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Abstract: The buildings’ surroundings’ environmental exposure conditions (e.g., orientation, location,
altitude, distance from the sea, temperature, precipitation, presence of damp, exposure to prevailing
winds, among others) have a considerable influence on the performance and durability of their
envelope. Furthermore, the intensity of these conditions can vary significantly with the height of
the building and, consequently, influence the degradation of different parts of the same building
in different ways. In a tall building, the upper part is more prone to higher solar radiation levels,
temperature variations, and exposure to wind–rain action. On the other hand, external elements at
the bottom are more susceptible to high levels of pollution, especially in city centres. In this sense,
the main purpose of this study was to analyse the degradation processes in buildings with different
heights and understand whether the processes and maintenance requirements are statistically differ-
ent. A sample of 203 natural stone claddings (NSC), located in Portugal, was used as case study. The
sample was collected based on the diagnosis of the degradation condition of these claddings through
in situ visual inspections. To predict the degradation process of NSC over time, a stochastic service
life prediction model, based on Petri nets (PN), was implemented. This model allows evaluating the
performance of NSC by encompassing the uncertainty of the future performance of the claddings.
The results obtained through the degradation and maintenance models were compared with real
case studies to highlight the real impact of buildings’ height subjected to environmental exposure
conditions on the maintainability of NSC.

Keywords: degradation; maintenance; environmental exposure conditions; tall buildings; natural
stone claddings; Petri nets

1. Introduction

The cladding materials, applied in façades and roofs, are the buildings’ first protection
level and, therefore, they are exceptionally vulnerable to the environment degradation
agents and mechanisms [1]. Consequently, the surrounding environmental exposure condi-
tions have a strong impact on the rate and severity of degradation of these materials [2].
The service life and maintenance needs of the different cladding solutions are influenced by
factors such as location, orientation, altitude, distance from the sea, precipitation, tempera-
ture, presence of damp, and exposure to prevailing winds [3,4]. The service life of façade
claddings is very variable, depending on the material applied, the exposure conditions,
even the geographical context, and the consequent users’ performance requirements [5,6].
In fact, the service life of the cladding materials varies around the world. For example, the
Aon Center, in Chicago was initially clad in Italian Carrara marble, but the severe thermal
cycles and environmental loads of Chicago led to early cracking and bowing of the marble
slabs, and the building had to be re-cladded with white granite 15 years later [7–9]. Similar
constructive solution presented different service lives in other places, for example 21 years
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in Helsinki (Finland), 25 years in Malmö (Sweden) and Paris (France), and 31 years in
Nyköping (Sweden) [10,11]. The variation of the environmental exposure conditions with
height can also considerably affect the rate and severity of the claddings’ degradation. A
study performed by Westberg et al. [12] reveals that tall buildings are more susceptible to
weather effects. In the Aon Center, most of the cracked slabs were located on the elevated
part of the building, subjected to higher sunlight exposure [13].

The environmental exposure conditions at the top and bottom of a tall building are
distinct. The upper part of the building is less protected from these conditions, namely solar
radiation, temperature variations, and the combined action of precipitation and prevailing
winds [14,15]. On the other hand, the façades at the bottom of buildings are subjected to a
higher level of pollution in the air [16]. The main purpose of this study is to understand
whether the degradation process in tall buildings is statistically different from that in low
buildings and assess the impact of these differences on the maintenance requirements. To
assess the impact of the building’s height on the degradation and maintenance conditions
of natural stone claddings in external façades over time, a stochastic service life prediction
model, based on Petri nets (PN), is implemented. This model allows evaluating the
performance of NSC by encompassing the uncertainty of the future performance of the
claddings [17]. The case study selected is composed of 203 natural stone claddings (NSC),
110 in low buildings and 93 in high-rise buildings, located in Portugal. The sample was
collected based on the diagnosis of the degradation condition of these claddings through in
situ visual inspections. In the methodology developed, the degradation process and three
maintenance strategies are assessed: (i) total replacement only; (ii) combination of minor
interventions and total replacement; and (iii) combination of cleaning operations, minor
interventions, and total replacement.

To the authors’ best knowledge, there are no studies in the literature that address this
issue. First, the maintenance planning of claddings is not yet fully implemented in our
society (the maintenance of this element is still seen as non-essential) [18,19]. Furthermore,
when degradation models are used to predict the evolution of anomalies and plan the
maintenance activities, it is assumed that the environmental exposure conditions are equal
in all building [20,21]. Nowadays, from the literature, it is known that environmental
exposure conditions have a considerable influence on the degradation process [22], espe-
cially the microclimate. Therefore, the analysis of the degradation process for different
buildings’ heights is fundamental to define adequate degradation curves to correctly model
the claddings’ behaviour. By reducing the uncertainties in the degradation process, better
maintenance plans can be developed and, consequently, higher savings in the maintenance
plan can be reached.

The outline of this paper is as follows: Section 2 provides a background of the variation
of environmental exposure conditions according to the buildings’ height; in Section 3, the
material analysed and the maintenance model implemented are described; Sections 4 and 5
present the results obtained and their discussion, respectively; and, finally, the conclusions
are drawn in Section 6.

2. Background: Variation of the Environmental Exposure Conditions According to
Buildings’ Height

The façades’ durability is strongly influenced by the microclimate [23]. Local climate
concerns the overall climate of the region and is related with the topography, rural or
urban context, altitude, and distance to the sea of the building [3]. On the other hand,
microclimate depends on the specific location and characteristic of the building, such as [12]
orientation, materials, height, and surface protection (by elements existing in the façade or
by external surrounding elements). Therefore, the assumption that environmental exposure
conditions are constant along the height of a building is an over-simplistic approach.

Several studies show that existing environmental conditions are directly related with
the buildings’ height. Elshaer et al. [24] used different configurations of buildings (stan-
dalone and different surrounding heights) to assess the impact of wind loads on tall
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buildings. The authors concluded that the mean pressure magnitudes of the wind are
higher on the top of the building and increase with height. However, the surrounding build-
ings have a protective effect, mainly at the bottom of the building, since the mean pressure
magnitudes of the wind decreases with the increase in height of the surrounding buildings.
On the other hand, the increase in height of the surrounding buildings contributes to the
turbulence induced by the incoming wind. The risk of turbulence is considerably high at
the bottom of the building when the height of the surrounding buildings is, approximately,
75% of the height of the building under analysis.

