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Abstract: The speedometer is widely used to evaluate swimming velocity but has some constraints.
With the constant development of inertial units (IMUs), it is expected that they will become a good
alternative to the speedometer. This study aimed to compare the data retrieved by an IMU and a
speedometer when breaststroke is performed at maximum speed. Sixteen swimmers, nine males
and seven females (20.3 ± 3.3 vs. 18.7 ± 1.1 years old, 65.8 ± 11.2 vs. 57.7 ± 9.1 kg of body mass
and 1.75 ± 0.07 vs. 1.61 ± 0.10 m of height, respectively), performed 4 × 25 m of breaststroke sprint.
They were equipped with an IMU fixed to the sacrum and with the line of an electromechanical
speedometer (acquisition frequency of 50 Hz) fixed at the central point in the lumbar region. Statistical
parametric mapping was used to compare the velocity curves, IBM SPSS was used for descriptive
statistics and Bland–Altman plots were used for agreement of measurements. The results show that
the IMU and speedometer do not show similar patterns, and the velocity values measured by the
IMU are lower (p < 0.001). Bland–Altman plots presented a larger bias in terms of coefficient of
variation and intracycle velocity variation. It can be concluded that IMUs and speedometers are not
substitutes for each other as methods for evaluating intracycle velocity variations.

Keywords: biomechanics; swimming; performance; breaststroke; speedometer; inertial sensors;
intracycle velocity variation

1. Introduction

Swimming is characterized by the intermittent application of propulsive force to over-
come hydrodynamic drag, which cyclically changes its intensity [1]. Consequently, the
movement of the swimmer‘s body in the water is not uniform and results in an intracycle
velocity variation (IVV) [1,2]. So, the evaluation of the IVV can be used as a tool for evaluat-
ing the swimmer’s technique, allowing the determination of other kinematic measures such
as accelerations (resulting from the prevalence of propulsive actions and decelerations), the
shape and the actions of the swimmer’s body and jerkiness in the acceleration profile over
time, as well as body position changes and displacement.

Kinematical evaluation in sports can be achieved using different methods: (i) video
cameras, using two- (2D) and three-dimensional (3D) procedures, with and without body
markers [2,3], (ii) speedometer [4], (iii) GPS [5], (iv) radar [6], (v) infrared marker track-
ing [7], and (vi) accelerometers or inertial measurement units (IMUs) [8,9]. There is general
consensus on the advantages and disadvantages of each one of these methods, mostly re-
lated to the cost of equipment, complexity of the set-up and/or time required for processing
the information. Video analyses require a computational (off-line) effort, favoring a delay
in providing quantitative information [10] that is not in line with coaches’ expectations.
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The speedometer is a widely used device [4,11] and has its own constraints, mostly related
to the cable connection (not allowing performing turns) and only allowing the measuring
of one swimmer at a time. Therefore, the use of IMUs has become a relevant solution for
characterizing quantitative human movement and analyzing swimming performance [10].

IMUs are devices that incorporate accelerometers to measure 3D accelerations, gyro-
scopes to evaluate 3D angular velocity and magnetometers to assess the magnetic field
or magnetic dipole moment. IMUs have already been used in swimming and seem to
provide a reliable solution for extracting kinetic- and kinematic-related variables [12].
Recent developments concerning IMU dimensions, reliability and price have made this
piece of equipment a promising option for swimmer evaluation, with the potential to
provide fast and easy-to-use information on detailed performance-related metrics [13].
It is possible to provide, in real-time, the cycle rate and lap times [14]. Although some
questions persist regarding the orientation of the IMU sensors [15,16], and most existing
studies have been carried out on the front crawl, IMUs are welcome devices because they
allow kinematic variables to be extracted, making them a powerful tool for swimming
analysis [17,18]. However, swimming speed can be a conditioning factor in the accuracy of
the data collected [19].

The aim of the current study was to compare the data extracted from an IMU and a
speedometer during breaststroke performed at maximal intensity; it being hypothesized
that there will be a high level of agreement between devices. For that purpose, breaststroke
intracycle velocity variation was evaluated using both devices and compared to the values
obtained using Statistical Parametric Mapping (based on an independent parametric t-test
and the Bland–Altman plots). We expected that the IMU might replace the speedometer in
assessing swimming velocity without the limitations imposed by the cable connection and
allow the collection of data from several swimmers simultaneously. If speedometers could
be replaced by IMUs when assessing swimmers’ speed, this would permit an increase in
swimmer monitoring frequency. This would impact positively swimmers’ technique and,
consequently, raise their efficiency, concurrently with allowing the identification of technical
errors that might also help prevent injuries with evident benefits to practitioners’ health.

