The Deep Learning Architectures

Table S1: Leznet Architecture
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Table S2: Alex-net Architecture
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Table S3: VGGNet-16 Architecture

ConvNet Configuration
A A-LRN B C D E
11 weight | 11 weight | 13 weight | 16 weight 16 weight | 19 weight
layers layers layers layers layers layers
input (224 x 224 RGB image)
conv3-64 conv3-64 conv3-64 conv3-64 conv3-64 conv3-64
LRN conv3-64 conv3-64 conv3-64 conv3-64
maxpool
conv3-128 | conv3-128 | conv3-128 | conv3-128 | conv3-128 | conv3-128
conv3-128 | conv3-128 | conv3-128 | conv3-128
maxpool
conv3-256 | conv3-256 | conv3-256 | conv3-256 | conv3-256 | conv3-256
conv3-256 | conv3-256 | conv3-256 | conv3-256 | conv3-256 | conv3-256
convl-256 | conv3-256 | conv3-256
conv3-256
maxpool
conv3-512 | conv3-512 | conv3-512 | conv3-512 | conv3-512 | conv3-512
conv3-512 | conv3-512 | conv3-512 | conv3-512 | conv3-512 | conv3-512
convl-512 | conv3-512 | conv3-512
conv3-512
maxpool
conv3-512 | conv3-512 | conv3-512 | conv3-512 | conv3-512 | conv3-512
conv3-512 | conv3-512 | conv3-512 | conv3-512 | conv3-512 | conv3-512
convl-512 | conv3-512 | conv3-512
conv3-512
maxpool
FC-4096
FC-4096
FC-1000
soft-max
Table S4: ResNet Architecture
layer name | output size 18-layer I 34-layer | 50-layer 101-layer 152-layer
convl 112x112 Tx7, 64, stride 2
3x3 max pool, stride 2
1x1, 64 1x1,64 7 1x1,64 T
2 56x56 ’ ’ ’
comvex * [gig’gi ]x2 [g’;gz ]xs 3x3,64 |x3 3x3,64 | x3 3x3,64 | x3
’ ’ 1x1, 256 1x1,256 | 1x1,256 |
- - - - 1x1, 128 1x1,128 ] 1x1,128 T
comdx | 28x28 | TR o || N8 g || 33,128 x4 | | 3x3,128 x4 | | 3x3,128 |x8
- : - - ’ - 1x1, 512 1x1,512 | 1x1,512 |
- - - - 1x1, 256 1x1,256 ] 1x1,256 ]
comvdx | 1axia || 22 g || 2 ggg x6 || 3x3,256 |x6 || 3x3,256 |x23 || 3x3,256 |x36
- ’ - - ’ - 1x1, 1024 1x1,1024 | 1x1,1024 |
- E - 1 1x1,512 1x1,512 1x1,512
convSx | Tx7 gigg}i x2 g)’:ggg x3 || 3x3,512 |x3 | | 3x3,512 [x3 3x3,512 | x3
- : - - ’ - 1x1, 2048 1x1, 2048 1x1,2048
1x1 average pool, 1000-d fc, softmax
FLOPs 1.8x10° | 36x10° | 3.8x10° 7.6x10° 11.3x10°




Table S5: GoogLeNet Architecture

| type P a;::_li;':d m;:f:t | depth ‘ #F1x1 ‘ ﬁj:ci | #3x3 ‘ rﬁ:ci | #5x5 g::: ; | params ‘ ops
convolution a2 112x112x64 1 27K 34M
max pool 3Ix3/2 5656 x 64 0
convolution 3x3/1 5656192 2 604 192 112K | 360M |
max pool 3Ix3/2 28x28x192 0
inception (3a) 28x28x256 2 64 96 128 16 32 32 159K | 128M
inception (3b) 2828480 2 128 128 192 32 96 64 380K | 304M |
max pool 3x3/2 14 %14 %480 0
inception (4a) 14x14x512 | 2 192 96 208 16 48 | 64 | 364K | 73M |
inception (4b) 14x14%512 2 160 112 224 24 64 64 437K 88M
inception (4c) 14%14%512 2 128 128 256 24 64 64 463K | 100M
inception (4d) 14x14x528 2 112 144 288 32 64 64 580K 119M
inception (4e) 14x14x832 2 256 160 320 32 128 128 840K | 170M
max pool 3x3/2 Tx7x832 0
inception (5a) TxTx832 2 256 160 320 32 128 128 1072K 54M
inception (5b) TxTx1024 2 384 192 384 48 128 128 1388K 71M
avg pool TxT7/1 1x1x1024 0
dropout (40%) 1x1x1024 0
linear 1x1x1000 1 1000K IM
softmax 1x1x1000 0




