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Abstract: Background and Purpose: The proliferation of short-form video content on so-
cial media platforms has led to increased user engagement but also raised concerns about 
potential addictive behaviors and cognitive consequences, particularly among youth. This 
study explored the prevalence of short-form video addiction (SVA) among Jordanian 
youth, its correlates, and its impact on attention and memory function, with an emphasis 
on understanding the mediating and moderating role of attention in the relationship be-
tween SVA and memory. Methods: Utilizing a cross-sectional survey design, data were 
collected from 1029 university students across 25 higher-education institutions in Jordan. 
Results: Half of the participants exhibited moderate to high levels of SVA. The findings 
indicated a significant increase in SVA scores among female students (p = 0.003), those of 
a younger age (p = 0.045), those with lower GPAs (p = 0.013), and those who dedicated 
fewer hours to study (p = 0.006). Notably, there was a significant and large correlation 
between SVA scores and students’ perceptions of user-generated content (p < 0.001). At-
tention partially mediated the relationship between SVA and memory function with ex-
cellent model fit indices (χ2(12) = 14.11, p = 0.05, RMSEA = 0.03, GFI = 0.99, IFI = 0.99, TLI 
= 0.98, CFI = 0.99). However, attention did not moderate this relationship, suggesting that 
the impact of SVA on memory is consistent across varying levels of attention. Discussion: 
The findings underscore the significant engagement of Jordanian youth with short-form 
video content and the potential cognitive risks associated with SVA. Interventions to man-
age attention could mitigate the adverse effects of SVA on cognitive functions. This study 
calls for a comprehensive approach to address SVA among youth, including the develop-
ment of digital literacy programs, mental health support services, and policy interven-
tions that promote a balanced digital ecosystem and responsible media consumption. 
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1. Introduction 
Short-form video is a novel type of user-generated content (UGC) in social media that 

has grown exponentially in popularity, engaging millions of users worldwide. Initially 
popularized by platforms such as TikTok, this format has increasingly been adopted by 
major social media spaces, including Facebook, Instagram, YouTube, X (formerly Twitter), 
and Snapchat, among others. Short-form video platforms feature a vertical scrolling feed 
that enables users to swipe or scroll up and down to navigate between videos. As they 
scroll, new videos are seamlessly loaded, allowing users to watch content in a continuous 
sequential manner. These videos typically range in length from a few seconds to a few 
minutes. 

While the problematic use of and addiction to social media have been extensively 
studied over the past years [1–4], short-form video platforms may pose an even greater 
risk of addiction due to their inherent unique features. Their short video durations make 
binge-watching effortless, as users can quickly consume multiple videos in a short time. 
Hyper-personalized algorithms for recommending videos to users, based on their activity 
within the app, play a critical role in enhancing the immersive experience of these plat-
forms [5–7]. Additionally, these platforms encourage active user participation, such as 
creating and sharing short videos and playback videos to trending songs (lip-sync videos) 
[8] and engaging in “challenges”. These challenges often involve creating and sharing vid-
eos that follow a specific theme, dance routine, or creative concept [9,10]. The competitive 
and viral nature of challenges encourages repeated interactions with the platform as users 
strive to participate, gain social validation, or achieve trending status. This repeated en-
gagement, coupled with the platform’s algorithmic reinforcement (e.g., likes, comments, 
and shares), contributes to prolonged screen time and excessive usage, both of which are 
hallmarks of addictive behaviors [2]. These factors can also make users more likely to ex-
perience feelings of withdrawal when they are not using the platforms. The more intense 
the feelings of withdrawal, the more likely users are to increase their use of short-form 
videos [2–4]. 

