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Abstract: Dialysis refers to the procedure of removing waste products and excess fluids from the
blood stream. This is the main form of treatment for both acute and chronic renal failure. The
need for hemodialysis process optimization is increasing. More than 10% of adults are affected
by chronic kidney disease, and it is the nineth leading cause of deaths worldwide. Critically ill
patients are particularly at risk, and their mortality is significantly affected by the hemodialysis
procedures. This is the reason why the design and control of the hemodialysis process is studied by
many researchers. The present paper proposes a fractional-order control of the fluid composition
conductivity in this process. Fractional-order PI and PID controllers are designed with different
imposed performances in order to establish the best performing controller for this medical process.
The proposed fractional-order controllers are compared to the classical controller’s results in different
real-world scenarios, including process parameter changes, flow changes, and priming sequences. The
results are compared with a classical PID controller used in current clinical practice. The simulation
results show the robustness and advantages of the proposed fractional-order PID controller over
other controllers. These results could improve the clinical use of the hemodialysis process.

Keywords: fractional-order controller; dialysis; kidney disease; fluid composition conductivity

1. Introduction

All over the world, there are patients dealing with chronic kidney disease and kidney
failure, which radically change their way of life. In recent years, end-stage renal disease
has become a more common disease [1]. Thus, hemodialysis comes to patients’ aid; this
procedure, which helps eliminate toxins and excess fluids from the bloodstream, has
become the main form of treatment for these diseases. The dialysis process acts as the
kidneys and performs a diffusion process to remove accumulated diffusion wastes; it also
acts as an ultrafiltration process that removes excess fluids from the body. The process of
dialysis is a life-prolonging treatment for patients with these diseases to allow them to live
their normal lives. However, it is quite a difficult and tiring process for patients when it
comes to maintaining their health in an optimal condition in between scheduled dialysis
days [2]. The need for hemodialysis devices is increasing due to the fact that more than
10% of adults in developed countries are affected by chronic kidney disease (the nineth
leading cause of deaths). Critically ill patients are particularly at risk, and their mortality is
significantly affected by the presence or absence of renal replacement therapy.

The design and control of the hemodialysis process has been studied by many re-
searchers, including both clinicians and engineers. A great review of this domain is
presented in [3]. Currently available papers discuss issues ranging from different monitor-
ing systems [4] to real-time detection techniques for the analysis of the key parameters of
hemodialysis machines, focusing on some key parameters, such as dialysate conductivity,
pH, temperature, static pulse pressure, flow, and pressure line in hemodialysis machines [5].
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Most of the research deals with the problem of peristaltic pump control of hemodialysis
machines, which are responsible for the fluid transfer [6]. The authors of [7] discuss a
biofeedback system using noninvasive repeated measures of ionic dialysance and plasma
water conductivity. Using patient measurement data, the dialysate sodium concentra-
tion is controlled by imposing a dialysate conductivity reference value. Through clinical
validation, the authors prove that the proposed automatic control offers a safer opera-
tion for patients than a prescription built on an empirical or intuitive basis. The authors
of [8] present a biofeedback system that influences the relative blood volume reduction by
changing the ultrafiltration rate and the dialysate conductivity.

The review paper [9] examines how bio-engineering has a strong potential for defining
common clinical team purposes and improving the dialysis process. The importance of a
proper control system design to exclude any risk of the dialysis process is demonstrated
in [10]. The necessity to individualize dialysis fluid composition to alleviate not only inter-
dialytic symptoms but also the development of longer-term complications is demonstrated
in [11]. The authors conclude that such individualization is possible only through proper
equipment using automatic control.

