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Abstract: The objective of this study is to explore the prevalence and characteristics of data sharing
policies in library and information science (LIS) journals, focusing on their relationship with journal
metrics, publisher volume (number of journals managed by the publisher), and open access (OA)
status. The study examined the link between data sharing policies and journal metrics in LIS journals
indexed in Scopus. Using secondary data from the SJR portal and qualitative data from author
guidelines, the study revealed several key findings: First, a positive relationship existed between
publisher volume and the presence of data sharing policies, with high-volume publishers consistently
implementing such policies. Second, 50.2% of LIS journals lacked data sharing guidelines, indicating
a significant gap. Third, journals that encouraged or required data sharing under certain conditions
tended to perform better in metrics such as quartiles, h-index, and citation impact. Fourth, data
sharing policies were more common in higher-ranked journals and were linked to better journal
metrics. Fifth, higher-ranked journals were more likely to include details on data statements, DOIs,
and repositories than lower-ranked journals. Lastly, non-OA journals were more likely to encourage
practices such as including data repositories and supplementary files in submissions, compared to
OA journals, revealing unexpected disparities. In conclusion, data sharing policies in LIS journals
showed associations with journal ranking and publisher volume, with non-OA journals showing
higher presence of certain data sharing practices.

Keywords: data sharing policy; library and information science journals; journal metrics; data
availability; journal policy

1. Introduction

There has been a general movement toward sharing data to ensure the transparency
of research results in recent decades. This shift is driven by the core principles of the
open access (OA) movement, which emphasizes the release of research data to improve
transparency, reproducibility, and accountability [1]. In alignment with these principles,
some scholarly journals have introduced data sharing policies, reflecting a broader commit-
ment to preserving research integrity [2–4]. By adhering to the principles of OA, scholarly
journals contribute to a culture that promotes openness and transparency, leading to the for-
mulation of guidelines and policies that encourage researchers to make their data publicly
available [5,6].

Journal guidelines or policies, typically accessible on a journal’s homepage, provide
various details about manuscript preparation, including instructions on how research data
should be accessed and shared with other researchers. Leading international OA jour-
nals have increasingly encouraged authors to share their data, underscoring the growing
importance of transparent data policies in scholarly publishing. For instance, PLOS One
has implemented a data sharing policy that requires authors to include a data availability
statement to foster data sharing and research transparency [7], suggesting that OA journals
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may be more inclined to adopt data sharing strategies than traditional journals. Moreover,
entities like the Committee on Publication Ethics (COPE) have been pivotal in setting
ethical standards in journal publishing, guiding stakeholders to engage in transparent and
responsible data sharing practices [8].

The principles of OA are particularly significant in LIS [9]. As a dynamic and evolving
discipline, LIS emphasizes the importance of understanding issues related to data. This
focus ensures that research aligns with ethical transparency standards, fostering credibility
and collaboration within the scientific community [10]. Empirical research on the presence
of data sharing policies in LIS journals illustrates how the field cultivates a culture of
transparency and ethics among researchers. Examining the current state of data sharing
policy presence in LIS journals not only strengthens research integrity but also establishes
a foundation for continuous advancements in scholarly communication within the field.
Moreover, variations in the presence of data sharing policies across publishers of different
sizes can reveal recent trends in LIS journal publishing.

Despite the growing adoption of journal data sharing policies and the guidance
provided by organizations such as COPE, there is still a notable lack of empirical research
examining these policies and their relationship with journal metrics in LIS. This study
is important because it provides empirical evidence on the current state of data sharing
practices, exploring how they relate to journal metrics, comparing differences between OA
and non-OA journals, and investigating how publisher volume (the number of journals
managed by the publisher) influences the presence of these policies. The findings from this
research can inform publishing strategies, show potential inequalities in the field, and offer
valuable information for journal editors in developing data sharing policies. Analyzing
data sharing policies in relation to OA status is particularly crucial, as both concepts are
grounded in the principles of openness and transparency in scholarly communication.
This comparison will help assess the alignment between OA principles and data sharing
practices, potentially revealing patterns in how different publishing models approach
research transparency.

The objective of this paper is to examine the prevalence and characteristics of data
sharing policies in LIS journals, focusing on their association with journal metrics, publisher
volume, and OA status. This study also investigates various elements essential to an
effective data sharing policy, including guidance provided to authors, the development of
detailed data availability statements, and the encouragement of assigning Digital Object
Identifiers (DOIs) to datasets and code.