Despite the continuous results highlighting the negative impact of digital media on 
psychosocial and cognitive health, a study published in 2023 [11] highlighted a significant 
dearth of research focusing on the effect of addiction to short-form videos on users’ cog-
nitive functions, such as attention and memory. Existing studies have predominantly fo-
cused on broader digital behaviors, such as addiction to the internet [12,13], Facebook [14], 
microblogs [15], mobile phones [16], and video games [17]. These studies suggest a link 
between internet addiction and attention, indicating that higher frequencies of internet 
use are correlated with reduced attention [18–20] and that addiction to internet use might 
be even associated with limited growth in brain regions associated with attention [21,22]. 
Hartanto et al. [23] expanded on these findings, offering critical insights into how exces-
sive media use adversely affects executive attention, underscoring the broader cognitive 
consequences of prolonged digital engagement. Short-form videos, however, present a 
unique case. Their rapid, algorithmically curated delivery is specifically designed to max-
imize user engagement, distinguishing them from other forms of digital media. This raises 
concerns about their potential to negatively impact attentional abilities, which in turn may 
compromise memory processes. 

Theoretically speaking, attention and memory are closely interlinked within human 
cognition. Attention acts as a selective filter, prioritizing sensory information for short-
term storage and subsequent processing. This limited-capacity gateway determines what 
enters memory and potentially becomes a lasting recollection. Encoding, the process of 
consolidating information into memory, heavily relies on focused attention [24,25]. Based 
on this theoretical foundation, we propose that addiction to short-form videos may impair 
attention, thereby compromising memory function. 
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The specific aims of this study were to (1) explore the prevalence and pattern of SVA 
among youth, (2) explore the correlates of SVA, and (3) test attention levels as a potential 
mediator or moderator in the relationship between SVA and memory function. We aim to 
explore these questions in a sample of Arab youth for two key reasons. First, youth are 
markedly susceptible to the effects of short-form video applications. Drawn to their enter-
tainment and relaxation-promoting features, they often use these platforms as coping 
mechanisms to manage the stresses and challenges of daily life [26,27]. This behavior has 
been linked to a decline in academic motivation, evident in reduced enthusiasm for learn-
ing and disengagement in classroom settings [28]. Second, Arab youth particularly are 
prolific users of social media platforms and are simultaneously recognized as a group at 
heightened risk for various mental health issues, including depression and suicidal 
tendencies [29,30]. 

This study addresses critical gaps in the existing literature as it explores the cognitive 
implications of SFV addiction, with a focus on attention and memory function. Unlike 
prior research that broadly examines internet addiction, our study uniquely concentrates 
on SFV platforms like TikTok and Instagram, which possess distinct features that may 
amplify their addictive potential and cognitive impacts. Additionally, this research ex-
pands beyond attention to investigate the underexplored impact of SFV addiction on 
memory function, providing a more comprehensive understanding of its broader cogni-
tive effects. This study focuses on Arab youth, a highly engaged yet underrepresented 
population in global studies. 

2. Methods 
2.1. Design 

We used a national cross-sectional survey structured based on the Joanna Briggs In-
stitute critical appraisal checklist for studies reporting prevalence data [31]. This study 
was conducted in Jordan, an Arab country recognized for having one of the youngest 
populations globally, with a significant portion (63%) of its population being under the 
age of 30 [32]. Data were collected from 25 higher-education institutions across Jordan, 
strategically selected to represent the diverse geographical regions of the country: urban, 
suburban, and rural. Our selection methodology employed a weighted sampling tech-
nique, such that we assigned weights based on the distribution of higher-education insti-
tutions across Jordan’s geographic regions (urban, suburban, and rural) to ensure repre-
sentative sampling. Institutions in densely populated areas received higher weights due 
to their larger student populations, while those in less populated areas were proportion-
ally weighted to reflect their contribution to the overall youth population. The population 
densities and enrollment data used to determine these weights were provided by the Min-
istry of Higher Education (2021). The data collection process was completed between 30 
December 2022 and 28 February 2023. 

2.2. Measurements 

2.2.1. Short-Form Video Addiction Scale 

Short-form video addiction was measured using Mu Honglei et al.’s scale [26]. It con-
sists of items that address unsuccessful attempts to reduce short-form video (SFV) app 
usage, difficulties in focusing on studies due to SFV apps, the impact of SFV apps on social 
life, and feelings of agitation when not using SFV apps. Participants rated their agreement 
with each item on a 5-point Likert scale. The total score, calculated by summing the re-
sponses, indicated the level of SFV addiction, with higher scores representing greater ad-
diction levels. In this study, the Cornbach’s α was 0.73. 