2. Materials and Methods
2.1. Sample

Sixteen swimmers, nine males and seven females (20.3 ± 3.3 vs. 18.7 ± 1.1 years old,
65.8 ± 11.2 vs. 57.7 ± 9.1 kg of body mass and 1.75 ± 0.07 vs. 1.61 ± 0.10 m of height,
respectively), participated in this study. The inclusion criteria were to have a minimum
competitive experience of three years, a minimum classification of level two [20] and a
specialization in breaststroke, as well as to be absent of injury in the six months prior to
the data collection. Swimmers participated in 6.4 ± 2.6 training sessions per week (with a
volume of 4100 ± 1300 m per session) and attained a performance level of 386 ± 86 points in
the 100 m breaststroke event according to the World Aquatics Point Scoring. All swimmers
(or legal guardians) were informed of the experiment’s benefits and risks before giving
written informed consent for participation. The study was conducted according to the
Helsinki Declaration.

2.2. Study Design

The experimental setup was set on a short-course indoor swimming pool with a water
temperature of 25 ◦C, an air temperature of 23 ◦C and 60% humidity. The participants
were initially tested for anthropometric measures using only their textile swimming suits
and caps. Body height and mass were measured to the nearest 0.1 cm and 0.1 kg, respec-
tively, using a portable stadiometer (SECA, 242, Hamburg, Germany) and a portable scale
(TANITA, BC-730, Amsterdam, The Netherlands). Then, the participants were asked to
perform a standard warm-up composed of 100 m of front crawl and 100 m of breaststroke
at low intensity, plus 4 × 50 m of breaststroke at an increasing pace. For the in-water
testing, swimmers were randomly assigned to perform 4 × 25 m of breaststroke at maximal
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intensity, starting with a wall push-off after an auditory signal, with 2 min of rest interval
between trials.

Swimmers were instrumented with one IMU (GT9XActiGraph Link, Pensacola, FL,
USA) composed of 3D accelerometer, gyroscope and magnetometer. The accelerometer
and gyroscope data were sampled at 100 Hz frequency using a full-scale set at ±8 g and
±2000 deg·s−1 (respectively). The IMU was attached to the swimmer’s sacrum, water-
proofed (inserted and sealed in a condom) and carefully positioned to allow the best
coincidence to the global reference coordinate system (X, Y and Z axes: horizontal, latero-
medial and vertical). A validated speedometer (with a 50 Hz acquisition frequency [21])
was fixed to a starting block and connected to the swimmer with a strap at the waist (as
a satisfactory representation of the center of mass position [22–24]). The IMU device was
calibrated by attaching it to the speedometer cable and performing a series of displacements.
The relation between the velocity measured by the speedometer and the IMU data was
used for the calibration mentioned above.

The linear acceleration and angular velocity data were initially filtered with a fourth-
order Butterworth high-pass filter with a 1 Hz cut-off frequency to remove high-frequency
noise. Then, the angular displacement data around the X, Y and Z axes were obtained
through cumulative trapezoidal numerical integration of the angular velocity curves around
these axes [25]. Afterward, the linear acceleration data were rotated [26] to precisely
assume the global coordinate system orientation, establishing anteroposterior, mediolateral
and vertical axes in relation to the swimming pool. The linear velocity curve in the
anteroposterior axis was obtained through cumulative trapezoidal numerical integration of
the linear acceleration curve along the anteroposterior axis. The analysis of the velocity
variations during breaststroke was made using the coefficient of variation (CV = SD/mean)
and IVV using the equation [2,27]:

IVV =
(vmax_LL − vmin_LL + Vmax_UL − vmin_T)

v

where the vmax_LL is the maximum velocity achieved during the lower limbs’ propul-
sion, vmin_LL is the first minimum velocity following upper and lower limbs recovery
(the beginning of lower limbs propulsion), vmax_UL is the maximum velocity registered
during the upper limbs’ propulsion, vmin_T is the minimum velocity observed during
the transition between lower and upper limbs propulsion and v is the mean swimming
velocity during the cycle.