The pollutant concentrations are also higher at street level [16]. Azimi et al. [25], in
Chicago, and Makhelouf [26], in Paris, analysed the vertical distribution of pollution around
high-rises. In both studies, the measurements carried out show considerable differences in
the pollutant concentrations as a function of floor elevation. These concentrations are more
significant at the bottom of the building mainly because of traffic density. Only the ozone
concentration increases with the height of the building [25,27]. From previous studies, it
is possible to understand that pollutants related to road traffic are severely harmful to
outdoor surfaces due to the dry deposition process [28,29].

Wind-driven rain intensity is another important parameter in the degradation of the
buildings’ envelope elements. The wind-driven rain has an active role in the deposition of
atmospheric pollutants on building façades [30]. Ge et al. [31], from field measurements of
wind-driven rain on mid- and high-rise buildings, and Blocken et al. [30], from numerical
models, observed that the wind-driven rain intensity increases as a function of floor
elevation, reaching its maximum at the roof of the buildings. Furthermore, when the rain is
acid, the impact in the degradation is higher, since the buildings’ elements are exposed to
acid environments for a long time [29,32].

Regarding temperature, although the results of Azimi et al. [25] show that temperature
decreases with height, Charisi et al. [33] found that the more exposed parts of buildings
present high surface temperatures due to the high radiative flux that the building façades
are exposed to and, consequently, a higher temperature variation along the day. In the
context of degradation of buildings’ envelope elements, higher temperature variations are
more harmful than a high stable temperature [34]. Since the top of the building is more
exposed, the impact of temperature variations is more visible in these areas. Furthermore,
the top of the building is also more prone to higher indices of UV radiation [35]. Solar
exposure has a considerable importance in the aging of building materials [36,37].

3. Materials and Methods

To assess the impact of the building’s height on the degradation and maintenance
conditions of façades, 203 natural stone claddings were selected as case studies. For that
purpose, a stochastic service life prediction model, based on PN [17], was implemented. A
condition-based maintenance model means that inspections are an important activity in the
maintenance planning. In other words, planning the maintenance activities to be carried
out is possible only after the assessment of the NSC condition through an inspection.

A stochastic service life prediction model is used to the detriment of well-established
models, such as the factorial method [38]. Although the factorial method is flexible and
relatively easy to apply, this deterministic method is extremely sensitive to small changes in
the sub-factors’ quantification. As more durability sub-factors are adopted, the complexity
of the method increases, and the reference service life becomes more difficult to establish
in an objective way [39]. The implementation of PN overcomes these limitations. The
graphical representation allows describing the problem in a more intuitive manner; it is
more flexible, since it allows incorporating more rules in the model to accurately simulate
more complex problems and, at the same time, keep the model size within manageable
limits. Probabilistic distribution can also be used to describe the degradation phenomena,
providing more relevant information regarding the risk of failure of the claddings.

The research methodology implemented is divided into three main steps (Figure 1).
In the step 1, a statistical analysis of the database is carried out, where the differences of
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weighted area of the façade affected by visual, loss of integrity, and loss of adhesion anoma-
lies, according to the building’s height, are identified. In step 2, the optimal parameters of
the degradation model for high and low buildings are estimated for different probabilistic
distributions. The exponential distribution is used to validate the degradation model. After
that, the best probabilistic distribution is chosen, and the degradation curves are estimated.
Finally, in step 3, the impact of maintenance activities is analysed, and values of high and
low buildings are compared with the values of the complete sample.
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Figure 1. Diagram of the methodology implemented in this study.

3.1. Natural Stone Cladding

Over the years, several problems in natural stone claddings have been reported [11,40,41],
derived mainly from inappropriate design, construction errors, and/or lack of maintenance [42,43].
The failure of NSC is extremely serious. The detachment of a stone element from the façade
represents a high hazard to pedestrians and users [11,41,44]. Due to its unique appearance,
natural stone provides an image of prestige and prosperity and is used as a cladding
material in several buildings around the world, most of which are considered tall buildings.
The knowledge of its behaviour and requirements is essential.

The database used in this study is composed of 203 NSC. A total of 54% of database
elements correspond to low buildings (buildings up to five storeys) and 46% to high
buildings (with more than five floors). The degradation condition of each NSC in the
database was analysed based on in situ visual inspections.

The inspected buildings were randomly chosen. Buildings with different environmen-
tal exposures, locations, ages, heights, types of use, and types of stone were selected. The
objective was to obtain a heterogeneous database. In terms of the type of stone, 35% of the
database elements correspond to limestone, 27% to granite, and 38% to marble.

3.2. Classification System

The classification system to assess and characterise the degradation condition of
buildings’ claddings has been addressed by different authors [45–47]. In this study, a
discrete classification system with five degradation conditions is used to assess the overall
condition of NSC. This classification system was introduced by Silva et al. [39]. The overall
degradation condition is determined through the severity of degradation index, Sw. Based
on a visual assessment, the extent of the cladding affected by the different anomalies is
recorded. The severity of degradation index is estimated by the ratio between the area
affected by the anomalies observed in a NSC, weighted according to their severity, and a
reference area equivalent to the total cladding area with the highest possible degradation
condition (Equation (1)) :

Sw =
∑(An × kn × ka,n)

A×∑ kmax
, (1)

where kn is the multiplying factor of anomaly n, as a function of its degradation condition
(varying between 0 and 4); ka,n a weighting factor corresponding to the relative weight
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of the anomaly detected (ka,n ∈ R+); An the area of cladding affected by an anomaly n
(in m2); A the façade’s area (in m2); ∑kmax the sum of the multiplying factors for the highest
degradation condition of each anomaly type. The severity of degradation index, Sw, ranges
between 0 and 100%. The anomalies, the weighting factors (kn and ka,n), and more details
about the classification system can be consulted in Silva et al. [39].