Healthcare 2025, 13, 252 4 of 13 
 

 

2.2.2. The UGC Perception Scale 

This study utilized the UGC perception scale to evaluate how youth using short-form 
video platforms experience immersion. The scale consisted of five statements (e.g., “How 
much do short-form video platforms impact your daily life?”) measured on a five-point 
rating system, with higher scores representing more immersive feelings [33]. The reliabil-
ity of the scale has been supported [34]. In this study, the Cornbach’s α was 0.72. 

2.2.3. The Prospective and Retrospective Memory Questionnaire 

To evaluate memory function among the study participants, the prospective and ret-
rospective memory scale was utilized [35]. This scale allowed participants to self-report 
the frequency with which they experienced various types of memory errors using a 5-
point Likert-type response format: “Very Often”, “Quite Often”, “Sometimes”, “Rarely”, 
and “Never”. The scale consists of eight distinct factors, each reflecting different aspects 
of memory, as follows: prospective short-term self-cued, prospective short-term environ-
mentally cued, prospective long-term self-cued, prospective long-term environmentally 
cued, retrospective short-term self-cued, retrospective short-term environmentally cued, 
retrospective long-term self-cued, and retrospective long-term environmentally cued. The 
scale has been used in previous research and showed strong psychometric properties [36]. 
In this study, the Cornbach’s α was 0.92. 

2.2.4. Attention Control Scale 

The Attention Control Scale (ATTC) [37] was used to assess participants’ attention 
abilities. The scale consists of two subdomains: attention focusing, the ability to maintain 
attention on a single task or stimulus for a prolonged period, and attention shifting, the 
capacity to adjust one’s focus between different tasks or stimuli effectively. The ATTC 
encompasses a total of 20 items, each of which is rated on a four-point Likert scale, ranging 
from 1 (almost never) to 4 (always). The scale’s use has been supported among youth [38]. 
In this study, the Cornbach’s α was 0.82. 

All tools were translated into the Arabic language following the procedures outlined 
by Chapman and Carter (1979) [39]. We also collected data on participants’ characteristics, 
including their educational institutions, year of study, major, GPA, average daily hours 
spent on smartphones and short-form video platforms, average daily studying hours, 
physical activity levels, and the presence of prior or current mental health or general 
health issues. 

2.3. Data Analysis 

Out of 1051 students who returned the questionnaire, 1029 responses were consid-
ered valid for further analysis. The rate of missing data was only 2.1%, which was less 
than 5%. Thus, following the rule of thumb in the literature [40], no missing data imputa-
tion was necessary in this case, and the 1029 completed cases were included in the data 
analysis. All the analyses were conducted using IBM SPSS Statistics 29.0.1 [41] and AMOS 
29.0.0 [42]. Descriptive statistics were used to explore the prevalence of SVA scores among 
Jordanian youth. Testing attention as a potential mediator in the relationship between 
SVA and memory was estimated and interpreted using structural equation modeling 
(SEM), whereas the moderation analysis was conducted using multigroup SEM to com-
pare model fit between unconstrained and constrained models. Both the mediation and 
moderation relations among the variables in the conceptual models were examined while 
controlling for participant background characteristics. These characteristics were selected 
using a linear model predicting SVA from multiple potential predictors based on previous 
research results. The SEM model included 33 parameters (16 path coefficients, 8 covari-
ances, and 9 variances). Based on the rule of thumb in the literature (i.e., number of 
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parameters × 20) [43], 660 participants were required to obtain robust estimates. Thus, this 
study with 1029 participants had sufficient power to produce stable parameter estimates 
and model fit indices. 