2.3. Statistical Analysis

The Statistical Parametric Mapping, based on an independent t-test, was computed
using the SPM1D package (version 0.4.3, https://spm1d.org/, accessed on 1 June 2023)
on MATLAB R2022a with α = 0.05 to compare the velocity curves profiles (normalized to
101 data points) of both devices. Using IBM SPSS (version 28.0), we checked the normality
of the distribution with the Kolmogorov–Smirnov test and calculated mean, standard
deviation and P for parametric data treatment and median, interquartile range and P
for non-parametric data. The Bland–Altman plot [28] was applied using BA Plotter [29]
according to the guidelines [30] to quantify the agreement between two quantitative mea-
surements by determining the bias (or mean difference) and limits of agreement as a
measure of accuracy and precision (respectively). The mean of the two measurements was
plotted against their difference, with 95% of the differences expected to lie within the limits
of agreement (mean [1.96 SD]) and respective 95% confidence interval (CI). The CI of the
bias and the limits of agreements illustrates the magnitude of the systematic error and
an estimation of the extent of the possible sampling error (respectively) [28,30]. Prisma
GraphPad Prism 10 (Dotmatics, Bishops Stortford, UK) was also used for analyzing the
slope of the regression line between the two devices to check for proportional error.

https://spm1d.org/
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3. Results

Figure 1 represents one male and one female average breaststroke cycles from the
512 cycles analyzed and Figure 2 represents the average of each one of the first eight
breaststroke cycles after the swimmer’s head breaks the water surface, for males and
females. The beginning of each cycle was considered at the lowest point of the velocity
time series, i.e., immediately before the propulsive action of the lower limbs.

Bioengineering 2024, 11, x FOR PEER REVIEW 4 of 10 
 

estimation of the extent of the possible sampling error (respectively) [28,30]. Prisma 
GraphPad Prism 10 (Dotmatics, Bishops Stortford, UK) was also used for analyzing the 
slope of the regression line between the two devices to check for proportional error. 

3. Results 
Figure 1 represents one male and one female average breaststroke cycles from the 

512 cycles analyzed and Figure 2 represents the average of each one of the first eight 
breaststroke cycles after the swimmer’s head breaks the water surface, for males and fe-
males. The beginning of each cycle was considered at the lowest point of the velocity time 
series, i.e., immediately before the propulsive action of the lower limbs. 

 

 Figure 1. Average male and female breaststroke cycle and respective Statistical Parametric Mapping
representation (upper and lower panels, respectively). In red and marked with an asterisk is the
value of the t statistic for the upper and lower significance thresholds.



Bioengineering 2024, 11, 757 5 of 10

Bioengineering 2024, 11, x FOR PEER REVIEW 5 of 10 
 

Figure 1. Average male and female breaststroke cycle and respective Statistical Parametric Mapping 
representation (upper and lower panels, respectively). In red and marked with an asterisk is the 
value of the t statistic for the upper and lower significance thresholds. 

 
Figure 2. Set of eight average breaststroke swimming cycles (male and female) and respective Sta-
tistical Parametric Mapping to compare measurements (upper and lower panels, respectively). In 
red and marked with an asterisk is the value of the t statistic for the upper and lower significance 
thresholds. The time elapsed in the different cycles is standardized, expressing a temporal uni-
formity in percentage (Time%). Eight mean cycles, being 100% to each, correspond to 800% total 
time. 

Figure 2. Set of eight average breaststroke swimming cycles (male and female) and respective
Statistical Parametric Mapping to compare measurements (upper and lower panels, respectively). In
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in percentage (Time%). Eight mean cycles, being 100% to each, correspond to 800% total time.

From a qualitative curve-profile interpretation, there is a “macro” trend to the two
main maximums, which are out of phase in time and also do not agree in absolute velocity
values. There were notable differences regarding the velocity values measured by the two
devices, with the speedometer showing higher values than the IMU during most of the
cycle. However, there seems to be a tendency for IMU and speedometer values to provide
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similar data at lower speeds, such as at the beginning of the lower limbs’ propulsive action
and the end of the upper and lower limbs’ recovery. Specifically, in the average male and
female curves, there are differences between measuring systems in the following ranges
(0–13.7%; 15.5–89.3% and 91.1–99.0% vs. 0–5.9%; 8.2–80.5% and 5.1–99.0%). The same trend
(similar values at lower speeds) is observed in the average curve of the first eight cycles of
each swimmer after the head breaks the surface of the water.

