
+t( 1—qty + 1—gtx )
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Since F(t,1,1) =1/(1 —t) for |t| < 1, we deduce

(1 —(29-1) xyt) F(tx,y) =1+ ((1 —q)?txy®>  (1— q)2tx2y) "

1— gty 1—gtx 1t
(A )xy | A—q)xyy t
+( t)<1—qty + 1—gtx )1—1‘ (50)

:H((l—q)xy[l—t(l—qx)}) t

1—gtx 1t

(1—g)xy|1—t(1—qy)
+< 1[—qty ])1it'

Divide Equation (50) by ((1 — (29 — 1) xy t); this concludes the proof. [
Remark 6. The term 1 — t p x1 xp in Equation (46) is called the kernel factor.

Remark 7. We can factorize the probability generating function given by Equation (46) as

1 1

F(t,x,y) = P 1 (1_(2q_1))txy
1-t(1-Q(xy))

, (51)

with Q(1,1) = 2(1 — q).

From the previous theorem, we can find the probability generating function of two
random Moran walks X, and Y;,.

Corollary 3. The probability generating functions, denoted by Fx(t,x) := F(t,x,1) and
Fy(t,y)F(t,1,y) :=, of X, and Y, are given by

Fx(t,x) = 1_(2;_1)w<1+(1—q)x+

(1= g)x[1- (1 - (1-q)x)]
1—gtx

)

and

(1—qy[1-t1 -1 -y
L—qty

Fr(ty) = F(ty) = 1~y (1 -9+ ), (53

V(x,y) € R? such that |tx| < 1/(29 — 1), |ty| < 1/(2q — 1), where |t| < 1.

Proof. The proof is a direct consequence of the previous theorem: if we take x = 1 in (46),
then we obtain the expression of the probability generating function of X, and similarly
forY,. O

The previous result is very important. It allows us to know the probability generating
function of the two-dimensional walk (Xj, Y,;). Combining Equations (45), (52), and (53),
and evaluating at t = 1, then we have the expressions of f,(x,1) and f,(1,y) .

7. Conclusions and Perspectives

In this current paper, we use very useful tools called probability generating functions
to find the statistical properties, i.e., the mean, the variance, and the limiting distribution, of
the random walks X,,, Y, Z,, and Nf . Firstly, we prove that both symmetric random Moran
walks X, and Y}, converge to a shifted geometric distribution with parameter (1 — ¢) using
the probability generating functions asymptotically. Also, the means and the variances of
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X, and Y}, are calculable explicitly using the same tools. Secondly, we use the symmetry
of two random walks X, and Y}, to find the statistical properties of the maximum age Z,
between two components, such as the mean and the variance, derived from the probability
generating function. Finally, we analyse the return time, N, of the random Moran walk
Xy From the simulation of NX, we observe that the return time is affected according to the
initial probability g and the length of the random walk. Precisely, we distinguish two cases:

1. When the initial probability q approaches 1 (g = 0.9), the return time with a small
length (n = 100) is increasing slowly and remains lower than the final altitude of
X, at time 7 (see Figure 3). In this case, the Moran random walk increases often and
returns to 1 few times. That means the number of increases in Xj, is greater than the
number of times that NX returns to 1.

2. When the length of the random walk X, is very large, (n = 1000) or 10,000 or 100,000,
the return time N,X is not affected by the initial probability g and increases quickly (see
Figures 1-3). In this case, the Moran random walk often returns to 1 but X, alternates
between 1 and at most 50. That means the number of times that X,, returns to 1 is
greater than the increase in X,.

Here, the initial probability g represents the probability that the random walk X,
increases. This increase in X, happens intwo ways: in the first way, X, increases but Y,
stops at 1 with probability (1 — g); in the second, both walks X, and Y, increase in the
same time with probability (27 — 1) (see Equation (1)).

In the next work, we will use the probability generating function to study the statistical
properties of the height statistics, H,. Precisely, we will find the distribution of H, and
compute its mean and variance based on the return time NX. Firstly, we will start with the
following conditional probability:

]P(Hn < k|Nn =7’) = Z P<G1 =ny, G=mnp—ny,...,Gr =np —n,_1, Xp41- - Xn 7’&0>/

In,r,k

where the random walk Hj, is bounded by an integer k > 0 given that the random walk
NX equals r > 1. Secondly, we will try to obtain the joint distribution of (H,, NX). Fi-
nally, we can extract the distribution of the bounded random walk H;, and determine its
statistical properties.
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Appendix A. Technical Lemmas

In this subsection, we study the following sequences of polynomials, R, (v), T,(v),
N, (v), and S, (v), defined by

n n
Ru(0) =Y v'P(Xp=1Yy,=1) =) 0" Py(r,1),
r=1 r=1
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n r
UP(Xy =1y =5)=)_ Y 0'Pu(rs),

Ny
=
i
=
Mﬁ

\{
||

N

©«

n n
UP(Xy=1Yy=5)=) Y 0 Purs),

Z

=

i
1=
= &

r=1s=r+1 r=1s=r+1
nor nor
Sn(v) = Z Z "P(Xp=71,Yy=5) = Z Z v'Py(r,s),
r=1s=1 r=1s=1

where Ro(v) =0, T()(ZJ) = Tl(v) =0, N()(Z)) = Nl(ZJ) =0, and SQ(U) =0.