Figure 2 illustrates the relationship between the severity of degradation, Sw, and the
degradation condition, C, with some examples. Condition A (Sw ≤ 1%) represents a NSC
with no visible degradation; in condition B (1 < Sw ≤ 8%), the NSC begins to present
some visual anomalies (superficial dirt and stains) and some signs of loss of integrity
(material degradation and cracking); condition C (8 < Sw ≤ 20%) corresponds to a NSC
with slight degradation, with anomalies related to joints and substrate degradation and
loss of integrity (open joint, scaling of the edges, and fracture); condition D (20 < Sw ≤ 45%)
corresponds to a NSC with moderate degradation (there is an evolution on the condition C
anomalies); and condition E (Sw > 45%) represents a NSC with generalised degradation and
severe defects.
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Figure 2. General appearance of NSC in the different degradation conditions: (a) condition A
(Sw ≤ 1%); (b) condition B (1 < Sw ≤ 8%); (c) condition C (8 < Sw ≤ 20%); (d) condition D
(20 < Sw ≤ 45%). No example is provided for condition E because there is no NSC in this con-
dition in the database.

3.3. Maintenance Model

Beyond the degradation process, the maintenance model adopted also includes the
inspection and maintenance processes. Since it is a stochastic model, the uncertainties that
arise from the inspection records, from the natural variability of the degradation process,
and from the efficiency/impact of the maintenance actions are considered. Therefore, to
consider the propagation of uncertainties during a building’s lifetime, in this model, a
Monte Carlo simulation is used (the sample size considered is 50,000). More details about
the maintenance model can be found in Ferreira et al. [17].

3.3.1. Degradation Process

To adjust the maintenance model to model NSC in low- and high-rise buildings, the
estimation of the firing rates of the transitions of the degradation process from the database
is a fundamental step. For that purpose, several probability distributions are analysed. The
probability distribution that best describes the degradation process of the NSC is the one
that minimises the differences between the predicted and observed data. The fit of the
probability distribution parameters to the database is carried out through the maximum
likelihood method [48]. The log likelihood, log L, measures the difference between the
observed data and those estimated by the model (Equation (2)).

log L = ∑ log pij, (2)

The log likelihood is given by the summation of the logarithm of the probability of
transition from degradation i to j, pij, of all observed transitions presented in the database.
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3.3.2. Impact of the Maintenance Activities

The database is also used to estimate the impact that a maintenance activity has on the
NSC. The impact of a maintenance activity is quantified by assessing the effect this activity
has on the severity of degradation index, Sw [49]. The impact of maintenance activities on
the removal or repair of the anomalies observed is defined based on the literature or expert
judgement. These values are used to perform a theoretical correction of the anomalies in
the different records presented in the database. After theoretical analysis, a new severity
of degradation index is estimated and, consequently, a new degradation condition. By
comparing these records with the original, the probability that a NSC improves its condition
is estimated.

In this study, only three types of intervention are considered in the maintenance model:
cleaning operations, minor interventions, and total replacement. Cleaning operations are
applied to remove part of the aesthetical and visual defects (e.g., surface dirt, stains,
and efflorescence) and reduce microbiological growth. Minor intervention is a more
detailed action than cleaning operations. Besides covering cleaning operations, it also
considers localised repair and/or partial replacement of the NSC due to cracks or local
loss of adhesion. Finally, in the last level, the whole cladding is replaced. In terms of
implementation, it is assumed that a cleaning operation is required when a cladding
presents a condition B of degradation, a minor intervention when the degradation condition
is C, and a total replacement when condition is D or E.

For NSC, the fixed costs (at year 0), the application zones, and the impacts of the
various types of interventions are presented in Table 1. More specifically, these values
mean, for example, that a cleaning operation in NSC has a cost of EUR 31.37/m2, is applied
in condition B, and improves the NSC’s condition to A with a probability of 15%, leading
to no significant improvement with a probability of 85%. The costs were adapted from the
literature [50].

Table 1. Fixed costs, application zones, and impacts of the different maintenance activities.

Interventions Cost (EUR/m2) Application Zone
Impact of the Maintenance Activity (%)

PA PB PC

Inspections 1.03 All - - -
Cleaning operations 31.37 B 15.0 85.0 -
Minor interventions 68.80 C 0.0 80.4 19.6

Total replacement 149.51 D, E 100.0 - -

3.3.3. Output of the Maintenance Model

The output of the maintenance model is given in terms of four parameters: service life,
maintenance costs, efficiency index, and number of interventions over the time horizon.

Based on the literature, in this study, condition D defines the expected end of the
service life (ESL) for NSC [39]. In the maintenance model, it is assumed that the ESL is
reached when the probability of transition between conditions C and D is equal to 50% [23].
The maintenance costs correspond to the accumulated costs required, over the time horizon,
th, to keep the NSC in operation (Equation (3)). These costs consider the costs related with
inspections, Cinspection, and the other maintenance activities, Cmaintenance. To consider future
costs, a real discount rate, υ, of 6% is considered [23].

Ctotal = ∑
Cinspection

(1 + υ)t + ∑
Cmaintenance

(1 + υ)t , (3)

The ability of maintenance strategy to maintain the NSC in a good condition is mea-
sured through the efficiency index (EI) (Equation (4)). The EI ranges between 0 and 1,
and it is computed by the ratio between the area below the degradation curve with loss
of performance,

∫
Sw(t) dt, and the area below the degradation curve when there is no



Infrastructures 2022, 7, 44 7 of 16

degradation, 100·th. The higher the EI value, the more efficient the maintenance strategy is
over time [51].

EI =
∫

Sw(t) dt
100× th

, (4)

Finally, the number of total replacements corresponds to the average number of times
that the cladding is totally replaced during the time horizon.

4. Results

In this study, the influence of the buildings’ height on the degradation and maintenance
of NSC is analysed. A time horizon of 150 years is considered in the several analyses
performed. Furthermore, it is assumed that the NSC is in condition A at the beginning of
the analysis (no visible degradation).