Table 1 presents a comparison of the IVV and CV obtained by the speedometer and
the IMU in males and females. The data distributions were found to be normal for the IVV
obtained both from the speedometer and IMU and for the CV of data obtained from the
IMU. Figure 3 presents Bland–Altman Plots dissecting the agreement between IVV and CV
using the velocity values collected by the IMU and speedometer. In the BA plots, the mean
of the differences is represented by the dotted line, the limits of agreement by the dashed
lines and the confidence intervals by the shading. Female IVV showed a bias of -0.33 and,
despite some outliers and some data points out of the limits of agreement, a consistent
distribution between the limits of agreement (−1.26 to 0.59) and respective 95% CI (96.24%
of all data points laid inside the confidence bounds) was observed. No proportional error
(p > 0.05) was noted.

Table 1. Comparison of IVV and CV obtained by different devices: values are mean and standard
deviation and P for parametric data treatment and median, interquartile range and P for non-
parametric data.

Females Males

Speedometer IMU p Speedometer IMU p

IVV 2.26 (0.51) 1.96 (0.55) <0.01 2.60 ± 0.28 2.12 ± 0.39 <0.01
CV 0.47 (0.10) 0.35 (0.08) <0.01 0.52 (0.10) 0.37 (0.10) <0.01
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Female CV bias was −0.14 and, likewise, female IVV also observed a consistent
distribution between the limits of agreement (−0.31 to 0.02) and respective 95% CI (96.42%
of all data points laid inside the confidence bounds). Male CV showed −0.15 of bias
and, despite some outliers, a consistent distribution was observed between the limits of
agreement (−0.33 to 0.03) and respective 95% CI (97.33% of all data points lay inside the
confidence bounds). Comparing the male IVV obtained by the two methods, we found a
bias of −0.46 and, despite some outliers, a consistent distribution was observed between the
limits of agreement (−1.36 to 0.45) and respective 95% CI. A slight trend in the distribution
was observed, although very slight, for a lower bias as IVV increases.

4. Discussion

Data differences in the magnitude of velocity values obtained by the IMU and speedome-
ter were observed, despite them both pointing to patterns characterized by two main
velocity peaks, as described before [8,31,32]. However, the time stamp of these peaks, and
corresponding intermediate values, did not match, not allowing similar interpretations
regarding the time partition of the breaststroke technique in different phases. This seems to
conflict with the findings of a previous study, where the 3D wrist trajectory obtained by
an inertial system was considered to allow accurate and complete identification of front
crawl phases [33]. Furthermore, if the intracycle velocity variation is considered, the curves
produced by both systems are different for almost the entire cycle; it being possible to
observe that there is a tendency for the measured values to be more similar at the beginning
and end of the cycle considered. In fact, the start of the lower limb action and the end of the
recovery is a phase where the magnitude of the velocity is lower. At the phases of greatest
velocity (lower and upper limb propulsive actions), the measurements obtained by the two
methods were significantly and expressively different.

Next, we tried to verify if the observed differences between the IMU and speedometer
also extend to both IVV and CV, as metrics commonly associated with the overall quality
of the swimming action. Most of the Bland–Altman plot data points are below zero and all
biases are negative, meaning that there is a tendency for the IVV and CV values obtained
through the velocity measures accessing from the IMU to be lower than the values of speed
variation obtained from the speedometer records, as verified through the analysis of the
Statistical Parametric Mapping instantaneous values of velocity. It was found that, although
the percentage of values outside the confidence intervals was not high, the bias for CV is
very large (14 and 15% for the CV of women and men, respectively, while the IVV showed
a bias of 0.33 and 0.46 for women and men, respectively). In this sense, the use of an IMU
to estimate CV or IVV is not an alternative to the data presented by the speedometer.

According to the literature, some authors consider that one single IMU placed on the
sacrum can be used to measure the velocity [34], while others consider that it is not sufficient
to determine or infer the cycle phases with accuracy [35]. It is also emphasized in some
studies that wireless data transfer is a necessity, but signal loss needs to be minimized [36].
The need for a compromise between the potential of technology and practicality in the
field is also suggested [37] regarding the necessity to solve the issues related to the lack
of adequate standardization of data acquisition and tools for subsequent analysis, so that
their use by coaches may be increased. In recent years, we have seen an increase in the
number of studies validating inertial sensors [15,38,39], and with many uses of IMUs, like
to identify cycle phases [40], swimming techniques [41,42], swim turns, underwater gliding
and clean swimming [43], even the quantification of energy expenditure [44]. Accordingly,
we recognize that IMU technology has developed and the devices are increasingly smaller
in size. Depending on the number in simultaneous use and the position in which they
are placed, they can be used without causing embarrassment to the swimmer and allow a
lot of information to be collected at the same time. They also make it possible to assess a
group of swimmers. However, they are not yet an alternative to the speedometer when
it comes to assessing intracycle velocity variation. So, further studies should be carried
out in this area, which will enable the development of algorithms and other procedures
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leading to the collection of increasingly accurate and easy-to-use information. This aspect
is of greater importance when the velocity values referenced to the IMU are not obtained
directly but calculated. In addition, it will be necessary to work on optimizing this process
to avoid bias.