This study addresses the following key research questions:

• How do journals specify and implement data sharing, particularly in their author
guidelines and policies?

• How do data sharing policies differ between OA and non-OA LIS journals?
• How do the presence and specific elements of data sharing policies relate to publisher

volume and journal metrics, such as h-index and quartile ranking, in LIS?

2. Literature Review

Existing research on data sharing policies paints a complex picture characterized by
varying levels of acceptance, challenges, and inconsistencies across disciplines, suggesting
concerns about transparency, standardization, and impact on research reproducibility. In
particular, previous studies identified challenges in implementing data sharing, including
issues related to data privacy, lack of standardized formats, concerns about data misuse,
and researchers’ general reluctance to disclose sensitive information [11,12]. These studies
also addressed data sharing policies related to transparency and managing the large
volume of shared health data, as well as the reproducibility of research [13–16]. Vasilevsky
et al. [17] found that data sharing policies in biomedical journals vary and often lack specific
guidance on maximizing data availability and reusability. These findings demonstrate
that implementing data sharing policies among journals is not consistent. Most of these
issues predominantly concern biomedical fields, which may differ from interdisciplinary
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fields such as LIS. Houtkoop et al. [18] revealed a reluctance to publicly share data in
psychology-related research, and Wiley [19] exposed variability in data sharing policies in
medical research journals, raising questions about data reusability. Similarly, Jeong [20]
found that journals from the Republic of Korea and France were more likely to adopt data
sharing policies than those from Brazil, though actual implementation through published
data availability statements remained uncommon.

Previous studies have also found disciplinary differences in the approach to data
sharing policies. Rousi and Laakso [21] identified significant variations in data sharing
policies among highly cited journals in neuroscience, physics, and operations research,
noting a notable influence from the inclusion of life science data types. They offered
open data and a coding framework for ongoing research and policy monitoring in the
realm of open science. Wang et al. [22] examined the research data policies of Chinese
scholarly journals, revealing that these policies were generally weak, with variations based
on factors such as journal language, publisher type, discipline, access model, and journal
metrics. In a related context, Kim et al. [23] revealed that 44.0% of 700 journals in life,
health, and physical science lacked a data sharing policy, while 38.1% had a strong policy
mandating or expecting data sharing. In particular, English-language journals, journals
co-published by Western and Chinese publishers, life science journals, and journals with
higher impact factors can be observed to have stronger data policies. Tal-Socher [24]
examined data sharing policies across disciplines and found that they vary in prevalence,
with the biomedical sciences leading the way and the humanities lagging behind.

Several studies have explored the connection between data policy and journal impact,
revealing emerging patterns in scholarly communication. Kim et al. [23] found that higher
impact factor quartiles were positively associated with stronger data sharing policies. Kim
and Bai [25] reported that approximately 29.5% of the Asian journals they studied had data
sharing policies, with significant correlations between these policies, impact factor, and
commercial publisher type. The authors noted that while many journals encouraged data
sharing, more effective strategies are needed to ensure compliance and explore varying
policy strengths in Asian journals.

In LIS, prior studies have addressed data sharing policies. Aleixandre-Benavent
et al. [26] found a positive relationship between being a top-ranked journal in the Journal
Citation Reports (JCR) and having an open policy, with a significant percentage of LIS jour-
nals supporting data reuse, storage in repositories, and public availability of research data.
In addition, Jackson [3] analyzed open data policies among LIS journals, and Thoegersen
and Borlund [4] conducted a meta-evaluation of studies on researcher attitudes toward
data sharing in public repositories.

Although the above-mentioned previous studies offer valuable perspectives, there
remains a need for more comprehensive and up-to-date research in LIS journals, particularly
in relation to journal metrics, OA status, and publisher volume. This study aims to address
this gap by providing a broader and more current analysis of data sharing practices in
Scopus-indexed LIS journals. Specifically, this research explores the differences in data
sharing policies between OA and non-OA journals and examines how these practices relate
to publisher volume and various journal metrics.

3. Methodology

The study examined the extent and association between the presence of data sharing
policies and journal metrics in LIS journals indexed in Scopus for the year 2023. Initially,
262 journals categorized under LIS in the SCImago portal were considered. Two types
of data were utilized: (a) secondary data on journal indicators and (b) qualitative data
manually collected from the journals’ websites. The qualitative data were gathered by
examining online author statements and editorial policies on the websites of LIS journals.
These two data types were analyzed together to evaluate the current landscape of the
presence of data sharing policies and their association with journal metrics. Out of the
262 LIS journals initially considered, 31 journals that lacked clear and detailed author
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submission guidelines were excluded. Consequently, following this exclusion, 231 journals
were retained for this study. We used the R programming language to merge journal metrics
with qualitative data and analyze the research data, which were collected in July 2024.