4.1. Degradation Condition of NSC According to the Façade’s Height and the Environmental
Exposure Conditions

As described in Equation (1), the severity of degradation index (and, consequently,
the degradation condition) is estimated considering the area affected by the anomalies
observed in a NSC.

Figure 3 shows the statistical analysis of the weighted area of the façade affected by
visual anomalies according to the buildings’ height. The main visual anomalies observed
in the sample are colour change, damp stains, biological colonisation, and deposition
of dirt or efflorescence (Figure 4). The results reveal that high buildings present higher
areas affected by stains and by the deposition of biological agents. According to Neto and
de Brito [52], these anomalies are mainly caused by wet–dry cycles and the action of water,
by the presence of living organisms, and particles accumulation, higher buildings being
more prone to this type of anomalies, as indicated by the sample.
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Figure 4. Illustrative examples of the visual anomalies observed in NSC: (a) damp stains; (b) biological
colonisation; (c) dirt deposition; (d) efflorescence.

Concerning the anomalies related to the loss of integrity of NSC (loss, volume change,
or degradation of the stone elements), the results reveal that these anomalies occur with a
higher frequency in low buildings (Figures 5 and 6). These anomalies tend to be caused
by chemical and biological actions, and the higher concentration of pollutants in the low
buildings may justify these results [16]. On the other hand, physical actions, as impacts,
and human actions can also promote these anomalies, and the lower parts of buildings are
thus more susceptible to these actions.
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Figure 7 presents a statistical analysis of the loss of adhesion anomalies according
to the buildings’ height and exposure to wind–rain action. For severe conditions of the
combined action of wind and rain, high-rise buildings present higher areas affected by
detachment, mainly due to the action of wet–dry cycles and thermal shocks. On the other
hand, for a moderate exposure to wind–rain action, low buildings present higher areas
affected by loss of adhesion anomalies. In this situation, these anomalies are mainly caused
by other effects, such as excessive deformation of the substrate and structural-related
movements of the walls, which are not directly related to the buildings’ height.

1 
 

 

Figure 7. Boxplots of the weighted area of the façade affected by loss of adhesion anomalies according
to the buildings’ height and exposure to wind–rain action.

4.2. Probabilistic Analysis of the Degradation Process

To select the best probability distribution that describes the behaviour of the observed
data, three probability distribution are analysed: exponential, Weibull, and lognormal.
In addition, the parameters of the degradation process are also estimated through the
Markov chains. Due to their wide application to model degradation processes [39,53–55],
Markov chains are used to validate the degradation process in the Petri net maintenance
model. In Table 2, the optimal parameters and the log likelihood value obtained for low
and high buildings are compared, in terms of mean, Ti, and standard deviation, SDi, of the
permanence time in each degradation condition, with i = {A, B, C, D}.

Table 2. Comparison of the optimal parameters obtained for Markov chains and Petri net (exponential,
Weibull, and lognormal) for low and high buildings.

Parameters
Low Buildings High Buildings

Markov
Chains Exponential Weibull Lognormal Markov

Chains Exponential Weibull Lognormal

Mean value (years)

TA 5.4 5.6 4.6 4.9 6.0 5.0 4.2 6.5 × 103

TB 36.5 37.4 39.5 38.7 96.1 100.4 44.9 48.4
TC 81.7 77.1 26.2 29.0 111.1 129.8 16.8 18.6
TD 111.1 1.4 × 104 57.7 7.8 × 106 111.1 3.4 × 107 35.6 1.8 × 107

Standard deviation
(years)

SDA 5.4 5.6 4.4 5.8 6.0 5.0 19.5 9.3 × 1010

SDB 36.5 37.4 12.4 14.5 96.1 100.4 7.5 11.6
SDC 81.7 77.1 2.1 0.9 111.1 129.8 0.6 0.4
SDD 111.1 1.4 × 104 3.2 4.9 × 107 111.1 3.36 × 107 1.8 1.4 × 108

−log L 95.06 90.48 75.98 77.09 63.80 63.26 45.47 44.15
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The validation of the degradation process in the Petri net maintenance model is carried
out through the comparison exponential distribution and Markov chains results. For both
heights, the values of the optimal parameters obtained through these two methodologies,
for degradation conditions A, B, and C, are similar (Table 2). However, the differences
observed in degradation condition D are already quite significant. The reason for this
difference is related to a limitation of the database: it has no records in degradation
condition E. The differences in the remaining degradation conditions occur due to sampling
errors associated with the Monte Carlo simulation implemented in the Petri net degradation
model. The above results can be confirmed in Figure 8. This figure presents the average
degradation curves obtained for both methodologies and for heights. The curves are
practically overlapped in degradation conditions A and B. In condition C (8 < Sw ≤ 20%), it
is already possible to observe slight differences between the curves; but the differences from
condition D (20 < Sw ≤ 45%) begin to be more pronounced. However, since it is assumed
that the end of the service life is reached when the NSC reaches condition D, and there are
no elements in condition E, it is considered that Petri Nets are adequate to describe the
degradation process for both heights.
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After validation, the three probability distributions (exponential, Weibull, and lognor-
mal) are compared to identify the distribution most suitable to describe the degradation
process. By comparing the log likelihood values (Table 2), the results reveal that Weibull
and lognormal distributions have a better fit to the historical data. These two probabil-
ity distributions present the lowest log likelihood values for both heights. However, by
analysing the optimal parameters, it is found that lognormal distribution has difficulties in
modelling the permanence time in condition D for low buildings and in condition A and D
for high buildings (Table 2). The values estimated are unrealistic. Therefore, based on these
results, the Weibull distribution is selected as the more adequate distribution to describe the
degradation process for both heights. In Figure 9, the average degradation curves obtained
for the three probabilistic distributions and for both heights are compared. In this figure,
the adequate fit of the Weibull distribution can be confirmed. According to the exponential
and lognormal degradation curves, after 150 years, the severity of degradation index of the
NSC is above 40% (i.e., condition E has not yet been reached). Since maintenance is not
yet considered in the degradation curves, these two probability distributions reveal to be
inadequate to describe the degradation process of NSC.
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Figure 9. Comparison of the average degradation curves obtained for the three probabilistic distribu-
tions and for both heights.