5. Conclusions

It can be concluded that in the velocity curves acquired using an IMU and a speedome-
ter during breaststroke swimming, there is an underestimation of velocity values by the
IMU compared to the values of the speedometer, which can be seen mostly at higher swim-
ming velocities. IMUs and speedometers do not show similar patterns and show significant
differences. They are only similar in showing a “macro” trend to two main maximums, but
the respective maximums are out of phase in time and absolute velocity values. So, IMUs
and speedometers are not substitutes for each other for velocity measurement.

Author Contributions: L.V., M.J.C., J.P.V.-B., S.S. and C.C.S. took part in the conceptualization,
methodology, and analysis; data collection was carried out by L.V., M.J.C., J.P.V.-B., S.S., C.C.S. and
F.A.F.; data extraction from the equipment was carried out using MatLab routines created by M.F.G.
The literature review was carried out by L.V., supported by M.J.C. and supervised by R.J.F. and
J.P.V.-B.; the data processing was carried out by L.V., F.A.F. and M.F.G. and L.V. wrote the manuscript,
supported by M.J.C., S.S., C.C.S. and R.J.F. and supervised by J.P.V.-B. All authors have read and
agreed to the published version of the manuscript.

Funding: This work was supported by the Portuguese Foundation for Science and Technology (FCT),
I.P., under the funding program UIDP/05913/2020 (doi: 10.54499/UIDB/05913/2020).

Institutional Review Board Statement: This study was conducted in accordance with the.Declaration
of Helsinki and approved by the Ethics Committee of Faculty of Sport of University of Porto (CEFADE
24 2020, 11 November 2020) and the guidelines of the world Medical Association for research
on humans.

Informed Consent Statement: Informed consent was obtained from all subjects involved in the study.

Data Availability Statement: Data are contained within the article.

Conflicts of Interest: The authors declare no conflict of interest.

References
1. Barbosa, T.M.; Bragada, J.A.; Reis, V.M.; Marinho, D.A.; Carvalho, C.; Silva, A.J. Energetics and biomechanics as determining

factors of swimming performance: Updating the state of the art. J. Sci. Med. Sport 2010, 13, 262–269. [CrossRef] [PubMed]
2. Fernandes, R.J.; Ribeiro, J.; Figueiredo, P.; Seifert, L.; Vilas-Boas, J.P. Kinematics of the hip and body center of mass in front crawl.

J. Hum. Kinet. 2012, 33, 15–23. [CrossRef]
3. Gourgoulis, V.; Aggeloussis, N.; Kasimatis, P.; Vezos, N.; Boli, A.; Mavromatis, G. Reconstruction accuracy in underwater

three-dimensional kinematic analysis. J. Sci. Med. Sport 2008, 11, 90–95. [CrossRef] [PubMed]
4. Neiva, H.P.; Fernandes, R.J.; Cardoso, R.; Marinho, D.A.; Abraldes, J.A. Monitoring master swimmers’ performance and active

drag evolution along a training mesocycle. Int. J. Environ. Res. Public Health 2021, 18, 3659. [CrossRef] [PubMed]
5. Beanland, E.; Main, L.C.; Aisbett, B.; Gastin, P.; Netto, K. Validation of GPS and accelerometer technology in swimming. J. Sci.

Med. Sport 2014, 17, 234–238. [CrossRef] [PubMed]
6. Kolmogorov, S.; Vorontsov, A.; Vilas-Boas, J.P. Metabolic Power, Active Drag, Mechanical and Propelling Efficiency of Elite

Swimmers at 100 Meter Events in Different Competitive Swimming Techniques. Appl. Sci. 2021, 11, 8511. [CrossRef]
7. Chainok, P.; Lauer, J.; Gonçalves, P.; de Jesus, K.; Fernandes, R.J.; Vilas-Boas, J.P. Backstroke-to-breaststroke turns muscular

activity. A study conducted in age group swimmers. J. Sports Sci. Med. 2022, 21, 402–412. [CrossRef] [PubMed]
8. Bachlin, M.; Tröster, G. Swimming performance and technique evaluation with wearable acceleration sensors. Pervasive Mob.