The review [12] provides an overview of available online hemodialysis technologies,
their current applications in clinical setting, and the potential for future developments in
improving the care of patients with chronic kidney disease. In order to provide an efficient
quality monitoring system for the hemodialysis process and to correlate with clinical
outcomes, several approaches have been developed. For example, the authors of [13]
present the application of urea estimation in hemodialyzed patients using artificial neural
networks. The possibilities of combining system dynamics models with other health system
methods, such as process-centric discrete event models, network science, and agent-based
modeling, are presented in [14]. The authors prove that multi-scale, multi-level models can
link physiological models, clinical practice, and health policy. Chapter [15] discusses factors
that affect the hemodialysis process. The authors conclude that there are a lot of patient-
and prescription-specific factors that affect the process, and understanding a patient’s
physiological characteristics, personal preferences, and social circumstances, coupled with
the prescription of a dialysis process, will lead to the most efficient treatment for the patient.
In [16], the authors analyzed how remote patient monitoring can contribute to improving
patient-centered outcomes and prognosis in patients with end-stage renal disease on
automated dialysis. The authors consider in their analysis the effectiveness and convenience
for patients, the total amount of healthcare resource consumption, and consultation time
during regular monthly visits. Their conclusions are that process automation can improve
patient-centered outcomes in patients, while reducing treatment burden for both patients
and medical staff. The final conclusion of the KDIGO (Kidney Disease: Improving Global
Outcomes) Conference in 2018 is that many factors, such as availability of resources, reasons
for starting dialysis, timing of dialysis initiation, patient education and preparedness,
dialysis modality and access, as well as varied “country-specific” factors, significantly
affect patient experiences and outcomes [17]. The need to move away from a “one-size-fits-
all” approach to dialysis and provide more individualized care that incorporates patient
goals and preferences, while still maintaining best practices for quality and safety, is
becoming more and more acute, and the solution could be the use of process modeling and
automated solutions.

A usual dialysis treatment lasts around four hours and is necessary three times per
week. The most time-consuming activities are the overhead activities. For example, at
start-up, the fluid composition control, including the concentrate control, has a very large
transient period. The importance of time reduction for such activities is discussed in [18].
The author further presents the main parameter variations in the process, such as a drop
of about 65% in urea concentration, the halving of serum potassium, a 25% increase in
bicarbonate, and the removal of at least 2 or 3 L of water. The impact of such high variations
on the body’s physiology cannot be neglected. This is the reason why efforts are being
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made to improve the process. In [19], a fuzzy control logic is proposed for the dialysis
process. Unfortunately, no simulation or experimental results are presented.

Fractional calculus represents the generalization of integration and differentiation
to an arbitrary real or a complex order. This branch of calculus has gained considerable
popularity and importance nowadays mainly due to its demonstrated applications in
numerous fields of science and engineering. Previous studies have discussed applications
ranging from bifurcations for a fractional-order bidirectional associative memory neural
network [20], or the use of a fractional-order 4D neural network incorporating two different
time delays [21], to fractional-order genetic regulatory networks incorporating distributed
delays and discrete delays [22]. In control engineering, Oustaloup first introduced the no-
tion of fractional order, developed the “Commande Robuste d’Ordre Non Entier (CRONE)”
controller [23], and highlighted the advantages of this calculus. The generalization of the
classical, most commonly used PID controllers is facilitated by Podlubny, who introduced
the so-called fractional-order PI*D¥ controllers [24]. Since then, many researchers have
focused on the design problem of fractional-order controllers, especially to enhance the
robustness and performance of these control systems and to apply these advantages in
different applications [25-29], including those in medical field [30].

This paper highlights the benefits offered by fractional control in the medical field,
which can provide a solution to improving automatic control in the hemodialysis process.
To the best of our knowledge, no such control solution has been proposed in the literature.
The proposed control is based on optimizing the conductivity of the dialysis fluid, which is
composed of two concentrates and is an important parameter, along with pH, temperature,
and flow rate. Fractional-order PI and PID controllers are designed with different imposed
performances used in clinical practice in order to establish the best performing controller
for this medical process. The proposed fractional-order controllers are compared with the
classical controller’s results in different scenarios, including process parameter changes,
flow changes, and priming sequences. These results could improve the clinical use of the
hemodialysis process.

This paper is structured in four sections. After this short introductory part, Section II
presents the used process model. Section III describes the design of the fractional-order
controllers. The results are discussed in Section IV. Finally, this work ends with some
concluding remarks.

2. Materials and Methods

A schematic diagram of fluid preparation in a dialysis machine is presented in Figure 1.

Pump A Pump B

Conductivity
Reverse measurement

Osmosis-Water
\

A-Concentrate B-Concentrate

Figure 1. Simplified schematic diagram of fluid preparation.