The sequence S, (v) is essential for the proof of Theorem 2. The sequences Ry, (v), T, (v),
N, (v) are needed to study S, (v).

The expressions of these sequences are given in the following lemmas.

Lemma A1. The sequence of polynomials Ny (v) holds the following recursive equation: for all
n>1,
Nu(0) = (1 =q) v+ (2 = 1) o Ny (o),

and, then, the explicit form of Ny, (v) is given by

_ _1\n—1_n
N(v) = (1—4) = 1(_2’qu1_)1>0” : (A1)

forallv € R such that |(1—p)v| < 1.

Proof. Developing the sequence of polynomials N, (v)

Nu(v) =) i v Py (r,8) = ian(l s)+ i i o' Py (r,s), (A2)

r=1s=r+1 5=2 r=2s=r+1

applying Lemma 2

Zlen1S—vl— ZZPn1 r,s—1) ii

r=1s=
and using
n—1n-1
Y Y Pua(rs) = fua(L,1)=1
r=0 s=0
we obtain
n n—1n-1
2 vPy(1,s) = v(l1—9q) P, 1(r,s) =v(1—gq), (A3)
s=2 r=0 s=0
and

i i V' Py(r,s) =(29—1) vnil nil v'P,_1(r,8) := (29— 1) v N,_1(v). (A4)

r=2s=r+1 r=1s=r+1
Combining Equations (A2)-(A4), we obtain
Nu(v) = (1 =q)v+ (29 = 1) v Ny1(0).
The last equation is iterated n times, and the equation defined in (A1) is proved. [

The next lemma is used to compute the sequence of polynomials T}, (v) when the final
ages of two components, X, and Yy, are started at time 2 from (2,2) and are finished at two
different times, n and r, where r < n, respectively. It is introduced as follows:
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Lemma A2. The sequence of polynomials T, (v) verifies the following recursive equation: for all
n>2

Tu(0) = (29 = 1)o(fu1(2,1) = Nu1(0)).
Its explicit expression is given by

. P — g1yl
Tuo) = (=Dt g -1 (1—g) ST (5)
v? — (29 — 1)" 20"

forall v € R such that |(2g — 1) v| < 1and |gv| < 1.

Proof. Applying Lemma 2,

o) = L Lo Palrs) = Zq—lvzzvmlr,

r=1s=

and using Equation defined in (4), withx =vandy =1,

T.(v) = (29—1) (ZZanlrs ZZanlrs)
r=1s= r=1s=r+1
= @-1o(fi1(@1) =Ny (0)),
hence, the explicit expression of T, (v) is obtained directly from Equations (11) and (A1). O
Lemma A3. The sequence of polynomials R, (v) satisfies the following: for all n > 1
Ry(v)=(1—-q)vfu_1(v,1), whereq=1—(p/2), (A6)

the explicit form of Ry, (v) is given by

02 — gn—lontl
Ra(v) = (1—q)" 0"+ (1 -9 ——— (A7)
1—gv
forall v € R such that |qv| < 1.
Proof. Using Lemma 2 and Equation (4), we have
R, (v) = Z Z o' P, 1(r,5) = (1—q)vf_1(v,1),

r=0 s=

also, the explicit expression of R, (v) is obtained directly from Equation (11). [

Lemma A4. The sequence of polynomials S, (v) satisfies the following: for all n > 1

Sn(v) = qvfn—l(vll) - (1 - P) UNn—l(v)/

the form of S, (v) is given by

_ n 1;‘7 2 o nn+l
Su(0) =(q0)" + 75 (a0F =" o")

1 —
- wiiﬁm((z‘J*l)vzf (24*1)%10")' (A8)
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forall v € R such that |qv| < 1and |(29 —1)v| < 1.

Proof. Developing the sequence of polynomials S, (v)

n 14 n n r
Su(0) =Y Y V' Pu(r,s) =) 0 Pu(r, 1)+ )_ Y 0" Pu(r,s) = Ru(v) + Tu(v),
r=1s=1 r=1 r=2s=2
using Lemmas A2 and A4, we obtain
Su(v) = 1-q)vfu1(v,1)+29—1)vfu-1(v,1) = (2g—1)vN,_1(v)

= qvfnfl(vrl) - (Zq - 1) anfl(v)'
The explicit expression of S, (v) is obtained by combining Equations (11) and (Al). O

Remark A1. Consider two consecutive times n and (n — 1), r and s days, the age of two com-
ponents X and Y at time n, respectively. We present some remarks concerning the sequences of
polynomials Ny, (v), T, (v), Ry (v) ,and S, (v).

(1)  From Equation (A3), if X is aged 1 day at time n and the age of Y is strictly increasing from 2

to n, we deduce
n

Z Pn(lrs) = (1 - Q) = PZ(LZ)'
s=2

By symmetry, we have

épn(r/D = (1 _Q) = IP2(2,1).

(2)  The sequence Ty, (v) is given by the multiplication between (2q — 1)v and the difference
between the explicit expressions of the probability generating function f,_1(v,1) and the
sequence of polynomials Ny, _1(v).

(3)  The sequence Ry, (v) is expressed by the product between (1 — q)v and the explicit expression
of the probability generating function f,_1(v,1).

(4) The sequence Sy,(v) is expressed from the explicit expressions of two sequences T, (v) and
Ry (v). The sequence S, (v) depends on the probability generating function f,_1(v,1) and
the sequence of polynomials Ny,_1(v).
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