To qualitatively assess the data sharing policies, we manually reviewed the journal
policies and author information available on each journal’s homepage. Links to the journal
homepages were obtained from the SCImago portal, and in cases where the link was
unclear, an internet search engine was used to locate the correct site. The data sharing
policies were evaluated based on predefined criteria, and any discrepancies in interpretation
were resolved to maintain consistency. The qualitative data, including the prevalence and
types of data availability statements in the author guidelines sections, were systematically
analyzed to ensure a comprehensive review.

3.1. Data Collection of Journal Metrics and Attributes

This study utilized journal metrics data sourced from the SCImago portal. The key
metrics analyzed include the SCImago Journal Rank (SJR) [27], h-index, the total number of
documents produced by the journal in 2023 (TD2023), and the average number of citations
per document over a two-year period (CITES2YR). Further details and definitions for these
indicators are available on the SCImago portal [28]. Additionally, the study examined the
presence of data sharing policies in relation to the journal’s OA status (OA versus non-OA),
as identified through the Directory of Open Access Journals (DOAJ) and the Directory of
Open Access Scholarly Resources (ROAD).

3.2. Qualitative Data Collection

For the 231 LIS journals with clear manuscript submission guidelines on their websites,
qualitative data were collected based on two key aspects of data sharing policies (Table 1).
We categorized journals according to their approach to data sharing: “No Mention” for
journals that do not reference data sharing, “Encourage/Expect” for those that promote or
anticipate data sharing without requiring it, and “Conditional” for journals that require
authors to provide data if requested as a condition of publication. Although these cate-
gories align closely with prior research (e.g., Kim et al. [23]; Jeong. [20]), we made slight
adaptations to capture nuances specific to LIS journals. This tailored framework reflects
both the general structure seen in previous studies and the particular practices we observed,
ensuring a more accurate representation of data sharing policies within this field.

In addition to policy categories, we examined key policy elements aligned with
best practices in scholarly publishing, including data availability statements, repository
specifications, DOI assignment for datasets or code, and the inclusion of supplementary files.
These elements reflect essential components that promote transparency and reproducibility
in research. Each element was coded in binary terms (“Yes” or “No”) to indicate whether
the journal explicitly addressed it in its guidelines. This binary approach ensures clarity and
consistency in the analysis. Throughout the data collection process, we carefully reviewed
and cross-checked the encoding to minimize errors and ensure consistency. This structured
process ensures the accuracy of our coding and supports the replicability of the study’s
findings, even with the nuanced differences in our adapted framework.

Table 2 presents example statements of data sharing policy categories and key elements
of data sharing policies as outlined in journal guidelines. The table includes statements that
encourage, expect, or conditionally mandate data sharing, alongside specific components
such as data availability statements, repository use, DOI assignment, and the submission
of supplementary files. These examples demonstrate how journals establish guidelines to
promote transparency and accountability in research practices.
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Table 1. Description and options of elements of data sharing policy.

Aspects Variable Description Options

Categories of
Data Sharing
Policy

Data Sharing Policy
Categories
(policy_category)

No Mention: The journal’s information for authors or journal
policy statements do not make any references to expectations
or requirements for sharing data.
Encourage/Expect: The journal explicitly suggests or
anticipates authors share their research data as part of the
publication process, though it may not be compulsory.
Conditional: Authors are required to provide data upon
request as a condition for publication.

No Mention;
Encourage/Expect;

Conditional

Elements of Data
Sharing Policy

Data Availability
Statement
(data_statement)

Requests authors to specify the availability and access details
of the data used in their research, formally outlining how
their data can be accessed if they choose to share it.

Yes/No

Repository
Specification
(repo_spec)

Mentions that authors can use repositories for sharing their
research data. Yes/No

DOI for Data and
Code
(doi_data_code)

Encourages assigning a Digital Object Identifier (DOI) to
datasets and code. Yes/No

Supplementary Files
(supp_files)

Explicitly specifies requirements for providing additional
data files related to the research for data sharing purposes,
including preparation and submission details.