Figure 10 presents the cumulative distribution functions (CDF) of the five degradation
conditions for both heights computed with the Weibull distribution. The CDF allows
evaluating the probability of the NSC moving from one condition to the next, the expected
end of service life, and the permanence time of the NSC in each degradation condition. The
ESL is identified in Figure 10 for both heights. For low buildings, an average service life of
71 years is obtained, and for high-rise buildings, that value is 65 years.
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Figure 10. Cumulative distribution functions of the five degradation conditions over time horizon
for both heights.

4.3. Comparison of the Different Maintenance Strategies

To introduce the impact of maintenance actions in low- and high-rise buildings, three
maintenance strategies are analysed: (i) total replacement only; (ii) combination of minor
interventions and total replacement; and (iii) combination of cleaning operations, minor
interventions, and total replacement. These three maintenance strategies were defined
based on previous works and on expert judgement [17,23,51]. For both heights, a periodicity
between inspections of 5 years is considered.

In Figures 11 and 12, and Table 3, for both heights, the different parameters estimated
for each maintenance strategy are compared. Furthermore, these results are compared with
the values obtained for the complete sample of NSC. More details about the results of the
complete sample can be found in Ferreira et al. [23,51].
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Table 3. Comparison of the total number of replacements and maintenance costs for both heights and
for the complete sample.

Maintenance Strategy Case Study
Maintenance Activity

Cost (EUR/m2)
Cleaning Operation Minor Intervention Total Replacement

MS1
Low - - 1.7 6.01
High - - 1.9 6.67

Complete - - 1.7 5.98

MS2
Low - 2.2 0.6 10.73
High - 2.1 0.5 8.40

Complete - 2.1 0.5 9.10

MS3
Low 5.7 2.0 0.3 45.85
High 5.6 2.0 0.3 45.04

Complete 5.6 2.0 0.3 44.65

Figure 11 compares the results of service life. In a simple way, they reveal that using
preventive maintenance activities, such as cleaning operations and minor interventions,
contributes to increasing the service life of NSC. These results are visible for both heights
and in the complete sample. For the situations with maintenance (MS1, MS2, and MS3)
and for the situation with no maintenance, the ESL ends when condition D is achieved.
However, in MS1, MS2, and MS3, when condition D is achieved, the NSC is completely
replaced, while in the situation with no maintenance, the NSC continues to degrade. This is
the reason why the service lives obtained for MS1 and for the situation with no maintenance
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are the same. Since MS1 only includes total maintenance, the NSC degrades continuously
until condition D without any maintenance being performed. The same behaviour can be
observed for the situation with no maintenance. The difference between both situations is
that in MS1, a total replacement is carried out when the degradation condition is D, while
in situation with no maintenance, maintenance activities are not carried out.

Furthermore, as maintenance strategies become more complex (from MS1 to MS3),
along with the increase in service life, the efficiency index also increases (Figure 12). This
observation is valid for both heights and for the complete sample. This result means that
using preventive maintenance activities increases the probability of the NSC remaining
in the most favourable degradation conditions (such as conditions A and B) for longer.
Consequently, the aesthetic appearance of the NSC is better during the time horizon.

On the other hand, the increase in complexity of the maintenance strategy translates
into an increase in the global number of interventions and maintenance costs (Table 3),
as expected. However, by closely analysing Table 3, it is found that, although the global
number of interventions increased, the number of replacements was substantially reduced.
This result is relevant because the replacement of all NSC is the most time-consuming
maintenance activity, and reducing that number over the time horizon allows increasing
the users’ satisfaction. Regarding costs, there is a close relationship with the number of
interventions, i.e., the increase in the number of interventions has a greater impact on the
maintenance costs.

5. Discussion

Through a simple analysis of the results obtained with no maintenance, it is found
that they are coherent with the studies in the literature [12,39]. By comparing the service
life of NSC (Figure 10) for both heights, the results reveal that NSCs are more durable in
short buildings than in tall buildings. These results show the environmental loads that tall
buildings are subjected to (such as higher temperature [33], wind-driven rain intensity [30],
and wind loads [24]) contribute to accelerating the degradation process of NSC.

From the results considering maintenance (Figures 11 and 12, and Table 3), it is
understood that the characteristics of NSC’s maintenance continue to depend on height.
By starting the analysis with MS1 results, in general, the parameters estimated through
the complete sample can be used to describe the behaviour in low buildings. However,
the differences between the complete sample and the sample of the high-rise buildings are
more significant but expected. High-rise buildings have a lower service life. Consequently,
compared to low buildings, the maintenance activities of total replacement will occur
sooner. Over time, this implies that the number of interventions and the maintenance
cost will be higher. In terms of the efficiency index, since the values are very close, the
only possible conclusion to draw is that the efficiency of MS1 is similar for both heights,
although the impact of the maintenance activities is higher for higher buildings.

The results of MS2 may seem a little counter intuitive. They reveal that the service
life for high-rise buildings is longer than for low buildings. This result is justified by
the permanence time in condition B, TB (Table 2). MS2 includes minor interventions and
total replacement activities. Minor interventions have condition C as trigger, while for
total replacement, it is condition D and E. Table 2 shows that the permanence time in the
most favourable conditions (A and B) for high buildings is, approximately, 5 years longer.
Consequently, minor interventions will occur earlier in low buildings, which implies a
slightly higher number of interventions and maintenance costs. Another reason is the fact
that the impact of minor interventions is the same for both heights (Table 1). Therefore,
since they allow postponing the total replacement of the NSC for longer periods, minor
interventions are more efficient in high-rise buildings. In terms of efficiency index, the
values are again similar for both heights. For MS3, similar observations can be made.
Finally, for MS2 and MS3, if the results of the complete sample are compared with those of
low- and high-rise buildings, it can be observed that the parameters of the complete sample
are more adequate to describe the behaviour in high-rise buildings.
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6. Conclusions