Concentrate A is a mixture of electrolytes to match a patient’s blood content. It has very
good conductivity, and its solubility in water does not depend on temperature. Concentrate
B includes bicarbonate and acts as a pH buffer. Its solubility is temperature dependent,
which implies modeling complications. The two concentrates cannot be added at the same
point in the fluid path due to the risk of bicarbonate precipitation. Both concentrates A and
B are available as a solution or as a dry product to which the machine adds water. The
corresponding pumps are reciprocating pumps powered by stepper motors. They imply a
constant volumetric flow rate for each rotation. Thus, a disturbance is added to the output. A
mixing chamber is added, which is separated into two small chambers by a divider. After the
last mixing chamber, a conductivity measuring cell is used to measure the feedback signal.
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Assuming a homogeneous mixture and using the mass conservation laws, the process
model can be obtained as follows [31]:

% ST (\2/;[23 ST Puy
H = —5Ta —sTp 1
£(s) (S+%)(s+%)(s+%)(s+%)e , (s+%)(s—l—v%)e {Pug} 1)

where Q is the main fluid flow; V1 53 4 are the volumes of each sub-chamber; K4 and Kp
are the steady state gains of A- and B-concentrate, respectively; 74 and 13 are the delay
time from the point of injection to the point of measurement; and Pu, and Pup are the
volumetric flow of the concentrates. For the present research, the numerical values are as
follows: Q =500 [mL/min]; V; =0.0399 [L]; V, =0.0295 [L]; V3 = 0.0384 [L]; V4 = 0.0216 [L];
K4 =0.8431; Kg =0.1328; T4 = 4.51 [s]; and 75 = 2.04 [s].

The continuous transfer function of a fractional-order PID controller has the following
general form [24]:

Hc(s) = Kp <1 + g + KdSH> 2)

where 0 < A < 1and 0 < u < 1 are the fractional orders of integration and differentiation,
respectively; Kp is the proportional gain; and K; and K; are the integral and derivative gains,
respectively. Such controllers have two more degrees of freedom (the fractional orders
of integration A and of differentiation ) in comparison with a classical PID controller.
This flexibility comes with important advantages, such as better closed-loop performance,
disturbance rejection capabilities, improved control of time delay systems, and increased
robustness. The fractional-order derivative/integral can be described by the definitions
listed below [29].
The Riemann-Liouville definition:

Df(t) = F(la) /(t — )" ' f(r)dr, t >, w € RT

[

where T'(a)= |, O°° t"~le~tdt is the Euler’s Gamma function, which is a generalization of a
fractional derivative, and n € R is an extension of the fractional integral.
The Caputo definition:

t
o« 1 f(m)(T)
P = dt, m—1<a<m méeN

The Grinwald-Letnikov definition of the fractional-order derivative:

) e f(k)(0+)tk—rx 1
GLP f(t)—Zk:OF(m+l—oc) * I(m+1-a)

t
/0 (t—7)" ) (Dydr, m > a—1

The fractional integration and differentiation in frequency domain are expressed by
the Euler equations:

B (i M — Pt s BTN
st = (ju) =w (cos 5 + jsin > ), (©)]
sTh = (jw)f/\ —w (cos/\zn — jsin /\27-[) 4)

The imaginary and real parts of the controller are defined as follows:

Im = K, (de” sin % — Kjw ™" sin A;) (5)
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A
Re =K, (1 + Kijw ™" cos 77-[ + Kywt cos }1271) (6)

In frequency domain, the magnitude, phase, and phase derivative of the fractional-
order PI controller can be expressed as

dZH.(j
|He (jwge)| = vV Im? + Re? , ZHe (jweg) = atan<1m> , P = A2He (jweg)

Re dw

or expressed with all the terms of the following equations:

. K A\* (K Am\?
|Hc(jw)| = \/(Kp+T?aJ—?‘cos ;) + ({w‘%in?) (7)
/He(jw) = at T tsin ®)
c(jw) = atan :
Ky + K”w_)‘ cos A%
d/Hc(jw) AT 1sin A2 ©)
daw T?w? sin? A + (Tiaﬂ cos A% + 1)
The same equations for the fractional-order PID controller are as follows:
. 248 U ATt 2 A\ ?
|He(jw)| = Kp 4| Kgawt (sm > + cos 7) + (w/\Ki cos —- + 1> - <wAK1- sin 2) (10)
Kywt sin B — K;w ™" sin AZ
/He(jw) = atan — 4 "0 2 sin%y (11)
1+ Kjw " cos 4F + Kyw™# cos &F

d/H,(jw) (K Asin &~ m\ + K;K;Awt sin (Aﬂ’) + K;Kjpwh sin M + Kdyw’“r” sin %) 12

dw w? + K? + KZw? A1) 4 2K cos B + 2K M cos T + 2K K;w T cos ”()‘;”)

After imposing the phase margin (PM), the gain crossover frequency (wcg), and the
iso-damping property as the performance measures for the open-loop system, the equations
for establishing the controller parameters become the following:

. GM
|Hc(jw—n)| = VIm? + Re2 = ————, (13)

‘Hf jw_r)

ZHc (jweg) = a tan(g’g = PM — ZH; (jweg) (14)

dZH, (fwgC) -H (ngC)
dw

where wcq is the gain crossover frequency; w- is the phase crossover frequency; GM is
the gain margin; and Hy stands for the process model. When replacing Equations (13)—(15)
with the magnitude, phase, and phase derivative equations of the fractional-order PI (7)-(9)
and PID controllers (10)—(12), it results in a nonlinear equation system from which the
controller parameters can be obtained. In the present work, the Multi-objective Genetic
Algorithm (MOGA) is used to solve this nonlinear system, as detailed in [32].