3. Results 
Out of 1051 students who returned the questionnaire, 1029 responses were consid-

ered valid for further analysis. Within this valid dataset, 31% were males, 56% were in 
their first two years of study, 45.2% were enrolled in medical sciences, 20% were enrolled 
in engineering and technology, and 21% were enrolled in arts and humanities. In terms of 
academic performance, the majority (43%) had a very good GPA. About 13% of the stu-
dents reported having a medical condition, with 3.8% mentioning a mental health condi-
tion. The predominance of female participants in our sample reflects the demographic 
reality of university students in Jordan, where females constitute the majority, as docu-
mented by the Ministry of Higher Education and Scientific Research [44]. Similarly, the 
lower representation of students in their fifth or sixth years is attributed to the typical 
four-year duration of most academic programs, with extended years being characteristic 
of a few fields such as medicine. Additionally, the greater representation of medical sci-
ences aligns with the larger enrollment numbers in these disciplines compared to others 
[44]. We inquired whether respondents had sought psychological help and examined their 
sources of support. Among those who sought help, 43.4% (202 respondents) turned to 
family, while 45.8% (213 respondents) sought assistance from friends. A smaller propor-
tion, 4.7% (22 respondents), reached out to university faculty, and 6.0% (28 respondents) 
relied on religious leaders for psychological support. In total, 465 respondents reported 
their sources of psychological help. Table 1 details the participants’ characteristics. 

Table 1. Demographic data of study participants (N = 1029). 

Characteristic Variables n % 
Gender  Male  319 31.0 
 Female 710 69.0 
Major  Engineering and technology 208 20.2 
 Medical sciences 465 45.2 
 Applied sciences 68 6.6 
 Arts and humanities 211 20.5 
 Business and management 77 7.5 
 Total  1029 100.0 
Year of Study     
 First year  270 26.2 
 Second year  301 29.3 
 Third year  204 19.8 
 Fourth year  137 13.3 
 Fifth year  97 9.4 
 Sixth year  20 1.9 
GPA  Weak 12 1.2 
 Fair 39 3.8 
 Good 248 24.1 
 Very good 441 42.9 
 Excellent 289 28.1 
Study hours, average  <2 279 27.1 
 2–3 278 27.0 
 4–5 267 25.9 
 6–8 135 13.1 
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 >8 70 6.8 
Phone device usage hours, average  <2 95 9.2 
 2–3 283 27.5 
 4–5 266 25.9 
 6–8 192 18.7 
 >8 193 18.8 

The mean SVA score was 13.15 (±3.61), ranging from 4 to 20 (Figure 1). Of the total 
participants, 50% had SVA scores above 13, while 25% had SVA scores above 16. The plat-
forms that were most frequently used for short-form video views were Instagram (73.4%), 
TikTok (45.9%), and Facebook (43.6%). Figure 2 displays all other platforms. Almost 18.8% 
of the participants used their smartphones for more than 8 hours each day. When asked 
about their perception of the TikTok ban imposed by the Jordanian government in De-
cember 2022, 15% of the participants expressed feeling annoyed, with an additional (6.5%) 
reporting extreme annoyance. 

 

Figure 1. Distribution of short-form video addiction scores. 



Healthcare 2025, 13, 252 7 of 13 
 

 

 
Figure 2. Percentage of users of different social media platforms. 

This study also identified correlates of SVA among youth, including academic major, 
gender, year of study, GPA, average study hours, psychiatric history, history of psycho-
logical assistance, and perceptions of UGC. The model explained 48% of the variance in 
SVA scores. The findings indicated a significant increase in SVA scores among female stu-
dents, those of a younger age, those with lower GPAs, and those who dedicated fewer 
hours to studying and engaging in sports activities. Notably, there was a significant and 
large correlation between SVA scores and students’ perceptions of UGC (Table 2). 

Table 2. Predictors of short-form video addiction (N = 1029). 

Variable df Mean Square F p Value 
Study majors (5 categories) 4 9.51 1.39 0.237 
Female (vs. male) 1 62.43 9.09 0.003 
Year of study 1 27.74 4.04 0.045 
GPA 1 42.31 6.16 0.013 
Study hours 1 52.69 7.67 0.006 
Psychiatric diagnosis (yes/no) 1 3.71 0.54 0.463 
Receiving psychological help (yes/no) 1 4.63 0.67 0.412 
UGC perception  1 5260.99 766.12 <0.001 
R-squared = 0.481 (adjusted R-squared = 0.474). 