Yes/No

Table 2. Example statements of categories and elements of data sharing policy.

Item Example Statement

Data Sharing Policy
Categories (policy_category)

Encourage: “Authors are encouraged to share their data in order
to enhance transparency in research”.

Expect: “Authors may be requested to provide information on
how their research data can be accessed and cited in their
manuscripts”.

Conditional: “Authors may be required to provide data upon
request as a condition for publication”.

Data Availability Statement
(data_statement)

“Authors are encouraged to include a statement on how their
data can be accessed, specifying the availability and access details
of the data used in their research”.

Repository Specification
(repo_spec)

“Authors can make their data and software code available to
readers by depositing it in a public repository such as [repository
name], where ethically feasible”.

DOI for Data and Code
(doi_data_code)

“Authors are encouraged to assign a DOI to their datasets,
ensuring that this journal can maintain long-term accessibility
and proper citation standards”.

Supplementary Files
(supp_files)

“[The name of the journal] allows authors to submit
supplementary files to support their manuscript, enhancing the
transparency and reproducibility of their research”.

3.3. Data Cleaning and Processing

Building on the qualitative data collection, further data processing was conducted to
facilitate in-depth analysis. Journals were categorized based on their data sharing policies—
“No Mention”, “Encourage/Expect”, and “Conditional”—and key elements of data sharing
policies—data_statement, doi_data_code, repo_spec, and supp_files—were combined with
journal attributes and metrics. The dataset was then refined by adding a variable indicating
the journal type (OA vs. non-OA), which was used in subsequent analyses.
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To explore the relationship between publisher volume and the presence of data sharing
policies, publishers were grouped by the number of journals they manage. This “publisher
volume” provided a straightforward and quantifiable metric for analysis. A moderate level
of data cleaning and normalization was performed to ensure accuracy and comparability.
These steps included standardizing publisher names and removing redundant suffixes
(e.g., “AG”, “Inc.”, and “Ltd.”). The final dataset incorporated the presence of data sharing
policies across various publisher volumes, forming a reliable basis for statistical analyses.
Given the complexities involved in measuring publisher size, publisher volume—reflecting
the number of journals managed by each publisher—was selected as a relevant and con-
sistent metric for this study. For example, a publisher managing 25 journals would have
a publisher volume of 25, while one managing a single journal would have a publisher
volume of 1.

3.4. Statistical Analysis

In this study, several statistical analyses were selected to accurately assess the re-
lationships between data sharing policies and various journal metrics in LIS journals.
Mann–Whitney U tests were chosen to compare journal metrics across different data shar-
ing policy categories because this non-parametric test is suitable for comparing independent
samples without assuming normal distribution. Chi-square tests were applied to evaluate
the association between categorical variables, such as journal quartiles and specific ele-
ments of data sharing policies, as they effectively analyze relationships between categorical
data. Furthermore, ordinal logistic regression was employed to explore the relationship
between publisher volume and journal quartile rankings, given its robustness in modeling
ordered outcomes like quartile rankings. These statistical approaches were chosen to ensure
a comprehensive and rigorous analysis, revealing the landscape of data sharing policies
across LIS journals and their association with journal metrics and attributes.

4. Results
4.1. Distribution of Data Sharing Policy Categories

Data sharing policies were analyzed with respect to different policy categories men-
tioned previously (Table 3). As shown, the majority of journals (50.2%) fall into the “No
Mention” category. This indicates that a significant portion of journals do not explicitly
address or require specific data sharing in their author guidelines, suggesting a lack of
emphasis on data sharing policies within these journals. On the other hand, a substantial
amount of journals (48.5%) are categorized under “Encourage/Expect”, indicating that a
sizable portion of the academic community promotes and supports data sharing practices
or at least expects researchers to consider it. Encouragement or expectation regarding
data sharing by LIS journals reflects a recognition of the importance of sharing research
data for transparency, reproducibility, and collaborative research efforts. The smallest
subset of journals falls into the “Conditional” category (1.3%), representing journals that
require researchers to share their data as a condition of publication, indicating a formalized
approach to data sharing practices.

Table 3. Journal distribution across policy categories.