In order to compare the advantages introduced by the fractional-order controllers, a
classical, integer-order controller is designed, replacing the fractional-order integrator and
differentiator with 1.

=0 (15)
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3. Results

order PI controller parameters are presented in Table 1.

As the first experiment, a classical PI controller is designed for the concentrate A,
omitting the derivative terms in Equations (5)—(8) and using the integration order of one
(integer-order PI controller). The imposed performances—inspired by the range of values
reported in the literature for clinical practice [9,13-15,17-19]—and the resulting fractional-

Table 1. The imposed performances and the resulting integer-order PI controller parameters.

PM w
8¢ .
Controller °] [rad/s] K, K;
Hg, 45 0.05 0.1 1.75
Hg, 65 0.06 1.012 16.86
Hg, 62 0.03 0.12 3.23

The resulting Bode diagrams are plotted in Figures 2—4, highlighting the fulfillment of

the imposed performances.

Phase (deg)

Magnitude (dB)

Bode Diagram

50
O::,’:’:,Ami:f',,,,,,,,,,,,,,,,,,,,,
-50 R
100 TR
-150 =
0 ——==
System: untitled1 R—
-720 Phase Margin (deg): 45.1 TS
Delay Margin (sec): 17.3 2%
-1440 At frequency (rad/s): 0.0456 B
Closed loop stable? Yes N
-2160 ¥ g \\
-2880 s
102 107 10°

Frequency (rad/s)

Figure 2. Bode diagram of the open-loop system for the first designed PI controller.

Bode Diagram

Frequency (rad/s)

or R
g ~
o -50 \\
° S
s
=N
é’ -100 S
-150
0
System: untitled1
% 720 1 Phase Margin (deg): 66 \\\\
k=) Delay Margin (sec): 17.1 =5
@ -1440 At frequency (rad/s): 0.0676 \\
s Closed loop stable? Yes
o -2160 \
\
-2880
102 107" 10° 10’

Figure 3. Bode diagram of the open-loop system for the second designed PI controller.
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Magnitude (dB)

Phase (deg)

-1440 +

-100

Bode Diagram

-720

-2160

——

System: untitied1

Phase Margin (deg): 62.2
Delay Margin (sec): 35.4

At frequency (rad/s): 0.0306

Closed loop stable? Yes

-2880
102

10°

1

10°

Frequency (rad/s)

Figure 4. Bode diagram of the open-loop system for the third designed PI controller.

The corresponding step responses of the closed-loop system are plotted in Figure 5.

Step Response

R1

R3

o o
) o

A Conductivity [mS/cm]
o
£

0.2}

-0.2 : :
100 150 200 250

Time (seconds)

50

Figure 5. Step responses of the closed-loop system for the three designed PI controllers.

The second experiment involved the design of a fractional-order PI (FO-PI) controller,
using the same performance measures as in the integer-order case and, as an additional
performance measure, the iso-damping property in Equation (9). The resulting FO-PI
controller parameters are presented in Table 2.

Table 2. The imposed performances and the resulting FO-PI controller parameters.

PM

Wgce :

Controller °] [rad/s] K, K; A
Hg, 45 0.05 0.08 10.68 0.89
Hg, 65 0.06 0.79 13.52 0.93
Hg, 62 0.03 0.02 15.48 091

Using the Matlab FOMCON Toolbox [33], the corresponding Bode plots are generated
and shown in Figures 6-8. For the fractional-order controller, the Oustaloup Recursive
Approximation method is used [34], within a frequency band [0.01, 10] rad /s and with an
order N = 10.
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Bode Diagram
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\
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@ -1440 At frequency (rad/s): 0.0529
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Q 2160 ——
\
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1
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Figure 6. Bode diagram of the open-loop system for the first designed FO-PI controller.