In this study, the influence of the buildings’ height on the degradation of natural stone
claddings was assessed through a condition-based maintenance model. The literature
review shows that claddings at the top of buildings are more prone to degradation. These
elements are more exposed to wind loads, temperature variations, and wind-driven rain
action. On the other hand, claddings at the bottom of the buildings are more subjected
to pollutant concentrations. From a statistical analysis of the anomalies observed in the
NSC database, these results are confirmed. The anomalies presented in high-rise buildings
are mainly caused by wet–dry cycles and the action of water, while in low buildings, they
are caused by chemical and biological actions. Based on that, and in order to understand
whether the degradation curves of tall and short buildings are statistically different, the
degradation process in these buildings was analysed. The results confirm that NSCs
are more durable in low buildings than in high-rise buildings. The higher exposure to
environmental loads of the tall buildings increases their degradation process. Later, the
impact of these differences on the maintenance requirements was assessed. For that
purpose, three maintenance strategies were analysed. This revealed a strong influence on
service life. Although high-rise buildings present a lower service life when maintenance
is not carried out, when associated with maintenance activities, their service lives are
longer than those obtained for low buildings. This demonstrates that the degradation
pattern of high- and low-rise buildings is different, and the use of the complete sample
can introduce considerable uncertainties in modelling the degradation pattern of stone
claddings. The use of the adequate degradation curve is essential for the correct modelling
of the claddings’ behaviour. Furthermore, no assumptions should be made regarding the
behaviour of claddings based only on their degradation curve, especially when considering
maintenance activities.

Since the different types of stone have different degradation patterns, strengths, and
vulnerabilities, to increase the reliability of the results, degradation curves for the different
types of stone should be used. However, this analysis is outside the scope of the present
study, and as the sample is being complemented, more detailed analyses, such as this one,
will be carried out.

Author Contributions: Conceptualisation, C.F., A.S. and J.d.B.; methodology, C.F. and A.S.; software,
C.F.; validation, C.F. and A.S.; formal analysis, C.F. and A.S.; investigation, C.F. and A.S.; resources, C.F.
and A.S.; data curation, A.S.; writing—original draft preparation, C.F. and A.S.; writing—review and
editing, A.S. and J.d.B. All authors have read and agreed to the published version of the manuscript.

Funding: This research was funded by FCT (Portuguese Foundation for Science and Technology)
through the project BestMaintenance-LowerRisks (PTDC/ECI-CON/29286/2017) and through re-
search unit CERIS (UIDB/04625/2020).

Institutional Review Board Statement: Not applicable.

Informed Consent Statement: Not applicable.

Data Availability Statement: The data presented in this study are available on request from the
corresponding author.

Acknowledgments: The authors gratefully acknowledge the support of CERIS from Instituto Supe-
rior Técnico, Universidade de Lisboa.

Conflicts of Interest: The authors declare no conflict of interest.

References
1. Sandak, A.; Sandak, J.; Brzezicki, M.; Kutnar, A. Bio-Based Building Skin; Springer International Publishing: Singapore, 2019.
2. Freitas, S.S.; de Freitas, V.P. Cracks on ETICS along thermal insulation joints: Case study and a pathology catalogue. Struct. Surv.

2016, 34, 57–72. [CrossRef]
3. Phillipson, M.C.; Emmanuel, R.; Baker, P.H. The durability of building materials under a changing climate. Wiley Interdiscip. Rev.

Clim. Chang. 2016, 7, 590–599. [CrossRef]

http://doi.org/10.1108/SS-09-2015-0043
http://doi.org/10.1002/wcc.398


Infrastructures 2022, 7, 44 15 of 16

4. Silva, C.M.; Flores-Colen, I.; Coelho, A. Green roofs in Mediterranean areas—Survey and maintenance planning. Build. Environ.
2015, 94, 131–143. [CrossRef]

5. Silva, A.; de Brito, J.; Thomsen, A.; Straub, A.; Prieto, A.J.; Lacasse, M.A. Causal effects between criteria that establish the end of
service life of buildings and components. Buildings 2022, 12, 88.

6. Silva, A.; de Brito, J. Service life of building envelopes: A critical literature review. J. Build. Eng. 2021, 44, 102646. [CrossRef]
7. Sun Moon, K. Dynamic interrelationship between the evolution of structural systems and façade design in tall buildings: From

the home insurance building in Chicago to the present. Int. J. High-Rise Build. 2018, 30, 1–16.
8. Logan, J.M.; Hastedt, M.; Lehnert, D.; Denton, M. A case study of the properties of marble as building veneer. Int. J. Rock Mech.

Min. Sci. Geomech. Abstr. 1993, 7, 1531–1537. [CrossRef]
9. Rudnicki, J.W. Geomechanics. Int. J. Solids Struct. 2000, 37, 349–358. [CrossRef]
10. Grelk, B.; Christiansen, C.; Schouenborg, B.; Malaga, K. Durability of marble cladding—A comprehensive literature review. J.

ASTM Int. 2006, 4, 1–19.
11. Loughran, P. Failed Stone: Problems and Solutions with Concrete and Masonry; Birkhäuser: Basel, Switzerland, 2006.
12. Westberg, K.; Norén, J.; Kus, H. On using available environmental data in service life estimations. Build. Res. Inf. 2001,

29, 428–439. [CrossRef]
13. Newlin, J.; Jimenez, G.A.; Hester, D.; Blank, L.M. Thin marble facades: History, evaluation, and maintenance. In Proceedings of

the 2010 Structure Congress, Orlando, FL, USA, 12–15 May 2010.
14. Straube, J.F.; Burnett, E.F.P. Simplified prediction of driving rain on buildings. In Proceedings of the International Building

Physics Conference, Eindhoven, The Netherlands, 18–21 September 2000.
15. Moghtadernejad, S.; Mirza, M.S.; Chouinard, L.E. Facade design stages: Issues and considerations. J. Archit. Eng. 2019, 25,