No Mention Encourage/Expect Conditional Total

116 (50.2%) 112 (48.5%) 3 (1.3%) 231 (100%)

4.2. Distribution of Data Sharing Policy Elements

We also analyzed data sharing policies by focusing on key elements such as the inclu-
sion of a formal data availability statement (data_statement), the use of DOIs for datasets
(doi_data_code), the specification of repositories for data storage (repo_spec), and the pro-
vision of supplementary files (supp_files). Figure 1 displays the frequency distribution of
the presence of these elements among LIS journals. Regarding the data_statement variable,
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72 journals (31.17%) included a data statement, while 159 journals (68.83%) did not. For
doi_data_code, 76 journals (32.9%) explicitly mentioned a DOI for data sharing, whereas
155 journals (67.1%) did not. Similar patterns are observed for the other two variables,
repo_spec and supp_files. Specifically, 105 journals (45.45%) mentioned that authors could
use repositories for sharing their research data (repo_spec), and 111 journals (48.05%)
explicitly specified requirements for providing supplementary files related to the research
(supp_files), including preparation and submission details. These findings suggest that
while elements like repo_spec and supp_files are relatively common in LIS journals, there
is less emphasis on the data_statement, which requests authors to specify how and where
supporting data can be accessed if they choose to share them. This indicates that many LIS
journals may prioritize other aspects of data sharing over formalizing the accessibility of
supporting data, possibly due to varying editorial practices or resource limitations.
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4.3. Presence of Data Sharing Policy and Journal Metrics

Table 4 presents the results of Mann–Whitney U tests comparing journal metrics
between those that do not mention data sharing policies (“No Mention”) and those that
encourage or expect such policies (“Encourage/Expect” or “Conditional”). The analysis
reveals significant differences across all metrics, with p-values well below 0.05. For SJR,
journals that encourage or expect data sharing have a higher mean value of 0.721 compared
to 0.326 for those that do not, with a W statistic of 2319.5. The h-index is also higher in
the “Encourage/Expect” group, with a mean of 44.504 versus 20.491, supported by a W
statistic of 2813.5. The TD2023 metric shows a mean of 84.800 for journals that promote data
sharing, compared to 30.948 for those that do not, with a W statistic of 3664.0. Lastly, the
CITES2YR metric, reflecting citations over two years, is higher in the “Encourage/Expect”
group with a mean of 2.904 compared to 0.907, as indicated by a W statistic of 2267.0. These
results indicate that journals with policies encouraging or expecting data sharing tend to
exhibit higher performance metrics.

Table 4. Mann–Whitney U test results for journal metrics and presence of data sharing policies.

Variable W_Statistic p-Value Mean Value (No
Mention)

Mean_Value
(Encourage/Expect or

Conditional)

SJR 2319.5 1.78 × 10−17 *** 0.326 0.721

h-index 2813.5 3.07 × 10−14 *** 20.491 44.504

TD2023 3664.0 3.22 × 10−9 *** 30.948 84.800

CITES2YR 2267.0 4.35 × 10−18 *** 0.907 2.904
Note: *** p < 0.0001. The significance level for hypothesis testing is set at 0.05.
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To examine the association between data sharing policies and journal quartiles, we
analyzed the distribution of specific data policy elements across different journal rankings
(Figure 2). For data available statements, there is a clear downward trend, with the
proportion of journals including a data statement decreasing from 49.3% in Q1 to 15.0% in
Q4. The doi_data_code element shows a similar downward pattern, decreasing from 49.3%
in Q1 to 15.0% in Q4, indicating that higher-ranking journals are more likely to include
DOIs for research data compared to lower-ranking journals. The repo_spec element shows
a decreasing trend across quartiles. Specifically, 41.7% of Q1 journals specify a repository,
decreasing to 37.5% in Q2, 22.0% in Q3, and 15.0% in Q4. A similar pattern is observed for
supp_files, with 86.6% of Q1 journals including supplementary files, compared to 15.0%
in Q4. These trends suggest that higher-ranked journals tend to adopt key data sharing
practices more frequently, such as specifying repositories or including supplementary files,
while lower-ranked journals are less consistent in their implementation. Although these
differences reflect some variability in how journals approach data sharing, they may also
point to resource or policy differences between journal tiers.
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Table 5 presents the results of chi-square tests examining the association between
journal quartiles and various data sharing policy elements. The chi-square statistics and
corresponding p-values indicate statistically significant associations for all variables, with
p-values well below 0.0003. Specifically, the presence of data_statement, doi_data_code,
repo_spec, and supp_files are all significantly associated with journal quartiles, as indicated
by the chi-square statistics ranging from 18.5 to 69. These results suggest a strong association
between journal quartiles and the presence of data sharing policies, indicating that higher-
ranked journals may be more inclined to implement and emphasize these practices.