Comput. 2012, 8, 68–81. [CrossRef]
9. Dadashi, F.; Millet, G.P.; Aminian, K. Front-crawl stroke descriptors variability assessment for skill characterisation. J. Sports Sci.

2016, 34, 1405–1412. [CrossRef]
10. Magalhães, F.A.; Vannozzi, G.; Gatta, G.; Fantozzi, S. Wearable inertial sensors in swimming motion analysis: A systematic review.

J. Sports Sci. 2015, 33, 732–745. [CrossRef]
11. Craig, A.B., Jr.; Pendergast, D.R. Relationships of stroke rate, distance per stroke, and velocity in competitive swimming. Med. Sci.

Sports 1979, 11, 278–283. [PubMed]

https://doi.org/10.1016/j.jsams.2009.01.003
https://www.ncbi.nlm.nih.gov/pubmed/19409842
https://doi.org/10.2478/v10078-012-0040-6
https://doi.org/10.1016/j.jsams.2007.02.010
https://www.ncbi.nlm.nih.gov/pubmed/17544326
https://doi.org/10.3390/ijerph18073569
https://www.ncbi.nlm.nih.gov/pubmed/33808199
https://doi.org/10.1016/j.jsams.2013.04.007
https://www.ncbi.nlm.nih.gov/pubmed/23707140
https://doi.org/10.3390/app11188511
https://doi.org/10.52082/jssm.2022.402
https://www.ncbi.nlm.nih.gov/pubmed/36157393
https://doi.org/10.1016/j.pmcj.2011.05.003
https://doi.org/10.1080/02640414.2015.1114134
https://doi.org/10.1080/02640414.2014.962574
https://www.ncbi.nlm.nih.gov/pubmed/522640


Bioengineering 2024, 11, 757 9 of 10

12. Mooney, R.; Corley, G.; Godfrey, A.; Quinlan, L.R.; ÓLaighin, G. Inertial sensor technology for elite swimming performance
analysis: A systematic review. Sensors 2015, 16, 18. [CrossRef] [PubMed]

13. Félix, E.R.; Silva, H.P.D.; Olstad, B.H.; Cabri, J.; Correia, P.L. SwimBIT: A novel Approach to stroke analysis during swim training
based on attitude and heading reference system (AHRS). Sports 2019, 7, 238. [CrossRef]

14. Davey, N.; Anderson, M.; James, D.A. Validation trial of an accelerometer-based sensor platform for swimming. Sports Technol.
2008, 1, 202–207. [CrossRef]

15. Dadashi, F.; Crettenand, F.; Millet, G.P.; Aminian, K. Front-crawl instantaneous velocity estimation using a wearable inertial
measurement unit. Sensors 2012, 12, 12927–12939. [CrossRef] [PubMed]

16. Stamm, A.; Thiel, D.V.; Burkett, B.; James, D.A. Towards determining absolute velocity of freestyle swimming using 3-axis
accelerometers. Procedia Eng. 2011, 13, 120–125. [CrossRef]

17. Dadashi, F.; Crettenand, F.; Millet, G.; Seifert, L.; Komar, J.; Aminian, K. Automatic Front-Crawl Temporal Phase Detection Using
Adaptive Filtering of Inertial Signals. J. Sports Sci. 2013, 31, 1251–1260. [CrossRef] [PubMed]

18. Stamm, A.; James, D.A.; Burkett, B.B.; Hagem, R.M.; Thiel, D.V. Determining Maximum Push-off Velocity in Swimming Using
Accelerometers. Procedia Eng. 2013, 60, 201–207. [CrossRef]

19. Pla, R.; Ledanois, T.; Simbana, E.D.; Aubry, A.; Tranchard, B.; Toussaint, J.F.; Sedeaud, A.; Seifert, L. Spatial-temporal variables
for swimming coaches: A comparison study between video and TritonWear sensor. Int. J. Sports Sci. Coach. 2021, 16, 1271–1280.
[CrossRef]

20. McKay, A.K.A.; Stellingwerff, T.; Smith, E.S.; Martin, D.T.; Mujika, I.; Goosey-Tolfrey, V.L.; Sheppard, J.; Burke, L.M. Defining
training and performance caliber: A participant classification framework. Int. J. Sports Physiol. Perform. 2022, 17, 317–331.
[CrossRef]

21. Lima, A.B.; Capitão, F.; Morouço, P.; Gonçalves, P.; Fernandes, R.J.; Barbosa, T.M.; Velhote, M.C.; Tani, G.; Vilas-Boas, J.P. Acute
effects of the use of a biofeedback system for the technical training in breaststroke swimming. Rev. Port. Cien. Desp. 2006, 6, 96.