04018033. [CrossRef]
16. Fu, X.; Liu, J.; Ban-Weiss, G.A.; Zhang, J.; Huang, X.; Ouyang, B.; Popoola, O.; Tao, S. Effects of canyon geometry on the

distribution of traffic-related air pollution in a large urban area: Implications of a multi-canyon air pollution dispersion model.
Atmos. Environ. 2017, 165, 111–121. [CrossRef]

17. Ferreira, C.; Neves, L.C.; Silva, A.; de Brito, J. Stochastic maintenance models for ceramic claddings. Struct. Infrastruct. Eng. 2020,
16, 247–265. [CrossRef]

18. Khalid, E.I.; Abdullah, S.; Hanafi, M.H.; Said, S.Y.; Hasim, M.S. The consideration of building maintenance at design stage in
public buildings: The current scenario in Malaysia. Facilities 2019, 37, 942–960. [CrossRef]

19. British Standards Institution. Code of Practice for the Design and Installation of Natural Stone Cladding and Lining—Part 1: General;
Technical Report No. 8298-1; British Standards Institution (BSI): London, UK, 2010.

20. Farahani, A.; Wallbaum, H.; Dalenbäck, J.O. Optimized maintenance and renovation scheduling in multifamily buildings—A
systematic approach based on condition state and life cycle cost of building components. Constr. Manag. Econ. 2019, 37, 139–155.
[CrossRef]

21. Ruparathna, R.; Hewage, K.; Sadiq, R. Multi-period maintenance planning for public buildings: A risk based approach for climate
conscious operation. J. Clean. Prod. 2018, 170, 1338–1353. [CrossRef]

22. Barrelas, J.; Dias, I.S.; Silva, A.; de Brito, J.; Flores-Colen, I.; Tadeu, A. Impact of Environmental Exposure on the Service Life of
Façade Claddings—A Statistical Analysis. Buildings 2021, 11, 615. [CrossRef]

23. Ferreira, C.; Barrelas, J.; Silva, A.; de Brito, J.; Dias, I.S.; Flores-Colen, I. Impact of Environmental Exposure Conditions on the
Maintenance of Facades’ Claddings. Buildings 2021, 11, 138. [CrossRef]

24. Elshaer, A.; Gairola, A.; Adamek, K.; Bitsuamlak, G. Variations in wind load on tall buildings due to urban development. Sustain.
Cities Soc. 2017, 34, 264–277. [CrossRef]

25. Azimi, P.; Zhao, H.; Fazli, T.; Zhao, D.; Faramarzi, A.; Leung, L.; Stephens, B. Pilot study of the vertical variations in outdoor
pollutant concentrations and environmental conditions along the height of a tall building. Build. Environ. 2018, 138, 124–134.
[CrossRef]

26. Makhelouf, A. Impact assessment of the construction of tall buildings in a big town on the urban climate and the air pollution. E3
J. Environ. Res. Manag. 2012, 3, 64–74.

27. Villena, G.; Kleffmann, J.; Kurtenbach, R.; Wiesen, P.; Lissi, E.; Rubio, M.A.; Croxatto, G.; Rappenglück, B. Vertical gradients of
HONO, NOx and O3 in Santiago de Chile. Atmos. Environ. 2011, 45, 3867–3873. [CrossRef]

28. Baedecker, P.A.; Reddy, M.M.; Reimann, K.J.; Sciammarella, C.A. Effects of acidic deposition on the erosion of carbonate stone—
Experimental results from the US National Acid Precipitation Assessment Program (NAPAP). Atmos. Environ. B Urban Atmos.
1992, 26, 147–158. [CrossRef]

29. Haneef, S.J.; Johnson, J.B.; Dickinson, C.; Thompson, G.E.; Wood, G.C. Effect of dry deposition of NOx and SO2 gaseous pollutants
on the degradation of calcareous building stones. Atmos. Environ. A Gen. Top. 1992, 26, 2963–2974. [CrossRef]

30. Blocken, B.; Dezsö, G.; van Beeck, J.P.A.J.; Carmeliet, J. Comparison of calculation models for wind-driven rain deposition on
building facades. Atmos. Environ. 2010, 44, 1714–1725. [CrossRef]

31. Ge, H.; Nath, U.D.; Chiu, V. Field measurements of wind-driven rain on mid-and high-rise buildings in three Canadian regions.
Build. Environ. 2017, 116, 228–245. [CrossRef]

32. Singh, A.; Agrawal, M. Acid rain and its ecological consequences. J. Environ. Biol. 2007, 29, 15.

http://doi.org/10.1016/j.buildenv.2015.07.029
http://doi.org/10.1016/j.jobe.2021.102646
http://doi.org/10.1016/0148-9062(93)90152-4
http://doi.org/10.1016/S0020-7683(99)00098-0
http://doi.org/10.1080/09613210110055006
http://doi.org/10.1061/(ASCE)AE.1943-5568.0000335
http://doi.org/10.1016/j.atmosenv.2017.06.031
http://doi.org/10.1080/15732479.2019.1652657
http://doi.org/10.1108/F-04-2018-0055
http://doi.org/10.1080/01446193.2018.1512750
http://doi.org/10.1016/j.jclepro.2017.09.178
http://doi.org/10.3390/buildings11120615
http://doi.org/10.3390/buildings11040138
http://doi.org/10.1016/j.scs.2017.06.008
http://doi.org/10.1016/j.buildenv.2018.04.031
http://doi.org/10.1016/j.atmosenv.2011.01.073
http://doi.org/10.1016/0957-1272(92)90018-N
http://doi.org/10.1016/0960-1686(92)90288-V
http://doi.org/10.1016/j.atmosenv.2010.02.011
http://doi.org/10.1016/j.buildenv.2017.02.016


Infrastructures 2022, 7, 44 16 of 16

33. Charisi, S.; Thiis, T.K.; Stefansson, P.; Burud, I. Prediction model of microclimatic surface conditions on building façades. Build.
Environ. 2018, 128, 46–54. [CrossRef]