The mediation analysis tested attention as a potential mediator in the relationship 
between SVA and memory. Variables that were significant predictors for SVA scores in 
the linear model with p < 0.10 (Table 2) were selected as covariates in the mediation model. 
The results revealed that attention partially mediates the relationship between SVA and 
memory with excellent model fit indices (χ2(12) = 14.11, p = 0.05, RMSEA = 0.03, GFI = 0.99, 
IFI = 0.99, TLI = 0.98, CFI = 0.99). Figure 3 depicts both a significant direct effect for addic-
tion scores on memory scores (γ = 0.19, p < 0.001) and a significant indirect effect for ad-
diction on memory through attention (α × β = (−0.31) × (−0.31) = 0.10, p < 0.001). 

Testing attention as a potential moderator in the relationship between SVA and 
memory was analyzed using multigroup SEM, comparing the model fit between 
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unconstrained and constrained models. Table 3 shows that the unconstrained model did 
not fit the data significantly better than the constrained model (Δχ2 = 11.00, Δdf = 8, p = 
0.201), indicating that attention did not moderate the relationship between SVA and 
memory (SVA  memory: βHight Attention = 0.23, p < 0.001 and βLow Attention = 0.24, p < 0.001). In 
other words, the relationship between SVA and memory was not different between stu-
dents with high attention (score ≥ 49, the median value) and those with less attention 
(score < 49), as shown in Figure 4. 

 
Figure 3. Attention partially mediates the relationship between short-form video addiction and 
memory. All the path coefficients were standardized and significant at the 0.05 level. 

(a) 
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(b) 

 

Figure 4. Attention did not moderate the relationship between short-form video addiction and 
memory. All the path coefficients were standardized. The black path coefficients were significant at 
the 0.05 level, and the red path coefficients were nonsignificant. (a) High attention (n = 536); (b) low 
attention (n = 493). 

Table 3. Unconstrained and constrained models for attention as a potential moderator in the rela-
tionship between short-form video addiction and memory. 

Model χ2 df p GFI IFI TLI CFI RMSEA Model Comparison 
Unconstrained 28.97 18 0.049 0.99 0.99 0.97 0.99 0.02 Δχ2 Δdf p 

Constrained 39.98 26 0.039 0.99 0.98 0.97 0.98 0.02 11.00 8 0.201 

4. Discussion 
The prevalent use of short-form videos, particularly among the youth, raises signifi-

cant concerns regarding the potential negative consequences on their health and well-be-
ing. Given Jordan’s youthful population and the unprecedented popularity of short-form 
videos, this research aims to shed light on the prevalence and patterns of SVA, explore its 
correlates, and examine the potential mediating and moderating roles of attention in the 
relationship between SVA and cognitive functions, primarily memory. 

The analysis of SVA levels among youth revealed that half of the participants had 
moderate to high engagement with short-form video content. This engagement is further 
underscored by the substantial daily smartphone usage reported by nearly a fifth of the 
participants. While comparing our results on a global scale is essential to understanding 
their relevance, such comparisons pose inherent challenges, primarily due to the limited 
availability of studies on SVA outside specific regions like China and South Korea. Despite 
these limitations, our analysis attempts to draw parallels and highlight differences by ex-
amining the available literature. The prevalence and patterns of SVA consumption ob-
served in our study align with a study from China [26], which highlighted that a consid-
erable proportion of adolescents (43%) spend one to two hours daily on short-form videos, 
with some (3.7%) even exceeding six hours per day, suggesting a deep engagement akin 
to our findings of moderate to high SVA addiction. Research from South Korea [45] found 
that a large segment of young adults aged 18–24 (40.15%) spends around two hours daily 
on short-form videos. Another study from China [46] reported that about 50% of the 
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participants viewed short-form videos between one and three hours daily, closely mirror-
ing our observations of substantial daily short-form video usage. 