22. Maglischo, C.W.; Maglischo, E.W.; Santos, T.R. The relationship between the forward velocity of the center of gravity and the
forward velocity of the hip in the four competitive strokes. J. Swim. Res. 1987, 3, 11–17.

23. Costill, D.L.; Lee, G.; D’Acquisto, L. Video-computer assisted analysis of swimming technique. J. Swim. Res. 1987, 3, 5–9.
24. Barbosa, A.C.; Barroso, R.; Gonjo, T.; Rossi, M.M.; Paolucci, L.A.; Olstad, B.H.; Andrade, A.G. 50 m freestyle in 21, 22 and 23 s:

What differentiates the speed curve of world-class and elite male swimmers? Int. J. Perform. 2021, 21, 1055–1065. [CrossRef]
25. Whittaker, E.T.; Robinson, G. The Trapezoidal and Parabolic Rules, 4th ed.; Cope Press: Dover, NY, USA, 1967; pp. 156–158.
26. Dai, J.S. Euler–Rodrigues formula variations, quaternion conjugation and intrinsic connections. Mech. Mach. Theory 2015, 92,

144–152. [CrossRef]
27. Fernandes, A.; Afonso, J.; Noronha, F.; Mezêncio, B.; Vilas-Boas, J.P.; Fernandes, R.J. Intracycle velocity variation in swimming: A

systematic scoping review. Bioengineering 2023, 10, 308. [CrossRef] [PubMed]
28. Bland, J.M.; Altman, D.G. Statistical methods for assessing agreement between two methods of clinical measurement. Int. J. Nurs.

Stud. 2010, 47, 931–936. [CrossRef]
29. Goedhart, J.; Rishniw, M. BA-plotteR—A web tool for generating Bland-Altman plots and constructing limits of agreement. Res.

Vet. Sci. 2021, 137, 281–286. [CrossRef] [PubMed]
30. Giavarina, D. Understanding Bland Altman analysis. Biochem. Med. 2015, 25, 141–151. [CrossRef]
31. Colman, V.; Persyn, U.; Daly, D.; Stijnen, V. A comparison of the intra-cyclic velocity variation in breaststroke swimmers with flat

and undulating styles. J. Sports Sci. 1998, 16, 653–665. [CrossRef]
32. Leblanc, H.; Seifert, L.; Tourny-Chollet, C.; Chollet, D. Intra-cyclic distance per stroke phase, velocity fluctuations and acceleration

time ratio of a breaststroker’s hip: A comparison between elite and nonelite swimmers at different race paces. Int. J. Sport Med.
2007, 28, 140–147. [CrossRef] [PubMed]

33. Cortesi, M.; Giovanardi, A.; Gatta, G.; Mangia, A.L.; Bartolomei, S.; Fantozzi, S. Inertial sensors in swimming: Detection of stroke
phases through 3D wrist trajectory. J. Sports Sci. Med. 2019, 18, 438–447. [PubMed]

34. Worsey, M.; Pahl, R.; Thiel, D.; Milburn, P. A comparison of computational methods to determine intrastroke velocity in swimming
using IMUs. IEEE Sens. Lett. 2018, 2, 1500604. [CrossRef]

35. Callaway, A.J. Measuring kinematic variables in front crawl swimming using accelerometers: A validation study. Sensors 2015, 15,
11363–11386. [CrossRef]

36. Adesida, Y.; Papi, E.; McGregor, A.H. Exploring the role of wearable technology in sport kinematics and kinetics: A systematic
review. Sensors 2019, 19, 1597. [CrossRef] [PubMed]

37. Camomilla, V.; Bergamini, E.; Fantozzi, S.; Vannozzi, G. Trends supporting the in-field use of wearable inertial sensors for sport
performance evaluation: A systematic review. Sensors 2018, 18, 873. [CrossRef] [PubMed]