34. Ito, W.H.; Scussiato, T.; Vagnon, F.; Ferrero, A.M.; Migliazza, M.R.; Ramis, J.; de Queiroz, P.I.B. On the thermal stresses due to
weathering in natural stones. Appl. Sci. 2021, 11, 1188. [CrossRef]

35. Blumthaler, M.; Ambach, W.; Ellinger, R. Increase in solar UV radiation with altitude. J. Photochem. Photobiol. B Biol. 1997,
39, 130–134. [CrossRef]

36. Careddu, N.; Marras, G. The effects of solar UV radiation on the gloss values of polished stone surfaces. Constr. Build. Mater.
2013, 49, 828–834. [CrossRef]

37. Määttä, J.; Piispanen, M.; Kymäläinen, H.R.; Uusi-Rauva, A.; Hurme, K.R.; Areva, S.; Sjöberg, A.-M.; Hupa, L. Effects of
UV-radiation on the cleanability of titanium dioxide-coated glazed ceramic tiles. J. Eur. Ceram. Soc. 2007, 27, 4569–4574.
[CrossRef]

38. International Organization for Standardization. Buildings and Constructed Assets—Service Life Planning—Part 1: General Principles
and Framework; Technical Report No. 15686-1; International Organization for Standardization: Geneva, Switzerland, 2011.

39. Silva, A.; de Brito, J.; Gaspar, P.L. Methodologies for Service Life Prediction of Buildings: With a Focus on Façade Claddings; Springer
International Publishing: Zurich, Switzerland, 2016.

40. Thai-Ker, L.; Chung-Wan, W. Challenges of external wall tiling in Singapore. In Proceedings of the Qualicer 2006: IX World
Congress on Ceramic Tile Quality, Castellón, Spain, 12–15 February 2006.

41. Farmer, M.C.; Lyons, S.P. Stone cladding failure: The cause and consequences. In Proceedings of the Second Forensic Engineering
Congress, San Juan, Puerto Rico, 21–23 May 2000.

42. Sousa, H.; Sousa, R. Durability of stone cladding in buildings: A case study of marble slabs affected by bowing. Building 2019,
9, 229. [CrossRef]

43. Huang, B.; Lu, W.; Günay, S. Shaking table tests of granite cladding with dowel pin connection. Bull. Earthq. Eng. 2020, 18,
1081–1105. [CrossRef]

44. Huang, B.; Lu, W.; Mosalam, K.M. Shaking table testing of granite cladding with undercut bolt anchorage. Eng. Struct. 2018,
171, 488–499. [CrossRef]

45. Shohet, I.M.; Puterman, M.; Gilboa, E. Deterioration patterns of building cladding components for maintenance management.
Constr. Manag. Econ. 2002, 20, 305–314. [CrossRef]

46. Veritas, B. Gestion Technique du Patrimoine—Réhabilitation et Maintenance, Guide Veritas du Bâtiment; Bureau Veritas: Paris, France, 1993.
47. Gaspar, P.; De Brito, J. Service life estimation of cement-rendered facades. Build. Res. Inf. 2008, 36, 44–55. [CrossRef]
48. Kalbfleisch, J.D.; Lawless, J.F. The analysis of panel data under a Markov assumption. J. Am. Stat. Assoc. 1985, 80, 863–871.

[CrossRef]
49. Ferreira, C.; Silva, A.; de Brito, J.; Dias, I.S.; Flores-Colen, I. The impact of imperfect maintenance actions on the degradation of

buildings’ envelope components. J. Build. Eng. 2021, 33, 101571. [CrossRef]
50. CYPE Price Generator. Available online: http://www.geradordeprecos.info/ (accessed on 14 March 2019).
51. Ferreira, C.; Silva, A.; de Brito, J.; Dias, I.S.; Flores-Colen, I. Definition of a condition-based model for natural stone claddings. J.

Build. Eng. 2021, 33, 101643. [CrossRef]
52. Neto, N.; de Brito, J. Inspection and defect diagnosis system for natural stone cladding. J. Mater. Civ. Eng. 2011, 23, 1433–1443.

[CrossRef]
53. Butt, A.A.; Shahin, M.Y.; Feighan, K.J.; Carpenter, S.H. Pavement performance prediction model using the Markov process. Transp.

Res. Rec. 1987, 1123, 12–19.
54. Hawk, H.; Small, E.P. The BRIDGIT bridge management system. Struct. Eng. Int. 1998, 8, 309–314. [CrossRef]
55. Thompson, P.D.; Small, E.P.; Johnson, M.; Marshall, A.R. The Pontis bridge management system. Struct. Eng. Int. 1998, 8, 303–308.

[CrossRef]

http://doi.org/10.1016/j.buildenv.2017.11.017
http://doi.org/10.3390/app11031188
http://doi.org/10.1016/S1011-1344(96)00018-8
http://doi.org/10.1016/j.conbuildmat.2013.09.010
http://doi.org/10.1016/j.jeurceramsoc.2007.03.026
http://doi.org/10.3390/buildings9110229
http://doi.org/10.1007/s10518-019-00741-x
http://doi.org/10.1016/j.engstruct.2018.05.116
http://doi.org/10.1080/01446190210125563
http://doi.org/10.1080/09613210701434164
http://doi.org/10.1080/01621459.1985.10478195
http://doi.org/10.1016/j.jobe.2020.101571
http://www.geradordeprecos.info/
http://doi.org/10.1016/j.jobe.2020.101643
http://doi.org/10.1061/(ASCE)MT.1943-5533.0000314
http://doi.org/10.2749/101686698780488712
http://doi.org/10.2749/101686698780488758

	Introduction 
	Background: Variation of the Environmental Exposure Conditions According to Buildings’ Height 
	Materials and Methods 
	Natural Stone Cladding 
	Classification System 
	Maintenance Model 
	Degradation Process 
	Impact of the Maintenance Activities 
	Output of the Maintenance Model 


	Results 
	Degradation Condition of NSC According to the Façade’s Height and the Environmental Exposure Conditions 
	Probabilistic Analysis of the Degradation Process 
	Comparison of the Different Maintenance Strategies 

	Discussion 
	Conclusions 
	References