Table 5. Chi-square test results for journal quartiles and data sharing policies.

Variable Description Chi-Square
Statistic df p-Value

data_statement Presence of a data availability statement 19 3 2.72 × 10−4 *

doi_data_code DOI provided for datasets 18.5 3 3.41 × 10−4 *

repo_spec Specified repository for data storage 63.9 3 8.8 × 10−14 *

supp_files Availability of supplementary files 69 3 8.8 × 10−14 *
Note: * p < 0.05 indicates statistical significance.
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4.4. Elements of Data Sharing Policy and OA Status of Journal

Figure 3 illustrates the relationship between different elements of data sharing policies
and the OA status of journals. For data_statement, 34.59% of non-OA journals explicitly
describe whether and how the data supporting the findings can be accessed, compared to
23.61% of OA journals. For doi_data_code, 37.11% of non-OA journals encourage assigning
a DOI to datasets and code, compared to 23.61% of OA journals. Regarding repo_spec,
54.09% of non-OA journals mention that authors can use repositories for sharing their
research data, while 26.39% of OA journals include this element. For supp_files, 57.23% of
non-OA journals explicitly specify requirements for providing supplementary data files,
compared to 27.78% of OA journals. Overall, non-OA journals tend to adopt these data
sharing policy elements at a higher rate compared to OA journals. An interesting trend to
note is that the supp_files element is the most prevalent among both non-OA (57.23%) and
OA journals (27.78%), suggesting that the provision of supplementary files is a significant
practice across different journal types, regardless of OA status.
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OA vs. non-OA journals—data_statement: chi-square = 2.297, p = 0.13 (no significant dif-
ference); doi_data_code: chi-square = 3.500, p = 0.0614 (no significant difference); repo_spec:
chi-square = 14.239, p = 1.61 × 10−4 (significant difference); supp_files: chi-square = 16.065,
p = 6.12 × 10−5 (significant difference).

As shown in the note section in Figure 3, chi-square tests comparing OA and non-OA
journals revealed no significant differences for the variables data_statement
(chi-square = 2.297, p = 1.30 × 10−1) and doi_data_code (chi-square = 3.500, p = 6.14 × 10−2).
However, significant differences were found for repo_spec (chi-square = 14.239,
p = 1.61 × 10−4) and supp_files (chi-square = 16.065, p = 6.12 × 10−5), indicating that
OA and non-OA journals differ significantly in their practices regarding repository spec-
ification and the inclusion of supplementary files. This suggests that OA and non-OA
journals are similar in terms of including data statements and providing DOIs for data and
code. However, non-OA journals may have more established practices for repository use
and supplementary material inclusion.

4.5. Presence of Data Sharing Policy and Publisher Volume
4.5.1. Relationship Between Publisher Volume and the Presence of Data Sharing Policies

Figure 4 illustrates the relationship between publisher index, publisher volume, and
the presence of data sharing policies in the author guidelines for LIS journals indexed in
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Scopus. In the 2023 indexing, we identified a total of 129 publishers, with some managing
more than one journal. Of these, 113 publishers manage only a single journal, and the
majority (85 out of 113) do not have a data sharing policy, while 28 have such a policy in
place. For publishers managing two to five journals, there is a mixed pattern regarding
the presence of data sharing policies. However, publishers with larger volumes (those
managing more than five journals) consistently implement data sharing policies, with
every publisher in this category having such policies. This analysis suggests a positive
relationship between publisher volume and the likelihood of adopting a data sharing policy.
While the data indicate that higher-volume publishers are more likely to standardize such
policies, further investigation would be needed to determine the underlying factors, such
as available resources or infrastructure.
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Numbers between indices may be missing when no publisher manages that specific number of
journals (e.g., there is no P24 because no publisher in our dataset manages exactly 24 journals).

4.5.2. Association Between Publisher Volume and Journal Quartile Ranking

We conducted an ordinal logistic regression analysis to examine the association be-
tween publisher volume (pub_vol) as the independent variable and journal quartile rank-
ing (QUAR) as the dependent variable. Understanding how publisher volume relates
to quartile rankings is important, as higher-ranked journals tend to demonstrate greater
transparency in their policies, including data sharing practices. In addition, publishers
with larger portfolios may have more resources and infrastructure, which can facilitate the
adoption of standardized policies across their journals.