Bode Diagram
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g Sy
© 50 i
=
2 \
5 S
@ -100 S
= g
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o Delay Margin (sec): 18.4 ™
@ -1440 At frequency (rad/s): 0.0618
9 Closed loop stable? Yes
Q. 2160 - \
2880 - 3 .
10°2 107! 10° 10’

Frequency (rad/s) :

Figure 7. Bode diagram of the open-loop system for the second designed FO-PI controller.

Bode Diagram
g i
~
g 50 \\
2 =
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-150
[ e 55 e g ey
72 System: untitled1 L-\_,,\
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2 At frequency (rad/s): 0.0403 W
5 -2160 Closed loop stable? Yes
'
2880

102 10! 10° 10
Frequency (rad/s)

Figure 8. Bode diagram of the open-loop system for the third designed FO-PI controller.

The corresponding step responses are plotted in Figure 9. It can be seen that all
performances are the same for the cases of the integer-order PI and FO-PI, which have been
imposed with the same performances, with the exception of the additional performance,
the iso-damping frequency.

The third experiment is the design of the FO-PID controller using Equations (4)—(8).
The imposed performance measures are the same as in the previous experiments. The
resulting controller parameters are highlighted in Table 3.

The obtained Bode diagrams are presented in Figures 10-12. The step responses of the
closed-loop system with the FO-PID controller are presented in Figure 13.
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Step Response

c1
c2
Cc3

A Conductivity [mS/cm]
o
Y

-0.2

50

100

150 200 250

Time (seconds)

Figure 9. Step responses of the closed-loop system for the three designed FO-PI controllers.

Table 3. The imposed performances and the resulting FO-PID controller parameters.

PM w
8c
Controller ] [rad/s] K, A K, i
Hg, 45 0.05 0.08 0.89 0.6 0.55
Hg, 65 0.06 0.79 0.93 0.09 0.9
Hg, 62 0.03 0.1 0.95 0.1 0.58
— Bode Diagram
o ’ o \N\ii\\
g e
E’rm[; R
-150
D,;jrr‘—j,,,,,,,,,
5 System: untitled1 | -
g v gre\?asye r\hnA aarrg%;yn1(sde€;g)) 145878 \
@ -1440 At frequency (rad/s): 0.0542
] Closed loop stable? Yes
Q 2160 \
\
2880 — B
102 107! 10° 10"

Frequency (rad/s)

Figure 10. Bode diagram of the open-loop system for the first designed FO-PID controller.

Phase (deg)

Magnitude (dB)

Ay
N
S

£

()
=3

-2880 '~

System: untitled 1 |
Phase Margin (deg): 65.1
Delay Margin (sec): 18.1

At frequency (rad/s): 0.0627
Closed loop stable? Yes

1074

107! 10° 10
Frequency (rad/s)

Figure 11. Bode diagram of the open-loop system for the second designed FO-PID controller.
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Bode Diagram

Magnitude (dB)

(e————
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Phase Margin (deg): 61.9 NG

Delay Margin (sec): 31.3 N

At frequency (rad/s): 0.0345 \\\
Closed loop stable? Yes

107" 10° 10
Frequency (rad/s)

Bode diagram of the open-loop system for the third designed FO-PID controller.

Step Response

(=]
e
]
w

A Conductivity [mS/cm]
o o
B D

o
N

100 150 200 250 300 350 400 450

0 50
Time (seconds)

Figure 13. Step responses of the closed-loop system for the three designed FO-PID controllers.

The robustness analysis of the resulting controllers is the last step in this research.
The process parameters are modified with +/—2% changes, which can occur in practice
due to patient particularities and operation changes. With each designed controller, the
Bode diagrams and step responses are simulated to establish performance variations.
The resulting phase margins, gain crossover frequencies, settling time, and overshoot are
established. The obtained results, in comparison with the initial values, for the nominal

parameters are shown in Tables 4 and 5.

Table 4. Performance results for +2% parameter changes in the process.

Performance Changes with +2% Parameter Changes

Results with Nominal Parameters
Controller w w
O [ " L " o %)
PI 1.8 0.0540 1 4.03
FO-PI 62 0.03 136 45 0 0.0103 0.5 0.70
FO-PID 0.1 0.0045 0 0.57

The step responses of the closed-loop system for all three types of controllers—integer-
order PI, FO-PI, and FO-PID—are presented in Figures 14 and 15. It can be noticed that the
most robust controller is the FO-PID. For example, the overshoot for the classical integer-
order controller changes by 4.03% in the case of +2% plant parameter changes, but the
FO-PID has only 0.57% overshoot changes, followed by the FO-PI with 0.7% overshoot
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changes. The same good robustness can be ascertained in the case of —2% parameter
changes in the process.