Predictive analysis identified several risk and protective factors influencing SVA 
scores. Particularly, female students and those with lower academic achievement showed 
higher SVA scores, pointing to potential implications for academic support and counsel-
ing services within educational institutions. However, it is important to acknowledge that 
the findings are based on a cross-sectional design, which restricts our ability to infer tem-
porality or causal relationships between the variables studied. Longitudinal studies are 
needed to understand the directionality of these associations better. Further, addressing 
the relationship between SVA, attention, and memory function is inherently complex due 
to the dynamic interplay of social and behavioral factors in a rapidly evolving technolog-
ical landscape. While our findings highlight these associations, we acknowledge the chal-
lenges of interpreting such interactions within a public health framework. Future research 
should consider stricter controls on social and behavioral variability to further elucidate 
these relationships and inform effective interventions for youth in an increasingly inter-
connected and technology-driven world. 

Our moderation analysis, showing a lack of significant differences in the relationship 
across varying levels of attention, suggests that the impact of SVA on memory function is 
consistently present, regardless of an individual’s baseline attention capacity. This con-
sistency across attention levels emphasizes the inherent risk posed by high SVA scores to 
cognitive health, reinforcing the need for comprehensive strategies to address this emerg-
ing challenge. On the other hand, the partial mediation by attention in the relationship 
between SVA and memory highlights the importance of attention management in miti-
gating potential adverse effects on memory. 

These findings highlight opportunities for intervention, particularly through the de-
velopment of digital literacy programs aimed at fostering healthier consumption habits 
among students. Addressing digital media addiction requires a multidisciplinary ap-
proach that combines insights from educational policy, mental health support, and digital 
literacy education. Such efforts can help create a balanced and healthy digital environment 
for young adults, but they are most effective when supported by government-level initia-
tives. However, the ethical implications of internet governance models play a critical role 
in managing digital addiction. For example, China’s government has implemented strin-
gent regulations on content and screen time for children and adolescents to safeguard 
their well-being while promoting a productive digital learning environment [47]. These 
measures include mandatory restrictions, such as Douyin’s “teenager mode”, which limits 
screen time for users under 14 to 40 min per day and restricts access to specific content. In 
contrast, TikTok, which operates in countries like the United States and European Union, 
introduced a 60-minute daily screen-time limit for users under 18 and optional parental 
controls. However, these measures are less enforceable, as users can often bypass re-
strictions by falsifying their age [47]. 

The Chinese governance model demonstrates the effectiveness of strict regulations 
in curbing excessive digital media use, but it also raises concerns about privacy and free-
dom of speech. Technologies like facial recognition and government-controlled content 
moderation have drawn criticism for their potential to infringe on individual rights. Con-
versely, governance models in the U.S. and EU prioritize data protection and individual 
freedoms, making it challenging to implement equally robust measures. 

In Jordan, the government has taken a more restrictive approach by banning TikTok 
in response to concerns over content that violates community standards. However, many 
users circumvent this ban by utilizing virtual private networks (VPNs) to access restricted 
websites, routing their internet connection through servers in countries where such con-
tent is available. This highlights the ongoing tension between enforcing content 
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restrictions and users’ ability to bypass them, further complicating efforts to regulate dig-
ital media effectively [48]. A key ethical dilemma remains: how to balance effective inter-
ventions with safeguarding privacy and personal rights. Future policies must address 
these challenges through evidence-based solutions that account for cultural, ethical, and 
political contexts. 

5. Conclusions 
Our research underscores the widespread engagement with short-form videos con-

tent among Jordanian youth, with a significant portion exhibiting behaviors indicative of 
addiction. This addiction is characterized not only by the duration of engagement but also 
by its impact on cognitive functions, particularly attention and memory. We advocate for 
a comprehensive approach to tackle SVA among youth in Jordan and globally. This ap-
proach should include the development of digital literacy programs, mental health sup-
port services, and policy interventions that promote balanced and responsible media con-
sumption. Collaborative efforts among educators, policymakers, mental health profes-
sionals, and the tech industry are essential to foster a healthy digital ecosystem that sup-
ports the well-being and cognitive development of young individuals. 
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