The model results (Table 6) show a significant positive association between pub-
lisher volume and quartile ranking, with an estimated coefficient of 0.06249 (SE = 0.01398,
z = 4.471, p = 7.79 × 10−5). This indicates that as the number of journals managed by
a publisher increases, the likelihood of a journal being classified into a higher quartile
also increases, suggesting that larger publishers are more likely to manage higher-impact
journals.

The model’s threshold coefficients represent the cut-off points between adjacent quar-
tiles. While the thresholds for the 4|3 and 2|1 transitions (z = −6.376 and z = 7.318, respec-
tively) indicate clear distinctions between these quartiles, the 3|2 threshold (z = 1.072) is
not statistically significant. This suggests that publisher volume alone does not provide a
strong distinction between journals in Q2 and Q3.
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Table 6. Ordinal logistic regression results: publisher volume and journal quartile.

Effect
Term Estimate Std. Error z value p-value

pub_vol 0.06249 0.01398 4.471 7.79 × 10−5

Threshold

Threshold Estimate Std. Error z value

4|3 −1.2889 0.1940 −6.376

3|2 0.1798 0.1677 1.072

2|1 1.4272 0.1950 7.318

Note. The z-score for pub_vol is 4.471 (p = 7.79 × 10−5), indicating a significant relationship between publisher
volume and higher journal quartile rankings. The threshold z-scores are −6.376 (4|3), 1.072 (3|2), and 7.318 (2|1),
showing significant separation between quartiles 4|3 and 2|1, but less distinction between quartiles 3|2.

The similarity between Q2 and Q3 journals could result from metric overlap—such
as similar citation counts, h-indexes, or SJR scores—which causes journals to cluster near
the boundary between these quartiles. Additionally, volatility in annual citation metrics
could cause journals near the Q2–Q3 boundary to shift between quartiles over time, further
blurring the distinction. This overlap suggests that publisher volume alone is insuffi-
cient to predict quartile distinctions in the middle tiers, highlighting the complexity of
ranking metrics.

Overall, these results suggest that as publisher volume increases, the likelihood of
a journal being in either the top (Q1) or bottom (Q4) quartile becomes more pronounced.
However, the distinction between journals in the middle quartiles (Q2 and Q3) is less
clear, indicating that these journals may share more similar characteristics compared to
those at the extremes. These findings highlight the importance of understanding how
publisher practices and resources might influence both quartile rankings and the adoption
of transparent policies, such as data sharing.

5. Discussion

In this study, for the qualitative data processing, we began by categorizing data
sharing policies and encountered difficulties in applying previous frameworks that used
hierarchical levels (as seen in [23]), as they often lacked clear distinctions. Our refined
categorization—“No Mention”, “Encourage/Expect”, and “Conditional”—provides a more
straightforward approach to assessing journal commitment to data transparency. The
“No Mention” category reflects the absence of guidance on data sharing, leading to in-
consistencies in authors’ practices and potential reductions in research transparency. “En-
courage/Expect” indicates a journal’s support for data sharing, which can be explicit or
implicit, allowing authors some discretion and resulting in varying compliance levels. The
“Conditional” category requires authors to provide data upon request as a condition for
publication, adding accountability but also introducing uncertainty, as data sharing is not
an absolute requirement. These categories underscore the challenges in standardizing data
sharing practices across journals, as each approach strikes a different balance between
flexibility and accountability.

Some of the findings of this study closely mirror those previously reported in other
disciplines. For example, we identified a notable deficiency in the presence of proactive
measures for data sharing policies, with a substantial portion (50.2%) of LIS journals failing
to address any type of data sharing policy. This is comparable to findings by Kim et al. [23],
who reported that 44% of journals in life, health, and physical sciences lacked a data
sharing policy. Furthermore, our investigation revealed that LIS journals with explicit data
sharing policies tended to have improved journal metrics and rankings. These outcomes
are consistent with prior studies, which affirm that the presence of data sharing policies
contributes to increased journal impact [23–25].

This study finds a statistically significant link between the presence of data sharing
policies and higher journal metrics, particularly in top-ranked journals (Q1). Journals with
these policies tend to have better scores in metrics like SJR, h-index, TD2023, and CITES2YR,
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suggesting that encouraging data sharing is associated with higher journal metrics. The
analysis, using chi-square tests, shows that leading journals are more likely to promote
transparency and research integrity by including data sharing in their guidelines. This trend
underscores the importance of data sharing for enhancing credibility and reproducibility in
research, especially in LIS journals.