Table 5. Performance results for —2% parameter changes in the process.

Results with Nominal Parameters Performance Changes with —2% Parameter Changes
Controller w w
o | i’d] i o 1%] e [ jd] e o 1%]
PI 2.8 0.0640 6 2.80
FO-PI 62 0.03 136 45 0 0.0103 2 1.88
FO-PID 0.1 0.0045 1 0.70

Step Response
- - FOPI

FOPID

(=] (=] o
» o o

Amplitude

o
N

-02 i ‘ ' i
0 50 100 150 200 250 300

Time (seconds)

Figure 14. Step responses of the closed-loop system for the integer-order PI, FO-PI, and FO-PID

controllers in the case of +2% process changes.

Step Response

Amplitude
o o
(2] @

o
ES

[=]
N

-0.2 :
0 50 100 150 200 250

Time (seconds)

Figure 15. Step responses of closed-loop system for the integer-order PI, FO-PI, and FO-PID con-

trollers in the case of —2% process changes.

The performance changes in the frequency responses are plotted in Figures 16 and 17.
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Bode Diagram
e Pl
- FOPI
FOPID

agnitude (dB)

System: PI
Phase Margin (deg): 57.2

=
£
S Closed loop stable? Yes
8

3

2

@

Frequency (radis)

Figure 16. Bode diagrams of the open-loop system for the integer-order PI, FO-PI, and FO-PID

controllers in the case of +2% process changes.

Bode Diagram

)

=2

Y

2

g

=3

g
=4

System: FOPI
Phase Margin (deg): 62
5.8

i
FOPI
oz

At frequenc
Closed loop stable? Yes

Phase (deg)

Frequency (rad/s)
Figure 17. Bode diagrams of the open-loop system for the integer-order PI, FO-PI, and FO-PID
controllers in the case of —2% process changes.
As the first clinical use scenario, we also simulated the case when noisy output is used
as the feedback. A white noise is applied on the measured output, with 0.1 power spectral

density. The step responses of the closed-loop system for the integer-order controller and
the fractional-order PI and PID controllers are presented in Figure 18. It can be noticed the

good noise rejection of the two fractional-order controllers.

Step Response
1.2 T T PI
1 \\
L \ £
% X

§ost |

) I

g /]

Zz I

> 06 /|

k3] [

3 /l

© |

c

o

oo04r

< If

02
/
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Figure 18. Step responses of the closed-loop system for the integer-order PI, FO-PI, and FO-PID

controllers in the case of noise.
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As the second clinical use scenario, we simulated the cases when main flow changes
are necessary in the treatment. Figure 19 presents such a case, when the main flow is
changed from 2.5 unity to 9.5 unity. The blue curve represents the output using the
classical integer-order controller, while the red and yellow curves are the outputs using the
fractional-order PI and PID controllers. The adaptation of the fractional-order controllers is
way superior to the integer-order controller.
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Figure 19. Step responses of the closed-loop system for the integer-order PI, FO-PI, and FO-PID
controllers in the case of main flow changes.

Another issue related to clinical robustness testing is the priming sequences. When
a treatment begins, the dialysis equipment is empty. The pick-up tubes must be filled
with the proper concentrate. The priming consists of running the pumps until a proper
conductivity is achieved. Figure 20 presents such a simulated scenario, highlighting once
again the advantages of the fractional-order controllers, which show a smaller priming
time in comparison to the integer-order PI controller.
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Figure 20. Step responses of the closed-loop system for the integer-order PI, FO-PI, and FO-PID
controllers in the case of priming sequences.

4. Conclusions

The conductivity control based on the mathematical model of concentrates in a
hemodialysis machine is discussed in the present research. This work aimed to improve
the control system to help optimize dialysate performances for people with chronic kid-
ney disease. Three types of controllers were implemented: a classical integer-order PI
controller, which is used in current clinical practice; a fractional-order PI controller; and a
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fractional-order PID controller. The additional degrees of freedom were used for robustness
issues. This robustness was tested by +/—2% process parameter changes, noise rejection,
input changes, and priming sequences. The obtained results prove the superiority of the
fractional-order controllers. Using such controllers in clinical practice could improve the
efficiency of the hemodialysis process.

Future works include an extension of the fractional-order controller design for the
entire hemodialysis process and practical implementation.
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