38. Fantozzi, S.; Coloretti, V.; Piacentini, M.F.; Quagliarotti, C.; Bartolomei, S.; Gatta, G.; Cortesi, M. Integrated timing of stroking,
breathing, and kicking in front-crawl swimming: A novel stroke-by-stroke approach using wearable inertial sensors. Sensors 2022,
22, 1419. [CrossRef] [PubMed]

39. Davey, N.; James, D. Swimming stroke analysis using multiple accelerometer devices and tethered systems. In The Impact of
Technology on Sport II; CRC Press: Boca Raton, FL, USA, 2008. [CrossRef]

40. Ohgi, Y.; Yasumura, M.; Ichikawa, H.; Miyaji, C. Analysis of stroke technique using acceleration sensor IC in freestyle swimming.
Eng. Sport 2000, 250, 503–511.

https://doi.org/10.3390/s16010018
https://www.ncbi.nlm.nih.gov/pubmed/26712760
https://doi.org/10.3390/sports7110238
https://doi.org/10.1080/19346182.2008.9648474
https://doi.org/10.3390/s121012927
https://www.ncbi.nlm.nih.gov/pubmed/23201978
https://doi.org/10.1016/j.proeng.2011.05.061
https://doi.org/10.1080/02640414.2013.778420
https://www.ncbi.nlm.nih.gov/pubmed/23560703
https://doi.org/10.1016/j.proeng.2013.07.067
https://doi.org/10.1177/17479541211013755
https://doi.org/10.1123/ijspp.2021-0451
https://doi.org/10.1080/24748668.2021.1971509
https://doi.org/10.1016/j.mechmachtheory.2015.03.004
https://doi.org/10.3390/bioengineering10030308
https://www.ncbi.nlm.nih.gov/pubmed/36978699
https://doi.org/10.1016/j.ijnurstu.2009.10.001
https://doi.org/10.1016/j.rvsc.2021.05.017
https://www.ncbi.nlm.nih.gov/pubmed/34058399
https://doi.org/10.11613/BM.2015.015
https://doi.org/10.1080/026404198366461
https://doi.org/10.1055/s-2006-924205
https://www.ncbi.nlm.nih.gov/pubmed/16835822
https://www.ncbi.nlm.nih.gov/pubmed/31427865
https://doi.org/10.1109/LSENS.2018.2804893
https://doi.org/10.3390/s150511363
https://doi.org/10.3390/s19071597
https://www.ncbi.nlm.nih.gov/pubmed/30987014
https://doi.org/10.3390/s18030873
https://www.ncbi.nlm.nih.gov/pubmed/29543747
https://doi.org/10.3390/s22041419
https://www.ncbi.nlm.nih.gov/pubmed/35214321
https://doi.org/10.1201/9781439828427.ch83


Bioengineering 2024, 11, 757 10 of 10

41. Slawson, S.; Justham, L.; West, A.; Conway, P.; Caine, M.; Harrison, R.; Estivalet, M. Accelerometer Profile Recognition of
Swimming Strokes. Eng. Sport 2008, 7, 81–87.

42. Pansiot, J.; Lo, B.; Yang, G.Z. Swimming stroke kinematic analysis with BSN. In Proceedings of the 2010 International Conference
on Body Sensor Networks, Biopolis, Singapore, 7–9 June 2010.

43. Vannozzi, G.; Donati, M.; Gatta, G.; Cappozzo, A. Analysis of swim turning, underwater gliding and stroke resumption phases in
top division swimmers using a wearable inertial sensor device. In Biomechanics and Medicine in Swimming XI; Sport School: Oslo,
Norway, 2010.

44. Dadashi, F.; Aminian, K.; Crettenand, F.; Millet, G.P. Towards estimation of front-crawl energy expenditure using the wearable
aquatic movement analysis system (WAMAS). In Proceedings of the 2013 IEEE International Conference on Body Sensor
Networks, Cambridge, MA, USA, 6–9 May 2013.

Disclaimer/Publisher’s Note: The statements, opinions and data contained in all publications are solely those of the individual
author(s) and contributor(s) and not of MDPI and/or the editor(s). MDPI and/or the editor(s) disclaim responsibility for any injury to
people or property resulting from any ideas, methods, instructions or products referred to in the content.


	Introduction 
	Materials and Methods 
	Sample 
	Study Design 
	Statistical Analysis 

	Results 
	Discussion 
	Conclusions 
	References