Although OA journals are typically associated with openness and transparency, ex-
emplified by PLOS One’s data sharing requirements, our results reveal a different pattern.
Our analysis shows that non-OA journals are more likely to adopt specific elements of data
sharing policies, particularly regarding repository specifications and supplementary files,
where we found statistically significant differences. This finding challenges the assumption
that OA journals, grounded in the principles of open access, would naturally lead in pro-
moting data sharing. These results suggest that the relationship between OA status and
data sharing practices may be more complex than initially assumed. One possible explana-
tion is that OA journals, on average, may be smaller in terms of publisher volume, which
could influence the scope and consistency of their data sharing policies. Further research
is needed to confirm and refine these findings, particularly by investigating how OA and
non-OA journals differ across varying publisher volumes and how these differences shape
data sharing practices.

Our findings further show the importance of publisher volume in shaping data sharing
policies. Low-volume publishers often lack explicit policies, whereas high-volume pub-
lishers are more likely to explicitly mention data sharing policies for authors. Our analysis
showed significant relationships between publisher volume and quartile rankings, though
this relationship was less pronounced between middle-tier journals. Separately, our analy-
sis revealed that larger publishers consistently implemented data sharing policies, with all
publishers managing more than five journals having such policies in place. Together, these
patterns indicate that larger publishers are associated with both higher-ranked journals and
more consistent implementation of data sharing policies, which may reflect their available
infrastructure. Low-volume publishers may face limitations in allocating resources to
the development and implementation of explicit data sharing policies. Furthermore, a
general positive association was found between the presence of a data sharing policy and
journal metrics, suggesting that journals managed by high-volume publishers may take a
more systematic approach to the publishing process by addressing various aspects such as
transparency, ethical standards, and data sharing practices.

There are several limitations to this study that are worth acknowledging. Firstly,
our analysis focused on how journals address data sharing policies within their author
guidelines, rather than examining the actual data sharing practices of authors or their
adherence to these guidelines. The extent to which authors make data available might
differ from the journal’s policy, as pointed out in prior studies [29]. Secondly, there is a
temporal gap between the collection of data sharing policy information and the journal
data from SJR (i.e., indexed for 2023 but collected in July 2024). Lastly, we acknowledge
the evolving nature of data sharing policy in scholarly journals. Our study captures a
momentary overview of current practices, but journals can introduce new data sharing
policies or alter author guidelines at any point. This dynamic nature of policy changes
and modifications could influence the interpretation of our results and their applicability
over time.

6. Conclusions and Recommendations

Our study found clear relationships between data sharing policies in LIS journals
and their metrics, publisher volume, and rankings. Higher-ranked journals and larger
publishers were more likely to adopt transparent data sharing practices, reflecting the
connection between institutional resources and policy implementation. While journals
with data sharing policies showed improved metrics (higher SJR scores, h-indexes, and
citation impact), we emphasize that ethical principles, not just metrics, should guide policy
decisions [10,11,30].



Publications 2024, 12, 39 13 of 14

Despite the growing importance of data sharing, practical barriers remain. Researchers
have raised concerns about privacy, data misuse, and the time required to prepare datasets
for public release [31]. Journals must address these issues by offering clear guidance,
resources, and incentives for data sharing. Although curating data is time-consuming [32],
it brings long-term benefits for transparency and collaboration. Journals should adopt
stakeholder-driven data sharing models to ensure editors, reviewers, and authors follow
best practices [33]. These models would support consistent and reliable data sharing
practices across all fields, including LIS.

The most interesting finding of this study is the positive relationship between pub-
lisher volume and the presence of data sharing policies. Our analysis shows that high-
volume publishers, with more resources, have consistently implemented comprehensive
data sharing policies, while low-volume publishers often lack these policies. This dis-
parity suggests a structural challenge in scholarly publishing where resource differences
between high-volume and low-volume publishers may affect not only journal rankings
but also their ability to implement standardized data sharing practices. This finding has
important implications for understanding how publisher characteristics influence scholarly
communication practices.

Future studies could examine differences in data sharing practices across LIS subfields
and regional journals [34]. This would reveal patterns and cultural differences in data
sharing norms, helping journals improve transparency. Future studies could further explore
how publishing models shape data sharing practices, uncovering the connections between
business strategies and research openness. Ultimately, data sharing should become a core
part of scholarly communication, independent of publishing models.
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